‘It’s like talking about how I use a pencil’:
Journalists’ use of machine translation in their work

Mary Nurminen
Tampere University, Finland

mary.nurminen@tuni.fi

Abstract

This paper is the one of the first in-depth
accounts of the use of machine translation
(MT) by journalists. It reports on a study of
Finnish journalists that was conducted
mostly in 2024 and comprised an online
survey with 68 responses and interviews
with 10 journalists. Results revealed that
participants fluently integrated MT into a
variety of journalistic processes, with an
emphasis on using it for assimilation and
dissemination; that they relied largely on
traditional online MT tools and tended to
employ MT mostly with languages they
have some competence in; and that they had
some awareness of risk and strategies for
mitigating it, but could benefit from guide-
lines and training on using MT. The article
contributes to the nascent research on the
use of MT in journalism and also to our
broader understanding of the paraprofes-
sional use of MT.

1 Introduction

Journalism has long been an international,
multilingual field, and linguistic barriers need to
be crossed in many work processes before a piece
of news reaches its audience (see Valdeon, 2015,
2020 and Ping, 2021 for overviews). This is true
for reporting about foreign events but also when
producing domestic news, since we live in
multilingual societies with globally connected
economies. For these reasons, translation has been
an integral part of journalistic processes for many
years (Bielsa and Bassnett, 2009). Although few
journalists label themselves as translators (ibid.;
see also Scammell and Bielsa, 2022: 1434), they
nevertheless have been found to perform
translation in various stages of their work.

© 2026 The authors. This article is licensed under a Creative
Commons 4.0 licence, no derivative works, attribution,
CC-BY-ND.

Nina Havumetsi
University of Eastern Finland

nina.havumetsa@uef.fi

Despite this translatorial activity, journalists are
seldom trained in translation or interpreting, nor
do they often have experience in providing profes-
sional translation services. We can consider them
to be engaged in paraprofessional translation, or
the ‘written and oral re-rendering of content across
languages, at work, by people in their profes-
sional/paid capacity that is other than translat-
ing/interpreting’ (Koskinen, 2025: 37). Indeed,
society relies on journalists to disseminate trans-
lated information on important matters, possibly
to very large audiences (Watson, 2018; Nieminen,
2024).

Considering this paraprofessional engagement
with translation, it would seem logical that jour-
nalists might also employ machine translation
(MT) in their work. However, to date there is little
research that explores this assumption. MT has re-
ceived a few mentions in research on translation in
journalistic processes (see, e.g., van Rooyen,
2018; Matsushita, 2019) or has been noted as an
area that requires further study (Song, 2020). But
to the best of our knowledge, studies of actual use
are limited (see Nurminen, 2023; Havumetsd and
Nurminen, 2025).

This lack of research and gap in knowledge led
us, at the tail end of a different project (Havumetsa
and Nurminen, 2025), to interview one journalist
specifically about their MT use. Encouraged by
the results, we launched a new project, focused en-
tirely on paraprofessional MT use in journalism,
with that interview providing the first data. We
conducted a survey and nine more interviews ex-
ploring the use of MT technology by journalists in
Finland. Our research questions involved how
journalists use MT in their work, what processes
they use it in, what their motivations are for using
it, and how they view and mitigate the risks in-
volved in relying on MT.



2 Background

2.1 The journalistic translation process

The journalistic translation process is described in
detail by Perrin and Ehrensberger-Dow (2012;
2018: 163), who studied journalists working with
multilingual source materials that did not originate
from news agencies. According to Perrin and
Ehrensberger-Dow (2012: 367), ‘rather than being
a separate process, translation is ubiquitous and
interacts with newswriting at all levels and stages’.
The process begins with a consideration of the
content and goals of the story, during which the
journalist makes translation-related decisions that
affect the end product (ibid.: 366-367). These
decisions include selecting the type of translation
(in TV news, the choice might be between
dubbing, voice-over or subtitling) and choices of
social significance, such as which representatives
of the source culture will be given a voice in the
target language story. Next, the translation itself is
performed, and finally, the translated parts are
checked and edited along with other parts of the
story. During the translation process, the journalist
reads background material and cites sources that
were spoken or written in different languages. In
performing these tasks, they draw on their own
linguistic expertise and on the language resources
available to them. The process takes place within
the social community of the newsroom, which
may include translators. It concludes with the
publication of the story in the media (Perrin and
Ehrensberger-Dow, 2012: 366-367).

Apart from news organisations that serve the
public directly, news is produced and translated in
global and national news agencies (see, e.g., Bass-
nett and Bielsa, 2009; Davier, 2021). The guiding
principles of news production, such as accuracy,
are shared widely across different types of news
organisations (see Reuters, n.d.; Council for Mass
Media in Finland, n.d.), and thus the basic journal-
istic processes may be expected to have many sim-
ilarities and be constrained by the same factors.
One of those factors is time pressure (Bielsa and
Bassnett, 2009: 68—68; Davier, 2022: 40), which
may influence the journalists’ choice of translation
methods and tools.

2.2 Machine translation use in journalism

As mentioned previously, little research has been
done on how journalists employ MT. Some studies
have examined potential MT use cases in
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journalism. The GoURMET project', which
focused on creating MT solutions for the
journalism industry, outlined potential use cases
for MT (Secker et al., 2019). Song (2020) used an
issue of human news translation to explore the
implications of potential use of MT to translate the
same passage. Navarro (2012) discussed the
effects of using MT in the news publishing process
but did not examine actual use.

