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Abstract

Thai is spoken by tens of millions, yet its literary
tradition is largely absent from LLM evaluation.
We present THATPROSODY, a benchmark for
composing Thai classical poetry. Composing
classical Thai verse means choosing words that
jointly satisfy several hard formal constraints
(fixed syllable counts, written tone-mark posi-
tions, heavy/light syllable patterns, and an in-
terlocking web of thymes) while staying on a
given topic. THATPROsODY crosses four canoni-
cal verse forms with 40 topics and grades each
poem with an open, deterministic rule checker
for tone, weight, and rhyme, a syllable counter
validated against hand-segmented gold, and a
separate content judge. Across 17 models in
24 configurations, the task is far from solved.
The best model passes 94.7% of rule checks,
yet one stanza in four still breaks a rule; the best
open-weight model writes a fully valid stanza
only a quarter of the time, and no Thai-trained
model more than once in 160 tries. Rhyme is
the most frequently broken constraint, and kh-
long and chan, the forms that add tone or weight
constraints, are the hardest. Thai-trained 8B
models stay close to their general base model,
while a general 31B model scores more than
three times as high as a Thai 30B model.

1 Introduction

Thai is spoken by over sixty million people, yet re-
mains comparatively low-resourced in NLP (Low-
phansirikul et al., 2021; Susanto et al., 2025). Its
literary tradition is studied even less. Classical Thai
poetry sits at the centre of that tradition: a set of
strict, centuries-old verse forms. These forms are
almost absent from work on large language models
(LLMs).

Poetry is a demanding test for an LLM. Recall-
ing or recognizing a poem is one thing; composing
one is another. To compose classical Thai verse, a
model must choose words that satisfy several hard
formal constraints at once. The words must also

express a given topic and read as fluent verse. Know-
ing the tradition is necessary, but not sufficient.

The constraints of Thai classical verse are con-
crete. Each form fixes a syllable count per line.
Some fix where tone marks must fall. One fixes
a pattern of light and heavy syllables. All require
an interlocking web of rhymes. The constraints in-
teract: a word chosen to complete a rhyme may
break a tone or weight pattern. Composing a valid
stanza on topic is therefore a search problem under
interacting constraints, not a fact to be recalled.

Rule-based and model-based poetry evaluation
is mature in other languages, especially Chinese,
where prosodic rule-checking is paired with model-
based quality scoring (Zhao et al., 2026; Qu et al.,
2026). The main Southeast Asian evaluation suite
has no poetry task (Susanto et al., 2025), and no
benchmark tests Thai verse composition. We close
this gap. Our contributions are:

1. TuarProsoby, a benchmark for LLM compo-
sition of Thai classical poetry: four canonical
verse forms crossed with 40 topics.

2. An open meter grader: deterministic checks of
tone-mark placement, light/heavy weight, and
rhyme against royal-endorsed prosodic specifi-
cations, plus a syllable counter validated against
hand-counted gold; the rhyme check and the
content judge are also validated against expert
labels.

3. A baseline of 17 models in 24 configurations,
with item-level confidence intervals, a stanza-
level validity metric, robustness checks, and an
error analysis that localizes difficulty to individ-
ual forms, dimensions, and rule positions.

4. Findings: the task is far from solved; rhyme is
the most frequent failure; khlong and chan are
the hardest forms; Thai specialization does not
substitute for scale; and handing over the rules
lifts reasoning models close to ceiling but barely
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Form  Thai Ln. Syll. Tone Weight
Khlong Tmasigniw 8+2) 30

Klon  naauile 4 7-9

Kap  awduil oo 4 5656

Chan Bunsiw@usauioo 4 56,56 v

Table 1: The four verse forms. All bind syllable count
and rhyme; Khlong adds fixed tone-mark positions, Chan
adds a light/heavy (A3/8%f) weight pattern. “8(+2)” =
eight mandatory lines plus two optional khamsoi (A"
&59v). Full specs in Appendix A.

moves the others.

2 Thai Classical Prosody

Thai tradition recognizes five classes of verse (598
N983): khlong, chan, kap, klon, and rai. We use the
canonical school form of each of the first four and
give each a romanized name (Table 1). We leave
out rai, a non-stanzaic chain of unbounded length
with no fixed positional template to verify stanza by
stanza. Each chosen form binds a different subset of
four constraint dimensions, and together they cover
all four.

Four dimensions. (1) Syllable count. Every line
(wak, 139@) has a prescribed length. Some forms
allow a small tolerance (Klon permits 7-9 sylla-
bles); others are exact. (2) Tone marks. Khlong
fixes the positions of seven mai-ek (Iﬁ t99) and four
mai-tho ( JQJ’IV]) marks. Thai writes these marks ex-
plicitly on the syllable, so the constraint is visible in
the surface string. (3) Light/heavy weight. Chan,
adapted from Pali meters of Indic origin (Hudak,
1990), fixes a pattern of heavy (A7) and light (8%)
syllables. (4) Rhyme. A web of obligatory rhymes
(sampat, SNNWE) links specific syllables: the last
syllable of one line must rhyme with a designated
interior syllable of another, chaining the lines of a
stanza together.

Density and verifiability. Two properties make
these forms a clean testbed. First, the constraints
are bundled: one compact Khlong stanza fixes 30
syllable slots, 11 tone-mark positions, and three
rhyme links at once. Second, because tone is writ-
ten and syllabification is well defined, three of the
four dimensions (tone, weight, thyme) are check-
able from the text without a pronunciation lexicon.
This enables deterministic, reproducible grading
(Section 4.1).

3 Related Work

Computational poetry evaluation. Chinese clas-
sical poetry offers the closest precedents. CCiV
(Zhao et al., 2026) grades LLM-generated Ci poetry
by pairing rule-based structural and tonal checking
with a model-based quality judge, the two-layer de-
sign we adopt, and finds tonal adherence harder
than structural compliance. PoeTone (Qu et al.,
2026) studies constrained generation of Songci, and
SongNet (Li et al., 2020) reports automatic format
and rhyme F1 for rigidly formatted verse. CCPM
(Li et al., 2021) tests classical-poem understanding
as four-way multiple choice. For English, Deep-
speare (Lau et al., 2018) jointly models meter and
rhyme and finds that near-human meter and rhyme
do not make generated sonnets match human ones
in readability and emotion; Walsh et al. (2024)
benchmark poetic-form recognition, and POEMet-
ric scores LLM composition in English fixed forms
partly with an LLM judge (Li et al., 2026), whereas
we verify meter deterministically.

Metrical poetry beyond Chinese and English.
Sanskrit meters, the ancestors of Thai chan, are
scanned by rule-based tools that classify each syl-
lable as heavy or light and match the pattern to a
known meter (Terdalkar and Bhattacharya, 2023;
Neill, 2023). With LLMs, only 31% of GPT-40’s
one-shot Sanskrit verses satisfy the Anushtubh
meter without constrained decoding (Jagadeeshan
et al., 2026), and Kranti and Vajjala (2026) use
Telugu metrical poetry to probe LLM rule follow-
ing. Fann or Flop benchmarks Arabic poetry un-
derstanding, including prosody (Al Ghallabi et al.,
2025). Constrained generation more broadly ranges
from hard decoding constraints for meter and rhyme
(Ghazvininejad et al., 2016) to compositional con-
straint benchmarks (Yao et al., 2024).

