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Preface

Introduction

The second NCME-sponsored Artificial Intelligence in Measurement and Education Conference (AIME-
Con) brought together an interdisciplinary community of experts working at the intersection of artificial
intelligence (AI), educational measurement, assessment, natural language processing, learning analytics,
and technological development. As AI continues to transform education and assessment practices, this
conference provided a critical platform for fostering cross-disciplinary dialogue, sharing cutting-edge
research, and exploring the technical, ethical, and practical implications of AI-driven innovations in
measurement and education.

Conference Theme - Measurement Science in AI-Integrated Assessment and Pedagogy

The second NCME-sponsored Artificial Intelligence in Measurement and Education Conference (AIME-
Con) focused on illustrating ways that artificial intelligence is reshaping assessment, feedback, and ped-
agogy, while underscoring that these innovations must be anchored in rigorous measurement science. As
AI systems expand the possibilities for scoring, item generation, adaptive tasks, and personalized instruc-
tional support, they simultaneously create new demands for evidence about what these systems measure,
how well they measure it, and how they affect learning. The conference theme “Measurement Science in
AI-Integrated Assessment and Pedagogy” frames psychometric principles—validity, reliability, fairness,
and instructional effectiveness—as the foundation for responsible AI design and evaluation. It highlights
the necessity of integrating measurement theory, data science, and learning research to guide the devel-
opment and use of AI tools. The theme signals a commitment to advancing not only the capabilities of
AI but also the evidentiary standards required to ensure these technologies enhance education.

The National Council on Measurement in Education

The National Council on Measurement in Education is a community of measurement scientists and prac-
titioners who work together to advance theory and applications of educational measurement to benefit
society. A professional organization for individuals involved in assessment, evaluation, testing, and other
aspects of educational measurement, our members are involved in the construction and use of standard-
ized tests; new forms of assessment, including performance-based assessment; program design; and pro-
gram evaluation. Learn more about NCME, including our goals and our leadership, at www.ncme.org.
We are grateful to the NCME.
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NCME Special Interest Group on Artificial Intelligence in Measurement and Education

The AIME SIGIMIE seeks to advance the theoretical and applied research into AI of educational mea-
surement by bringing together data scientists, psychometricians, education researchers, and other inter-
ested stakeholders. The SIGIMIE will discuss current practices in using Generative AI, approaches to
evaluate their precision, accuracy, and areas where more foundational research is required into the way
we test and measure educational outcomes. This group seeks to create a strong professional identity and
intellectual home for those interested in the use of AI in many areas, including automated scoring, item
evaluation, validity studies, formative feedback, and generative AI for automated item generation.

Proposal Requirements and Review Process for Full Papers

AIME-Con invited submission of “Full Papers”, which were submissions of up to six pages (exclud-
ing references, tables, and figures), prepared using the ACL LaTeX or Word templates. These papers
presented completed research or theoretical work intended for inclusion in the published conference pro-
ceedings. Submissions included a title (≤ 12 words), a brief abstract (≤ 50 words), a designated topic of
interest, and the full paper. Submissions were blinded for peer review.

Submissions were evaluated by members of the review committee using a rubric that evaluated the fol-
lowing dimensions:

• Relevance and community impact: pertinence to the conference theme and AI in measurement
and education community broadly, and potential contribution to current discussions and challenges
in the field.

• Scholarly or practical significance: scholarly merit or practical importance of the work, and
potential impact on theory, practice, or policy.

• Methodological rigor: coherence and appropriateness of the proposed methods, techniques, and
approaches; and soundness of the overall research design.

• Strength and trustworthiness of the results and conclusions: whether the proposed analysis
and interpretation methods yielded trustworthy results and conclusions that contribute valuable
knowledge to the field.

For the purposes of this conference, “AI” was defined broadly to include rule-based methods, machine
learning, natural language processing, and generative AI/large language models. Reviewers provided
constructive feedback and overall recommendations to ensure that accepted sessions reflected both schol-
arly merit and practical value to the AI in measurement and education community.

xi



Organizing Committee

NCME Leadership

Kadriye Ercikan, Ph.D. (President)
Susan Lyons, Ph.D. (Executive Director)

Conference Chairs

Joshua Wilson, Ph.D., University of Delaware
Christopher Ormerod, Ph.D., College Board
Magdalen Beiting-Parrish, Ph.D., EdAlfy, CUNY Graduate Center

