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Abstract
This paper investigates the extent to which
LLMs align with humans when personality
shifts are associated with language changes.
Based on three experiments, that focus on GPT-
4o and the Eysenck Personality Questionnaire-
Revised (EPQR-A), our initial results reveal a
weak yet significant variation in GPT-4o’s per-
sonality across languages, indicating that some
stem from a language-switching effect rather
than translation. Further analysis across five
English-speaking countries shows that GPT-4o,
leveraging stereotypes, reflects distinct country-
specific personality traits.

1 Introduction

Research on multilingualism and personality re-
veals that most multilingual individuals experience
a shift in their personality when they switch lan-
guages, for example, Chen and Bond (2010); Dyl-
man and Zakrisson (2023). Such results are in
line with the "Priming Culture" theory (Oyserman
and Lee, 2007, 2008), which suggests that specific
cultural content or cognitive processes can be ac-
tivated in a person’s mind by priming them with
particular cultural elements, such as language. An
example is Cultural Frame Switching (CFS) (Hong
et al., 1997), which reflects the tendency of multi-
cultural individuals, such as multilingual, to shift
their interpretations of the world by adapting their
perspectives to environmental culture-relevant stim-
uli – e.g., language Hong et al. (2000); Oyserman
and Lee (2008).

Here we explore whether these phenomena
can also be observed in LLMs. More precisely,
inspired by CFS, we seek to advance the discussion
on the use of personality tests with LLMs by
addressing the following research question:

RQ. Do multilingual LLMs exhibit cross-lingual
personality change?

Given the complexity of our research ques-
tion, we have chosen to take the first step in
this investigation by focusing on GPT-4o1 and
the Eysenck Personality Questionnaire-Revised
(EPQR-A), which measures Extraversion (outward-
ness and social engagement), Neuroticism (emo-
tional stability), Psychoticism (impulsiveness and
rule adherence) and Lie (social desirability).

Additionally, we divided RQ into three sub-
questions to guide our exploration:

• SRQ1: Do LLMs respond differently to the
EPQR-A when presented in different lan-
guages?

• SRQ2: Are differences observed in SRQ1
attributable to variations in the translations
rather than differences in the personalities?

• SRQ3: Can the differences observed in SRQ1
be attributed to cross-cultural factors?

If SRQ1 is answered affirmatively, it will sug-
gest that language variation may correspond with
personality changes. However, these changes could
stem from translation differences, which brings us
to SRQ2. Finally, SRQ3 aims to determine whether
these variations are rooted in cultural differences.
Specifically, we seek to understand if GPT-4o fails
to capture the cultural nuances present among coun-
tries that share the same language.

To the best of our knowledge, this paper is the
first attempt to use the CFS framework to inves-
tigate the extent to which LLMs align with hu-
mans when personality shifts are associated with
language changes.

2 Related work

Given the study’s multidisciplinary nature – bridg-
ing the psychology of personality, cultural psychol-

1The experiments were conducted using GPT version gpt-
4o-2024-05-13 with both temperature and top-p set to 1.
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ogy, and computer science – this section will high-
light only the principal works that inspired our re-
search.

Personality questionnaires have been used for
a long time to approach human personality in dif-
ferent dimensions, related, among others, to the
manner of interacting with others, behaving in so-
ciety or emotional profiles. Typically these are
self-report questionnaires. Examples of classical
and widely used ones are the Eysenck’s Person-
ality Questionnaire (EPQ) (Eysenck and Eysenck,
1964) and its abbreviated version, the EPQR-A
(Francis et al., 1992b), the Revised NEO Person-
ality Inventory (NEO PI-R) (Costa and McCrae,
1992) and The Big Five Inventory (BFI) (Benet-
Martínez and John, 1998). All these tests have been
also used to investigate personality traits across cul-
tures. A cross-culture personality analysis with the
EPQ was performed first from Barrett and Eysenck
(1984) (25 countries) and then from Lynn and Mar-
tin (1995) (37 countries). Similarly, the NEO PI-R
was used to perform a cross-culture analysis in
McCrae (2002), which analyzed 36 cultures and
later extended by Allik et al. (2017), who analyzed
71,870 participants from 76 samples and 62 dif-
ferent countries or cultures, and 37 languages. In
the same vein, Schmitt et al. (2007) used the BFI
(based on a sample of 17,837 individuals from
56 nations and 28 languages) to perform a cross-
cultural study. Although these studies utilize dif-
ferent assessment instruments – and are not always
comparable (Schmitt et al., 2007) –, they collec-
tively support the validity of comparing mean lev-
els of personality traits across cultures. Indeed,
they provide evidence that country/culture mean
scores in personality can be a valuable tool for un-
derstanding the significant connections between
culture and personality – see also Hofstede and
McCrae (2004).

