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Abstract

This paper presents the results of the PolEval
2025 shared task on gender-inclusive large lan-
guage models for Polish. The primary goal
of this task is to encourage the development
of models capable of generating grammati-
cally well-formed, contextually appropriate,
and gender-inclusive output — a property of
increasing importance in both human-centred
NLP and NLG applications. To support this
objective, we employed the newly developed
Inclusive Polish Instruction Set (IPIS), a high-
quality, human-annotated resource designed
to guide models toward gender-inclusive be-
haviour. The shared task comprised two sub-
tasks: gender-inclusive proofreading, which
evaluates the ability of a model to transform
masculine-generic Polish text into an inclusive
equivalent, and gender-sensitive Polish-English
translation, which investigates gender marking
across languages. A total of six system sub-
missions were received — three for each sub-
task. The evaluation demonstrates that the top-
performing gender-inclusive systems outper-
form both the baseline and state-of-the-art mod-
els. Together, these results, along with the high-
quality IPIS dataset and evaluation methodol-
ogy, establish strong benchmarks for future re-
search on gender inclusivity in Polish NLP.

1 Introduction

Polish is a grammatical gender language in which
all nouns inherently encode grammatical gender
markers as an integral part of the grammatical sys-
tem, i.e., grammatical gender is a grammatical cat-
egory that determines how nouns are classified into
declensions groups. For example, sliwka [a plum]
is feminine, jabtko [an apple] is neutral, while pomi-
dor [a tomato] is masculine. All adjective, numeral,
pronoun and verb forms associated with a noun
must match the noun’s grammatical gender.
Additionally, personal nouns are paired into
mixed-gender dyads (e.g., nauczycielka [a fe-
male teacher] — nauczyciel [a male teacher]) to
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emphasize natural gender diversity across func-
tions, professions, or roles. Although feminine per-
sonal nouns typically denote female individuals
or groups of women, masculine personal nouns
can refer not only to male individuals or male
groups but also to mixed-gender groups and even
to women, a phenomenon known as the generic
masculine, e.g., niemiecka polityk Ursula von der
Leyen [Germangey, politiciang,s. Ursulagy, von der
Leyen].

Although the grammatical system of Polish al-
lows for naming individuals according to their nat-
ural gender (i.e., female or male), standard Polish
remains heavily androcentric. This is reflected in
a strong dominance of masculine expressions over
feminine ones, which may be interpreted as rein-
forcing gender bias and exclusion.

The dominance of masculine expressions over
feminine ones in a language constitutes a form
of gender discrimination (Gender Equality Com-
mission, Council of Europe, 2016; European Par-
liament, 2018). Recognising the harmful effects
of sexist language, the Council of Europe encour-
ages its member states to eliminate sexism from
linguistic practices and to promote forms that sup-
port gender equality. In recent years, Polish media,
public administration, and government communi-
cations have increasingly used a gender-inclusive
language (e.g., the term ministra [female minister]
is now used to refer to a woman holding this posi-
tion, whereas only a few years ago, minister [male
minister] was applied to both women or men).

However, current large language models (LLMs)
trained on standard Polish corpora struggle to gen-
erate gender-inclusive forms, often defaulting to
generic masculine (Wréblewska et al., 2025). As
a result, instead of supporting linguistic progress,
they can hinder or slow the ongoing shift towards
more gender-inclusive language. As LLMs become
increasingly integrated into communication, trans-
lation, and content generation systems, it is crucial
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to ensure that their large-scale outputs align with
the principles of gender inclusivity, particularly
in grammatical gender-marking languages such as
Polish.

In line with EU recommendations and with the
aim of simulating positive change at the national
level, a shared task dedicated to developing gender-
inclusive LLLMs for Polish was organised at the
PolEval 2025 Workshop (Kobylinski et al., 2025).