A few articles do mention, or focus solely on,
ongoing use of MT by journalists. Studies by
Matsushita (2019) and van Rooyen (2018) in-
cluded anecdotal mentions of MT use in news-
rooms. Nurminen (2023) examined a case study of
one journalist’s use of MT at work and published
the findings as a first-person narrative. Havumetsi
and Nurminen’s (2025) article on journalists who
produce domestic news for linguistic minority
groups in public service media also offered an ac-
count of their MT use.

One important feature of both journalism and
paraprofessional MT use is an inherent risk and
the need for awareness and active management of
that risk. In research on journalism, two intercon-
nected types of risk have been identified: credibil-
ity risk, which can lead to a loss of trust in the jour-
nalist or the media they represent; and communi-
cative risk, which can cause misunderstandings
(Matsushita, 2015: 46, 59—60; Davier, 2022). In
MT user research, studies have focused on data se-
curity risks (Canfora and Ottmann, 2020; Nitzke
et al., 2019), risks in the variability of MT output
(Koponen and Nurminen, 2024), and risks that
arise from the use of MT in safety-critical contexts
(e.g., Vieira et al., 2020). A few studies outline
how such risks might be managed (Koponen and
Nurminen, 2024; Canfora and Ottmann, 2020).

2.3 Machine
professions

translation use in other

Although there is little research to date on how
MT is used in journalistic work, evidence is
growing of MT being employed in a
paraprofessional way in other workplaces that are
not involved in professional translation. This
includes professions that, similarly to journalism,
are entrusted with producing reliable information
on public matters.

One recent area of interest in research involves
the use of MT by public service employees. Two
recent projects employed the same survey to study
employees from across all sectors of public ser-



vices, one in the UK (Vieira, 2024) and the other
in Finland (Ilkili¢ et al., 2026). Other studies have
examined MT use in one specific sector, including
in areas such as immigration (e.g., Vieira, 2024;
Ciribuco, 2020) and healthcare (e.g., Valdez and
Guerberof-Arenas, 2025; Zappatore and Ruggieri,
2024).

Paraprofessional MT use has also been studied
in fields such as technical support (Gongalves et
al., 2022), academic research (Toledo-Baez and
Marin Navarro, 2025), patenting (Nurminen,
2020) and the legal field (Kourouni and O’Shea,
2025). For an overview of workplace MT, see
Nurminen (2025).

2.4 Technology landscape at time of study

The first data for this study was collected in an
interview in October 2023 and the rest was
gathered in April-June 2024 (see Section 3 for
details). At that time, the predominant technology
in the free online systems used by the respondents
of this study was neural MT. Both Google
(Caswell, 2024) and DeepL (DeepL, 2024) would
announce the beginning of large language model
(LLM) integration to their tools just after our data
collection was completed in June 2024. However,
OpenAl had launched the ChatGPT generative Al
tool in November 2022 (Open Al, 2022) and at the
time we gathered our data, the use of it and other
generative Al tools was growing.

This study’s data reflects the landscape de-
scribed here, with ‘traditional MT tools such as
Google Translate or DeepL’ being named as a
commonly used tool by 98% of survey respond-
ents, while only 10% used the translation function
of an LLM such as ChatGPT. However, all inter-
viewees reported that their media organisations
had recently introduced or were planning to intro-
duce company-specific LLMs.

3 Methods and data

We collected data from journalists working in
Finnish news organisations through an
anonymous online survey and ten interviews,
providing us with both quantitative and qualitative
data. We used a two-step process of recruiting,
first inviting people to take the survey and then
including a question in the survey about
willingness to participate in an interview. An
overview of the data is shown in Table 1.

2 Union of Journalists in Finland (Journalistiliitto) and the
Finnish Association of Science Editors and Journalists (Su-
omen tiedetoimittajain liitto).

Number of | Data-gathering period
informants
Survey 68 25 April-25 May 2024

October 2023 + June
2024

Table 1. Overview of data gathered.

Interviews 10

This sample size was relatively small and did not
allow us to generalise the results of this study.
However, the data gathered did allow us to obtain
an overview as well as in-depth descriptions of
participants’ MT use, which served our goal of
conducting an exploratory study. The current
article reports on many of the results of the study,
while others will be forthcoming in future papers.

3.1 Survey

To begin the design of our survey, we analysed the
survey employed by Matsushita (2019: 151-153)
to explore journalists’ contact with foreign
languages in their work and their thoughts on
(human) translation. We then consulted studies on
MT and the media field (Nurminen, 2023;
Havumetsd and Nurminen, 2025; Secker et al.,
2019), and research on the use of MT in other
professions  (e.g., Vieira et al, 2020;
Ehrensberger-Dow et al., 2023). To ensure that the
questions were as relevant and clear as possible,
we had the survey reviewed by four researchers
from outside our project. It was translated into
Finnish by one of the authors and administered in
that language. The survey includes both closed
and open-ended questions and the English version
is available in Appendix A.

In recruiting participants for the survey, our aim
was to gather as many responses as possible rather
than to achieve a statistically representative sam-
ple of Finnish journalists, which we considered to
be an unfeasible goal. We employed a double
strategy of a general call for participation posted
through the member channels of a few journalist
organizations®, and by sending emails directly to
journalists. We gathered the email addresses from
the websites of the top 3 national newspapers and
the 13 largest regional newspapers as measured by
readership (Media Metrics Finland, 2023). We
calculated that such a combination covered not
only the largest readership but also included com-
prehensive regional and language coverage. We
also decided to include Finland’s public broad-



caster Yle, commercial TV broadcaster MTV3
and Finnish News Agency STT. Our analysis of
the survey responses shows that most respondents
appear to work in media that serves the public di-
rectly. However, material may also include re-
sponses from news agency journalists.

