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Abstract

The assertion that “brevity is the soul of wit”
has become proverbial in discussions of effec-
tive communication. We test this hypothesis
using 570,634 jokes from Reddit’s r/Jokes com-
munity and a cross-platform comparison of
22.1 million posts across 10 subreddits. Longer
posts receive more upvotes across all of Reddit,
not just jokes, indicating the baseline length-
score correlation reflects platform dynamics
rather than humor-specific effects. However,
we find a pattern unique to humor: the length-
score correlation disappears entirely for top-
performing jokes, while every non-humor sub-
reddit retains a positive correlation for its best
content. For genuine wit, length is irrelevant,
which is a property that distinguishes humor
from other content types tested. Temporal anal-
ysis reveals winner-take-all consolidation. As
Reddit matured, long jokes’ median scores
dropped 71% while mean scores increased
6.8, indicating most long jokes now fail while
rare successes dominate.

1 Introduction

The relationship between brevity and effective-
ness has been debated since at least Shakespeare
(2016)’s Hamlet, where Polonius declares that
“brevity is the soul of wit.” This aphorism has be-
come influential in writing instruction. Strunk and
White (2000)’s foundational The Elements of Style
enshrines conciseness as a core principle and in
communication theory, where message length can
function as a peripheral cue affecting persuasion
(Petty and Cacioppo, 1986), but the specific case
of humor has had relatively limited empirical atten-
tion. As such, we focus here on text-based jokes
posted to a dedicated humor forum.
Understanding what factors contribute to humor
success has practical implications for natural lan-
guage generation, particularly humor generation
systems (Weller and Seppi, 2020), which remain

challenging despite advances in language model-
ing. If brevity indeed enhances wit, systems should
optimize for conciseness. However, if the rela-
tionship differs from conventional wisdom, this in-
forms both generation strategies and training data
selection.

We test this hypothesis using 570,634 jokes from
Reddit’s r/Jokes subreddit spanning 2008-2020, us-
ing crowdsourced upvotes as a proxy for perceived
humor, and a cross-platform comparison of 22.1
million posts across 10 subreddits. This dataset en-
ables analysis at scale compared to typical humor
studies (which use hundreds to thousands of exam-
ples), and provides ecological validity through real-
world engagement metrics rather than elicited labo-
ratory ratings. We operationalize “wit” as humor
that succeeds with an audience, measured through
community engagement, while acknowledging that
Shakespeare’s concept encompasses broader no-
tions of cleverness and verbal dexterity. We focus
specifically on text-based canned jokes posted to
a dedicated humor forum and our findings should
not be generalized to conversational, performative,
or multimodal humor, where brevity may function
differently.

Our findings reveal that longer posts receive
more upvotes across all of Reddit, not just jokes, in-
dicating the baseline length-score correlation (r =
+0.165) reflects platform dynamics rather than a
humor-specific effect. However, we identify a pat-
tern unique to humor. The correlation disappears
entirely for top-performing jokes (r = —0.007
for the top 1%), while every non-humor subred-
dit retains a positive correlation for its best con-
tent. Temporal analysis reveals platform matura-
tion transformed the length-score relationship into
winner-take-all dynamics, with implications for un-
derstanding selection bias in humor datasets.
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2 Related Work

Computational Humor Early work on auto-
matic humor recognition used small datasets with
hundreds of examples (Mihalcea and Strapparava,
2005). Recent advances employ deep learning
(Chen and Soo, 2018) and pretrained language mod-
els (Weller and Seppi, 2019) on larger datasets.
Theoretical frameworks for joke classification have
drawn on script-based and incongruity theories
to categorize humor types (Ahuja et al., 2018),
though computational operationalization remains
challenging. Humor generation has progressed
from template-based approaches (Stock and Strap-
parava, 2005) to neural methods (He et al., 2019;
Yu et al., 2018), though generating funny text re-
mains challenging. Weller and Seppi (2020) intro-
duced the r/Jokes dataset with 573k jokes, which
we use here. However, their focus was detection
rather than characterizing humor dynamics. Re-
cent work has explored LLM capabilities for hu-
mor (Jentzsch and Kersting, 2023), but generation
quality remains limited.

