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Abstract

Text embeddings are standard for semantic
similarity tasks, yet their evaluation remains
an open challenge. Current benchmarks are
static, cover only a limited set of languages, are
often domain-specific, susceptible to overfit-
ting, and poorly representative of low-resource
languages. To address these limitations, we
introduce ALEE, a framework that extends
Sentence Smith (Li et al., 2025) to the cross-
lingual and paragraph level. ALEE uses Ab-
stract Meaning Representations (AMR) to gen-
erate English minimal pairs with controlled,
fine-grained semantic shifts, which are paired
with translations in target languages. This ap-
proach enables targeted diagnostics for mod-
els in any language with English parallel
data. We conduct a large-scale empirical
study across a diverse set of embedding mod-
els and 275+ languages spanning three par-
allel datasets. On ALEE, performance varies
substantially across languages, text lengths,
and linguistic phenomena, exposing persistent
gaps in cross-lingual semantic representation
that track language prevalence in training re-
sources and subword tokenization. We release
ALEE at https://github.com/AndrianOs/any-
lang-embed-eval.

1 Introduction

Semantic text embeddings are central to modern
information retrieval, clustering, and cross-lingual
alignment (Reimers and Gurevych, 2019; Gao et al.,
2021). However, their evaluation is largely based
on static benchmarks with coarse-grained similar-
ity judgments (Muennighoff et al., 2023). These
datasets have three major limitations: they are bi-
ased toward high-resource languages, they are vul-
nerable to data leakage and overfitting because they
are fixed, and they are too coarse-grained to distin-
guish semantic equivalence from lexical overlap.
To address these limitations, we propose a dy-
namic minimal-pair evaluation setting leverag-

Romansh - (Sursilvan variant)
1l miedi crei che la terapia funcziuna.
Parallel English
The doctor believes the treatment works.

v

{ Edited English }

The doctor doesn’t believe the treatment works.

Figure 1: Controlled cross-lingual polarity flip in ALEE.

ing Abstract Meaning Representation (AMR, Ba-
narescu et al., 2013). AMR is a formal semantic
representation of a text’s meaning, explicating se-
mantic phenomena such as entities and their roles,
negation, cause, and more—making it suitable
for controlled representation and generation tasks
(Wein and Opitz, 2024; Sadeddine et al., 2024).
Instead of relying on fixed sentence pairs as in pre-
vious embedding evaluations, we use AMR to gen-
erate challenging sentence examples that are lexi-
cally and syntactically close to a source sentence
but differ by one controlled semantic operation.
Figure 1 illustrates the minimal pair generation
with a sentence in Sursilvan, a Romansh variety
spoken in the Swiss canton of Graubiinden (Mose-
ley, 2010). The English parallel sentence, “The
doctor believes the treatment works” is parsed into
an AMR graph, and a :polarity - edge is added
to the predicate believe-01. This yields the sentence
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“The doctor doesn’t believe the treatment works,”

while the Sursilvan sentence remains unchanged:

“Il miedi crei che la terapia funcziuna”. Hence-

forth, we denote such a generation also by foil or

confounder, as this indicates its functional purpose
within our embedding evaluation framework.

This construction allows us to test whether a
model assigns higher similarity to the original En-
glish sentence than to its minimally perturbed foil,
in relation to the same target-language sentence.

Because the English sentences differ only in one
controlled semantic feature, a model’s preference
for the original over the foil provides a targeted
diagnostic of its cross-lingual embedding behav-
ior. This way, we can test whether target-language
representations are aligned closely enough with
English to preserve distinctions such as polarity,
argument structure, or lexical-semantic contrast.

In this paper, we introduce ALEE (Any-Language
Evaluation of Embeddings), a framework that com-
bines English-side semantic control with broad lan-
guage coverage. By generating English minimal
pairs and pairing them with target-language data,
we create a diagnostic testbed for any language
with English parallel data. We show the value of
ALEE by evaluating a diverse set of embedding
models across 275+ languages, including very low-
resource varieties, and report consistent patterns.
Our contributions and findings:

1. We introduce ALEE, a dynamic cross-lingual
benchmark construction framework based on
English AMR-derived minimal pairs and target-
language parallel data.

2. Even strong embedding models fail to resolve
all minimal pairs, with structural and lexical
shifts such as role reversals, antonymy, and
abstraction-level changes proving harder than
polarity negation; notably, larger decoder-based
models do not outperform smaller encoders.
Furthermore, longer, multi-sentence texts are
substantially harder than shorter ones.

3. ALEE performance correlates with language
prevalence in training corpora: both pretrain-
ing and fine-tuning language distributions corre-
late with per-language performance, with fine-
tuning more strongly associated.

4. Greater subtoken fragmentation correlates
strongly with lower downstream performance.

5. In a Romansh case study, performance declines
across varieties in roughly the order of speaker
population, mirroring written prevalence and
tokenizer coverage down to the dialect level.

2 Related Work

Cross-Lingual Embedding Evaluation. Com-
mon evaluation tasks are cross-lingual information
retrieval (CLIR; Lawrie et al., 2025), semantic text
similarity (X-STS; Cer et al., 2017), and bitext min-
ing (Zweigenbaum et al., 2017). These evaluations
provide a useful overall view of model quality, but
they offer limited insight into which semantic dis-
tinctions a model captures across languages. Strong
results may arise from broad lexical or topical over-
lap, underweighting sensitivity to finer meaning
contrasts (Fodor et al., 2025). Further, the static-
ness of datasets risks overfitting effects, and the
concentration on higher-resource languages makes
them less-suitable for fine-grained diagnosis in low-
resource settings, and unsuitable for languages not
covered, such as the Romansh varieties that we
cover in our work here.

Embedding evaluation also ties closely to em-
bedding interpretability (Opitz et al., 2025, 2026).
A recurring challenge is to move beyond holistic
similarity scores and identify which semantic prop-
erties account for textual differences. Our work
aligns with this goal by using controlled semantic
edits for targeted probes of cross-lingual spaces.

Minimal Pairs aim to isolate specific linguis-
tic contrasts, but their datasets require costly man-
ual effort and are static (e.g., BLIMP and Multi-
BLiMP; Warstadt et al., 2020; Jumelet et al., 2026).
By contrast, Sentence Smith (Li et al., 2025) gener-
ates English minimal pairs through rule-based edits
to AMR graphs as an intermediate representation—
in a dynamic fashion that allows ad-hoc genera-
tion of novel pairs. ALEE extends this idea cross-
lingually by applying English-side perturbations
to parallel corpora. Unlike other work relying on
black-box LLM verification or costly human data
creation (Nastase et al., 2024; Michail et al., 2025),
we use explicit semantic representation and can
scale to any language with English parallel data.

3 ALEE

We use ALEE to denote both the dataset construc-
tion pipeline and the resulting evaluation datasets.

3.1 Controlled Foil Generation via AMR

To generate semantically controlled minimal pairs,
we build on Sentence Smith (Li et al., 2025). Its
pipeline consists of three stages: (1) parsing an
English source sentence into an AMR graph, (2)
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Transformation Linguistic Target Relation Induced Description

PN Truth-functional Logic ~ Contradictory / Contrary IS\Iegate§ via :polarity -. D1st1ngu1sh_e§
yntactic and morphological opposition.

RS Argument Structure Reversal of Thematic Roles iwaps ARGO (Agent) anc.l :ARGI (Patient).
ests sensitivity to semantic structure.

AR Lexical Semantics Polar Opposition ?ep laces node with Word.Net antonym.
argets conceptual opposites.

HS Taxonomic Hierarchy Hyponymy / Entailment Replaces concept with superordinate.

Breaks bidirectional entailment.

Table 1: Mapping AMR Transformations to Linguistic Targets and Semantic Relations.

applying a rule-based semantic edit to the graph,
and (3) generating text from the modified graph.
ALEE extends this process to a cross-lingual set-
ting by applying the edit to the English side of a
parallel corpus. This yields triplets of the form
(€Norig, €Nfoil, targetorig). We then evaluate whether
a model assigns higher similarity to the original
cross-lingual pair (engyig, target than to the foil
pair (enyo;, target

orig)
orig)'

3.2 Semantic Manipulation Types

Following Li et al. (2025), we apply four AMR-
based perturbation types to English pivot texts.
Each targets a different type of semantic distinction,
as summarized in Table 1.

* Polarity Negation (PN): This manipulation re-
verses the truth value of a predicate by adding
the :polarity - attribute. It covers cases of
syntactic negation (e.g., approve — not ap-
prove), which functions as a logical contradic-
tory (absence of a property), and in some cases
morphological negation (e.g., just — unjust),
although the latter is not always strictly equiva-
lent to simple negation.

Role Swap (RS): This manipulation perturbs
predicate-argument structure by exchang-
ing thematic roles such as Agent and Patient.
By swapping the :ARGO and :ARG1 nodes, it
changes who did what to whom while preserv-
ing most lexical material, thereby testing sensi-
tivity to structure rather than surface overlap.

Antonym Replacement (AR): This manipu-
lation substitutes a concept with a WordNet-
derived antonym, e.g., good — bad. Unlike
polarity negation, it relies on lexical substitution
rather than a negation marker, thereby probing
sensitivity to lexical-semantic opposition.

* Hypernym Substitution (HS): This manipu-
lation replaces a concept with its taxonomic

superordinate (e.g., penguin — bird). Be-
cause the resulting sentence is semantically less
specific, this perturbation tests whether embed-
dings preserve distinctions involving lexical en-
tailment relations and level of abstraction.

3.3 Validation of Generated Foils

Not every graph manipulation might yield a correct
foil: in some cases, the generated sentence could
remain too close in meaning to the source or the
semantic change could be neutralized during gener-
ation, e.g., by the AMR generator failing to express
our change. We therefore apply a bidirectional en-
tailment filter using the robustified NLI model of
Steen et al. (2023), adding an additional verifica-
tion step that is efficient and fully automated.

For each source-foil pair, we run the NLI model
in both directions: source — foil and foil — source.
To reduce false positives, we reject a candidate if
(1) both directions are predicted as entailment, or
(i1) P(entail) in either direction exceeds 0.8. The
latter may be seen as standing in some conflict with
the desired HS-relation, but practical experiments
with the specific NLI module indicated (i) and (ii)
as a suitable setup for minimizing false positives.

3.4 [Iterative Paragraph Manipulation

AMR-based generation works best at the sentence
level. To handle the paragraph-length texts in
datasets such as WMT24++, we propose an itera-
tive first-success procedure:

1. Decomposition: = The paragraph is seg-
mented into individual sentences using NLTK’s
sent_tokenize(v3.9).

2. Surgical Edit: We attempt an AMR manipula-
tion on the ¢-th sentence (start with ¢=0).

3. Sentence Validation: The modified sentence
is checked through an NLI check against the
original sentence as described in Section 3.3.
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4. Construction & Validation: The edited sen-
tence is integrated in the paragraph. An NLI
check is also run against the original paragraph.

5. Recursion: If the NLI model fails to confirm
a semantic shift at either stage (i.e., the para-
graphs remain bi-directionally entailed), we re-
vert the change, increment ¢, return to step 2.

Discussion. These four perturbation types allow
us to evaluate models along distinct semantic di-
mensions for any language paired with English par-
allel data. In the cross-lingual setting, the model
must determine which of two closely related En-
glish sentences better matches a target-language
sentence. In the next section, we describe the par-
allel datasets used to instantiate this framework.

3.5 Multilingual Corpora

We instantiate ALEE on three parallel datasets to
provide broad linguistic and structural coverage.

FLORES-200 is a widely used Machine Transla-
tion test set with professionally translated sentences
in 200 languages (Team, 2022). We refer to this
dataset instance as ALEE-F200.

WMT24++ is an expanded parallel corpus con-
taining 998 texts in 55 languages (Deutsch et al.,
2025); a later extension adds six Romansh vari-
eties, yielding 61 languages in total (Vamvas et al.,
2025). Because WMT24++ includes both sentence-
level and paragraph-level material, it also utilizes
the iterative editing pipeline described above. We
refer to this dataset instance as ALEE-MT61.

BOUQuET is amulti-way parallel, multi-register
benchmark whose source texts were handcrafted
by linguists in 8 diverse languages and translated
into English and 266 additional language vari-
eties, yielding 275 languages in total (Andrews
et al., 2025; Team, 2026). Because BOUQuET,
like WMT24++, provides both sentence-level and
paragraph-level material, it also utilizes the itera-
tive editing pipeline. We refer to this dataset in-
stance as ALEE-BQ275.

ALEE-F200 Statistics. We apply all four trans-
formations to 1,012 English source sentences from
FLORES-200. Table 2 reports the number of vali-
dated foils per transformation. The median source
length is 24 tokens (IQR: 19-29), and the median
foil length is 20 tokens (IQR: 15-26).

ALEE ALEE ALEE

F200 MTe61 BQ275
English sources 1,012 818 1,052
Polarity negation 558 668 669
Role swap 334 377 333

Antonym replacement 484 609 597
Hypernym substitution 216 354 341

Table 2: Count of sources and NLI-validated foils.

ALEE-MT61 Statistics. We exclude 180 (out of
998) flagged as low quality by the corpus providers,
leaving 818 texts for foil generation. Success rates
are higher than in ALEE-F200 (Table 2), likely
because paragraph-level texts offer multiple oppor-
tunities to obtain at least one valid edit. The median
source length is 38 tokens (IQR: 17-73), and the
median foil length is 44 tokens (IQR: 19-76).

ALEE-BQ27S5 Statistics. We apply all four trans-
formations to 854 sentences and 198 paragraphs
from BOUQUET; Table 2 reports the amount of
yielded foils. Median source length is 15 tokens
(IQR: 10-16); median foil length 14 (IQR: 9-14).

3.6 Quality Assessment

We manually inspect 200 English source—foil pairs
sampled from each dataset. In ALEE-F200, all
200 pairs are judged to be valid minimal pairs, and
98% are judged grammatical. Most grammaticality
errors arise from local syntactic artifacts that resem-
ble poorly integrated template insertions. For the
200 sampled pairs from ALEE-MT61, we obtain
similarly high quality. We judge 99% of the mini-
mal pairs to be valid and 96% to be grammatical.
The remaining errors are mainly due to formatting
artifacts, such as HTML tags, or punctuation er-
rors. For ALEE-BQ275 all sampled minimal pairs
are considered valid, while 98% are grammatical.
Overall, this manual assessment is consistent with
the high data quality reported by Li et al. (2025).
Note that role-swapped constructions occasion-
ally do not adhere to selectional preferences, i.e.,
the semantic constraints that predicates impose on
their arguments (Wilks, 1975; Dowty, 1991). E.g.:

orig: The effect the team was looking for would be
caused by tidal forces between the galaxy’s dark
matter and the Milky Way’s dark matter.

foil: The effects that the tide looks at are caused by
the team forcing the dark matter of the galaxy to
darken.

Yet, we emphasize that even in those cases, the
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main aim of the operation has been achieved. The
foil in this case may appear nonsensical or odd, but
it is a valid test case.

4 General Setup

Evaluation Metric. We follow Li et al. (2025)
and use Triplet Accuracy (TACC), defined as the
proportion of triplets in which a model assigns
higher similarity to the original cross-lingual pair
than to the foil pair. When aggregating over pertur-
bation types, we report Macro-TACC, which aver-
ages TACC across the four augmentations. Higher
values are better; random performance is 0.5.

Examined Embedding Models. We evaluate a
set of widely used embedding models with fewer
than 600M parameters: the bitext-mining model se
ntence_transformers_LaBSE (Feng et al., 2022),
the paraphrase-aligned paraphrase_multil _mp
net_base (Reimers and Gurevych, 2019, 2020),
Google’s google_embeddinggemma_300m (Vera
et al., 2025), nomic_embed_text_v2_moe (Nuss-
baum and Duderstadt, 2025), Alibaba_NLP_gte_
multilingual_base (Zhang et al., 2024), BAAI_b
ge_m3 in dense mode (Chen et al., 2024), the jina
_embeddings_v3 and jina_embeddings_v5_tex
t_small/nano models (Sturua et al., 2025; Akram
et al., 2026), ibm_granite_embed_107/278m_mu
1tilL (Awasthy et al., 2025), and the Multilingual
ES5 family—multilingual_e5_base/large/ins
truct (Wang et al., 2024). Detailed configurations
are provided in Appendix Table 4.

5 Research Findings

5.1 Fine-Grained Linguistic Evaluation

Research Question. We first ask how embed-
ding models perform on ALEE overall and how
their performance varies across the four semantic
perturbation types.

Setup. For each model and each transformation,
we compute TACC averaged over languages, sepa-
rately for each ALEE dataset.

Findings. Figure 2 summarizes the results. We
observe three main patterns: (1) Multilingual
E5-instruct and LaBSE rank at or near the top
on all three datasets. Multilingual E5-instruct
leads on ALEE-F200 and ALEE-BQ275, while
LaBSE—a model trained for bitext mining with
hard negatives—edges ahead on ALEE-MT61. At
the same time, no model reaches perfect accuracy,

multilingual_e5_large_instruct
sentence_transformers_LaBSE
multilingual_e5_large
BAAI_bge_m3

multilingual_e5_base
Alibaba_NLP_gte_multilingual_base
nomic_embed_text_v2_moe
google_embeddinggemma_300m
jina_embeddings_v3

jina_embeddings_v5_text_small

paraphrase_multiL_mpnet_base

Transformation —

jina_embeddings_v5_text_nano
= Antonym Replacement
ibm_granite_embed_278m_multiL { === Hypernym Substitution
== Polarity Negation
ibm_granite_embed_107m_multiL { mm Role Swap

05 06 07 08 009
ALEE-F200 TACC

sentence_transformers_LaBSE
multilingual_e5_large_instruct
BAAI_bge_m3
multilingual_e5_large
google_embeddinggemma_300m
multilingual_e5_base
jina_embeddings_v3
nomic_embed_text_v2_moe
Alibaba_NLP_gte_multilingual_base
paraphrase_multiL_mpnet_base
jina_embeddings_v5_text_small
jina_embeddings_v5_text_nano
ibm_granite_embed_278m_multiL
ibm_granite_embed_107m_multiL

05 06 07 08 09
ALEE-MT61 TACC

multilingual_e5_large_instruct
sentence_transformers_LaBSE
multilingual_e5_large
BAAI_bge_m3
multilingual_e5_base
Alibaba_NLP_gte_multilingual_base
nomic_embed_text_v2_moe
google_embeddinggemma_300m
jina_embeddings_v3
paraphrase_multiL_mpnet_base
ibm_granite_embed_278m_multiL
ibm_granite_embed_107m_multiL

jina_embeddings_v5_text_small

jina_embeddings_v5_text_nano

05 06 07 08 09
ALEE-BQ275 TACC

Figure 2: Mean TACC per model broken down by se-
mantic edit type, on ALEE-F200 (top), ALEE-MT61
(middle) and ALEE-BQ275 (bottom). Models are
sorted by averages across minimal pair types.

indicating that all models fail on a non-trivial subset
of minimal pairs. (2) Across all three datasets, po-
larity negation is consistently the easiest perturba-
tion, whereas role swap, antonym replacement, and
hypernym substitution are closely clustered and
show no stable ordering across datasets. This sug-
gests that models detect explicit polarity reversals
more reliably than the other contrasts, which they
handle at broadly similar levels. (3) In aggregate,
performance is highest on ALEE-MT61, followed
by ALEE-F200 and ALEE-BQ275 (Table 5). We
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sentence_transformers_LaBSE I B Single sentence (<=P33, <115 chars)

multilingual_e5_large_instruct
multilingual_e5_large
BAAI_bge_m3
multilingual_e5_base
jina_embeddings_v3
Alibaba_NLP_gte_multilingual_base
gle_embeddi _300m
paraphrase_multiL_mpnet_base
nomic_embed_text_v2_moe
jina_embeddings_v5_text_small
ibm_granite_embed_278m_multiL
jina_embeddings_v5_text_nano
ibm_granite_embed_107m_multiL

B Paragraph (>P66, =315 chars)

i mmm Multi-sentence (P33-P66, 115-314 chars) P——
E—

B Single sentence (679 samples) m—
B Paragraph (193 samples)

E—

0.5 0.6 0.7 0.8

ALEE-MT61 Macro-TACC

0.9 1.0 0.5 0.6 0.7 0.8 0.9 1.0
ALEE-BQ275 Macro-TACC

Figure 3: ALEE-MT61, ALEE-BQ275 Macro-TACC across different text lengths.

attribute this ordering to language coverage rather
than text difficulty: ALEE-F200 and ALEE-BQ275
include more low-resource languages, which low-
ers their averaged scores. Restricting the compar-
ison to languages shared across all three datasets
removes this effect. Full per-language results are
in Appendix B, where a language can be located
by searching (Ctrl+F) for its three-letter code fol-
lowed by an underscore (e.g., “deu_” for German).

