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Abstract

The gap between existing benchmarks and the
dynamic nature of real-world legal practice
poses a key barrier to advancing legal intel-
ligence. To this end, we introduce JI-ENVS,
the first interactive and dynamic legal environ-
ment tailored for LLM-based agents. Guided
by legal experts, it comprises six representa-
tive scenarios from Chinese legal practices
at three levels of environmental complexity.
We further introduce JI-EVAL, a dual-metric
evaluation framework, designed to assess both
task performance and procedural compliance
across varying levels of legal proficiency. Ex-
tensive experiments on 17 LLM agents reveal
that while many models demonstrate solid le-
gal knowledge, they struggle with procedu-
ral execution in dynamic settings. Even the
SOTA model is below 60% overall perfor-
mance These findings highlight persistent chal-
lenges in achieving dynamic legal intelligence
and offer valuable insights to guide future re-
search. The detailed resources are available at
https://github.com/FudanDISC/J1Bench.

1 Introduction

Although large language models (LLMs) have
shown remarkable capabilities across conventional
legal NLP tasks, e.g., legal information extraction
and statute memorization (Yao et al., 2022a; Huang
et al., 2021), genuine legal intelligence requires
agentic capabilities: procedural awareness, multi-
stakeholder interaction, and decision-making in
evolving environments. Recent advancements in
LLM-based agent frameworks offer a viable solu-
tion for the paradigmatic shift from static task com-
pletion to dynamic environmental interaction (Yao
et al., 2022b; Mou et al., 2025; Yue et al., 2025b),
paving promising avenues for the development of
general legal intelligence (GLI).

"These authors contributed equally to this work.
*Corresponding author

Benchmarks MT? Dyn? Proc? Type Evaluation
LexGLUE X X None NLP task Rule
LegalBench X X None NLP task Rule
LawBench X X None NLP task Rule
LexEval X X None NLP task Rule
Law-Eval X X None NLP task Rule & LLM
LAIW X X None NLP task Rule & Human
AgentCourt v 4 Brief Scenario  Rule & Human
LegalAgentBench | v/ v Brief NLP task Rule
MILE v v Complete Scenario  Rule & LLM
JI-EvAL v v Complete Scenario  Rule & LLM

Table 1: Comparison between our JI-EVAL and existing
legal benchmarks, where MT, Dyn, and Proc denote
Multi-turn, Dynamic, and Procedural Process, respec-
tively. JI-EVAL is scenario-based, dynamic, and inter-
active, aligning better with real-world legal practices.

However, the primary obstacle to achieving GLI
lies in the lack of reliable experimental platforms
and quantitative evaluation tools to expose current
deficiencies and guide optimization efforts. Re-
alistic legal services inherently require multi-turn
interactions to provide step-by-step guidance for
the laypeople, alongside a strict adherence to pro-
cedural legality. In contrast, As shown in Table 1,
existing benchmarks are either confined to a static
evaluation paradigm (Chalkidis et al., 2021; Guha
et al., 2023; Fei et al., 2024; Li et al., 2024; Dai
et al., 2023) or limited to a few simplified sce-
narios (Chen et al., 2024; Li et al., 2025b; Yue
et al., 2025a) with several limitations. (1) Narrow
scenarios: They are restricted to predefined static
environments with limited coverage, failing to sup-
port sustained agent-environment interactions. (2)
Over-simplified tasks: They primarily focus on
QA tasks adapted from traditional NLP tasks, lack-
ing the definition of composite targets that reflect
real-world legal demands. (3) Restricted evalua-
tion metrics: They focus solely on the accuracy
of outcomes, neglecting the requirement of proce-
dural justice inherent in the judiciary. To bridge
these gaps, we introduce the first dynamic evalua-
tion benchmark for legal intelligence including two

10351

Proceedings of the 64th Annual Meeting of the Association for Computational Linguistics (Volume 1: Long Papers), pages 10351-10376

July 2-7, 2026 ©2026 Association for Computational Linguistics


https://github.com/FudanDISC/J1Bench

integrated modules: the interactive environment
and the comprehensive assessment system.

JI-ENvS: Interactive Legal Environments. We
construct an open-ended legal environment in
which agents navigate various legal scenarios
through dynamic and procedural interactions. As
shown in Figure 1, we instantiate heterogeneous
agents ranging from layperson to legal profession-
als, each endowed with distinct behavioral traits
and initialized with interrelated factual elements
from actual cases to ensure high-fidelity simulation.
These agents are then orchestrated into correspond-
ing environments following the structure of legal
practice, which are categorized into three hierarchi-
cal levels based on increasing environmental com-
plexity: legal consultation (knowledge questioning
and consultation), document drafting (complaint
and defence drafting), and judicial adjudication
(civil and criminal courts).

JI1-EVAL: Dual-Metric Assessment System. In
order to enable comprehensive assessment, we
construct 508 specific interactive environment
instances from real-world Legal sources (Chi-
nese Judgment Documents and Chinese legal Ar-
ticles). Our framework utilizes a dual-metric sys-
tem consisting of Qutcome-oriented and Process-
oriented metrics. The former quantifies the quality
of the final target, while the latter scrutinizes ad-
herence to indispensable intermediate constraints,
reasoning steps, and procedural norms. Assess-
ment is conducted using rule-based or LLM-based
methods, with each instance equipped with explicit
ground truth for the final objectives, ensuring eval-
uation reliability and minimizing potential bias in-
troduced by LLM-based evaluators. Together, J1-
EVAL can provide deeper insights into the skill sets
required for legal task execution, and present a re-
alistic and reliable overview of agent capabilities,
facilitating further exploration into the similarities
and differences between LLLM-based agents and
human learning mechanisms.

We perform an extensive assessment of 17
leading LLLM agents, spanning proprietary, open-
source, and legal-specific models. Results reveal
significant capability gaps in dynamic environ-
ments, with performance degrading markedly in
complex, multi-agent, and long-horizon settings.
Crucially, these failures stem not from knowledge
deficits, but from limitations in procedural adher-
ence and role interaction. Our analysis confirms
that process-oriented competence is essential for
valid outcomes, yet current models frequently mis-

align procedural execution with final objectives.

Contributions: (A) We construct JI-ENVS,
the first open-ended interactive legal environ-
ment, orchestrating heterogeneous agents across
three hierarchical stages and enabling dynamic
agent—environment interaction. (B) We introduce
JI-EVAL, a comprehensive assessment system com-
prising 508 real-world instances, featuring a dual-
metric mechanism that integrates both procedural
and outcome perspectives. (C) Experimental re-
sults reveal the gaps between diverse agents and
real-world legal demands, offering valuable in-
sights to guide future progress. (D) This work
introduces a new paradigm for legal intelligence,
shifting from static to dynamic settings. Beyond
evaluation, JI-ENVS can be extended to data gener-
ation and reinforcement learning training.

2 JI-ENvs: Interactive Legal
Environments

In this section, we detail the construction pipeline
of JI-ENVS, including various agents organized in
six scenarios of three levels, namely, legal consulta-
tion, document drafting, and judicial adjudication.
(A) Role Agent Setting (§2.1) constructs diverse
agents by synthesizing real-world legal sources and
personality theories. (B) Multi-level Environment
Construction (§2.2) integrates these roles into co-
herent legal environments governed by specific pro-
cedures and relationships.

2.1 Role Agent Setting

Legal environments inherently involve heteroge-
neous roles, distinguishing between legal profes-
sionals and layperson with different backgrounds,
targets, and behaviors. Without specialized ground-
ing, generic LLM-driven simulators are prone to
significant legal illusions (Yue et al., 2025a). There-
fore, creating realistic individuals presents two
challenges: diversity of layperson and legal consis-
tency among roles. We address this by modeling
individuals with the Big Five personality traits and
assigning interconnected legal elements, derived
from real-world legal practice, to different agents
within the shared environment.

Role Agents Configuration. We establish two
categories of role repositories to populate the envi-
ronment: (1) Layperson includes the general public
with a broad background and specific characters
with explicit litigation-related needs. The former
are assigned topic lists, background, and behav-
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Figure 1: An illustration of J1-ENVS construction pipeline. (A) Role Agent Setting: We synthesize real-world legal
sources and personality theories to construct heterogeneous agents. (B) Multi-level Environment Construction: We
structure these roles within specific procedures and relationships to form environments.

ioral styles. The latter, i.e., plaintiffs and defen-
dants, are assigned behavioral styles and individual
profiles, including personal attributes (e.g., names,
genders, and addresses) and case-related details
(e.g., claims, statements of defence, and evidence).
(2) Legal Professionals include lawyers, prosecu-
tors, and judges who assume formal legal responsi-
bilities. They are assigned authentic legal informa-
tion corresponding to their current environments.
For example, Plaintiff’s Lawyers in the civil court
possess detailed case information extracted from
civil judgment documents, e.g., their client infor-
mation, case details, claims & defence. In criminal
court scenarios, the Procurator agent is assigned to
charges and opinions sourced from criminal judg-
ment documents. The methodology for acquiring
these interconnected factual elements from real-
world legal sources is detailed in Sec. 3.1.

Setup with Personality Theory. Behavioral di-
versity enhances the model to represent complex
characters, further aligning with real-world behav-
ior. Guided by social personality theory (Sun et al.,
2024), Big-5 Personality Traits are mapped to be-
havioral styles of non-legal roles (public, the plain-
tiff, and the defendant). Each trait is assigned one
of three levels (high, medium, or low) and GPT-40

is prompted to generate corresponding behavioral
descriptions based on the role’s profile or back-
ground. Details are provided in Appendix A.2.

2.2 Multi-level Environment Construction

Building on role repositories, we organize six en-
vironments into a three-tiered hierarchy spanning
inquiry to adjudication. Below, we detail the par-
ticipants and interaction logic, with pseudo-code
provided in the Appendix A.4.

Level-I: Legal Consultation. This level involves
two participants, the general public and a legal
agent, aiming to simulate the response capabilities
of the legal trainee in dynamic environments. (1)
Knowledge Questioning (KQ). Through progres-
sive dialogue, the legal agent resolves user confu-
sion, moving from broad themes to specific issues.
The public, assigned a topic list and occupation,
continues the interaction until all topics are ad-
dressed. (2) Consultation(L.C). This presents a
complex counseling setting grounded in a specific
incident. Since legal agents lack information about
the public, they need actively ask for relevant de-
tails to provide better responses.
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Scenario ID  Metric Definition Range Type Method
Level-I I-1  Binary Accuracy Binary (Yes/No) answer accuracy [0,0.5,1] 00 EM
I-2  Non-binary Score Score for open-ended answers [0-1] Oo0 LLM
Level-IT II-1  Format-following Score Document structure alignment [0-1] PO EM
II-2  Document Score Average component-level accuracy [0,1]or [0-1] OO EM+LLM
III-1 Procedural-following Score Procedural stage completeness [0-1] PO LLM
III-2  Judgment Score Final judgment quality [0-1] Oo LLM
Level-IIT III-3 Crime Accuracy Charge prediction accuracy [0-1] 00 EM
III-4  Penalty Deviation Log-distance penalty error [0-1]1 () 00  Dist.
III-5 Reason Score Legal reasoning quality [0-1] PO LLM
II-6 Law Accuracy Cited law precision [0, 1] PO EM

Table 2: Metrics in JI-ENVS. OO0, PO, EM, and Dist. denote outcome-oriented metrics, process-oriented metrics,
exact match, and nlog-distance, respectively. Except for III-1, all metrics are evaluated against explicit ground truth.
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Figure 2: Distribution of legal attributes for six environ-
ments in JI-EVAL, showing a wide range of coverage.