2 Task description

2.1 Task objective

The PolEval 2025 Task 2: Gender-inclusive LLMs
for Polish! aims to raise the community awareness
of gender inequalities embedded in Polish and to
foster development of LLMs capable of generating
grammatically correct, contextually appropriate,
and gender-inclusive language. Participants are en-
couraged to treat gender inclusivity as an essential,
build-in property of LLMs rather than an optional
add-on. This requires addressing a range of chal-
lenges, including the proper generation of feminine
and masculine forms, the handling of mixed-gender
references, and the avoidance of defaulting to the
generic masculine.

By advancing gender-inclusive LLMs, i.e., lan-
guage models that can recognise and reproduce
inclusive linguistic patterns, the shared task con-
tributes to practical solutions for mitigating gender
bias in Polish language generation. The initiative
also aligns with broader societal and institutional ef-
forts to promote gender equality through language.
In doing so, it underscores the potential of Al tech-
nologies to support more inclusive, equitable, and
socially responsible communication practices.

2.2 Task definition

The PolEval 2025 Task 2 consists in developing
gender-inclusive LLMs for Polish and evaluating
them on two subtasks:

@ Gender-inclusive Proofreading consists in
transforming a text passage written in standard Pol-
ish into its gender-inclusive version.
Gender-inclusive proofreading is not merely
a stylistic transformation, as in a paraphrasing task.
Rather, it requires the model to revise underlying
internal representations and patterns of reasoning
related to natural gender, and to draw on relevant
world knowledge. Consider Example (1):

1https://github.com/poleval/
2025-gender-inclusive-1lms
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(1) Polscy olimpijczycy, w tym siatkarze,

do kraju.”
[gloss.] Polish olympians,asc, including vol-
leyball playerspasc, have to the

country.

2) Polskie olimpijki i polscy olimpijczycy —
siatkarze — wrocity/ do kraju.

[gloss.] Polish olympiansg,, and Polish
olympiansp,sc — volleyball playerspase —
have returnedge,/ to the coun-

try.

Given that at Paris 2024 only female athletes and
the men’s volleyball team from Poland won medals,
the sentence (1) should be reformulated as in Ex-
ample (2). Performing this proofreading requires
substantially more than surface-level paraphrasing.

Gender-inclusive proofreading is of practical sig-
nificance, especially in light of the current demand
to revise government and administrative documents
into gender-inclusive forms.

@ Gender-sensitive Polish-English Translation
consists in translating a text passage written in
gender-inclusive Polish into English or an English
text passage into gender-inclusive Polish.
Gender-sensitive translation is not a trivial task.
Since English<+gender-inclusive Polish datasets
hardly exist, LLMs are typically trained on stan-
dard parallel corpora, reducing their chances to
acquire differences in gender encoding.

In Polish, gender-inclusive expressions are often
realised as mixed-gender dyads of nouns, pronouns,
adjectives, and verbs. In English translations, these
forms are typically rendered as gender-neutral ex-
pressions, resulting in a significantly lower token
count, see (3) and (3-a). Reproducing these dyadic
forms through duplication in English translation is
generally incorrect, cf. (3-c). Moreover, given its
unnatural sounding, it is questionable whether the
gender distinctions present in the source text should
be explicitly retained in translation, see (3-b), or
whether a more neutral translation is preferable, see
(3-a).

3) Szezyt technologiczny zgromadzit liczne
uczestniczki i licznych  uczestnikow,
ktore/ktorzy uczestniczyty/. w

rozZnorodnych prelekcjach.

The following colour scheme is used throughout the arti-
cle: masculine noun phrase, feminine noun phrase,
, feminine predicate.


https://poleval.pl/tasks/task2

[gloss.] Tech Summit attracted nu-
merous  attendeesf,,  and
ous  attendees,gsc- Whoe/Whoasc
participatee,,/ in a variety
of lectures

numer-

a. Tech Summit attracted numerous at-
tendees who participated in a variety
of lectures.

b. ?Tech Summit attracted numerous fe-
male attendees and numerous male at-
tendees who participated in a variety
of lectures.

c. *Tech Summit attracted numerous at-
tendees and numerous attendees who
participated in a variety of lectures.