5.2 Effects of Text Length

Research Question. A key extension of Sentence
Smith in ALEE is the ability to manipulate longer,
multi-sentence texts through the iterative sentence
processing pipeline described in Section 3.4. We
therefore examine how model performance varies
with text length, averaged across all languages.

Setup. In ALEE-MT61, we divide texts into three
bins based on character-length percentiles (below
P33, between P33 and P66, and above P66) and
compute the average Macro-TACC for each model
in each bin. In ALEE-BQ275, we use the provided
sentence or paragraph level flag and compute the
average Macro-TACC for each model in each bin.

Findings. Figure 3 shows a consistent decline in
performance as text length increases, even though
each foil modifies only a single sentence. In ALEE-
MT61, the average drop across models is 9.4%
from single- to multi-sentence texts and 15.4%
from single-sentence to paragraph. Within ALEE-
BQ275, performance drops similarly by 16.0%
from sentence to paragraph level. This suggests
that semantic discrimination becomes more diffi-
cult as the amount of surrounding context grows.

5.3 Training Language Distribution Effects

Research Question. We now investigate which
language-level factors are associated with perfor-

mance differences across languages. To this aim,
we first investigate the language distribution of a
widely used pretraining corpus, and finally aim
to disentangle the contributions of pretraining and
fine-tuning data for an exemplar model.

5.3.1 Pretraining Data Distribution

Setup. To move beyond coarse resource mem-
bership, we examine the relationship between pre-
training data size and downstream performance.
Because 5 of the 14 encoder models use XLM-
RoBERTa (Conneau et al., 2020) as a backbone
and 3 others reuse its tokenizer, we use CC-100
language proportions as an approximate proxy for
pretraining exposure. For each language reported
in CC-100, we compare log-scaled data size with
Macro-TACC averaged across models, separately
for ALEE-F200 and ALEE-BQ275.

Findings. Figure 4 shows a strong positive corre-
lation between CC-100 data size and performance
on both datasets (Spearman p=0.766 on ALEE-
F200; p=0.733 on ALEE-BQ275). This trend is
consistent with the broader pattern: languages with
greater representation in pretraining resources tend
to achieve better embedding performance.

Note that this finding is tied to the models with
the same backbone. To further corroborate this
finding from a broader perspective, we assess per-
formance of all embedding models on different
subsets of languages, adopting the assumption that
a low-resource language is a language that occurs
less frequently on the internet. The result in Fig-
ure 5 clearly corroborates the strong relationship
between embedding performance and language rep-
resentation in online texts.

5.3.2 MLM vs. Contrastive Training

Setup. To distinguish the contributions of pre-
training and fine-tuning, we examine GTE Multi-
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Figure 4: Per-language Macro-TACC vs. CC-100 pretraining data size (log-scaled), averaged across all models,
for ALEE-F200 (left) and ALEE-BQ275 (right). Each point is a language, colored by whether it also appears in
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Figure 5: ALEE-F200 Macro-TACC distribution by
Common Crawl language prevalence. ALEE-MT61 and
ALEE-BQ275 show similar patterns (Figs. 11 and 12).

lingual Base, which openly reports its MLM pre-
training and contrastive fine-tuning data distribu-
tions per language. For each language, we plot its
Macro-TACC against the log-scaled data volumes,
separately for each ALEE dataset.

Findings. Figure 6 shows that both training
stages correlate positively with performance across
all three datasets, with contrastive fine-tuning data
more strongly associated with performance than
MLM pretraining data. This gap varies by dataset:
it is largest on ALEE-MT61 (p=0.638 vs p=0.340),
and smaller on ALEE-F200 (p=0.681 vs p=0.554)
and ALEE-BQ275 (p=0.619 vs p=0.548). This
may be because ALEE-MT61 contains longer texts
and thus provides a stronger out-of-distribution test
than ALEE-F200 and ALEE-BQ275.

Across all three correlation analyses, perfor-

mance is consistently associated with language rep-
resentation in the training pipeline, including broad
corpus coverage and training volumes.

5.4 Subword Tokenization Effects

Setup. As a corpus-independent proxy for lan-
guage coverage, we compute the median number
of XLM-R subtokens per language and correlate it
with the average TACC over all models. A higher
number of subtokens may reflect not only limited
vocabulary coverage, but also morphological com-
plexity or script-related properties.

Findings. Figure 7 shows the results for ALEE-
MT61; Results ALEE-F200 and ALEE-BQ275 are
reported in the Appendix Figures 9 and 10.
Languages whose texts are split into more subto-
kens tend to show lower performance (p=—0.516
on ALEE-MT61; p=—0.786 on ALEE-F200,
p=—0.708 on ALEE-BQ275). The Romansh id-
ioms illustrate this pattern perfectly: they require
the largest number of subtokens and show the low-
est performance, with an almost perfectly negative
correlation across the six idioms (p=—0.986).
Overall, greater subword fragmentation is associ-
ated with lower embedding performance, whether
it arises from limited vocabulary coverage or
language-specific structural properties.

5.5 Case Study: Romansh

Research Question. We finally examine an ex-
treme low-resource case: how do multilingual
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Rank ALEE ALEE ALEE Avg
F200 MTeé1 BQ275
LaBSE 2 0.896 0917 0.823 0.879
Qwen3-Emb-8B 6 0.842 0.839 0.723 0.801
gte-multilingual-base 7 0.818 0.819 0.760 0.799
Qwen3-Emb-4B 11 0777 0.799 0.680 0.752
granite_embed107_multiL 16 0.716 0.759 0.667 0.714
Qwen3-Emb-0.6B 17 0.696 0.735 0.644 0.691

Table 3: Overall and per-dataset Macro-TACC for the
Qwen decoder-based models and selected comparison
models. Rank is over all evaluated models on the three-
dataset average.

embedding models perform across the six writ-
ten Romansh varieties? Romansh is a Rhaeto-
Romance language and the fourth national lan-
guage of Switzerland, with roughly 60,000 speak-
ers in total. It comprises five traditional written
varieties, or “idioms”: Sursilvan, Sutsilvan, Surmi-
ran, Puter, and Vallader, which differ substantially
in orthography and phonology (Gross, 2004). Ru-
mantsch Grischun (Schmid, 1982) is a standardized
written form designed for inter-variety communica-
tion and official use (Gross, 2004; Ayres-Bennett
and Carruthers, 2018; Vamvas et al., 2025). Evalu-
ating these varieties allows us to test model behav-
ior in a fine-grained and low-resource setting.

Setup. We calculate, for all embedding models
and all six Romansh varieties, the average Macro-
TACC over all four minimal pair types.

Script
Latn (33)
Arab (3)
Cyrl (4)
Deva (2)
Hebr (1)

0.90

gndonesian
ghinese (simdl Elhnic
i

o
)
a

Beng (1)
Other (16)

* % 4 o m > 0

debrew

o
@
o

_gwahili (1)

Gwanili

ALEE-MT61 Macro-TACC

o
~
@

(Fig7) ALEE-MT6L Pearson r = -0.691 (p=0.000), Spearman p = -0.516 (p=0.000)
(Fig9) ALEE-F200 Pearson  =-0.657 (p=0.000), Spearman p = -0.786 (p=0.000)
(Fig10) ALEEBQ275 Pearson r = -0.678 (p=0.000), Spearman p = -0.708 (p=0.000)

P

0.70

20 45 50 55

Median XLM-R subtokens

Figure 7: Per-language Macro-TACC vs. median XLM-
R subtoken count on ALEE-MT61, averaged across all
models. Marker shapes indicate writing script. Figures 9
& 10 in the Appendix show ALEE-F200/BQ275 results.

Findings. Figure 8 shows that performance is
highest for Rumantsch Grischun and then gener-
ally declines across the spoken varieties in roughly
the order of speaker population. This pattern is
also accompanied by increasing subtoken fragmen-
tation. The result is consistent with earlier anal-
yses suggesting that written prevalence and tok-
enizer coverage are associated with better perfor-
mance. Relative to each model’s overall average
across languages, performance on Romansh is typ-
ically 10-20% lower. There are also some notable
ranking shifts: for example, mGTE rises to fifth
place, and mES5-instruct surpasses LaBSE on ALEE-
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Grischun Vallader

Sursilvan

Puter Surmiran Sutsilvan

multilingual_e5_large_instruct 0.814 0.804 0.807 0.795 0.778 0.781

sentence_transformers_LaBSE m 0.800
Alibaba_NLP_gte_multilingual_base 0.725 0.723
0.750
multilingual_e5_base m - 0.719 0.706 v
google_embeddinggemma_300m m 0.724 0.719 0.717 0.715 0.719 0,725 E
ibm_granite_embed_107m_multiL m 0.724 0.715 0.716 0.713 0.684 §
ibm_granite_embed_278m_multiL m 0.715 0.725 0.710 0.705 0.689 -0.700 =
nomic_embed_text_v2_moe - 0.718 0.691 0.682 0.709 0.679
jina_embeddings_v3  0.707 0.681 0.673 0.676 0.669 0.654 [0-675
paraphrase_multiL_mpnet_base  0.695 0.667 0.674 0.662 0.671 0.655
jina_embeddings_v5_text_small | 0.702 0.667 0.660 0.657 0.640 0.634 £
jina_embeddings_v5_text_nano 0.686 0.660 0.649 0.642 0.641 0.621 0625
Number of Speakers %7 D% 6,500 18,000 5,500 3,000 1,000
XLM-R Subtokens (median) 58 61 59 58 64 65

Figure 8: ALEE MT61 Macro-TACC for Romansh variants. Speaker count according to Gross (2004); year 2000.

MT61 for this subset, suggesting that model rank-
ings can change substantially in very low-resource
settings. Overall, this suggests that ALEE could
help inform the selection of an embedding model
for a low-resource language or dialect of interest,
since the performance of embedding models on dif-
ferent languages is not directly indicative of their
performance on a specific low-resource language.

5.6 Decoder-Based Embedding Models

Research Question. We ask whether recent
decoder-based LLM embeddings can improve
cross-lingual discrimination on ALEE.

Setup. We evaluate the Qwen3-Embedding fam-
ily (0.6B, 4B, 8B) (Zhang et al., 2025) under the
same TACC protocol, comparing against some of
the sub-600M encoder models (Table 3).

Findings. Scale helps within the family: Qwen3-
Embedding rises from 0.691 (0.6B) to 0.752 (4B)
to 0.801 (8B). But it does not close the gap to en-
coders. The largest decoder (8B) ranks sixth over-
all, below LaBSE (0.879) despite roughly an order
of magnitude more parameters, and is matched or
beaten by smaller encoder models (Table 3). Pa-
rameter count is thus not the primary driver here:
the tested decoder-based models do not appear to
capture the fine-grained cross-lingual contrasts in

ALEE as reliably as smaller encoders, which re-
main more effective despite their size. The pattern
holds across all three datasets (per-augmentation
breakdowns are reported in Appendix Table 5).

6 Conclusions

We present ALEE, a dynamic cross-lingual eval-
uation framework that generates fine-grained se-
mantic stress tests for embedding models in any
language with English parallel data. Across 275+
languages—many previously lacking embedding
evaluation resources—we find (1) persistent gaps
in cross-lingual semantic representation; (2) that
explicit semantic reversals such as negation are eas-
ier to detect than structural shifts like role swaps or
abstraction-level changes; (3) and that paragraph-
level texts are more challenging than single sen-
tences. Further, (4) performance is strongly tied to
language prevalence in training data and tokenizer
coverage, a pattern that holds down to the dialect
level, as shown in our Romansh case study. Model
rankings also shift across languages, meaning ag-
gregate scores can obscure important per-language
differences. Beyond these findings, ALEE provides
dynamic evaluation for numerous languages, in-
cluding many low-resource varieties not previously
covered by embedding benchmarks.
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Limitations

Our framework applies semantic perturbations on
the English side of parallel data, enabling precise
and controllable edits through AMR. As a result, it
evaluates cross-lingual alignment to semantic con-
trasts expressed in English, rather than performing
edits directly within the target language. While
this introduces an English-centric perspective, it
provides a consistent and scalable evaluation setup;
extending controlled perturbations to additional lan-
guages is a promising direction for future work.

The dynamically generated benchmark’s quality
depends on the AMR parser, generation model,
and NLI-based filtering. While manual inspection
suggests high validity, some noise may remain. In
addition, certain perturbations (e.g., role swaps)
can produce less natural sentences, which can also
be interpreted as testing robustness to atypical or
adversarial inputs. Advances in generation and
validation could further improve naturalness and
control.

Our evaluation uses a pairwise ranking metric
(Triplet Accuracy), which provides a clear signal
of relative preferences but does not assess absolute
similarity calibration. Complementary evaluation
metrics could provide a more complete picture.
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Model Short Name

Hugging Face ID

Instructions / Prompt / Prefix / Adapter

sentence_transformers_LaBSE

sentence-transformers/LaBSE

BAAI_bge_m3

BAAI/bge-m3

multilingual_e5_large_instruct

intfloat/multilingual-e5-large-instruct

{Prefix:} Instruct: Represent every
detail of this text to avoid
matching to hard negatives.\nQuery:

Qwen3-Embedding-0.6B

Qwen/Qwen3-Embedding-0.6B

{Prefix:} Instruct: Represent every
detail of this text to avoid
matching to hard negatives.\nQuery:

Qwen3-Embedding-4B

Qwen/Qwen3-Embedding-4B

{Prefix:} Instruct: Represent every
detail of this text to avoid
matching to hard negatives.\nQuery:

Qwen3-Embedding-8B

Qwen/Qwen3-Embedding-8B

{Prefix:} Instruct: Represent every
detail of this text to avoid
matching to hard negatives.\nQuery:

multilingual_e5_large

intfloat/multilingual-e5-large

{Prefix:} query:

multilingual_e5_base

intfloat/multilingual-e5-base

{Prefix:} query:

jina_embeddings_v3

jinaai/jina-embeddings-v3

{Adapter:} text-matching

google_embeddinggemma_300m

google/embeddinggemma-300m

Prefix: task: sentence
similarity | query:

nomic_embed_text_v2_moe

nomic-ai/nomic-embed-text-v2-moe

{Prefix:} search_query:

jina_embeddings_v5_text_small

jinaai/jina-embeddings-v5-text-small

{Adapter:} text-matching

paraphrase_multiL_mpnet_base

sentence-transformers/paraphrase-
multilingual-mpnet-base-v2

jina_embeddings_v5_text_nano

jinaai/jina-embeddings-v5-text-nano

{Adapter:} text-matching

gte-multilingual-base

Alibaba-NLP/gte-multilingual-base

ibm_granite_embed_107m_multiL

ibm-granite/granite-embedding-107m-multilingual

ibm_granite_embed_278m_multiL

ibm-granite/granite-embedding-278m-multilingual

Table 4: Embedding model configurations used in the evaluation.

Model ALEE-F200 ALEE-MTé61 ALEE-BQ275

PN RS AR HS Avg| PN RS AR HS Avg] PN RS AR HS Avg
multilingual_e5_large_instruct 0.945 0.882 0.904 0.889 0.905]0.929 0.872 0.899 0.895 0.899]0.892 0.821 0.835 0.821 0.842
sentence_transformers_LaBSE 0.896 0.903 0.884 0.903 0.896]0.920 0.913 0.910 0.925 0.917|0.807 0.828 0.810 0.847 0.823
multilingual_e5_large 0.920 0.873 0.889 0.878 0.890/0.895 0.860 0.891 0.885 0.883|0.821 0.795 0.761 0.783 0.790
BAAI_bge_m3 0.917 0.867 0.881 0.884 0.887]0.888 0.866 0.890 0.896 0.885|0.828 0.767 0.771 0.764 0.782
multilingual_e5_base 0.912 0.860 0.880 0.852 0.876]0.835 0.824 0.852 0.858 0.842|0.801 0.769 0.747 0.756 0.768
Qwen3_Embedding_8B 0.880 0.821 0.836 0.833 0.842|0.872 0.810 0.847 0.826 0.8390.778 0.707 0.710 0.697 0.723
Alibaba_NLP_gte_multilingual_base 0.849 0.806 0.825 0.793 0.818]0.828 0.785 0.827 0.837 0.819]0.808 0.743 0.733 0.755 0.760
google_embeddinggemma_300m 0.871 0.765 0.798 0.775 0.802|0.881 0.826 0.852 0.838 0.849|0.807 0.675 0.699 0.661 0.711
nomic_embed_text_v2_moe 0.788 0.797 0.807 0.837 0.807]0.796 0.818 0.824 0.850 0.822|0.725 0.737 0.710 0.754 0.732
jina_embeddings_v3 0.832 0.729 0.756 0.732 0.762]0.869 0.799 0.835 0.808 0.828|0.791 0.651 0.685 0.656 0.696
Qwen3_Embedding 4B 0.825 0.754 0.766 0.762 0.777]0.828 0.773 0.795 0.801 0.799|0.755 0.645 0.667 0.656 0.680
paraphrase_multiL_mpnet_base 0.811 0.700 0.759 0.728 0.750]0.835 0.776 0.826 0.810 0.812|0.756 0.647 0.675 0.664 0.686
jina_embeddings_v5_text_small 0.797 0.744 0.757 0.751 0.762]0.824 0.786 0.816 0.816 0.810|0.706 0.648 0.619 0.617 0.648
ibm_granite_embed_278m_multiL ~ 0.744 0.735 0.718 0.726 0.731]0.781 0.765 0.782 0.797 0.781|0.708 0.685 0.654 0.695 0.685
jina_embeddings_v5_text_nano 0.797 0.724 0.736 0.708 0.741]0.811 0.777 0.792 0.786 0.791|0.709 0.661 0.613 0.602 0.646
ibm_granite_embed_107m_multiL ~ 0.732 0.726 0.697 0.709 0.716]0.765 0.743 0.753 0.775 0.759|0.699 0.672 0.631 0.668 0.667
Qwen3_Embedding 0.6B 0.715 0.682 0.682 0.704 0.696]0.737 0.725 0.735 0.742 0.735|0.666 0.631 0.630 0.648 0.644

Table 5: Per-category Macro-TACC results across all three ALEE datasets.
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1.0 (Fig 9) ALEE-F200 Pearsonr =-0.657 (p=0.000), Spearman p = -0.786 (p=0.000)
: (Fig7) ALEE-MT61 Pearson r =-0.691 (p=0.000), Spearman p = -0.516 (p=0.000)
‘EE & (Fig10) ALEE-BQ275 Pearson r =-0.678 (p=0.000), Spearman p = -0.708 (p=0.000)
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Figure 9: Per-language Macro-TACC vs. median XLM-R subtoken count on ALEE-F200, averaged across all
models. Marker shapes indicate writing script.