Level II: Document Drafting. This level in-
volves a litigant with a concrete legal demand and a
legal agent responsible for task execution, and is de-
signed to simulate how a practicing lawyer indepen-
dently gathers relevant information and completes
a litigation task according to a given agenda. (1)
Complaint Drafting (CD). Guided by a predefined
format, the legal agent gathers information through
interaction with the plaintiff, autonomously plans
the required content, and generates a complete com-
plaint. (2) Defence Drafting (DD). Unlike above,

this scenario starts from an existing complaint. The
legal agent interacts with the defendant, formulates
counterarguments based on the complaint, and gen-
erates the corresponding defence document.

Level III: Judicial Adjudication. This level in-
volves multiple participants and is governed by
strict court procedural norms. (1) Civil Court
(C1). The Civil Court addresses disputes concern-
ing rights and obligations between individuals or or-
ganizations, involving three participants: the plain-
tiff, the defendant, and the judge. It includes five
stages: court preparation, court investigation, court
debate, court mitigation, and court decision. The
judge agent oversees the process by following the
procedural framework and interacting with both
parties’ attorneys. In the final stage, the agent ren-
ders a judgment in response to the plaintiff’s claims.
(2) Criminal Court (CR). The Criminal Court cen-
ters on adjudicating criminal charges against indi-
viduals or groups, involving four participants: the
defendant, the defendant’s lawyer, the procurator,
and the judge. It includes three stages, court prepa-
ration, court investigation, and decision. Compared
to civil court, legal agents in criminal proceedings
interact with a broader range of participants, elicit-
ing statements from the defendant and the lawyer,
requesting evidence from the procurator, and work-
ing toward the establishment of criminal liability.

3 JI-Eval: Dual-metric Assessment
System

3.1 Setup with Real-world Legal Sources

To ensure authenticity, we assign distinct legal ele-
ments from the same event to various roles, draw-
ing from two primary sources: (1) Chinese Judg-
ment Documents. For Level II and Level III sce-
narios, we rely on Chinese court judgments, as
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Level-1 Level-I1 Level-111 AVG
Model KQ ‘ LC CD ‘ DD CI CR
-1 12 ‘ -1 -2 | I-1 112 ‘ -1 0-2 | O-1 m-2 II-5 1I-6 ‘ -1 03 14 1-5 M0-6 | 00 PO
Multilingual LLMs (close source)

GPT-40 69.7 627|559 451|589 899|454 848 | 87.0 285 502 139|493 609 385 428 270|622 46.8
Claude-3.7 684 60.7 | 524 49.6 | 68.8 89.2 | 38.7 68.8 | 65.8 21.2 402 17.5| 569 884 157 728 41.1 | 623 50.2
Multilingual LLMs (open source)

Deepseek-v3 g7 | 67.1 60.7 | 545 49.7 | 847 63.6 | 57.2 763 | 240 124 195 7.6 | 424 768 339 572 323 |57.6 40.6
Deepseek-rl g715 | 72.5 62.8 | 57.2 483 | 69.9 464 | 363 479 - 0.8 1.1 0.7 | 0.8 1.4 986 1. 0.7 | 422 139
Llama3.3-it. 7o 64.8 50.1 | 439 236|979 845|323 624|610 128 253 45 |507 812 250 50.1 172|529 424
Qwen3 308 69.6 66.2 | 583 472 |91.2 844|467 635|527 170 341 154 | 26.8 493 583 40.0 229|569 41.2
Gemma3-it 97p 64.1 495|541 260|963 848|379 688|617 155 324 64 | 60.0 493 22.1 36.1 156|515 433
Qwen3 148 67.7 628 | 56.2 443 | 639 892|366 624|130 43 122 98 | 169 261 736 228 17.1|51.6 240
Gemma3-it 195 62.0 420|479 192|518 84.1 353 639 |39.1 120 237 35 |41.3 580 408 383 8.1 |48.6 30.1
GLM4 9p 66.0 549|540 324|566 822|404 522|127 23 80 1.5 |251 391 750 248 101|479 224
Qwen3 gp 662 57.1|550 369|742 727|176 228 | 99 58 142 72 |163 261 674 194 167|428 219
InternLM3-it. gg | 65.3 55.3 | 555 424|910 722|361 538|318 7.7 190 42 |29.1 609 451 467 287 |51.6 358
Ministral-it. gp 59.6 37.6 (515 145]60.0 28 |342 140|227 57 124 05 | 21 43 980 23 09 |238 169
Qwen2.5-it. 7p 67.2 549|526 313|895 814|471 597|156 73 141 75 | 264 493 545 375 254|505 329
Qwen3 4p 622 559|507 372|514 837|331 515|280 113 183 7.6 | 20.8 449 573 329 188 |49.7 2064
Legal-specific LLMs
LawLLM ;38 563 473|449 208|129 29 | 06 - 1.0 - 0.3 - 127 174 874 109 25 |237 5.1
Chatlaw2 7p 60.6 53.1 | 504 250|224 170| 1.3 09 - - - - - - - - - 259 3.0

Table 3: Performance among LLM-driven legal agents on JI-ENVS, where the bolded score indicates the best
performance, while the underlined score represents the second-best. Note that “-” denotes failure to accomplish the
task, where the model achieves a 0% completion rate for the final legal objectives across all samples, and lower

I11-4 indicates higher performance.
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Figure 3: Overall performance ranking across different
LLM agent sizes.

they naturally encapsulate the full procedural life-
cycle of legal cases, including litigant information,
disputes, factual findings, judicial reasoning, rul-
ings, and applicable statutes. We collect both civil
and criminal judgments and employ LLMs to ex-
tract structured components such as party identities,
claims, detailed case facts, and cited legal provi-
sions. (2) Chinese Legal Articles. For Level 1
scenarios, which prioritize progressive inquiry and
logical authenticity, we curate expert-authored le-
gal articles from the HUALV website ! and the
book Civil Trial Practice Q&A. Given that these
articles typically feature step-by-step questions or

https://www.66law.cn

thematic headings, we prompt LLMs to utilize this
inherent structure to generate coherent topic lists
(classified as binary or open-ended) alongside their
corresponding answers. Further data construction
details are provided in Appendix A.1.

Data Details. All documents are collected from
2025 onward to ensure legal timeliness. After pre-
processing, JI-EVAL consists of 508 instances, in-
cluding 160 Level I, 186 Level II, and 192 Level
IIT instances. Dataset statistics are reported in Ap-
pendix Table 7. Our benchmark spans a diverse
and nuanced set of legal attributes aligned with real-
world legal practice, derived directly from raw case
data. As shown in Figure 2, KQ and LC involve
different entities and procedural topics.CD, DD and
CI address various types of civil rights disputes.
CR covers different categories of criminal offenses.
Detailed data analysis are provided in Appendix B.

3.2 Evaluation Methods

To comprehensively evaluate, we propose a dual
evaluation framework that integrates outcome-
oriented and process-oriented metrics. The for-
mer quantifies the quality of the final objectives
(e.g., judgment accuracy), whereas the latter as-
sesses the quality of essential intermediate con-
straints throughout task execution. As shown
in Table 2, these metrics are strategically com-
bined based on scenario characteristics to facili-
tate assessment across different environmental lev-
els. Each metric adopts a score range in [lower
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Figure 4: Procedural-following performance of legal
agents in civil and criminal courts. (a) Completion rate
of court stages in Civil & Criminal Court. (b) Proportion
of failed cases attributed to each cause.

bound—upper bound] form, utilizing either rule-
based or LLM-based automatic methods. Crucially,
each instance is equipped with an explicit ground
truth for the final objective. This approach rigor-
ously mitigates subjective judgment and potential
bias, aligning with established methodologies for
long-form generation tasks (Li et al., 2025a). See
Appendix C for details on evaluation metrics.

Outcome-oriented metrics. These metrics eval-
uate the fidelity of the agent’s final deliverables
against the ground truth across three-level sce-
narios. (1) Legal consultation. Binary accuracy
(I-1) evaluates yes/no responses via exact match,
while Non-binary score (I-2) assesses open-ended
answers based on factual accuracy and legal cov-
erage. (2) Document drafting. Document score
(II-1) measures content correctness, with personal
information verified by exact match and substan-
tive components (e.g., claims). (3) Judicial adju-
dication. Civil judgment score (III-1) and crime
accuracy (I1I-3) evaluate civil rulings and criminal
charges, respectively. Additionally, Penalty devia-
tion (III-4) measures the accuracy of fines and sen-
tences via log distance (Chen et al., 2019), where
lower values indicate higher accuracy.

Process-oriented metrics. These metrics assess
compliance with procedural norms, formatting con-
straints, and logical reasoning pathways. Format-
following Score (II-1) evaluates document struc-
ture by verifying the presence, order, and labeling
of mandatory components. Procedural-following
Score (I1I-1) measures trial completeness, where a

Agent [ Env.GPT-40  Env.Qwen3 328

Evaluator(GPT-40)

GPT-40 94.22 95.49

Deepseek-v3 718 90.97 94.71

Qwen3 328 89.97 94.99
Evaluator(Human)

GPT-40 76.25 75.63

Deepseek-v3 g718 74.13 75.80

Qwen3 328 74.00 74.25

Table 4: Behavior consistency of environment roles
across different legal agents (GPT-40, Deepseek-v3,
Qwen 32B) under Human and LLM evaluation.

stage is considered complete only if all predefined
actions are correctly executed. Reason Score (III-5)
evaluates logical coherence of judicial reasoning.
Law Accuracy (III-6) evaluates correctness of cited
statutes via ground-truth matching. Except for III-1
metric, all process-oriented metrics are evaluated
against explicit ground-truth references.

4 Experiments

4.1 Experimental Settings

Agent Models. We evaluate legal agents driven
by various LLMs in two categories. (1) Gen-
eral multilingual LLMs: GPT-40% (Achiam et al.,
2023), Claude-3.7° (Anthropic, 2023), Deepseek-
v3 (Liu et al., 2024), Deepseek-rl (Guo et al.,
2025), InternLM3-instruct 8B (Cai et al., 2024),
Qwen2.5-instruct 7B (Yang et al., 2024), Qwen3
4B/8B/14B/32B (Yang et al., 2025), ChatGL.M4-
chat 9B (GLM et al., 2024), and Ministral-Instruct-
2410 8B (Jiang et al., 2023a). (2) Legal-specific
LIMs: LawLLM 13B (Yue et al., 2024), and Chat-
law2 7B (Cui et al., 2023).

Implementation Detail. We utilize arbitrary
LLMs, GPT-40 (Achiam et al., 2023) or Qwen3-
32B (Yang et al., 2025), to drive the environments.
Due to page limitations, details of evaluation set-
tings are provided in the Appendix D.

4.2 Performance among Various Legal Agents

In this setting, we leverage GPT-40 to drive our
interactive environments.

Performance at Level I & II.  Table 3 reports our
metrics across levels. (1) At Level I, both general-
purpose and legal-specific models achieve strong
performance on KQ, reflecting solid legal knowl-
edge. Performance declines on the more interactive

2gpt-40-2024-11-20
3claude-3-7-sonnet-20250219
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Figure 5: Overall performance of legal agents with J1-
ENVS driven by GPT-40 or Qwen3-Instruct-32B, where
AVG denotes the agent’s average performance.

Lc task, which demands proactive engagement. (2)
At Level II, LLLaMA-3.3 and Deepseek-v3 achieve
the highest scores on 1I-1 for CD and DD tasks,
demonstrating strong template adherence in the
long legal context. Notably, performance in DD
scenarios is lower than in CD, as DD settings re-
quire models to construct more complex and coher-
ent counterarguments in response to an opposing
party’s complaint. Detailed results are reported in
Tables 8 and 9 of the Appendix.