LLM-as-judge. Model-based judges agree well
with humans on many tasks (Zheng et al., 2023;
Kim et al., 2024), but carry biases. For poetry, Ma
et al. (2026) report an “echo-chamber” effect: LLM
judges reward outputs that match statistical patterns
yet break strict prosodic rules. This motivates keep-
ing a deterministic meter score as the primary signal
and validating any judge against human labels.

Thai NLP. Thai LLM evaluation has grown (Su-
santo et al., 2025; Kim et al., 2025), but covers
knowledge, reasoning, and cultural alignment, not
poetry. Concurrent work tests LLM comprehension
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of five classical Thai literary works through ques-
tion answering (Triyason, 2026), but no benchmark
tests whether models can compose Thai verse that
obeys its meter. Rule-based Thai prosody checking
does exist in the khavee module of the PyThaiNLP
toolkit (Phatthiyaphaibun et al., 2023),! which we
build on for tone and weight verification.

4 Benchmark Construction

Task. The prompt gives a form, a topic, and a
stanza count, and the model writes a new poem.
Prompts are zero-shot and minimal (no examples,
no rule explanations, no syllable counts), so we test
whether the model knows a form, not whether it
can follow a handed-over specification; Section 6
reports the contrast. The system prompt asks for
verse only: “Aaiuiuniy 13u1 yay sun dnwal
ey eaufluundounsasintiu hidesesuny”
(““You are an expert in Thai prosody; answer in
verse only, no explanation”).

Data. The composition set crosses the four forms
with 40 topics, 160 items in all. The topics are short,
hand-picked themes suited to classical verse, drawn
from six categories: nature (13), abstract ideas (11),
emotion (6), everyday life (5), seasons (3), and fes-
tivals (2). Every form is prompted on every topic,
so form comparisons are topic-matched, and topics
carry no keyword constraints: the topic varies the
content while the form fixes the constraint structure.
Each stanza yields dozens of rule decisions, so 40
stanzas per form give several hundred decisions per
form.

4.1 Grading

Table 2 lists the three instruments. Only the rule
checker and the syllable counter enter the meter
score; the content judge is reported separately.

Meter score. We grade four dimensions (sylla-
ble count, tone marks (42 ﬂ/I‘V]), light/heavy weight
(A5/8%), and rthyme (FWWH)), each as a pass rate
in [0, 1], the fraction of that dimension’s rules satis-
fied. Tone and weight use khavee’s verifier, with
a dead-syllable fallback for tone and two weight
overrides the library gets wrong (an open sylla-
ble in long -8 is heavy; the negation U is light);
rhyme uses khavee’s rime check plus fallbacks for
leading-consonant (§n®911) and silent-final (A"
5161) words and for open A syllables, which the
library misreads. These checks involve no model.

"https://pythainlp.org/docs/5.0/api/khavee.html

Instrument Method Validation

Rule Deterministic: Tone 11/11 and weight
checker khavee rules plus 46/46 checks correct on
(tone, rime fallbacks hand-checked canonical
weight, verse; thyme P 1.00, R 0.94
rhyme) on 44 expert-labeled pairs
Syllable Claude Opus 5.5, Exacton 212 hand-counted
counter cached count-of- test items; swapping in a
(count) record dictionary tokenizer barely

changes the ranking

Content Claude Opus 5.5, Cohen’s k = 0.64 / 0.56
judge (not binary topicality (on-topic/not word salad)
in meter) and coherence against two raters’ adjudi-

cated labels on 132 po-
ems (raters with each other:
0.49/0.44; GPT-5.5: 0.64
/0.00)

Table 2: Grading instruments. Details in Appendices C
and D.

Count is the one dimension no rule-based Thai
syllabifier handles reliably on classical verse: a dic-
tionary tokenizer agrees with validated counts on
only 84% of lines, under-counting implicit-vowel
and Sanskrit—Pali syllables. We therefore take the
count from a Claude Opus 5.5 syllable counter with
a fixed prompt, whose cached output is the count-
of-record used in scoring (Appendix C). It counts
all 212 of our hand-counted test items correctly,
and every count is cached, so scores reproduce
without further API calls. It is a model, so we
weight count least and check that it does not drive
the results: substituting the dictionary tokenizer
shifts no configuration by more than 0.021, and
the only change in the ranking swaps two config-
urations at the bottom that are 0.002 apart (Ap-
pendix G). The meter score is a weighted mean of
the dimensions a form binds, weighting the form-
defining constraint most: Khlong count/tone/rhyme
= .25/.40/.35; Klon and Kap count/rhyme =
.40/.60; Chan count/weight/rhyme = .20/.50/.30.
Equal weights give nearly the same ranking (Spear-
man p = 0.99), swapping only near-tied configura-
tions at the bottom. Before grading we normalize
the output (strip reasoning traces, code fences, mark-
down, and stanza labels). Models lay poems out
differently (one wak per line, or two), so we grade
each output under both segmentations and keep the
higher score.

Valid stanzas. The meter score counts individual
rule checks. A reader judges a stanza as a whole,
and a stanza that breaks any one rule is flawed. We
therefore also report the valid-stanza rate: the frac-
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tion of items whose poem satisfies every bound
constraint of its form.

Content judge. A Claude Opus 5.5 judge
(prompt in Appendix C) flags whether a poem is
on-topic and whether its Thai is coherent rather
than degenerate. It is a floor check, not an aesthetic
judgment. We chose Claude over GPT-5.5 by mea-
suring both against human labels: GPT-5.5 never
assigns the lowest coherence score, so it cannot flag
degenerate output (Appendix D).

Scoring and completeness. An output is either
graded or a non-delivery (empty or token-runout),
which scores 0: a model that exhausts its generation
budget (20-24k tokens, which a reasoning model’s
chain of thought also consumes) fails the item. A
serving failure (timeout, server error, or rejected
request) is an infrastructure error, not a model fail-
ure; we retry it until the item completes, so every
configuration is evaluated on all 160 items. We
report means with item-bootstrap 95% confidence
intervals (1000 resamples).