Depending on the context, English gender-
neutral expressions should be translated into Polish
either as mixed-gender dyads, see (4-a), or as a sin-
gle gendered form, see (5-a). Translations relying
on generic masculine forms are not acceptable, see
(4-b), and (5-b). Likewise, translations that contra-
dict world knowledge are unacceptable, see (4-c)
and (5-¢).

@) Fatients rated Eye Clinic positively.

a. Pacjenci 1 pacjentki pozytywnie
/ocenity Eye Clinic.

[gloss.] Patients,,qs. and patientsy.,,
positively /rateds.,, Eye
Clinic

b. *Pacjenci pozytywnie Eye
Clinic.
[gloss.]  Patients,,s.  positively

Eye Clinic

c. *Pacjentki pozytywnie ocenily Eye
Clinic.
[gloss.] Patientsfm,,,4 positively

ratedy.,,, Eye Clinic

o) Patients rated Medifem positively.

a. Pacjentki pozytywnie ocenity Med-
ifem.
[gloss.] Patientsy.,,, positively ratedy.,,
Medifem

b. *Pacjenci pozytywnie Med-

*Both women and men participate in Tech Summits.

“Both women and men may receive treatment in Eye
Clinic, and it is likely that individuals of both genders have
provided ratings for the clinic.

ifem.
[glOSS.] Patientsmasr:

Medifem

positively

c.  *Pacjenci i pacjentki pozytywnie
/ocenity Medifem.
[gloss.] Patients,,,s.> and patientsse,
positively [ratedy.,,, Medifem

2.3 Task specification

Data: Participants are provided with the Inclu-
sive Polish Instruction Set (IPIS), see Section 3.

Working phase: Using the training and devel-
opment subsets of the IPIS dataset, participants
are expected to adapt and improve an open-source
LLM to ensure gender inclusivity.

Testing phase: Using the test subset of the
IPIS dataset, the submitted outputs of the gender-
inclusive LLMs are evaluated in the PolEval bench-
marking system® (Kobylifiski et al., 2025).

System prompt: Gender-inclusive system
prompts based on Wréblewska et al. (2025) are
available in the task repository. Participants are
encouraged to employ these system prompts
during both training and inference.

Modifications to the system prompt, as well as
alternative uses of the IPIS dataset (e.g., for data
augmentation), are permitted, provided they remain
consistent with the task requirements and uphold
principles of fair competition.

2.4 Task constraints

1. Participants may use publicly available pre-
trained language models, both Polish-specific
and multilingual.

2. The use of proprietary or closed-source LLMs
is prohibited.

3. The training and development subsets of the
IPIS dataset may be used freely for any task-
related purpose, including (but not limited) to
LLM instruction-tuning, fine-tuning, and data
augmentation.

4. Participants may use publicly accessible lin-
guistic resources, such as Polish corpora, lex-
ical databases, knowledge graphs, and other
structured data resources.

SMedifem is a women’s clinic, so men cannot be its pa-
tients.

https://poleval.amueval.pl
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All external resources and models used for
developing a gender-inclusive LLM must be
clearly documented in the final description,
including appropriate bibliographic references
and/or direct URLs.

The use of non-public datasets, tools, or mod-
els is strictly forbidden.

It is prohibited to input any portion of the
IPIS dataset — whether training or develop-
ment instances — into proprietary LLMs (e.g.,
ChatGPT, Claude) for any reason, including
data augmentation.

Each team is allowed to submit a maximum
of three runs per task.

Participants are expected to prepare an article
describing their solution in sufficient detail to
allow replication of the research.

3 IPIS dataset

Inclusive Polish Instruction Set (Wréblewska and
Zuk, 2025) is a collection of instructions designed
to improve the gender sensitivity and inclusiveness
of LLMs in the Polish language scenario. The IPIS
dataset is built on a gender-inclusive text corpus
manually annotated in the PLLuM project (Kocon
et al., 2025).