Performance at Level III. Civil and criminal
courts involve distinct procedures and judgment
forms. The civil court comprises five stages, yet
most models struggle to complete the full pro-
cess, particularly in legal-specific models, reason-
ing models, and smaller models. GPT-40 and
Claude-3.7 perform well in III-1, III-2 and II-5.
The criminal court includes three stages and more
participants, where Claude-3.7 achieves leading
performance. Additionally, Deepseek-r1’s poor per-
formance in executing the court process highlights
the limitations of reasoning models in complex
environments. Overall, effective reasoning and ad-
herence to procedural protocols within extended
legal contexts are essential for achieving accurate
legal judgments. Detailed judgment component
results are reported in Tables 10 and 11.

Overall Performance. We compute the average
scores across all environments except III-4, and
rank the models by size. As shown in Figure 3,
Claude-3.7 achieves the best performance, show-
ing strong legal intelligence. Notably, although
the legal-specific LLMs perform comparably to
GPT series on existing legal benchmarks (Fei et al.,
2024), they exhibit significantly weaker perfor-
mance in our setting, falling behind even smaller
models. This highlights a key limitation: despite
possessing legal knowledge, the absence of inter-

Majority of GPT-40 scores are within human scores + = .

>78.4%

A

% % (human s¢8re>- GPT-40 score)

Figure 6: The distribution of the difference between
GPT-40 scores and human evaluation

active capability hampers their effectiveness in
dynamic, realistic environments.

4.3 Further Analysis

Analysis from process- and outcome-oriented
perspectives. Table 3 presents the average per-
formance of Outcome-oriented (OO) and Process-
oriented (PO) metrics. Models with higher PO con-
sistently achieve superior OO, and the OO scores
significantly surpass the PO across all models.
Based on these, we draw two conclusions: (1) Pro-
cessal adherence is not a mere formality but the
bedrock of logical validity and factual complete-
ness, making it a necessary condition for precise
legal judgment. (2) In the legal domain, processal
justice is often prioritized over the outcome itself.
The lag in PO metrics reveals a severe deficiency
in current models’ capabilities to understand,
adhere to, and execute legal procedures.

Analysis of court completeness. As shown in
Fig. 4, the success rates of the agent in completing
all required steps vary across different stages of
civil (CI) and criminal (CR) courts. The results
indicate that (1) Current legal agents encounter
difficulties in the preliminary stages of court pro-
ceedings. While these stages are largely formalis-
tic, they are indispensable for ensuring procedural
justice in real-world practice. (2) Navigating the
criminal court poses greater challenges for legal
agents, as the environment contains more roles that
increase the complexity of the interaction. In addi-
tion, we identify four causes of failure: single-turn
collapse, missing final objective, missing addressee,
and role omission. Definitions of causes are pro-
vided in Appendix E.3. Figure 4 shows that miss-
ing the final objective accounts for most failures.
These findings underscore the need for enhanced
procedural learning for legal agents, and the im-
portance of strengthening their communication

10357



Agent KQ LC CD DD
I-1 1-2 I-1 I-2 II-1 11-2 II-1 II-2
GPT-40 65.7x1.9 77304 | 48.5+1.3 47.8+0.1 | 59.4+0.2 84.9+0.9 | 82.1x1.1  66.5+0.8
Deepseek-v3 g7ip | 64.5£1.0  77.2+0.1 | 51.7+0.9  48.0+0.1 | 98.2+0.7 81.7+1.0 | 74.3x0.5 51.7+0.5
Qwen3 328 68.6£1.9  76.7x0.5 | 56.6x2.2 47.7x0.2 | 85.3+09 87.2+0.2 | 89.5+1.3 57.1+0.8
Qwen3 14 64.5+2.5 77.8+40.3 | 54.6£2.0 48.0+0.2 | 71.9+1.3 61.1204 | 71.9+13 61.1x04
InternLM3-it. gp 63.0+0.2  76.8+0.1 | 51.4+1.1 45.6x0.1 | 98.0+0.2  58.5+0.1 | 57.1#1.1 47.6x0.4

Table 5: Performance comparison of legal agents across multiple simulations(KQ, LC, CD, & DD) in JI-ENVS
driven by Qwen3-32B. Scores are reported as average + standard deviation.

Agent CI CR

-1 1112 11-5 11-6 1I-1 1113 11-4 115 111-6
GPT-40 80.9+1.3 27.3x0.9 472%1.7 20.9:09 | 21.120.9 285:1.8 74.2+28 24.1%14 16.61.0
Deepseck-v3 grip | 21.741.0  10.8+0.8  13.7+1.5 8018 | 454203 78300 304237 621220 36.6%1.5
Qwen3 3 459402  13.1x14 293209 162405 | 33.7#0.6 53.6x12 497404 443x1.1  26.1+0.7
Qwen3 145 178+1.6  6.6x1.6 149428 88+17 | 232+1.0 411208 67.0+2.7 313x13 21.9:0.8
InternLM3-it. g5 | 24.1202  84+13 18007 9211 | 23520.5 51.7#0.7 56207 37.84#0.5 26.2+0.2

Table 6: Performance comparison of legal agents across multiple simulations(CI & CR) in JI-ENVS driven by
Qwen3-32B. Scores are reported as average + standard deviation.

and coordination with different roles.

4.4 Can LLMs drive JI1-ENVS and JI-EVAL ?

This section aims to validate the stability and reli-
ability of our environment (P1, P2) and evaluation
method (P3). we leverage GPT-40 and Qwen3-
32B to drive the JI-ENVS separately. All human
evaluation settings are detailed in the Appendix F.

P1: behavioral consistency analysis of environ-
ment roles. Table 4 presents average consistency
scores (1-10) evaluated by GPT-40 (all samples)
and humans (20 per scenario). Across different
evaluators, environment roles maintain high and
stable scores, regardless of the underlying LLM.
Furthermore, scores maintain stability across di-
verse environments for the same legal agent. The
result validates the reliability and effectiveness of
our environment, laying a solid foundation for as-
sessing agents in interactive legal scenarios. De-
tailed results are provided in Tables 13 and 14.

P2: analysis of agent performance across dif-
ferent environments. Figure 5 shows that all
five agents successfully complete their tasks in the
Qwen-based environment, with performance rank-
ings consistent with those observed in the GPT-
based environment. Although agent performances
under the Qwen3-32B setting differ from those
in GPT-based environments due to differences in
model scale and capability, such variation is ex-
pected and acceptable. Importantly, achieving a
balance between dynamics and controllability is
more critical than strict performance equivalence

across models. In addition, Appendix Tables 5 and
6 demonstrate the stability of agent performance
across multiple repeats. Results validate the robust-
ness of our framework and support its applicability
to diverse deployment scenarios.

P3: analysis of LLM-human agreement in J1-
EvAL. We assess the reliability of LLM-based
metrics by measuring agreement between human
judgments and model outputs, adopting a uni-
fied 10-point Likert scale as the singular scoring
standard for both human and machine evaluation.
Specifically, human annotators and the LLM-as-
Judge assign discrete scores from 1 (completely
inconsistent) to 10 (fully consistent). Following
the protocol in Appendix F, human annotators are
instructed to score 20 cases per scenario. The
average pairwise difference between human and
model judgments is computed after excluding at
most one sample each corresponding to the max-
imum and minimum differences. As shown in
Fig. 6: (1) The average difference is 0.03, indi-
cating a high level of overall agreement between
LLM-based and human assessments. (2) 78.4%
of the cases exhibit a score difference within one
standard deviation(< 1 x o0 = 3.32), suggesting
that evaluation differences are statistically con-
trolled. Causes of the divergence are analyzed in
Appendix F.3. Overall, these results support the
reliability of LLM-based evaluation.

P4: analysis of Cohen’s « for the LLM evaluator
in JI-EvAL. We further analyze the reliability of
LLM-based metrics by computing the quadratically
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weighted Cohen’s x between human evaluators and
the LLM-as-Judge, obtaining a value of 0.6027.
For reference, we also compute Cohen’s x among
human annotators, yielding an average of 0.5855
+ 0.1629, which reflects notable inherent subjec-
tivity among human evaluators. In this context,
the LLM—human agreement is not lower than the
average human—human agreement, validating the
reliability of LLM-based evaluation.

P5: analysis of confidence intervals. To validate
the robustness of our framework across repeated tri-
als, we conduct simulations three times in environ-
ments driven by Qwen3-32B, and analyze the con-
fidence intervals of outcomes. As shown in Table
5 and Table 6, scores across multiple simulations
are generally stable, with only minor variations re-
flected in standard deviations. This indicates that
our evaluation framework produces robust and con-
sistent measurements of legal agent performance
across repeated runs, validating the reliability of
the metrics in JI-ENVS.

5 Related Work

Legal Benchmark. Existing legal evaluations of
LLM are based on static, single-turn settings (Fei
et al., 2024; Li et al., 2024; Guha et al., 2023;
Dai et al., 2023; Yue et al., 2024). For example,
LegalBench (Guha et al., 2023) and LawBench (Fei
et al., 2024) assess legal capabilities by adapting
existing NLP legal tasks to LLMs, while Law-Eval
(Yue et al., 2024) evaluates models using multiple-
choice questions from law exams. LexEval (Li
et al., 2024), inspired by Bloom’s taxonomy, orga-
nizes legal abilities into a cognitive hierarchy, and
LAiW (Dai et al., 2023) structures legal reasoning
into three levels based on syllogistic logic. How-
ever, these static, task-centric benchmarks fail to
capture the dynamic complexity of real scenarios,
rendering them inadequate for agent evaluation.

LLM-based Simulation. By emulating human
perception and behavior, LLMs can be used to con-
struct role agents with diverse personalities and
environmental contexts, ranging from individuals
(Shao et al., 2023; Argyle et al., 2023) to demo-
graphic groups (Zhang et al., 2025; Jiang et al.,
2023b). These agents are capable of coordinating,
collaborating, exchanging information, and even
engaging in debates, thereby exhibiting social intel-
ligence (Zhou et al., 2023; Mou et al., 2025). Build-
ing on such role agents, recent work has explored

more complex simulated environments (Stade et al.,
2024; Fan et al., 2025). For example, Generative
Agents (Park et al., 2023) model a small town with
25 agents, while Al Hospital (Fan et al., 2025) sim-
ulates dynamic medical interactions among doctors
and NPCs. Overall, the strong role-representation
ability of LLMs provides a foundation for con-
structing complex community-level simulations.

Legal Intelligence. Legal Al applies artificial in-
telligence to enhance or automate various tasks in
the legal domain, such as legal information extrac-
tion (Yao et al., 2022a; Shen et al., 2024), judg-
ment prediction (Huang et al., 2021), and legal
question answering (Kien et al., 2020; Zhong et al.,
2020). Early approaches (Zhong et al., 2020; Ji
et al., 2021) rely on task-specific models and cu-
rated datasets for specific legal tasks. With LLMs’
strong generalizability (Brown et al., 2020), they
have shown notable capabilities in the legal do-
main. For example, Deng ef al. (Deng et al., 2023)
introduced a structured prompting method to en-
hance judgment prediction. ChatLaw (Cui et al.,
2023) and LawLLM (Yue et al., 2023, 2024) en-
hance multitasking capabilities through training on
legal knowledge and instructions. Recent explo-
rations (Yue et al., 2025a; Chen et al., 2024) have
employed LLM-driven agents to simulate legal sce-
narios. However, a key challenge remains: the
lack of a unified framework for evaluating agent
performance and guiding future progress.