1.0 (Fig 10) ALEE-BQ275 Pearsonr =-0.678 (p=0.000), Spearman p = -0.708 (p=0.000)
(Fig 7) ALEE-MT61  Pearson r = -0.691 (p=0.000), Spearman p = -0.516 (p=0.000)
(Fig 9) ALEE-F200 Pearson r = -0.657 (p=0.000), Spearman p = -0.786 (p=0.000)
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Figure 10: Per-language Macro-TACC vs. median XLM-R subtoken count on ALEE-BQ275, averaged across all
models. Marker shapes indicate writing script.
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Figure 11: ALEE-MT61 Macro-TACC distribution by Common Crawl language prevalence. Analogous to Figure 5.
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Figure 12: ALEE-BQ275 Macro-TACC distribution by Common Crawl language prevalence. Analogous to Figure 5.
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ben_Beng bul_Cyrl ces_Latn
F200/MT61/BQ275 TACC MT61 BQ275. F200 MT61 BQ275. BQ275 F200 MT61 BQ27TS
AR HS PN RS AR HS PN RS HS PN AR HS PN RS AR HS PN AR RS AR HS PN HS PN RS HS PN RS AR HS PN RS HS PN RS
Alibaba NLP_gte_mullingeal_base 0366 0784 0808 0780 0727 0851 091 007 OS77 0919 0912 0997 0301 0851 0843 0461 0808 0928 0912 0936 0889 0913 0928 0860 0366 048 0:549 0814 089 0924 0918 0852 089 0889 0. 77 0840 0450 0837 0827 0918 0530 0928 0871
BAAL bge. 0.901 0.898 0.877 0816 0953 0918 0955 0910 0.969 0.963 0.977 0,924 0.907 0914 0978 0971 0. 0,973 0,972 0,977 0979 0919 0933 0.90: 0938 7 0981 0 0911 0.924 0,904 0881 0980 0965 0975 0949
Qs Ebeddine 0.3 0706 0.711 0.724 0632 0822 0856 0.825 0.763 03861 0566 0393 0749 0706 0784 0757 OAGh 03K6 nxm 0332 0870 0,894 0868 0504 n7s7 0791 0771 0545 031 0791 0,903 0761 0816 0796 0741 0346 0363 0358 0314
Quen3_ Embedding 4B 0767 0.784 0.803 0.765 0901 0880 0921 0844 0.944 0,935 0.835 0.860 0.877 0.827 0,930 0883 0. 0. 0931 0833 0860 0. 0.865 0.948 0. 0,935 0.952 0,934 0840 0837 0861 0846 0.920 0.918 0.945 0.883
Quen3_Embedding 8B 0817 0.805 0.852 0768 0921 0594 0945 0871 0.968 0.971 0558 0348 D515 0564 0938 0933 095 0904 0978 0972 D567 0933 D538 0353 D519 0873 0933 0954 D954 0907 0987 0973 0575 054 0896 0878 0515 0494 0.938 0.961 0.922
‘google_embeddinggemma_3( 3 0871 0869 0930 0854 0.972 0.947 0.966 0.904 0915 0926 0961 0861 0.863 0.875 0832 0926 0921 0942 0883 0.957 0919 0873 0863 0898 0819 068 0930 0438 0.921 0.946 0.880 0,865 0331 0860 0824 0.896 0.900 0.924 0.862
o grante.embed 107 mulil. 0.736 0.729 0.729 0697 0791 0815 0813 0.796 0.86) 0.870 0.857 77 0793 0.762 0.789 0.836 0.874 0845 0832 0901 0934 0918 0.931 0.753 0.813 0.777 0.803 0811 0827 0828 0.799 0,926 0.907 0880 0504 0845 0794 0784 0.863 0.868 0.877 0.820
78m_muliL. 0766 0.781 0.747 0,695 0854 0836 0889 0826 0.897 0.884 0. 7 0,926 0,940 0,930 0913 0507 0840 0794 0814 01330 0355 0341 007 007 D14 OXK) ORS3 0815 0791 078 0877 0892 0832
0,822 0.787 0.870 0.754 0596 0865 0919 0,850 0.961 0.968 3 0971 0958 0880 0875 0901 0.876 0888 0.897 0.951 0.880 0,949 0,968 0,943 0906 0860 0918 0878 0,900 0,949 0,901
jina_embeddings v5_text_nano 0,805 0.825 0.791 0751 0596 0868 0882 0.832 0.921 0.926 0.928 0,953 0,922 0823 0834 0846 0.824 0,824 0.900 0.817 0950 0954 0946 0.940 0.865 0.851 0.863 0.811 0.886 0.907 0.877
jina_embeddings_v5_text_small 0.830 0.825 0819 0792 0920 0897 0940 0 0940 0950 0.943 0.861 0.869 0.857 0822 0938 0900 0945 0853 0.952 0. 0931 0573 0880 0861 0.824 0.884 0.868 0.936 0.835 0,959 0054 0952 0931 0855 0.898 0.872 0.838 0.910 0.915 0.946 0862
0.848 0.848 0.835 0,803 0956 0924 0966 0850 0.942 0.958 0.975 0.855 0.901 0.873 0,846 0040 0941 0948 0925 0.957 0.935 0.973 0.931 0.870 0892 0852 0851 0.897 0.945 0.883 0.954 0.977 0.946 0.880 0907 0570 0851 0.930 0.952 0904
0870 0.851 0.880 0819 0956 0933 097 0.968 0.975 09270924 0928 0914 0973 0979 0976 0955 0969 0981 0982 0973 0922 0927 0921 0911 0963 0953 0.970 0940 0963 0991 D92 0943 0939 0945 0942 0905 0TS 0977 0976 0946
0.886 0.878 0,922 0857 0966 0950 0979 0961 0.968 0,982 0524 0939 0944 0908 0555 0968 0987 0952 0551 0995 0986 0982 0931 0910 0954 0924 0963 0950 0979 0946 0983 061 095 0976 0932 021 0945 0908 0962 0978 0564
_cmbed 814 0854 0.797 0770 0.906 0915 0,913 0,877 0940 0.954 0927 0.931 0858 0.924 0.841 0892 0.911 0944 0.916 0910 0,945 0240 0:542 0366 031 0551 0580 0909 098 074 0940 0917 0925 0922 086l 0850 046 0557 0913 041 0931 0943
paraphrase_multL_my 0781 091 079 0719 0548 0853 030 0796 0961 0933 0962 0943 010 0904 087 0338 0926 0927 0943 0904 0952 4 055 093 0511 0898 0475 083 0,906 0,918 0892 0,963 0,955 0,943 0889 0878 0.892 0.843 0,921 0,943 0904
Tenee Sy LABOE. 0,926 0.921 0.924 0,900 0.966 0974 0970 0916 0.973 0.977 0.986 0.979 0.939 0.962 0.941 0951 0.960 0.965 0.981 0971 0.971 0.976 0932 0950 0948 0959 0,953 0.952 0,931 058 0571 0582 0542 D545 0938 bota 0.968 0.988 0,949
dan_Latn deu_Latn ell_Grek fin_Latn
F200MT61/BQ27S TACC T BQ275. F200 MT6! BQ275. MT61 BQ275. F200 MT61 BQ275
AR HS PN RS AR HS PN RS HS PN AR HS PN RS AR HS PN AR PN RS AR HS PN RS HS PN RS HS PN RS AR HS PN RS HS PN RS
Alibaba_NLP_gte_mulilingual_base 0.860 0.875 0.858 0.819 0936 0930 0934 0913 0.932 0.907 0. 17 0861 0875 0.854 0.830 0.928 0.935 0.921 803 910 0.883 0.837 0.854 0.858 0.803 0509 0930 0468 0911 0.859 0923 095 037 0.840 0435 0778 0888 0500 0909 013
BAAL bge_m3 0.986 0.945 0.936 0.916 0.975 0965 0978 0958 0981 0551 0% 0937 0300 073 668 0963 053 boer 097 0953 203 Dok 0915 0408 0.944 0.961 0,943 0.972 0.977 0943 0921 0918 0909 0.895 0.941 0.966 0.925
Quen3_Embedding 0.68 0778 0.773 0792 05846 0853 0531 0820 0.928 0.836 0.857 0.819 0865 0915 0938 0.897 0779 0801 0757 0716 0729 0.726 0.705 0533 0307 0766 0794 0310 0271 0298 0688 0.5 0697 0716 0723 0.7 0755 0700
Quen3 Embedding 45 66 0.878 0884 0862 0913 0927 0943 0.874 0.975 0. 0.901 0.892 0.907 0,873 0945 0930 0946 0907 0.903 0532 0877 020 0810 0577 0725 0% 0877 0936 0841 0,875 0,928 0.880 0785 0805 0822 0776 0.868 0,909 0832
en3_Embedding_$B 0.901 0,921 0881 0945 0924 0963 0910 0, 0,934 0,913 0,933 0903 0958 0956 0966 0.937 0.957 0.944 0. 8 0861 0843 0.896 0.819 0.925 0,906 0,957 0892 0954 0,971 0931 0855 0822 0875 0.795 0891 0,931 0880
google_embeddinggemna 0515 0919 0395 0928 0924 0961 074 0992 0. 0,942 0,933 0.956 0,943 0,968 0.965 0. 0926 0993 03 0330 0338 0366 0822 0915 0.927 0.865 0.921 0,946 0,904 0876 0845 0.886 0.827 0,889 0,925 0,
e ol 0T L 0.770 0.759 0738 0782 0830 0.857 0. S8 0. 5 0880 0878 0.848 0.846 0.916 0.930 0.915 0818 0.824 0.842 0805 0741 0732 0765 0.735 0.830 0.842 0.817 083 03841 0305 0738 0.738 0764 0708 0.777 0.821 0751
ibm_granite_embed_278m_muliL (40 0314 0786 D354 0353 0489 0423 0067 058k 0063 0.883 0.918 0.873 0.873 0923 0947 0931 0.860 0.878 0.823 0794 0770 0809 0.778 0.862 0.891 0.823 0.838 0.844 0.787 0762 0781 0771 0719 0811 0.798 0.842 0.799
jina_embeddings 0.895 0.922 0897 0938 0918 0964 0931 0977 0971 893 0886 0.919 0.859 0.946 0915 0945 0921 0931 0881 0834 0898 0870 0.883 0939 0880 0563 0581 0953 0581 0481 0907 0163 0.900 0.945 0871
jina_embeddings v_text_nano 901 0.886 0.873 0.918 0.903 0,948 0922 0979 0963 0950 0.976 0,885 0.880 0.899 0868 0923 0935 0951 0944 952 0.919 0,881 0.857 0889 0854 0925 0871 0955 0.883 0.899 0.898 0.928 0871 0805 0799 0825 0780 0.883 079
jina_embeddings vS_text_small 0,889 0,893 0854 0945 0915 0957 0,892 0.983 0.958 0.973 0,899 0,892 0,902 0889 0946 0927 0967 0909 0,880 0858 0848 0872 0.835 0891 0,927 0850 0,843 0,900 0,844 0810 0778 0809 0749 0812 0876 0820
0.913 0,898 0897 0935 0953 0966 0.940 0.971 0.981 0.952 0.903 0,895 0,892 0,859 0940 0956 0960 0940 0913 0866 0886 0.851 0.868 0.951 0,930 0,952 0,901 0,944 0,978 0,943 0875 0904 0852 0841 0,909 0,934 0.871
0,936 0,939 0.977 0,956 0.978 0958 0983 0995 0.993 0,932 0,939 0,950 0930 0968 0971 0975 0.967 0946 0927 0915 0933 2 0968 0973 0949 0,991 0.991 0,958 0932 0930 0912 0911 0971 0. 0
)48 0,957 0914 0980 0974 0984 0.973 0.992 0.986 0.993 50959 0924 0970 0965 0978 0977 982 0.952 0.924 0.895 0,947 0886 0980 0959 0.984 0.958 0.971 0.935 0.987 0.967 0919 0921 0942 0884 0.978 0.959 0.976 0.955
_embed_text_v2_s 0.907 0.851 0905 0938 0935 0931 0.907 0963 044 0934 D78 0.889 0851 0876 D916 0550 051 0904 0915 5 0919 0855 0892 0819 0.862 0.909 0928 0892 0.958 0.901 0904 0856 0872 0837 0846 0.941 0927 0880
paraphrase_multiL_mpnet_base 0.878 0919 0876 0938 0933 0954 0913 0,958 0.970 0952 0588 0878 0857 0851 0.925 0.921 0.937 0.940 0898 0843 0851 0. 5 0906 0922 0862 0,949 0.948 0913 0883 0878 0877 0.843 0,930 0.927 0889
Sentence_transformers_LaBSE 0,932 0,959 0,959 0,943 0961 0965 0955 0958 0.967 0.981 0.975 01957 0993 095% 0549 093 0959 0963 0040 0983 0961 0950 0953 0950 0938 0.955 0.965 0.975 0.925 0,954 0.966 0,955 0934 0956 0944 0927 0,950 0,979 0934
fra_Latn 2uj_Gujr heb_Hebr hin_Deva
ALEE-F200/MT61/BQ275 TACC MT61 BQ275. 200 MT61 BQ275. MT61 BQ275. 200 MT61 BQ27TS
AR HS PN RS AR HS PN RS HS PN AR HS PN RS AR HS PN AR RS AR HS PN HS PN RS HS PN RS AR HS PN RS HS PN RS
lbaba NP gic_mullingul_tuse 0,860 0,892 0.877 0849 0940 0953 0940 0.895 £25 0900 0841 0.507 025 0797 0754 0561 077 0380 047 0584 0510 0559 0335 0328 0.20 0157 071 0350 0506 0.520 021 0889 053 0563 0840 0837 0.428 0778 008 0889 0.491 074
3 0934 0921 0931 0.903 0.975 0.974 0.973 0,928 0,957 0926 0. 0,889 0,892 0,880 0841 0918 0927 09’ 0.906 0.907 0.902 0. 8 0,956 0,969 0. 0,968 0.966 0,964 0903 0889 0872 0819 0947 0,931 0.907
Quen Exsbedding 065 0532 0369 0425 0335 0923 0044 0919 0398 0.130 0153 0744 0710 0675 0J08 0686 0634 075 0768 0814 0799 0738 0733 0500 016 0773 0423 0353 013 0A%% 0736 0958 0721 0,698 0.809 0.825 0760
Quen3_Embedding 4B 940 0.873 0.875 0895 0841 0935 0903 0954 0359 0.899 0916 0.777 0.802 0825 0743 0861 0848 2 0868 0797 0793 0835 0.835 0915 0907 0919 0865 0.814 0.819 0.838 0.808 0.894 0.868 0913 0823
en3_Embedding_$B 0523 04998 0547 0300 D48 D38 0973 0984 0043 0938 0950 0901 0ny 0893 043 0770 D806 0380 0.966 0.916 0853 0843 0.899 0859 0.949 0.957 0.916 0853 0845 0870 0.808 0.891 0.930 0.841
google_embeddinggemma_300m 0,942 0.942 0.980 0905 0972 0985 0981 0967 0.880 0,935 0,875 0.834 0,860 0805 0905 0886 787 0752 0820 835 0,954 0.968 0934 0916 0901 0928 0878 0933 892
0,868 0.875 0.873 0,870 0908 0935 0919 0901 0819 0.873 0766 0.770 0.785 0670 0769 0804 746 0773 0767 757 0,852 0.884 0814 0728 0773 0732 0.735 0836 0.795 0.745
5 0,896 0,892 0877 0873 0923 0953 0939 0.907 0,847 0,903 0809 0,808 0.768 0854 0868 790 0770 0802 96 0.895 0.884 0873 0859 0771 0790 0759 0.727 0.574 0346 0814
564 090 0.8 0927 OATA 0541 0935 0957 o0 0894 0.928 0,842 0.787 0.829 0743 0861 0830 858 0.828 0.861 871 0,926 0.946 0.910 0870 0822 0869 0811 0862 0.922 0.847
0.886 0.883 0.905 0.876 0945 0924 0976 0910 0.755 0.814 0,663 0.691 0.689 0,605 0767 0736 703 0723 0.745 754 0917 0.943 865 0854 0.878 0.808 0.883 0.933 0.868
0.914 0.901 0.904 0.886 0.938 0933 0963 0901 0875 0.887 0.820 0.781 0.806 0.711 0853 0835 799 0816 0822 805 0,926 0.928 0880 0873 0825 0849 0824 0.883 0.940 0835
925 0,899 0.910 0886 0859 0956 0950 0973 0928 0.898 0.968 0843 0.828 0823 0768 0910 0874 861 0857 0834 883 0,973 0,949 0962 0934 0866 0854 0.837 0.81 0.889 0.951 0877
rz 0929 0,924 0,922 0919 0983 0982 0975 0952 0921 0,957 0.868 0.851 0.864 0784 0930 0918 904 0,886 0896 955 0,972 0,973 0,946 0908 0883 0899 0849 0.938 0,967
mul ingual c5.| Jage insrct 0929 0,945 0,951 0927 0975 0962 0982 0952 0921 0.962 0,863 0.851 0916 0814 0936 0918 914 0.898 0,921 970 0,950 0967 0952 0,931 0,959 0,970 0911 0883 0927 0.859 0,938 0,966 0940
0,853 0,910 0.849 0,895 0915 0927 0919 0916 0.898 0.90: 0,822 0,840 0.808 0792 0849 0883 825 0.828 0788 0912 0.913 0871 0,949 0,916 0913 0850 0863 0.805 0.797 0,903 0.868 0856
paraphase, malaLmpaet base 0.886 0.863 0.890 0.846 0926 0918 0936 0.892 0.838 0.898 0783 0.781 0.826 0724 0871 0842 850 0.825 0.840 3 0880 0910 0.859 0.921 0.935 0.883 0843 0819 0838 0754 0871 0.921 0.838
Sentence_transforniers_LaBSE. 0,949 0.956 0.960 0,946 0.946 0950 0963 0.946 0972 0.975 0.922 0,953 0.954 0,932 0930 0950 922 0,933 0.962 0,959 0.981 0940 0.972 0.968 0.970 0901 0913 0895 0911 0.947 0.934 0.898
hrv_Latn hun_Latn ind_Latn isl_Latn
TACC MT61 BQ275. F200 MT61 BQ275. MT61 BQ275. F200 MT6 BQ2TS
AR _HS PN RS AR HS PN RS HS PN AR HS PN RS AR RS AR HS PN HS PN RS HS PN RS AR HS PN RS HS PN RS
Alidba NLP_te_mulilingal_buse 0.838 0.863 0.831 0.811 0915 0933 0933 0850 0.884 0916 0.842 0.869 0.837 0803 0928 883 0873 0.860 0.867 0.909 0.925 0.868 0.824 0.882 0841 0789 0787 0811 0.759 0.856 0.894 0.802
BAAL bge 0911 0907 0913 0495 0375 0362 0979 0952 0.968 0.982 0.921 0.915 0,909 0889 0965 967 0,922 0895 0919 0.965 0,957 0919 0.963 0.959 0925 0871 0901 0872 0881 0,927 0,948 0919
Erbedding 068 0729 0.76] 0.733 0727 0812 0865 0833 0.751 0.795 0.815 0.814 0729 0.746 0.730 0746 0811 0830 08 86 0.809 0819 0797 0.891 0.880 0,856 0616 0667 0695 0.623 0,611 0.606 0.631 0.627 0,657 0.668 0.667
mes Enbeddng 4B 051 0397 0369 0319 0515 0397 0931 048D 0894 0,934 0832 0848 084 0778 05t 928 0,858 0,863 0858 0,924 0,943 0,865 0819 0.832 0781 0686 0671 0.742 0,673 0768 0.822 0.757
3_Embedding 8B 0.860 0.915 0859 0925 0930 0954 0910 824 09 964 0.913 0.878 0915 0,927 0.96¢ 0,861 0.916 0,856 0787 0732 0817 0.732 0815 0,900 0832
google_embeddinggemma_300m 0.853 0.860 0.857 0800 0903 0886 0921 0.847 e 928 0.909 0,907 0,956 0,956 0.967 0934 0.713 0.844 0.743 0663 0612 0.736 0.678 60 0.776 0,667
ibm_granite_embed_107m_muliL. 38 0.761 0.716 0.738 0.757 0. 799 714 0.774 0. 862 0713 0.729 0.730 0818 0.833 0.742 0.759 0.699 0.743 0682 0708 0671 0.692 0.750 0799
iom_graiteembed 278l 0741 0.790 0.736 0741 0822 0862 0876 0811 749 0822 865 0.757 0784 0762 0.862 0840 0796 0.792 0.729 0793 0.686 0761 0694 0.724 0.789 0.768 0.793
0,883 0.834 0. 6 0915 0883 874 830 0804 910 0,889 0857 0912 0,909 0952 0892 0,903 0,939 0910 0832 0778 0.890 0.805 0821 0.928 0835
794 0.799 0.823 0.786 0.858 0,833 0873 0823 741 0802 940 0,901 0863 0895 0,897 0,922 0892 0713 0.751 0701 0630 0609 0669 0,665 0,630 0.770 0.724
0,833 0,831 0.855 0792 0908 0897 0918 0811 776 0.866 952 0.876 0878 0872 0924 0,939 0,865 0.755 0.806 0749 062 0682 0.709 0.673 80 0812 0763
9 967 0913 849 0938 292 0884 099 073 0.941 0,952 0892 0.894 0,946 0,907 0810 0828 0822 0814 0.845 0.924 0.865
978 0.943 908 0.975 916 0.909 0.886 0.902 0.956 0.953 0.925 0540 0973 0949 0886 0.75 0001 0851 0.918 0.954 0910
