KaiToM: A Benchmark for Culturally Informed Theory-of-Mind in Thai
Contexts
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Abstract

Large Language Models (LLMs) show impres-
sive reasoning capabilities, yet their under-
standing of culturally specific social dynam-
ics remains limited. We present KaiToM, a
Theory of Mind (ToM) benchmark for Thai
cultural contexts, focusing on Kreng-Jai, a
uniquely Thai concept of social reluctance
and consideration. Extending TactfulToM, we
construct 882 conversations (39.2K questions)
spanning three Kreng-Jai dimensions: White
Lies, Avoidance of Confrontation, and Fear-
Based Respect. To disentangle language profi-
ciency from cultural knowledge, the dataset in-
cludes Thai scenarios at varying cultural depths,
general English scenarios, and English trans-
lations of Thai content. We evaluate Thai-
specialized models(Typhoon-v2.1, SEA-LION-
v3), open-weight models(Gemma-3, DeepSeek-
V3.2, Kimi-K2, Qwen), and proprietary mod-
els (GPT-40-mini, GPT-5.1, Gemini-3-Flash).
Models achieve only moderate performance,
struggle with Fear-Based Respect, and can-
not reliably identify specific Kreng-Jai types,
a failure shared by Thai-specialized models.
Human evaluation shows that native speak-
ers significantly outperform models on cultur-
ally loaded tasks. Performance also degrades
in deep relative to surface-level cultural con-
texts, and generalist models often perform bet-
ter on English translations than on the origi-
nal Thai, suggesting that models capture sur-
face cues but lack deeper cultural alignment.
KaiToM supports the development of cultur-
ally aware systems for low-resource languages.
Code is available at https://github.
com/Augustus2011/KAI-ToM.

1 Introduction

Large Language Models (LLMs) have shown
strong performance in static reasoning and knowl-
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edge retrieval tasks (Gao et al., 2025), yet their
ability to reason about other people’s beliefs, inten-
tions, and knowledge a capacity known as Theory
of Mind (ToM), the ability to attribute mental states
to oneself and others (van Duijn et al., 2023; Wu
et al., 2023) remains far less well understood.

In LLM evaluation, ToM studies have gained
attention in recent years as a way to test whether
LLMs can infer mental states from a given situa-
tion, leading to a growing line of benchmarks and
analyses, including FANToM, Hi-ToM, ToM-SSI,
and DecomposeToM (Kim et al., 2023; Wu et al.,
2023; Bortoletto et al., 2025; Sarangi et al., 2025;
Le et al., 2019). Although LLMs exhibit some so-
cial reasoning ability, it remains unclear whether
this reflects genuine understanding or superficial
pattern matching (Jin et al., 2024). Recent studies
have shown that LLMs struggle with ToM reason-
ing across different languages. (Chan et al., 2025).

Thai society is rooted in Buddhist philosophy
and a culturally sanctioned social hierarchy (Mul-
der, 1979), with a strong orientation toward group
alignment and the maintenance of surface harmony
(Komin, 1990). A capture vocab of these norms is
Kreng-Jai, a behavior of social restraint, consider-
ation, and the avoidance of interpersonal discom-
fort (Wyatt and Promkandorn, 2012). Because cul-
tural understanding is reflected in the vocabulary
people use (Wierzbicka, 1997),Kreng-Jai can be
placed alongside broader Asian “harmony vocabu-
laries” such as Burmese Arr-nar (Khirikoekkong
et al., 2023). and Japanese Enryo (Takita, 2012)

Behaviorally, acting with Kreng-Jai requires an
individual to estimate what another person knows,
feels, or may be hurt by, and then suppress or ad-
just their own words and actions to protect that per-
son’s emotional comfort (Intachakra, 2012; Komin,
1990). We argue that this makes Kreng-Jai a cul-
turally situated form of ToM: one shaped by Thai
norms of hierarchy and harmony, rather than by
universal social cognition alone.
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Three Subtypes of Kreng-Jai Scenario.
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Figure 1: The three subtypes of Kreng-Jai scenarios.
Left panel (KJO - White Lies): Peer-to-peer affective
care where the lie protects the hearer from emotional
pain. Middle panel (KJ1 - Avoidance of Confronta-
tion): Lateral interactions between equals where the lie
sidesteps an anticipated conflict. Right panel (KJ2 -
Fear-Based Respect): Hierarchical deference where
the lie shields the speaker from sanction by a superior.
Each panel reports the situation, the lie uttered (Speech
bubble), the actual motivation for lying (Real reason),
and the underlying truth (Truth). The Pinocchio motif
marks the liar in each scene.

One important benchmark in this area is Tactful-
ToM (Liu et al., 2025), which operationalizes ToM
through dialogue-based lie scenarios involving four
social roles, and evaluates whether LLMs can rea-
son about the beliefs and intentions behind socially
motivated deception (Figure 2). We extend this
framework to Thai cultural contexts by introducing
three Kreng-Jai dimensions 1.White Lies 2.Avoid-
ance of Confrontation 3.Fear-Based Respect and
by varying scenarios across surface and deep cul-
tural levels. Since prior work has shown that fluent
generation in a language does not necessarily im-
ply strong cultural knowledge (Limkonchotiwat
et al., 2025), we further translate all Thai scenar-
ios into English, allowing us to disentangle the
contributions of language proficiency and cultural
knowledge to LLM social reasoning.

We formulate three research questions:

RQ1: Can LLMs perform ToM reasoning in
Thai cultural contexts, and how does their perfor-
mance compare to native Thai speakers?

RQ2: Do LLMs understand Kreng-Jai behavior
differently in Thai cultural contexts versus general
Western English scenarios?

RQ3: Do LLMs require Thai language profi-
ciency or Thai cultural knowledge to perform ToM
reasoning in Thai cultural contexts? We measure

this along two axes: (a) language axis original Thai
versus English translations of identical content, and
(b) cultural depth axis surface versus deep cultural
embeddedness.

For RQ2, based on existing taxonomies of
Kreng-Jai (Table 3), we select three Kreng-Jai sub-
types related to ToM: 1. White Lies, 2. Avoidance
of Confrontation, and 3. Fear-Based Respect.
We construct scenarios in two context(General En-
glish, Thai Cultural Contexts). To address RQ3, we
further categorize Thai cultural scenarios into two
levels of cultural embeddedness surface cultural
level, where Thai elements serve as background
setting, and deep cultural level, where Thai cul-
tural beliefs fundamentally drive character behav-
ior (Section 3.2) and additionally translate all Thai
scenarios into English to create a parallel corpus
that isolates language from cultural knowledge. To
answer RQ1, we compare LLM predictions with
human responses from native Thai speakers on a
sampled subset of questions.