6 Conclusion

We present the first dynamic benchmark for as-
sessing legal intelligence, powered by JI-ENVS,
an environment system designed to simulate agent
interactions within authentic legal scenarios, fea-
turing 508 specific environments across three hier-
archical levels and six distinct scenarios; and J1-
EVAL, which evaluates complex task performance
based on both outcome rationality and procedu-
ral justice. Through extensive benchmarking of
general-purpose and legal-oriented LLMs, we re-
veal the deficiencies of existing models in realistic,
dynamic legal contexts. This work underscores the
necessity for agents with robust interactive capabil-
ities and procedural awareness, while positioning
JI-ENVS as a foundational infrastructure for subse-
quent data construction and agent training.
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Limitations

Our benchmark focuses primarily on the procedu-
ral flow of legal tasks, while in real-world applica-
tions, agents may require more complex capabili-
ties to complete tasks effectively, such as statutory
retrieval or precedent reasoning. The prerequisite
for evaluating such capabilities is the establishment
of a dynamic interactive environment. Therefore,
we expect our pioneering effort to serve as a nec-
essary starting point for future research on legal
agents’ integration of these advanced capabilities in
dynamic environments. In addition, we concentrate
on developing dynamic environments within the
Chinese legal system, presenting a comprehensive
methodology for reconstructing interactive scenar-
ios based on real legal data. The approach is readily
adaptable to other legal systems for future work.

Ethics Statement

All data used in our study were obtained from pub-
licly accessible sources with sensitive information
properly anonymized. JI-ENVS and JI-EVAL are
designed as simulation and evaluation tools to en-
hance legal professionals’ capabilities and advance
our understanding of legal Al systems. We ac-
knowledge several important ethical considerations.
First, while JI-ENVS demonstrates promising re-
sults in simulating legal scenarios, it is not intended
to replace human legal professionals or make ac-
tual legal decisions. The system should be used as
a supplementary tool for legal training and research
purposes only. Second, the legal knowledge and
strategies learned by our system should not be mis-
used for generating deceptive legal arguments. Fur-
thermore, we emphasize that the system requires
careful review and validation by qualified legal pro-
fessionals before any practical application. The
system’s responses should not be considered as for-
mal legal advice without proper human oversight.
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Content of Appendix

In this paper, we introduce JI-ENVS and J1-EVAL
to encourage research on interactive legal intelli-
gence. We showed that our framework can be used
to evaluate interactive legal intelligence. In the
appendix, we provide the following items for a
detailed illustration:

* A Role setting details;
¢ B Additional data statistics;
¢ C Detailed illustration of evaluation metrics;

* D Implementation details;

E Additional experiment results;

¢ F Human evaluation.

A Role Setting Details

A.1 Legal Sources Processing

We utilize two primary legal sources to construct
role-specific settings.

Chinese Judgment Documents are official
court records of judicial proceedings, outcomes,
and factual details. We collect both civil and crim-
inal judgment documents, and employ GPT-40 to
extract legal elements. For civil judgment docu-
ments, the following legal elements are extracted.

* Personal information covers both individuals
and legal entities. For individuals, we collect
name, gender, ethnicity, birthdate, and residen-
tial address. For legal entities (corporations),
personal information includes the corporate
name, registered address, and the identity of
the legal representative.

e Case information include plaintiff claims,
case detail, defence strategies, and evidences.

* Court Information includes the final judg-
ment, third-party findings, and legal provi-
sions applied by the court in the case.

For criminal judgment documents, the following
legal elements are extracted:

¢ Personal information include the defendant’s
name, ethnicity, address, gender, birth date,
occupation, level of education, and custody
status.

* Plea captures the stated stance of the defen-
dant and the lawyer towards the accusations.

* Court information contains the final verdict,
court findings, and legal provisions cited by
the judge.

* Procurator information comprises formal
charges and procurator opinions.

Chinese Legal Articles are authored by legal
experts to explain legal concepts, discuss contro-
versial topics, and address issues in legal practice.

* Civil Trial Practice Q&A literature is a cu-
rated collection of legal articles on civil trials
practice, each offering an in-depth analysis
of a specific legal issue. Leveraging GPT-4o,
we identify lay person with relevant occupa-
tions, and construct a topic list in the format
of <topic, answer> pair. The topics are then
summarized into a shared theme.

* HUALYV website includes frontier legal arti-
cles, where each article is framed as a spe-
cific legal question accompanied by a detailed
background description. We leverage GPT-40
to divide the article into two parts: the back-
ground part and the explanation part. The
explanation part is utilized to construct <topic,
answer> pairs.

To ensure diversity, we categorize topics into two
categories: Binary(i.e., yes/no) topics and open-
ended questions, where responses are expected
to be either statutory provisions or legal phrases.
Comprehensive statistics related to these topics are
provided in Sec. B.

A.2 Personality Theory Construction

Real-world clients exhibit behavioral styles accord-
ing to occupation and experiences. Previous re-
search(Yue et al., 2025b; Chen et al., 2024) has
demonstrated that LLM-driven agents could effec-
tively follow predefined traits, which motivates our
design. Therefore, we model the personality of
lay person based on the Big Five Personality Traits
theory, including five dimensions: extraversion,
neuroticism, openness, agreeableness, and consci-
entiousness. Each dimension is divided into three
levels (high, medium, and low). We leverage GPT-
40 to assign a level based on the individual informa-
tion of lay person. Specifically, in (1) Knowledge
Questioning, occupations are primarily exploited
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Level Level 1 Level 11 Level 111
Env. KQ LC CD DD I CR
Count 98 62 93 93 93 69

Source Legal Article

Civil Documents

Criminal Documents

Table 7: Data statistics of JI-EVAL.

as individual information. For (2) Consultation,
background descriptions are leveraged to gener-
ate behavioral styles. For (3) Complaint Draft-
ing, case details are utilized to construct behav-
ioral styles. In (4) Defence Drafting, personality
modeling is based on the defendant’s statement of
defence. Dimensions that are initially assigned to
the medium level are randomly redistributed across
the three levels following a 2:1:2 ratio. Based on
the five-dimensional traits, GPT-4o0 is leveraged to
generate consistent behavioral styles.

A.3 Role Profile Configuration

Based on the functional distinctions, we configure
two types of roles, each associated with different
sets of legal elements.

Type I: Lay Person represent non-professional
participants in legal scenarios, including general
public in Level-I, plaintiff & defendant in Level-II,
and the defendant in Criminal Court:

* General Public denotes clients of various pro-
fessional and backgrounds seeking legal coun-
seling on a particular theme(Env.1) or a spe-
cific case(Env.2). For Env.1, we assign each
role agent a topic list together with a shared
theme, and equip them with behavioral styles
derived from the personality traits described
in Sec.A.2. For Env.2, detailed background
information is additionally provided.

* Specific Characters denote the plaintiff and
the defendant in Level-II document drafting
scenarios. We provide personal attributes (e.g.,
name and gender) as well as case-related in-
formation. Specifically, plaintiffs are assigned
claims and supporting evidence, while defen-
dants are provided with statements of defence
and corresponding evidence. Behavioral traits
are further incorporated to enhance the real-
ism of simulation.

¢ Defendant denotes the accused in Criminal
Court. The role is provided with case details
and a stated stance.

Type 1I: Legal Professionals represent trained
practitioners in legal scenarios, including the
lawyer agent in Level-II, the plaintiff’s & defen-
dant’s lawyer, the procurator, and the judge agent
in Level-III,

» Lawyer agent targets gathering information
from the plaintiff/defendant, and drafting com-
plaints/defences accordingly. The agent is
provided with predefined legal document for-
mats. Additionally, the lawyer agent in Env.4
is supplemented with complaint information
to support defence drafting.

* Plaintiff’s & defendant’s lawyers are pro-
vided with client(Plaintiff & defendant) infor-
mation. The plaintiff’s lawyer is equipped
with the client’s claims, while the defendant’s
lawyer is assigned defence strategies.

* Procurator is assigned charges and opinions.

* Judge Agent targets predicting judgments
while following predefined court procedures.
The agent is configured with procedural infor-
mation and neutral third-party findings.

A.4 Pseudo-code

The simulation pseudocodes are described in algo-
rithm 1, algorithm 2, and algorithm 3.

B Data Statistics

As shown in Table 7, we meticulously select 322
quality data in JI-Eval, with 160 pieces of legal ar-
ticles, 93 civil judgment documents(shared among
CD, DD, and CI), and 69 criminal judgment doc-
uments, totaling 508 instances. Legal articles are
then utilized for agent configurations in Knowl-
edge Questioning and Legal Consultation, with 98
pieces for Knowledge Questioning and 62 pieces
for Legal Consultation. Civil judgment documents
are utilized for Complaint & Defence Drafting, as
well as the Civil Court. Criminal judgment doc-
uments are employed for Criminal Court setups.
Therefore, we include 508 cases in JI-Eval.
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Algorithm 1 KQ/LC Scenario Simulation

Algorithm 3 CI/CR Scenario Simulation

Input: Legal agent A;, General public agent A,
with topic set T', Supervisor .S, maximum dia-
logue turns N

Output: Dialogue history H

Initialize dialogue history H < ()

Initialize unaddressed topic list U < T'

Initialize turn counter k <— 0

while £ < N and U # () do
k< k+1
qr +— Ag.ASK(U)

Append g to H
ay < A;. ANSWER(qy)
Append ag to H
S updates U based on (g, ax)
: end while
: return H

A A U o T

—_— = =

Algorithm 2 CD/DD Scenario Simulation

Input: Lawyer agent A;, Specific character agent
A, legal document template 7, maximum di-
alogue turns N

Output: Generated legal document D

1: Provide template 7 to lawyer agent A;

Initialize dialogue history H < ()

Initialize turn counter k <— 0

while £ < N do
k<k+1
qgr < AZ.ASK(H, T)

Append g to H

if g;, indicates end-of-dialogue then
break

end if

11: ay < A.. ANSWER(qy)

12: Append ai to H

13: end while

14: D < A;.GENERATEDOCUMENT(T, H)

15: return D

R A A S

e

In addition, for topic lists in Knowledge Ques-
tioning, 286 binary topics and 188 open-ended top-
ics are designed, with an average of 4.84 topics for
each case. For topic lists in Legal Consultation, we
construct 116 binary topics and 107 open-ended
topics, with an average of 3.60 topics for each of
the cases. The balanced percentage and diversity
of different topic types have ensured a comprehen-
sive evaluation of the model-driven agent’s perfor-
mance.

Input: Judge agent A;, participant agent set A,
court procedure P, maximum dialogue turns
N

Output: Dialogue history H, predicted judgment
%4

1: Provide court procedure P to judge agent A;
2: Initialize dialogue history H < ()

3: Initialize turn counter k < 0

4: while £ < N do

5: k< k+1

6: uy < A;.SPEAK(P, H)

7: Append u; to H

8: if u;, indicates end-of-trial then

9: break
10: end if
11: Identify addressee role rj, from wuy
12: Select agent A, € A with role 7y,
13: v < A, .RESPOND(ug)

14: Append v to H
15: end while
16: V < A; . PREDICTJUDGMENT(H)
17: return (H,V)

C Evaluation Metric

We construct a comprehensive evaluation frame-
work that assesses the performance of the legal
agent from multiple perspectives with a set of met-
rics.

C.1 Level-1

We leverage an LLM-based check mechanism to
label each interaction round with its correspond-
ing topic. As illustrated in Sec.A.l, the topics
are divided into binary type and open-ended type,
which are evaluated for Binary accuracy and Non-
binary score respectively. To be specific:

* Binary accuracy measures accuracy in binary
questions via exact matching. By compar-
ing the summarized yes/no answer produced
by the checking mechanism with the ground
truth, the score is assigned as 1 for correct
responses, 0 for incorrect responses, and 0.5
for conditionally acceptable answers.