Since self-report personality questionnaires are
administered in a specific language, some re-
search delves deeper into exploring the connec-
tion between language and personality assessments,
specifically examining how the language of these
questionnaires can influence the responses of multi-
lingual and multicultural individuals. For example,
the effects of language use on personality – mea-
sured through the BFI (John, 1990) – were found
in Spanish-English bilinguals (Ramírez-Esparza
et al., 2006). When participants answered the ques-
tionnaire in English, scores in Extraversion, Agree-
ableness, and Conscientiousness were significantly

higher than in Spanish. On the contrary, scores in
Neuroticism were significantly lower. Similar dif-
ferences emerged when comparing responses from
people living in Mexico and people living in the
United States answering the test in their respective
languages. In a sample of Chinese-English bilin-
gual students (Chen and Bond, 2010) who were
asked to answer the BFI as if they were native
speakers of English or Chinese, it was found that
scores on Extraversion, Agreeableness, and Open-
ness to Experience were higher in participants an-
swering as native of English. Contrarily, scores on
Neuroticism and Conscientiousness were signifi-
cantly higher for those answering as native speakers
of Chinese. In a study with Swedish-English bilin-
gual students (Dylman and Zakrisson, 2023), in
line with prior results, scores in Extroversion were
significantly higher when responders answered the
BFI in English.

In recent years, there has been a surge in the
employment of personality tests within the LLM
framework. For example, the BFI (Digman, 1990)
were used, among others, by (Karra et al., 2022;
Safdari et al., 2023; Pellert et al., 2023; Mei et al.,
2024) to quantify the personality traits of LLMs.
Similarly, IPIP-NEO (Goldberg et al., 1999) was
used in (Safdari et al., 2023) and Short Dark Tetrad
(SD4) (Paulhus et al., 2020) was used in Pellert
et al. (2023). In a slightly different fashion, (Griffin
et al., 2023) investigates LLM’s behavioural pro-
file in a dynamic context instead of a static one.
While the outcomes of the aforementioned studies
may vary depending on the LLMs and question-
naires used, there is enough support to draw the
promising conclusion that personality assessments
for LLMs are valid and reliable. These findings
hold significance, considering that personality tests
are tailored for humans, and there is no guarantee
beforehand that they will yield valid and reliable
results for LLMs.

Taking inspiration from CFS, this paper uses the
EPQR-A personality questionnaire to investigate
to what extent multilingual LLMs exhibit cross-
lingual personality change.

3 Methods

We prompt GPT-4o to answer the EPQR-A, which
is an abbreviated version of the Eysenck Personal-
ity Inventory (Eysenck and Eysenck, 1964), con-
taining 24 items for assessing four scales (6 items
each): Extraversion (E), Neuroticism (N), Psy-
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Test Language E N P L
O

ri
gi

na
l

English 3.05 (± 2.26) 3.11 (± 2.37) 0.97 (± 0.70) 4.80 (± 1.69)
Hebrew 3.12 (± 2.07) 2.70 (± 1.97) 0.63 (± 0.80) 5.22 (± 1.12)
Brazilian 4.18 (± 2.22) 2.56 (± 1.81) 1.06 (± 0.71) 5.54 (± 0.95)
Slovak 4.45 (± 2.04) 2.47 (± 2.11) 1.59 (± 0.74) 5.45 (± 1.06)
Spanish 3.61 (± 2.41) 2.79 (± 2.26) 1.35 (± 0.96) 4.79 (± 0.82)
Turkish 3.81 (± 2.31) 1.19 (± 1.41) 0.57 (± 0.73) 5.45 (± 1.13)

