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Abstract

This study aims to address the product
matching issue faced by consumers when
comparing prices across different e-

commerce platforms. To solve this problem,

this research proposes two-stage
framework: eComMatch, for cross-
platform product matching. First, a
blocking filtering process is conducted by a
similarity network trained by triplet
network, followed by further classification
through a matching network trained with a
Siamese network to determine if the
product mentions match. Experimental
results show that, with our fine-tuned
semantic encoder, our two-stage model not
only matches products within a reasonable
time frame but also significantly improves
the accuracy and efficiency of product
matching. This method is particularly
suitable for e-commerce platforms that
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require quick updates and adaptation to the
ever-changing market.
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