3.1 IPIS format

@ Gender-inclusive Proofreading Each IPIS-
proofreading sample consists of three components:

1. user prompt (prompt) — a specification of the
given task,

input text passage (source) — a text passage
requiring a gender-inclusive proofreading,

. desired output (target) — the expected re-
sponse corresponding to the user instruction
and an input text passage. This serves as the
ground truth for evaluating and optimising
LLM’s predictions.

@ Gender-sensitive Polish-English Translation
Each IPIS-translation sample consists of three main
components and language specifications (see Fig-
ure 1):

1. user prompt (prompt) — a specification of the
given task,

2. input text passage (source) — a text passage
to translate,
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. desired output (target) — an expected trans-
lation in standard English or gender-inclusive
Polish. This serves as the ground truth for
evaluating and optimising LLM’s predictions,

. prompt_language — the language of prompt
(either EN or PL)

. source_language — the language of a pas-
sage to translate, either inclusive Polish (PL)
or standard English (EN)

. target_language — the language of a refer-
ence translation, either standard English (EN)
or gender-inclusive Polish (PL).

{"source_resource_id": "EU_Karta_Praw_Podstawowych"”,

"ipis_id": "IPIS_translation_dev_117",
"prompt”: "Translate into inclusive Polish. Text to

n

translate: ",

"source”: "Article 28\nRight of collective bargaining

and action\nWorkers and employers, or their
respective organisations, have, in accordance
with Union law and national laws and practices,
the right to negotiate and conclude collective
agreements at the appropriate levels and, in
cases of conflicts of interest, to take
collective action to defend their interests,
including strike action.”,

"target”: "Artykul 28\nPrawo do rokowan i dziatan
zbiorowych\nPracownic*y/e i pracodaw*cy/czynie,
lub ich odpowiednie organizacje, maja, zgodnie
z prawem Unii oraz ustawodawstwami i praktykami
krajowymi, prawo do negocjowania i zawierania
uktadow zbiorowych pracy na odpowiednich
poziomach oraz do podejmowania, w przypadkach
konfliktu intereséw, dziatan zbiorowych, w tym
strajku, w obronie swoich intereséw.”,

"prompt_language”: "EN",

"source_language": "EN",

"target_language": "PL"}

Figure 1: The instance of the IPIS-translation subset.

3.2 1IPIS size

@ Gender-inclusive Proofreading The gender-
inclusive proofreading test, development and train-
ing subsets contain 5278, 2732 and 23,532 in-
stances, respectively. All IPIS-proofreading par-
titions are balanced with respect to the proportion
of gender-inclusive transformations.

@ Gender-sensitive Polish-English Translation
The gender-sensitive translation test and training
subsets contain 760 and 1728 instances, respec-
tively.



4 Evaluation

4.1 Methodology

@ Gender-inclusive Proofreading To evaluate
the ability of the gender-inclusive LLM to gener-
ate gender-inclusive language, its outputs are com-
pared against gold standard test instances. The nor-
malised LLM-generated texts (see Section 4.2 for
details how to normalise LLMs’ outputs) are as-
sessed using the primary evaluation metric: F1I-
measure. The textual quality of LLM-proofread
passages is further evaluated using the secondary
metrics: chrF and chrF++ (Popovié, 2015) and
BLEU (Papineni et al., 2002).

@ Gender-sensitive Polish-English Translation
To evaluate the ability of the gender-inclusive LLM
to process and generate gender-inclusive Polish
in the Polish<+English translation setting, model
outputs are compared against gold standard test
instances and ranked using the primary evaluation
metric — chrF (Popovié, 2015). Translation quality
is further assessed using two secondary metrics:
chrF++ and BLEU.