Social Media and Humor Engagement Re-
search on content virality has identified factors
affecting success, including emotional arousal
(Berger and Milkman, 2012), timing (Muchnik
et al., 2013), and social influence (Salganik et al.,
2006). On Twitter, link and hashtag presence (Suh
et al., 2010). Reddit-specific work has examined
title effects (Lakkaraju et al., 2021), and linguis-
tic features (Gilbert, 2013). At the intersection
of humor and social media, Yang et al. (2021)
use Facebook reactions as crowdsourced humor
labels on 785k posts, demonstrating that platform
engagement signals can serve as scalable humor
proxies beyond Reddit. Zeng et al. (2024) incorpo-
rate social context graphs for humor recognition on
Weibo, finding that engagement patterns differ sys-
tematically between humorous and non-humorous
content. However, no prior work has examined
how the relationship between content length and en-
gagement evolves as platforms mature, or whether
length-engagement patterns differ across content

types.

Length and Engagement Research on the rela-
tionship between message length and success in
social media has produced mixed findings. Glig-
ori¢ et al. (2018) exploit Twitter’s expansion from
140 to 280 characters as a natural experiment, find-
ing that the added space changed writing style but

had complex effects on engagement. Gligoric et al.
(2019) extend this to establish causal effects of
brevity on social media success. Jaidka et al. (2019)
find that Twitter’s character constraint shapes po-
litical discussion dynamics. Tan et al. (2014) use
topic- and author-controlled natural experiments
to isolate wording effects on message propagation.
These studies employ quasi-experimental designs
enabled by platform-specific affordances (Twitter’s
character limit change). Our work complements
this line of research with a correlational approach
on a platform without character constraints, focus-
ing specifically on how length-engagement dynam-
ics differ between humor and non-humor content.

3 Data and Methods

We use the r/Jokes dataset (Weller and Seppi, 2020),
consisting of 1,064,928 jokes scraped from Red-
dit’s r/Jokes subreddit (January 2008 - December
2020). We remove posts marked [deleted] or [re-
moved] (492,065 jokes), filtering for valid content,
and removing extreme outliers (< 20 or > 5000
characters). Our final dataset contains 570,634
jokes with valid scores.

Each joke includes: (1) title and body text, which
we concatenate as the full joke; (2) upvote score,
representing aggregated community assessment;
(3) timestamp. Jokes range from 20 to 4,995 char-
acters (mean=232, median=97) and scores range
from O to 136,353 (mean=218, median=5).

We use Reddit upvotes as a proxy for perceived
humor, following Weller and Seppi (2020). While
upvotes are influenced by factors beyond humor
quality (timing, visibility), they represent aggre-
gated judgments from thousands of readers in nat-
ural consumption contexts. Within a dedicated
humor forum, it is reasonable to assume that per-
ceived funniness is a primary driver of this engage-
ment. Therefore, while noisy, this metric reflects a
joke’s ability to succeed. The scale of our dataset
(570k jokes) and temporal stability of findings (9
years) suggest the signal-to-noise ratio is sufficient
for robust analysis. This approach provides ecolog-
ical validity and scale infeasible with annotation.

We compute Spearman correlation between joke
length (character count) and upvotes to measure the
overall relationship. To examine functional form,
we bin jokes by length into deciles and compute
mean scores per bin. We assess temporal stabil-
ity by repeating analyses within each year (2011-
2019, excluding years with < 1000 jokes). To
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test whether the relationship differs for successful
jokes, we compute correlations within score quan-
tiles (top 50%, 25%, 10%, 5%, 1%). All statistical
tests use two-tailed significance at a = 0.05.