3093 981 0.964 908 0,952 6 375 095 0510 0954 055 0.982 0975 0970 0,940 0.973 0943 0598 0880 0938 0857 30 0964 0922
X 31 0.835 0.863 0817 0814 0596 0509 0931 0877 931 08 0832 0905 0933 0904 0910 0901 0892 05843 0866 0820 0824 0.899 0.933 0.913 0.868 0521 0866 0856 0789 0.805 0797 0770 0839 0862 0882 0847
paraphrase_mulGL_mpnet_base 2 0881 0895 0.870 0.835 0.935 0. 10907 09 10953 1886 0.8 072 011 0916 0935 0954 0852 0961 0943 0963 01931 0463 0807 0360 0803 0921 0938 0956 0910 0798 072 0445 0,700 0746 0694 0752 O 25 0.730 0.789 0751
Sentence_transformiers_LaBSE. 0997 0543 0934 024 0968 0965 0984 005a 0981 0.975 0,939 0,959 0,951 0919 0961 0959 0973 0955 0.957 0,988 0927 0924 0945 0,962 0,954 0,943 0963 0571 095 0516 027 0933 0914 0983 0971 0978 0988
ita_Latn Jpn_Jpan Kan_Knda lit_Latn
ALEE-F200/MT61/BQ275 TACC MT61 BQ275. F200 MT61 BQ275. MT61 BQ275. F200 MT61 BQ27S
AR HS PN RS AR HS PN RS HS PN AR HS PN RS AR HS PN AR RS AR HS PN HS PN RS HS PN RS AR HS PN RS HS PN RS
Alibaba_NLP_gte_mulilingual_basc 3 0.850 0.869 0.855 0.841 0,941 0,933 0952 0919 0,889 0,923 0.853 0805 0851 0.829 0.746 0.899 0.903 0.901 0874 0338 0510 023 0433 0,865 0.861 0838 0,861 0.898 0.865 0789 0790 0.805 0.768 0,903 0.903 0856
BAAL bge_m. 0,937 0,930 0,934 0,905 0.968 0947 0978 0.946 0.946 0.954 0.962 0854 0901 0330 0370 09% 0941 0939 0942 968 0.931 0.899 0503 0915 0368 0.958 0.966 0,976 0. 5 0901 0862 0,950 0.957 0.958
Quen3_Embedding 0.68 0.853 0.866 0.828 0.854 0926 0930 0919 0.904 0.876 0.90 0.862 0.809 0.825 0.770 0.762 0596 0897 0857 0707 0922 0794 0.8 0.716 0.717 0,64 0.755 0.724 0.722 0658 0653 0681 0.657 0.739 0.704 0.715
Quen3_ Embedding 4B 0.89 0.904 0.899 0.870 0948 0927 0957 0913 0.932 0.917 0.932 0585 0540 0360 0337 0936 006 0936 0872 K7 0.817 05 O3 0363 0.912 0.921 0.865 0754 0767 0820 0.759 0.868 0.925 0.838
Quen3 Embeddi 64 0,937 0.901 0942 0924 0958 0947 0978 0934 0.968 0.973 0.894 0.854 0,905 0822 0945 0927 0948 942 850 0.865 0.919 0817 0,954 0,959 0913 0842 0810 0870 916 0900 0931 0898
google_cmbeddinggemma_300m 0,941 0,939 0,947 0922 0970 0959 0979 0946 0.973 0.951 0.982 0,924 0,904 0,945 0905 0968 0968 0963 895 0.884 0.925 0.868 0.897 0,921 0841 864 0.823 0.718 0714 0773 0703 0.774 0836 0766
ibm_granite_embed_107m_muliL. 0.847 0,837 0.822 0,835 0906 0915 0904 0871 0940 0815 0,825 0.761 0792 0889 0.897 0.865 826 787 0821 0825 0772 0801 0.781 0751 0653 0688 0.681 0.627 0.774 0.791 0769
ibm_granite_cmbed_278m_muliL. 0,848 0.848 0,845 0838 0905 0918 0924 0.883 0,949 0,921 0,833 0.851 0.782 0786 0898 0927 0.888 882 853 0,848 0.873 0796 0792 0.819 0.775 0708 0729 0.726 0.700 09 0846 0793
jina_embeddings v3’ 0.916 0.883 0.925 0892 0956 0927 0966 0931 0931 018 0.840 0.846 0778 0873 0856 0904 888 1 0842 0.897 0.832 0563 0952 0931 0847 0.2 0478 0797 0.897 0,952 0889
Jma_embedcings 3 extnne 0,929 0.901 870 0953 0.891 0.961 0.910 0.949 0,946 0.850 0.866 805 0921 0883 0.903 798 0.782 0.832 0.722 0.692 0.771 0709 0.846 0.787 0672 0685 0724 0.659 0.800 0.805
Jina_embeddings_v5_text_small 0.906 0.913 0.910 0886 0963 0938 0964 0910 0972 0959 0.86] 0.863 0.861 0800 0935 0924 0933 849 823 0812 0882 0790 0836 0%76 0% 0397 061 0761 0908 0818 0.868 0784
e 43 o 0,909 0.918 0.896 0911 0958 0947 0970 0946 0931 0,941 0.855 0.886 0,826 0797 0913 0924 0922 946 7 0,865 0,918 0838 0.921 0,957 0,934 0817 0840 0826 0811 0.883 0,925 0892
rge 939 0,933 0939 0930 0987 0965 0978 0.955 0972 0,944 0.901 0,904 0,898 0878 0953 0933 0955 948 916 0,880 0,942 0889 0,991 0,984 94 0,883 0893 0862 0,956 0.966 0,937
ingual ¢S _large_instruct 0,946 0.945 0.963 0,916 0.985 0977 0987 0.961 0,963 0.968 0.908 0,930 0,925 0,870 0961 0941 0970 930 907 3 0924 0961 0928 0,968 0.978 0,967 0.908 0886 0931 0884 947 0973 0.937
0.868 0.907 0.846 0.895 0935 0921 0951 0946 0,935 0.892 0,843 0.866 0.803 0,800 0893 0886 0856 899 0940 871 0.874 0.87¢ 0.921 0.889 0,922 0815 0825 0.797 0.797 0915 0.912 0.883
parap! IL_mpnet_base 0.901 0.880 0.898 0.841 0043 0924 0963 0931 0.889 0.921 0.823 0.840 0.828 0.757 0903 0924 0.898 82 51 0.789 0.868 0.775 0944 0930 0950 0919 083 0.829 0.765 0.912 0.922 0889
e amfonrirs FaBSE 0.947 0.962 0.953 0959 0960 0968 0988 0.973 0.968 0.953 0949 0599 0927 0913 0834 0925 0.950 0.940 957 3 0.941 0.934 0898 0.981 0.968 0.964 0916 0915 0901 0.863 0.965 0.985 0.955
Ivs_Latn ‘mal_ Miym mar_Deva nld_Latn
ALEE-F200/MT61/BQ275 TACC MT6L BQ275. F200 MT6L BQ275. MT6L BQ275. F200 MT6L BQ27S
AR HS PN RS AR HS PN RS HS PN AR HS PN RS AR HS PN AR RS AR HS PN HS PN RS HS PN RS AR HS PN RS HS PN RS
Alibaba NLP e mutlingual_base . 0.807 0.828 0.805 0.786 0.883 0903 0907 0.853 0.882 0.847 0.875 0.828 0.834 0812 0743 0869 0877 0.897 901 865 0.797 0819 0796 0.859 0.861 0.832 0893 0847 0896 863 0.898 0.828 0.849 0,933 0.951 0901
BAAI bge 0,898 0.913 0,886 0,868 0963 0959 0955 0937 0977 0971 0.914 0,901 0,878 0876 0925 0927 0928 959 55 0.888 0.886 0,881 0.915 0,934 0889 0.977 0.989 926 0,942 0933 0919 0,965 0.984 0,958
Quend. | Emwdmg,osn 0,644 0,636 0,655 0646 0692 0754 0731 0.712 0745 0.722 0,630 0,636 0,655 0,624 0673 0718 0700 744 698 0,634 0703 0,662 0710 0.713 0,691 0859 0559 815 083 0539 0832 0,909 0.891 0862
Qwen3 Embedding 0.784 0.778 0.831 0770 0891 0871 0925 0.826 0.866 0.880 0.855 0.741 0.778 0811 0727 0853 0833 0876 874 74 0.738 0.746 0799 46 0.804 0877 0.766 40 0953 99 0.872 0892 0870 924 0954 0916
Quend_Embeddin 0.855 0.834 0,889 0773 0920 0900 0951 0859 0,949 0,94 28 0.828 0.848 0.762 0.891 0.877 0919 942 0. 892 0807 0810 0.828 0.839 0,915 0829 563 0980 m 0,907 0.930 0.903 56 0.972 0919
google_embeddinggem 0.723 0.706 0.774 0711 0735 0748 0822 0.754 0.884 0.941 0.848 0.831 0.860 0781 0586 0883 0900 3% 892 0893 0857 0883 038 0923 0871 093 054 0o 10921 0934 0.897 0,959 0.970 0.931
et bes 107 L 0,675 0.743 0.703 0681 0740 0762 0771 0766 0.847 0.878 0.743 0.790 0.765 0,668 0797 0818 0848 806 754 0.757 0.741 0.761 0742 0.777 0682 0.894 0.89% 3% 0360 0317 0424 0.909 0913 0874
ibm_granite_embed_278m_t 0726 0.767 0.727 0730 0779 0836 0812 0.793 0.866 0.878 0774 0.808 741 0851 0845 0894 0874 826 0.769 0781 0744 7 0804 0816 0730 0915 0912 0903 840 0860 0.820 0.822 0,924 0,925 0889
fina_embeddings 3 0,875 0.860 0.880 0,851 0918 0877 0939 0871 0912 0930 0817 0.767 0,852 0730 0853 0809 0.897 091 £74 0818 0761 0857 0,824 0.892 0,841 30 880 0.892 0.907 0.881 0964 0922
jina_embeddings v_text_nano 0812 0.828 0.834 906 0.862 0889 0847 0375 0.855 0,698 0.729 708 0.760 0771 0774 0.868 140729 0764 0764 078 033 0772 0971 0997 073 903 0,895 0,880 0884 06 0951 0925
jina_embeddings v5_text_small 0,803 0.816 0.820 0.784 0910 0889 0922 0.820 0.880 0.891 0.777 0.840 0.777 0727 0839 0818 0.859 0.857 823 0751 0.746 0.761 0.806 0.849 0796 0,958 0.978 899 0.907 0.896 0.889 0915 0.969 0.913
‘muliilingual_e3_base 0.842 0.831 0.825 0.795 0883 0897 0928 0886 o521 0973 0.863 0.810 0.816 0776 0913 0897 0937 0.957 0. 898 0837 0.822 0.820 0.868 0.925 0.841 0.963 0.966 898 0915 0.890 0.892 0.962 0.960 0,94
‘multilingual_e$_large 0.898 0.904 0.91 0.953 946 2 0876 0860 0881 0.822 0.938 0. 0.946 919 0.858 0.857 0.864 30,927 0,948 0.886 0969 0986 0957 0.967 0.947 0.936 0.936 0.905 0.985 0.979
muli large insrce 0894 0.904 0,939 0881 0975 0950 0961 0940 01545 0985 Do13 0894 0880 0952 0315 098 0081 0078 0.946 0. 0910 0875 0863 0919 0912 0945 0922 0,986 0.989 0,976 0939 0945 0959 0919 0,991 0.984 0979
nomic_ 018 0.866 0.788 0508 0874 0886 0885 0.895 0935 0.891 0,823 0.857 0.793 0786 0873 0897 0882 0.874 0.905 071 0814 0819 0756 0.770 0.862 0.852 0,835 0938 0968 0930 0937 0,876 0.904 0.826 0.892 0,947 0,957 0922
phcopiRgsc, il mpec base 0,850 0,843 0,848 0,800 0941 0933 0913 0.877 0,843 0.871 0790 0.749 0.791 0732 0851 0827 0879 0.733 0.897 1 0808 0,800 0.802 0.820 0.708 0,839 0.879 0799 0,940 0,962 0913 0878 0869 0854 0.835 0,933 0,952 0931
Lentence.vansformiers LuBSE 0911 0,936 0.925 0,935 0950 0965 0970 0.940 0.977 0.968 0,922 0,950 0.931 0,908 0943 0947 0946 0.928 0.975 0.961 0913 0898 0918 0,927 0.921 0.895 0,981 0.968 0,967 0927 0953 0942 0.935 0.971 0.981 0964
pan_Guru pes_Arab pol_Latn ron_Latn
ALEE-F200/MT61/BQ275 TACH MT61 BQ275. F200 MT61 BQ275. T BQ275. F200 MT61 BQ275
AR _HS PN RS AR HS PN RS HS PN AR HS PN RS AR HS PN RS AR RS AR HS PN HS PN RS HS PN RS AR HS PN RS HS PN RS
Alibdba NLP_tc_muilingual_busc 0. 0504 0305 0799 0768 0.549 0850 0495 035 0903 0834 0919 0850 0.827 0308 028 0757 079 071 0910 0553 0919 0.898 0.845 0.848 0849 0.816 0.940 0.935 0.939 0.886 0594 0928 0301 0861 0563 0843 0314 0,903 0.927 0.838
BAAL bge. 0553 0360 0358 0862 0930 0903 0934 0595 0577 0968 0975 0904 0901 0895 0495 0S8 0951 0953 0966 0928 09% 0964 0913 0921 0907 0. 0.962 0.976 0940 0.981 0.989 0979 0924 0927 0930 0. 0.965 0.975 0.958
Quend_i Emmamw(,n 0693 069 0681 069 0733 0357 329 0736 039 0130 0668 0811 021 0807 0784 0847 0.860 0.859 0790 0790 0793 0784 0869 0.900 0888 0.820 0921 0471 0456 0704 0293 0.796 nmn 0.833 0.855 0799
Quen3_Embedding 130 0368 0.1 08 0730 0365 045 0901 0303 0897 0808 0028 0810 0.799 0.828 0.773 0873 0850 0927 0811 0.938 0.92 0937 0845 0851 0880 0811 0.918 0,945 0874 0950 0940 0953 0937 0.842 0.866 0.867 0.822 0.921 0897 0955 0863
Quens_Ebedding 0812 896 0.871 0.933 0.847 0935 0,948 0850 0.816 0.858 om 0910 0.891 0,931 0841 0969 0952 0883 0857 0901 0.8 0995 0961 0913 0975 0981 0983 05K 0903 086H 0981 DA 0923 01933 0983 0907
Soogle embeddinggemma_300m 0780 0,849 0.815 0,891 0,844 0969 0944 0966 0.937 0,899 0.866 0.915 0,843 0,938 0930 0957 0922 0.961 0949 0901 0901 0921 0886 0,947 0,963 0922 0,958 0,966 0,922 0880 0889 0898 0.822 0,889 0,939 0868
ibm_granite_embed_107m_muliL. 0751 0759 0.751 0810 0736 0852 0.905 0187 0753 0771 073 0331 0353 0818 0766 0A0K 0810 0833 0745 0793 0736 0159 0,862 0.830 0.817 0,912 0.880 0,841 0762 0808 0793 0.738 0,827 0.848 0.781
ibm_granite_embed_278m_muliL. 8 0.848 0.839 0.885 0829 0.866 0.885 0.789 0.755 0.776 0.714 0854 0853 0873 0808 0851 0.883 0772 0793 0759 0.757 0.842 0.865 0.864 0.862 0.931 0.900 0.898 0797 0828 0.803 0784 0871 0.874 0817
jina_embeddings. 0817 0.838 0.809 0.892 0814 0.926 0,959 0363 0810 0346 0751 0386 087] 0913 0444 0085 0993 0373 0360 010 0454 0.903 0.957 0.8 0.972 0.982 0.976 0.893 0883 0905 0881 0.900 0.945 0.907
fina_embeadings- 0652 0.739 0.710 0780 0730 0,921 0.934 0898 0832 0781 0837 0743 0879 0.821 0.895 0.826 0,946 0940 0883 0854 0877 083 0.900 0.943 0. 0,949 0.973 0970 0876 0875 0881 0859 0891 0.949
jina_embeddings 079 0,868 0.845 0.898 0823 0507 0919 0877 0812 0.90 025 0768 0873 0.442 098 0781 0340 0940 0878 0866 0890 0.819 0,933 0.963 0,895 0971 0949 0959 0940 0881 0.880 0.875 0.876 0927 0.949
multilingual_cS_base 0830 00 0,903 0.877 0931 0856 0961 0931 0.971 0.934 0,853 0,843 0,843 0,819 0940 0927 0957 0901 0.955 0946 0584 0880 0869 0,819 0.945 0.944 0.949 73 0,963 0977 0967 0903 0927 0881 0.892 0.936 0,935 0.
large 0863 0.941 0.894 0,960 0904 0977 0.977 0511 03 0499 0830 0981 0933 0976 D2k 008 0955 0932 0918 0919 0,974 0,978 0949 0,991 0,984 0,961 0924 0930 0938 0.905 0,965 0.
ingual e large_instruct 0.860 0.938 0.906 0.961 0.925 0,954 0.968 0,922 0.910 0.930 0,873 0982 0959 0976 0967 0.973 0.980 0,964 0924 0927 0959 0,977 0.990 0.961 0,986 0.998 0.988 0937 0945 0960 0914 0,959 0.985
Liex v 0.804 0.858 0.871 0.858 0.853 0,932 0.944 0. 860 0,886 0.809 0.859 0.903 0.933 0.901 0895 0919 0.934 0845 0860 0814 0.846 0,930 0.940 0.919 0,952 0972 0939 0949 0875 0.910 0.828 0.862 0.915 0.038 0.925
para _mpnet_base 0744 96 0714 0817 0798 0838 0.763 0.912 0.939 0883 0865 0825 0863 0827 0.913 0.918 0.921 0877 0936 0926 0935 0934 0866 0.866 0.866 0.832 0,943 0938 0945 D901 0979 0968 0.968 0.955 0.903 0.883 0899 0859 0930 0935 0945
e o, FABoE 2 0,937 0942 0956 0914 0950 0962 0.963 0.940 0.973 0.977 0.968 0.970 0926 0948 0919 0.941 0.930 0.968 0.969 0.913 0,959 0968 0961 0958 0.924 0.927 0.948 0.927 0.971 0,979 0934 0.977 0.973 0.964 0939 0956 0950 0941 0946 0.974 0.966 0.9
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rus_Cyrl Sk Latn Siv_Latan spa_Latn
-F200/MT61/BQ275 TACC F200 MT61 BQ275. F200 MT61 BQ275 F200 MT61 BQ275 F200 MT61 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
il NLP_ g mulilinga bse 0955 0917 0941 0916 0547 D857 0340 0824 0925 0388 079 0004 0205 0478 037 0301 QXK O34 0253 0805 0006 Dot 0925 0T OTe 0380 012 DETE 0822 040 B33 0797 0199 900 035 QLT 093 0ot 0953 013 DN Q9% 093 0431 Q910 04T 0934 0301
0972 0952 0976 0:906 0359 0902 0586 0956 0956 0964 0945 0571 0,963 0991 0952 0909 0915 0.907 0903 0977 0571 0.969 I3 0971 0968 0995 0955 DIT1 0942 0902 0389 0.977 090 0979 0946 0973 0. 0941 0348 09% 087 0970 0347 0912 0931
5 Eonbeddin 0.8 0501 0931 0395 038 0815 0833 0704 0795 0516 0935 D301 0365 DRI 0381 0937 0793 0751 0761 0743 0799 D817 0327 0% 0751 0771 0306 0308 0713 OI08 0717 0791 D84 0774 0774 0783 D91 005 0 934 0896 0372 0351 0363 0930 0927 0953 0392
Embedding 4B 0955 0340 0953 D9ID DESS 01580 0,572 D6 0346 0927 0954 0910 0926 0901 0343 0919 D343 OF25 056 0797 D910 065 033D D62 DS 0921 05 DIRY 0770 D319 D28 0765 DK 085 0918 0843 0957 0503 0385 0516 0586 0040 0938 0965 0931
Quen3_Enbedding 85 5 0951 098 0088 0506 0393 0515 ORRI 0950 0953 0967 0925 061 0938 0973 0928 0373 0337 (903 DAY 0933 009 (954 OBED 0od 0540 0970 0923 0130 0893 0485 DADS 0920 0509 095 0858 071 05 0930 0595 0948 0,922 0948 0959 0969 0.
sl emieidnisemma_m 0588 0568 D578 097 055 0OTE 0954 0511 0575 0971 0573 0548 0909 0917 D543 0495 DRI3 0819 D354 0797 0876 0500 0309 0533 0476 0370 D928 0841 DR15 0100 D854 0781 0423 0337 0501 0811 09K 0957 0962 0963 0974 0985 0953
03865 0903 0900 0.880 0769 0805 0761 0.770 0,822 0897 0845 0.79 0.860 0875 0896 0853 0.759 0.787 0785 0754 0814 012 0.836 0844 0795 0347 0.814 0799 0703 0735 0716 0.735 0755 0804 0786 0781 0955 095 0891 0930 0560 0938 0934
m_ 556 0926 0,894 0868 0809 0.799 0.785 0795 053 0906 0.863 0.850 D68 0903 0584 0.535 0.769 0302 0752 0.757 0843 0865 0358 0862 0512 0:847 0837 0814 0.743 0.79 0752 0749 0512 0315 0312 035 0955 0963 0 0917 0924 0590 0941 094
o 0969 0951 0966 0.967 D91 0359 0589 0.862 0.928 0921 0958 0913 0965 0935 0970 §73 0351 0.907 0849 0925 0909 0945 0.901 0940 0944 0971 0.946 D50 0345 0595 0346 0.920 0IIS 0945 0586 0975 0922 0901 0933 0921 0963
fin_emboddings 5 textmano 0,975 0958 0966 0955 0,875 0866 0358 0843 0933 0915 0945 0913 0961 0917 053 0513 0.866 0,832 D13 0877 0509 0.883 095 0852 0910 0.841 0.790 0752 0797 0.151 0,864 0809 0865 0808 0973 0931 0924 0931 0909 096