5 Experimental Setup

We select models to span four groups, so that
a score can be read against three axes: access,
scale, and Thai specialization. (1) Frontier
closed-source models set the ceiling: GPT-5.5
(low/medium/high reasoning), GPT-5.4-mini, Gem-
ini 3.5 Flash, Claude Opus 4.7, and Claude Son-
net 4.6. (2) Frontier open-weight models ask
whether openly released systems close the gap:
DeepSeek V4 (Pro and Flash), GLM 5.1, Mini-
Max M2.7, and Kimi K2.6. (3) Smaller open-
weight models probe scale: Gemma 4 31B and
Qwen3.6 35B-A3B. (4) Thai-trained models ask
whether Thai specialization helps on a Thai task:
the 8B OpenThaiGPT, Typhoon-S, and THaLLE,
all built on ThaiLLM-8B, a Thai continued pre-
training of Qwen3-8B-Base, and served through
ThaiLLM,? plus Typhoon 2.5 30B, built on Qwen3-
30B-A3B. As a control we also run their general
base, Qwen3-8B (Yang et al., 2025) (lineage in
Appendix E). Each item is run once; Appendix G
repeats full runs for eight configurations. Counting
GPT-5.5’s three efforts separately gives 19 native
configurations of 17 models; thinking-disabled runs
of the five open reasoning models bring the total to
24.

https://thaillm.or.th

6 Results and Analysis

The frontier cannot do it yet. Table 3 reports
composition. The best model, GPT-5.5 (high),
passes 94.7% of rule checks, and confidence inter-
vals separate the frontier tier cleanly from the rest.
More reasoning helps monotonically (0.800 —
0.896 — 0.947 for low/medium/high). At the
stanza level the gap is plain: the best model’s
poem breaks at least one rule for 39 of 160 items;
Gemma 4 31B, the best open-weight model, writes
a fully valid poem for 25% of items; and no Thai-
trained model does so even once. At the bottom,
four open reasoning models (Kimi K2.6, Mini-
Max M2.7, Qwen3.6, GLM 5.1) deliver a poem
for only a third to a half of the items: their chains
of thought exhaust the generation budget (Ap-
pendix F.1). Content is rarely the obstacle: the
judge finds at least 95% of every model’s delivered
poems on-topic and coherent (Qwen3.6: 89%), so
meter, not topic or fluency, is what they miss.

Scale, not Thai specialization. The three Thai
8B models score 0.258, 0.246, and 0.155; their gen-
eral base, Qwen3-8B, scores 0.233. Thai continued
pretraining and instruction tuning move two of them
by less than 0.03, and THaLLE, which fails to de-
liver a poem for 18% of items, falls lower. Scale
separates models far more: at about the same size,
the general Gemma 4 31B scores 0.729 and the Thai
Typhoon 2.5 30B 0.219.

Knowing the rules versus satisfying them.
Handing over the rules separates knowledge from
ability. We appended each form’s full positional
specification to the system prompt for one model
per group (Appendix F.2). The reasoning mod-
els gain sharply: GPT-5.5 (medium) rises from
0.896 to 0.984 (valid stanzas 58% to 91%) and
DeepSeek V4 Flash from 0.415 to 0.619. The non-
reasoning models barely move: Gemma 4 31B
0.729 to 0.749 and OpenThaiGPT 8B 0.246 to
0.256. At the frontier the zero-shot gap is mostly
missing knowledge of the form; below it, the mod-
els lack the ability to satisfy the constraints jointly,
which the rules alone do not supply.

Rhyme fails most; Khlong and Chan are hardest.
Among strong composers (Table 4), rhyme is the
most failed dimension in three forms and ties with
tone in Khlong; the two Chan rhyme links fail in
59% and 55% of their stanzas. Klon is nearly solved
(count 1%, rhyme 13% error). Validity concentrates
the difficulty in the two forms that add a second kind
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Model n dlv.  Meter [95% CI] Valid Top. Coh.
GPT-5.5 (high) 160  1.00 0.947 [.926,.967] 76 100 100
GPT-5.5 (medium) 160 1.00 0.896 [.865,.923] 58 100 100
Gemini 3.5 Flash 160 1.00 0.820 [.789,.851] 38 98 98
GPT-5.5 (low) 160 1.00 0.800 [.762,.836] 38 100 100
Gemma 4 31B 160 1.00 0.729 [.694,.762] 25 100 100
Claude Opus 4.7 160 1.00 0.715 [.678,.748] 24 100 100
GPT-5.4-mini 160 1.00 0.588 [.544,.631] 14 100 100
DeepSeek V4 Pro 160  0.93  0.496 [.453,.538] 9 93 93
Claude Sonnet 4.6 160 1.00 0.425 [.383,.466] 6 100 100
DeepSeek V4 Flash 160  0.93  0.415 [.372,.460] 4 92 92
Typhoon-S 8B TH 160 1.00 0.258 [.231,.282] 0 99 96
OpenThaiGPT 8Bt 160 0.98  0.246 [.219,272] 0 98 95
Qwen3-8B 160 1.00 0.233 [.205,.260] 1 98 98
Typhoon 2.5 30B TH 160 1.00 0.219 [.192,.246] 0 100 99
THaLLE 8B tu 160 0.82 0.155[.131,.182] 0 82 82
Kimi K2.6 160  0.54 0.143 [.111,.180] 0 54 54
MiniMax M2.7 160 0.41 0.093 [.071,.116] 0 41 41
Qwen3.6 35B-A3B 160 0.33  0.091 [.067,.116] 0 30 29
GLM 5.1 160 0.35 0.087 [.061,.117] 0 35 35

Table 3: Composition leaderboard: configurations evaluated on all 160 items, sorted by meter score. Meter = mean
over the 160 items (non-delivery = 0) under the count-of-record, with item-bootstrap 95% ClIs; dlv. = delivery
rate; Valid = % of stanzas that satisfy every constraint of their form (non-delivery counting as invalid). Top. and
Coh. = % of poems judged on-topic and coherent (Section 4.1), a non-delivery counting as neither; the judge is
Claude Opus 5.5 (Appendix D); one Qwen3.6 output, a leaked reasoning trace the judge declined, counts as neither.

TH = Thai-trained.

Form count tone rhyme weight
Khlong 18 26 26 —
Klon 1 — 13 —
Kap 9 — 30 —
Chan 18 — 57 23

Table 4: Per-dimension error rate (% of rule-checks
failed) for strong composers (GPT-5.5x3, Gemini,
Opus 4.7, Gemma, GPT-5.4-mini).

of constraint: GPT-5.5 (high) writes a fully valid
stanza for 35 and 33 of 40 Klon and Kap topics,
but for only 26 Khlong and 27 Chan topics, and no
model outside GPT-5.5 manages more than seven
valid stanzas of either form. Appendix H shows
what each failure type looks like, and a supplemen-
tary study outside the benchmark (Appendix I) ap-
plies the grader to filling in and repairing unpub-
lished stanzas, where the same ranking holds.

Robustness. The ranking does not depend on
our design choices (Appendix G): equal dimension
weights and the dictionary-tokenizer count repro-
duce it almost exactly (Spearman p = 0.99 and
1.00), swapping only near-tied configurations at the
bottom, and the valid-stanza rate, zero for the nine
weakest configurations, agrees at p = 0.95. Across
three full runs of eight configurations the ranking
is identical, and most means move by 0.001-0.014

(standard deviation), well inside the gaps between
tiers; the two models served through third-party
providers drifted between runs months apart. With
40 topics per form the benchmark separates capa-
bility tiers, which differ by tens of points; it does
not support fine distinctions between adjacent con-
figurations.