4.2 Normalisation procedure

Various gender-inclusive alternatives are possible,
e.g., for postowie ‘deputies’:

* postanki i postowie
* postowie i postanki
* postowie/postanki
* postanki/postowie

* post*owie/anki

For the evaluation of gender-inclusive proofread-

ing, the gender-inclusive generated_target sam-
ples must be normalised. The normalisation process
consists in expanding all gender-inclusive expres-
sions, especially those containing slashes or gender
stars (asterisks), into a pair of masculine and fem-
inine forms, followed by filtering out predefined
stop words (i.e., punctuation marks, subordinating
and coordinating conjunctions). Accordingly, the
notation variants listed above for ‘deputies’ are
normalised as [postowie postanki].
In the normalisation steps, tokenisation is per-
formed with Lambo (Przybyta, 2022), and part-
of-speech tagging — with Combo (Klimaszewski
and Wréblewska, 2021).
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Table 1: Performance of gender-inclusive proofread-
ing with Llama-PLLuM-8B (a small Polish-specific
LLM) and Bielik-11B (the best LLM overall) in their
baseline versions (default and few-shot) and the SOTA
versions (tuned).

LLM ‘ ‘ Acc ‘ Prec Rec F1 ‘ BLEU chrF
Baseline
Llama-PLLuM-8B
default 3488 | 0.18 0.22 0.20]32.04 57.13
default-pl 3236 | 046 044 045]41.94 51.25
default-en || 41.29 | 0.37 1.01 0.54]40.69 67.13
fewshot 31.34| 049 0.58 0.53]37.51 52.38
fewshot-pl || 38.05| 0.56 0.66 0.60 | 46.65 58.55
fewshot-en || 37.36 | 047 0.62 0.53 |43.77 58.28
Bielik-11B
default 4179 | 032 059 042139.12 66.54
default-pl 60.55| 145 934 2.51]56.56 83.94
default-en || 60.41| 1.60 13.62 2.86 | 55.79 84.72
fewshot 56.21 | 1.09 457 1765291 80.23
fewshot-pl || 59.15| 1.35 11.83 2425492 84.01
fewshot-en || 58.57 | 1.31 8.74 2.28|53.69 82.93
SOTA
Llama-PLLuM-8B
tuned 97.08 | 61.91 46.40 53.04 | 94.28 97.64
tuned-pl 95.86 | 50.87 36.68 42.63 | 93.40 96.85
tuned-en 96.19 | 51.93 44.25 47.79 | 93.78 97.25
Bielik-11B
tuned 97.37 | 63.93 56.26 59.85 | 95.22 97.99
tuned-pl 93.66 | 29.24 50.32 36.99 | 91.82 96.93
tuned-en 96.47 | 52.30 51.59 51.94|94.82 97.61

4.3 Baseline and SOTA

In PolEval 2025 Task 2: Gender-inclusive LLMs
for Polish, the baseline and state-of-the-art (SOTA)
are defined with reference to Wréblewska and Zuk
(2025), which is the first systematic demonstration
that instruction tuning can yield gender-inclusive
LLMs for Polish.

Baseline The baseline includes several configura-
tions of off-the-shelf LLMs (pre-trained, not-tuned)
under zero-shot (denoted default) or few-shot (few-
shot) evaluation settings, possibly with a gender-
inclusive system prompt in Polish (-pI) or English
(-en) added at inference time.

SOTA The SOTA of the shared task is repre-
sented by LLMs that were instruction-tuned on the
human-crafted IPIS-train (tuned), using parameter-
efficient adaptation (LoRA, Hu et al., 2021). The



Table 2: Performance of gender-sensitive translation with Mistral-Nemo (a multilingual LLM) and Bielik-11B (the
best LLM) in their baseline versions (default and fewshot) and the SOTA versions (tuned). Explanations: baseline

results are underlined and SOTA is in bold.