* Non-binary score evaluates open-ended re-
sponses of the legal agent. When the ground
truth consists of statutory provisions, we ap-
ply a matching-based evaluation, assigning a
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Complaint Drafting
Agent 11-2
Pra DEF CrA Evi F&R
Multilingual LLMs(close source)

GPT-40 927 963 973 777 853
Claude-3.7 920 93.1 962 852 79.6
Multilingual LLMs(open source)
Deepseek-v3 g718 | 71.4 877 673 352 565
Deepseek-rl 6718 | 75.3 71.0 443 11.7 298
Llama3.3-it. 7o 789 93.1 98.0 66.7 86.0
Qwen3 32 740 943 985 760 794
Gemma3-it. 278 86.5 944 984 747 70.1
Qwen3 148 940 945 971 797 805
Gemma3-it. 128 80.4 915 969 738 782
GLM4 9B 80.8 839 894 73.6 838
Qwen3 sB 763 77.1 810 609 683
InternLM3-it. gg | 774 52.1 79.6 77.0 748

Ministral-it. g - 142 - - -

Qwen2.5-it. 7 842 941 918 523 847

Qwen3 4B 893 O91.1 948 76.1 67.00
Legal-specific LLMs

LawLLM 138 02 21 50 40 3.0

Chatlaw?2 7p 69 167 233 150 23.0

Table 8: Level II: II-2 in Complaint Drafting. where
PLA, DEF, CLA, EVI and F&R denote defendant in-
formation, claims, evidence, and fact & reason respec-
tively.

score of 1 if the relevant provisions are cor-
rectly cited and O otherwise. For ground truths
involving legal phrases, we leverage GPT-40
to produce a score ranging from 0 to 10, which
is normalized to the interval [0,1].

C.2 Level-II

We evaluate the legal document drafted by the legal
agent from two perspectives.

(1) Format-following score measures the align-
ment with the given format. We break down the for-
mat into a set of labels L = [Lq, Lo, ..., L], which
are organized in a specific sequential order S. As
shown in Figure 11, the complaint format includes
labels of Plaintiff, Defendant, Claims, Facts and
Legal Grounds, and evidence and Sources, Names
and Addresses of Witness. As shown in Figure 12,
the defence format includes labels of Defendant,
defence arguments, case id, parties and cause of
action, evidence and Sources, names and addresses
of witnesses. Through matching, we check whether
the generated sequential order Sggen: follows the
given order S, and score the accuracy of labels
by comparing the generated labels Lqgen: With L.
The final result is calculated with the following
equation.

FOR = Seq * Label (D)

Defence Drafting
Agent 1I-2
RES DEF Evi
Multilingual LLMs(close source)
GPT-40 92,5 86.6 753
Claude-3.7 799 853 41.1
Multilingual LLMs(open source)
Deepseek-v3 g718 | 73.9 743  80.5
Deepseek-rl 6718 | 73.6 537 16.5
Llama3.3-it. 7oB 71.0 719 44.1
Qwen3 328 73.4 793 37.7
Gemma3-it. 278 789 802 473
Qwen3 148 77.1  76.2 338
Gemma3-it. 128 68.3 83.7 39.6
GLM4 95 69.8 61.6 252
Qwen3 sp 257 279 150
InternLM3-it. sp 474 709 432
Ministral-it. sp 141 202 7.6
Qwen2.5-it. 7 693 73.6 363
Qwen3 4B 68.8 56.1 29.7
Legal-specific LLMs
LawLLM 13B - - -
Chatlaw?2 7 1.1 1.6 -

Table 9: Level II: I1I-2 in Defence Drafting, where RES,
DEF and EVI denote respondent, defence claims, evi-
dence respectively.

Where: FOR is II-1; Seq is 1 if Sggens 1s identical
with .S, and 0 if not; Label is the accuracy of labels
Sagent-

(2) Document score evaluates the accuracy of
the information in the drafted documents. For the
plaintiff and the defendant(i.e., name, ethnicity, ad-
dress, birthdate, gender), we apply the exact match
method(1 for correct and O for incorrect). For other
components(i.e., claims, evidences, statement of
defence, and case details), we apply the LL.M-as-
Judge method.

C.3 Level-III

We evaluate the legal agents’ performance in Civil
Court and Criminal Court from four dimensions.
(1) Procedural-following score evaluates the
completeness of the procedural stages, each with
several mandatory actions. A stage is complete
ONLY when all mandatory actions are executed.
In the civil court setting, proceedings are divided
into five stages(i.e., court preparation, court inves-
tigation, court debate, court mitigation, and court
decision). Descriptions of stages & actions are pro-
vided in Figure 13 and Figure 14. In the criminal
court setting, proceedings are divided into three
stages(i.e., court preparation, court investigation,
and court decision). Descriptions of stages & ac-
tions are provided in Figure 15. If a legal agent
delivers unilateral speech that executes all procedu-
ral stages within a single turn, the performance is
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Civil Court
Agent -1

Sta Actr UNI

Multilingual LLMs(close source)
GPT-40 858 882 89.2
Claude-3.7 653 69.1 68.8

Multilingual LLMs(open source)
Deepseek-v3 6718 | 36.6 46.5 37.6

Deepseek-rl 6718 | - 0.2 1.1
Llama3.3-it. 7o 53.8 789 86.0
Qwen3 328 497 575 60.2
Gemma3-it. 278 68.5 754 67.7
Qwen3 148 11.6 196 258
Gemma3-it. 128 36.8 522 548
GLM4 g5 11.0 143 183
Qwen3 gp 9.1 10.6  28.0
InternL.M3-it. gp 255 38.1 473
Ministral-it. s 18.8 26.6 323
Qwen2.5-it. 7p 11.0 227 323
Qwen3 48 26.6 334 387
Legal LLMs
LawLLM 13B 0.5 1.5 4.3
Chatlaw?2 7 0.8 2.2 -

Table 10: Level III: 111-1 in Civil Court, where STA and
ACT denote stages and actions respectively, and UNI is
the binary indicator.

regarded as a failure under our evaluation protocol.
The completeness of procedural stages and manda-
tory actions is evaluated using the LL.M-as-Judge
method with a checklist-style framework. Specif-
ically, we first segment the dialogue history into
procedural units. We then assess each unit with a
checklist of binary(Yes/No) questions. To mitigate
the risk of keyword hacking, we introduce a gen-
eral requirement instructing the model to evaluate
cases according to their overall semantic content.

(2) Judgment score evaluates the quality of the
legal agent’s judgment. In civil court, we evaluate
the judgment based on the semantic alignment with
the ground truth. In criminal court, we evaluate
the judgment(predicted fines & sentences) with
normalized logarithmic deviation. The average of
the fine deviation and the sentence deviation is
calculated as the final III-4.

(3) Reasoning score evaluates the quality of
the legal agent’s reasoning process based on the
semantic alignment with the ground truth.

(4) Law score evaluates the accuracy of cited
legal provisions with exact matching.

D Implementation Details.

For adapted LLMs, we speed up inference using
vllm (Kwon et al., 2023). Greedy decoding was
used across the evaluations. For models smaller
than 32B, we run evaluations using 8 * RTX 4090

Criminal Court
Agent -1 1I-4
StA  Act UNt  SEN FINE
Multilingual LLMs (closed source)

GPT-40 464 522 667 385 385
Claude-3.7 47.8 59.6 957 21.6 9.8
Multilingual LLMs (open source)
Deepseek-v3 6718 | 39.1 45.6 783 349 329
Deepseek-rl 6718 2.2 2.6 1.4 986 98.6
Llama3.3-it. 7oB 449 565 855 21.6 284
Qwen3 328 254 282 50.7 604 563
Gemma3-it. 27 529 671 928 219 223
Qwen3 148 152 187 29.0 734 737
Gemma3-it. 128 37.0 457 69.6 41.1 404
GLM4 9 21.7 285 39.1 762 73.8
Qwen3 gB 18.8 148 377 678 67.0
InternLM3-it. sp 275 30.8 609 454 449
Ministral-it. s 2.2 1.9 43 977 983
Qwen2.5-it. 7 21.0 31.7 522 560 53.0
Qwen3 4B 232 185 493 59.1 555
Legal LLMs
LawLLM 138 11.6 16.1 21.7 843 90.6

Chatlaw?2 75 - - - - -

Table 11: Level III: III-2 and III-4 in Criminal Court,
where STA, ACT, SEN, and FINE denote stages, actions,
sentences, and fines respectively, and UNI is the binary
indicator.

GPUs with 24GB memory each. For models larger
than 32B, we run evaluations using 8 * A100 GPUs
with 80GB memory. For some metrics calculating
in the evaluation, we use GPT-40 *. To prevent
infinite interaction loops caused by limited model
capabilities, we set maximum interaction rounds
for each scenario: 15 for knowledge 1 questioning,
10 for legal consultation, 20 for complaint drafting,
15 for defence drafting, 50 for civil court, and 35
for criminal court.

E Additional Experiment

E.1 Additional overall performance

We provide additional results of the overall per-
formance among LLM-driven legal agents in J1-
ENVS.

* Complaint & Defence Drafting. Table 8 and
Table 9 report additional II-2 results in Com-
plaint Drafting and Defence Drafting. Both
general and legal-specific models perform rel-
atively well on five sub-metrics of 1I-2, indi-
cating powerful information collection ability
through the multi-turn conversation. However,
agents driven by smaller or legal-specific mod-
els, such as LawLLLM, encounter difficulty in
accomplishing the assigned tasks, requiring
further training.

*opt-40-2024-11-20
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Model [KQ LC CD DD CI CR
Multilingual LLMs (close source)

GPT-40 59 49 6.7 5.2 37.6 15.3

Claude-3.7 59 50 128 9.2 375 11.6

Multilingual LLMs (open source)
Deepseek-v3 718 | 6.3 4.9 13.0 4.9 11.6 7.2
Deepseek-rl 6718 | 6.0 53 108 4.8 1.2 1.3
Llama3.3-it. 708 59 52 70 5.0 17.5 8.9

Qwen3 328 59 49 9.1 7.6 333 21.0
Gemma3-it. 278 59 51 77 6.1 315 114
Qwen3 148 60 50 6.1 6.7 329 169
Gemma3-it. 128 59 52 87 7.1 26.5 145
GLM4 g5 60 52 135 50 5.5 73

Qwen3 sB 6.1 48 143 141 323 131

InternLM3-It. g 59 56 27 43 1.1 1.4
Ministral-it. g 62 61 10 24 294 271
Qwen2.5-it. 7B 59 49 56 52 324 200

Qwen3 45 60 52 8.1 82 242 155
Legal-specific LLMs

LawLLM 138 6.1 54 200 150 25 253

Chatlaw?2 7 72 79 6.7 6.3 21.8 15.2

Table 12: Average turn of interaction among LLM-
driven legal agents on six environments.

* Civil Court. Table 10 reports additional III-1
results in the Civil Court. Claude-3.7 and
Gemma3-Instruct-27B demonstrate remark-
able performance in STA and ACT, indicating
strong procedural-following ability of these
models, while legal-specific models, the infer-
ence model, and smaller models are unable to
follow civil court procedures.

* Criminal Court. Table 11 reports addi-
tional II-1 and II-2 results in the Criminal
Court.Claude-3.7 score 95.7 in UNI. In con-
trast, legal-specific models fail to navigate
the criminal court, resulting lower UNI and
poorer performance.

E.2 Analysis of interaction turn.

Table 12 presents the average number of interac-
tions observed across the six environments. Con-
versely, agents that fail to complete the task tend
to have few turns or directly reach the maximum
turn limit. For instance, Deepseek-r1, ChatGLM,
InternLM3, and LawLLM achieve only 1.2, 5.5,
1.1, and 2.5 turns on average at CI. The results
indicate that weak interactive abilities prevent the
models from sustaining focused, purposeful dia-
logues, often leading to off-topic, incomplete, or
procedurally flawed interactions.