Our contributions:

* A dataset and generative seeds for evaluating
ToM and Kreng-Jai in Thai cultural contexts,
spanning three Kreng-Jai subtypes and two
cultural depth levels

* An empirical study comparing LLM and na-
tive Thai human performance on ToM and
Kreng-Jai identification within Thai cultural
context scenarios, with separate analysis of
the effects of language proficiency and cul-
tural knowledge.

Dataset Conv. Qs. Multi. Cult.
FANToM 256 10K - -
XToM 900 15.1K vV -
Tactful ToM 100 6.7K - -
KaiToM (Ours) 1072 392K v v

Table 1: Dataset comparison. Columns: number of con-
versations, number of questions, multilingual, cultural
context. KaiToM includes TactfulToM; (Note: KaiToM
includes TactfulToM)

2 Defining Kreng-Jai

In Table 3,we cluster the Kreng-Jai meanings from
the 26 meanings identified by (Wyatt and Promkan-
dorn, 2012), based on speaker motivation to act
Kreng-Jai,we found that Kreng-Jai meaning can
spans overlapping themes such as Respect bound-
aries and Avoiding conflict. Both types’ goal is
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Data Cate Conv [ Question
White Lies (KJ0)
Thai-Surface 99 3,564
Thai-Deep 30 1,080
English (TactfulToM) 100 4,254
EN-Translated 129 4,644
Avoid Confront (KJ1)
Thai-Surface 99 3,564
Thai-Deep 30 1,080
English 99 3,564
EN-Translated 129 4,644
Fear Respect (KJ2)
Thai-Surface 99 3,564
Thai-Deep 30 1,092
English 99 3,564
EN-Translated 129 4,656

Table 2: Summary of KaiToM dataset

Theme Meaning

Avoiding Avoid verbal confrontations to preserve re-
conflict lationships or save face. (Limanonda, 1995)
Respecting ~ Not causing trouble or inconvenience.
boundaries (Komin, 1990)

Humility Accurate self-assessment to behaving ap-

propriately. (Phillips, 1965)

Emotional re- Suppressing feelings, not asking help.
straint (Klausner, 2000)

Polite Polite  thank  you, polite  re-
fusal. (Khirikoekkong et al., 2023)

Hierarchy Fear of offending superior lead to penalty.
(Sriussadaporn-Charoenngam and Jablin,
1999)

Sympathy Feeling sympathy for another person and

support their goal. (Vongvipanond, 1994)

Table 3: Definitions of Kreng-Jai’s theme by Thai and
Foreign Authors

avoiding unwanted situations but different speaker
motivations: first is driven by a desire to respect
others’ boundaries, while the other simply seeks
to escape the present situation. (Intachakra, 2012)
describe it as a principle of “self-effacement and
other-accommodation,” centered on respect for an-
other’s internal emotional state. Because Kreng-Jai
is specific word that representent Thai norm cul-
tural it easily misread by outsiders as evasiveness,
so we requires a clear definition of this behaivior
before cross-cultural ToM evaluation. We opera-
tionalize it within lying situations for two reasons:
(1) lying is inherently ToM-laden, requiring the
speaker to model the hearer’s knowledge and ex-
pectations; and (2) prosocial or other-protective
lies (DePaulo et al., 1996) directly instantiate self-
effacement and other-accommodation, while re-
maining interpretable to models trained on West-

ern data. We introduce a new question type, “KJ-
ability”’, to measure whether an evaluator can infer
a specific subtype of Kreng-Jai from lying scenar-
ios.

From the catalogued Kreng-Jai meanings, we se-
lect three subtypes satisfying two criteria: (i) each
can be cast as a controlled ToM scenario in which
the speaker pursues a distinct communicative goal
(e.g., consoling the hearer or avoiding an unwanted
engagement), requiring the speaker to model differ-
ent hearer mental states, which makes the subtypes
separable as ToM tasks; and (ii) each can be instan-
tiated both in everyday interactions and in tradi-
tional practices with their own normative rules, en-
suring that Thai-grounded scenarios are tied to real
cultural norms rather than merely renamed English
scenarios. The three retained subtypes are White
Lies (KJ0), targeting the hearer’s affective vulnera-
bility in peer settings (what would make them sad);
Avoidance of Confrontation (KJ1), targeting an-
ticipated displeasure between equals (what would
provoke conflict); and Fear-Based Respect (KJ2),
targeting a superior’s authority and capacity to pun-
ish (what would invite consequences). Together,
these subtypes span the social range of Kreng-Jai:
affective care, lateral conflict avoidance, and hier-
archical deference.

2.1 White Lies (KJ0)

White lies are a form of other-oriented lie: lies
told to protect or benefit another person psycholog-
ically, or to protect their interests (DePaulo et al.,
1996). In ToM terms, white lies require speakers
to infer communicative intent and consider the lis-
tener’s emotional state, making them a form of
nonliteral communication similar to irony and sar-
casm. (Beaudoin et al., 2020; Liu et al., 2025).

In the KJO scenario (see Figure 1, left panel),
adapted from TactfulToM (Liu et al., 2025), a
friend who has just lost her pet asks the speaker
whether the pet suffered. The truth is that the pet
died after a long and painful illness, yet the speaker
replies, “Don’t worry, he didn’t suffer at the end.”
We define KJO as scenarios in which truthful dis-
closure would cause emotional distress and the liar
chooses a false but comforting reply without gain-
ing material benefit, aligning with the Sympathy
dimension of Kreng-Jai (Table 3): considerate care
that avoids emotional burden for others (Mektha-
wornwathana, 2012; Komin, 1990).
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2.2 Avoidance of Confrontation (KJ1)

KJ1 concerns situations in which revealing the
truth may provoke anger, dissatisfaction, or inter-
personal tension. This subtype is related to the
Kreng-Jai dimension of Avoiding Conflict and Re-
specting Boundaries (Table 3), where the speaker
avoids causing trouble or discomfort for another
person (Mekthawornwathana, 2012).

In the KJ1 scenario (Figure 1, middle panel),
a coworker asks whether the speaker attended a
team event. The speaker did not attend at all,
yet replies, “Yes, I dropped by briefly.” We define
KJ1 as scenarios in which the liar expects the tar-
get to become angry or unsatisfied if know the
truth therefore lair tells a lie to avoid confrontation,
where interlocutors are casually has equal social
standing and the lie is driven by avoidant conflict
rather than sympathy.