Jinicmbeddings 5 ensmall 0963 0949 0975 0,958 0903 0.907 0854 0331 0938 0918 0960 0883 0950 0921 038 0575 0.860 0,832 D905 0906 0950 0.856 0853 0861 0957 0.874 0,823 0703 0846 0.765 0.863 0856 0903 0814 0963 0921 0501 0510 0924 0578
ingual_c5.buse 0955 0544 0962 0.934 0847 0575 0841 0.827 0.940 0938 0946 0925 0,955 0949 050 0569 0.464 0.854 0931 0927 0558 0916 0.942 0935 0950 0928 0.550 0910 0877 0859 0928 0930 0933 0925 0961 0917 0936 0910 0947 0966
e 0971 0981 0991 0.958 099 0927 0909 0.895 0.966 0962 0963 0952 0.961 0977 0924 0907 0918 0.900 0970 0979 0967 0958 0.969 0977 0957 0943 0.924 0915 0931 0.897 0972 0.962 0970 0961 0973 5 0952 0924 0922 0982 0982
LesTaeininit 097 0372 0991 0982 0919 093 0937 0916 0375 0965 0972 0953 071 0977 0926 0924 0938 0911 D952 0962 0976 0952 0971 0954 0957 0952 0.927 0930 0931 0900 0977 0956 0979 0955 0986 0946 092 095 0959 0981
| ext 32 moe 0928 0949 0910 0,934 0856 0. $19 0911 0924 0922 0859 0952 0.940 0827 0583 0.329 0.851 089 0927 0922 0901 0.907 0926 0925 0550 0,837 0869 0823 0546 0901 0924 0931 0907 0940 0904 0930 0560 0941 0930
mynm il e b 095 0991 0932 0913 0845 035 0831 0303 0993 0994 015 0368 0995 0996 078 0572 073 0,849 D928 0930 0940 0910 D938 0935 0955 0.895 0,894 075 0553 0.862 0931 0921 0945 0907 0950 2 0922 0903 0915 0587 0921 09
Sentence. trnsformers LaBSE 0955 0.977 0,962 0970 0914 0956 0.927 0922 0941 0968 0.963 0934 0969 0986 0924 0542 093 0.935 0935 0959 0976 0.949 0.961 0972 0970 0964 0.947 0933 0953 0941 0.968 0.956 0990 0970 0967 0.977 0977 0973 0957 0.956 0.957 0938 0953 0962 0.963
srp_Cyrl swe_Latn swh_Latn tam_Taml
ALEE-F200/MT61/BQ275 TACH F200 MT61 BQ275 F200 MT61 BQ275 F200 MT61 BQ275 F200 MT61 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
iy NLP gt mulilingul bise 0355 0903 0913 0350 0.0 0505 0820 0765 0539 0900 035 0,43 0913 (.95 0539 0913 085 0360 0563 0,641 0936 0555 0559 0922 087 034 0S54 0850 0754 0,199 .73 0757 0363 0562 0391 DT 076 (.09 0854 D365 0309 0757 0194 0149 0553 0862 0559 0790
BAAL bge_n3 0975 0981 0.950 0.961 0932 0927 0913 0351 0,966 0959 0969 0928 0.956 0IE 0995 0973 0922 0.962 0951 0922 0952 0.968 0975 0961 0971 0968 0.950 0955 0560 072 0.854 0865 0928 0912 0945 0916 0946 0951 0968 0.919 D853 0836 0575 0816 0.911 0894 0904 059
wend._ Einbedding_0.68 0524 0866 0.830 0.753 0695 0711 0.126 0.681 0.789 0812 0797 0.700 0,872 0894 0876 0568 0.792 0783 0803 0795 0.849 0,871 0856 0826 0.603 0.611 0,685 0596 0371 0.566 0,622 0597 0606 0.607 0.673 0,604 0667 0108 0683 0.636 D619 0631 0.628 0616 0712 0713 0116 0667
Qwen‘! Embedding_4B 0915 0.926 0.941 0.907 0.820 0.816 0.829 0,776 0.901 0.862 0.933 0.841 0.946 0.944 0.957 0.934 0.878 0.845 0.890 0.838 0.925 0.921 0.954 0.895 0.725 0.750 0.805 0.722 0.601 0.636 0.686 0.614 0.678 0.689 0.791 0.634 0.839 0.824 0.871 0.811 0,751 0.726 0.806 0.692 0.839 0.818 0.876 0.763
Quien3_Embedd 0963 0963 0973 0957 0SS5 0516 0 0522 0918 D4 0952 05 0977 DI 097 0963 0322 DR 093 DTS 043 0918 D366 D928 0562 O DI 02 068K DS el 673 0776 0771 DT 0763 D917 0340 0920 DK OIS 0773 O34 73S 0T 0842 0901 D82
soogle_embeddinggemma 300m 0893 0,884 0.927 0.632 0789 0754 0826 0.768 0.838 0830 0889 0775 0,957 0935 0.957 0937 013 0895 0928 0868 0945 0930 0949 0907 0,837 0519 0909 0823 0756 0,749 0819 0768 OSI1 0783 0,880 0.775 0930 057 0943 0907 0,855 0819 0893 O0S 0893 080 0915 0805
om granite embed107m mulil. 0812 0.847 0,833 0859 0743 0793 0.750 0/692 0729 0821 0.825 0.784 D853 0861 0864 0.826 0.739 0773 0793 0.730 0,802 0.830 0839 0796 0719 0.736 0751 0790 0630 0,630 0,695 0659 0732 07145 0.753 0742 0833 0552 ux73 835 0.746 0752 0752 0.686 0.777 0818 0843 0.715
fom e embel 27m_mull. 0335 0880 036 0359 0776 0.651 0762 073% 082 0374 OS77 0811 0901 007 089K 037 0317 0851 010 0805 0889 071 DIID DK (1756 0.161 0772 0769 073 0651 OGRS 0676 0744 076% 0765 0733 0843 05k 526 0.789 0.784 0.777 0743 0817 0818 0.854 0,763
jimaembed 0555 0568 0559 0593 0468 0865 D481 0516 0R5R 0897 D34 D71 0969 0577 D530 (1964 0506 0BIE D931 059 0585 0891 D60 0515 DA1S 041D DAT8 08 0658 0653 0833 0675 0775 04o8 D55 0738 0873 OR75 D18 0449 0787 0758 0303 4 0850 0772
s enbeddings VS texnano 0913 0931 0937 0901 0779 0738 0,811 0.743 0859 0827 0871 D802 095 0958 0952 0963 D886 0,869 0916 0870 0926 0903 0,943 0.928 0682 0671 07RO D647 0.584 0.569 0689 D613 D613 0,607 0.747 0682 U822 0SIS 0,830 0.775 0703 . 0776 0715
ina_embeddings VS (e small 0936 0935 916 0:830 0322 0835 0.778 0:885 0862 0906 020 0965 0,955 0954 0955 0904 0,857 865 0941 0941 0970 0907 0.727 0.713 0823 0695 0620 0.606 0.729 0611 0655 0.625 0.780 01658 0860 0566 0.869 0814 0781 0336 0751
095 0949 036 0928 D 0175 025 030 0903 01 0922 0F71 098 072 DI 0952 0917 9IS 0916 DL 065 098 D361 OI57 952 021 055 D VT D2 O3 R DI VK6 0933 D583 DTk S 095 091 V8T 0928 0520
0977 0381 0957 0.964 0932 0907 0919 0.892 0,968 0959 0963 0957 0958 0991 0996 0973 0944 0,936 0951 0924 0950 0.968 0951 0964 0952 0549 0.962 D28 0543 0569 083 0,838 D943 0 928 0.946 0949 0959 0919 0576 0942 0365
0973 0381 0954 0.970 0929 0933 0953 0908 0,978 0977 0973 0958 0.992 0.956 0993 0985 0.946 0,945 0962 0935 0950 0.974 0990 0973 0950 0926 0.975 0925 0553 0525 0901 0827 0921 0912 nw 922 0,940 0917 0961 0910 0566 0961 0904
nic.embed.{ext VL1 0938 0544 0928 0.913 0353 0875 0522 0.830 0.901 0918 0901 0.577 0.946 0968 0943 0937 0.891 0.889 0875 0851 0941 0.927 0934 0934 0872 0907 0.858 0835 0716 0.117 0.739 0773 0509 0.192 0.827 0,832 0883 0917 0578 0.877 0817 03 0.789 0555 0814
Do il vgechase 004 0541 0041 0907 0833 0357 0857 0786 D13 008k 0957 OAD 0971 0oB1 98D Dodo 0511 0507 D08 D903 0930 B9 0931 0953 0663 0437 037 D617 e%h 0365 (NG D03 065D o8 0126 61 086D 0810 DT 0790 0766 0I5K 079 0686 0846 0313 OAGK 0753
Sentence trnsformers LaBSE 0969 0991 0.975 0970 0922 0965 0942 0916 0940 0965 0970 0931 D969 0991 0950 0970 0,952 0950 0957 0951 0953 0.959 0982 0958 0975 0.986 0978 0985 0913 0521 0941 0935 0963 0974 0976 0963 0942 0977 0966 0961 DINY 0936 0953 0.595 0911 0935 0931 0904
el Telu tha_Thai tur_Lam ukr_Cyrl
FH00MT6UBQTS TACC 20 M6 Q215 a0 Q215 20 M6 50275 200 M6l 80275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
AT NLP_gtc_mulilingual_bse 0356 08 D318 0552 0757 01313 0707 0705 08K 0368 0868 01526 0. 0529 0901 0120 0527 01519 0108 0741 089 01 0901 0852 0503 0.2 0913 071 08T 037 0551 (581G 0913 0804 0927 D883 0952 007 045 019 O 0569 D348 0519 0908 0% 0936 0¥
BAAL e 095 0926 0970 093 D0 0172 0569 DS 0915 0903 0330 05 045 0961 0366 0919 0303 0598 0956 0952 0928 0,977 0958 0973 0967 0913 0907 0912 0905 0968 0.962 0966 0928 0965 0951 0.952 0964 0914 0924 0587 095 0972 0962 0961 0.949
Quen bcddmgosx 0756 0736 0713 0.737 D644 0697 0.697 0.624 0.707 0716 0714 0.709 0,837 061 0824 0157 0.799 0,790 0874 0:559 0817 0,802 0819 0808 0511 0.736 0749 0715 0686 0,846 0.886 0795 0523 0.574 0,895 0863 0859 0504 0.155 0.752 0765 0859 0565 0.855 0,808
Gwens_Embeding 0575 036 0901 0526 0781 0158 D87 058 0549 0330 D74 0798 0515 0917 0939 0498 D812 0331 074 0557 0.832 0,903 0395 0925 0.889 0.799 013 0340 0.776 0901 0,850 0934 0520 0540 0931 0955 0931 0838 0.843 0,854 0800 0925 0589 0.999 0,862
GenEmbedding 3 0930 0531 0957 0.871 030 0528 0831 0751 0.884 071 0912 0553 0946 0.940 0970 0919 0575 0.555 0903 0535 0.874 0,955 0926 0957 0934 0.558 0854 0895 0819 0.925 0.900 0943 0550 0981 0.955 0953 0970 0589 0554 0,904 0865 0943 0941 0957 0.901
soogle_embeddinggemn: 0924 0903 0950 0,871 0860 0345 05606 0516 0.899 0900 0928 0559 0969 0.954 0955 0919 0509 0904 0950 0951 0853 0.961 0944 0968 0943 0391 0559 0919 0586 0951 0.944 0964 0916 0945 0921 0962 0937 0588 095 0.907 035 0935 0930 0939 0,850
bm granite embed 107n 0808 0319 0.867 0,820 0741 0773 0.736 0,686 0,685 0710 0750 0718 0347 0787 0839 0820 0.754 0,778 03553 0824 0778 D87 083 0523 0808 093 0720 0758 D32 0760 0527 018 0757 08T 082 D71 OBGS 0754 0T8T 0716 0746 D21 ORI 0862 0814
i« crmbe 055 0538 0.892 0,811 0772 0738 0.793 0.741 0.752 0301 0325 0.79 0,357 0856 0862 0317 0.794 0,79 91 0550 0.323 0851 0361 0871 0.799 0.746 0775 0771 0.127 0.506 0856 0846 0317 0864 0921 0892 0886 0792 05843 0.752 0759 0554 0550 0577 0,850
03 097 0575 0907 0.838 009 0755 0820 0.746 0,854 0527 0391 0.826 0901 0598 0935 0892 0547 0516 nx74 0925 0:856 0,948 0940 0946 0943 0370 0522 0905 0835 0935 0.900 0942 0350 0955 0954 0,964 0934 0550 0869 0.909 0362 0913 0583 0945 0,904
i 5 e 0812 0301 0317 0773 73 0070 0672 D1} 0720 0107 0725 0713 0241 0255 04 0108 0381 07 §74 0.900 0838 0952 0951 09495 0.937 D73 0851 0854 0.835 0,928 0856 0930 0.868 0.961 0954 0959 0949 0576 0.857 0859 0849 0925 0921
. 0564 0566 0.478 0.808 0752 0799 0.130 0.715 0:312 0309 0835 0.793 0930 0912 0934 0850 0565 0.566 0501 0ot 0333 0592 0917 0553 0923 0843 0866 0 8 0808 0925 0900 0543 0839 0963 0545 0959 0543 0580 0878 0808 0368 095 0905
b 0944 0507 0970 0.898 0840 0813 0.779 0.781 0.888 074 0934 0844 0924 0912 0946 0922 0581 0.566 0938 0948 0.889 0.961 0940 0977 0952 075 0866 0857 0554 093 0.897 0955 0919 0950 0.944 0.971 0958 0573 0369 0.846 0832 0945 0915
e 0945 0940 0970 DK 0S5 0351 0852 072 0921 0909 0945 01863 09%2 09K 0970 0922 0924 0910 0935 0966 0931 0.983 0963 0975 0955 0917 0.904 0922 0884 0573 0.965 0978 0940 0979 0577 0.952 0963 0909 0913 0904 0876 0966 0974
ingusl_cS large insiuct 0.944 0,903 0970 0907 0575 0.351 0907 0857 0938 0930 0.954 0919 0955 095 0919 0910 66 0963 0973 0.961 D956 0956 0956 0961 0.922 0913 0950 0.97 0,973 0971 0955 0940 0979 0977 0957 0976 0916 0953 0939 0392 0950 0974
lext 0915 0954 081 0550 0707 0537 0512 0797 0829 0342 D862 0520 0895 0900 0376 0383 0313 0923 0.79 0803 0308 091 0.3 01517 09% 0935 0301 0910 0842 055D 0803 0341 0905 0912 0909 552 01936 0335 0301 0922 08K 032 520 0578 D11 097 0
parsphrase_ maliL_mpnet base 0837 0.806 0,873 0772 071 0.149 0.790 0/683 0541 0501 0.968 0.769 0942 0903 0925 0.871 0838 0866 0841 0.786 0911 0909 0915 0.820 0938 0.935 0941 0895 0866 0,857 0867 0778 0923 0.950 0.931 0889 0936 0941 0.957 0919 0361 0557 0.815 0,800 0905 0.
e vamstomir LABSE. 0965 0965 0573 0967 0992 0931 0338 049 0505 0935 0356 0895 0515 0921 603 099> 0KA% 0886 D489 0570 0541 0950 D515 0595 0965 0568 6566 059 0551 0953 £330 0935 0548 0974 0363 0954 0565 6963 6566 0961 0551 0939 D551 0994 0981 0974 6573 0938
urd_Arab vie_Latn zul_Latn
ALEE-F200/MT61/BQ275 TACC F200 MT61 BQ275 F200 MT61 BQ275 F200 MT61 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_ NLPg(e multilingual_base 0872 0.870 0.909 0.850 0.817 0.831 0.819 0.781 0.891 0.894 0.915 0.850 0.905 0.861 0.950 0.886 0.845 0.828 0.825 0.797 0.925 0.921 0.942 0.889 0.816 0.778 0.846 0.805 0.764 0.776 0.787 0.754 0.794 0.801 0.846 0.796
BAAI bge_i 950 0.931 0.962 0.937 0.914 0.936 0.895 0.876 0.953 0.938 0.961 0.919 0.965 0.949 0.978 0.970 0.891 0.883 0.875 0.857 0.975 0.965 0.973 0.949 0.899 0.907 0.943 0.883 0.830 0.813 0.788 0.808 0.822 0.833 0.886 0.859
Qwen3_| Embcddm 0.779 0.792 0769 0.749 0.705 0.726 0.695 0.708 0.771 0.792 0.780 0.739 0.880 0.912 0.903 0.910 0.814 0.805 0.799 0.814 0.931 0.930 0.913 0.892 0.579 0.556 0.604 0.587 0.541 0.539 0.596 0.605 0.546 0.531 0.598 0.538
Qwen3_Embedding_4B 0.860 0.880 0.898 0.793 0.781 0.810 0.812 0.751 0.878 0.859 0.927 0.808 0.948 0.944 0.955 0.940 0.817 0.848 0.883 0.830 0.933 0.930 0.964 0.886 0.593 0.556 0.728 0.596 0.528 0.534 0.610 0.570 0.538 0.543 0.686 0.580
Qwen3_Embedding_8B 0.926 0.931 0.946 0.877 0.850 0.837 0.869 0.784 0.921 0.897 0.937 0.862 0.959 0.958 0.966 0.964 0.875 0.828 0.916 0.859 0.941 0.938 0.966 0.937 0.742 0.708 0.815 0.737 0.589 0.583 0.663 0.616 0.625 0.610 0.746 0.661
google_embeddinggemma_300m  0.921 0.884 0.957 0.862 0.865 0.845 0.899 0.841 0.925 0.918 0.942 0.874 0.969 0.949 0.962 0.952 0.898 0.872 0.912 0.870 0.966 0.941 0.961 0922 0.651 0.616 0.763 0.671 0,612 0.612 0.729 0.643 0.585 0.531 0.726 0.616
ibm_granite_embed_[O7m muldl 0,826 0.806 0841 0826 0.785 0106 0.770 0.146 0827 0845 0.630 0781 0810 0.806 0833 0808 0.762 0.149 061 0.719 0827 0815 0.834 0.190 006 0.523 0500 05 0.541 0563 0558 L6ll 0519 0531 0.575 0613
ibm_granite_embed_278m_multiL  0.866 0.843 0.889 0.880 0.825 0.808 0.782 0.759 0.881 0.874 0.892 0.856 0.853 0.856 0.869 0.847 0.802 0.793 0.776 0.778 0.878 0.886 0.877 0.844 0.496 0.537 0.507 0.602 0.556 0.580 0.576 0.595 0.519 0.548 0.564 0.580
ji ings_v. 05% 0903 0516 071 0458 0308 0:873 0411 0896 0:456 0918 0895 0536 0931 0548 016 043 0410 0.364 0:23 023 0.868 0530 038D 0.508 0.523 0406 0503 0339 0328 0645 0.399 0329 0301 0699 0326
0921 0.898 0921 0.859 0.843 0.805 0.845 0.805 0.913 0.865 0912 0.841 0948 0.940 0957 0.925 0.871 0.840 0.886 0.851 0.950 0.912 0.939 0.886 0.572 0.523 0.722 0.581 0.533 0.493 0.681 0.584 0.534 0.481 0.712 0.622
0890 0894 090D 0.841 0.825 04D 0.835 0.808 0906 0.86 0910 0838 0.963 0.4 0950 0.945 0.866 0837 0.873 0863 004D 0.927 0958 083 0,632 0536 0738 D23 0358 0.348 0685 0597 0316 06 0710 0556
925 0.878 0848 0.832 0.819 0921 0915 0.940 0.874 0.930 0.944 0.950 0.928 0.889 0.886 0.825 0.827 0.956 0.933 0.952 0.925 0.897 0.903 0.912 0.910 0.812 0.790 0.761 0.792 0846 0.842 0.894 0853
0555 0931 0984 0513 0488 0365 0.485 0510 0945 0,937 0960 0898 0939 0977 0977 0043 0909 0895 0.893 0.76 O8> 0,963 0972 0955 01526 0913 0048 019 0513 D431 0:366 0168 0875 0477 0096 0383
multilingual _e5_ Jarge insruce 0952 0917 0971 0513 0924 0910 0524 0857 0973 0956 0981 0955 0961 0963 071 0961 0906 0913 0925 0.884 098D 0959 0963 0961 0921 0889 0953 0513 0815 D778 0884 0768 0869 0906 0542 0858
|text_v2_ 0921 0926 0905 0.874 0.842 0883 0.825 0.830 0.898 0.906 0.910 0.871 0.899 0921 0.910 0.892 0.807 0.819 0.765 0.789 0.901 0. 898 0.676 0.727 0.683 0.728 0.624 0.621 0.619 0.697 0.616 0.686 0.662 0.715
parapiiase, maliL mpnet base  0.882 0.861 0905 0814 0851 0840 0866 0505 0910 0848 0921 0850 0945 0931 0939 0898 0858 0845 0877 0819 0.923 (530 0993 0336 0.960 0.431 0416 0433 0.7 0957 0,636 0573 0366 0.931 0.608 0347
sentence_transformers_LaBSE 0971 0991 0,968 0.967 0.931 0930 0.945 0919 0.966 0.974 0.964 0925 0.952 0972 0.971 0.961 0.903 0.910 0.925 0.892 0.960 0.962 0.967 0.943 0.965 0.977 0.973 0.982 0.917 0.895 0.919 0.911 0.926 0.941 0.972 0.949
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arb_Arab est_Latn kor_Hang nob_Latn por_Latn