4 Results

4.1 Positive Correlation

Contrary to Shakespeare’s hypothesis, longer jokes
receive more upvotes (Spearman r = +0.165, p <
0.001; Pearson r = +0.046, p < 0.001). Figure 1
shows a consistent increase across length deciles:
the longest decile (626-4,995 characters) scores
6.1x higher than the shortest (20-53 characters),
with mean scores of 473 vs 77 upvotes respectively.
The divergence between the Spearman correla-
tion and the near-zero Pearson correlation suggests
a highly non-linear nature to this relationship. A
linear model fails entirely, as the trend is dominated
by the power-law distribution of scores, a dynamic
we explore further below. However, the effect size
is small. Length explains only 2.7% of score vari-
ance, and Cohen’s d = 0.140 when comparing the
shortest vs longest quartiles, classified as negligi-
ble. This suggests that while length correlates with
success, it is not a primary determinant of humor.

4.2 Top Jokes Differ

The length-score relationship varies dramatically
by success level (Figure 2). For all jokes, r =
+0.165, but this weakens progressively for higher-
scoring subsets: top 10% (r = +0.070), top 5%
(r = 4+0.039), and top 1% (r = +0.010, effec-
tively zero). This suggests that while length corre-
lates with average performance, it becomes irrele-
vant for viral humor, where quality dominates.

Mean length also increases with score thresh-
old (all jokes: 232 chars; top 1%: 398 chars), but
the correlation collapse indicates this reflects con-
founding factors (longer jokes may have more op-
portunities for quality) rather than length directly
causing success at the top.

4.3 Winner-Take-All Over Time

Analysis across nine years (2011-2019) reveals
consistent positive correlations (mean r = 0.200,
std=0.063, all years positive), but dramatic distri-
butional changes. For long jokes (> 400 chars),
median scores decreased 71% (46 — 13 upvotes)
while mean scores increased 6.8x (92 — 631 up-
votes). Distribution skew increased from 2.0x to
49 x (mean/median ratio).

Figure 3 illustrates this transformation. Early
Reddit (2011) shows relatively normal distribution,
where most long jokes received moderate success.
Mature Reddit (2019) exhibits extreme power law:
most long jokes score poorly, but rare successes
achieve extreme scores. This winner-take-all pat-
tern emerged as Reddit scaled from niche com-
munity (100k subscribers in 2011) to mainstream
platform (20M subscribers by late 2020).

4.4 Cross-Subreddit Comparison

To test whether the positive length-score correlation
is specific to humor or reflects broader platform
dynamics, we computed length-score correlations
across 10 subreddits using Pushshift data (Baum-
gartner et al., 2020) (22.1M posts, 2012-2018,
same filtering as our primary analysis). The posi-
tive correlation is not specific to r/Jokes, we find
that subreddits such as r/nosleep (r = +0.418),
r/tifu (r = +0.399), and r/todayilearned (r =
+0.334) show substantially stronger effects (Ta-
ble 7 in Appendix E). This indicates the base-
line correlation reported earlier reflects platform-
wide dynamics rather than a humor-specific phe-
nomenon.

However, the correlation decay for top-
performing content is unique to humor. At the
top 1% by score, every non-humor subreddit re-
tains a positive length-score correlation, while
r/Jokes reaches effectively zero (r = —0.007,
t = —0.61, p = 0.54, n ~ 7,938; Table 8 in
Appendix E). Against the non-humor distribution
(mean r = +0.077, std= 0.036), r/Jokes is a signif-
icant outlier (z = —2.32). While Reddit generally
rewards length across all content types, the best
humor is uniquely length-independent.