2.3 Fear-Based Respect (KJ2)

KJ2 captures hierarchical situations in which a
subordinate withholds the truth from a superior
out of fear of that superior rather than concern
for their feelings, reflecting the literal meaning of
kreng (‘respectful fear’) in Kreng-Jai (Wyatt and
Promkandorn, 2012). This fear-based withholding
corresponds to the Hierarchy Authority dimen-
sion in Table 3. Thai subordinates are expected
to defer upward, making candid communication
socially costly (Komin, 1990), and cross-cultural
evidence links high power distance to fear of au-
thority and weakened upward communication (Dai
etal., 2022). Crucially, KJ2 is not mere polite defer-
ence: the liar invokes a culturally sanctioned norm
of hierarchical respect (Mekthawornwathana, 2012)
to enable a fear-driven, self-protective act (Kish-
Gephart et al., 2009). This aligns with defensive si-
lence—withholding information to avoid personal
consequences rather than to benefit the target—and
contributes to organizational silence (Morrison and
Milliken, 2000). Functionally, KJ2 is closer to a
self-centered lie in DePaulo’s typology (DePaulo
et al., 1996) than to the altruistic white lie central
to KJO, despite its prosocial Kreng-Jai framing.

In the KJ2 scenario (Figure 1, right panel), a
manager asks whether a report is finished. The
truth is that the employee has barely started, yet
replies, “Almost done, sir—just finalizing the last
section.” We define KJ2 as scenarios in which the
liar occupies a subordinate position relative to the
target and truth-telling would primarily harm the
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Figure 2: TactfulToM framework generates conversa-
tions in four sequential parts with four roles: the Liar,
Target, Accomplice, and Observer. (Part 1) All four
engage in a general conversation. (Part 2) Target and
Observer leave; Liar and Accomplice privately discuss
the real reason to lie. (Part 3) Observer returns; the
conversation shifts to the situation topic and truth is
revealed. (Part 4) Target returns; Liar and Accomplice
deliver the lie to the Target.
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liar rather than the target. Power asymmetry is
thus the defining condition: unlike KJ1, where in-
terlocutors share equal standing and the lie avoids
mutual discomfort, and KJO, where the lie shields
the target from emotional pain, the false statement
in KJ2 protects the liar from the reprimand or pun-
ishment that honest disclosure would provoke.

3 Data Construction

Our data construction pipeline follows three se-
quential stages: (1) Generative Seeds: seed cre-
ation by human annotators; (2) Conversation Gen-
eration LL.M-based conversation generation; and
(3) Question Generation quality verification and
question generation (Figure 4).

3.1 Generative Seeds

We define a generative seed as a structured set of
scenario parameters manually crafted by annota-
tors to prompt an LLM for conversation generation.
Each seed contains two groups of parameters: sce-
nario details (scenario topic, situation, and lie ob-
jective) and lie details (real reason, lie, and truth),
as shown in Appendix Table 8. To maintain role-
agnostic reusability, seed fields are written using
role placeholders A (Liar), B (Target), C (Accom-
plice), and D (Observer) instead of specific charac-
ter names, allowing the same seed to be instantiated
with different name assignments at generation time.
Three annotators collaboratively created and tested
seeds across all three Kreng-Jai types (KJO, KJ1,
K1J2) for both Thai and English contexts using our
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Figure 3: Illustrative examples of Thai context scenarios
under Avoidance of Confrontation (KJ1), contrasting
two cultural depth levels(The Pinocchio motif marks the
liar in each scene). Left (Deep Cultural Level): During
a Thai Vegetarian Festival. Right (Surface Cultural
Level): A group of government officers discuss a local
election candidate over a meal at a local Thai restaurant.

annotation platform (Appendix B.1), iterating until
each seed satisfied our quality requirements: in-
ternal consistency, character role clarity, , and, for
Thai scenarios, the presence of culturally appropri-
ate entities.

3.2 Conversation Generation

Using the validated generative seeds, we prompted
GPT-40-2024-08-06 (OpenAl et al., 2024) to gen-
erate conversations following the four-part Tactful-
ToM framework (Figure 2), as illustrated in Fig-
ure 4. Generation proceeds sequentially across four
steps, where each step conditions on the accumu-
lated conversation history from all previous steps to
ensure narrative continuity. Before generation, role
placeholders (A, B, C, D) embedded in each seed
field are replaced with sampled character names
and three leave reasons are randomly sampled to
motivate natural character departures in Parts 2 and
3. Each step injects specific seed parameters into
a fixed prompt template (Appendix H.2), with a
temperature of 0.2 and a maximum of 1,000 output
tokens (Appendix F).The variants of the generated
conversation set are listed below:

Thai Context For Thai-language conversations,
the system prompt instructs GPT-40 to generate
dialogue in Thai while keeping character names
in English (Appendix H.1). Four names are ran-
domly sampled without replacement from a fixed
pool of 20 romanized Thai names sourced from the

Question
Generation
(A2 question

categories were
tructby
Ekey.f. details

Conv Generation

starting general
conversation

Generative Seed

partl

H and
| talk about real t convpart [l
[seenario Details g Gl IO
scenario with fixing structure

farmat except for
JjustificationQA

that use @
— — —

situation topic

situation
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part3

talk about situation
tople and truth
N
Question types
and Accomplice Binary
tell the lie to % yesing
List
o [ 5
'

MCQs

o ABED

Lie Details

partd

sample generate
and manually check

Figure 4: Data generation pipeline consisting of three
stages. Left (Generative Seed): Annotators manually
create and validate generative seeds. Center (Conv
Generation): GPT-40 generates conversations follow-
ing the four-part TactfulToM framework. Right (Ques-
tion Generation): Questions are constructed from key
details and conversation parts across 10 types in three
formats: binary, list, and MCQs, except for Justifica-
tionQA choices, which are generated by GPT-4o.

Forebears database!, as prompting with Thai-script
names caused inconsistent personality representa-
tions across generated parts (Appendix A).

Thai Cultural Context For Thai context, anno-
tators crafted seeds grounded in Thai cultural set-
tings, ensuring that scenario topics, situations, and
lie objectives reflect authentic Thai social dynamics
across three Kreng-Jai types. To capture varying
degrees of cultural embeddedness, this section is
categorized into two cultural depth levels, illus-
trated with examples in Figure 3

* Deep Cultural Level: Scenarios where Thai
cultural beliefs are the main driver of behav-
ior. As shown in Figure 3 (left), a volunteer
accidentally drops fried garlic into the soup
pot during the Thai Vegetarian Festival. The
lie “Nothing fell in, sir” stems from the strict
prohibition of the five pungent vegetable.

