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Abstract
Though a number of web-based CAT tools have emerged over recent years, to date the most
common form of CAT tool used by translators remains the desktop-based CAT tool. However, currently none of the most commonly used desktop-based CAT tools provide a means
of measuring translation speed at a segment level. This metric is important, as previous
work on MT productivity testing has shown that edit distance can be a misleading measure
of MT post-editing effort. In this paper we present iOmegaT, an instrumented version of a
popular desktop-based open-source CAT tool called OmegaT. We survey a number of similar applications and outline some of the weaknesses of web-based CAT tools for experienced professional translators. On the basis of a two productivity test carried out using
iOmegaT we show why it is important to be able to identify fast good post-editors to maximize MT utility and how this is problematic using only edit-distance measures. Finally, we
argue how and why instrumentation could be added to more commonly used desktop-based
CAT tools that are paid for by freelance translators if their privacy is respected.

1. Introduction
To measure the utility of machine translation (MT) in a post-editing context two dimensions
must be measured - translation quality and speed. In large commercial post-editing (PE) projects weighted scorecards methods for quality control like the LISA QA Model and SAE
J24501 can be adapted to assess the quality of post-edited machine translation (MT) without
changing the underlying software (often spreadsheets). In particular to renegotiate word prices
for post-editing it is important to know how fast a translator works in an MT post-editing context and when translating from scratch as human translation (HT). Unfortunately, measuring
speed presents a challenge. It is possible to measure and validate translation and post-editing
speed for in-house translators where conditions can be controlled. However, 74% of translators in Europe are freelance translators (Pym, Grin, Sfreddo, & Chan, 2013) and it is likely the
percentage is high in other territories also.
The majority of these translators use sophisticated desktop-based Computer-Aided
Translation (CAT) tools they have purchased themselves like Trados2, MemoQ3 and Wordfast4. However, none of these CAT tools record translation speed (Aziz et al., 2012). As a
result, a common practice in translation agencies is to use edit distance between raw and post1
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edited MT5,6 to infer the utility of MT. In a paper that describes how post-editing was introduced in a Spanish translation agency over a period of years Silva (2014) neatly summarises
this problem:
“One of the problems faced when introducing MT was that measuring its benefits on
productivity on a representative number of translators over long periods of time was
very difficult to achieve. Almost all translators employed by the company were freelancers (97%), mostly working remotely from home (88%)….Although online CAT
tools are becoming more popular which may allow for easier productivity rate and
post-editing effort tracking, most translators work on a locally installed CAT tool that
does not offer such functionalities. The only information available was their feedback.
As valuable as it is, it did not really provide valid post-editing effort figures. Internal
translator productivity, on the other hand, was easily measured as there was complete
control over their working environment and number of hours employed.”
In this paper we will survey a number of web-based and desktop-based systems that can be
used to measure translation speed. We will then discuss some of the weakness of current webbased CAT tools from a translator perspective and how OmegaT7, a free open-source desktopbased CAT tool that is used by many translators worldwide addresses some of these weaknesses. We will then present iOmegaT, an adapted version of OmegaT to which we have added instrumentation to log User Activity Data in a format we call CAT-UAD and describe the
workflows for the system. We describe how MT utility can be measured by means of Segment Level A/B (SLAB) testing, in which CAT-UAD is recorded unobtrusively, and hence
cheaply, as a translator processes segments in (A) HT segments and (B) MT segments. We
will illustrate how data gathered by this means can be useful for translator selection for postediting (PE) and discuss some other uses of temporal PE data. Finally, we will discuss some
of the issues that may need to be addressed if instrumentation is to be adopted by other more
commonly used desktop-based CAT tools normally purchased by translators.

Related Work
In general we will categorise related work on measuring translation and post-editing speed
into applications that are obtrusive to the task of translation and those that are unobtrusive.
We define an obtrusive translation environment as one in which a translator is asked to work
in manner that is not business-as-usual. For example, in an obtrusive environment a translator
may be asked to carry out an annotation task to score MT in terms of adequacy and fluency,
the environment may use a constrained method for segment navigation or it may not be possible to leverage translation memory. Though some obtrusive tasks like annotation are useful,
obtrusive environments reduce the quantity of translation speed data that can be gathered in a
typical commercial translation scenario due to cost considerations (Lewis & Moran, 2010).
1.1.