| Polish— English | English— Polish
LIM PL user prompt EN user prompt PL user prompt EN user prompt
bleu chrF  chrF++ | bleu  chrF  chrF++ bleu chrF  chrF++ | bleu  chrF  chrF++
Mistral-Nemo
default 53.68 7535 73,57 | 5342 75778 7397 23.75 60.16 56.33 | 23.11 59.66 55.63
default-pl 42.62 7194 70.07 | 4729 7417 7232 1475 5489 51.00 | 1223 53.75 49.71
default-en 40.79 7266 70.86 | 40.26 72.18 70.23 10.15 4999 46.11 | 11.06 53.03 48.76
fewshot 54.52 7589 74.15 | 51.78 7456 @ 72.74 20.08 5394 50.23 | 17.56 52.80 49.08
fewshot-pl || 29.65 56.87 55.03 | 4143 70.16 68.40 14.67 5099 47.12 | 12.03 50.80 46.80
fewshot-en || 32.20 66.12 6440 | 37.20 70.33 68.45 835 4542 4153 | 11.08 51.95 47.82
tuned 10.75 39.89 39.25 | 16.12 49.01 48.30 26.35 60.41 57.73 | 34.17 6599 62.85
tuned-pl 1425 47.17 46.28 | 21.04 56.65 55.76 21.66 56.67 53.71 | 22.05 5795 54.97
tuned-en 14.12 4621 4558 | 10.69 39.92 39.27 19.00 5548 5259 | 2507 5997 56.90
Bielik-11B

default 47.60 7339 7145 | 47.54 7250 70.59 || 4149 71.78 68.79 | 27.39 6530 62.49
default-pl 46.78 73.08 71.16 | 43.67 70.21 68.17 35.80 69.77 66.65 | 3231 68.94 65.86
default-en 4799 7376 71.78 | 36.39 6839  66.52 3270 68.65 65.67 | 32.13 68.54 65.51
fewshot 50.01 7393 72.04 | 49.66 7399 72.04 38.63 68.78 66.09 | 33.19 68.11 6534
fewshot-pl || 49.38 73.84 7190 | 49.55 74.02 72.03 3781 6992 67.06 | 42776 72.19 69.32
fewshot-en || 48.33 73.43 7148 | 49.14 73.75 71.77 43.02 7246 69.61 | 43.17 72.82 70.00
tuned 55.19 7580 7440 | 5745 7793 76.52 3426 55.08 52.63 | 35.04 5592 5344
tuned-pl 56.70 7693  75.54 | 5524 7535 73.90 31.70 5836  55.62 | 26.74 5596  53.25
tuned-en 5755 78.03 76.66 | 57.30 76.63 75.29 28.71 6097 58.12 | 2596 58.93 55.77

IPIS-tuned models optionally receive the gender-
inclusive system prompt at inference (tuned-pllen).

Tested LLMs A range of small- and medium-
sized models is tested:

* multilingual LLMs:

— Llama-8B (Grattafiori et al., 2024),
— Mistral-7B (Jiang et al., 2023),
— Mistral-Nemo (Mistral Al team, 2024),

* Polish-specific LLMs:

— Bielik-7B (Ociepa et al., 2024b),

— Llama-PLLuM-8B (Kocon et al., 2025),
— Bielik-11B (Ociepa et al., 2024a),

— PLLuM-12B (Kocon et al., 2025).

Discussion On the gender-inclusive proofread-
ing task, the gap between the baselines and the
IPIS-tuned models is substantial. For example, the
Polish-specific model, Bielik-11B, in its default
configuration achieves an F1 score close to zero
(see Table 1). In contrast, the IPIS-tuned variant
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of the same model reaches an F1 score of 60, ac-
companied by very high BLEU and chrF values.
These results show that IPIS-based instruction tun-
ing yields consistent, correct, and fluent gender-
inclusive rewritings. It is also noteworthy that sys-
tem prompts improve performance only for base-
line models, but not for IPIS-tuned SOTA models.

For the gender-sensitive translation task, perfor-
mance differs substantially between the two trans-
lation directions. In the Polish-to-English direction,
instruction tuning yields only a modest improve-
ment (see the Bielik-11B results in Table 2), but the
baseline Mistral-Nemo models perform nearly as
well as the SOTA Bielik-11B model. In English-to-
Polish translation, however, instruction-tuned mod-
els are either outperformed by few-shot prompt-
ing (as in the case of Bielik-11B) or they surpass
the baselines but only marginally (as observed for
Mistral-Nemo).