Tr
an

sl
at

ed

English 3.05 (± 2.26) 3.11 (± 2.37) 0.97 (± 0.70) 4.80 (± 1.69)
Hebrew 3.35 (± 2.34) 1.29 (± 1.67) ‡ 1.38 (± 0.94) ‡ 5.70 (± 0.50) ‡
Brazilian 4.17 (± 2.27) 2.48 (± 1.84) 1.30 (± 0.90) ‡ 5.56 (± 1.05)
Slovak 4.15 (± 1.95) 2.66 (± 2.38) 1.87 (± 0.77) ‡ 5.03 (± 1.16) ‡
Spanish 4.60 (± 2.07) ‡ 1.15 (± 1.82) ‡ 1.17 (± 0.90) 5.33 (± 1.45) ‡
Turkish 3.74 (± 2.30) 1.75 (± 2.03) 0.95 (± 0.83) ‡ 5.48 (± 0.97)

Table 1: Mean and standard deviation (± sd) for original and translated EPQR-A. Country flags indicate significant
difference (p ≤ 0.01, p ≤ 0.05 when underlined) among languages. ‡ indicates significant (p ≤ 0.01) difference
between translated and original questionnaire. Values in bold mean Cronbach’s α≥ 0.7 (Table A1 in the Appendix).

choticism (P), Lie (L) (Francis et al., 1992b). Each
item has a dichotomous response (yes or no), and a
score for each scale can be computed by summing
individual items (resulting in a range from 0 to 6).

Experimental Setups: We designed two sets of
prompts for our experiments to guide GPT-4o to
answer questionnaires. The first set was tailored
to address SRQ1 and SRQ2, while the second set
was specifically created for SRQ3 (prompts are in
Appendix A).

To handle SRQ1, we first prompt GPT-4o to an-
swer EPQR-A in six languages: English (Francis
et al., 1992b), Hebrew (Katz and Francis, 2000),
Brazilian2 (Scheibe et al., 2023), Slovak (Dubay-
ova et al., 2009), Spanish (Sandín et al., 2002) and
Turkish (Karanci et al., 2002). In all cases, we used
English instructions.3

Then, for SRQ2, we prompted GPT-4o to re-
spond to a translation (performed by Google Trans-
late) of the EPQR-A questionnaire from English
into the five languages used for SRQ1. Since the
translation process followed in the versions used for
SRQ1 implies a scientific procedure for adapting
the questionnaire to each specific language (test-
ing the psychometric properties and refining the
questionnaires), these can differ from the translated
versions.

Finally, to address SRQ3, we instructed GPT-4o
to respond to the English version of the EPQR-A
while simulating a native speaker from five English-
speaking countries: the UK, USA, Canada, Aus-
tralia, and Ireland.

For each experiment we performed 100 trials.

2In this paper, by Brazilian we mean Brazilian Portuguese.
3Responses fit better with the expected “yes” or “no” when

instructions were given in English.

Postprocessing of the answers: With GPT-4o’s
answers, we compute descriptive statistics for each
of the 4 scales of the EPQR-A. We use the nonpara-
metric two-sided Mann–Whitney U test to compare
different groups of results (answers were not nor-
mally distributed). Finally, we tested reliability
by computing Cronbach’s α (Cronbach, 1951) val-
ues. This is an index frequently used to evaluate
the internal consistency of a set of items (Tavakol
and Dennick, 2011). Cronbach’s α is considered
acceptable when above 0.70 (Cicchetti, 1994).

