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Abstract

Bangla has a rich written literature, automati-
cally making it replete with examples of cre-
ative usage of language. There have been
limited efforts to computationally analyze cre-
ative text in the Bangla language due to a
lack of resources. We present Alankaar, a
dataset of 2500 manually annotated exam-
ples of text fragments in Bangla containing
metaphors. We also provide automatic and
manual English translations of these examples.
Additionally, we provide 2500 examples of
non-metaphorical text in Bangla. We use this
dataset to build a metaphor identification sys-
tem in Bangla. We also use it as a test bed for
cross-lingualmetaphor translation, finding that
not all metaphors translate literally across lan-
guages and there are several cultural factors at
play in the translation of metaphors. We hope
this will advance the field in metaphor transla-
tion research and in grounding cultural nuances
at work in the process of machine translation.

1 Introduction

“I have had my invitation to this world’s festival,
and thus my life has been blessed.”

- Rabindranath Tagore

Bangla has a rich written literature, replete with
examples of creative usage of the language. How-
ever, it is also considered a low-resource lan-
guage (Alam et al., 2021). There have been limited
efforts to computationally analyze creative text in
the Bangla language. Since it is still considered
low-resource, the availability of data resources is
often limited even for many commonplace NLP
tasks in Bangla. Studies in metaphor in the Bangla
language have been minimal, and largely been an-
alyzed from a linguistic perspective, on a handful
of examples (Patowari, 2015).

আমার কেণ্ঠ েসথায় সুর েকঁেপ যায় তৰ্াসেন
amaar kanthe sethaay sur kenpe jaai aasone

My voice trembles in terror.

Figure 1: An example of a metaphor in Bangla, and its
corresponding English translation

We present Alankaar, which is (to the best of
our knowledge) the first metaphor identification
dataset in Bangla. It also includes parallel trans-
lations in English. Multilingual editions of exist-
ing datasets in English are often created by utiliz-
ing manual annotation or automatic machine trans-
lation systems, like in the case of Question An-
swering (TyDi (Clark et al., 2020), MLQA (Lewis
et al., 2019), XQuAD (Artetxe et al., 2019)) or Nat-
ural Language Inference (X-NLI (Conneau et al.,
2018)). We combine manual annotation alongside
existing automatic resources in Bangla and English
to create this dataset.
Clark et al. (2020) note that the ”Translationese”

approach to multilinguality (where text is trans-
lated word-for-word, i.e., “as is”) doesn’t capture
the individuality of the language. This is true to
an even greater extent in the more creative uses
of language. Particularly in the case of creative
expressions of language such as poetry, much of
the phonetic effects such as rhyme and prosody
are automatically lost in translation. Sometimes,
the creativity in semantics is also lost, because ex-
pressions do not literally translate. For example,
the literal translation of “book worm” in English
would be কৃিম (“boi krimi”) in Bangla, but the ac-
tual term used is “boi poka”, which literally trans-
lates to “book-bug” or “book insect” in English.
Not all expressions translate word-for-word, but
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creative expressions exist where cultural elements
often form an innate part of creativity. We high-
light these cases in our dataset.
The contributions of the paper are the following:

• The first metaphor identification dataset in
Bangla. (2500 metaphorical, 2500 literal ex-
amples).

• A bilingual version of this corpus (Bangla-to-
English).

• Two baselines for metaphor identification in
Bangla.

• Analysis of metaphors that do not translate
word-for-word and the existence of cultural
influences in metaphors.

Our code and data can be found at https://
github.com/geetanjali-rakshit/Alankaar/.

2 Related Work

The task of metaphor identification has predomi-
nantly been studied in English with the VU Am-
sterdam Metaphor Corpus and the TOEFL Na-
tive Language Identification Corpus (Leong et al.,
2020) as well as in the TroFi dataset (Birke and
Sarkar, 2007), MOH-X (Mohammad et al., 2016),
etc. Metaphor identification datasets are avail-
able in other high resource languages as well
(Mohler et al., 2016), such as Farsi, Russian,
Spanish (Sánchez Bayona, 2023), Chinese (Zhang
et al., 2018; Lu and Wang, 2017). It is, how-
ever, a relatively understudied problem in low-
resource languages. Smaller metaphor-related do
exist in Italian (Bambini et al., 2016), German and
French (Lönneker-Rodman, 2008). In situations
where dataset sizes are small, transfer-learning-
based approaches have been proposed for multi-
lingual metaphor identification. Tsvetkov et al.
(2014) use lexical semantic features of words in
metaphorical constructions to perform a model
transfer approach from English to Spanish, Farsi,
and Russian. Aghazadeh et al. (2022) show
that pre-trained language models (PLMs) encode
metaphorical knowledge in middle layers in ex-
periments in 4 languages: English, Spanish, Rus-
sian, and Farsi. Berger (2022) propose a trans-
fer learning-based approach to metaphor detection
from English to German. Khatun et al. (2020) cre-
ated a dataset of 15000 idioms in Bangla, but to
our knowledge, there is no metaphor identification
dataset in Bangla.

3 Dataset Creation

The dataset comes from literary text (verses) in
Bangla scraped from https://www.tagoreweb.in
We split the verses by line. They are not complete
sentences by themselves but text fragments. We
filter out text that is shorter than 3 word tokens.
This left us with 6332 examples in total. Each frag-
ment is then manually annotated with the labels:
metaphorical or literal. Two annotators (native
speakers of Bangla) were trained to do this annota-
tion task by reading 5 examples each of metaphori-
cal and non-metaphorical text. The annotators had
an inter-annotator agreement of 0.74 calculated by
Cohen’s κ. We discard all examples where the an-
notators disagreed, resulting in the final dataset,
which we call Alankaar with statistics shown in ta-
ble 1.