Obtrusive applications that can measure translation speed

The first use of UAD to record how translators interact with an editing environment can be
traced back to TransLog (Jakobsen & Schou, 1999). In this application and its successor
TransLogII (Carl, 2012) UAD is recorded in XML for subsequent analysis and replay. TransLog is designed for lab use. It is impractical for large-scale or multi-day/multi-language MT
5
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productivity testing. This lab or experimental focus makes it particularly suitable for use with
eye-tracking software, which is used to examine cognitive aspects of the translation process.
Another desktop-based free and open-source application used to carry out translation research
is PET (Aziz et al., 2012). The focus here is on MT post-editing. Translators can annotate MT
proposals, e.g. in terms of quality using Likert scores. It also records translation speed and
reports on edit distance. Another, more standards-based free open-source system that can be
used to annotate post-edited MT is Ocelot8 and two web-based MT rating systems that can
also report on PE time are TransCenter (Denkowski & Lavie, 2012) and ACCEPT9.
A number of web-applications to measure post-editing speed in a SLAB testing scenario have been described in the post-editing literature. CrossLang is a company that provides
MT consulting and software services. They have developed a web application that can be used
by their clients to measure post-editing speed and compare it to HT speed (Depraetere, De
Sutter, & Tezcan, 2014). Autodesk also describe a similar internal system (Plitt & Masselot,
2010). A similar commercially available system that can be used to measure translation speed
(and annotate segments) is the TAUS DQF platform10. This application is available for a
monthly fee.
Features these three applications have in common are that translators can press a Pause
button when they chose to take a break. In the Autodesk and TAUS DQF applications translators navigate through a text by means of a Previous and Next button. Thus, for example, if a
translator is 200 sentences into a translation and decides to return to the 50th sentence to make
a change based on new context, he must press the Previous button 149 times. There is no
mention of self-review in publications that use this design so presumably translators carrying
out productivity tests navigate the text from start to finish in a single pass. In the Crosslang
application only a Next button is available so self-review is technically impossible. This kind
of linked-list navigation can impact negatively on translation consistency, as the translator is
not working in a business-as-usual manner in which they are free to navigate freely between
segments. Also, no application listed above allows the translator to leverage translation
memory. As such they do not work well in a typical translation agency workflow.
1.2.

Unobtrusive applications that can measure translation speed

CASMACAT11 and MateCAT12 are two cooperating web-based CAT tool projects still in
progress. While CASMACAT provides a more constrained working environment and is focused on research use, MateCAT is designed to be used by working translators, albeit “volunteer translators and professional translators without advanced technical skills” (Alabau et al.,
2013).
Finally, IBM TM/2 is an offline CAT tool used internally in IBM13. A number of years
ago a feature called MTLog was added to the tool to measure translation speed at a segment
level. It is both desktop-based and also has a logging feature that has been added to an existing CAT tool. While results from this system have been presented orally 14 no published re8
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search is available on the topic. To the best of our knowledge, the system is only available for
use internally within IBM and to its suppliers. Unfortunately, the MTLog feature is not available in the open-source version of TM/2 called Open TM215. Table 1 presents a summary of
this survey.
Name
Obtrusive Architecture
Internal to company
Translog I&II
Yes
Desktop
No
PET
Yes
Desktop
No
TransCenter
Yes
Web
No
Autodesk tool
Yes
Web
Yes
Crosslang
Yes
Web
No
TAUS DQF
Yes
Web
No
IBM TM/2+MTLog
No
Desktop
Yes
CasmaCAT/ MateNo
Web
No
CAT
ACCEPT
Yes
Web
No
iOmegaT Workbench No
Desktop
No
Table 1. Survey of applications that can measure translation speed
As iOmegaT is a logging feature added to an existing desktop-based CAT tool functionally it
is most like IBM TM/2 + MTLog. However, this system is not available outside of IBM. In
terms of goals and functionality MateCAT is currently the most similar available application
to iOmegaT. For this reason we will now examine some of the differences between web-based
and desktop-based CAT tools as they appeal to quite different translator demographics.

