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Abstract

Indigenous languages of the Americas face se-
vere endangerment, and the scarcity of cultur-
ally grounded resources remains a critical bar-
rier to revitalization efforts. We present the
AmericasNLP 2026 Shared Task on Cultural
Image Captioning for Indigenous Languages,
the first shared task dedicated to generating cap-
tions for images depicting Indigenous cultures
of the Americas, written in the Indigenous lan-
guages themselves. To support this, we intro-
duce and publicly release a newly constructed
dataset spanning five cultures and their domi-
nant languages: Bribri, Guarani, Yucatec Maya,
Central Veracruz Nahuatl, and Wixarika. Eval-
uation follows a two-stage process, combining
automatic evaluation using ChrF++ with hu-
man evaluation of the top-performing systems
for each language. Eight teams participate, sub-
mitting 27 systems in total. Results indicate
that the task remains largely unsolved: while
the strongest systems produce understandable
captions, they fall short on descriptive detail
and, critically, cultural grounding.

1 Introduction

Many Indigenous languages of the Americas are
endangered, spoken by small communities and at
high risk of extinction. Revitalization depends on
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Figure 1: Approximate geographic distribution of the
five Indigenous cultures covered in this work

teaching materials that are costly and slow to pro-
duce (Chiruzzo et al., 2024). Image captioning is
unusually well-suited to address this gap: pairing a
culturally specific image with a caption in the tar-
get language teaches language and culture at once,
since the learner takes in not only the words but
the practices, objects, and settings they name. Yet
producing accurate captions is hard on two fronts.
First, even in the text-only setting, the most novel



Figure 2: Representative examples from each language. Each image is shown with the sentence in the target
language (italicized) and its English translation. Note that the English translation is not released.

NLP techniques still struggle with low-resource creation (Section 2), our evaluation process (Sec-
languages (Mager et al., 2024; Weerasinghe et atipn 3.1), the submitted systems (Section 3.2), as
2025; Hettiarachchi et al., 2025); adding the visualwell as results and additional insights (Section 4

multimodal dimension only raises the bar. Secand Section 5).

ond, accurate captions demand not just linguistic )

competence but cultural knowledge—models fre2 Dataset Creation

quently exhibit substantial limitations in visual cul-\ye describe the construction of our dataset, cover-

tural understanding, defaulting to Western-centriqng the cultures and languages represented, the im-

depictions and interpretations (Nayak et al., 2024546 collection and caption annotation procedures,

Winata et al., 2025; Liu et al., 2025; Bui et al., 4514 collector recruitment, and dataset statistics.

2025). Both challenges are thus barriers to bu”dRepresentative examples are shown in Figure 2.

ing systems that serve Indigenous communities. \ye publicly release the development data in our
We introduce the AmericasNLP Shared TaskGithub repository under the Creative Commons

on Cultural Image Captioning for Indigenous Lan-NonCommercial license (CC NC-BY).

guages, the rst effort to develop systems that gen-

erate accurate, culturally grounded captions for cuik-1 ~ Cultures and Languages

turally relevant images, written in the IndigenousThe shared task features 5 cultures and their dom-

languages themselves. To make this possible, widant languages: Bribri, Guarani, Yucatec Maya,

contribute a new dataset of images and captionSentral Veracruz Nahuatl, and Wixarika.

from ve cultures and their dominant languages:_ . . o )
Bribri, Guarani, Yucatec Maya, Central VeracruzBrlbrl The Brlbrl_are an Ind|genous_pe_:ople of
southern Costa Rica. They speak Bribri (BzD), a

Nahuatl, and Wixarika; see Figure 1. Evaluation™ " :
goes beyond automatic metrics: we complementhiPchan language used by an estimated 7,000

them with a human evaluation to ensure that th&€0Ple (INEC, 2011). It is a vulnerable lan-

cultural and linguistic quality of generated captions9U29€ (Sanchez Avendafio, 2013), in that in-
is assessed rigorously. creasingly fewer children speak the language.

Eight teams participate, submitting 27 system The language has been documented through dic-

Our results show that the task remains largely urs]t_lonarles (Marge_ry, 2005; Krohn, 2.020)’ gram-
. . mars (Jara Murillo, 2018a), collections of oral
solved: while the strongest systems produce ugzl-

. . iterature (Jara Murillo, 2018b; Garcia Segura,
derstandable captions, they fall short on detail an . -
. : : ) 016; Constenla, 1996, 2006), digital corpora
critically, cultural grounding. These ndings high-

light the need for continued investment in culturally ~ *https://github.com/AmericasNLP/

; ; americasnlp2026
aware, multimodal NLP for Indigenous languages: 2https://creativecommons.org/licenses/by-nc/4.

The remainder of the paper covers the datasex
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