Applying Generative Language Models to Generate Synthetic
Medical Records: ChaVinci
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Abstract

Automatic Speech Recognition (ASR)
relies on extensive speech corpora for
support, but in medical contexts, recording
real medical records is costly and subject to
privacy constraints. To address this issue,
this study proposes using large language
models to generate synthetic medical
records as an alternative. By combining the
generative capabilities of ChatGPT and
DaVinci, we created the ChaVinci medical
record set. ChatGPT provides accurate and
consistent medical descriptions, while
DaVinci adds diversity to the format and
content of the records. This paper explores
the characteristics of medical records, NER,
and GPT text generation techniques, and
analyzes the application of large language
models in generating synthetic medical
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records, including prompt engineering and
generation  rationality. Experiments
compared real and generated medical
records and applied the generated records
to medical speech corpus recording,
evaluating the performance of ASR trained
on different corpora, demonstrating that it
effectively supports ASR training and
testing and expands its application.
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