2. Browser-based CAT tools – a discussion
In this section of the paper we take a step back from MT post-editing productivity testing and examine the purported trend towards web-based CAT tools in the previous quote by
Silva. In a paper entitled Power-shifts in web-based translation memory Garcia (2008) notes
that while online or web-based workflow systems may serve other stakeholders in the translation supply chain, they can involve drawbacks for freelancer translators. Amongst other issues
he argues that web-based translation memory tools do not allow translators to access their
own private locally stored translation memories and terminology databases. Access to locally
stored terminology files does not just improve translation quality by ensuring consistency and
reusing previous terminology research. Much anecdotal evidence suggests auto-complete using well-populated termbases can also aid translation speed.
Though this paper was published several years ago, we are aware of no browser-based
CAT tool that facilitates access to local files. This is unfortunate as the Google Chrome
browser allows access to local files16 - so from a programming perspective it should be possible. Access to the local file system by the web-application seems necessary as we feel at least
some translators would be unwilling to upload private termbases17 to any third party. Aside
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from the competitive advantage private termbases represent in terms of quality and translation
speed, the contents of these databases may originate from various clients. Uploading them to
any third party could be a breach of client confidentiality as defined in non-disclosure agreements commonly signed by translators.
Garcia also points to the fact that most browser-based systems do not let the translator
retain bilingual assets generated while translating in the CAT tool. This means previous work
cannot be referenced. In his summary he refers to web-based CAT tools as a “looming reality” that will “alienate the most able section of its workforce and discourage promising newcomers from entering”.
However, Garcia’s pessimism may have been premature. According to recent surveys of
CAT tools used by professional translators18,19, by far the dominant architecture remains the
desktop-based CAT tool. The 8 most used CAT tools in Figure 1 are desktop-based CAT
tools. 3000 translators responded to the survey on proz.com, a translator website. Only 4 of
the 16 systems listed feature a browser-based CAT tool. These are XTM20, MemSource21,
Wordbee22 and Google Translator’s Toolkit23. Interestingly, though they started out as applications that include a web-based CAT tool, XTM and MemSource now provide their own
desktop-based CAT tools. Only Google Translators Toolkit, a free online service provided by
Google, does not provide an export facility for linguistic assets (XLIFF/TMX/TBX files) or
TIPP24 export facility. Unfortunately, this export means the translator can no longer collaborate using a shared translation memory in parallel with other translators so the benefits of being online are lost.
A concern not addressed by Garcia is that translators who are used to working with a
CAT tool for many clients may suffer a loss of productivity if they are asked to work in a new
unfamiliar environment intermittently.

Figure 1. Results of a survey on CAT tool use (reproduced with permission).
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Finally, a shortcoming of the web-based tools surveyed above, including MateCAT is that
translators cannot work if the connection to the Internet is lost. iOmegaT was developed in
close collaboration with a large translation agency called Welocalize 25. Feedback from translators working for the agency identified this as a frustration with existing web-based CAT
tools provided by other agencies.
In short, web-based CAT tools provided for free by agencies or translation buyers and used
intermittently by translators can be costly to those translators in terms of lost productivity or
translation quality.
2.1.

OmegaT

OmegaT addresses most of these concerns. It is a well-featured desktop-based CAT tool already used by many experienced professional translators. It can be used for offline and collaboratively using the team function and translators can use their own translation memories
and terminology databases safe in the knowledge that the contents will not be uploaded to a
third party. A feature of OmegaT’s GPLv3 license is that any user of the software has the
right to the source code for the software. This means assurance can be sought in this regard by
reading the code or consulting with someone else who can. This is not possible for proprietary
software where oftentimes complex legal agreements must be taken on face value. However,
integration of instrumentation does not solve the problem of productivity loss due to a lack of
familiarity for users of CAT tools. We will return to this problem in Section 5.

3. The iOmegaT Translator Productivity Workbench
The iOmegaT Translator Productivity Workbench is a fully-offline suite of software applications used to record and analyze how translators interact with a CAT tool, in particular when
post-editing MT. Unlike web-based environments its offline nature means that test results
cannot be affected by local network conditions or high server load. Static logging has no impact on the performance of OmegaT. The suite of applications is composed of four main
components shown in Figure 2. These are:
1) The instrumented CAT tool (iOmegaT)
2) Middleware, used to transfer files to and from SDL TMS and SDL WorldServer
3) A collection of utilities to prepare a productivity test.
4) The analysis application and prototype replayer component.

