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with the large number of books being
published, it is time-consuming and labor-
intensive to manually assess the difficulty
level, and therefore, efforts have been
made to develop readability models. In the
past, the development of text readability
models was often characterized by text,
and the content of pictures was not
considered as a factor in assessing the
difficulty of text. However, it has been

suggested in other fields that pictures can
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Abstract

“Adaptive reading” is the process of

adapting the difficulty level of a text to the
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affect reading comprehension. Inspired by
this research, this study will utilize picture
description techniques to extract the
content of pictures as features to be added
to the text readability model, in order to

investigate whether the addition of picture



content can improve the accuracy of the

readability model.
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AAFARGE R ey B B1F AT REH
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ARG AR E R R BE R AR A R
A ERARE- BT HREEE R N BIREB A
A AR 0 AT R MR R 4R & T 3
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MSE 1&
Fowm (X ARmAE R ) 1.60
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k2 BWHEER (N=155)
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i 2&?\'12% 259 B2 ¥ 7y R AR R A
A £ 0.99 KARAESRL-FEH
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A2 E MK S R A7 gutenberg.org 4836
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LEMNEREBHBEERR L 3w -
£# %  E%#4 MSE $+88 48 MSE
RIEALF 68 1.57 2.88
History 22 1.47 391
Science 47 1.56 2.3
Technology 21 1.95 0.88
Bio 1 1.15 225
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NE LT HRE ~ Ak REREZE A
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16 A B X #8038 4 22 R 1 1R 18 42 B A ﬁih ;
A B #} Cathode Ray Tube (I #4427 ) A 5] »
KA4ABHZEENRANE R RB R -

Bk Lexile: A8
1937 900 Cathode ray tube
G
n -
[EEF

This diagram illustrates the internal structure
of a CRT, showing the electron gun and path
to the phosphor screen where the image is

displayed.

4 FHEEAL-EHE R B R A

B M SR B e A AR S A 60
FREEFTX > A kW T 4B R Hilkd
15 d LB AR tEs R E 0 B H B H X
AL BAZ - BT 4o 0 HE N BHKAAE 2
£RAFLE > B REAMER R X IR A 1E A G
FAk o 4o T 342  (path)~" P94 | (internal
structure) ¥ - BmAA £ R B B R
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