E.3 Definition of failed causes

* Single-turn Collapse. The judge agent com-
pletes all stages & actions within a single turn,
which is inconsistent with the purpose of dy-
namic simulation.

/'//\\\

(b) Situational Inquiry

&

/

/

¥\
. -

(¢) Complaint Drafting

(a) Knowledge Questioning

(e) Civil Court (f) Criminal Court

Figure 7: The distribution of the difference between
GPT-40 scores and human evaluation across six scenar-
ios

* Missing Final Objective. The judge agent
fails to generate judgments at the end of the
dialogue,

* Missing Addressee. The judge agent fails to
explicitly contain addressee in an utterance.

* Role Omission. The judge agent overlooks
one or more environmental roles during the
simulation.

F Human Evaluation

F.1 Implementation Details

We invite a law professor to assist in recruiting
seven evaluators. These evaluators have received
systematic legal training and hold master’s or
higher degrees in law. The human evaluation pro-
cess is conducted with a dedicated annotation sys-
tem. To reduce potential bias, all evaluators re-
ceived identical task instructions and scoring guide-
lines prior to annotation and completed the evalu-
ation independently. Model identities and exper-
imental settings were concealed, and evaluators
made judgments solely based on the content. We
randomly sample 20 cases per scenario, and each
evaluator independently scored all samples, result-
ing in a total of 840 human evaluation records. To
mitigate the impact of outliers, we discard the max-
imum and minimum human ratings for each case
and compute the average of the remaining scores
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Agent KQ LC CD DD Agent KQ LC CD DD
General Public General Public Plaintiff Defendant General Public General Public Plaintiff Defendant
Env.GPT-40 Env.GPT-40
GPT-40 86.8 80.5 90.1 86.7 GPT-40 77.0 73.0 78.5 76.5
Deepseek-v3 718 87.6 85.7 66.2 82.0 Deepseek-v3 ¢718 77.0 73.0 72.5 75.0
Qwen3 32 85.1 81.5 85.2 85.2 Qwen3 398 75.0 72.0 73.5 75.5
Env.Qwen3 32B Env.Qwen3 32B
GPT-40 92.6 90.3 92.8 89.1 GPT-40 76.0 75.0 74.0 77.0
Deepseek-v3 ¢718 94.4 89.4 86.2 88.9 Deepseek-v3 718 75.6 75.0 74.5 79.0
Qwen3 328 92.9 90.8 89.4 89.4 Qwen3 328 76.5 77.0 72.0 71.5

Table 13: Behavior consistency of various environment
roles under GPT evaluation.

as the final human evaluation score, which is com-
pared against the GPT score.

F.2 Analysis of behavioral consistency

We perform a comprehensive analysis of the behav-
ioral consistency of environment roles during inter-
actions with three legal agents, leveraging GPT-
40 and human evaluators to rate the alignment
on a 10-point scale. GPT-40 assessment is per-
formed across all samples, while human evaluators
assess 20 samples per scenario. As shown in Ta-
ble 13 and Table 14, in interactions with various
legal agents(GPT-40, Deepseek-v3, and Qwen3-
14B), the performance of all environmental roles
remains consistently high and stable. The experi-
ment demonstrates the reliability and effectiveness
of environmental roles.

F.3 Analysis of differences between human
evaluation and LLM-as-Judge

We analyze the discrepancy between human scores
and GPT-40 scores. As shown in Figure 7, the
standard deviations in five scenarios are all below
3.0, while the civil court scenario exhibits a higher
standard deviation of 5.46, resulting in higher the
overall difference. This larger variance is due to
the civil court scenario containing more evaluation
metrics and longer textual content, which increases
the likelihood of divergence between human judg-
ments and GPT-40’s assessments.

F.4 Ethics Statement

This work involves human annotators who manu-
ally score the outputs of legal agents. We carefully
considered ethical issues related to human partici-
pation, data usage, and potential harm. All annota-
tors were recruited voluntarily and were informed
of the purpose of the study, the nature of the anno-
tation tasks, and the expected time commitment in
advance. They participated with informed consent
and were allowed to withdraw at any time. The an-

Table 14: Behavior consistency of various environment
roles under human evaluation.

notation tasks involved evaluating model-generated
legal outputs and did not require annotators to pro-
vide personal information or disclose sensitive data.
Annotators were fairly compensated for their work
in accordance with local standards. No vulnerable
populations were involved in the study.

G Case Study

To present the performance of legal agents, we
conduct a qualitative study in J1-Envs and J1-Eval,
with GPT-40 acting as the legal agent.

* An example of CI. As illustrated in Fig-
ure 8, GPT-40 utilizes the control sen-
tence(highlighted in blue) to designate the
target of each dialogue turn while executing
procedural steps (highlighted in red). After
32 turns, the legal agent concludes the court
session and deliver the final decision. Despite
having accomplished most stages and actions,
GPT-40 occasionally fails to generate a proper
control sentence(T6), resulting in a loop.

* Evaluation of the model judgment. We fur-
ther evaluate the quality of the model judg-
ment in Figure 8. As shown in Figure 9, com-
pared to the ground truth, GPT-4o cites only
basic provisions of the Civil Code while omit-
ting relevant interpretive clauses issued by the
Supreme Court, which offer detailed guidance,
leading to misjudgments.

* Evaluation of the model-drafted complaint.
As shown in Figure 10, GPT-40 often rigidly
reproduces format labels without proper mod-
ification. In 31.18% of Complaint Drafting
cases, GPT-40 preserve the content within
parenthese. In 6.45% of cases, GPT-40 in-
correctly split the format label "Evidence and
Source of Evidence; Witness and Their Ad-
dresses" into two distinct components.
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r ‘Judge: The court is in session. |

[Law]
| 1. Article 1191 of the Civil Code of the Peaple’s Republic of China: The manager of public facilities such as roads, bridges, tunnels shall bear tort liability for damages caused by defects.

|2 Article 13 of the Civil Procedure Law of the People’s Republic of China: Parties have equal rights in civillitigation. R

1 |
| udge: <Speaking to the Plaintiff>Please verify your identity information, including name, gender, date of birth, ethnicity, and address. |
| T2 | Plaintif: Your honor, he information of my client s as follows: Name: Sun Mouiie, Gender: Female, Date of Birth: Novernbes 1, 1999, Enicity: Han, Address: Wanquan Distict, Zhangiskou Cit. |
| | Jndge: <Speaking o the Plainiff> After verification, the identity information of plaintiff Sun Moujie matches the information obtained before the court session. Verification successful. The plaintiff Sun Moujic and her litigation agent are allowed to participate in this |
ase.
I | Plaintif: Confirmed. |
I T4 | Judge: <Speaking to the Defendant> Please verify your side’s identity information, including the name of the unit, legal representative’s name, and address. |
| | Defendant: Your honor, the information of my client i as fllows: Name: Zhangjiakou XXX Construction Co., Lid. Legal Representative: Xue Mou. Address: jiakou Economic and Zone. |
=

2 | : ing to the Defendant> After verification, the identity information of defendant Zhangjiakou XXX Construction Co., Ltd. matches the information obtained before the court session. Verification successful. The defendant and its litigation agent are |

g | allowed to participate in this case. I

a | | Defendant: Confirmed.

e

o

S Te | [The Judge fails to generate the control sentence, indicating agent’s shortcomings in procedural-following capability] |
&~ | Judge: This court announces the composition of the trial panl and the applicable trial procedure: I will serve as the presiding judge to hear the case alone, applying the summary procedure. The trial willstrctly follow legal provisions. |

| Judge: According to relevant laws, this court informs both parties of their litigation rights and obligations: Both parties have the right to make statements, present evidence, cross-examine, debate, and apply for recusal or appeal; both parties must exercise litigation
| rights according to law, fulfllltigation obligations, truthfully state facts, and abide by court discipline. |
I ™ | e R e e T L g |
laintiff: Your honor, we do not apply for recusal
Plaintiff: Your h d ly fo 1
| T8 | Judge: <Speaking to the Defendant> This court informs you of your right to apply for recusal. Do you apply for recusal? |
| | Defendant: Your honor, we do not apply for recusal. I
| g | Judee: <Speaking t the Plaindit> Do you understand the legal consecuences of absent ial? |
laintiff: Your honor, we understand the legal consequences of absent trial
I Plaintiff: Your h derstand the legal conseq Fabs 1 |
| T10 I Judge: <Speaking to the Defendant> Do you understand the legal consequences of absent trial?
| Defendant: Your honor, we understand the legal consequences of absent trial. |
1 1
s T | [The Judge decides to start the Investigation Stage] I
| | Judze: <Speaking to the Plaindif> The matters of the trial phase have been complted. Now enteing the court investigation phase. Please state your facts of the wsuit and litigation request, |
Plaintiff: Your honor, our facts and requests are as follows: At about 10:50 on September 7, 2024, the plaintiff Sun Moujie drove a small sedan with license plate Ji G6xxxx from east to west on Zhangian Street to x x Road, where a road surface depression caused
| | damage to the vehicle’s front tire. According to handling by the Zhangjiakou Public Security Traffic Police Brigade Fifth Team, the defendant Zhangjiakou XXX Construction Co., Lid. should bear full responsibility. Based on the above facts, we request: Order the |
| | defendant to compensate the plaintiff for vehicle repair costs and other losses totaling 1300 yuan; The litigation costs of this case to be borne by the defendant. I
| | Judge: <Speaking to the Defendant> Please state your defense opinion. |
T12 | Defendant: Your honor, our defense i as follows: Regarding the plaintif’s claims, our company believes they are unreasonable for three reasons: First, such road conditions, especially after ain o snow, are hard to detect immediately; potholes may not appear initally
| | or be obvious uniil pressed by vehicles later. Constant 24-hour monitoring is unrealistc. Our company conducts bi-daily paiols per the “Urban Road Maintenance Technical Specification” for secondary roads, fulfilling the road inspection duy. |
| Second, whether the plaintifs driver was speeding or should have slowed down and avoided the pothole also carries responsibility on the driver’s part. Third, the tire’s mileage and wear are uncertain; the tire may have been near or at it lifespan, making blowouts more
| tikely. In summary, the tire blowout caused by road potholes is an uncertain accident. Our company conducted inspections and maintenance per relevant standards and should not bear responsibility for the accident. |
I e e e L e B L T e |
| T13 | Plain: Your honor, we fist present Evidence I the Road Traffi Accident Cetifcate No. 0009070101 issued by the Zhangiiakou Public Security Traffc Police Brigade Fifth Team. This certificate proves the accident acts and that the defendant bears ull |
I | responsibility. |
| T14 | Judge: <Speaking (o the Defendant> The plaintiff has presented Evidence 1 th traffic aceident certifcae. Please comment on the authenticty lgality, and relevance of his evidence. Ifyou have abjections, please explain |
| | Defendant: Your honor, we have no abjection to Evidence 1 presented by the plaintif.
Ti5 | Judge: <Speaking to the Plaintiff> The defendant has no objection to Evidence 1. Please continue to present other evidence or indicate you have completed your evidence submission. |
| | Piaintift: Your honor, we continue with Evidence 2: the repair invoice for vehicle Ji G6x . This proves the repair cost of 1300 yuan due o the acident. |
= | T16 | Judge: <Speaking to the Defendant> The plaintiff has presented Evidence 2, the vehicle repair invoice. Please comment on ts authenticity, legality, and relevance. If you have objections, please explain. |

H | | Defendant: Your honor, we have no objection to Evidence 2. |
2

%1117 | dudge: <Speaking (o the Plaindfr> The defendant has no objction to Evidence 2. Please continue of state completion |
- I | Plaintiff: Your honor, we continue with Evidence 3: photos and videos taken at the accident scene. This shows the actual condition including the road depression. |

o

Z | T8 | Judee: <Speaking to the Defendant> The plaintiff has presented Evidence 3, photos and videos of the accident scene. Please comment on its aulhenticty, legaity, and relevance. If you have objection, please explain. I
= | | Defendant: Your honor, we have no abjection to Evidence