7 Conclusion

We presented THa1PROSODY, a benchmark for LLM
composition of Thai classical poetry. Composing
valid verse is a constraint-satisfaction problem that
knowing the tradition does not solve. An open meter
grader, deterministic except for a validated syllable
counter, lets us score it cheaply and reproducibly.
Across 17 models, the task is far from solved: even
the best model breaks a rule in one stanza in four
and every other model in most, rhyme is the most
frequent failure, Khlong and Chan are the hardest
forms, and Thai specialization does not substitute
for scale. We release the benchmark, the grader, the
validation labels, and all model outputs.?

*https://github.com/yongsa-nut/ThaiProsody.
Data and model outputs are released under CC BY 4.0 and
code under the MIT license; the data contain no personal
information or offensive content.
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Limitations

The content judge is validated against two native
speakers’ labels on 132 poems. Against their adju-
dicated labels it reaches binary Cohen’s x = 0.64
(topicality) and 0.56 (coherence), and the raters
agree with each other at only 0.49 and 0.44, so
even the binary content labels are only moderately
reliable. It is a floor check for off-topic and degen-
erate output; we do not evaluate aesthetic quality,
which calls for expert literary judgment. The syl-
lable counter is a model: though exact against our
hand-segmented gold, it can still err on rare forms,
so count is the lowest-weighted dimension, and po-
sitional tone and weight checks locate their slots
with the dictionary syllabifier, which can misplace
a slot when it miscounts a line. Rhyme grading
covers within-stanza links only. Each main-table
configuration is run once per item, so its confidence
interval reflects item sampling, not decoding vari-
ance; our repeated runs cover a subset of models.
The benchmark covers four forms of a much larger
tradition, with 40 topics per form. Finally, results
describe the model versions and serving endpoints
we accessed; hosted models change over time.
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A Full positional specifications

Khlong (IF] aaﬁqmw): 8 mandatory lines (sylla-
bles 5,2,5,2,5,2,5,4) plus two optional 2-syllable
A18508; seven 49 and four 0 at fixed positions;
three rhyme links. Klon (na@uti@): four lines of
7-9 syllables; rhyme from line-end to syllable 3 or
5 of the next line. Kap (nWd91% 00) and Chan
(BunsTFe5auUn 00): lines of 5,6,5,6 syllables
with two internal rhyme links; Chan adds the weight
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pattern A-P-8-A-A | 8-8-A-8-A-A. Specifications
were verified against royal-endorsed references (&7
smmutwaﬁw%’mmmm; FIVUUNGYFNI).

B Prompt templates

Compose: “d9t4619{form} 37U {n} U (U
#io “{topic}” THgndosaudunanual Wouud
22955 AVULSTI A 13I”. This shares the verse-only
system prompt (Section 4). In the rules-in-prompt
condition (Appendix F.2), the system prompt ad-
ditionally carries the form’s full specification, ren-
dered from the same specification file the grader
uses: syllables per line, bound tone positions, the
weight pattern, and the rhyme links.

C Grading prompts

Two grading steps use a language model: the sylla-
ble counter (count-of-record, Section 4.1) and the
binary content judge. We reproduce both prompts.

Syllable counter. Claude Opus 5.5 (claude-
opus-5-9, effort medium) is called through the An-
thropic API with 50 lines per request and this
prompt: “You are an expert in Thai prosody
(9um anwal) and phonology. For each num-
bered 159A (verse segment) below, count the PRO-
NOUNCED syllables (W&1d@) actually present
as written.” Conventions given: (1) count by
pronunciation, not written characters; (2) a si-
lenced N15u6 final adds no syllable (FuUns—1,
fne—1; sann—3); (3) §husin / ShusAy
131 i with an inserted half-vowel are separate
syllables (YUN—2, FUIY—2, FIN—2, YTA—2);
(4) a true cluster (80 145AV LLYN) is one syllable
(Uan—1, asasy—1, ws11—1); (5) a silent lead-
ing %#/9 before a low consonant is one syllable
(Wu1—1, 88— 1); (6) Sanskrit/Pali by Thai pro-
nunciation (NY#d—2, INY1—3, 5ITNYIE—3,
UNI1—2); (7) count all syllables, including across
internal spaces. The output is a JSON array giving,
for each line, the dot-separated syllable breakdown
and the integer count, which must equal the number
of syllables in the breakdown; where they disagree
we take the breakdown length. Each distinct line
is counted once and cached: 38,749 lines across
all composition runs (17,724 of them in the main
runs), of which three needed the breakdown rule.
On 212 hand-counted test items (106 words, each
alone and inside a line: 86 in categories where
counting goes wrong, namely silent finals, lead-
ing consonants with and without an inserted vowel,

true clusters, Pali—Sanskrit forms, and compounds,
plus 20 simple controls) the counter is exact on all
212. As a cross-check, Claude Opus 4.7, prompted
with the same conventions, independently counted
a 12,237-line subset and agrees on 98.8% of it.

Binary content judge. Claude Opus 5.5 (effort
medium) judges each poem in one API call with
this prompt: “You are an expert evaluator of Thai
poetry. Rate the poem on two axes, each an inte-
ger 1-5. TOPICALITY: does the poem address
the given topic? (1 off-topic; 3 passing mention;
5 substantively on-topic). COHERENCE: are the
Thai sentences intelligible and connected? (1 word
salad / a single word repeated; 3 locally grammat-
ical but disjointed; 5 fully coherent).” Hard con-
straints: do not judge syllable count, tone, A3/8%,
or thyme (graded separately); do not penalize rare
or archaic vocabulary; output JSON only. For scor-
ing we binarize: topical = topicality > 3, coherent
= coherence > 2 (i.e. not word-salad).

D Instrument validation

Human labels. A native Thai speaker with a doc-
toral degree and the standard Thai secondary-school
training in classical prosody labeled 176 items with
a written Thai rubric in a self-contained interface:
132 model poems spanning the score range, each
rated 1-5 for topicality and coherence with the
rubric of the content judge, and 44 word pairs, each
judged as rhyming or not by sound. The annotation
covers judgments a competent native speaker makes
reliably; it does not ask for aesthetic judgment. A
second native speaker, the second author, labeled
the same 176 items independently with the same
rubric and interface. The two raters agree on 42
of the 44 rhyme pairs (Krippendorff’s o = 0.88).
On the poems they use the 1-5 scales differently:
the second rater scores lower throughout (median
topicality 4 vs. 5, coherence 3 vs. 4), so ordinal
agreement on the full scales is near zero (o« = 0.04
and —0.01). On the binary cuts the benchmark uses
they agree on 91% of poems for on-topic and 95%
for not word salad (Cohen’s x = 0.49 and 0.44;
both raters label most poems positive, which keeps
x low). Raising the cut to 4 lowers their agreement
to x = 0.13 and 0.08: the raters disagree mainly
about where a well-formed poem sits in the upper
half of the scale and agree most on the floor cuts
the benchmark uses. Where they fall on opposite
sides of a benchmark cut (12 poems for on-topic, 7
for not word salad), the first rater re-examined the
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poem with both scores in view and set the label,
siding with the second rater in 8 of the 19 decisions.
With the poems on which the raters agree, these
adjudicated labels cover all 132 poems.