4 Results

SRQ1. Personality and language switching:
Table 1 (top 6 rows) shows that GPT-4o displayed
similar scores across languages yet with many sig-
nificant differences on most scales (P shows the
highest number of significant differences between
the different languages, while N exhibits the least).

In general, high scores in L4 were accompanied
by low scores in P (from 0.57 to 1.59) and average
scores in N - ranging from 2.47 to 3.11 (except for
Turkish, which scores 1.19) - and in E - ranging
from 3.05 to 4.45. Important differences can be
observed in the E scale where Brazilian and Slovak
score higher, in the N scale where Turkish scores
lower, in the P scale where Slovak and Spanish
score higher, and for the L scale where English
and Spanish score lower (always in comparison
to the other languages). Interestingly, the smaller
standard deviation of Spanish in L makes also the
difference between English and Spanish significant.

In conclusion, our initial test suggests a
language-switching effect on GPT-4o’s personality,

4The L scale in the Spanish questionnaire has a reversed
scoring system. To be consistent with the other languages we
report the score reversed, i.e. 6 minus the GPT-4o score.
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Country E N P L
USA 5.78 (± 0.64) EN 3.47 (± 2.13) 1.26 (± 0.68) EN 4.35 (± 1.20) EN
Australia 5.97 (± 0.22) EN 1.05 (± 1.62) EN 1.54 (± 0.66) EN 4.87 (± 0.84) EN
UK 4.75 (± 1.86) EN 3.70 (± 1.72) 0.70 (± 0.66) EN 4.67 (± 0.89) EN
Canada 5.80 (± 0.64) EN 2.04 (± 1.80) EN 0.95 (± 0.82) 5.22 (± 0.61)
Ireland 5.94 (± 0.34) EN 3.27 (± 1.87) 1.83 (± 0.47) EN 4.38 (± 1.10) EN
English (EN) 3.05 (± 2.26) 3.11 (± 2.37) 0.97 (± 0.70) 4.80 (± 1.69)

Table 2: EPQR-A questionnaire for English-speaking countries. Significant difference (p ≤ 0.01, p ≤ 0.05 when
underlined) among countries is indicated with the country flags or by EN for the differences from (generic) English.
Bold indicates Cronbach’s α ≥ 0.7 (Details in Table A1 in the Appendix).

as measured by the EPQR-A test. The following
section will examine whether these variations arise
from translation differences.

SRQ2. Personality and translation variations:
When comparing the results of the original ques-
tionnaire with those of the translated versions, we
found minimal differences (see Table 1 bottom 6
rows). Except for the P scale (excluding Spanish),
all other scales showed little variations, particularly
the E and N scales.

While results for the Spanish questionnaire seem
to be the ones most affected when using instead
a translated version, we still observe many of the
differences found in the original questionnaires. In
particular, (with the exception of Spanish) Brazil-
ian and Slovak still score higher in E, Slovak still
scores higher in P and English scores lower in L.

Our tests suggest a subtle variation between the
original questionnaires and their translated counter-
parts, as assessed by the EPQR-A test. This slight
variation suggests that differences in personality
—particularly in the E and N scales— may stem
more from a language-switching effect than from
translation issues.

SRQ3. Cross-cultural personality variations:
Same language different countries: When GPT-
4o is instructed to impersonate a native English
speaker from different countries, more personality
nuances emerge (See Table 2). This time, GPT-4o
displayed larger variability across countries, with
significant differences on most scales. In compar-
ing the countries, the UK scored lower on the E
scale, Australia and Canada on the N scale, and the
UK and Canada on the P scale. Notably, Canada
exhibited the highest scores on the L scale.