T19 | Judge: <Speaking to the Plaintiff> The defendant has no objection to Evidence 3. Please continue or state completion. |
| | Phaintif: Your honor, we continue with Evidence 4: the vehicle registration cerificate for Ji G . This proves the plainiifls legal ownership of the vehicle. |
| T20 | Judee: <Speaking to the Defendant> The plaintiff has presented Evidence 4, the vehicle registration cetifcate. Please comment onits authentiity legality, and rlevance. If you have objections, lease explain. |
| I Defendant: Your honor, we have no objection to Evidence 4. |
| 121 | dudge: <Speaking to the Plaindife> The defendant has no obiection 0 Evidence 4. Please continue of stae compltion. |
I | Plaintiff: Your honor, finally, we present Evidence 5: Sun Moujie’s driver’s license. This proves the plaintiff’s legal driving qualification. |
| T22 | Judge: <Speaking (o the Defendant> The plainif has presented Evidence 5, th drivers license. Please comment on ts authenticty legality, and relevance. If you have objections, please explan. I

| Defendant: Your honor, we have no objection to Evidence 5

T23 | Judge: <Speaking to the Plaintiff> The defendant has no objection to Evidence 5. Please state whether you have completed your evidence submission. |
| | Plaintiff: Your honor, we have completed evidence submission. |
| T24 | Judee: <Speaking to the Defendant> The plaintiff has completed evidence submission. Please present your evidence and explain. The court will sk the plaintiff to commen. |
| I Defendant: Your honor, we have no evidence to present. I
| T25 | Judee: <Speaking to the Plaintift> Both partics have compleed evidence and cros-examinaton. Now entring the court investigation questioning phase. Pleasc answer the following questions: Did the plaintiftake ressonable avoidance measure a the ime ofthe |

accident? Did the plaintiff immediately report the accident to relevant authorities?
| | Phaintift: Your honor, regarding your uestions, the plaintiff could not take avoidance measures in time due to the sudden road depression. After the accident, the plaintif immediately reported to the Zhangjiakou Public Security Traffic Police Brigade Fifth Team, who |
| | handled the case. I
| 126 | Sudse: Speaking o the Defendant> Plase answer: Did your s condt egula pirlsofth scedent secion? Was the road depession discoverd and waming o repais messure aken? o plesse explin why. |
Defendant: Your honor, we conducted regular patrols per the “Urban Road Maintenance Technical Specification” requiring bi-daily patrols. The road depression may have resulted from rain, snow, or vehicle pressure and was not detected in time, 50 no warning or
| | repair s made. Due to the uncertanty and accidental nature of oad conditions, 24-hour real-ime mnitoring is impossible |
1 | 1The Judge decides to start the Debate Stage] |
| T27 | Judge: <Speaking to the Plainiff> The court investigation phase is complte. Now entering the ral debate phase. Please debate based on the summarized dispute points, facts, responsibiliy division, and legal application. I
| Pratntier: Your honor, inthe debate phase, the dispute focuses on whether the defendiant i respansible forthe accident and should compensate the plaintff First, on fact: The accident was caused by the road depression damaging the plaintiff’s vehicle ire. According to
| | the rafic accidentcertificate, the defendant bears full esponsibiliy: Second.sesponsiblity: The defendant, a th foad maiatenanc unt is responsibl fo ensuring oad safety. Although claiming regular patrol, the defendant fuled o detet and repais the depression |
timely, breaching reasonable management and maintenance duties. Third, legal application: According to law, road units bear for accidents caused by road defects. Therefore, we request the court order the defendant to
| | compensatc the plaintiff 1300 yuan repair costs and bear ltigation fees. In conclusion, the defendant should bear full responsibility and compensate the plaintiff. We ask the court to support our claim. |

L
= | T28 | Judge: <Speaking to the Defendant> Please debate based on summarized dispute points, facts, responsibility division, and legal application. |
2| | Refendaat: You iono, n the deba pase e cispui fooies on hetherthe defendan s responsile and bl fo compensation. it (s Th acident s cased by thotoed depresion daasinth plailif’ i, However, th depression may bede o min, ||
a snow, or vehicle pressure, having uncertainty and accidental nature. Second, responsibility: The defendant conducted bi-daily patrols per the “Urban Road Maintenance Technical Specification” and fulfilled reasonable duties. Due to road condition uncertainty, 24-hour

| | monitoring is impossibi; filure to detect and repair i time should not be deemed neglect. Third, legal application: The accident i an uncertain accident; the defendant fulfilled reasonable patrol and maintenance duties and should not bear compensation liabilit. In |
I | conclusion, the defendant fulfilled reasonable duties; the accident is an uncertain accident. The defendant should not bear responsibility or compensate. We request dismissal of the plaintiff’s claims. |
| To | Judse: <Speaking to the Plaintift> Debate s finished. Do you have anything else 0 add? I
| | Pratntir: Your honor, we have no further additions. We ask the court to support our lairs based on submitted evidence and arguments

T30 | Judge: <Speaking to the Defendant> Debate is finished. Do you have anything else to add? |
| | Defendant: Your honor, we have no further additions. We ask the court o dismiss the plaintff’s claims based on submitted evidence and arguments. |

g I | [The Judge decides to start the Mediation Stage| I
< | T31 I Judge: <Speaking to the Plaintiff> The trial debate phase is completed. Now entering the court mediation phase. Do you agree to mediation? |
k] Plaintiff: Your honor, we refuse mediation.

k]

g | | , : I
= Judge: <Speaking to the Defendant> Do you agree to mediation?

T32 | Defendant: Your honor, we refuse mediation. |
1 e
r‘[The Judge decides to make the final Decision] -1
| [Court Reasoning] |

‘This court holds that the dispute focuses on whether defendant Zhangjiakou XXX Construction Co., Ltd. is responsible for the accident and whether it should compensate plaintiff Sun Moujie. According to findings, the accident was caused by road depression on defendant’s

° | e i) Camsin G o e pIaTairTa i fired NG s i were et a€ i i Al et Oefoadat s guta el s o €U ol Mofafesiaacs T<clicll Spocications i uled o ety detect ! epeis e Gopression | Ercaching |

S0 | reasonable maintenance dutcs. Road management unts bearlability foraccidents caused by road defects. The plintiff submitted evidence including the traffic accident crtifiate, repair invoice, acsident scene photos/videos, vehicl registation, and drivers license,proving
& | accident facts, plaintfs loss, and legal driving qualifications. The defendant raised no objetions and submittd no rebuttal evidence. In coreclusion, the defendant failed reasonable maintenance duties and should bear fulllabilty. The plaintfP’s claims arc lawful and supported. |
@

g I [Court Judgment] I
2 | The court rules as follows: |
5 (D Zaeek 00 Constpetion Colctatell cmppenmeisp it TSz o o0 o iclo e
& 1 2 Litigation costs shall be bome by the defendant. |

Figure 8: Qualitative result of GPT-40 as the judge in Civil Court. T¢ denotes the i-th interaction turn. Blue denotes
the control sentence utilized by the Judge to denote the target, while red denotes preset procedures
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[Court Reasoning]
Where a person infringes upon the civil rights and interests of another due to fault, they shall bear
tort liability. If the infringed party is also at fault for the occurrence or aggravation of the damage,
the tortfeasor’s liability may be mitigated acccrdmgly In the present case, the defendant, as the
entity responsible for the an of the road section where the incident
occurred, was obligated to fulfill its duty to ensure that the road remained in a condition suitable for
normal traffic. However, no warning signs were placed at the accident site, resulting in the plaintiff's |
vehicle’s right front wheel hitting a depression in the road surface, which led to a tlre blowoul This
indicates that the defendant failed to perform its and mai

|

|

|

|

|

|

|

|

|

| Therefore, the defendant shall bear liability for the plaintiff’s legitimate and reasonable losses.
| Nonetheless, the plaintiff also bears certain fault for the occurrence of the accident, as they failed to
| exercise reasonable caution, and should accordingly assume a proportion of responsibility.

| Regarding the defendant’s claim that the blowout might have been caused by factors such as the

| mileage or wear of the plaintiff's tire, since the defendant failed to provide sufficient evidence in

| support of this claim, the court does not accept this line of defense.

| [Court Judgment]

| The court rules as follows:

| 1. The defendant, Zhangjiakou XX Construction Co., Ltd., shall, within five days from the effective
| date of this judgment, compensate the plaintiff, Sun Moujie, in the amount of RMB 1,040 for tire
| repair expenses.

| 2.1f the monetary obligation is not fulfilled within the period specified in this judgment,

| interest on the delayed payment shall be doubled for the period of delay, in accordance with
| Article 264 of the Civil Procedure Law of the People's Republic of China.

| 3. The case acceptance fee of RMB 50 shall be halved, totaling RMB 25, which shall be borne by
| the defendant, Zhangjiakou XX Construction Co., Ltd.

| 4. This judgment is final.

| [Law]

| 1. Article 1165, 1173, 1184 of the Civil Code of the People’s Republic of China

I Procedure Law

Figure 9: Qualitative result of GPT-40 judgment in comparison with the ground truth, where errors are highlighted

N S

1 [Court Reasoning|

: This court holds that the dispute focuses on whether defendant Zhangjiakou XXX Construction Co.,

l Ltd. is responsible for the accident and whether it should compensate plaintiff Sun Moujie. According
. to findings, the accident was caused by road depression on defendant’s maintenance section, causing

I damage to the plaintiff’s vehicle tire. No warning signs were set at the time. Although the defendant

1 claims regular patrols per the “Urban Road Mamlenance Techmcal Specification,” it failed to timely

! detect and repair the d ion, b duties. Road units

| bear liability for accidents caused by road defects. The plaintiff submitted evidence including the
traffic accident certificate, repair invoice, accident scene photos/videos, vehicle registration, and
driver’s license, proving accident facts, plaintiff’s loss, and legal driving qualifications. The defendant
raised no objections and submitted no rebuttal evid . In lusion, the d dant failed
reasonable maintenance duties and should bear full liability. The plaintiff’s claims are lawful and
supported.

[Court Judgment]
The court rules as follows:
1. Defendant Zhangjiakou XXX Construction Co., Ltd. shall compensate plaintiff Sun Moujie 1300
yuan[Error: wrong compensation sum] for vehicle repairs;
2. Litigation costs shall be borne by the defendant.
[Error: omit other judgments|

[Law]

1. Article 1191[Error: wrong article] of the Civil Code of the People’s Republic of China: The

manager of public facilities such as roads, bridges, tunnels shall bear tort liability for damages caused

by defects.