* Surface Cultural Level: Scenarios where
Thai cultural elements provide contextual set-
ting but do not drive character behavior. As
shown in Figure 3 (right), government offi-
cers privately disagree with a colleague’s sup-
port for a local election candidate but lie “We

"https://forebears.io/thailand/
forenames
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should give him a chance” to avoid damaging
the friendship. No Thai-specific rule governs
this.

English Translated To investigate RQ3, we
translated all Thai conversations 3.2 into English
using GPT-40, preserving all cultural content and
seed keywords while removing the Thai language
component. This creates a parallel corpus that iso-
lates the effect of language from cultural knowl-
edge.

English Context For English context conversa-
tions, we follow the TactfulToM pipeline by sam-
pling character names from the top 20% most fre-
quent US birth names datasets?.

After generation, three annotators manually ver-
ified that all key seed elements were correctly em-
bedded across the four conversation parts.

3.3 Question Generation

For each generated conversation, we construct ques-
tions across the 10 question types listed in Table 4,
following the same taxonomy as TactfulToM with
the addition of KJ-ability (KJ). KJ-ability mea-
sured across Thai and English scenarios serves as
the primary instrument for addressing RQ2. Each
question is constructed by filling fixed templates
with key details extracted from the conversation
and its seed such as character names, the lie, the
truth, and the real reason as shown in Table 7.
Exception for the JustificationQA (JQ), whose
multiple-choice distractors are generated by GPT-
4o rather than derived from fixed templates, produc-
ing three semantically plausible but incorrect op-
tions per question (Appendix H.3). Questions are
formatted in three answer types: Binary (yes/no
exact matching), List (set-based evaluation), and
MCQs (single correct option), with evaluation met-
rics defined accordingly (Appendix E).

4 Experiments

4.1 Models

We evaluate diverse sets of large language mod-

els to assess their Theory of Mind capabilities in

Kreng-Jai contexts:

Thai-specialized models: We test models specif-

ically trained on Thai language data, includ-

ing Typhoon-v2.1-12b-instruct (Pipatanakul et al.,
https://www.kaggle.com/

datasets/ryanburnsworth/
popular—-names-by-birth-year-1880-2022

Question Type To Test

Comprehension Detect false statements

Justification Reasoning about character motivations

Fact_Reason Who discussed the real reason

Fact_Truth Distinguishing factual truth from stated
information

Belief Inferring character beliefs

InfoAccessibility ~ Who has access to which information

Answerability Determining what characters can an-
swer based on their knowledge

LieDetectability Predicting whether lies will be detected

LieAbility Assessing characters’ ability to lie con-
vincingly

KJ-ability Identifying the type of Kreng-Jai moti-

vating a lie

Table 4: Question types used in the KaiToM evaluation

2024) and rich cultural Southeast Asian data SEA-
LION-v3-9B (Ong and Limkonchotiwat, 2023), to
assess their cultural and linguistic understanding.
Open-source models: We include open mod-
els such as the Gemma-3 series(gemma-3-12B,
gemma-3-27B) (Gemma Team et al., 2025),
DeepSeek-V3.2 (DeepSeek-Al et al., 2025), Kimi-
K2-Instruct (Kimi Team et al., 2026), and the Qwen
series(Qwen2.5-72B, Qwen3-30B-A3B,Qwen2.5-
7B) (Qwen Team et al., 2025a,b).

Proprietary models: We evaluate commer-
cial models including GPT-40-mini (OpenAl,
2024), GPT-5.1-2025-11-13 with low reason-
ing effort (OpenAl, 2025) and Gemini-3-flash-
preview (Doshi, 2025).

4.2 Evaluation Setup

To evaluate models, we using Zero-Shot on
KaiToM dataset consist of three types of answers:
multiple-choice questions (MCQs), list generation,
and binary (yes/no) responses. Additionally, we
test chain-of-thought (CoT) reasoning (Wei et al.,
2022) by appending “Let’s think step by step” to
the prompts.

4.3 Human Evaluation

To establish a human performance baseline for ad-
dressing RQ1, we hired more 9 annotators age be-
tween 22 to 28 years old and live in central of thai-
land who met our minimum qualification require-
ments(Appendix D). Each annotator evaluated 10
scenario sets, stratified as follows: 3 surface-level
Thai cultural scenarios, 3 deep-level Thai cultural
scenarios, and 4 English scenarios. The scenarios
were balanced across the three types of Kreng-Jai.
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the form?.

inter-annotator agreement (IAA) For scenario
validation (binary: Does the character exhibit
Kreng-Jai?), the agreement by Gwet’s AC1 (Gwet,
2008) is 0.73, for ToM question correctness the
pooled agreement is Gwet’s AC1 = 0.32.

5 Results

After converting all outputs to binary scores (Ap-
pendix E), we find that CoT prompting yields a
slight improvement on social reasoning tasks (Fig-
ure 5). Notably, in Thai scenarios, performance
degrades in deep cultural contexts compared to
surface-level contexts. This suggests that while
models can handle superficial cultural cues, they
struggle with the subtle, high-context nuances in-
herent in deep Thai cultural interactions.
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Figure 5: Performace summary average Accuracy
score from MCQs/Binary/List across all KJO,KJ1,KJ2;
Heatmap promting method x language where qwen2.5-
7b instruct, qgwen3-30B-A3B and GPT-5.1 are no result
in CoT prompting; (note: en-traslated not included)

RQ1: Capability in Thai Cultural Contexts.
Our findings indicate that LLMs possess a base-
line capability to perform Theory of Mind (ToM)
social reasoning tasks in Thai cultural contexts;
however, overall performance is moderate, with
accuracy ranging from 41.3% to 70.0%. Compared
with general English scenarios, the top-performing
models reach proficiency equivalent to, and in some
cases exceeding, their English baselines (Figure 5).
Despite these capabilities, a substantial gap re-
mains between machine and human social cogni-
tion. As shown in Figure 6, humans consistently
outperform LLMs, including the top-performing
Gemini-3-Flash-preview, particularly on complex
tasks such as liedetectabilityQAs and lieabilityQAs.
*https://docs.google.com/forms/

d/e/1FAIpQLSfIxceW74aRO1FUL14-nd3G_
InSehGEEWMwuCx9gHgbMaxo6Bw/viewform

This human advantage on culturally loaded cate-
gories is highly significant after Holm correction
(Holm, 1979): lie detectability (list) (0.90 vs. 0.34,
PHolm = 7.5 x 10723), KJ ability (0.80 vs. 0.35,
PHolm = 1.4 x 10716), and lieability (0.70 vs. 0.38,
PHolm = 1.2 x 107®). In contrast, models signifi-
cantly outperform humans only on mechanical set-
tracking or template-like categories (answerability-
list, beliefQAs, and fact_truthQA).