Rule checks. The tone and weight checks were
audited on hand-segmented canonical verse before
use: the tone check classifies all 11 bound mai-
ek and mai-tho positions of a canonical Khlong
stanza correctly, and the weight check all 22 pattern
positions of a canonical Chan stanza plus 24 hand-
labeled probe syllables (46/46). The rhyme check
is validated against both raters below.

Content judge. We compared three judges under
an identical prompt (Table 5): GPT-5.5 (medium
reasoning), Claude Opus 4.7, and Claude Opus 5.5
(medium effort), which scores the leaderboard.
Against the adjudicated labels, Opus 5.5 reaches
x = 0.64 on on-topic and 0.56 on not word salad
(agreement 95.5% and 97.7%), Opus 4.7 0.78 and
0.66, and GPT-5.5 0.64 and 0.00; each rater’s own
labels reach 0.69-0.74 and 0.66—0.70 against them.
GPT-5.5 never assigns the lowest coherence score:
poems the first rater scored 1 receive a mean of 3.5
from GPT-5.5 and 2.0 from Opus 4.7, so GPT-5.5
cannot flag word-salad output at all. Only 5 of the
132 poems are word salad under the adjudicated
labels, so that x moves with a single disagreement.
Against the individual raters, Opus 5.5 agrees with
the first more than the raters agree with each other
and with the second less. All judges disagree with
the raters mainly between scores 3, 4, and 5 of well-
formed poems, a distinction the benchmark does
not use, which is why we binarize.

Topicality Coherence

Comparison >3 >2 >3
GPT-5.5 vs. adjudicated 0.64 0.00 -
Opus 4.7 vs. adjudicated 0.78 0.66 -
Opus 5.5 vs. adjudicated 0.64 0.56 -
GPT-5.5 vs. rater 1 0.72 0.00 0.24
Opus 4.7 vs. rater 1 0.74 0.74 041
Opus 5.5 vs. rater 1 0.72 0.66 0.65
Opus 5.5 vs. rater 2 0.39 0.35 0.11
Rater 1 vs. rater 2 0.49 044 0.12

Table 5: Content-judge and inter-rater agreement (Co-
hen’s x, 132 poems). Topicality > 3 is on-topic, co-
herence > 2 is not word salad, and coherence > 3 is
acceptable. The benchmark uses the first two cuts, for
which adjudicated labels exist.

Rhyme checker. On the first rater’s 44 labeled
pairs, the rhyme checker reaches precision 1.000
and recall 0.941 (TP 32, FP 0, FN 2, TN 10); against
the second rater, precision and recall are both 0.969
(one error each way). It never accepts a pair the first
rater rejects. Its two misses are true rhymes hidden
by silent letters: W05 AWA-WY (tho-ra-sap—thap),
where the pair is given as a whole word (the grader
checks the final syllable @W#, sap, which it ac-
cepts), and tA85H-1T8@ (kiat—biat), whose silent
final is unmarked. Missed rhymes lower a model’s
rhyme score, so reported rhyme failure rates are, if
anything, slight overestimates.

E Model provenance

Table 6 lists the served checkpoints of the Thai-
trained models and their lineage. The three
8B models share the ThaiLLM-8B base, a con-
tinued pretraining of Qwen3-8B-Base on about
63B tokens of mostly Thai text (ThailLLM,
2025). Typhoon-S is post-trained from it di-
rectly (Pipatanakul and Taveekitworachai, 2026);
OpenThaiGPT (OpenThaiGPT and ThaiLLM Team,
2025) and THaLLE (KBTG Labs et al., 2026)
merge it with Qwen3-8B. Typhoon 2.5 is built on
Qwen3-30B-A3B (SCB 10X, 2025; Pipatanakul
et al., 2024). Qwen3-8B (Yang et al., 2025) is there-
fore the general model underneath all three 8B mod-
els.

Model Served checkpoint ~ Lineage
OpenThaiGPT openthaigpt- ThaiLLM-8B merged
thaillm-8b- with Qwen3-8B, then
instruct-v7.2 fine-tuned
Typhoon-S typhoon-s-thaillm- Post-trained  from
8b-instruct ThaiLLM-8B
THaLLE thalle-0.2-thaillm- Equal-weight merge
8b-fa of ThaiLLM-8B,
Qwen3-8B, and a
finance-tuned Qwen3-
8B
Typhoon 2.5  typhoon-v2.5-30b- Built on Qwen3-30B-
a3db-instruct A3B
Qwen3-8B qwen/qwen3-8b General base of the

three 8B models

Table 6: Thai-trained models and their base. The three
8B models are served through the ThaiLLM gateway,
Typhoon 2.5 through its developer’s API, and Qwen3-8B
through OpenRouter.

205



native thinking off
Model dlv. meter dlv. meter
DeepSeek V4 Pro 0.93 0.496 1.00 0.512
DeepSeek V4 Flash 0.93 0.415 1.00 0.472
Qwen3.6 35B-A3B  0.33 0.091 1.00 0.278
GLM 5.1 0.35 0.087 1.00 0.241
Qwen3-8B 1.00 0.233 1.00 0.214

Table 7: Thinking-disabled ablation for the open rea-
soning models on the 160 composition items (non-
delivery = 0). native columns repeat Table 3; both
meters use the count-of-record.

F Ablations
F.1 Thinking disabled

Five open reasoning models (DeepSeek V4
Pro/Flash, GLM 5.1, Qwen3.6, Qwen3-8B) can run
with thinking disabled. In native thinking mode,
GLM 5.1 and Qwen3.6 usually exhaust the token
budget on the chain of thought (delivery 0.35 and
0.33), and the two DeepSeek models occasionally
do. With thinking disabled (Table 7) every model
delivers all 160 poems, and the meter score rises
sharply for GLM 5.1 and Qwen3.6, whose native
scores were depressed mainly by non-delivery. For
the other three, the change is at most 0.06.

F.2 Rules in the prompt

Table 8 gives the full rules-in-prompt ablation.
With the specification in hand, GPT-5.5 satisfies
every count and tone rule it is given and nearly ev-
ery weight and rhyme rule. DeepSeek V4 Flash
gains on every dimension but remains far below.
Gemma 4 31B and OpenThaiGPT 8B barely change:
knowing the rules does not give them the ability to
satisfy all of them in one stanza.

G Robustness

Syllable counter. Table 9 recomputes every con-
figuration’s meter score with the dictionary tok-
enizer’s syllable count in place of the count-of-
record. No score moves by more than 0.021, and
the two rankings agree (Spearman p = 0.998) ex-
cept that MiniMax M2.7 and Qwen3.6, 0.002 apart
at the bottom, change places.

Weights. Re-ranking with equal weights on each
form’s bound dimensions agrees with the published
ranking at Spearman p = 0.993; the only changes
swap configurations at the bottom that differ by
at most 0.012 (GLM 5.1, MiniMax M2.7, and
Qwen3.6; Kimi K2.6 and THaLLE). Ranking by

the valid-stanza rate, which uses no weights, agrees
at p = 0.95; the nine weakest configurations write
no valid stanza and tie.