2. Article 13 of the Civil Procedure Law of the People’s Republic of China[Error: Incorrect Law]:

Parties have equal rights in civil litigation. |

[Error: fails to cite the SPC Interpretation] |
|

in red, and corresponding correct answers are highlighted in green

Civil Complaint
Plaintiff: Zhang, female, Han ethnicity, residing in Tiexi District, Anshan City.
Defendant: Zhang, female, Han ethnicity, residing in Tiexi District, Anshan City.
Claims:
1. The plaintiff respectfully requests that the People’s Court order the defendant to return the 24K
gold necklace, 24K gold bracelet, and 24K gold pendant purchased by the plaintiff, with a total
value of RMB 16,328.4.
The plaintiff further requests that the defendant bear all litigation costs, attorney drafting fees,
and photocopying expenses incurred in this case.
Facts and Reasons:
The plaintiff and defendant are friends. On January 2, 2023, the plaintiff purchased a 24K gold
necklace, 24K gold bracelet, and 24K gold pendant at Liuguifu Jewelry Store for her granddaughter,
with a total value of RMB 16,328.4. After the purchase, the plaintiff asked the defendant to check
whether the items looked good and if her granddaughter would like them. The defendant, after
inspection, said that these styles were only worn by elderly women and that young people did not
wear such designs. The defendant then offered to help the plaintiff exchange them for different styles
and took away the necklace, bracelet, pendant, and the invoice. Subsequently, when the plaintiff
inquired several times about the excl the d dly evaded with various excuses.
Later, the plaintiff approached the defendant multiple times, but the defendant refused to return the
items and repeatedly insulted the plaintiff. The plaintiff was left with no choice but to bring the matter
to court, requesting that the court lawfully support the plaintiff’s claims.
Evidence and Source of Evidence; Witnesses and Their Addresses:
1. One audio recording.
2. one screenshot of the purchase details.

2,

Civil Complaint
should be r

Plaintiff (Natural Person) [Error: par
ethnicity, residing in Tiexi District, Anshan City.
Defendant (Natural Person) [Error: parenthetical should be removed]: Zhang, female, Han
ethnicity, residing in Tiexi District, Anshan City.

Claims:

1. The plaintiff requests the court to order the defendant to return the jewelry purchased by the
plaintiff, specifically one pure gold necklace, one pure gold bracelet, and one pure gold pendant, with
a total value of RMB 16,328.4.

2. The plaintiff requests that all litigation costs, attorney’s fees (for legal document drafting), and
photocopying expenses incurred in this case be borne by the defendant.

Facts and Reasons:

The plaintiff and the defendant are friends. On January 2, 2023, the plaintiff purchased a pure gold
necklace, bracelet, and pendant from Liuguifu Jewelry Store, totaling RMB 16,328.4. The plaintiff
handed the jewelry to the defendant to examine whether the style was suitable. The defendant claimed
she could assist in exchanging the items and took both the jewelry and the receipt. However, to date,
the defendant has failed to return the jewelry, repeatedly delaying and even verbally abusing the
plaintiff. The plaintiff has made multiple demands for return of the items, all of which have been
refused. The plaintiff is therefore filing this lawsuit, the court to d her legiti

rights and interests in accordance with the law.

Evidence and Source of Evidence; Witnesses and Their Addresses:

1. Audio recording: A conversation between the plaintiff and the defendant, demonstrating that the

d: dant acknowledged ion of the jewelry.

2. Screenshot of purchase details: Proof of the plaintiff’s jewelry purchase at Liuguifu Jewelry Store,
showing the value and ownership of the items.

3. No witnesses. [Error: no need to emphasize]

|: Zhang, female, Han

Figure 10: Qualitative result of GPT-40 drafted complaint in CD, where highlighted bold red boxes denote format
errors, and green denotes corresponding correct answers
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Figure 11: Complaint Format
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Civil Defence

Defendant (if a natural person): XXX, male/female, born on XXXX-XX-XX, of X ethnicity, residing
at XXXXXXX.
Defendant (if a legal entity): XXX, legal representative: XXX, address: XXXXXXX.

In response to the lawsuit filed with the XXX People’s Court, case no. (XXXX) ... Min Chu ...,
involving (parties and cause of action), the defence is as follows:

...... (state defense arguments)

Evidence and sources, names and addresses of witnesses:

REEREIR
EBA (IMREZBRAN) 1 XXX, B/k, XOXXEXBXXBE, XK, EXXXXX,
EBA (IRBZEN) 1 XXX, EERFAT XXX, AR XXXXKX,

IHOXXARZERE OOXXX) .RA.5.. (ERHEANERH) —ROEF, EHOAT:
...... (BEHRERENL)
IERFINERESRR, IEASRMERN:

Figure 12: Defence Format
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p=
Civil Court Stages(English Version)

N

KOpening of the Hearing(Do not include numerical sequence indicators. Each item must be handled in a separate
round. Do not merge multiple items into a single step.)

1. You shall verify the identity of the plaintiff. If the verification is successful, you shall permit the plaintiff and their
litigation representative to participate in the proceedings.

2. You shall verify the identity of the defendant. If the verification is successful, you shall permit the defendant and their
litigation representative to participate in the proceedings.

3. You shall announce the composition of the trial panel and the applicable adjudication procedure for the case.

4. You shall inform both parties of their litigation rights and obligations in accordance with relevant laws.

5. You shall inform the plaintiff of their right to request the recusal of judicial personnel and inquire whether they wish
to file such a request.

6. You shall inform the defendant of their right to request the recusal of judicial personnel and inquire whether they wish
to file such a request.

7. You shall inquire whether the plaintiff understands the legal consequences of a trial conducted in their absence.

8. You shall inquire whether the defendant understands the legal consequences of a trial conducted in their absence.
Court Investigation(Do not include numerical sequence indicators. Each item must be handled in a separate
round. Do not merge multiple items into a single step.)

1. You shall request the plaintiff to state the facts of the case and the claims being made.

2. You shall request the defendant to present their defense arguments.

3. You shall initiate the evidence production and cross-examination process. Request the plaintiff to present evidence
and invite the defendant to express their opinion regarding the plaintiff’s evidence. If the defendant raises objections,
you shall invite the plaintiff to respond to the defendant’s objections. Repeat this step until the plaintiff has presented all
evidence. Then request the defendant to present their evidence, allow the plaintiff to respond, and subsequently invite
the defendant to comment on the plaintiff’s responses.

4. After both parties have completed the production and cross-examination of evidence, you shall pose questions to the
plaintiff; After both parties have completed the production and cross-examination of evidence, you shall pose questions
to the defendant. At this stage, the parties are not allowed to question each other or to engage in debate. Do not confuse
court investigation with court debate.

Court Debate(Do not include numerical sequence indicators. Each item must be handled in a separate round. Do
not merge multiple items into a single step.)

1. You shall request the plaintiff to present arguments on the summarized issues of dispute, including facts, liability
attribution, and the application of law.

2. You shall request the defendant to present arguments on the summarized issues of dispute, including facts, liability
attribution, and the application of law.

3. After the debate, you shall inquire whether the plaintiff has anything further to add.

4. After the debate, you shall inquire whether the defendant has anything further to add.

Court Mediation(Do not include numerical sequence indicators. Each item must be handled in a separate round.
Do not merge multiple items into a single step.)

1. You shall inquire whether the plaintiff agrees to mediation.

2. You shall inquire whether the defendant agrees to mediation.

3. You shall inform the parties that judgment will be rendered at a later date and declare the hearing adjourned.

Final Judgment(Do not include numerical sequence indicators. Each item must be handled in a separate round.
Do not merge multiple items into a single step.)

1. You shall generate the corresponding reasoning and render the final judgment, accompanied by the applicable legal

provisions. The reasoning section must begin with “The Court holds that”, and this phrase must appear only once within

the entire paragraph of legal reasoning. Conclude your statement with: <End of hearing>

K

Figure 13: Civil Court Stages and Actions(English Version)
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—. <FFEFE-MER, REKKERNTER (FEREEFFSS, STEMME FESH) @ L REXRELEA
B4, HREBNNAETRELEARFAREASSIFR, 2 REEHELEASY, EXERNUETFRELEAR
IFAREAS SRR, 3. EREAENERMEAREANTARR 4 KREEREMNITT HEAFANFIFIFIANL
%, 5 ARG SEABBAONFFH GO LSTEREEE, 6. HHMKELRTABBRAONF G ETEHIBEE, 7.80FRE
EEMRREREER, 8 WEHERAHRREHRERR.

= <EERESNER, REKRKTERMTER (FRREEBEFFIS, SHEMAME, TR @ L RERRERRE
IFERMFAER, 2. RERWEEFRZMRIA, 3. RABRFERIE, BREHFERFFHERREHELRACEE,
MR ERPRERL, FEEREUREREBNLFE L. ERNSREZREN TRMAIEERE, FFREHRIE
BIFARERIE, ZEEFREERERIEBNARES 4 RARIERIES, BRERERE, 5 RAFERIES, B
REEERE. LHERAAFRTTEE, BRAFRTTHIE. FRREEERENEERL.

=, <EERHEMER, REKKERMTER (FEREMFFIS, SWEMME, FESH) @ 1 RERRERES
HFHFWER. BR. FENDMERERERFEEL 2 RERFERBABFHFWAR. FX. JEWUIH
FEERERIEEML, 3 MtxE, REEREEEEERMBENN, 4 MtRR, REEREREEHAMMEE
A9,

M. <EEEFMER, RERRTERNTER (FRERBFFIS, SRERMRE, FEEH) @ L ANREREERE
AR 2. \WEEERERRER 3. SMEHEH, FERHE.

. <RETHMER, RERRTERN TR EMENMNTERR, SEREFR, FIREEENZES. HIEBD X
\LX“ZKI?fEiAiJ"ﬁ%, FE AR REBREEFHI—K, EREN<ERER"ERENES.

Figure 14: Civil Court Stages and Actions(Chinese Version)
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Criminal Court Stages(English Version) D
\

(1) <Opening of the Hearing> stage, you shall complete the following items in sequence (do not include numerical
sequence indicators, handle each item in a separate round, and do not merge multiple items):

1. You verify the identity information of the defendant. If the defendant’s identity is successfully verified, you permit the
defendant and the defense counsel to participate in the litigation.

2. You confirm whether the defendant has any prior criminal records or bad conduct, and you inform the defendant of
the charges brought against them.

3. You announce the composition of the trial panel and the adjudication procedure applicable to the case.

4. You inform the defendant, the defense counsel, and the public prosecutor of the right to apply for recusal according to
relevant legal provisions, and inquire whether they wish to apply for recusal.

5. You ask the defendant whether they plead guilty and accept punishment. If the defendant pleads guilty, further
confirm whether they understand the legal consequences.

(2) <Court Investigation> stage, you shall complete the following items in sequence (do not include numerical
sequence indicators, handle each item in a separate round, and do not merge multiple items):

1. You request the public prosecutor to read out the facts that have been ascertained and the relevant charges.

2. You hear the defendant’s statement on the content of the indictment.

3. You hear the defense counsel’s opinion on the content of the indictment.

4. You question the defendant.

5. You request the public prosecutor to present evidence.

(3) <Final Judgment> stage, you shall complete the following items in sequence:

1. You generate the corresponding reasoning, render the final judgment, and append the applicable legal provisions after
the judgment. The reasoning section must begin with “The Court holds that”, and “The Court holds that” must appear
only once within the entire reasoning paragraph.

End your statement with "<End of hearing>".

Criminal Court Stages(Chinese Version)

. <FFERIESME, RERRATRNTER (FRREEFFSS, SUMEMME, FEEH) 1L RESHESEAS
MES, BERELAFASHEITIR, RETRESEASHEMPASSIFL, 2 RPREESEARTEIRSE,
REMBIEENESR, 3. RETHHENARRAREANTAER, 4 REBEXEENESMRELFAN. WEP
ASRNFIAACERIBEEMF], FiaRRERIBEE, 5 RARKESEARTIAEING, HNE, #—SHIAER
BEEEFERR.
= <SEERENER, REKRXERNTER (RAREERBFFIS, STEMER, TEEHF) 1 RERAFVXER
FRFEL. FXRER 2 RTBERESEANRIFARNGR, 3. RITBEEHFABIFARNEL, 4 ROHESE
ABEFTIE); 5. RER AL R UERR
=, <RATHNER, RERRERNTER: RESHERNHEAR, SEREHR, FIRERKENER. RERS
RABEAR FF3k, IR ABIAN REBRIEE D HIR . EREN <ERER"ERE.

Figure 15: Criminal Court Stages and Actions
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