All participants in the survey were informed of
the purpose of the study and the voluntary and
anonymous nature of their participation. The sur-
vey included a final question that asked for re-
spondents willing to participate in an interview to
submit their email addresses. Submission took
place separately from survey responses to retain
anonymity.

The survey resulted in 69 responses. One re-
sponse was discarded as not fitting the target re-
spondent profile, so the final number analysed was
68. The survey’s numerical data was collated and
analysed quantitatively while the answers to open-
ended questions went through qualitative analysis.

3.2 Interviews

We began the development of our interview base
from questions used in our own past projects
(Nurminen, n.d.; Havumetsd and Nurminen, 2025)
and used the initial version of the base in our first
interview (see Section 1). Later in the process, we
reviewed that interview and the information we
received from the survey, then added questions to
probe more deeply into areas of interest that
emerged in the results. We included questions on
the interviewees’ 1) education and experience in
journalism, 2) language skills, 3) current work, 4)
use of MT tools, 5) perceived risks and thoughts
on the ethics of using MT at work, 6) employer’s
guidelines and shared principles in the workplace,
and 7) thoughts on the impact of MT use on
journalism. In the present study, we report on the
findings from themes 1-5.

The recruitment of interviewees through the
survey resulted in a total of nine interviews. As
mentioned previously, this was in addition to one
interview that took place earlier (see Section 1).
As part of the recruitment process, potential inter-
viewees were informed in writing of the purpose
of the study and their rights as participants, as well
as the fact that the interviews would be conducted
in Microsoft Teams and recorded for further anal-
ysis. All provided written consent. Since the inter-
views did not involve any of the issues that would
require an ethical review according to the Finnish
National Board on Research Integrity TENK
(2019: 19), no such review was conducted.

All interviewees were journalists from organi-
sations that publish news directly to the public.
Semi-structured interviews were conducted in
Finnish, with both of this paper’s authors acting as
interviewers in all cases. The flexibility of semi-
structured interviewing allowed us to adapt our
questions to the individual background, manner of
working and opinions of each interviewee. The
recorded interviews were stored in the research in-
stitution’s secure environment.

The 10 interviews resulted in a collective 12
hours and 9 minutes of recording and approxi-
mately 472 pages of raw automated transcription.
We first pseudonymised and thoroughly edited the
automated transcripts, focusing on accurately cap-
turing participants’ speech. Relying on the princi-
ples of thematic analysis (Braun and Clarke,
2013), we developed an initial code list based on
our research questions. During our first round of
coding in Atlas.ti, we added themes that emerged
from the data and eventually agreed on 28 codes
focused on working contexts and machine transla-
tion use. We employed two rounds of consistency
checks and further editing. The material was then
analysed to form a detailed illustration of the use
of MT by the interviewees. All material remained
in its original Finnish throughout transcription and
analysis; only quotations used in reporting were
translated into English.

4 Results

4.1 Respondents

A relatively high number of the total of 68
respondents had significant experience in
journalism, with 52% being in the profession for
more than 15 years. This was followed by 24%
having 3—6 years of experience, 13% with 11-15
years, 7% with 7—10 years, and 4% being in the
profession for 0-2 years.

A majority of the journalists who answered the
survey, 60%, reported working for media organi-
sations that operate on the national level, while
35% work for organisations with a regional scope
and 4% on a local level. The topics most often cov-
ered by each journalist included, in descending or-
der of mentions: domestic news, politics and soci-
ety, local news, foreign news, the economy, cul-
ture, health and lifestyle, sports, science, agricul-
ture and forestry.

The respondents’ work is relatively multilin-
gual. Asked how often they need to use a foreign
language or understand something in a foreign
language at work, 57% replied ‘at least several



times a week’, 24% ‘several times a month’, and
19% ‘less than once a month’. This multilingual
need was partially met with the journalists’ own
foreign language competences. Asked to list the
languages they knew well enough to read back-
ground information in them, 100% listed English
as well as Finnish. Finland’s second national lan-
guage, Swedish, was listed by 78% of respond-
ents. These were followed by German, French,
and Norwegian, all of which at least 10% of re-
spondents had competence in, and then several
other languages that were mentioned by a few re-
spondents.

The interviewees represented seven different
Finnish media companies, three of which operate
on the national level, three on the regional level,
and one on both national and regional levels. A di-
versity of information channels were represented:
five of the companies work in traditional print
news and two in television, while all also publish
news in the internet. The geographical reach of the
companies encompassed the southern, western
and eastern parts of Finland but left out northern
Finland.

4.2 Overview of MT use

Of the 68 survey respondents, 6 indicated that they
do not use MT at work. These respondents were
re-directed to the latter part of the survey, skipping
all questions that dealt with their use of MT.
Therefore, some of the survey results in this article
include all 68 responses while others were
answered only by the 62 MT users. It was
interesting, however, that the six non-MT-using
respondents wanted to answer a survey on a
technology they do not use themselves.

Of'the 62 who do use MT at work, 35% reported
using it at least a few times a week, 36% a few
times a month, and 29% less than a few times a
month. One of the interviewees, 110, described it

as just one of many tools they use in their work, as
necessary and mundane as a computer. Being in-
terviewed about it was, in their opinion, like talk-
ing about how they use a pencil.

We asked respondents about the MT tools they
use most often and the results are presented in Fig-
ure 1.