Repeated runs. Table 10 repeats the full compo-
sition set three times for eight configurations span-
ning the leaderboard. The ranking is identical in ev-
ery run. For six of the eight, the run-to-run standard
deviation is a fraction of a single run’s confidence
interval. DeepSeek V4 Flash and Qwen3-8B, both
served by third-party providers through a routing
service, scored lower in the two later runs, which
agree with each other; the earlier and later runs are
months apart, so we attribute the shift to changes
on the serving side (for DeepSeek, a lower delivery
rate) rather than to decoding variance.

Topic categories. Table 11 breaks the meter score
down by topic category. Category means differ by
at most 0.02 across all configurations, and within
each category the model ranking tracks the overall
one; the two festival topics (8 items) are too few to
rank the strong composers reliably.

H Qualitative analysis of failures

The error rates in Table 4 count failed rule-checks.
This appendix shows what those failures look like,
with annotated compositions from three capabil-
ity tiers: frontier (GPT-5.5, Gemini 3.5 Flash,
Claude Opus 4.7), mid (Gemma 4 31B, GPT-5.4-
mini, Claude Sonnet 4.6, DeepSeek V4), and the
Thai-trained 8B models (OpenThaiGPT, Typhoon-
S, THaLLE). For each failure type we show a stanza
from the composition set in which that type is the
main or only violation. We quote only the relevant
lines (wak), two per row as in print, with the syl-
lables at issue in bold, then give an English gloss,
the violation, and the grader’s verdict on the graded
stanza (syllable count from the count-of-record of
Section 4.1; meter score as in Table 3). Positions
are given as line and syllable numbers within the
stanza. Where a rate from Table 4 applies, the head-
ing gives it (% of rule-checks failed by the strong
composers of that table).

(a) A fully valid stanza. GPT-5.5 (high), Chan,
topic ﬂﬁi‘iﬁﬂ.jma\l 1% (the great forest in the morn-
ing).

ihluaiflwswsne  F5angosarenag

waa 300509  Seasnoseduing

“The great forest glimmers; auspicious rays cast their gold;

the morning sun glows; bright glints are strewn across the
woods.”
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Model Meter Valid count tone weight rhyme

GPT-5.5 (medium) 896 — .984 93 — 145 95— 1.00 .86 —1.00 .89 — .97 .84 — .97
Gemma 4 31B 7129 - .79 40—52 86 —.89 .67—.74 .61—.72 .63 — .65
DeepSeek V4 Flash 415 — .619 6 — 36 62— .82 24— .56 .60—.73 .27 — .57
OpenThaiGPT 8B tH  .246 — .256 0—1 27— .23 31— .28 64— .66 .09— .14

Table 8: Rules-in-prompt ablation: zero-shot — the same prompt with the form’s full specification (syllable counts,
tone positions, weight pattern, rhyme links) in the system prompt, 160 items each. Meter under the count-of-record;
Valid = stanzas satisfying every constraint (of 160); per-dimension columns = mean per-poem pass rate over delivered

poems (tone: Khlong only; weight: Chan only).

Model Record Tokenizer A
GPT-5.5 (high) 0.947 0.934 —0.014
GPT-5.5 (medium) 0.896 0.885 —0.011
Gemini 3.5 Flash 0.820 0.799 —0.021
GPT-5.5 (low) 0.800 0.790 —0.010
Gemma 4 31B 0.729 0.710 —0.019
Claude Opus 4.7 0.715 0.699 —0.016
GPT-5.4-mini 0.588 0.582 —0.005
DeepSeek V4 Pro 0.496 0.482 —0.013
Claude Sonnet 4.6 0.425 0.429 +0.004
DeepSeek V4 Flash 0.415 0.414 —0.001
Typhoon-S 8B TH 0.258 0.261 +0.003
OpenThaiGPT 8B tH  0.246 0.252 +0.006
Qwen3-8B 0.233 0.234 +0.001
Typhoon2.530B Tt  0.219 0.220 +0.001
THaLLE 8B tH 0.155 0.160 +0.004
Kimi K2.6 0.143 0.142 —0.001
MiniMax M2.7 0.093 0.092 —0.001
Qwen3.6 35B-A3B 0.091 0.093 +0.002
GLM 5.1 0.087 0.088 0.000

Table 9: Meter score with the syllable count taken
from the count-of-record (Record) versus the dictio-
nary tokenizer (A = tokenizer — count-of-record). Max
|A| = 0.021; Spearman p = 0.998 between the two
rankings.

All four lines have the required 5, 6, 5 and 6 sylla-
bles, all 22 syllables match the weight pattern H-H-
L-H-H | L-L-H-L-H-H (H heavy, L light), and both
rhyme links hold (W31¥ phrai with §1¥ sai, Na4
thong with 984 rong). Verdict: count 4/4; weight
22/22; rhyme 2/2; meter 1.00. The light slots hold
short syllables such as fi ko, 9% cha, §-3 si-ri and
3¢-02 ra-da. In the 27 Chan stanzas that GPT-5.5
(high) gets fully right, 121 of the 216 light slots
hold one of six short function words (9% cha, tW na,
§ mi, f ko, 8z la, oz lae).

(b) One rhyme link short of valid (Chan rhyme,
57%). GPT-5.5 (low), Chan, topic £)6) W (the rainy
season).

NUNAIAZWIWNNTIY  Hazureazauny
ANLTUNZADIIU fazd1vaznaus

“Rain pours down, glittering, its streams never breaking off;
the cool wind drifts and eddies, never without the scent of
earth.”

Model Runl Run2 Run3 Mean £+ SD Rank
GPT-5.5 (medium) 0.896 0.888 0.897 0.894 +0.004 1/1/1
Gemini 3.5 Flash 0.820 0.818 0.819 0.819 +0.001 2/2/2
Gemma 4 31B 0.729 0.755 0.753 0.74540.014 3/3/3
GPT-5.4-mini 0.588 0.569 0.592 0.583 £0.012 4/4/4
DeepSeek V4 Flash  0.415 0.268 0.277 0.320 £0.082 5/5/5
Typhoon-S 8B T 0.258 0.263 0.263 0.261 £ 0.003 6/6/6
OpenThaiGPT 8B ta  0.246 0.247 0.229 0.241 £0.010 7/7/7
Qwen3-8B 0.233 0.190 0.201 0.208 +0.022 8/8/8

Table 10: Run-to-run replication: three independent gen-
eration passes over the 160 composition items with iden-
tical decoding settings; run 1 is the original evaluation
run and runs 2 and 3 were generated together, months
later. Scores are mean meter scores (non-delivery = 0)
with the count-of-record in every run. Rank = position
among the replicated configurations in runs 1/2/3. The
ranking of the 8 configurations is identical in every run
(Spearman p = 1.00). For 6 of the 8 configurations the
standard deviation across runs (0.001-0.014) is 3—43%
of the item-bootstrap 95% CI half-width of a single
run (0.025-0.045). DeepSeek V4 Flash and Qwen3-8B,
served by third-party providers through a routing service,
score lower in runs 2 and 3 than in run 1, while runs 2
and 3 agree within 0.011; a run-1 versus later-run shift
of this size exceeds the single-run CI half-width.

