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Abstract

Rewriting educational material has long
been an important but labor-intensive task.
This paper explores the potential of using
open-source large language models
(LLMs) to rewrite Chinese educational
materials  for  different  grade-level
readability. The main methodology is zero-
shot prompting approaches without any
fine-tuning. While LLMs demonstrated
excellent performance in rewriting English
materials, their effectiveness for Chinese
materials was limited. To address this, we
proposed and evaluated three strategies:
cross-lingual rewriting, specific grade-
level targeting, and iterative rewriting. Our
findings suggest that these strategies
improved the rewriting of Chinese
educational materials, though challenges
remain. We provide an in-depth analysis of
the advantages and limitations of LLMs in
educational material rewriting and discuss
potential educational applications.
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instructional material that needs to
be rewritten. In this task, we need

The above
You are an editor of Al
instructional — materials.  Using
English, rewrite the specified

instructional materials according to
the user's request into a simpler or
easier-to-understand format. Avoid
using other languages. Do not
include emojis in your response.
Your response should only contain
the rewritten text without any
preambles, additional explanations,

or annotations. employing

e f B 7 3

to rewrite the text to make it
suitable for lower grade students to
read, while preserving the original
meaning and information. Please
help to revise this instructional
material to make it easier to read,
suitable for lower grade students'
reading comprehension
using fewer abstract concepts, and
simpler
words, and idioms, and avoiding
complex sentence structures.

B 10. 5% + &%

PR T
an ~original The above is an original instructional
material that needs to be rewritten. In
this task, we need to rewrite the text
to make it suitable for higher grade
students to read, while preserving the
original meaning and information.
Please help to revise this instructional
material to make it more challenging
to read, suitable for higher grade
students' reading comprehension
ability, using more abstract concepts
and descriptions, and employing
more difficult analogies, words,
idioms, and sentence structures.

ability,

analogies,
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