Figure 2. The iOmegaT Translator Productivity Workbench workflow
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The software is designed to work in a typical large-scale or enterprise post-editing project
workflow where there is some degree of content homogeneity within work packages that are
handed off to translators or across multiple work packages on a single account. The workflow
is outlined in Figure 2. In a typical scenario an engineer responsible for MT or a project manager selects a project from a TMS to use for productivity testing. If the TMS is GlobalSight
only one step is required to prepare the project for productivity testing, namely deleting segments at random from the TMX file used to store the machine translation. This creates the HT
segments for the HT/MT SLAB tests. If the files originate from an SDL TMS or SDL
WorldServer system we use the Middleware applications to import the various dialects of
XLIFF into OmegaT via Trados (sdlxliff) before deleting the MT segments using the
iOmegaT Utilities. Initially, MT productivity tests were one way. Files could not be returned
to the TMS they came from so they could not be used. This massively reduces the cost of
productivity tests as prior to this translations were discarded. We expect the cost is of acquiring PE speed data to fall further where OmegaT is used as a production CAT tool. This means
post-editing productivity can be measured on an ongoing basis rather than in a shunted test
workflow.
The code we have added to OmegaT writes a stream of events corresponding to user
activity and application context to XML log files stored on a translators PC as the translator
works in the CAT tool. We call these XML log files instrumentation files to distinguish them
from application log files. As opposed to application log files, instrumentation files are repayable in the Replayer. Currently, this component is an early prototype. It can only reply CATUAD at a segment level. Each time a source file is opened a new instrumentation file is created. CAT-UAD is mainly expressed as events. These events contain timestamps in milliseconds and contextual information. For example, in the case of a keystroke event the time of the
event is recorded along with the key in question and the cursor position in the segment. Segment editing sessions are used to distinguish between the first and subsequent times a translator visits a particular segment. Figure 3 shows an example of a segment in which an MT segment is post-editing in 42 seconds. The project name, file name, sourceIndex and translatorID
combine to uniquely reference a Source segment and this segment may be accessed or visited
many times. In productivity tests we find on average translators visit each segment between
two and three times.

Figure 3. A shortened example of a 42 second segment editing session
Once the translation is ready the translator zips and return that package by e-mail or FTP. The
by the MT engineer or project manager runs the analysis software across the instrumentation
files for all returned packages in a single batch operation. This populates a database that contains data on each editing session. On the basis of that database a summary of results for the
current test is output as a spreadsheet. The report contains information on the number of
words in each segment and the number of words that were discarded due to inactivity on the
translator’s part. Some translations are also discarded for other reasons, e.g. if a translator
saves an empty target segment to the project translation memory. Cut-offs due to inactivity
are defined in the analytics configuration file. For example, a cut-off of 5 minutes was used
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for the productivity tests discussed below. For patent translation with much longer sentences
15 minutes is used. At an early stage in the design we decided against a Pause button, as it is
not possible to verify if it was used and it conflicts with the unobtrusive philosophy underlying the design of the software.

4. Some results from two large scale productivity tests
Economically, from a translator’s perspective temporal post-editing effort is the more important measure of effort (Krings, 2001). In this section we will discuss the results of two MT
productivity tests carried out using iOmegaT, with a focus on temporal data. We will show
that reliance on edit-distance alone is not advisable when measuring the utility of MT or selecting translators to work on post-editing projects.
Dell
Autodesk
Total Number of Segments
14686
13145
HT
4920
1672
100% match
412
20
Already translated
2855
2249
Fuzzy Match
2854
2070
MT Changed Segments
3353
5703
MT Unchanged Segments
292
1431
MT Changed WPH
476
560
MT Unchanged WPH
942
837
MT Utility
+5%
+54%26
Table 2. Summary of data from two similar productivity tests
Table 2 shows a summary of statistics from two similar productivity tests carried out using
iOmegaT for Autodesk and Dell, two companies that already use MT on a large scale. Translators were all experienced professional translators and MT had been in use for some time on
the accounts in question so translators had passed many successive QA cycles. Spot-checking
was applied to ensure basic quality levels were maintained in the productivity tests. In general segments were sentences. In both projects the mean sentence length was nine words and
the mean number of visits per segment was just under two. Whether a segment was MT or not
had no meaningful impact on the mean visit count.
100% match segments were segments in the translation memory provided to the translators before the project was started. “Already translated” segments are those the translator
has translated or post-edited during the project and which appear again as full matches.
“Fuzzy Match” segments were fuzzy or partial matches from the translation memory provided
to the translator or the project translation memory that is populated as the translator works.
“MT Changed” segments are segments that are changed by the translator and “MT Unchanged” segments were judged to require no changes. “MT Utility” is the overall utility of
the MT in terms of speed relative to HT translation speed. Unsurprisingly a high MT utility
corresponds to a high number of unchanged MT segments as unchanged MT segments required much less time to process. This can be seen in the Words per Hour (WPH) values for
each category. All WPH values also account for self-review time across multiple segment
visits or sessions. This is discussed in more Moran, Lewis, & Saam (2014).