ALEE-F200/MT61 TACC F200 MT61 F200 MT61 F200 MT61 F200 MT61 F200 MT61

AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS

P_gte_multilingual_base 0.888 0.903 0.916 0.874 0.784 0.787 0.780 0.738 0.893 0.847 0.907 0.877 0.858 0.854 0.835 0.776 0.888 0.861 0.903 0.820 0.817 0.837 0.829 0.786 0.921 0.894 0.930 0.922 0.860 0.872 0.884 0.854 0.948 0.940 0.950 0.928 0.888 0.895 0.901 0.851
0957 0.958 0.968 0.934 0.842 0.848 0.829 0.781 0.963 0.981 0.980 0.970 0.909 0.927 0.922 0.881 0952 0.949 0,955 0.952 0.899 0.886 0.893 0.846 0.973 0.986 0.987 0.979 0.932 0.959 0.948 0.946 0.977 0.972 0.982 0.973 0.922 0927 0.918 0.908
0.870 0.912 0.855 0.844 0.710 0.752 0.700 0.686 0.661 0.708 0.720 0.710 0.653 0.662 0.646 0.654 0.845 0.898 0.817 0.820 0.782 0.796 0.763 0.738 0.874 0.870 0.849 0.868 0.789 0.799 0.802 0.797 0.915 0.917 0.930 0.910 0.863 0.854 0.820 0.865
0909 0.894 0.934 0.886 0.779 0.755 0.814 0.727 0.868 0.847 0.907 0.841 0.741 0.776 0.787 0.757 0.895 0.894 0.910 0.907 0.833 0.843 0.857 0.770 0.934 0935 0.959 0.913 0.833 0.851 0.864 0.832 0.959 0.963 0.971 0.949 0.886 0.889 0.910 0.865
0963 0.968 0.971 0.940 0.832 0.793 0.863 0.814 0.938 0.935 0.955 0.907 0.820 0.805 0.851 0.773 0.942 0.940 0.948 0.937 0.881 0.843 0.899 0.803 0.950 0.949 0.975 0.946 0.901 0.866 0.927 0.881 0.983 0.972 0.986 0.967 0.921 0.886 0.930 0.900
0965 0.949 0,975 0.967 0.865 0.854 0.899 0.846 0.843 0.810 0.894 0.829 0761 0.735 0.800 0.757 0950 0.944 0.977 0.937 0.944 0.930 0.936 0.900 0.950 0.931 0.961 0.925 0.881 0.913 0.924 0.878 0.990 0.972 0.989 0.970 0.939 0.953 0.974 0.932
0.860 0.856 0.853 0.847 0.708 0.717 0.750 0.697 0.736 0.773 0.792 0.769 0.680 0.720 0.761 0.716 0.878 0.866 0.878 0.868 0.799 0.787 0.797 0.759 0.820 0.852 0.839 0.850 0.746 0.781 0.785 0.770 0959 0.963 0.964 0.970 0.891 0.883 0.863 0.889
0.866 0.856 0.866 0.814 0.723 0.755 0.741 0.659 0.777 0.782 0.841 0.787 0.746 0.755 0.790 0.743 0.888 0.861 0.871 0.856 0.809 0.787 0.828 0.759 0.903 0.912 0.885 0.877 0.797 0.834 0.799 0.795 0.967 0.968 0.971 0.964 0.898 0.901 0.878 0.873
0938 0926 0961 0922 0809 0510 0.829 757 0.934 0945 0961 0528 0898 0.840 078 0838 0509 0535 0043 D871 0848 0.770 0837 D776 09s2 0972 D977 0946 0896 0878 0.991 0903 0971 0963 0977 DO6I 09 0286 D8 047D
0948 0.931 0.957 0.925 0.787 0.793 0.817 0.724 0.831 0.792 0.846 0.796 0.686 0.700 0.706 0.741 0952 0.931 0.944 0.928 0.893 0.886 0.875 0.803 0.946 0.940 0.957 0.943 0.875 0.872 0.907 0.870 0.971 0.958 0.982 0.955 0.924 0.904 0.919 0.878
0946 0.907 0,957 0.907 0.782 0.784 0.809 0754 0.829 0792 0.851 0.784 0.705 0.723 0.748 0.692 0.934 0.940 0.950 0.904 0.880 0.878 0.860 0.781 0.961 0940 u%e 0.934 0.884 0.869 0.896 0.849 0973 0.940 0.977 0.961 0913 0.889 0.924 0.895
0926 0.898 0.948 0.898 0.782 0.819 0.755 0.732 0.940 0.921 0.950 0.931 0.856 0.872 0.848 0.846 0.919 0.907 0.923 0.907 0.842 0.834 0.840 0.776 0.957 0.968 0.982 0.961 0.893 0.936 0.910 0.884 0.911 0.907 0.907 0.883 0.893 0.930 0.864 0.881
0940 0,935 0.966 0.916 0.835 0.819 0.811 0.778 0959 0.958 0.978 0.949 0.919 0.918 0.918 0.895 0.946 0.963 0.962 0.919 0.913 0.904 0.895 0.846 0.975 0.991 0.991 0.958 0.942 0.945 0.951 0.924 0.930 0.958 0.943 0.925 0.921 0918 0.918 0.892

0971 0.963 0.973 0.967 0.868 0.875 0.887 0.838 0.959 0.949 0.980 0.955 0.908 0.927 0.939 0.865 0.938 0.944 0.966 0.949 0911 0.901 0.925 0.881 0.981 0.986 0.993 0.973 0.929 0.945 0.966 0.905 0.988 0.986 0.993 0.976 0.949 0.936 0.959 0.914
nomic_embed_L 0913 0.912 0.896 0.889 0.805 0.819 0.724 0.751 0917 0.921 0.880 0.886 0.850 0.848 0.808 0.835 0.884 0.921 0.880 0.868 0.825 0.851 0.805 0.789 0.959 0.991 0.952 0.946 0.901 0.907 0.861 0.865 0.963 0.986 0.939 0.937 0.891 0.892 0.845 0.884
paraphrase_ il pne! base 0930 0.903 0.930 0.874 0.749 0.770 0.776 0.700 0.955 0.935 0.937 0.910 0.888 0.866 0.881 0.822 0.919 0.903 0.919 0.862 0.828 0.843 0.849 0.773 0.975 0.958 0.970 0.952 0.904 0.918 0.933 0.900 0975 0.954 0.966 0.937 0.909 0.904 0.883 0.854
sentence_transformers_LaBSE. 0969 0.968 0.973 0.979 0.837 0.857 0.886 0.822 0.963 0.968 0.968 0.952 0.926 0.936 0.936 0.949 0955 0.963 0.964 0.955 0.916 0.933 0.916 0.873 0.969 0.986 0.971 0.955 0.937 0.971 0.960 0.973 0.971 0.986 0.982 0.961 0.950 0.945 0.944 0.946

zho_Hans zho_Hant

ALEE-F200/MT61 TACC F200 MT61 F200 MT61

AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS

Alibaba_NLP_gte_multilingual_base 0909 0.880 0.950 0.886 0.840 0.840 0.860 0.776 0.903 0.884 0.928 0.880 0.850 0.854 0.845 0.776

BAAI_bge_m3 944 0.921 0.957 0.919 0.888 0.883 0.881 0.862 0.957 0.931 0.966 0.907 0.899 0.910 0.886 0.849
Qwen3_Embedding_0.6B 0.924 0.931 0.905 0.925 0.845 0.857 0.817 0.841 0.893 0.931 0.882 0.916 0.827 0.845 0.826 0.841
Qwen3_Embedding_4B 0.952 0.949 0.955 0.934 0.893 0.889 0.895 0.838 0.950 0.935 0.959 0.940 0.855 0.878 0.883 0.819
Qwen3_Embedding_8B 0.967 0.963 0.975 0.967 0.917 0.886 0.930 0.873 0.967 0.958 0.975 0.964 0.881 0.872 0.901 0.835

google_embeddinggemma_300m 0.967 0.958 0.982 0.946 0.941 0.933 0.953 0.924 0.967 0.940 0.970 0.925 0.926 0.930 0.936 0.897
ibm_granite_embed_107m_multiL.  0.866 0.889 0.876 0.871 0.792 0.834 0.773 0.781 0.855 0.852 0.828 0.847 0.790 0.813 0.765 0.792
ibm_granite_embed_278m_multiL  0.893 0.884 0.887 0.889 0.807 0.819 0.776 0.781 0.880 0.861 0.855 0.826 0.804 0.825 0.782 0.751
jina_embeddings_v3 0.857 0.852 0.891 0.841 0.776 0.755 0.816 0.738 0.897 0.898 0.903 0.850 0.804 0.799 0.834 0.786
jina_embeddings_v5_text_nano 0.957 0.907 0.950 0.934 0.888 0.878 0.872 0.830 0.948 0.940 0.932 0.928 0.873 0.875 0.846 0.851
jina_embeddings_v5_text_small 0.950 0.949 0.953 0.931 0.896 0.898 0.880 0.838 0.936 0.935 0.932 0.913 0.883 0.895 0.875 0.859

multilingual_e5_base 0.903 0.912 0.914 0.910 0.848 0.866 0.797 0.827 0.915 0.898 0.941 0.889 0.845 0.854 0.790 0.803
multilingual_e5_large 0.938 0.949 0.966 0.913 0.904 0.880 0.881 0.908 0.952 0.949 0.982 0.925 0.870 0.875 0.875 0.859
multilingual_e5_large_instruct 0.957 0.935 0.973 0.937 0.908 0.918 0.936 0.900 0.948 0.926 0.966 0.943 0.899 0.901 0.924 0.873
nomic_embed_text_v2_moe 0.893 0.907 0.864 0.868 0.830 0.878 0.779 0.822 0.886 0.917 0.866 0.862 0.843 0.872 0.784 0.797
paraphrase_multiL_mpnet_base 0.942 0.917 0.928 0.898 0.835 0.834 0.852 0.814 0.934 0.889 0.916 0.862 0.870 0.848 0.860 0.811
sentence_transformers_LaBSE 0.940 0.944 0.962 0.964 0.891 0.901 0.869 0.889 0.944 0.949 0.943 0.943 0.894 0.924 0.886 0.884
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afr_Latn als_Latn amh_Ethi ape_Arab arz_Arab
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ27S F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba \lug:c,mululmgnnl,hm 0878 0.852 0.869 0.883 0.864 0.883 0.919 0.847 0.886 0.852 0.901 0.856 0.846 0.891 0.916 0.859 0.882 0.843 0.885 0.826 0.821 0.815 0.862 0.796 0.886 0.852 0.894 0.844 0.801 0.853 0.879 0.769 0.864 0.847 0.898 0.826 0.797 0.827 0.858 0.766
BAAI bge. 0979 0.991 0,991 0.979 0946 0.953 0.970 0.931 0.975 0.981 0.980 0.952 0.960 0.950 0.963 0.943 0.930 0.921 0.959 0.916 0.878 0.880 0.909 0.853 0.942 0.944 0.970 0.916 0.901 0.897 0.930 0.844 0.930 0.940 0.966 0.904 0.905 0.883 0.924 0.862
Quend. Eribedding 0.6B 0304 0796 0819 0787 0771 0806 0.777 0766 0.707 0.108 0.744 0.707 0643 0,695 0720 0634 0583 0625 0651 0.563 0.635 0630 0.674 0,637 0,806 0829 0828 0760 0787 0801 0786 0709 0785 0815 0810 0760 0751 771 0812 0736