The first link requires the last syllable of line 1,
W3Y (phrai), to thyme with syllable 3 of line 2,
which is ¥16 (khat). A thyming word, §1¥ (sai), is
present but sits in slot 5. Verdict: count 4/4; weight
22/22; rhyme 1/2; meter 0.85. Twenty-seven of the
stanza’s 28 checks pass, yet it is not valid. The
pattern recurs among strong composers: of their 77
Chan stanzas with perfect count and weight, 22 fail
a rhyme link (the two links fail in 59% and 55%
of their stanzas). Because validity requires every
check to pass, GPT-5.5 (high), with a meter score
of 0.947, still writes an invalid stanza for 39 of its
160 items, 13 of them among its 40 Chan items.
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strong composers all
Category Topics Khlong Klon Kap Chan all all
nature 13 729 901 .780 .678 .772 .438
abstract 11 .767 951 .773 .680 .793 .444
emotion 6 747 917 .760 .681 .776 .430
everyday life 5 .826 914 .860 .676 .819 .449
seasons 3 .804 .895 .771 .702 .793 .441
festivals 2 734 929 779 591 758 .428
all 40 760 920 .784 .676 .785 .440

Table 11: Mean meter score by topic category (each topic
is prompted in all four forms). Strong composers = 7
configurations (GPT-5.5x3, Gemini, Opus 4.7, Gemma,
GPT-5.4-mini); all (last column) = the 19 configurations
of Table 3. Non-delivery = 0.

(c) Tone mark one slot early (Khlong tone, 26%).
Gemini 3.5 Flash, Khlong, topic ‘]‘J‘W‘Iﬂﬂqj RFL
(the great forest in the morning); the whole stanza.

giuadauiin 1599994
HANDNTINTNYDANDY  LWTALLNGD
TIANRYINNYAUDY  UREINED
thilnajduueunds  lanfiuizele

“The sun lights the sky, radiant; forest mist sprinkles the
golden treetops, resplendent; dew drips and pools over the
land; the great forest has woken, and the world revives in

Jjoy.’

In Khlong, line 4 (the end of the second row) must
end with an ek syllable then a tho syllable, and line 6
(the end of the third row) with a free syllable then
an ek syllable (a dead syllable counts as ek). The
poem ends line 4 correctly (W5 phroet, a dead
syllable, then ttW57 phraeo with mai-tho) but gives
line 6 the same shape: the mai-ek falls on L8\
laeng, one slot early, and the required ek slot holds
1187 la, which carries mai-tho. Verdict: count 8/8;
tone 10/11; rhyme 3/3; meter 0.96. This slot (line 6,
syllable 2) is the most-failed tone position among
strong composers (35%). Gemini 3.5 Flash misses
it in 25 of its 40 Khlong poems, 20 times with the
mai-ek on the syllable before.

(d) Near-miss rhyme (Kap rhyme, 30%). GPT-
5.4-mini, Kap, topic AN LAS [UEINNAAWSIN
(sorrow at parting); lines 1-2.

YIUNTINDINFOUEW  (DuifoudelFuaonts
“Parting brings grief beyond measure; the heart is parched
and barren, without a ray of hope.”

Syllable 3 of line 2 must rhyme with (L& (saen).
LAY (laeng) has the same vowel Lt- but closes with
J (-ng) instead of U (-n), so the rime differs. Verdict:
count 4/4; thyme 1/2; meter 0.70.

(e) Hidden syllables in a Sanskrit compound
(Kap count, 9%). DeepSeek V4 Pro, Kap, topic

T30 Whgadiu (lasting friendship).

HOSNMLUULUIUIY  1WFsUIUNEn LT
Faumndsiuguwats  Giaswanasieniele
“Friendship, close and lasting, is like a heavy task made light;
sharing sorrow and joy, having friends builds the heart’s
path.”
On its own @3 is one syllable (mit), as in line 4,
but the compound 650N is read mit-tra-phap,
with an unwritten linking syllable, so line 1 has 6
syllables where Kap needs 5. Verdict: count 3/4;
rhyme 2/2; meter 0.90 (1.00 under the dictionary
tokenizer, which splits the word as H&5-AIW, mit-
phap). Implicit vowels (87979 read sa-wang) and
Sanskrit-Pali words (UgW read pa-tha-phi, g1
read nai-ya-na) cause the same drift elsewhere.
About a fifth of strong composers’ count failures
in Khlong (18%) and Kap (23%) are lines that the
dictionary tokenizer accepts but that are too long
as pronounced.

(f) Heavy syllables in light slots (Chan weight,
23%). DeepSeek V4 Flash, Chan, topic A3INWII
Tusulnsi (hope for a new day).

Wotharedeuuas  Uszuitaudenaruuiolual
tusuiiale azfnalulinduinse

“As the sky brightens and the light shines, as if announcing a
new hope; on this day, with a willing heart, I will step forward
without fear.”
Counts and rhymes are all correct, but six of the
stanza’s eight light slots hold heavy syllables: a final
consonant (814 sang, ﬂﬁﬂ nueng, @114 khwam),
a long vowel (ﬁ ni, 877 kao), or the vowel 1- (Iaj
mai). Verdict: count 4/4; weight 16/22; thyme 2/2;
meter 0.86. This is the dominant kind of weight
error: 64% of strong composers’ weight failures
put a heavy syllable in a light slot rather than the
reverse.

(g) Degenerate repetition. Typhoon-S 8B, Kap,
topic WI£IUNSLEANA (the full moon); lines 1-2.
staﬁ:um"lﬁulma'aaa'l,@iufl]m\?ﬂ'l
wadavdavdavdavHavddIdY
“The full moon floats bright in mid-sky;, light shines shines
shines shines shines shines shines.”
Line 2 repeats one syllable seven times. All four
graded lines have eight syllables, the length of a
Klon line, where Kap needs 5 and 6, and neither
rhyme link holds. Verdict: count 0/4; rhyme 0/2;
meter 0.00. Repetition of this kind (a syllable four
or more times in a row, or a line three or more
times) appears in 29% of OpenThaiGPT’s delivered
poems, 16% of Typhoon-S’s and 9% of THaLLE’s,
and in none from the frontier and mid tiers. On the
same item, OpenThaiGPT repeats a single line 190
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times until generation is cut off. The line lengths are
also typical: 66% of the Thai 8B models’ graded
Kap and Chan lines have the 7-9 syllables of a Klon
line (1% for frontier models).

