
































Figure 8: ChrF scores for merged dialect test sets for all models in English to Arabic, using the dialect-specific
prompt. See Figure 2 for the mapping of the indices on the x axis to model names.

metrics and our human evaluation, this shows that
COMET scores actually penalize translations that
are correctly realized in dialectal Arabic, due to the
preference of the COMET model for MSA. Using
references with COMET only partially mitigates
this issue, the MSA translations are still preferred.
See for example the correlations in Figure 6 for fur-
ther evidence. For the Arabic to English direction,
we show the reference-less and reference-based
scores in Figures 17 and 18, respectively.

A.4 Manual Error Analysis

The errors observed throughout the human annota-
tion process fell into one of these four categories:
* Adequacy: This category included instances
of mistranslation, partial loss of source mean-
ing, literal translation, and severely inade-
quate or irrelevant outputs, where the meaning
of the source sentence was partially or com-
pletely distorted.

An example of a literal translation error is the
word “around” in the phrase “around here,

>

which was translated as Jls> meaning
“around” in the sense of an approximate quan-
tity rather than location.

* Fluency: Fluency errors included ortho-
graphic errors, grammatical (morphosyntac-
tic) errors such as agreement and inflection
mistakes, for example, the generated transla-

tion for How much is the breakfast? is JUE.Z:J\

rgr(How much breakfast) instead of ,\aal!



Figure 9: BLEU scores for individual test sets for all models in English to Arabic direction. Translation produced

using a dialect-specific prompt.

K’.{ with the correct proposition and mean-
ing in addition to awkward or non-idiomatic
phrasing, where the sentence was semanti-
cally correct but sounded unnatural to a native
speaker.

 Dialectal appropriateness: This category
captured cases where the output did not con-
form to the target dialect. Errors ranged from
minor cases, where only a small portion of
the output was in Modern Standard Arabic
(MSA), to major cases, where the output was
predominantly or entirely in MSA or con-
tained incorrect dialectal lexical choices.

* Completeness: This category included omis-
sion errors (truncated or incomplete outputs),
insertion errors (addition of words not present
in the source), and copying errors, such as
untranslated or transliterated words.

Table 6 shows the detailed error analysis for each
model.

A.5 Dialect classification

Figures 19, 20, 21 and 22 show dialect clas-
sification performed by the Jais-2-70B-Chat

for test sets translated using the dialect specific
prompt by Jais-2-70B-Chat, gpt-4.1-mini,
EuroLLM-9B-Instruct and Nile-Chat-12B, re-
spectively. We can see a number of interesting
trends. First of all, we see that according to the
assessment by the classification model, Jais-2-70B-
Chat and gpt-4.1-mini produce outputs that have
similar distribution dialects as the reference. It is
apparent that they reflect the dialect name in the
prompt, for comparison, see Figures 23, 24, 25, 26,
which present the classification results on transla-
tion produced by the same models general Arabic
prompt instead of dialect-specific one. The appro-
priate dialects are notably more represented in the
translations with the dialect-specific prompt. On
the other hand, the EuroLLM model is not produc-
ing the texts in the correct dialects, using mostly
MSA instead. This tendency was also shown by our
manual evaluation. Another observation is related
to the Nile-Chat-12B model, which, regardless of
dialect specification, produces texts in the Egyp-
tian and Sudanese dialects. This is intended by the
model authors and our evaluation thus confirms
that the model is Nile-dialects specific.
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Figure 10: BLEU scores for individual test sets for all models in English to Arabic direction. Translation produced
using a general Arabic prompt.

Error Category J70B G-mini ELLM-9B CR-824
Adequacy

Mistranslation 10 (66.7%) 6(21.4%) 13 (13.8%) 24 (34.8%)
Hallucinated translation 1 (6.7%) 0 (0.0%) 0 (0.0%) 1(1.5%)
Literal Translation 0(0.0%) 11(39.3%) 0(0.0%) 1 (1.5%)
Fluency

Orthographical Error 1(6.7%) 1 (3.6%) 6 (6.4%) 0 (0.0%)
Morphosyntactic Error 1 (6.7%) 2 (7.1%) 5(5.3%) 4 (5.8%)
Non-idiomatic phrasing 0 (0.0%) 0 (0.0%) 0 (0.0%) 1(1.5%)

Dialectal appropriateness
Dialect Mismatch (Major) 0 (0.0%) 0(0.0%) 59 (62.8%) 7 (10.1%)

Dialect Mismatch 000.0%) 7250%) 1010.6%) 30 (43.5%)
Completeness

Copying 1 (6.7%) 0 (0.0%) 1(1.1%) 1 (1.5%)
Omission 1 (6.7%) 0 (0.0%) 0 (0.0%) 0 (0.0%)
Insertion 0 (0.0%) 1 (3.6%) 0 (0.0%) 0 (0.0%)
Total Errors 15 28 94 69

Table 6: Detailed Error Analysis of Egyptian Arabic Translations generated by: Jais-2-70B- Chat (J70B), GPT-4.1-
mini (G-mini), EuroLLM-9B- Instruct (ELLM-9B), Command-r-08-2024 (CR-824).