I 55

Traditional MT tool (e.g.
Google Translate, DeepL)
Translation function in internet | NEGNG %
browser (e.g. Chrome, Firefox)

Translation function in social B 23
media tool (e.g. Facebook)

Translation function in LLM W 0%
(e.g. ChatGPT)

MT tool for speech I3%

20% 40% 60% 80% 100%

Figure 1. What MT tools do you use at work? Choose a
maximum of 3 tools that you use most often (Q13), n=62.

At the time of this survey, the traditional MT
tools still held a very strong position while the re-
cently introduced generative Al tools were just
starting to be used. Another interesting finding
was that the use of the translation function in in-
ternet browsers had grown in popularity compared
to results in previous studies (Gaspari, 2007: 104;
Vieira, 2024: 13). Speech translation tools were
used by a very small number of respondents.

4.3 Languages and MT

One of the most prevalent findings of this study
was that journalists have a strong tendency to use
MT with languages they have some level of
proficiency in. Evidence of this tendency emerged
in the survey as well as in the interviews, both in
conjunction  with  direct questions and
spontaneously in answers to questions on other
topics.

Languages known by respondents vs. languages used in MT

Swedish

English

~ I
German
Russian
UKrainian
Norwegian

|

French

J . I
Spanish
Estonian
Danish
Italian

V% 20% 40% 60% 80%

m Known languages

100%

Languages used in MT

Figure 2. Languages MT used with (Q11) compared to languages of proficiency (Q6). The languages shown in un-
bolded blue were among the top 11 languages respondents reported proficiency in, n=62.



The survey addressed the issue of language in
several questions. Figure 2 compares the results of
question 6, ‘What languages do you know well
enough that you can read background information
in them?’ and question 11, ‘What languages have
you translated using MT in the past year?’ In the
figure, the languages shown in blue were among
the top 11 most cited languages of proficiency of
the respondents. The first conclusion to be made
from the figure, therefore, is that overall, the most
frequent MT use tends to occur specifically with
languages journalists have some command of.
This was also illustrated by interviewee 11°:

[ think there are a lot of people who would say, if 1
don’t know that language, I'm not going to [ma-
chine] translate it. Many have that kind of princi-

ple. (11)

The tendency to use MT with known languages
is most evident with Swedish and English, both
taught extensively in Finnish schools and both
showing high proficiency levels and high levels of
MT use.

Beyond Swedish and English, however, a dis-
crepancy is revealed between the numbers of re-
spondents who report using MT with a language
and those that report proficiency in that language.
With all other top languages, the use of MT is
higher than the reported competence in the lan-
guage. This implies that MT is indeed sometimes
being used with languages of lesser or no compe-
tence.

A more nuanced exploration of this seeming
discrepancy emerged from the interview data.
First, the survey question involved a level of lan-
guage competence that would allow journalists ‘to
read background information in it’. However, a
somewhat lower level was sometimes expressed
as sufficient by interviewees. They also mentioned
that competence in a related language could give
them confidence in using MT. For example, if they
know some French or Spanish, they might be more
confident in using MT with Italian.

Another survey question asked journalists
about the circumstances under which they would
be willing to write news items based on machine-
translated texts (Figure 3). A full 72% of respond-
ents stated that they would base a news item on
machine-translated information only if they have
a good or somewhat good command of the original
text’s language. A second important finding was

3 All quotations were translated from Finnish to English by
the authors.

I could write a news item that is based on a
machine-translated text...

If I have a good command of the language I

of the original text

If I have at least a somewhat good
command of the language of the orig. text

[}

Even if I have no command of the
language of the original text

M 4

The level of my language skills does not
affect my judgement

M s

I would not write a news item based ona
machine-translated text

10% 20% 30% 40%

Figure 3. I could write a news item that is based on a ma-
chine-translated text... (Q18), n=68.

that 12 respondents (18%) said they would not
write news items based on machine-translated
texts. This is a higher number of responses than
the six who indicated they do not use MT at all,
implying that there are respondents who are will-
ing to use MT for some things, but would not base
news stories on it.

4.4 Journalistic processes in which MT is used

Another of our main research questions involved
the processes journalists are working in when they
turn to MT. This important facet of the study of
MT users can help us build a more robust under-
standing of the various contexts and conditions
under which MT can be usable and helpful.

In the survey, we first asked about the
multilingual work processes the respondents
encounter in their work. In a later question we
inquired which of those processes they use MT in.
Figure 4 contains a comparison of the two.

Assimilation appears to be the top purposes
journalists have for employing MT. Three of the
four most commonly cited processes that involve
multilingual needs concern background reading,
including the processes of gathering information
for news items, following other media, and read-
ing foreign-language media to review potential
news topics. These are also some of the top pro-
cesses in which MT is used, with 49-71% of MT-
using respondents stating they are engaged in
these activities when they employ MT.

The results also indicate that dissemination is an
important purpose for using MT. The third most
commonly cited process with multilingual needs,
as well as third for MT use, was translating text or



Journalistic processes with multilingual needs vs. processes in which
MT used

Gathering information and references for a news item

——I

Following other media

L

Translating texts or speech to be used in a news item

—

Reading foreign-language media (0 100K f0r NeWs (0DiCs o

Communicating with an interviewee

I
Communicating with colleagues, assistants, fixers, etc. g
In other situations or work processes r—
% 20% 40% 60 % 80 %

O Multilingual need in process

B Use MT in process

Figure 4. Multilingual work processes the MT-using respondents encounter (Q9) compared to the use of MT in those

processes (Q10), n=62

speech for use in a news item. As revealed by Fig-
ure 4, this is also the process in which the bars
showing multilingual needs and the use of MT are
closest to each other, indicating that multilingual
needs are most often addressed by the use of MT.
Nearly all of the respondents who reported need-
ing to translate text or speech for their target lan-
guage news items also reported employing MT to
help them in some part of the process.

