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Figure 1: Cosine similarity matrix across the last 20 sentences in the corpus that were labeled as abs_maj, represented
as 512-dimensional sentence embedding vectors from the pretrained Universal Sentence Encoder model. (Sentences are
cropped due to space constraints.)

Figure 2: Cosine similarity matrix based on USE embed-
dings across all 422 sentences in the corpus thatwere labeled
as abs_maj.

Figure 3: Cosine similarity matrix based on USE embed-
dings across all 1,339 sentences in the corpus that were
labeled as abs_min.
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