Proceedings Chair

Nitin Madnani, Ph.D., Duolingo

Program Chairs

Joshua Wilson, Ph.D., University of Delaware
Christopher Ormerod, Ph.D., College Board
Magdalen Beiting-Parrish, Ph.D., EdAlfy, CUNY Graduate Center
Polina Harik, Ph.D., NBME

xii



Program Committee

Program Chairs

Joshua Wilson, Ph.D., University of Delaware
Christopher Ormerod, Ph.D., College Board
Magdalen Beiting-Parrish, Ph.D., EdAlfy, CUNY Graduate Center
Polina Harik, Ph.D., NBME

Reviewers

Ketan , University of Massachusetts Amherst
Tazin Afrin, NBME
Norah Almousa, University of Pittsburgh
Talal Alzabidi, University of North Carolina Greensboro
Kylie Anglin, University of Connecticut
Olukayode Apata, Texas A&M University
Sergio Araneda, Caveon
Burcu Arslan, ETS Research Institute
Aydan Azimzade, Teachers College, Columbia University
Damilola Babalola
Justin Barber, Pearson
Mark Beck, Measurement Incorporated
Ahmed Bediwy, Pearson
Kashish Behl, ETS
Magdalen Beiting-Parrish, EdAIfy, CUNY Graduate Center
Ummugul Bezirhan, Boston College
Obed Boateng, Virginia Commonwealth University
Kelly Boden, Amira Learning
Brad Bolender, Finetune by Prometric
Laine Bradshaw, Pearson
Jill Burstein, Duolingo
Leon Camus, DIPF | Leibniz Institute for Research and Information in Education
Roti Chakraborty, American Institutes for Research
Shubham Chakraborty, Arizona State University
Jie Chen, Measurement Incorporated
Siyuan Chen, Duolingo Inc.
Ikkyu Choi, ETS
Jeongwon Choi, Vanderbilt University
S. Thomas Christie, Renaissance Philanthropy
Michael Chrzan, Center for Educational Data Science and Innovation, University of Maryland
Ruhan Circi, American Institutes for Research
Dante Cisterna, ATLAS - University of Kansas
Amy Clark, ATLAS: University of Kansas
Susan Davis-Becker, ACS Ventures LLC
Victoria Delaney, San Diego State University
Onur Demirkaya, Riverside Insights
Rahul Divekar, Bentley University
Svetlana Dmitrieva, University of South Carolina
Enis Dogan, NCES

xiii



Andrew Emerson, National Board of Medical Examiners
Farina Faiz, George Mason University
Fen Fan, National Board of Medical Examiners
Meng Fan, HUMRRO
Michael Fauss, ETS
Yetunde Fawehinmi, Texas A&M University
Peter Foltz, University of Colorado - Boulder
Julius Frost
Jie Gao, McGill University
Guher Gorgun, University of Georgia
Irina Grabovsky
Edith Graf, Proof-of-Concept Learning LLC
Joe Grochowalski, College Board
Yi Gui, Measurement Inc
Suhwa Han, Cambium Asessment
Polina Harik, NBME
Brian Harrold, University of South Carolina
Yong He
Michael Hemenway, Pearson
Langdon Holmes
Shahin Hossain
Jing Huang, Purdue University
Sijia Huang, Indiana University Bloomington
Wei Huang, University of Alabama, College of Education
Yue Huang, Measurement Incorporated
Fareya Ikram, University of Massachusetts Amherst
Megan Imundo, WGU Labs
Gregory Jacobs, Pearson
Paul Jewsbury, Duolingo
Yanlin Jiang, NCCPA
Ji Yoon Jung, Boston College
Julie Jung, Harvard University
Tzur Karelitz, National Institute for Testing & Evaluation (NITE)
Farzan KarimiMalekabadi, Edmentum
Euigyum Kim, Sogang University
Eileen Koh, Purdue University
Harvey Ngoe Kolle, University of Alberta
Miryeong Koo, University of Illinois at Urbana-Champaign
Tianqi Lang
Antonio Laverghetta Jr., Wesleyan University
Thuy Dieu Le, University of Massachusetts Amherst
Sophia Lebaschi, California State University Northridge
Haneul Lee, University of Massachusetts Amherst
Jimin Lee, Clark University
Will Lee, UMass Amherst
Youlim Lee, University of Massachusetts Lowell
Arun Balajiee Lekshmi Narayanan, University of Pittsburgh
Jennifer Lewis, University of Massachusetts Amherst
Jujia Li, University of Alabama
Tianwen Li, University of Pittsburgh
Zhifei Li