5 Discussion

The cross-subreddit comparison provides context
for the r/Jokes only findings. The overall positive
correlation between length and upvotes in r/Jokes is
not by itself evidence that longer jokes are funnier,
but it is consistent with a general Reddit tendency
to reward longer content, likely reflecting algo-
rithmic sorting, self-selection, and effort signaling.
However, the uniquely humor-specific correlation
decay for top content suggests that for genuine wit,
length simply does not matter. This property distin-
guishes humor from every other content type tested.
Correlationally, the best stories, explanations, and
opinions still benefit from length, but the best jokes
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Figure 1: Average upvotes by joke length decile. Longer
jokes receive higher scores. Each decile contains ap-
proximately 57,000 jokes.
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Figure 3: Distribution shift for long jokes (> 400 chars)
from 2011 to 2019. Early Reddit shows relatively nor-
mal distribution (median=34, mean=78, skew=2.3 X).
Mature Reddit shows extreme power law (median=12,
mean=588, skew=49 x), indicating that most long jokes
fail, but successful ones dominate.

do not.

The apparent vanishing effect for top jokes could
have interesting implications for training humor
generation systems. Standard practice in humor
detection uses upvote thresholds to define success-
ful jokes for training (Weller and Seppi, 2019,
2020), assuming highly-upvoted examples repre-
sent “good” humor. However, these examples come
from the tail of a power law distribution as they are
outliers, not typical successes. This may partially
explain why humor generation remains challenging
(Jentzsch and Kersting, 2023), namely that models
learn from exceptional cases that may not general-
ize.

Additionally, the winner-take-all dynamics sug-
gest length is not a reliable optimization target.
While longer jokes have higher mean success, most
fail. It is apparent that content quality matters far
more than length for viral success, but the attribu-
tion of content quality remains a challenge.
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Figure 2: The length-score correlation weakens for high-
performing jokes, approaching zero for the top 1%.

The transformation from normal to power law
distribution reflects broader patterns in digital plat-
forms, where algorithmic amplification and at-
tention scarcity create winner-take-all dynamics
(Frank and Cook, 1995; Weng et al., 2012). As
Reddit scaled, early success signals created posi-
tive feedback loops (Muchnik et al., 2013), raising
the effective “cost” of long jokes: most fail, but the
few that succeed do so because their quality justi-
fies the reader’s investment, producing the extreme
mean/median split observed. This has methodolog-
ical implications for social media research: raw
engagement metrics should be interpreted in con-
text of platform temporal dynamics, as comparing
2011 and 2019 jokes using raw upvotes would be
misleading.

6 Conclusion

We test the claim that “brevity is the soul of wit”
using 570,634 Reddit jokes and a cross-platform
comparison of 22.1 million posts across 10 sub-
reddits. The positive correlation between length
and upvotes (r = 40.165) is not humor-specific
as it exists across all of Reddit, reflecting platform
dynamics rather than humor mechanics. However,
we identify a pattern unique to humor, where the
length-score correlation vanishes entirely for top-
performing jokes (r = —0.007 for the top 1%),
while every non-humor subreddit retains a positive
correlation for its best content. For genuine wit,
length is irrelevant.

Temporal analysis reveals winner-take-all con-
solidation as Reddit matured, and long jokes’ me-
dian scores dropped 71% while mean scores in-
creased 6.8x. This has implications for humor
generation systems, which should focus on qual-
ity rather than length optimization, and for dataset
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construction, as highly-upvoted examples repre-
sent power-law outliers rather than typical humor
success.

Limitations

Our study has several limitations. Reddit upvotes
are an imperfect humor proxy, influenced by tim-
ing, visibility, and community dynamics beyond
pure funniness. Additionally, Reddit upvotes re-
flect both perceived quality and visibility, and we
cannot fully disentangle these factors. Joke visi-
bility is influenced by Reddit’s ranking algorithm,
which promotes content based on early engagement
signals and may differentially affect posts of differ-
ent lengths. It is possible that longer jokes receive
more visibility through algorithmic amplification,
or conversely, that the greater time investment re-
quired to read them suppresses casual engagement.
View counts, which would allow normalization for
exposure, are not available through Reddit’s API
or in the dataset.

The positive length-score correlation is consis-
tent across nine years (2011-2019), during which
Reddit’s ranking algorithm underwent multiple
changes, suggesting the pattern is not purely an
artifact of any single algorithmic regime. Never-
theless, disentangling the contributions of humor
quality, algorithmic visibility, and reader invest-
ment to the observed correlation remains an open
question that would require platform-level data to
resolve.