errini-d-lash-sevew i HUMan Hertoing e

Source
e () iy 223
-

Figure 6: Average score from human vs Gemini-3-flash-
preview, Across 10 scenarios

RQ2: Understanding Kreng-Jai (Thai vs. West-
ern Scenarios). We investigate whether LLMs
can distinguish and reason about Kreng-Jai behav-
iors across cultures. The results (Table 6) show
that models generally achieve higher scores in En-
glish scenarios (EN) than in Thai scenarios (TH)
on comprehension (CQ) and belief (BQ) questions.

This cultural context effect is statistically robust:
9 of the 12 models show a significant Thai-vs.-
Western difference after Holm correction (proim <
0.05), with per-model gaps of up to 0.23 (Kimi-K2).
The direction of the effect, however, varies across
models, which itself suggests that models process
the two cultural contexts (Thai and Western) differ-
ently rather than applying a single, uniform social
reasoning ability.

For KJ1 and KJ2 specifically, models such as
GPT-40-mini and DeepSeek-V3.2 show a marked
performance drop in Thai contexts compared with
English. This discrepancy suggests that while mod-
els can reason about social friction (a universal
concept) in English, they fail to map it effectively
onto the specific Thai context.

RQ3: Language Proficiency vs. Cultural Knowl-
edge. To determine if social reasoning requires
native Thai language proficiency or intrinsic cul-
tural knowledge, we analyzed the performance of
generalist models against Thai-optimized models
(e.g., Typhoon-v2.1-12b, SEA-LION-v3-9B) using
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KJo KJ1 KJ2
Model L KJ FQA KJ FQA KJ  FQA
DS D S D S D S D S D S

SEA-LION-v3-9B TH .50 .82 .40 .55 .20 .39 45 .41 .50 .33 .43 47
GPT-40-mini TH .37 .56 .40 .58 .00 .04 .65 .44 .93 .92 .38 .67
Typhoon-12B TH .67 .84 .50 45 .13 .08 .60 .23 .36 .37 .43 .44

Avoid Confront (KJ1) Fear Respect (KJ2)
Model L BQ CQ JQ LA LD BQ CQ JQ LA LD

GPT-5.1 TH 44 43 53 37 .57 .41 .43 50 .33 .60
EN .66 45 .56 33 .56 .50 .56 .46 .39 .55

GPT-40-mini TH 35 .17 43 35 47 29 .12 50 .32 45
EN 45 .51 39 28 .57 34 .61 .34 48 48

SEA-LION-v3-9B EN-T .60 .77 .60 .47 .43 .70 .40 .23 .10 .05 .43 .42
GPT-40-mini EN-T .83 .99 .66 .41 .23 .27 .50 .32 .27 .26 .48 .58
Typhoon-12B EN-T .83 .90 .60 .42 .23 .25 45 .32 .33 .31 .29 .56

Table 5: Model Performance results by D=Deep
and S=Surface cultural level on thai scenarios and
english-traslated scenarios at Kreng-Jai ability(KJ) and
fact_truthQA(FQA), focus on thai-specialized models
like Typhoon-v2.1-12b-instruct, SEA-LION-v3-9B

both original Thai and English-translated counter-
parts (Table 5).

We observe two key trends: Translation Effec-
tiveness: Generalist models (e.g., GPT-40-mini)
often perform better on Thai cultural scenarios
when they are translated into English (EN-T) rather
than processed in Thai (TH). For instance, GPT-40-
mini’s score on KJO (Deep) jumps from 0.37 (TH)
to 0.83 (EN-T). This implies the model possesses
the reasoning capacity but lacks the linguistic-
cultural mapping in Thai.

Limitation of Local Models: Surprisingly, even
Thai-specialized models (Typhoon, SEA-LION)
struggle to infer the specific mental states related
to KJability. While Typhoon-12B performs well
on surface-level KJO, it fails to generalize to KJ1,
while rich Southeast Asian cultural knowledge like
SEA-LION performs well on KJ1 but drastically
struggle to KJ2

This indicates that current Thai proficiency in
LLMs does not automatically equate to Thai cul-
tural proficiency. Models can process the language
but lack the “Deep” cultural context required to
identify the specific nuance of Kreng-Jai behind a
lie.

6 Conclusion

In this work, we introduced a novel dataset to eval-
uate Theory of Mind (ToM) reasoning within the
specific cultural framework of Thai Kreng-Jai. Our
experiments reveal that while many LL.Ms exhibit
emerging capabilities in Thai social reasoning, they
still lag significantly behind human intuition, par-
ticularly in culturally motivated lies. We found that
performance drops notably in “Deep” cultural con-
texts compared to surface-level. Furthermore, our
cross-lingual analysis demonstrates that translat-

Gemini-3 TH .57 48 .74 40 .59 .51 .44 .78 35 .62
EN .71 .66 .83 48 .73 .59 .72 .77 43 .61

DeepSeek-V3.2  TH .37 .51 .63 .31 .51 .35 49 .61 .27 .51
EN 39 93 .61 28 45 31 95 52 .38 .43

Kimi-K2 TH 49 .57 .75 28 .50 .14 .12 .19 .10 .I5
EN .75 .70 .78 30 .51 .66 .81 .70 47 .43

Qwen2.5-72B TH 34 28 47 37 .56 29 26 .36 .35 .54
EN 52 46 .46 .33 .53 .36 .63 .29 .35 43

Qwen3-30B-A3B TH .39 48 .57 20 48 .37 .61 .56 23 .46
EN 51 .52 53 25 .50 .37 44 32 35 49

Gemma-3-27B TH .31 .28 .54 47 .56 .31 .27 .62 40 .55
EN 40 .66 .65 .36 .49 31 .71 .46 .50 .43

Gemma-3-12B TH 25 .23 47 31 .63 .26 .17 .46 .31 .58
EN 35 46 35 21 .53 28 .61 .31 28 45

Typhoon-12B TH .27 23 46 36 .57 25 .15 45 29 51
EN 34 46 .32 21 .50 .29 .58 .30 .26 .43