An interesting question concerns if journalists
post-edit machine-translated material before dis-
semination. While the survey did not address this
question, evidence of it emerged in interviews. As
described by interviewee I1 below, translated texts
are often post-edited prior to publishing:

I should of course stress that Google Translate’s
text never goes directly into a news item, but rather
it’s read and then a real translation is done, be-
cause it makes a lot of mistakes when translating
from many languages [...] The sentence structures
are so different that sometimes the translations are
really weird. (11)

Through editing the MT output, the journalists
also appear to take responsibility for the
translations and transform them into a part of their
own stories. Interviewee 16 pointed out that:

As a journalist I need to be the one who wrote the
stories. [...] I wouldn’t feel at all comfortable just
copying some decent-looking ready-made text [...]

Finally, Figure 4 reveals that the processes in
which survey respondents were least likely to use
MT to overcome linguistic barriers were those in-
volving communication with other people, includ-
ing people they interview for news items. This was
supported by the response to another question

With the help of machine translation, journalists can
mterview people with whom they do not share a language.

O Neither agree nor disagree
OI don't know

‘ 12%

B Strongly or somewhat agree
OStrongly or somewhat disagree

Figure 5. Agreement with the statement, ‘With the help of
machine translation, journalists can interview people with
whom they do not share a language’ (Q16), n=68.

regarding the use of MT in interviews, which re-
spondents tended to disagree with (Figure 5).

Further support came in replies to an open-
ended question inviting the respondents to
describe the three most important multilingual
situations in which they have used MT. Out of 50
respondents, only 3 mentioned conducting an
interview with speech translation tools.

However, journalistic interviewing requires
other communication than that which takes place
in the interview itself, and evidence emerged of
participants sometimes using MT in other inter-
view-related processes. These include negotiating
interviews, translating interview questions, and
translating the final Finnish story into the lan-
guage of the interview to enable the interviewee to
check their quotes, as is required by the Journal-
ist’s Guidelines (Council for Mass Media in Fin-
land, n.d.). Respondents also described using MT
or other Al tools to translate interview transcripts:

My other main way of using [MT] is to translate,
for instance, Reuters’ English-language video
scripts, transcripts and news texts. I often translate
them with ChatGPT, because I can ask it to edit the
text at the same time.



Others use a tool to produce automated transcripts,
which they then translate with MT to speed up
reading or to locate specific sections of the
interview more easily. Machine translations of
automatically produced interview transcripts may
also be used to verify a fixer’s* or other amateur
interpreter’s interpretation.

In summary, the results indicate that respond-
ents commonly use MT for assimilation of for-
eign-language information as well as for dissemi-
nating information, and less commonly in journal-
istic processes requiring communication. This dif-
fers from, for example, Vieira’s (2024) study of
public service personnel, in which MT was most
often used for communication with others. This
implies that the nature of different professions can
lead to different purposes and ways of using MT.

4.5 Motivations for using MT

In the survey, we inquired about respondents’
reasons for using MT. As is shown in Figure 6,
they use MT to cover a variety of needs, most
commonly for obtaining or ensuring an
understanding of foreign-language texts and
speeding up the process of using foreign-language
sources when writing a news item.

However, responses to the next two statements
show more variation. More respondents disagreed
or did not take a stand on using MT for locating
information in foreign-language texts or tapping
into a wider variety of sources in different lan-
guages. Our data does not give a definitive expla-
nation for such variation. Possible reasons include
limiting the use of MT to the languages one knows
or simply not needing to use MT for those pur-

poses. In addition, the low quality of MT in some
language pairs may exclude its use in exploring a
wider variety of sources, as noted in a response to
an open-ended question:

Sometimes we have done a raw machine translation
of an interview and used it to select the sections to
be sent to a professional translator for precise
translation. For example, the machine is so bad at
translating Somali that it’s practically useless.

(110)

Data from the interviews helped form a more
nuanced picture of what motivates journalists to
employ MT. Increased working speed was named
by several people as an essential advantage that
MT provides. Being able to work more quickly
might be one of the motivations for using MT with
English and Swedish, which are well known
among respondents (see Section 4.3). In the
following quote, interviewee [6 mentions that
aside from the main benefit of increased speed,
they use MT as an additional verification that they
have correctly understood a foreign-language text:

Yeah, [the main benefit] is the reading speed, when
you're in a rush and need to write an article based
on another article in a foreign language. But other-
wise [the benefit] is getting the assurance that you
understood it right [...]. (16)

MT was also used by journalists to verify that
they have translated a text correctly or that
someone else’s translation is accurate. Interviewee
I8 explained that after they interview someone in
Swedish, they transcribe the interview directly
into Finnish, translating in their head while
working. If they are not completely sure of the

I use machine translationto...

Get a general idea of content in foreign languages.

Make it faster to use foreign-language sources when
writing my own news items.

Ensure that I have correctly understood a text that is in
a language I do not have full competence in.

Find information I need within foreign-language texts.

Use a wider variety of sources in different languages
when writing my own news items.

)

Il

% 20% 40% 60% 80% 100%

B Strongly or somewhat agree O Neither agree nor disagree O Strongly or somewhat disagree 01 don't know

Figure 6. Agreement with statements about motivations for using MT in journalism (Q15), n=62.