0.915 0.926 0.950 0.901 0.866 0.883 0.922 0.847 0.860 0852 0.903 0814 0.802 0.809 0886 0754 0.671 0.690 0.758 0,668 0.637 0.6 0.741 0.625 0.880 0.884 0.921 0.856 0.853 0.848 0.886 0.745 0.882 0.880 0.907 0.859 0.859 0.839 0.892 0.790
_Embedding_8B 0.969 0.963 0.973 0.958 0.910 0.918 0.939 0.904 0.942 0.912 0.962 0.898 0.889 0.868 0.928 0.847 0.785 0.792 0.862 0.769 0.712 0.721 0.819 0.682 0.934 0.935 0.944 0.901 0.878 0.871 0‘)IX 0.823 0.948 0.963 0.955 0.922 0.878 0.891 0.933 0.844
embeddinggzemma_300m 0897 0.847 0914 0853 0849 0815 0900 0802 0785 0.796 0885 0.772 0.678 0.716 0.806 0.658 0.795 0.778 0.846 0.781 0.729 0.718 0.806 0.700 0.921 0.912 0.952 0.904 0,888 0.903 0.928 0829 0944 0935 0953 0898 0911 0.906 0.943 0.868
ibm_granite_embed_107m_multiL.  0.886 0.861 0.882 0.883 0.799 0.859 0.822 0.781 0.791 0.819 0.824 0.817 0.782 0.830 0.864 0.745 0.754 0.741 0.790 0.707 0.720 0.754 0.801 0.712 0.808 0.806 0.851 0.832 0.725 0.771 0.782 0.745 0.787 0.829 0.826 0.808 0.776 0.801 0.854 0.763
ibm_granite_embed_278m_muliL.  0.915 0.880 0.903 0.892 0.831 0.865 0.822 0.802 0.831 0.884 0.849 0.862 0.817 0.845 0870 0.790 0843 0838 0862 0.799 0821 0.839 0858 0.796 0.829 0.833 0.837 0.817 0.719 0.798 0.795 0.709 0.804 0.843 0.810 0.790 0.789 0.806 0.839 0739
Jjina_embeddings_v3 0.971 0.954 0.978 0.943 0.905 0.883 0.943 0.8&9 0.957 0.944 0.959 0.922 0.891 0.877 0.939 0.868 0.876 0.866 0.887 0.832 0.792 0.760 0.868 0.754 0.921 0.884 0.930 0.859 0.851 0.845 0.888 0.751 0.911 0.889 0.928 0.859 0.851 0.850 0.885 0.766
Jina_embeddings vS_text_nano 0913 0903 0.927 D907 0.£36 0824 0850 0895 0822 0.750 0858 0.160 0727 0.107 0795 0754 0.595 DSS1 0.104 075 0497 0328 06l 0.601 D917 0894 0932 0841 0832 0827 0.73 0739 0888 0884 0921 D871 0866 0.842 0889 0.9
's_v5_text_small 0921 0.907 0,939 0.910 0.848 0.865 0.916 0. 3 0.796 0.867 0.760 0.742 0.757 0.828 0.697 0.698 0.671 0.803 0.653 0.635 0.777 0.625 0.919 0.894 0.932 0.868 0.821 0.842 0.889 0.760 0.909 0.903 0.892 0.862 0.853 0.862 0.904 0.799
0957 0577 0978 0961 0913 01951 D48 0893 095 0915 0970 0928 01938 D0k 0549 0895 0930 OK70 0961 0510 0864 0843 0913 0550 (1903 OXEY 043 0874 0R74 0874 0913 (.458 0398 0498 0916 0K 0884 0877 0,907 0438
| 0545 0968 0971 0967 0938 01044 0964 0934 0973 0963 0912 0946 0068 095 0973 0934 0932 (804 0962 D913 0395 ORSE 093> 0862 (919 0912 038 OED 0525 OOTE 0958 (.901 0926 DOI7 037 0K 0925 0909 0037 0408
S_large_instruct 0.975 0.986 0.984 0.967 0.940 0.933 0.970 0.925 0.973 0.963 0.980 0.964 0.972 0.962 0.981 0.943 0.938 0.917 0.968 0.898 0.915 0.912 0.943 0.880 0.957 0.949 0.966 0.922 0.930 0.944 0.952 0.910 0.946 0.935 0.955 0.928 0.940 0.921 0.952 0.937
nomic_embed_text_v2_moe 0,940 0.968 0.937 0.934 0.866 0.900 0.898 0.871 0.915 0949 0.898 0877 0898 0886 0903 0886 0.866 0.889 0.857 0.814 0.812 0.812 0.845 0.751 0.893 0.907 0.878 0.832 0.832 0.842 0.839 0.784 0.882 0.903 0.880 0.871 0.848 0.853 0.858 0817
paraphrase_multiL. t_base 0.897 0.894 0.921 0.889 0.834 0.848 0.879 0.808 0.959 0.944 0.959 0.925 0.9 30 0.937 0.916 0.833 0.741 0.848 0.728 0.762 0.727 0.837 0.691 0.890 0.870 0.896 0.811 0.812 0.804 0.868 0.760 0.895 0.889 0.910 0.811 0.831 0.809 0.861 0.766
Lontence ransforers LaBSE 0.981 0.981 0.986 0.979 0.940 0.962 0.970 0.943 0.965 0,958 0.971 0.964 0955 0.965 0979 0952 0965 0977 0.982 0.982 0951 0.962 0.969 0.922 0.948 0.944 0.968 0.958 0.871 0.900 0.951 0.877 0.944 0.963 0.959 0.946 0.913 0,918 0.949 0895
asm_Beng ayr_Latn azh_Arab azj_Latn bak_Cyrl
ALEE-F200/BQ275 TACC 200 BQ275 F200 BQ275 200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.837 0.787 0.828 0.793 0.801 0.821 0867 0.796 0.727 0.681 0.772 0.737 0.683 0.774 0.776 0.721 0.787 0.759 0.806 0.734 0.705 0.748 0.830 0.718 0.868 0.866 0.876 0.832 0.844 0.862 0901 0.862 0.798 0.792 0815 0.799 0.700 0.777 0818 0.721
BAAI_bge_m3 0.921 0.907 0.932 0.868 0.874 0.874 0.915 0.850 0.700 0.681 0.751 0.695 0.618 0.601 0.695 0.691 0.798 0.838 0.862 0.734 0.687 0.689 0.780 0.676 0.948 0.977 0.955 0.928 0.940 0.935 0.942 0.898 0.874 0.861 0.921 0.868 0.764 0.845 0.843 0.748
QwenLhmbsddmgﬂﬁB 0711 0.750 0.717 0.701 0.717 0.760 0.743 0,682 0.585 0.532 0.593 0.551 0.598 0.614 0.577 0599 0,657 0.676 0.605 0613 0.630 0661 0.547 0738 0.73 0.715 0.710 0.720 0.789 0.753 0.721 0.632 0.681 0.685 0.641 0.546 0.607 0.581 0.607
wen g 4B 0.831 0.824 0.878 0.793 0.794 0.824 0.879 0.760 0.556 0.560 0.649 0.572 16 0.563 0.655 0.547 0.725 0.773 0.783 0.647 0.652 0.657 0.788 0.851 0.838 0.882 0.811 0.853 0.827 0.885 0.730 0.762 0.773 0.810 0.737 0.700 0.713 0.806 0.673
wera Embed ng 8B 0911 0.907 0.935 0.862 0.859 0.845 0.903 0.799 0,653 0639 0726 0.689 0578 0581 0.686 0.640 0.793 0.782 0.878 0.731 0.714 0.762 0.812 0.905 0.894 0.937 0.892 0.896 0.883 0915 0814 0893 0875 0932 0853 0814 0818 0871 0.763
google_embeddinggemma_300m 0.862 0.829 0.898 0.778 0.819 0.792 0.880 0.790 0.665 0.630 0.794 0.617 0.598 0.534 0.753 0.613 0.773 0.741 0.871 0.638 0.714 0.674 0.851 0.831 0.815 0.903 0.817 0.797 0.804 0.865 0.781 0.746 0.731 0.871 0.710 0.680 0.657 0.813 0.652
ibm_granite_embed_107m_multiL.  0.599 0.560 0.690 0.617 0.610 0.601 0.719 0.655 0.550 0.565 0.604 0.629 0.354 0587 0.673 0619 0.630 0662 0.692 0662 0.590 0.648 0.671 0.791 0.778 0.817 0.790 0.760 0.780 0830 0.745 0612 0,602 0708 0633 0391 0.622 0.679 0.634
ibm_granite_c embed 278m_multil.  0.640 0.644 0.672 0.653 0.605 0.622 0.700 0.655 0.531 0.546 0.618 0.611 0.566 0.619 0.685 0.616 0.634 0.662 0.676 0.647 0.590 0.654 0.662 0.826 0.829 0.835 0.793 0.812 0.821 0.871 0.799 0.589 0.662 0.697 0.644 0.549 0.613 0.653 0.622
jina_embeddings 0.826 0.782 0.851 0.772 0.769 0.751 0.845 0.727 0.556 0454 0.731 0530 0363 0525 0746 0547 0.696 0657 0.780 0.575 0.586 0.578 0.770 0.547 0.907 0.926 0.918 0.877 0.873 0.856 0.919 0.868 0.643 0.634 0.796 0.608 0.548 0.543 0.750 0.574
JIH’\ eembeddings_ VS _text_nano 0.793 0.796 0.810 0.740 0.772 0.757 0.770 0.739 0.558 0578 0.668 0.560 0.514 0.501 0650 0.568 0.688 0.671 0.758 0.584 0.605 0.619 0.740 0.860 0.843 0.878 0.835 0.832 0.806 0.880 0.784 0.636 0.671 0.708 0. 658 0.549 0.639 0.667 0.652
jina_embeddings v5_text_small 0849 0836 0.867 0.802 0.824 0.792 0.867 0.760 0.599 0.537 0.667 0.587 0.491 0.504 0.655 0.568 0.709 0.708 0.780 0.617 0.598 0.384 0.756 0586 0886 0.866 0892 0835 0.841 0815 0.904 0.793 0.742 0.778 0.824 0.737 0.667 0.674 0.800 0.673
0. B 0.870 0.946 0.865 0.878 0.845 0.930 0.772 0.750 0699 0.787 0.722 0.683 0.674 0754 0.694 0.835 0.778 0.896 0.772 0.755 0.812 0.882 0.790 0.936 0.903 0.943 0.895 0.916 0.900 0.933 0.856 0.907 0.852 0.937 DSA7 0.824 0.833 0.880 0.811
0.919 0.903 0.944 0.850 0.898 0.865 0.943 0.829 0.750 0.727 0.778 0728 0.702 0.710 0776 0733 0835 0810 0.873 0.778 0.804 0.883 0.877 0.802 0.946 0.917 0.961 0.916 0.920 0.935 0.949 0.904 0.907 0.870 0.952 0.865 0.884 0877 0.931 0847
0.905 0.880 0.953 0.883 0.896 0.900 0.940 0.901 0.800 0.787 0.828 0.731 0.789 0.780 0.845 0.769 0.855 0.843 0.914 0.811 0.864 0.897 0.927 0.829 0.950 0.944 0.970 0.931 0.951 0.930 0.975 0.925 0.913 0.884 0.953 0.892 0.915 0.897 0.936 0.880
_embed_text_v2 0814 0870 0812 0817 0787 0.830 0828 0.784 076 0718 0647 0677 0.591 0652 064 0694 0164 0769 0106 0.683 0657 0751 0714 0649 0901 0926 0.882 03859 0866 083 0880 0.829 015D 0.764 0720 0740 068D 0762 0677 0667
paraphrase_mulil_mpnet_base 0727 0.653 0.781 0.647 0712 0.674 0786 0.637 0581 0551 0.683 0.476 0.603 0.554 0.709 0.568 0.702 0.648 0.772 0.554 0.642 0.607 0.734 0.583 0.890 0.889 0.909 0.862 0.838 0.853 0.859 0.784 0.667 0.662 0.797 0.590 0556 0.566 0.714 0.574
sentence_transformers_LaBS] 0.926 0.917 0.941 0.910 0.910 0.918 0.936 0.895 0.649 0.704 0.616 0.740 0.704 0.724 0.644 0.742 0.775 0.815 0.812 DR17 0.777 0.824 0.822 0.760 0.944 0.958 0.946 0.940 0.948 0.971 0.960 0.928 0.791 0.806 0.864 0.823 0.710 0.801 0.812 0.754
bam_Latn bel_Cyrl bho_Deva bod_Tibt bos_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gte_mulilingsl_base 0.750 0736 0196 0.731 073 0.710 0773 0.160 0364 0670 0910 0841 0.848 0353 0,70 0853 0.841 0.196 0846 0.802 0359 0865 0889 0193 0.676 0542 0.128 0.569 0601 028 0138 0.574 0926 0921 095 0901 0911 0918 0927 007
BAAI_bge_m3 0.804 0.815 0.849 0.790 0.735 0.716 0.809 0.793 0.955 0.949 0.964 0.934 0.936 0.941 0.951 0.901 0.898 0.928 0.930 0.913 0.568 0.579 0.679 0.572 0.528 0.513 0.622 0.601 0.977 0.986 0.986 0.967 0.975 0959 0.978 0.955
Qwen3_Embedding 0.6B 0.560 0.579 0.609 0.587 0.573 0.575 0.625 0625 0.746 0755 0.772 0722 0.693 0730 0728 0676 695 0.729 0.727 0.768 070 0.332 0588 0524 0349 0.381 0584 0344 0526 0552 0841 0814 0.804 0842 0319 0763
0576 0.537 0.672 0.596 0.583 0.580 0.872 0.889 0,912 0.859 0.841 0.848 0.909 0.796 0.778 0.826 0.812 0.880 0581 0.588 0.699 0,533 0,388 0.548 0647 0386 0932 0921 0944 0922 0903 0891 0934 0.859
0.659 0.644 0.744 0.668 0.593 0.661 0.950 0.972 0.955 0.931 0.916 0.927 0.939 0.871 5 0.856 0.858 0.845 0.892 0.711 0.685 076’0647 0.623 0.604 0.701 0.643 0.977 0.958 0.978 0.940 0.916 0.933 0.958 0.913
embeddingzemma _300m  0.676 0.634 0767 0629 0.601 0,592 0.837 0.815 0.901 0.787 0.794 0.792 0.903 0.790 0,850 0.910 0.894 0,934 0.671 0.551 0.801 0.554 0.566 0419 0716 0511 0938 0926 0952 0883 0893 0912 0.927 0.847
ibm_granite_embed_107m_multiL.  0.572 0.569 0.577 0.620 0.538 0.643 0.750 0.796 0.799 0.772 0.749 0.804 0.804 0.766 0. 0.713 0.750 0.774 0.794 5 0.448 0.472 0.608 0.539 0.477 0.513 0.658 0.562 0.810 0.815 0.830 0.808 0.739 0.806 0.825 0.793
ibm_ranic_cmbed278m_muliL 0363 0.574 0577 0.623 0354 0.601 0.571 0.637 0.816 0.806 0815 0817 0792 0827 0858 0820 0.698 0.782 0.801 0.791 0.483 0.491 0.568 0.530 0.496 0493 0.610 0368 0864 0870 0853 0835 0.796 0818 0.851 0.823
jina_ embeddir 0.510 0.491 0.647 0.530 0.564 0.560 0.649 0.562 0.938 0.935 0.939 0.895 0.898 0.900 0.916 0.865 0.751 0.797 0.804 0.862 0.490 0.435 0.627 0.494 0.588 0.501 0.716 0.553 0.950 0.958 0.970 0.937 0.903 0.874 0.948 0.901
i embeddinge Vuexmano 0366 0491 0636 0573 0404 0310 0.990 04816 0738 0683 0767 0704 0724 0718 0779 0738 0811 0.841 0.804 0.876 0.778 0.514 0440 0.710 0.524 0494 0364 0.671 0486 0913 0866 0919 0.886 0846 0.806 0.877 0.832
Jina_embeddings_v5_text_small 0.548 0.565 0.581 0.596 0.459 0.510 0.501 0.577 0.791 0.810 0.837 0.787 0.789 0.792 0.870 0.736 0.802 0.851 0.806 0.889 0.593 0.565 0.710 0.548 0.548 0.507 0.632 0.613 0.938 0.907 0.944 0.901 0.894 0.868 0.922 0.826
‘multilingual_e5_base 0.826 0.796 0.885 0.799 0.749 0.724 0.834 0808 0.924 0903 0959 0934 0923 0918 0936 0880 0.862 0.908 0.865 0.930 0,570 0.593 0.570 0,593 0333 0328 0.523 0622 0959 0931 0977 0943 0938 0927 0955 0913
multilingual_e5_large 0.841 0.801 0.882 0.835 0.777 0.777 0.848 0.832 0.942 0.958 0.975 0.940 0.951 0.933 0.952 0.901 0‘)I7 (! 903 G‘ISZ 0.868 0.915 0.915 0.942 0.579 0.597 0.579 0.590 0.529 0.572 0.593 0.625 0.971 0.981 0.991 0.964 0.970 0.962 0.975 0.952
muldlingual"e5 large nsiruc 0508 0852 0916 0826 0811 0.801 0358 0.841 0950 0968 0975 0937 0.968 0956 0976 0940 0919 007 0952 0.874 0933 0944 0946 0901 0731 0830 0521 0511 0710 0604 0819 0645 0IE8 0986 089 0970 0973 0974 0975 058
nomic_eml 0.657 0.681 0.591 0.683 0.621 0.677 0.580 0.700 0.866 0.940 0.887 0.883 0.846 0.918 0.871 0.868 0.839 0.875 0.821 0.811 0.814 0.856 0.818 0. 593 0.665 0.572 0.655 0.628 0.717 0.616 0.915 0.935 0.935 0.904 0. 909 0.
pardplrase, maltl mpnet base  0.560 0,514 0.636 0.524 0573 0.548 0640 0.541 0843 0.833 0.876 0820 0.838 0856 0.876 0823 031 0796 0853 0,692 019 0.792 0848 5 0537 0415 0677 0434 0964 0438 0,633 0305 0963 0940 095 0535 0933 0933 0933 0519
sentence_transformers_LaBSE 0725 64 0.733 0.772 0.760 0.795 0.713 0.784 0.926 0.963 0.946 0.946 0.946 0.974 0.960 0.937 0.907 0.931 0.928 0.916 0.936 0.935 0.930 0.907 0.913 0.880 0.900 0.889 0.849 0.871 0.864 0.856 0.975 0.991 0.975 0.967 0.963 0.965 0.966 0.952
ceb_Latn cjk_Latn ckb_Arab cym_Latn dik_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_ \‘LPJIC multilingual_base 0.798 0.792 0.833 0.817 0.779 0.818 0.842 0.793 0.723 0.727 0.769 0.704 0.709 0.689 0.803 0.745 0.800 0.731 0.824 0.781 0.762 0.762 0.813 0.745 0.853 0.838 0.862 0.847 0.796 0.830 0.874 0.802 0.729 0.708 0.746 0.722 0.631 0.721 0.716 0.703
BAAILbge 0.915 0.940 0.955 0.910 0.838 0.871 0.906 0.829 0.713 0.713 0805 0.740 0742 0718 0837 0763 0.789 0.792 0884 0.766 0.729 0.736 0.816 0.703 0.952 0.958 0.980 0.949 0.905 0.912 0.934 0.898 0.729 0.764 0.789 0.751 0.697 0,680 0.789 0733
Qwen3_| EmbeddlnLU 6B 0.674 0.787 0.737 0.713 0.663 0.727 0.698 0.694 0.568 0.537 0.597 0.602 0.575 0.587 0.626 0.595 0.591 0.579 0.677 0.605 0.631 0.601 0.670 0.592 0.562 0.593 0.654 0.608 0.546 0.584 0.628 0.592 0572 0.574 0.625 0.608 0.564 0.543 0.598 0.601
Quen3_Embedding 4B 0.841 0.880 0.910 0.847 0.765 0.798 0.828 0.694 0.599 0579 0.670 0.608 0363 0.572 0709 0589 0.690 0671 0.780 0.689 0.690 0.680 0.792 0.643 0.767 0.778 0.839 0.722 0.680 0.677 0.782 0.655 0.595 0.583 0.701 0.608 0.497 0499 0.670 0.508
Quen3_Embed 0,928 0.940 0.957 0.901 0.858 0.897 0.904 0.847 0.647 0.648 0.711 0.636 0628 0.595 0746 0682 0.824 0.806 0.864 0.784 0.737 0.745 0.846 0.706 0.880 0.912 0.914 0.853 0.787 0.768 0.852 0.775 0.674 0.671 0.737 0.728 0.563 0.519 0.673 0.610
google_embeddinggemma 300m  0.806 0762 0.887 0.784 0137 0.157 0333 0712 0643 0644 0.706 0662 0.610 0398 0.791 0640 0682 01662 0832 0.653 064D 061 0704 0622 0,692 0630 0814 074 0601 0340 0776 0613 071 0.639 01 0650 0344 0490 0738 0559
ibm_granite_embed_107m_muliL.  0.680 0.718 0.737 0.728 0.658 0.736 0.753 0.670 0.558 0.514 0.584 0.6: S 0i645 0589 0548 0523 0683 0548 0.533 0516 0677 0583 0138 0773 0752 0.787 0107 0.730 0761 0730 0562 0.5 0.605 0.559 0.607 0.695 0.610
lbmimnue embed_278m_multil.  0.713 0.713 0.731 0.716 0.662 0.698 0.738 0.700 0.562 0.528 0.595 0.593 0.576 06'51 0.655 0.604 0.550 0.532 0.5¢ 3 0.537 0.622 0.559 0.787 0.787 0.806 0. 539 R 0.635 0.591 0.610 0.676 0.631
0723 0741 0438 0477 0672 01686 0440 0631 0471 000 0377 0.521 0348 0957 0,749 0986 0366 O-RT 0360 0413 0513 0493 080 0333 0917 0489 0935 0498 0427 0431 0916 030K 0591 0.539 0,588 0,519 0.782 0.523
0.760 0.745 0.806 0.751 0.635 0.677 0.747 0.721 0.605 0.519 0.706 0.584 501 0.695 0.616 0.674 0.625 0.765 0.608 0.618 0.598 0.749 0.658 0.560 0.481 0.636 0.611 0.476 0.504 0.628 0581 0.564 0.599 0.499 0.440 0.613 0.586
0.769 0.806 0.808 0.784 0.672 0.730 0.740 0.745 0.589 0532 0,658 0.593 501 0720 0619 0.725 0.685 0.785 0.653 0.678 0.636 0.767 0.604 0.593 0.616 0.638 0.614 0.518 0.519 0629 0.383 0579 0356 0.633 0632 0462 0443 0572 0559
0.928 0.889 0.961 0.937 0.894 0.915 0.939 0.853 0.690 0.722 0.677 0.731 0.720 0.710 0.801 0.784 0.886 0.815 0.937 0.856 0.859 0.809 0.874 0.805 0.934 0.921 0.961 0.934 0.876 0.883 0.934 0874 0.742 0.736 0.787 0.749 0.648 0.674 0.722 0.715
0.948 0.944 0,968 0.922 0.924 0.961 0.901 0.682 0.604 0.676 0.766 0.765 0.768 0.812 0.805 0.890 0.866 0.928 0 73 0.862 0.912 0.814 0.946 0.917 0.9 30930 0915 0.961 0.919 0.717 0.713 0.772 0.743 0.663 0.669 0.726 0.763
0.950 0.949 0.980 0.937 0‘141 0.935 0.957 0.904 0.769 0.704 0.866 0.728 0.796 0.771 0.877 0.775 0.897 0.880 0.930 0.853 0.918 0.912 0.940 0.865 0.959 0.921 0.978 0.952 0.938 0.927 0.973 0.937 0.777 0.764 0.889 0.751 0.769 0.757 0.865 0.772
0.802 0.884 0.808 0.823 0.737 0.774 0.800 0.736 0.647 0.722 0,624 0.668 0.677 0.686 0717 0.697 0.676 0750 0.695 0.674 0.667 0.689 0.720 0.703 0.868 0.921 0.901 0.877 0.781 0.812 0.837 0.817 0.713 0.713 0.686 0.710 0.655 0.669 0.640 0.667