xiv



Guangming Ling, ETS
Helena Liu, West Lafayette Junior/Senior High School
Xiang Liu, ETS
Yong Luo, Pearson
Meng Lyu
Jing Ma, University of Iowa
Ye Ma, Amazon Web Services
Hotaka Maeda, Smarter Balanced
Henry Makinde
Michael McCarthy, Education Collaboratory at Yale University
Vandhana Mehta, Pearson
Steven Moore, George Mason University
Josh Moskowitz, Acuity Insights
William Muntean, National Council of State Boards of Nursing
NaRa Nam
Sungjin Nam, ACT Education Corp.
Anna Nasyrova, University of Massachusetts Amherst
Chunling Niu, The University of Texas at San Antonio
Teresa Ober, ETS
Burhan Ogut, American Institutes for Research
Christopher Ormerod, College Board
Corey Palermo, Measurement Incorporated
Jung Yeon Park, George Mason University
Hallie Parten, University of Virginia
Benjamin Pierce, Institute for Intelligent Systems
Prashreet Poudel, Western Carolina University
Jiten Pradhan, American College of Cardiology
Emily Proctor, College of Engineering, Purdue University
Aleena Raj, Kaplan North America
Ranjidha Rajan, MSU Denver
Brandi Robinson
Alex Rudniy, Drew University
Christopher Runyon, National Board of Medical Examiners
Ruchi Sachdeva, Pearson
Tahira Saddiqa, university of North Texas
Zachary Schultz, Cambium Learning Group Inc.
Jonathan Schweig, RAND
Qian Shen, University of Florida
David Shin, American Board of Psychiatry and Neurology
Jinnie Shin, University of Florida
Anthony Shiver, Law School Admission Council
Gozde Sirganci, Southern Methodist University
William Skorupski, Amira Learning
Dan Song, The University of Iowa
Angela Starrett, University of South Carolina
Gordon Stein, Renaissance Philanthropy
Sunday Stein, San Diego State University & University of California
Javier Suárez-Álvarez, University of Massachusetts Amherst
Susha Suresh, Acuity Insights
Judy Tang, Westat
Steven Tang, eMetric LLC

xv



Ethan Tenison, Amira Learning
Danielle Thomas, Carnegie Mellon University
Yu Tian, Arizona State University
Lingbo Tong, University of Wisconsin–Madison
Kazi Md Rukan Uddin, University of Houston
Kirk Vanacore, Cornell University
Claudia Ventura, University of Connecticut
Yen Vo, The University of Iowa
Matthias von Davier, Boston College
Mai Vuong, University of Pennsylvania
Cole Walsh, Acuity Insights
Kuo Wang, Southern Methodist University
Ling Wang
Ting Wang
Zuowei Wang, Educational Testing Service
Field Watts, ETS
Yumou Wei, Carnegie Mellon University
David Whitcomb, ATLAS, University of Kansas
John Whitmer, Learning Data Insights
Joshua Wilson, University of Delaware
John Workman, EQAO
Lixin Wu, University of Illinois at Urbana-Champaign
Sirui Wu, University of British Columbia
Yi-Chen Wu, National Center on Educational Outcomes, University of Minnesota
Yi-Fang Wu, Cambium Assessment Inc.
Michael Xiao, University of Washington
Weixuan Xiao, Teachers College, Columbia University
Dawei Xie, Northwestern University
Tianyu Xu, Teachers College, Columbia University
Yue Xu, University of Florida
Kang Xue, Cambium Assessment
Rohit Yadav, University of Kansas
Daijin Yang, Northeastern University
Yaxuan Yang, University of Georgia
Yiting Yao, Florida State University
Farzana Yasmin, University of Alberta
Michelle Yin, Northwestern University
Jiseung Yoo
Jessica Younger, Digital Promise
Kefan Yu
Idris Yusuf, University of Houston
Hongyi Zhai, North Oconee High School
Liang Zhang, University of Michigan
Qiongyao Zhang, Robert Morris University
Shan Zhang, University of Florida
Yuxiao Zhang, Purdue University
Zhehan Zhang, Clemson University

xvi



Table of Contents

Stochastic Constrained Test Assembly for AI-Enabled Assessment Systems
Alina A. von Davier . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1

Psychmet- Measurement Foundational Competencies ChatBot
Henry Makinde, Hope Adegoke and Mubarak Mojoyinola . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 7

Exploratory Bayesian Multidimensional IRT with Rater Effects for Scoring Generative AI Usage
Leon Camus, Sebastian Gombert, Fabíola Ribeiro, Gianluca Romano, Carmen Köhler and Hen-
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