SEA-LION-v3-9B TH .26 .31 .57 .43 44 23 21 53 42 41
EN .37 38 49 41 .60 .27 .55 .39 47 51

Qwen-2.5-7B TH 23 .53 .74 37 56 20 .52 52 39 .51
EN 30 .60 .55 42 .55 22 .82 .36 45 48

Table 6: Model performance comparison. L: language,
Thai scenarios (TH) vs. English scenarios (EN).
Question categories: BQ (belief QA), CQ
(comprehension QA), JQ (justification QA), LA
(lieability QA), and LD (lie detectability). Scores are
averaged over binary and list question types.

ing cultural scenarios into English often improves
social reasoning performance for generalist mod-
els, suggesting that current limitations stem from a
lack of alignment between the Thai language and
cultural-level social concepts. Crucially, even mod-
els explicitly trained on Thai data struggle to cat-
egorize complex social dynamics like Fear-Based
Respect, highlighting the need for future research
to move beyond linguistic fluency toward cultural
alignment in LLM development.
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Appendix

A Personality in conversation between
Thai name vs romanised Thai name

To testing how GPT-40-2024-08-06 generate natu-
ral thai conversation with thai character name are
differ from the generated with romanised name in
personality domain, we test by select only four
famous thai name and fixed their role to be Som-
chai(liar), Somchit(target), Sombun(accomplice)
and Prasoet(observer) and focus scenario at “white-
lie KJ0”, we then use GPT-40-mini-2024-07-18 to
translate the whole conversation to english and use
ocean-personality-distilbert* to predict their per-
sonality, we compare OCEAN/Big Five personality
score between thai name and romanized name, we
found that in average personality score of all sce-
narios see no different as Figure 7 but in (Figures 8,
9,10) have personality shift.

*nttps://huggingface.co/ppp57420/
ocean-personality-distilbert

Awerage 3ig Sive Soores ov Mame Language

sgacobiZizg

e

Figure 7: Average Big Five Score of prompting with
thai letter vs romanized thai name across 43 scenarios
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Figure 8: At the wedding in pattani, Somchai, Sombun
and Somchit have personality shift.

Figure 9: At Chinese New Year, Somchai and Sombun
have personality shift.
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Scenaria:

At a traditional Thai house in the middle of the forest, Ratchaburi Province,

Aol [
v el
sesnisings Jre—. -

Maurchickr Pnsctivian

Figure 10: At traditional thai house, Somchai and Pra-

soet have personality shift.
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B Annotation

B.1 Annotation Platform

We developed a web-based scenario generation
platform using Streamlit to facilitate the system-
atic creation of Theory of Mind scenarios See in
(Figures 11, Figure 12). The platform provides an
intuitive interface for generating multi-party dia-
logues involving four characters (A: Liar, B: Target,
C: Accomplice, D: Observer) across various social
scenarios. The platform supports bilingual genera-
tion, allowing annotators to create scenarios in both
English and Thai modes, with appropriate name
and language-specific prompts for each mode. All
generated scenarios follow a four-part structure: (1)
initial scenario with all participants, (2) B and D
leave while A and C discuss sensitive information,
(3) D returns and learns the truth before leaving
again, and (4) B returns and receives a lie from A
and C.

The platform requires annotators to input com-
prehensive scenario parameters including metadata
(set ID, lie ID, conversation ID), lie characteristics
(type, emotion, falsification status), relationship
dynamics (family, friends, colleagues), character
roles, and the core deception elements (real reason,
truth, and lie). Character names can be manually
specified or randomly generated from culturally ap-
propriate name databases. The system uses GPT-40
API to generate natural dialogues based on defined
templates. Generated scenarios are automatically
saved to JSON format with full metadata and can
be previewed, downloaded, or loaded for further
review through the platform’s interface.
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Figure 11: Annotation Platform in English mode
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Figure 12: Annotation Platform in Thai mode



Question Type

Template

Comprehension(CQ)

“Was what {liar} told {target}, {lie}’, true?”

Justification(JQ)

“Why did {liar} and {accomplice} tell {target} {lie}'?”

Lie Ability(LA)

Please choose the correct answer from the options below:
Correct: “{liar} tell {target} that {lie}’ because {liar} believes
that {target} is unaware that {real reason}.”

Wrong 1: “{liar} tell {target} that {lie}’ because {liar} believes
that {target} believes {real reason}.”

Wrong 2: “{liar} tell {target} that {lic}’ because {liar} is unaware
that {target} is unaware that {real reason}.”

Wrong 3: “{liar} tell {target} that {lie}’ because {liar} is unaware
that {target} believes {real reason}.”

Lie Detectability(LD)

“Was what {liar} told {target}, {lie}’, true?”
“List all the characters who know the precise correct answer to this
question.”

Fact(FQA)

“Who discussed {real reason}’?”
“Who discussed {truth}’?”

Belief(BQ)

“What does character believe about {truth question} or {real rea-
son question }?”

“What does {liar} believe about {target}’s belief regarding {truth
question} or {real reason question}’?”

Info_Accessibility(IA)
(List)

“List all the characters who know this information: {real reason}.”

Info_Accessibility(IA)
(Binary)

“Does {character} know this information: {real reason}?”

Answerability(A)
(List)

“Who discussed {real reason}’?”
“List all the characters who know the precise correct answer to this
question.”

Answerability(A) (Bi-
nary)

“Who discussed {real reason}’?”
“Does {character} know the precise correct answer to this ques-
tion?”

KJability(KJ)

“what {character} believes about their own type of consideration”
“what {character_target} believes about {character_liar}’s type of
consideration”

Table 7: Question generation template is the same as Tactful ToM.
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Set 1-1-1-0-1 (Thai)

| Set 1-1-42-1 (Thai)

Attribute Value ‘ Attribute Value

Language Thai (th) Language Thai (th)

Lie Type Avoid Confront Lie Type Avoid Confront

Emotion Angry Emotion Angry

Liar Sombun Liar Wichian

Target Sawat Target Sombat

Accomplice Prasoet Accomplice Somphon

Observer Thawi Observer Sawat

Scenario Wedding in Chiang Rai during | Scenario Vegetarian festival(Jay Festival)