The most evident differences with generic En-
glish are in the scales E and P together with a re-
duced standard deviation in E, N and L. To further
understand the variations in scores and standard
deviations, we asked GPT-4o to explain its cho-

sen responses (example answers in Appendix C).
A qualitative evaluation of these explanations re-
veals that GPT-4o tends to rely on stereotypes, sim-
plifying the cultural context and societal attitudes
within a country. For example, in the explanations
provided for Canada and the UK, it was more fre-
quent to find elements related to adherence to so-
cial norms (e.g., concepts like social adherence,
cultural norms, and societal rules are prominent).
This can be related to the lower scores in these
countries. For Canada, the emphasis on commu-
nity engagement, well-being, and harmony likely
contributes to the lower N scores. In contrast, in
the USA, UK and Ireland, there is a higher prepon-
derance of explanations made by GPT-4o related
to high scores in N (e.g., "downs and up", worry
and nerves, mood swings, or mood fluctuations).
Additionally, explanations containing elements re-
lated to honesty, politeness, and integrity in Canada
can explain the higher L scores, a trend observed
across all countries.

This reliance on stereotypes by GPT-4o reflects
different personality trait trends across various
countries. For example, Lynn and Martin (1995)
provides data for people in the USA, Australia, and
Canada. At a descriptive level, there are the follow-
ing similarities with our study: people in the USA
displayed greater E than people in the UK (how-
ever Canadians have levels of E similar to the UK);
Canadians showed lower levels of N than people
in the UK and USA (however, Australians have
similar levels to Canadians). P in Australia was
higher than in Canada, the UK and the USA.

Our tests suggest that GPT-4o’s answers may
reflect cultural nuances present among countries
that share the same language.

Reliability check: We use Cronbach’s α to mea-
sure the reliability of the scores from GPT-4o (see
bold values in Tables 1 and 2 for α-values ≥ 0.7
and Table A1 in the Appendix for the actual α-
values). Despite the fact the questionnaire we
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used was short, penalizing reliability measurement
through Cronbach’s α, acceptable reliability values
were found for N and E in Table 1 and for N in
Table 2. These values are comparable to the ones
found in studies with human samples. In particu-
lar, reliability scores low for P as is found in other
studies- e.g. Francis et al. (1992a); Scheibe et al.
(2023); Sandín et al. (2002).

5 Conclusions

To explore how closely LLMs’ personalities can
align with those of humans, we examine the de-
gree to which language-switching impacts GPT-4o
personality traits, as measured by the EPQR-A test.

Our tests indicate significant variations in GPT-
4o’s personality across some languages. Further
tests confirm that differences in personality (par-
ticularly on the E and N scales) may indicate a
language-switching effect and not translation is-
sues. Finally, a closer analysis of five English-
speaking countries shows that GPT-4o, by relying
on stereotypes, reflects distinct personality traits
also found for humans in previous studies. This
suggests a connection between GPT-4o’s and hu-
man personalities across the countries studied.

In conclusion, this paper presents promising pre-
liminary findings that shed light on the impact of
language switching on personality traits in LLMs.

6 Limitations and future work

Due to the preliminary nature of the research,
the paper presents some limitations which will
be subject to future research. For example,
our experiments should be tested with more lan-
guages\countries, other personality tests - e.g., the
NEO PI-R (Costa and McCrae, 1992) and the BFI
(Benet-Martínez and John, 1998) - and other LLMs
(e.g. Claude from Anthropic). Moreover, openly
available LLMs (e.g., Llama-3) could be fine-tuned
with varied corpora and utilized to assess how train-
ing influences the models’ personality traits.

Another limitation of this paper lies in relying
solely on Google Translate for the EPQR-A transla-
tion. Future research should incorporate additional
translation tools (e.g. DeepL, Azure AI translation,
LibreTranslate and OpenNMT) and involve human
evaluators\translators to assess translation quality.

Furthermore, we acknowledge that the usage of
entire countries like the USA or the UK as a variant
of English may be too broad. A more fine-grained
analysis taking into account regional variants of

English like the ones used in Scotland, Wales or in
the Southern States of the US should be performed
in the future.