4 Journalist’s local assistant who helps with practical ar-
rangements and may act as an interpreter.



Finnish translation, they might use MT to translate
the problematic section of the Swedish text to get
a second opinion on their own translation.
Interviewee 19 explained how they read an English
news item about an event in Russia, then used MT
to translate a Russian-language account of the
same event so that they could check the veracity
of the English news item. A similar account was
given by interviewee I3 about checking the
reliability of the use of French sources by an
English media outlet.

Overall, our study identified a variety of moti-
vations journalists have for employing MT. This
in turn highlights how respondents have creatively
integrated MT into everyday work processes. The
variety may also be an indication that respondents
are given independence in selecting working
methods, and MT use is usually an individual
choice. At least one paper on MT use in public ser-
vices reported similar results (Ilkilig et al., 2026).

4.6 Risk awareness and verification strategies

The study yielded important insights into journal-
ists’ awareness of the risks associated with MT
and the variety of strategies they use to manage
and mitigate those risks. Several interviewees
brought up the Journalist’s Guidelines (Council
for Mass Media in Finland, n.d.), which define the
ethical code of journalists in Finland, and their de-
sire to avoid the risk of violating them. The guide-
lines require journalists to ‘seek truthful infor-
mation’, to check information ‘as thoroughly as
possible — even if it has been previously pub-
lished’, and to ‘keep the identity of the source of
confidential information confidential’ (ibid.).
These guidelines are directly connected to journal-
istic translation and violating them in the process
of using MT would mean taking both communica-
tive and credibility risks. Similar concerns were
brought up by journalists in Havumetsd and Nur-
minen (2025).

Survey respondents displayed a strong aware-
ness of the communicative risk that MT output
may not fully correspond to the source text. The
statement that ‘Machine translation may distort
the meaning of the original text” was somewhat or
strongly agreed with by 90% of the survey re-
spondents (Q16). Similar views were expressed in
the interviews. For instance, interviewee 12 de-
fined the risk of using MT as follows: ‘I think the
biggest risk would be causing a misunderstanding
or a misconception [...]”. More specific concerns
of the respondents included the fear that MT may
mistranslate domain-specific terminology, fail to

reproduce the nuances of the source text, or pro-
duce language that does not conform to target lan-
guage norms.

We asked respondents directly about their
awareness of the data security risks related to the
use of MT. The results are displayed in Figure 7.

Freely available MT tools, such as Google
Translate, involve data security risks.

| Strongly or somewhat agree

19% [9%]  28% |

O Neither agree nor disagree

O Strongly or somewhat disagree OI don't know

Figure 7. Agreement with the statement, ‘Freely available
machine translation tools, such as Google Translate, involve
data security risks’ (Q16), n=68.

While 44% of the respondents agreed with this
statement, showing an awareness of risk, as many
as 28% answered that they do not know. This
might simply be an indication that some
journalists do not work with sensitive topics and
texts and therefore do not need to consider data
security. However, the results do point to
uncertainty and a need for guidelines on the data
security of open online translation tools. A breach
in data security could lead to negative
consequences for the media organisation involved,
including a potential loss of credibility. To avoid
such consequences, some journalists reported not
using MT for sensitive texts, such as when
working with information received from a source
who was promised anonymity.

Yet another kind of risk, that of ineffective in-
teraction, was identified in relation to using auto-
matic speech translation tools when interviewing
people. Some survey respondents commented that
they would not conduct interviews with these tools
because they were not suitable for face-to-face in-
teraction. One respondent explained that ‘when I
do an interview for a profile piece, machine trans-
lation is not as “intimate” as a natural conversation
with the interviewee. That is when I avoid it’. The
exceptions mentioned were situations in which
MT was the only feasible option, such as in con-
ducting street interviews or interviewing Ukrain-
ian refugees. The latter was also given as an ex-
ample in Nurminen (2023).

Respondents also identified strategies for man-
aging the risks of using MT. These strategies in-
cluded different methods for verifying the MT
output, such as using more than one MT tool to
translate a text, translating a text into more than



one target language with MT, consulting linguisti-
cally skilled colleagues or dictionaries, and look-
ing for other sources that would corroborate the
machine-translated output. The use of English as
a target language instead of Finnish also appeared
to be a way of reducing the uncertainty connected
with MT. Several interviewees told us that they
frequently set English as the target language be-
cause they consider it to be of better quality than
MT into Finnish. To assess whether uncertainty
about the quality of the MT was at a tolerable
level, situational judgment was used: under tight
deadlines it might be acceptable to take a minor
risk of incorrect translation if it applies only to a
small section of the overall story.

The extent of harm that could be caused by an
error in a machine translation was seen as depend-
ing on the significance of the piece of news: the
more important the news item, the bigger the po-
tential harm. An error in the MT of a more light-
weight news item might be regarded as a risk
worth taking, considering that an error would not
cause great harm and any needed corrections
could easily be made online. The general attitude
among interviewees was, however, that if errors
originating from MT reached the public, the image
of the news outlet would suffer and that the taking
of too big risks would violate journalistic ethics:

Then if I hit a wall, and depending on how im-
portant, let’s say, a sentence that I haven’t been
able to understand is, [...] and if [ have to under-
stand it, to translate it correctly for the story to
hold, and if I can’t do it with the tools I have, then I
Jjust won't do the story. It’s not a big loss for me.

(19)

This quote from journalist 19 illustrates how
important the reliability of a story is to the
participants of this study, and also that MT is not
yet seen as the answer to all translation problems
in the newsroom.