Results may not generalize beyond Reddit’s pre-
dominantly young, western, male-skewed demo-
graphic, or beyond English text-only jokes to other
humor modalities such as conversational, perfor-
mative, visual, or video humor. Cross-platform and
multilingual studies would also strengthen external
validity.

We measure correlation, not causation. While
length correlates with success, we cannot conclude
length causes higher scores. Controlled experi-
ments (posting jokes of different lengths while con-
trolling content) would be needed for causal claims,
though such interventions raise ethical concerns
about platform manipulation.

Finally, our analysis focuses on length as a sin-
gle feature. Future work could examine interac-
tions with other features (topic, structure, linguistic
complexity) to provide more comprehensive under-
standing of humor dynamics.

7 Ethical Considerations

This research uses publicly available Reddit data
accessed through the preprocessed dataset (Weller
and Seppi, 2020). No personally identifiable infor-
mation is included. All jokes remain anonymous,
with only upvote counts and timestamps analyzed.
We acknowledge that humor can reflect societal
biases, but our focus on length rather than content
minimizes potential harms.
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1,000 jokes per year for temporal analysis. We
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alternative thresholds.
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or [removed] filtering). The 5,000-character max-
imum removes 545 posts (0.05% of the dataset).
The 1,000-joke yearly minimum excludes years
with insufficient data for stable correlation esti-
mates in 2008 (63 jokes), 2009 (185), 2010 (431),
and 2020 (339).

Table 1 and Table 2 show that the Spearman
correlation remains stable across all reasonable
minimum and maximum thresholds, ranging from
r = +0.14 to +0.17. The direction never reverses,
and effect sizes remain consistently small (Cohen’s
d < 0.20) across all split points tested (Table 3).

Min Length n Spearmanr Mean Score

0 608,910 +0.165 197.5

10 581,498 +0.166 205.6

20 570,634 +0.165 217.6

30 556,498 +0.165 221.2

50 498,271 +0.159 236.9

75 413,652 +0.149 262.6

100 341,908 +0.152 288.5

Table 1: Sensitivity to minimum length threshold (max-
imum fixed at 5,000). Bold indicates the threshold used
in the paper.

Max Length n Spearmanr Mean Score

500 520,870 +0.144 188.7

1,000 558,283 +0.159 207.8

2,000 567,577 +0.165 2159

3,000 569,569 +0.166 217.2

5,000 570,634 +0.165 217.6

10,000 571,029 +0.166 217.7
50,000 571,179 +0.165 217.7

Table 2: Sensitivity to maximum length threshold (min-
imum fixed at 20). Bold indicates the threshold used in
the paper.

Split Short (<) Long (>) A Mean Cohen’s d
P10 vs P90 35 chars 524 chars +305.8  0.189
P20 vs P80 46 chars 332 chars +236.1 0.154
P25 vs P75 53 chars 266 chars +200.3  0.140
P33 vs P67 63 chars 192 chars +148.2  0.109

Table 3: Effect sizes across different quartile/percentile
splits. All values fall in the “small” range (d < 0.20) by
conventional standards.

B Word Count Robustness

To verify that our findings are not an artifact of the
character count operationalization, we replicate all
core analyses using word count. Table 4 summa-
rizes the comparison. All findings are substantively

identical. The Spearman correlation, effect size,
and correlation decay pattern are consistent across
both metrics.

Metric Char Count Word Count
Spearman r +0.165 +0.168
Pearson r +0.046 +0.048
R? (Spearman) 2.7% 2.8%
Cohen’s d (Q1 vs Q4) 0.140 0.142
Correlation decay by score quantile:

All jokes +0.165 +0.168
Top 50% +0.148 +0.151
Top 10% +0.070 +0.072
Top 5% +0.039 +0.041
Top 1% +0.010 +0.011

Table 4: Findings replicated with word count. All re-
sults are substantively identical to the character count
analysis.