Visakha Bucha

charity kitchen

Situation Topic

Bragging about money enve-
lope

Situation Topic

5 forbidden vegetables in vege-
tarian festival

Lie Objective Save face and avoid confronta- | Lie Objective Cover mistake, prevent food
tion waste
Truth Sawat gave empty envelope ‘ Truth Dropped fried garlic in pot
Lie Agreed it’s true ‘ Lie Said nothing was added
Real Reason Sawat would be embarrassed Real Reason Sombat would be angry about
waste
Entity Distribution
Place 1.0 Place 0
Tradition 1.0 Tradition 1.0
Food 0 Food 2.0
Time 1.0 Time 0

Table 8: Comprehensive comparison of two seed scenario(Surface-cultural level vs Deep-cultural level) sets under
KJ1 with character roles, key details, and cultural entities; (notel#: all possible cultural entity are PLACE, PERSON,
ORGANISM, ARTIFACT/OBJECT, TRADITION/EVENT, ORGANIZATION, FOOD, TIME); (note2#: the
original generative seed for thai context is the thai letter)
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C Dataset

Setup 1; Only (Full Context) Setup 2: Thai Only (Surface vs Deep)
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Figure 13: t-SNE visualization of conversation embeddings comparing English versus Thai scenarios

of our KAI-ToM dataset using multilingual-e5-large-instruct (https://huggingface.co/intfloat/
multilingual—-e5-large-instruct). The left panel demonstrates well-separated clusters for Western
English contexts across three Kreng-Jai subtypes (KJ0, KJ1, KJ2), whereas the right panel shows less structured

clustering for Thai contexts.
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Figure 14: Cultural entity in each type of Kreng-Jai(KJ0,KJ1,KJ2)
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D Human Recruitment

To be candidate annotators, there are two minimum
requirements 1.be thai native and 2.english test
score as Table 10

english test | score
IELTS >5.0
TOEFL ibt | > 60
TOEIC > 600
TU-GET cbt | >60
TU-GET pbt | >600
CU-TEP >60
CEFR >Bl1

Table 10: minimum requirements about english test
score

D.1 Form
D.2 Form Question Types

Theory of Mind Questions (7 per scenario):
1. JustificationQA(JQ)
2. Fact_TruthQA(FQA)
3. BeliefQAs(BQ)
4. AnswerabilityQA list(A)
5. LieDetectabilityQAs_list(LD)
6. LieAbilityQAs(LA)
7. KJAbility(KJ)
Opinion Questions (3-4 per scenario):

1. Does the character exhibit Kreng-Jai behav-
ior?

2. What level of Kreng-Jai does the character
exhibit?

3. What is the Thai cultural resonance level?
(Thai scenarios only)

4. What is the participant’s comprehension level
after reading the entire conversation?

Humer UEFIae: e i erdas
3 Spazt of Ca kot =i Krorg_al

Figure 15: Result of opinion Yes/no question, question
about does character in scenario exhibit Kreng-Jai be-
havior?; tester (n=9)

Figure 16: Result of opinion scoring question, question
about does character in scenario exhibit Kreng-Jai be-
havior?; tester (n=9)
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Figure 17: Result of opinion scoring question, cultural
level,; tester (n=9)
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E Metrics

Performance is scored by question type:

Binary Questions

For binary questions, performance is evaluated us-

ing exact yes/no matching

Multiple Choice Questions (MCQ)

For MCQ questions, performance is binary based
on whether the answer is correct

List Questions

For list questions, performance is evaluated using
set comparison. Let C' be the set of predicted items
and A be the set of correct items. The evaluation

il
Cl

1 if precision = 1 Arecall = 1

computes:
I=CnA
precision = ﬂ, recall =
|A]
performance =

0 otherwise

F Inference Configuration

Parameter | Value
temperature | 0.2
max_tokens | 1000

Table 11: inference configuration for conversation gen-

eration
Model Used Reasoning Temperature Max Tokens
gpt-5.1-2025-11-13 yes(low effort) — 2000
gpt-4o0-mini no 0.2 8192
Kimi-K2-Instruct-0905 no 0.2 8192
DeepSeek-V3.2 no 0.2 8192
Gemini-3-flash-preview no 0.2 8192
thai-1Im-series no 0.2 8192
SEA-LION-v3-9B no 0.2 8192
Typhoon-v2.1-12b-instruc no 0.2 8192
Qwen-series(except Qwen3-30B-A3B) no 0.2 8192
Qwen3-30B-A3B yes 0.2 8192
thai-llm-openthai yes 0.2 8192
thai-1lm-typhoon no 0.2 8192
thai-llm-kbtg no 0.2 8192

Table 12: inference configuration for getting the answer
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Figure 18: Result of summary; the top-leftimage is score comparing with zero-shot and Chain of Thought; the
top-right image is score comparing with english vs thai scenarios data; the bottom-left is overall score of each
model; the bottom-right is performance heatmap: method x language

LTS

Figure 19: Results of Thai scenario data across Typhoon-
v2.1-12B, Gemma Sea Lion-v3-9B, and the number of
cultural entities in the generation seed.
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Figure 20: Results of Thai scenario data across Typhoon-
v2.1-12B, Gemma Sea Lion-v3-9B, and different cul-
tural entity types in the generation seed
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Table 13: Zero-shot Thai-LLM seriesChttps://huggingface.co/ThaillM/ThaiLLM-8B) compared
GPTS5.1, Typhoon-v2.1 and Gemma-SEA-LION with Results Across Models and Question types on Thai scenarios.