Our analysis indicates that the journalists’ eval-
uation of the reliability of MT was understood as
consisting of two dimensions: it must be possible
to both assess the semantic similarity between the
source text and the MT output, and to establish, on
the basis of the MT, that the source text is a trust-
worthy source of information. The journalists’ in-
ability to ensure the reliability of the translation
using their own language skills emerged as the
most significant factor limiting the use of MT.
Other factors constraining the use of MT included
the journalists’ subject matter knowledge and the

risks they perceived in both MT quality and the
translation process. As interviewee 15 put it:

I wouldn’t go blindly looking for a story about [my
specialty area] in a completely foreign country and
context, because then there are so many uncertain-
ties, like, what is this about and who are these peo-
ple? (15)

To recap, journalists show evidence of
understanding the myriad of risks involved in their
use of MT and also employing strategies to
mitigate some of the risks. However, further
education and guidelines would be needed, as has
been called for in several past studies (e.g.,
O’Brien and Ehrensberger-Dow, 2020; Vieira et
al., 2020).

5 Conclusions and further work

In this article we reported the findings of an
exploratory study that we conducted in 2023-2024
among Finnish journalists on their use of MT at
work. We found that journalists work in highly
multilingual environments and that they
sometimes turn to MT as a useful tool that speeds
up work processes. The most frequently used tools
were traditional MT tools such as Google
Translate or DeepL, although participants also
mentioned that the organisations they work for
had started to purchase generative Al tools.

Study participants showed a strong tendency to
use MT with languages they had at least a some-
what good command of. The languages translated
most often were English and Swedish, which
100% and 78% of the respondents, respectively,
reported knowing. The most often mentioned
work processes in which MT was used involved
gathering information, doing background reading
and performing other tasks in which MT was used
for assimilation. Employing MT for dissemination
was also popular, but respondents showed reluc-
tance to use MT for communication, especially in
interviewing contexts.

The fact that the participants used MT to trans-
late languages that the great majority of them
knew well confirmed that a major perceived ben-
efit of MT is increased working speed. An even
more important benefit of MT was that it enables
the gisting of foreign-language texts. MT was also
employed to verify the MT user’s own interpreta-
tion of the source text.

Providing access to a wider range of sources
than would be possible without MT and facilitat-
ing the identification of information in foreign-



language texts were also frequently identified ad-
vantages of using MT. However, the use of MT
was limited by the journalists’ language skills and
contextual knowledge, which provided the neces-
sary basis for verifying the MT output. The re-
quirement to verify the MT output before it can be
used in media ruled out using MT to understand
sources in languages that are rarely spoken by
Finnish journalists.

MT was recognized as posing risks such as dis-
tortion of meaning, loss of nuance, compromise of
data security, and ineffective interaction. The par-
ticipants of this study employed several methods
for mitigating these risks, including using more
than one MT tool to translate the same text; trans-
lating a text into several target languages with MT;
translating into English instead of Finnish, which
they considered as resulting in the best quality;
and consulting other sources such as dictionaries
or colleagues with language skills. We identified
the need for guidelines on MT use among journal-
1sts.

The most important limitation to our study was
the small size of the sample, with 68 responses to
the survey and 10 interviews, and the fact that the
study was carried out in only one country. Broad
conclusions about the use of MT in journalism
cannot therefore be drawn, nor can our results be
generalized.

However, as one of the first studies of MT in
actual use by journalists, it does serve to reveal
previously undiscovered practices and to provide
rich descriptions of the role of MT in journalistic
processes. As such, it offers an important contri-
bution to the small body of research on the use of
MT in journalism, while also contributing to the
nascent conceptualisation of paraprofessional
translators as MT users.

A final contribution of the article is that it de-
scribes a very specific point in time: generative Al
tools were developing very rapidly and being in-
troduced in many workplaces, while more popu-
lar, traditional MT tools were still fully based on
neural MT. Capturing that point in time may prove
useful as a benchmark and point of comparison for
future studies.

Looking to the future, further studies on jour-
nalists’ use of MT as well as other Al-based tools
are needed. Similar studies could be carried out on
a broader scale, and more in-depth studies would
also be warranted. Workplace-based studies of the
types previously carried out in research on jour-
nalistic translation (e.g., Perrin and Ehrensberger-

Dow, 2012; van Rooyen, 2018; Davier, 2019;
2022) could focus specifically on MT use. Further
studies could also explore MT use in news agen-
cies.

These studies would help us gain a more com-
prehensive understanding of the use of MT and,
ultimately, of the ways in which MT can affect the
production of knowledge by journalists. This in-
creased understanding could be used for training
journalists and designing MT policies that are
based on knowledge about the actual competences
and needs of the people in newsrooms.
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Appendix A. Survey questions in English

Machine translation in the work of journalists
Survey questions

1. Thave received sufficient information about the study and the related processing of my personal data. I have
had the opportunity to ask questions about the study. I confirm my participation in this study and agree to be
a research subject. You can continue with the survey by answering "yes". *

e Yes

Background information
Mandatory questions are marked with an asterisk (*).

2. How long have you been doing journalistic work? *

e (0-2years
e 3-6years
e 7-10years

e 11-15years
e Morethan15years

3. What is the geographical scope or coverage of the media you represent? If you are a freelancer, refer to the
media that you do the most work for. *
e National
e Regional
e Metropolitan area
e City
e Other, what?

4. What are the topics you cover the most? You can choose a maximum of three topics. *

e Foreign news

e Domestic news

e Localnews

e Politics and society
e Economy

e Culture
e Sports
e Science

e Health and lifestyle
e Youth and children’s news
e Other, what?