C Full Yearly Statistics

Table 5 reports per-year Spearman correlations for
both length metrics. All years with n > 100 show
positive correlations for both character and word
count. Years with fewer than 1,000 jokes (2008,
2009, 2010, 2020) are included here for complete-
ness but excluded from the temporal analysis in the
main paper due to sample size instability.

Year n 7 (char) r (word) Mean Median
2009 185 +0.184  +0.135 6.6 0
2010 431  +0.303 +0.297 18.8 4
2011 4,057 +0.240 +0.245 429 10
2012 12,928 +0.302 +0.305 94.0 19
2013 16,789 +0.298  +0.301 109.9 17
2014 32285 +0.215 +0.217 954 4
2015 72,842 +0.153 +0.155 98.7 2
2016 99,169 +0.141 +0.143 163.8 3
2017 103,696 +0.145 +0.149 284.0 5
2018 106,032 +0.165 +0.168 310.9 6
2019 121,818 +0.140 +0.142 264.3 6
2020 339  +0.132  +0.117 189.9 3

Table 5: Per-year Spearman correlations (character and
word count) with descriptive statistics. Horizontal rules
separate years excluded from the main temporal analysis
(n < 1,000). All years show positive correlations.

D Winner-Take-All Dynamics Full
Temporal Detail

Table 6 extends the analysis of Section 4.3 to
all years with sufficient data, showing the in-
tensification of winner-take-all dynamics. The
mean/median ratio for long jokes (>400 charac-
ters) increases monotonically from 2.3 in 2011
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to 49.0x in 2019. Short jokes (<100 characters)
also exhibit increasing skew, but less dramatically.
The 400-character threshold for “long” was chosen
as an approximate boundary above the 75th per-
centile (266 chars); the pattern is not sensitive to
this choice.

Year Category Mean Median Mean/Med.

2011 Long (>400) 78.1 34 2.3x%x

Short (<100) 304 4 7.6x
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Table 6: Mean/median divergence for long (>400 chars)
and short (<100 chars) jokes across years.

The long/short mean ratio (L/S column) remains
relatively stable at 3—4 x across all years, indicat-
ing that the relative advantage of long jokes is con-
sistent even as the distributional shape changes
dramatically. The winner-take-all effect is thus pri-
marily a within-category phenomenon that long
jokes as a class maintain their advantage, but the
variance within long jokes explodes as the platform
matures.

E Cross-Subreddit Analysis

To assess whether the length-score correlation is
specific to humor, we computed Spearman corre-
lations between post length and score across 10
subreddits using Pushshift data (Baumgartner et al.,
2020) (22.1M posts, 2012-2018), applying the
same character count filters as our primary analysis.
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Subreddit n Spearman r
r/nosleep 124,947 +0.418
r/tifu 259,890 +0.399
r/unpopularopinion 183,036 +0.339
r/todayilearned 1,440,474 +0.334
r/Jokes 793,844 +0.300
r/LifeProTips 380,256 +0.248
r/WritingPrompts 595,527 +0.096
r/explainlikeimfive 1,217,341 +0.078
r/Showerthoughts 2,843,163 +0.040
r/AskReddit 14,274,314 —0.045

Table 7: Length-score Spearman correlations across 10
subreddits. The positive correlation is not specific to
r/Jokes.

Subreddit All posts Top 1% r
r/tifu +0.399 +0.132
r/Showerthoughts +0.040 +0.126
r/todayilearned +0.334 +0.094
r/WritingPrompts +0.096 +0.090
r/nosleep +0.418 +0.079
r/AskReddit —0.045 +0.062
r/LifeProTips +0.248 +0.055
r/explainlikeimfive +0.078 +0.038
r/unpopularopinion +0.339 +0.016
r/Jokes +0.300 —0.007

Table 8: Correlation decay from all posts to top 1%.
Every non-humor subreddit retains a positive correlation
for its best content. Only r/Jokes reaches zero (t =
—0.61, p = 0.54).



