VERA: A Platform for Automatic and Human Evaluation of Machine
Translation

Sofia Garcia Gonzalez' 2, Inés Quintana Rafia', Jorge N. Afonso Cabido',
Alberto Hernandez Lado!, German Rigau Claramunt?,
Sheila Castilho?
limaxin, Santiago de Compostela, Spain
{firstName.lastName}@imaxin.com
ZUniversity of the Basque Country (EHU), Donostia, Spain
german.rigau@ehu.eus
3SALIS/ADAPT Centre, Dublin City University, Dublin, Ireland
sheila.castilho@dcu.ie

Abstract

We present VERA, an easy-to-use plat-
form for machine translation (MT) eval-
uation, combining both automatic metrics
and the Multidimensional Quality Met-
rics (MQM) Core human evaluation frame-
work in a single web environment. It sup-
ports reference-based metrics, multi-user
annotation, corpus export, and PDF reports
with automatic and human evaluation re-
sults, including their correlations.

1 Introduction

The rapid evolution of MT has led to an increas-
ing need for robust and comprehensive evaluation
platforms. While automatic metrics offer scalabil-
ity and efficiency, human evaluation remains the
gold standard for assessing MT quality. However,
existing tools address these approaches separately.
Notable examples include MATEO! (Vanroy et
al., 2023) which focuses on automatic metrics
via a web interface (BLEU, chrF, TER, COMET,
BERTScore, and BLEURT); MT-LENS? (Gilabert
et al., 2025) which extends to bias and robust-
ness analysis beyond quality scores, and Pearmut?
(Zouhar and Kocmi, 2026) which is specialised
in human evaluation frameworks such as MQM,
DA, and ESA. This fragmentation results in dis-
connected workflows. In this paper, we present
VERA, a novel evaluation platform that seam-
lessly integrates automatic and human evaluation
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frameworks within a unified web environment.
Uniquely, VERA further assesses the correlation
between automatic and human evaluation results,
enabling meta-evaluation and deeper analysis of
MT evaluation methodologies. By bridging these
perspectives, VERA provides more holistic and re-
liable evaluations of MT systems, supporting both
research and industry needs.

VERA is being developed through an industrial
PhD collaboration between imaxin, the University
of the Basque Country (EHU), and the ADAPT
Centre as a proprietary internal tool.*

2 Tool Description

VERA is a web-based platform composed of a
Next.js> frontend and a FastAPI® backend. It pro-
vides multilingual support through next-intl” and
integrates with Authentik® as an external identity
provider, while NextAuth? manages session han-
dling within the application. This architecture
enables secure authentication and reliable access
control for multiple concurrent users.

Automatic Evaluation MT outputs are eval-
vated using standard reference-based met-
rics—BLEU (Papineni et al., 2002), chrF++
(Popovi¢, 2017), TER (Snover et al., 2006) via
SacreBLEU (Post, 2018)—, and COMET (Rei et
al., 2020). Statistical significance between models
is measured using bootstrap resampling (Koehn,
2004) for each metric.

4Although VERA is an internal tool, it is available via institu-
tional licensing to universities and research groups for a fee.
All the information is available at: https://imaxin.c
om/en/vera
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Human Evaluation VERA supports multiuser
annotation following the MQM Core framework.'?
To make the human evaluation process more effi-
cient, the platform integrates sampling strategies
from Zouhar et al. (2025) to select informative
evaluation subsets. Users can specify the propor-
tion of the corpus to evaluate, after which the plat-
form automatically selects the most representative
segments.

Within the same interface, VERA also allows
the creation and refinement of reference corpora.
Existing references can be directly edited, and
when no references are available, new ones can
be generated either from scratch or by editing MT
outputs.

Results Deployment Evaluation results (both
automatic and human) are accessible directly
within the platform, offering an interactive
overview of MT model performance and met-
ric correlations calculated using Pearson (Pearson,
1896) and Spearman (Spearman, 1904). A com-
prehensive PDF report can also be generated, and
metric scores, reference datasets, and annotated
corpora can be exported in CSV and JSON for-
mats, enabling advanced analysis and seamless in-
tegration with external processing pipelines.
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