5. Journalists sometimes need to use sources that are written in other languages or interview people who speak
other languages. In these situations it is recommened to use...: 1=Strongly disagree, 2=Somewhat disagree,
3=Neither agree nor disagree, 4=Somewhat agree, 5=Strongly agree *

Journalist's own language skills * 1 2 3 4 5
Professional translator/interpreter * 1 2 3 4 5
Machine translation * 1 2 3 4 5
Non-professional translator/interpreter * 1 2 3 4 5

Need for and use of foreign languages at work

6. What languages do you know? Mark all of the languages you know well enough that you can read back-
ground material for your news item in them: *

Finnish Spanish Chinese Portuguese Danish
English Dutch Kurdish French Ukrainian
Swedish Italian Norwegian German Russian
Arabic Japanese Persian, Farsi Somali Estonian
Other, what language?

7. Is there a language you don't know at all, or well enough, that would be helpful to you in your work? *

e No
e Yes, whatlanguage?
e |don’t know

8.  How often do you need to use a foreign language or understand something in a foreign language at work? *

e Everyday

e Severaltimes a week

e Several times a month
e Lessthanonce a month

9. What kinds of work processes does the need for a foreign language arise in? You can choose more than one
answer. *
e  When I'm following other media
e When I’m gathering information and references for a news item
e  When I'm communicating with an interviewee
e  When I'm communicating with colleagues, assistants, fixers, etc.
e When I'm translating texts or speech to be used in a news item
e Inother situations or work processes, which ones?

Use of machine translation at work

Machine translation refers to applications on mobile devices and computers that automatically translate text or
speech from one language to another. Examples of such applications are Google Translate and the translation
function of web browsers. Machine translation also includes the use of large language models such as ChatGPT
to translate text.

10. In what kinds of work processes do you use machine translation? You can choose more than one answer. *
e  When I'm following other media
e When I’m gathering information and references for a news item
e When I'mreading foreign-language media to look for news topics



11.

e  When I'm communicating with an interviewee
e When I'm communicating with colleagues, assistants, fixers, etc.
e When I'm translating texts or speech to be used in a news item

e Other situation or process. Which one?

e | don’t use machine translation. If you choose this option, you will go directly to question

16.

What languages have you translated using machine translation during the past year? Mark all the languages
you can remember. *

Finnish Spanich Chinese Portuguese Danish
English Dutch Kurdish French Ukrainian
Swedish Italian Norwegian German Russian
Arabic Japanese Persian, Farsi Somali Estonian
Other, what?

12. How often do you use machine translation at work? *

Every day

Several times a week
Several times a month
Less than once a month

13. What machine translation tools do you use at work? Choose a maximum of 3 tools that you use most often.
k

Traditional machine translation tools such as Google Translate or DeeplL

The translation function in an internet browser such as Chrome or Firefox

The translation function in a social media platform such as Facebook or X

The translation function in a large language model such as ChatGPT

A machine translation tool that translates speech

14. Describe in more detail 1-3 of the most important processes in which you have used MT in your work: what
journalistic process were you working in and how did you use MT in it?

15. Evaluate the statements below and choose the answer that best describes your experiences with machine
translation at work. 1=Strongly disagree, 2=Somewhat disagree, 3=Neither agree nor disagree, 4=Somewhat
agree, 5=Strongly agree. *

I use machine translation to make it faster to use foreign-language| 1 2 3 4 5 Don’t
sources when writing my own news items know
I use machine translation to get a general idea of content in for- 1 2 3 4 5 Don’t
eign languages know
I use machine translation to ensure that I have correctly under- 1 2 3 4 5 Don’t
stood a text that is in a language I do not have full competence in. know
I use machine translation to find information I need within for- 1 2 3 4 5 Don’t
eign-language texts. know
I use machine translation so that I can use a wider variety of 1 2 3 4 5 Don’t
sources in different languages when writing my own news items. know

16. Evaluate the statements below and choose the answer that best describes your opinions on machine transla-
tion at work: 1=Strongly disagree, 2=Somewhat disagree, 3=Neither agree nor disagree, 4=Somewhat agree,
5=Strongly agree. *



With the help of machine translation, journalists can interview 1 2 3 4 5 Don’t
people with whom they do not share a language. know
Machine translation can distort the meaning of the original text. 1 2 3 4 5 Don’t

know
Freely available machine translation tools, such as Google 1 2 3 4 5 Don’t
Translate, involve data security risks. know
There is a risk that using machine translation can lead to a dete- 1 2 3 4 5 Don’t
rioration of my own language skills. know
It is unethical to use a machine translation that you cannot trust 1 2 3 4 5 Don’t
100%. know
The growing use of machine translation in journalistic work is a 1 2 3 4 5 Don’t
good thing. know

17. How has your news organization reacted to the use of machine translation tools such as Google Translate in
journalistic work? (for example, for translating background material or as a tool for interviewing people)? *

18.

19.

20.

Machine translation tools are used in journalistic work and we have been given guidance on
using them.

Machine translation tools are used in journalistic work but we have not been given guidance
on using them.

The use of machine translation tools is forbidden.

As far as | know, machine translation tools are not used in journalistic work, but we have not
been given guidance on using them.

I don't know if anyone in our organization is using machine translation tools in their journal-

istic work.

I could write a news item that is based on a machine-translated text... *

If  have a good command of the language of the original text.

If | have at least a somewhat good command of the language of the original text
Even if | have no command of the language of the original text.

The level of my language skills does not affect my judgement.

I would not write a news item based on a machine-translated text.

In what situations do you think machine translation should not be used?

Do you have other comments or experiences with machine translation in journalistic work, or questions you
have been thinking about?