Nevertheless, our preliminary results suggest
the feasibility of using the CFS paradigm to study
LLMs’ capabilities. Accordingly, they raise several
questions that warrant further investigation. For in-
stance, more experiments should be performed con-
sidering synthetic populations of personas. Then,
to perform fine-grained analysis, the results can be
compared among groups of personas -e.g., gender,
edge, highly educated VS low educated, rich VS
poor etc.

Taking inspiration from Dylman and Zakrisson
(2023), another line of research can aim at mea-
suring the effect of language and culture. Tests
can be conducted to explore the distinct impact
of language and culture on LLMs’ personalities.
For such research, multimodal LLMs should be
considered. This approach allows for introducing
additional priming elements, such as culturally sig-
nificant images - as suggested by Hong et al. (1997,
2000); Dylman and Zakrisson (2023)-, to inves-
tigate further the separate influences of language
and culture on LLMs’ personalities. This type of
research could also offer new insights into studying
cultural biases and stereotypes in LLMs.
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A Prompts issued to GPT

In the experiments designed for handle SRQ1 and
SRQ2 the following instruction was used:5

You are ChatGPT, a large language
model trained by OpenAI, based on the
{architecture} architecture.
Knowledge cutoff: --cutoff_date--
Current date: --date_today--

Then, to run the questionnaire we used the follow-
ing prompt.

The questionnaire is in
--language_questionnaire--, and is
given to you here below in the form of
JSON object with the question number in
the key.
--questionnaires_language_json--
For each question, you are required to
answer only with True or False. Bear in
mind that there are no good or bad answers
or trick questions.

Regarding the the experiments designed for SRQ3,
we used the following role system:

You are an AI designed to impersonate
a native English speaker born in
--country--. Your responses should
reflect the diverse cultural nuances,
linguistic patterns, and local
expressions typical of people from
this country. Always respond as if
you are a native English speaker from
--country--, taking into account regional
colloquialisms, idiomatic expressions,
and the variability in personality,
attitudes, and behaviors across different
demographics in --country--. Follow
these guidelines closely to ensure your
answers are authentic, natural, and
representative of the diversity within
--country-- society.

together with the following instructions:

1. For each question, respond only
with 'True' or 'False' based on how
a typical --country-- native might
respond, considering the diverse cultural

5The details for the GPT’s based architecture and cutoff
dates are published here.

context and societal attitudes within
--country--.
2. After answering all the questions,
add an additional key "explanation" to
the JSON object. In this key, provide a
brief explanation (less than 100 words)
summarizing the reasoning behind your
responses, reflecting on the cultural
context of a --country-- native while
acknowledging the diversity in attitudes
and behaviors across --country--.
3. Ensure that all responses and the
explanation are consistent with the
behavior, attitudes, and expressions
typical of a native person from the
--country--, considering the variety of
perspectives and experiences found within
the population.
4. There are no right or wrong answers;
respond honestly as a typical English
speaker born in --country-- might,
representing the range of cultural and
societal norms present in the country.

B Cronbach’s α results

In Table A1 we show the Cronbach’s α values cor-
responding to the results of the experiments shown
in Tables 1 and 2.

Test Language E N P Lor Country

O
ri

gi
na

l

English 0.866 0.893 -0.049 0.831
Hebrew 0.894 0.794 0.235 0.073
Brazilian 0.909 0.711 0.502 0.799
Slovak 0.798 0.890 -0.258 0.613
Spanish 0.902 0.868 0.233 0.861
Turkish 0.900 0.854 0.219 0.635
USA 0.594 0.862 0.367 0.667
Australia 0.593 0.846 0.354 0.191
UK 0.862 0.757 0.334 0.398
Canada 0.717 0.798 0.380 -0.100
Ireland 0.658 0.796 0.323 0.511

Tr
an

sl
at

ed

Hebrew 0.801 0.791 0.326 0.622
Brazilian 0.889 0.770 0.021 0.662
Slovak 0.875 0.840 0.063 0.671
Spanish 0.908 0.856 0.324 0.457
Turkish 0.896 0.672 0.181 0.748

Table A1: Cronbach’s α results for the different EPQR
tests.