These findings confirm that instruction tuning
on a carefully crafted, human-annotated, gender-
inclusive dataset is markedly more effective at
steering LLMs toward gender-inclusive Polish than



Table 3: Overview of the systems participating in PolEval 2025 Task 2

System ‘ @ @ ‘ LLM Method System prompt

AM 1 2 Qwen3-8B LoRA adapter PL

KwW 3 1 Bielik-11B few-shot/chain-of-thought prompting modified PL

AP 2 - pltS-base LoRA adapter pragmatic instruction
MC - 3 Bielik-7B LoRA adapter PL

prompting or few-shot learning alone, provided that
the training data are sufficiently large. These results
establish a clear benchmark for PolEval 2025 sub-
missions.

S Submitted systems

This section outlines the systems participating in
PolEval 2025 Task 2 (see Table 3 for a summary).

Majczyk (2025) — AM-M The author pro-
poses a parameter-efficient adaptation of the
Qwen3-8B model (Yang et al., 2025) using LoRA
(Hu et al., 2021) trained on the provided IPIS
dataset. The fine-tuning process uses the official
Polish system prompt supplied with the shared task,
which contains guidelines for gender-inclusive
proofreading. The adapted model wins the gender-
inclusive proofreading subtask and gains the sec-
ond place in gender-sensitive translation.

Wrébel (2025) — KW-@30) The proposed
prompt-based approach builds on the Bielik-11B
v2.6 model (Ociepa et al., 2025), and employs care-
fully engineered system prompts with translation
or proofreading examples and a structured JSON
output format. The translation problem is formu-
lated as the addition of gender-inclusive forms in
EN—PL translation and the removal of such forms
in PL—EN translation. The identification of terms
requiring modification (adding or removing fem-
inine forms) and the generation of the final trans-
lation are two steps of chain-of-thought reasoning.
The proofreading task resembles the translation
into gender-inclusive Polish. With this setup, the
system achieved first place in the gender-sensitive
translation subtask and third place in the gender-
inclusive proofreading subtask.

Paszkowska (2025) — AP-@ The author pro-
poses a pragmatically motivated approach to
gender-inclusive proofreading. The plt5-base
model (Chrabrowa et al., 2022) is adapted us-
ing the LoRA technique. The prompt design con-
tains explicit pragmatic cues, i.e., coreference cues,
role cues, presuppositions, markedness, and cost,
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which guide the model toward contextually appro-
priate gender-inclusive forms. The resulting system
achieves relatively high precision but low recall.

Czajka (2025) - MC-@ The lightweight transla-
tion system is based on Bielik-7B-Instruct (Ociepa
et al., 2024b) enhanced with LoRA adapters and
optional 4-bit quantisation. The author reformat-
ted training samples from the IPIS-translation sub-
set into a chat-style dialogue, accompanied by a
task-specific gender-inclusive prompt. Despite its
intentionally modest budget and the use of greedy
decoding, the system achieved 3rd place in the Pol-
Eval 2025 Task 2 (translation subtask).

6 Results

Table 4 reports the overall evaluation results for
the gender-inclusive proofreading subtask. Among
the three submitted systems, AM-Q achieved the
highest scores and slightly surpassed the SOTA
model. All participating systems outperformed the
baseline across all metrics except recall: the sys-
tems ranked second and third achieved lower recall
values (with the second system failing to generate
outputs for several input texts).

Table 4: Results for @ Gender-inclusive Proofreading

LLM H Acc‘ Prec  Rec | ‘ BLEU chrF
baseline || 60.55 | 1.60 13.62 286 | 56.56 84.72
AM-0 || 97.45 | 64.50 56.77 6039 | 95.76 98.07
AP-€) [ 7410|5383 549  9.96 | 69.09 78.88
KW-@ | 90.63 | 843 7.51 7.94 8834 9421
SOTA || 97.37 | 63.93 5626 59.85 | 9522 97.99

The results for the gender-sensitive translation
subtask are presented in Table 5. The KW-G Sys-
tem substantially outperformed all other systems,
including the current SOTA once. Due to the very
small size of the IPIS-translation dataset, the au-
thor of the top-performing system chose not to
instruction-tune the underlying Bielik-11B model;
instead, the system relies on carefully designed sys-



Table 5: Results for @ Gender-sensitive Translation. Baseline values that also represent SOTA results are marked

with J.