Number of metaphorical 2553
examples
Number of non-metaphorical 2665
examples
Avg length of examples 5.5 words

Table 1: Data Statistics in Alankaar

4 Bilingual Metaphor Corpus

We use automatic and manual methods to cre-
ate the bilingual version of Alankaar. Figure 2
shows the overall pipeline for creating the bilin-
gual version (Bangla-English) of our dataset. First,
we use the Bangla-to-English machine translation
model from Bhattacharjee et al. (2023) to trans-
late the Bangla examples to English. This is a T5-
based model that has state-of-the-art performance
on Machine Translation on the BanglaNMT cor-
pus (Hasan et al., 2020). Next, we obtain language-
agnostic BERT embeddings (LaBSE) (Feng et al.,
2020) for the Bangla-English example pairs and fil-
ter out the examples with a cosine similarity lower
than or equal to 0.65. For these examples, we man-
ually create English translations. We annotate the
English translation for correctness on a scale of 1-5
for the remaining examples. We keep the transla-
tions with a correctness score greater than 3 and
add them to the dataset, and for the rest, we cre-
ate manual English translations. This gives us the
bilingual version of Alankaar. We show an exam-
ple of automatically generated and manually cor-
rected English translation in table 2.

 https://github.com/geetanjali-rakshit/Alankaar/
 https://github.com/geetanjali-rakshit/Alankaar/
https://www.tagoreweb.in
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Figure 2: Pipeline for creation of Bilingual Metaphor Corpus

Bangla বুেকচমক িদেয় তাই েতা ডাক
(Metaphorical) buuke chomok diye taai

to daako
English Call with a shock in your

chest
Corrected You call to me with a
English tremor in your chest

Table 2: An example of automatic and corrected En-
glish translation of a metaphorical example in Bangla.

5 Metaphor Identification

We provide two baselines for metaphor identifi-
cation in Bangla with this dataset. We split the
data into train and test (70:30), and perform 5-fold
cross-validation. We train a baseline model, XLM-
RoBERTa (Conneau et al., 2019), a multilingual
pre-trained language model on the train split (re-
ferred to as XLM-R-Alankaar) and average over
the results on the test splits. We also ran a state-
of-the-art English metaphor identification model
from Wachowiak et al. (2022) on the English trans-
lations. This is an XLM-RoBERTa model trained
on the VUAMetaphor Corpus in English (referred
to as XLM-R-VuA). The classification results are
summarized in table 3. The in-domain model
XLM-R-Alankaar has a better metaphor identifica-
tion accuracy by 4.3 percentage points.

Model Accuracy
XLM-R-Alankaar 76.3 %
XLM-R-VuA 72 %

Table 3: Classification Accuracy on Metaphor Identifi-
cation on Alankaar

6 Metaphor Translation and Cultural
Context

Not all metaphors are universal, and some may
be culturally informed (Alonge, 2006). In this
dataset, we mostly provide the English translation
of the metaphorical context word-for-word. How-
ever, we observe that not all these translations are
valid metaphors in English. We term these exam-
ples non-transferable metaphors. In table 4, we
show an example that doesn’t read like a complete
metaphor in English without sufficient context. A
possible way to address this issue is to use an equiv-
alent or closest English version of the metaphor,
instead of a “literal”, word-for-word translation.
We found 153 such examples in the dataset dur-
ing the manual translation process. There are also
metaphors in our dataset that are significantly re-
lated to cultural context and are hard to compre-
hend on their own in English. We refer to these
as cultural metaphors. In the example in table
4, there is a reference to flute and bakul flowers,
which are connected to religious, mythical and folk
symbolism in the Indian subcontinent and do not
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Type Count Example

Non-transferable 153 উজান বােয় েফের যিদ েক রয় েস আশায়
ujaan baaye fere jodi ke roy se ashaay
If anyone comes upstream in hope

Cultural 207 বকুলগুিল আকুল হেয় বাঁিশর গােন মুঞ্জের
bakulguli aakul hoye baanshir gaane munjore
The bakul flower impatiently awaits the song of the flute.

Table 4: Examples of metaphors difficult to translate to English without sufficient context

directly translate in English. We came across 207
such cultural motifs in our dataset. One way to ad-
dress these kinds of metaphors during translation
is to provide more cultural background in the trans-
lated version, possibly as footnotes.

7 Conclusion and Future Work

We present the first metaphor identification dataset
in Bangla (to the best of our knowledge). We hope
this will advance research on figurative language
in Bangla, focusing onmetaphor identification and
metaphor translation. In creating this dataset, all
the text is collected from the same source. We in-
tend to augment this dataset by adding more ex-
amples from other sources to make it more di-
verse. We would also like to expand the anno-
tation scheme to label metaphoricity at the word
level. While the overall goal is to create a high-
quality metaphor resource in the Bangla language,
this dataset can be used as a test set for any transfer-
learning-based approaches for metaphor identifi-
cation across languages. An important takeaway
from doing the manual translations is that suffi-
cient background information may be beneficial to
appropriately handle cultural references in multi-
lingual text.

Limitations

The proposed dataset captures a range of
metaphors limited to the literary domain. It lacks
examples of colloquial metaphors in Bangla. It
may also be limited in examples of more modern
metaphorical expressions.
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