C Answer explanation examples

Table A2 shows two examples of the explanations
given by GPT-4o per English-speaking countries.

https://platform.openai.com/docs/models/continuous-model-upgrades
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Country Example

USA (1) Americans are known for their lively and independent spirit, but many also experience worry and
moodiness due to societal pressures. While honesty is valued, not following every rule is also appreciated
for individualism. Most avoid harmful behaviors like drugs or cheating but admit to minor faults. Social
participation varies widely, reflecting diverse personalities from introverts to extroverts.
(2) Responses reflect a wide variety of experiences across the American population. Cultural emphasis
on individualism and following societal rules is balanced by a lively and sociable nature. Factors like
self-confidence, social behavior, responsibility, and mental health vary among individuals but follow
common societal norms, emphasizing honesty and societal conformity, with occasional acknowledgment
of human flaws.

Australia (1) Australians value authenticity and fun but also treasure fairness and community. While lively and
socially engaged, there’s a ’fair go’ ethos, meaning we generally stick to what’s right. Independence and
resilience are celebrated, but we acknowledge human flaws. Our responses reflect a typical easy-going yet
conscientious approach.
(2) Australians are known for their laid-back and fun-loving nature, yet they take personal responsibility
and fairness seriously. Despite different individual experiences, values like honesty, resilience, and social
connection are quite common. Many Aussies value loyalty and integrity but can navigate life’s ups and
downs with a balanced view, steering clear of potentially harmful behaviour.

UK (1) The responses reflect the diversity in British attitudes. Brits often value honesty and social rules but are
also known for their lively and humorous nature. While many may worry about mistakes and feel nerves,
they tend to follow societal norms more often than not.
(2) The answers reflect a blend of typical British characteristics, such as a tendency towards politeness
(False to taking advantage or cheating), practicality (True to following society’s rules), and a balance
between social engagement (True to being lively and talkative) and introspective tendencies (True to being
a worrier and experiencing mood swings). This blend acknowledges the cultural diversity in the UK, where
people often value tradition but also embrace individualism.

Canada (1) Drawing from the diverse cultural landscape of Canada, responses balance individualism with societal
norms. Canadians value authenticity (’True’ for practicing what you preach), are generally social and
lively, but also cherish personal integrity (’False’ for cheating, stealing). There’s a high value on mental
well-being and community, reflected in responses about anxiety and loneliness. The balance between
individualism and following rules is seen (’False’ for always following society’s rules), reflecting a respect
for personal freedom and social harmony. Overall, these responses aim to capture the nuanced and diverse
attitudes typical of Canadians.
(2) Canadians generally value honesty, community, and responsibility. We’re often seen as friendly and
lively but also care about following societal norms and being considerate of others. While there’s a balance
between personal and societal values, the importance of honesty and fair play are cultural cornerstones.
That said, we also have a diverse range of perspectives due to our multicultural society.

Ireland (1) In Ireland, there’s a strong sense of community and camaraderie, making people generally lively (True
for 23, 13, 4, 2), optimistic, and sociable. However, individualism is also valued (True for 8). Honesty
is crucial, hence ’False’ for questions on cheating or stealing. While many are easy-going, they can be
careful and thoughtful about mistakes and their work (True for 16, 3). The Irish attitude towards rules can
be flexible, preferring to follow their own path (False for 22). Despite the well-known ’craic,’ there’s a
serious side that handles worries and mood fluctuations in a typically resilient manner (True for 1, False for
18, 14).
(2) The answers reflect the diversity of Irish people, who are often lively, sociable, and value community.
While they may worry or feel fed-up at times, they generally prefer to follow their own path rather than
strictly adhere to societal rules. Honesty and fairness are valued, so taking advantage or blaming others is
typically frowned upon. There’s a respect for marriage and an openness about emotions, with a tendency to
engage in lively conversations and a preference for social harmony.

Table A2: Two examples of explanation per country given by GTP4-o for the answers of SRQ3.
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