Model Conv CcQ FRA FQA BQ [IA.List IA.Binary A.List A.Bianry LA LD.List LD.Binary KJ JQ
convO(KJO) 5039 9457 94.19 4518 77.67 92.79 81.40 95.12 23.72 9.30 66.86 81.78 68.22
GPT-5.1-2025-11-13 convl(KJ1) 4341 96.12 8372 43.74 80.47 92.09 81.40 95.47 36.74 3.88 69.96 41.47 5271
conv2(KJ2) 4341 97.67 8276 41.09 79.63 91.44 78.70 9236 3287 853 7229 3217 50.39
convO(KJO) 1550 72.09 59.30 27.80  0.00 75.23 0.00 78.95 2837  0.00 59.50 4225 2248
Thai-LLM-KBTG (Labs et al., 2026) convl(KJ1) 2481 73.64 4070 2935  0.00 71.67 0.00 7570 31.63  0.00 59.88 37.60 31.01
conv2(KJ2) 2248 75.19 4598 28.13  0.00 70.14 0.00 73.73 23.61 0.00 59.88 39.15 28.68
convO(KJO) 1938 2791 18.60 28.13  0.00 73.60 0.00 70.23 4698  0.00 54.65 31.01  60.47
Thai-LLM-OpenThai (OpenThaiGPT and Team, 2025) convl(KJ1) 1938 3256 2791 27.80 0.00 72.09 0.00 66.98 38.60 0.00 61.05 36.82 5426
conv2(KJ2) 1550 31.01 17.24 24.58 0.00 69.56 0.00 64.81 35.19 0.00 61.63 3333 45.74
convO(KJO) 853 5891 51.16 14.51 0.00 67.67 9.77 66.28 35.81 0.00 58.53 4225 44.19
Thai-LLM-Typhoon (Pipatanakul and Taveekitworachai, 2026) convl(KJ1) 15.50 62.79 40.70 16.61 0.00 71.28 10.23 65.70 28.37 0.00 61.24 24.03 5271
conv2(KJ2) 13.18 6279 5517 14.51 0.00 65.16 15.28 64.00 31.02 0.00 57.75 70.54  35.66
convO(KJO) 20.16 100.00 46.51 26.80 19.07 80.93 67.91 81.16 3349 4496 65.70 80.62 49.61
Typhoon-v2.1-12b-Instruct convl(KJ1) 2326 96.12 3140 2680 21.86 80.12 70.23 77.91 36.28  33.33 63.37 9.30 4574
conv2(KJ2) 14.73 9457 43.68 2536 1991 78.47 69.91 73.84 2917  10.85 61.63 39.53  44.96
convO(KJO) 24.81 97.67 51.16 28.13  76.28 78.84 80.93 67.91 44.19 2946 54.65 69.77 51.16
Gemma-SEA-LION-v3-9B-IT convl(KJ1) 3101 97.67 41.86 2647 80.00 80.00 81.40 67.56 4326  13.18 52.33 37.21 57.36
conv2(KJ2) 21.71 9845 4598 2370 74.07 76.74 80.56 66.67 42.13 1.55 51.16 46.90 53.49
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H Prompts

H.1 prompts for define the linguistic
characteristics of conversation.

System prompt thai scenario

You are a creative writer generating natural,
realistic conversations in Thai language.
Write dialogue in a clear format with char-
acter names followed by their speech. Keep
the names in English but the conversation
in Thai.Use natural Thai conversation style.

System prompt for english scenario

You are a creative writer generating natural,
realistic conversations. Write dialogue in a
clear format with character names followed
by their speech.

H.2 prompts for conversation generation
from TactfulToM framework

Conversation generation prompt: Stepl

In this conversation, four characters are par-
ticipating: A_name , B_name , C_name ,
and D_name. Start the conversation with
all participants scenario. Relationship rela-
tionship_text. Generate a natural conversa-
tion between all four characters. Use their
names and format the dialogue clearly.

Conversation generation prompt: Step2

Now, B_name leaves the conversation be-
cause of the reason: leave_reason_B, while
D_name leaves the conversation because
of the reason: leave_reason D_1. With
B_name and D_name absent, A_name and
C_name continue their conversation, shift-
ing the topic to ‘real_reason_c filled’. En-
sure the dialogue flows naturally without di-
rectly repeating these exact words. Remem-
ber to indicate that B_name and D_name
are leaving the conversation.

Conversation generation prompt: Step3

Now, only D_name returns and rejoins
the conversation after previously leaving.
Note that B_.name has not returned to
the conversation yet. Then the conversa-
tion continues and naturally shifts to situ-
ation_topic. Do NOT catch up or recap
details from the previous conversation. And
then ‘truth_c filled’ is naturally revealed
in the conversation. After engaging briefly,
D_name leaves the conversation again be-
cause of the reason: leave_reason_D_2.
IMPORTANT:

- Clearly indicate through dialogue only
(e.g., ’I’'m back,” or "I have to leave again
now.”) that D_name first returns and later
departs again.

- Do NOT use third-person narrative or stage
directions.

- Avoid mentioning details from previous
conversations.
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Conversation generation prompt: Step4

\

Now B_name returns to the conversa-
tion after leaving the conversation. First
have B_name explicitly indicate the return
through dialogue. Do NOT catch up or re-
cap details from the previous conversation.
And then situation naturally unfolds. Make
sure the dialogue flows naturally without
directly repeating these exact words. In re-
sponse, A_name and C_name tells B_name
that ‘lie_c_filled’ to lie_objective.
IMPORTANT:

- Do NOT use third-person narrative or stage
directions.

- Avoid mentioning details from previous
conversations.

6. Return ONLY valid JSON, no markdown
wrappers

H.3 prompts for question generation

JjustificationQA generation

You are generating a justification question
for a white-lie scenario. CONTEXT: - Liar:
liar - Target: target - Accomplice: accom-
plice - What liar said (lie): 1_c - Real reason
for lying: real_reason_c - Truth: truth_c
Generate a justification question asking why
liar told target the lie.

Return ONLY a JSON object with this ex-
act structure: {{ “question”: “Why did
liar tell target *>shortened version of the
lie<’?”, “correct_answer”: “>The gen-
uine psychological reason - typically about
sparing feelings, maintaining harmony, or
avoiding awkwardness. Max 30 words.<”,
“wrong_answers”: [ “>Type-1: Literal
Reason - restates the spoken lie as if it
were true<”, ">Type-2: Negative Feel-
ing - blames dislike, annoyance, frustra-
tion, etc.<”, ”>Type-3: Random Excuse
- plausible but unrelated reason involving
accomplice or other circumstances<” ] }}
RULES: 1. The question should be clear
and concise

2. correct_answer must reflect the
real_reason_c (sparing feelings, maintaining
harmony)

3. Each wrong answer must be 30 words

4. Wrong answers must be distinct and fol-
low their type descriptions

5. Use third person perspective
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H.4 prompts for an LLM to answer the
question

Answer Type Prompt Template

Binary You are an expert in social reasoning. Answer the following question
with “Yes’ or ‘No’. Remember: Your answer should ONLY include ‘Yes’
or ‘No’ with nothing else.

# Context: {}
# Question: {}
(Let’s think step by step:)

MCQs You are an expert in social reasoning. Answer the following question
with the option number of the most appropriate answer. Remember: Your
answer should ONLY include the option number with nothing else.

# Context: {}

# Question: {}

# Options: {}

(Let’s think step by step:)

List You are an expert in social reasoning. List the required items and split
them with commas. Remember: Your answer should ONLY include the
required items split by commas with nothing else.

# Context: {}
# Question: {}
(Let’s think step by step:)

Table 14: Prompt templates for different answer types; the “Let’s think step by step” was added when to test CoT.
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