26
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A feature of these two early productivity tests was that the two-day translation projects
were handed off to two translators per language to be redundantly translated. However, they
were free to translate normally using OmegaT, so although all translators started at the start of
the job there was no stipulation that they should translate the same segments and some translators translated non-contiguously. Also, due to multithreading in OmegaT a segment may be
presented to translator A as MT while the same segment may be shown to translator B as a
translation memory match. This was recorded correctly by the instrumentation but was only
apparent upon analysis. For some visualisations of segment progression and segment category
distribution see Moran et al. (2014). In general faster translators translated more segments
over the two days. Figures 3 shows PE speed compared against translators for both tests.
There was a low positive correlation between translators in terms of PE speed. The Pearson
correlation coefficient comparing speed between Translator A and B for Dell is r=.19. For
Autodesk it is slightly higher, r= .29. It appears the translators post-edited at quite different
speeds even when initially presented with the same MT and source text.
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PE Speed
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Figure 4 Autodesk and Dell PE speed per language for the same files.
The scatterplot in Figure 5 below shows the correlation between PE similarities as calculated
using a character-based Levenshtein algorithm averaged across MT segments for each translator and PE speed in WPH in which self-review time was accounted for.
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Figure 5. PE speed versus string similarity
44 translators across the Autodesk and Dell tests were bundled together in the analysis. A
moderate correlation of Pearson r=3.7 was found. Thus far we have only discussed post-
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editing speed. However, SLAB testing accounts for multiple segment categories so we turn
our attention to HT.

Translator ID

Figure 6. HT/MT speed ratios and absolute speed values for a Dell productivity test in 2012.
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Figure 6 shows absolute HT and MT post-editing speeds for the Dell productivity test. As
Autodesk had low HT sample sizes for languages except for French, Italian, German, Spanish
(FIGS) it is not shown here. It should be noted that the +5% MT speed delta was positive
mainly as a result of four efficient post-editors, fr_fr_tr1, pt_br_tr2 and pt_pt_tr2 and one very
efficient post-editor fr_ca_tr1. Two years after this snapshot was taken, the current HT/MT
speed ratio on the Dell account is around 40%. This improvement is due to improved MT but
also translator selection weighted in favour of translators like these four translators and
against their language counterparts. However, using string distance measures alone it is not
always possible to identify efficient post-editors.

Translator ID

Figure 7. String similarity and MT utility (HT/MT speed ratio)
This can be seen in Figure 7 where the average string similarity across MT segments using
character-based Levenshtein is shown per translator along with the HT/MT ratio. Both are
represented as a line graph. For ease of visual comparison both string distance percentages (up
to 80%) and PE speed ratio percentage (80% to 160%) are both shown on the X-axis. The
three or four efficient posteditors are clearly seen as peaks above the 100% line, the breakeven point for MT productivity. However, they are barely visible on the lower dotted line. In
several instances edit distance is misleading as a predictor for PE speed relative to HT. For
example, fr_ca_tr1 and fr_ca_tr2 have about the same edit distance value of 60% but very
different PE speeds relative to HT. fr_ca_tr1 is twice as fast using MT relative to HT com-
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pared to fr_ca_tr2. This is consistent with key findings from a similar large scale productivity
test carried out by Plitt & Masselot (2010). They found the translator who post-edited fastest
had the best quality review scores and also made the most changes. It seems some translators
are more efficient that others at using MT to improve their working speed. More information
on the MT system used by Autodesk can be found in Zhechev (2012) and a discussion of
trends across multiple productivity tests at Welocalize is presented in by Casanellas & Marg
(2014).
We conclude this discussion with a note on sample sizes. Though work remains to be
done here, we have found that analyzing CAT-UAD over periods shorter than a day per main
category (HT and MT) leads to unreliable statistics due to problems associated with small
sample sizes and hence sparse data in each segment category. For this reason, it is important
that productivity test costs are kept to a minimum. Once reliable speed data has been established, edit distance metrics can be used to monitor MT quality. However, a better solution
would be to be able to measure post-editing speed at all times or at least intermittently in a
translator’s preferred desktop-based CAT tool.