I Polish— English | English— Polish
LM PL user prompt EN user prompt PL user prompt EN user prompt

bleu chrF  chrF++ | bleu chrF  chrF++ bleu chrF chrF++ | bleu chrF chrF++

Mistral-Nemo

baseline || 54.52 7589 74.15 | 5342 7578 73.97 | 43.02% 7246* 69.61* | 43.17* 72.82* 70.00*
KW-0) | 80.32 88.18 87.60 |79.89 8831 87.74 || 5545 79.52 77.25 | 58.40 8025  78.19
AM- 3621 63.00 6047 |36.83 6483 6209 || 2331 5488  50.65 | 2276  52.66  48.71
MC- 2651 44.61 4290 | 2829 4808 4632 | 13.65 3111 2845 | 1219 3029 2744
SOTA || 57.55 78.03 76.66 |57.45 77.93 7652 | 43.02 7246 69.61 | 4317 7282  70.00

tem prompts enriched with translation examples.
Across all systems, the English—Polish transla-
tion direction proves considerably more challeng-
ing than the reverse. Furthermore, the language of
the user prompt does not measurably affect trans-
lation quality, indicating that model behaviour is
dominated by the system-prompt configuration and
training regime rather than input-prompt language.

7 Conclusion

This paper presents the results of Task 2: Gender-
inclusive LLMs for Polish organised within the
PolEval 2025 workshop. The evaluation demon-
strate that the top-performing gender-inclusive sys-
tems outperform both the baseline and state-of-the-
art models. These findings highlight the effective-
ness of IPIS-based approaches and establish strong
benchmarks for future research on gender inclusiv-
ity in Polish NLP.

The PolEval 2025 shared task on gender-
inclusive LL.Ms for Polish introduces the first sys-
tematic evaluation benchmark dedicated to assess-
ing gender inclusivity in Polish language genera-
tion. To the best of our knowledge, this is the first
scientific effort of this kind worldwide. The task
is built around the Inclusive Polish Instruction Set
(IPIS) and comprises two complementary subtasks —
gender-inclusive proofreading and gender-sensitive
Polish—-English translation — together with a dedi-
cated evaluation methodology. This design enables
evaluation of not only the grammatical and seman-
tic correctness of LLM outputs, but also their ability
to explicitly encode inclusive gender marking.

The results of the gender-inclusive proofreading
subtask demonstrate that high-quality instruction
tuning is a highly effective strategy for guiding
LLMs towards inclusive language use. The win-

ning system, AM-@, achieved the strongest over-
all performance, even slightly surpassing the SOTA
model across all metrics, including F1= 60.39 and
chrF= 98.07. Notably, all submitted systems out-
performed the baseline, confirming that targeted
modelling approaches — whether instruction-tuned
or prompt-engineered — can substantially improve
inclusive rewriting in Polish.

Taken together with the outcomes of the trans-
lation subtask, these findings underscore three
broader conclusions. First, gender inclusivity in
LLM output can be significantly advanced through
carefully designed, human-curated instruction
datasets such as IPIS. Second, while instruction
tuning is highly effective for the proofreading task,
its benefits for translation depend more strongly
on the size and representativeness of the available
training data. Third, the shared task establishes
clear, data-driven performance baselines that will
support consistent evaluation and encourage further
methodological innovation.

Overall, the PolEval 2025 results highlight both
the feasibility and the importance of developing
LLMs capable of generating contextually appro-
priate, grammatically correct, and gender-inclusive
Polish. We hope that the resources and benchmarks
introduced here will stimulate continued research
on inclusivity-aware language technologies and
contribute to more equitable and user-aligned NLP
systems.
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