Figures 28, 29, 30 and 31 present the dis- formed by the same set of models as above, us-
tributions of dialects in the translations per- ing the dialect-specific prompt, but classified us-
342



Figure 11: ChrF scores for individual test sets for all models in English to Arabic direction. Translation produced

using a general Arabic prompt.

ing gemma-27b-it instead of Jais-2-70B-Chat.
Figure 27 shows the dialect distribution in
the reference translations, also assessed by the
gemma-27b-it model. It is apparent that differ-
ent LL.Ms have different priors about the dialect
distributions, e.g. gemma-27b-it classifies notice-
ably larger portion of the texts as Lebanese, even
for test sets from other dialects.

B Prompts

B.1 Translation Prompt

System prompt

You are a professional, very precise translator
and a native speaker. Translate inputs based on
the instructions and always print out only the
text of the best possible translation, with no
explanations.

Keep the same formatting (e.g. markup, lines,
spacing) as the original. Do not translate
untranslatable parts of the input (URLs, code,
and similar).

Instruction prompt

Translate the following text into {lang},
only print out the translation, not add any
explanations: {line}

B.2 GEMBA Translation Evaluation Prompt

Score the following translation from
{source_lang} to {target_lang} on a continuous
scale from @ to 100, where a score of zero
means “no meaning preserved” and a score of one
hundred means “perfect meaning and grammar”.
Be very strict with checking the target language
or dialect. For example, if an Arabic dialect
is specified and the translation is in Modern
Standard Arabic or another dialect, penalize
harshly by subtracting 50 points from the score
you would otherwise give, if the dialect is
completely incorrect.

{source_lang} source: “{source_seg}”
{target_lang} translation: “{target_seg}”
Score:

B.3 Dialect Classification Prompt

343

You are an expert in Arabic dialects. Classify
the following Arabic text by determining which
country or region it is from.

Choose the most appropriate country from this
list: {countries_str}, or “Modern Standard
Arabic” if it is formal standard Arabic, or
“Other” if none of the above apply.




Figure 12: ChrF scores for merged dialect test sets for all models in Arabic to English direction. See Figure 2 for
the mapping of the indices on the x axis to model names.

Arabic text: “{text}”
Respond with ONLY the country name from the list
above, nothing else.
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Figure 13: COMET scores without using the reference for merged dialect test sets for all models in English to
Arabic, using the dialect-specific prompt. See Figure 2 for the mapping of the indices on the x axis to model names.
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Figure 14: COMET scores using the reference for merged dialect test sets for all models in English to Arabic,
using the dialect-specific prompt. See Figure 2 for the mapping of the indices on the x axis to model names.
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Figure 15: COMET scores without using the reference for merged dialect test sets for all models in English to
Arabic, using the general Arabic prompt See Figure 2 for the mapping of the indices on the x axis to model names.
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Figure 16: COMET scores using the reference for merged dialect test sets for all models in English to Arabic,
using the general Arabic prompt. See Figure 2 for the mapping of the indices on the x axis to model names.
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Figure 17: COMET scores without using the reference for merged dialect test sets for all models in Arabic to
English. See Figure 2 for the mapping of the indices on the x axis to model names.
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Figure 18: COMET scores using the reference for merged dialect test sets for all models in Arabic to English. See
Figure 2 for the mapping of the indices on the x axis to model names.
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Figure 19: Distribution of dialects in translations produced by Jais-2-70B-Chat using the dialect-specific prompt.
The dialects are classified on the sentence level, using Jais-2-70B-Chat.

351



Figure 20: Distribution of dialects in translations produced by gpt-4.1-mini using the dialect-specific prompt.
The dialects are classified on the sentence level, using Jais-2-70B-Chat.
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Figure 21: Distribution of dialects in translations produced by EuroLLM-9B-Instruct using the dialect-specific
prompt. The dialects are classified on the sentence level, using Jais-2-70B-Chat.
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Figure 22: Distribution of dialects in translations produced by Nile-Chat-12B using the dialect-specific prompt.
The dialects are classified on the sentence level, using Jais-2-70B-Chat.
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Figure 23: Distribution of dialects in translations produced by Jais-2-70B-Chat using the general Arabic prompt.
The dialects are classified on the sentence level, using Jais-2-70B-Chat.
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Figure 24: Distribution of dialects in translations produced by gpt-4.1-mini using the general Arabic prompt. The
dialects are classified on the sentence level, using Jais-2-70B-Chat.
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Figure 25: Distribution of dialects in translations produced by EuroLLM-9B-Instruct using the general Arabic
prompt. The dialects are classified on the sentence level, using Jais-2-70B-Chat.
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Figure 26: Distribution of dialects in translations produced by Nile-Chat-12B using the general Arabic prompt.
The dialects are classified on the sentence level, using Jais-2-70B-Chat.
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Figure 27: Distribution of dialects in the reference translations. The dialects are classified on the sentence level,
using gemma-3-27b-it.
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Figure 28: Distribution of dialects in translations produced by Jais-2-70B-Chat using the dialect-specific prompt.
The dialects are classified on the sentence level, using gemma-3-27b-it.
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Figure 29: Distribution of dialects in translations produced by gpt-4.1-mini using the dialect-specific prompt.
The dialects are classified on the sentence level, using gemma-3-27b-it.
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Figure 30: Distribution of dialects in translations produced by EuroLLM-9B-Instruct using the dialect-specific
prompt. The dialects are classified on the sentence level, using gemma-3-27b-it.
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Figure 31: Distribution of dialects in translations produced by Nile-Chat-12B using the dialect-specific prompt.
The dialects are classified on the sentence level, using gemma-3-27b-it.
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