5. Towards a standard for CAT-UAD in paid CAT tools
Though we are unaware of any research on the topic intuitively, translators are most
familiar and hence very likely most productive in the one or two CAT tools they use most
frequently. For the translators who responded to the questionnaire in Figure 1, in most cases
this is Trados, Wordfast, MemoQ or DejaVu. OmegaT is only a standard CAT tool for a minority of translators.
However, HT/MT SLAB testing is useful to translators. In our experience the discounts for post-editing it facilitates are generally considered fair. A portion of the cost saved
because of the time saved by MT can be passed on to the client. In turn this saving can be
used to improve MT. As long as translator hourly earnings for MT post-editing are above
hourly earnings for HT, payment for post-editing should not be a complaint. However, there
are other reasons why temporal PE data is useful. Along with translator feedback, it also
makes it possible to assign priority to problems reported by translators that impact most on
working speed, e.g. over translation of URLs.
However, from a translator’s perspective there is a darker side to measuring translation
speed. It could be used to negotiate discounts where MT is not in play. For example, a translator who translates at 2,000 words per day when he is new to a regular translation account
might translate at 3,000 words per day after a few months. Although they are paid by the word
translators typically invest more time in terminology research when they are new to an account. Were a client to approach the translator with speed data to ask for a discount, at this
point the translator is likely to become unhappy that translation speed data was being recorded
as this time investment would be wasted.
In web-based CAT tools translation speed data can be recorded on a server and a translator cannot delete or view that data. In iOmegaT it is recorded on a local disk and can be deleted from the /instrumentation folder within the OmegaT project folder. In this respect desktop-based CAT tools provide a level of privacy web-based tools do not. However, a translator
does not have to make a buying decision to use iOmegaT. Agencies are within their rights to
ask freelance translators to use specific tools if they provide the tool at no cost. Equally, freelancer translators are within their rights to turn down the work.
The situation is different for paid desktop-based CAT tools like Trados, MemoQ or
DejaVu. Freelance translators typically pay for this software. Were these applications to implement instrumentation of the kind used in iOmegaT, in our opinion it is important that speed
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data is only shared at the discretion of the translator so it can be limited to post-editing or other scenarios in which technology can improve a translator’s per hour earnings. Otherwise, it
seems likely translators will pay for CAT tools that do not automatically share speed data. We
do not see SLAB tests putting an end to per word pricing. However, we do feel that where an
evolving technology like MT is concerned it is important for buyers who supply that MT and
translators who use it to be able to monitor relative per hour earnings.
Finally, CAT-UAD may be useful beyond MT. It could be used by translators to communicate delays caused by slow servers (terminology and translation memory), time wasted
fixing false positives generated by automatic translation quality checks or to measure the impact of technologies like intelligent fragment assembly, Automatic Speech Recognition (ASR)
or predictive typing /auto-complete. It might also encourage training in the use of these technologies by measuring the impact of that training. As desktop-based and some web-based
CAT tools become more complex it will become increasingly important to be able to record
and analyze the impact of individual technologies on translation speed. We feel that if paid
CAT tool companies address translator privacy concerns many translators will see the benefit
of CAT-UAD and those that do not can ignore the feature.
To this end we have offered to provide early access to the iOmegaT CAT tool to a
number of commercial desktop-based CAT tool publishers with a view to encouraging a discussion on CAT-UAD as a standard data format (Moran, 2014). Discussions are progressing
in that regard.

6. Summary
In this paper we surveyed a number of applications that can be used to measure translation
speed. We showed on the basis of a questionnaire that the desktop-architecture remains dominant in the CAT tool market and outlined some advantages of OmegaT, a free open-source
CAT tool over web-based CAT tools. We briefly introduced the iOmegaT Translator Productivity Workbench and described how it is used in a typical enterprise translation workflow. On
the basis of two HT/MT SLAB tests we showed that because translators vary greatly in how
much MT speeds up their work it is important to be able to spot post-editors who are faster
using MT and, conversely, recognize translators who are not aided by MT proposals. Finally,
we made a case for instrumentation in existing paid CAT tools while drawing attention to the
importance of a translator-centric privacy model.
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