I Supplementary tasks: filling and
repairing stanzas

The benchmark and its leaderboard cover compo-
sition. As a supplementary study, we apply the
same grader to two tasks that start from a valid
stanza. Their items derive from only 51 source
stanzas, so we report them separately rather than
on the leaderboard. Cloze (filling) blanks one or
two meter-bearing positions ( ): a rhyme
source, a mai-ek slot (Khlong), or a light or heavy
slot (Chan). The model returns the completed
stanza (“D9 L6 W frfimnely ( ) luunday
nsovdallil [Hgndosaudunanualuazaay
Wy uddsuuniiauysal ueasITIATULTS
[ @T‘mi”; “Fill in the missing words ( ) in the
following verse so that it is correct in prosody and
meaning, then write out the complete stanza with
each line on a new line”). Editing (repairing) in-
jects one violation: a required tone mark is removed
(Khlong), or the heavy syllable 41 (ma) replaces
a light one (Chan). The model returns the cor-
rected stanza (“UnosnsavsalUiidofionaia
dudundnsal 2o ud o lga dos win @ouy
i ududaludioun ueazassaduussiio v
“The following verse contains a prosodic error. Cor-
rect it, then rewrite the whole corrected stanza with
each line on a new line”). Klon and Kap bind no
tone or weight rule, so editing covers Khlong and
Chan. Both tasks use the verse-only system prompt
of Section 4, and each model keeps its composition
settings.

Examples. Cloze (Klon): tiaautgilinniio
o A9 7 wiiou (e e Tu Tud e

/ vy nau fu ndu wa 11 wuule / Yan ilu

9@ usuiuaedi (“The morning wind blows over
the wide field, / as if opening the way for a new day
to be , / carrying the scent of earth and grass
to the heart, / waking dreams to greet the sun”). The
blank ends the second line, so it must rhyme with
[ (chai) at the end of the third; the original has

& (sai, “bright”), which shares its rime -ai. Edit-
ing (Khlong, last two lines): the input reads 1J5g
Towiioaanlé / Wavtangwu (“so benefit can grow

/ for all the people”), where e (thua, “all, through-
out”) has lost its mai-ek; the first syllable of the last

line requires one, and the minimal fix restores 917.

Source stanzas. To limit memorization, cloze
and editing use only stanzas that have never been
published. They come from two sources: stan-
zas the second author wrote as secondary-school
coursework (student stanzas), used verbatim (we
supply only their syllable segmentation), and stan-
zas composed by Claude Opus 4.7, screened for
syllabification errors and invented words. Every
stanza must satisfy all rules of its form under its
syllable segmentation (meter score 1.0). Of the
student stanzas, 2 of 10 Khlong (the others mis-
place tone marks), 13 of 14 Klon and 15 of 20 Kap
qualify; none fits the Chan template. Per form we
take up to 12, 14, 20 and 12 stanzas (Khlong, Klon,
Kap, Chan), student stanzas first, giving 51 stan-
zas: 30 student-written (2/13/15/0) and 21 model-
composed (10/1/5/5). Each stanza yields up to four
cloze items blanking different positions (six for
Chan, the smallest pool) and up to four editing items
with the fault in different slots (every light slot for
Chan); a fault is kept only if it breaks the meter.
This gives 160 cloze items (48/42/40/30) and 74
editing items (48 Khlong, 26 Chan). Seven further
model-composed stanzas (Klon 4, Kap 3; 18 cloze
items) are used only to compare the two sources.

Scoring. Outputs are cleaned as in composition;
if an output has more lines than the stanza (e.g. a
verse preface explaining the fix), we grade the win-
dow of lines that best matches the prompt. The
returned stanza is scored with the meter grader of
Section 4.1 (same weights, best of the two layouts).
Syllables the output shares with the prompt keep the
segmentation we supply for the source stanza; new
material (a fill or an edited stretch) is segmented
with the dictionary tokenizer of Section 4.1. A
faithful restoration of the source thus scores ex-
actly 1.0. Segmenting whole outputs with the to-
kenizer instead lowers solve rates (GPT-5.5 cloze:
68 — 47%) because it mis-splits retained source
words; it changes the order of models only between
models less than one point apart. An output is valid
if its meter score is 1.0, and solved if it is valid
and faithful to the prompt: in cloze, every given
syllable is kept and every blank is filled; in editing,
every line other than the faulty one is unchanged.
A non-delivery counts as neither. Items built from
the same stanza are correlated, so 95% confidence
intervals come from a cluster bootstrap over source
stanzas (2,000 resamples).
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Composition Cloze: solved (%) Editing: solved (%) Edit.

Model meter valid Khlong Klon Kap Chan All [95%cC1] Khlong Chan All [95% C1]  valid
items 160 160 48 'y} 40 30 160 48 26 74 74
GPT-5.5 (medium) 0.896 58.1 52 95 78 40 68 (59,77) 21 15 1919.30] 50
Gemini 3.5 Flash 0.820 38.1 33 98 85 53 67 (58,76 2 4 3107 20
Gemma 4 31B 0.729 25.0 15 64 30 27 342642 2 0 110,41 9
DeepSeek V4 Flash 0415 3.8 8 60 50 13 33 2443 0 0 0700 1
Typhoon-S 8B TH 0.258 0.0 6 31 18 13 17111,23] 21 0 14 [4,26] 14
OpenThaiGPT 8Bt 0.246 0.0 8 26 8 3 12 7,18] 10 0 71015 8
Qwen3-8B 0.233 0.6 8 19 12 10 1218,17] 2 0 1 10,41 3
Typhoon 2.530BTH 0.219 0.0 2 31 10 3 12 [7,18] 4 0 309 3

Table 12: Cloze and editing results (% of items). Composition: the model’s meter score and share of fully valid
stanzas on the composition task (Table 3). Solved = the returned stanza satisfies every rule of its form (meter score
1.0) and is faithful to the prompt; Edit. valid = meter score 1.0 regardless of changes elsewhere in the stanza. Brackets:
95% cluster-bootstrap Cls over source stanzas. A non-delivery (token budget exhausted) counts as unsolved; it mainly
affects DeepSeek V4 Flash (24% of cloze and 50% of editing items). Bold: best in each column. TH = Thai-trained.

Findings. Cloze follows the composition ranking
up to near-ties: GPT-5.5 and Gemini solve 67-68%
of cloze items, Gemma and DeepSeek 33-34%, and
the Thai-trained models and Qwen3-8B 12-17%
(Table 12). Cloze is easier than composition for
every model: GPT-5.5 solves 68% of cloze items
but composes a fully valid stanza 58% of the time,
and the four 8B-30B models, which almost never
compose one, solve 12—17%. Difficulty follows
the forms as in composition: Klon is the easiest
form for every model, while Khlong and Chan stay
hard (8-53% for the four stronger models); within
Chan, these models satisfy 86% of blanked heavy
slots but only 28% of light slots. Editing is the
hardest mode and reorders the models. The four
stronger models restore the missing Khlong tone
mark in 65% of delivered outputs, but they also
rewrite lines that had no error: GPT-5.5 returns a
valid stanza for 50% of editing items yet solves 19%,
and Gemini 20% versus 3%. Every valid Typhoon-
S edit is also minimal, so it matches GPT-5.5 on
Khlong (21%). A heavy syllable in a Chan light
slot is rarely repaired (20% of delivered outputs for
the four stronger models, 3% for the Thai-trained
ones). The source of the stanza does not change this
picture: in cloze, the four stronger models do better
on student-written Klon (79 vs. 68%) and worse on
student-written Kap (58 vs. 72%) and Khlong (25 vs.
28%) than on model-composed stanzas; in editing
they rewrote the model-composed Khlong stanzas
more often (solved 4 vs. 19%), a comparison that
rests on two student stanzas.
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