paraphrase_multiL._r pne!,bn\s 0.680 0.699 0.789 0.602 0.642 0.660 0.762 0.640 0.599 0.546 0.661 0.470 0.613 0.604 0.729 0.550 0.795 0.759 0.828 0.734 0.767 0.795 0.816 0.700 0.676 0.676 0.758 0.692 0.638 0.619 0.731 0.619 0.616 0.588 0.724 0.551 0.586 0.534 0.694 0.538
sentence._transformers_LaBSE. 0.961 0.981 0.978 0.976 0.950 0.979 0.981 0.961 0.667 0.694 0.711 0.760 0.794 0.77 0818 0826 0.694 0685 0.735 0.683 0.732 0.757 0.756 0.751 0.973 0.986 0.986 0.985 0.960 0.962 0.967 0.943 0.707 0.731 0.760 0.746 0.742 0801 0.753 0.775
dzo_Tibt eus_Latn fao_Latn fuv_Latn gaz_Latn
ALEE-F200/BQ275 TACC 200 BQ27S F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gte_multilingual_base 0.597 0.546 0.706 0.554 0.591 0499 0701 0568 0.837 0.815 0.873 0.835 0.822 0.842 0.861 0.814 0.835 0.778 0.862 0.814 0.826 0.812 0.871 0.799 0.767 0.759 0.792 0.716 0.749 0.768 0.800 0.751 0.806 0.736 0819 0.760 0.776 0.771 0.849 0.775
556 0.579 0.686 0.509 0.534 0.554 0.658 0.559 0.950 0.954 0.973 0.943 0.916 0.912 0.945 0.889 0.950 0.940 0.955 0.928 0.891 0.862 0.906 0.874 0.764 0.769 0.821 0.734 0.739 0.713 0.830 0.721 0.839 0.810 0.889 0.811 0.792 0.786 0.873 0.790
ding_0.6 0475 0.481 0.505 0.473 0.521 0.513 0.564 0.323 0.599 0625 0,625 0.623 0368 0578 0620 0604 0.636 0.690 0.704 0,638 0.633 0.683 0.646 0.646 0.572 0.593 0.624 0.587 0.564 0.595 0.625 0.598 0.519 0.532 0.602 0.515 0.536 0.363 0,605 0.532
Qwen3_| Emb:ddlnLJB 0.541 0.454 0.661 0.512 0.519 0.460 0.619 0.517 0.758 0.806 0.830 0.769 0.710 0.736 0.789 0.703 0.744 0.769 0.824 0.740 0.732 0.713 0.821 0.652 0.589 0.583 0.677 0.617 0.546 0.525 0.653 0.565 0.552 0.551 0.659 0.545 0.528 0.516 0.634 0.541
Quend_Bimbedding 85 0605 0553 0661 0599 0531 0.337 0637 0347 0864 0889 0912 0.859 0.806 0804 0.854 0764 0851 0843 0910 0814 0754 0.804 0361 0745 0667 0581 0.706 074 0398 0360 0686 0610 0663 0.620 0742 0683 0576 .
google_c 0.661 0.505 0.785 0. 714 0.529 0.694 0.741 0.846 0.728 0.626 0.601 0.744 0.655 0. 6 0.734 0.705 0.654 0.824 0.667 0.678 0.653 0.767 0.662 0.621 0.581 0.723 0.607 0.622 0.579 0.769 0.581 0.580
o grante embed. 107m_ T 0442 0:428 038 047 0304 0313 01619 0314 0.709 0769 0789 0731 068 0791 0774 0.708 0700 0676 0763 0733 0613 0674 0783 0715 0368 0983 0399 0639 0555 0.372 0650 0428 0921 0314 0,579 0384 0323 0928 0643 01022
ibm_granite_embed 278m_muliL.  0.415 0.389 0.507 0.467 0.506 0.484 0.608 0.574 0.773 0.782 0.812 0.793 0.714 0.798 0798 0.736 0.733 0.694 0.792 0728 0.698 0.727 0.803 0.745 0.566 0.556 0.608 0.596 0.600 0.616 0.634 0.634 0.521 0.505 0.582 0.569 0.564 0.566 0.625 0.616
jina_embeddings_v3 0.486 0.319 0.651 0.440 0.591 0.499 0.722 0,341 0.930 0935 0.948 0916 0861 0836 0915 0823 0847 0861 0919 0853 0.786 0.762 0.870 0.757 0.589 0.523 0.704 0.524 0.613 0.575 0.710 0.580 0.566 0.444 0.753 0.488 0.575 0331 0.773 0.526
Jina_embeddings 5.t 0.502 0.384 0.677 0.464 0.482 0.384 0.640 0.486 0.719 0708 0.796 0.728 0631 0.657 0709 0.697 0711 0713 0.762 0.701 0.680 0.660 0.756 0.715 0.568 0.542 0.631 0.626 0.496 0.513 0.610 0.628 0.545 0.468 0.649 0.551 0472 0472 0,604 0.595
Jina_embeddings_v: 0.537 0.523 0.586 0. 0.497 0.408 0.580 0.498 0.769 0.745 0.830 0.734 0.655 0.648 0.734 0.694 0.769 0.773 0.797 0.751 0.709 0.692 0.779 0.718 0.576 0.565 0.577 0.608 0.474 0.472 0.544 0.604 0.579 0.588 0.670 0.554 0.484 0.472 0.604 0.556
‘multilingual_e5_base 0552 0551 0.590 0.518 0.514 0.507 0.520 0562 0924 0903 0935 0910 0.858 062 0901 063 0921 0856 0941 0.95 0829 0815 0898 0187 0748 0741 0.771 0743 0.127 0748 0809 0.745 0849 0.769 0875 0.184 074 0165 0871 0303
multilingual ge 0.533 0.509 0.597 0.524 0.499 0.572 0.559 0.5 8 0.954 0.975 0.952 0.941 0.938 0.958 0.913 0.901 0.884 0.950 0.910 0.868 0.853 0.910 0. 0.762 0.749 0.750 0.777 0.821 0.766 0.866 0.801 0.909 0. 64 0.824 0918 0.835
multlingual_e5 me nstruct 078 0356 0303 0303 0480 01030 0308 01648 0937 0951 0961 0931 01930 013 0980 001 0950 0913 0952 0923 OROK OR91 0931 083 0775 0764 0892 0766 0A17 OR12 08EH 0766 0875 D47 028 0R32 DRO1 0856 (1928 08K
nomic_embed_text 0.636 0.620 0.624 0.566 0.653 0.604 0.692 0.568 0.882 0.907 0.864 0.853 0.819 0.865 0.848 0.847 0.851 0.894 0.846 0.805 0.787 0.806 0.819 0.760 0.688 0.713 0.645 0.707 0.616 0.663 0.589 0.673 0.665 0.662 0.665 0.638 0.580 0.654 0.599 0.685
paraphrase_multiL_mpnet_bast 0.523 0.407 0.672 0.398 0.556 0.449 0.637 0.489 0.783 0773 0.866 0.725 0.697 0.689 0782 0658 0705 0.634 0.785 0.680 0.652 0.607 0.768 0.634 0.585 0.593 0.699 0.524 0.568 0.554 0.686 0.565 0.560 0.477 0.692 0.503 0.553 0.560 0.664 0.565
sentence_transformers_LaBSE 0.725 0.764 0.685 0.713 0.675 0.745 0.691 0.715 0.955 0.972 0.966 0.958 0.958 0.974 0.978 0.943 0.938 0.958 0.966 0.961 0.898 0.933 0.952 0.901 0.700 0.759 0.683 0.751 0.737 0.821 0.713 0.826 0.674 0.713 0.683 0.734 0.707 0.748 0.673 0.781
gla_Latn gle_Latn glg Latn hat_Latn hau_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.787 0.764 0.819 0.787 0.734 0.724 0.831 0.745 0.781 0.769 0.817 0.793 0.782 0.760 0.827 0.763 0.911 0.898 0.923 0.883 0.879 0.906 0.907 0.880 0.783 0.755 0.817 0.787 0.730 0.789 0.797 0.721 0.816 0.787 0.844 0.817 0.769 0.792 0.848 0.757
BAAILbge_m3 0.855 0.866 0.923 0.829 0.787 0.774 0.865 0.775 0.930 0912 0939 0904 0884 0883 0904 0889 0.979 0.977 0.991 0.973 0.955 0.941 0.969 0.916 0.837 0.852 0.903 0.799 0.777 0.780 0.849 0.745 0.911 0.907 0.953 0.901 0.856 0833 0909 0841
Qwen3_| EmheddlnL() 6B 0.562 0.546 0.624 0.566 0.534 0.528 0.581 0.589 0.572 0.537 0.618 0.599 0.538 0.540 0.567 0.589 0.882 0.926 0.900 0.856 0.841 0.877 0.855 0.820 0.682 0.704 0.694 0.638 0.653 0.695 0.650 0.640 0.597 0.611 0.647 0.626 0.573 0.560 0.628 0.628
Quen3_Embe: 0,651 0.685 0.749 0.677 0.621 0.381 0.720 0,640 0,655 0.671 0799 0701 0637 0.642 0.750 0.670 0957 0.963 0.957 0.928 0.881 0.8 0.856 0.756 0.778 0.830 0.722 0.693 0.683 0.786 0.643 0,605 0.602 0.690 0.635 0391 0360 0641 0541
Qwen3_| Emb:ddlnL 0.802 0.806 0.841 0.749 0.697 0.704 0.809 0.718 0.816 0.796 0.866 0.793 0.755 0.736 0.840 0.730 0.977 0.986 0.991 0.964 0.910 0.927 0.‘)45 0.895 0.839 0.847 0.896 0.814 0.769 0.768 0.858 0.742 0.698 0.699 0.762 0.716 0.628 0.622 0.707 0.619
google_embeddinggemna_300m  0.667 0565 0.199 0/647 0564 0.490 0747 0580 0678 0616 0.806 0650 0.580 0548 0.136 0616 0963 0.949 0966 040 010 0906 0939 001 0.740 0634 0.835 0707 0657 0613 0176 0637 0103 0.676 0306 0639 0630 0557 0.71 0598
ibm_granite_embed_107m_multiL. 0.583 0.668 0.671 0.625 0.604 0.710 0.682 0.655 0.713 0.688 0.677 0.652 0.692 0.732 0.697 0.950 0.944 0.939 0.943 0.853 0.894 0.867 4 0.662 0.715 0.683 0.605 0.654 0.713 0.658 0.568 0.611 0.647 0.659 0.554 0. 0.704 0.646
ibm_granite_embed_278m_multiL 01667 0609 0689 0620 0660 0719 04RA 0.700 0757 0733 0737 0692 0924 0785 0.769 0950 0963 0943 0931 (856 0044 0485 ORED 0647 0685 0703 01677 D10 0,609 OG5> 0.635 0638 0995 01692 D638 0.396 0651 0703 0640
Jjina_embeddings_v3 0.653 0.821 0.671 0.637 0.545 0.807 0.601 0.849 0.796 0.887 0.823 0.779 0.745 0.858 0.751 0.975 0.981 0.978 0.961 0.905 0.894 0.937 0.865 0.657 0.583 0.806 0.551 0.613 0.587 0.788 0.550 0.614 0.519 0.751 0.536 0.613 0.560 0.783 0.586
jina_embeddings v 0491 0620 0.533 0481 0475 0613 0577 0.548 0319 0.658 0554 0487 0460 0613 0.574 0944 0962 0910 0.898 0353 Q.91 0844 0142 0676 0.729 0.636 D633 0.666 0692 0682 0591 0569 0.690 D35 0.523 0322 0646 080
Jina_embeddings_v5. !ex{ nall Uﬁﬂﬁ 661 0.578 0.501 0.641 0.571 0.560 0.546 0.659 0.611 0.492 0.460 0.623 0.550 0.946 0.935 0.946 0.910 0.881 0.877 0.891 0.865 0.754 0. 0653 0677 0720 0.646 0.612 0.593 0.643 0.659 0.518 0.493 0.596 0.565
mulilingual 1 0956 0512 035 0321 0336 D385 0332 0008 06l 0999 01904 0483 0843 D930 0477 0958 0040 0964 0093 0531 0512 D540 056 0907 0:36 0543 0474 516 0:336 0856 0820 0533 082 0341 0350 0900 0790
rze 0470 025 0901 016 0863 0932 D3GR 0924 OR9% 0993 0907 0956 01903 0957 004 0975 0993 0987 0961 0,938 0962 0968 015 095 0931 0950 01507 OAK DA o4t OA74 0905 0903 0,995 0907 0869 0871 0903 0430
large_instruct 0.880 0.943 0.895 0.884 0.874 0.916 0.904 0.928 0.935 0.957 0.904 0.933 0.900 0.949 0.916 0.986 0.977 0.986 0.973 0.960 0.956 0.970 0.937 0.934 0.940 0.968 0.925 0.926 0.924 0.957 0.925 0.911 0.894 0.944 0.889 0.874 0.880 0.907 0.871
nomic_embed_text_v2_moe 0801 0.781 0.772 0.705 0.733 0.744 0766 0.833 0856 0844 0823 0774 0.806 0.807 0.802 0.940 0.972 0.919 0.940 0.891 0.906 0.904 0.907 0.773 0.801 0.747 0.737 0.707 0.713 0.726 0.673 0.756 0.792 0.769 0.749 0.637 0.713 0723 0.715
paraphrase_multiL. )5 0.551 0.708 0.560 0.549 0.475 0.679 0.556 0.618 0.611 0.731 0.599 0.541 0.507 0.697 0.595 0.969 0.963 0.968 0.943 0.930 0.935 0.924 0.862 0.605 0.569 0.729 0.539 0.583 0.566 0.713 0.544 0.620 0.565 0.706 0.545 0.586 0.557 0.679 0.586
Sentence_transformers_LaBSE 0,949 0,961 0.943 0,945 0.979 0,958 0,934 0.973 0.968 0973 0982 0943 0959 0969 0940 0973 0.977 0.975 0.979 0.943 0.962 0.949 0.916 0.965 0.977 0.977 0.979 0.948 0.956 0.966 0.943 0.952 0.958 0.962 0.961 0.910 0924 0.951 0922
hne_Deva hye_Armn ibo_Latn _Latn jav_Latn
ALEE-F200/BQ275 TACC 200 BQ275 F200 BQ275 200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gtc_mulilingual_base 0847 0819 0,884 0.799 073 0.889 0804 0.832 0874 0801 0.898 023 0:843 063 0568 0808 0800 0,755 0321 0.799 0772 0812 0839 0169 0.150 0759 0.704 0743 0.132 077 0806 0.769 020 0.19 0848 0502 0811 0845 0.891 0787
BAAI_bge. 0.932 0.940 0.946 0.934 0.936 0.930 0.916 0.883 0.955 0.935 0.970 0.919 0.951 0.935 0.951 0.913 0.853 0.819 0.916 0.835 0.760 0.780 0.859 0.802 0.833 0.866 0.921 0.838 0.750 0.765 0.877 0.769 0.948 0.921 0.977 0.925 0.896 0.930 0.937 0.895
Qwen Ermbedding 0,68 0711 0767 0.135 0707 0147 0157 0768 0.676 0692 0.685 0713 0674 0.653 0739 0.103 0653 0.5 0.565 0595 0.581 0366 0.566 0620 0580 0,624 0653 0.692 038 0.609 06%2 0661 0631 0649 0.69 0728 0674 0680 0133 0.707 073
Qwen3_Embedding_4B 0.866 0.815 0.892 0.793 0.846 0.821 0.888 0.706 0.874 0.833 0.894 0.811 0.843 0.836 0.904 0.790 0.564 0.5¢ 8 0.563 0.518 0.507 0.632 0.577 0. 6 0.783 0.728 0.623 0.686 0.779 0.631 0.804 0.838 809 0.804 0.858 0.748
Quen3_Embed 0359 0380 0027 0423 0846 0:368 0302 0773 078 0907 0943 0901 0901 0354 0993 04D 0474 0681 0365 0701 0356 0804 0909 0428 (820 0847 D496 OAL4 020 0939 0543 0754 0895 0517 0950 0K9% 071 0880 0904 0453
google_embeddinggemma_300m 0.913 0.894 0.959 0.850 0.896 0.900 0.927 0.784 0.829 0.778 0.853 0.763 0.749 0.727 0.815 0.736 0.659 0.639 0.778 0.650 0.581 0.563 0.738 0.616 0.733 0.741 0.830 0.722 0.682 0.657 0.770 0.682 0.814 0.838 0.898 0.781 0.799 0.804 0.861 0.733
ibm_granite_embed_107m_multiL. ~ 0.793 0.829 0.799 0.760 0.749 0.798 0.804 0.733 0.835 0.861 0.853 0.823 0.824 0.827 0833 0.763 0.508 0342 0471 0638 0558 0.598 0.549 0.625 0.645 0.662 0.697 0.704 0.586 0.636 0.706 0.646 0.669 0.685 0.708 0.719 0.698 0.739 0.759 0.736
ibm_granite_embed_278m_multi.  0.781 0.792 0.817 0.766 0.802 0.818 0.819 0.760 0.893 0.884 0.898 0.871 0.869 0.897 0.894 0.862 0.504 0.523 0.434 0.581 0.531 . X 0.643 0.694 0.708 0.704 0.625 0.677 0.710 0.646 0.700 0.727 0.746 0.734 0.737 0.751 0.770 0.769
0847 0838 0892 0754 0814 0.809 0851 0.712 0919 0917 0950 0874 0875 0386 0906 0329 0467 0426 0552 0.336 0496 0s 0.657 0.625 0.776 0.605 0.615 0.572 0753 0.368 0800 0736 0855 0716 0729 0.707 0846 0.676
s XL 855 0.870 0.901 0.802 0.844 0.839 0.874 0.739 0.742 0.769 0.765 0.719 0.704 0.683 0.704 0.703 0.558 0.514 0.656 0.593 0.486 0.674 0.634 0.737 0.689 0.546 0.581 0.656 0.661 0.773 0.769 0.849 0.778 0.740 0.789 0.789 0.763
fnaembeddings »5 XUl ORGR 036 0883 0802 0861 0K42 0801 0769 0.491 0424 0487 0402 0.A07 0836 0579 0751 0393 01603 0643 0.603 0480 0490 (1630 003 0,613 0745 0726 0907 0576 0042 0458 0,673 0758 0796 0833 0787 0719 0760 0.300 0713
multilingual_e5_t 0.942 0.917 0.957 0.883 0.926 0.897 0.942 0.850 0.942 0.903 0.964 0.913 0.899 0.883 0.924 0.820 0.882 0.843 0.923 0.835 0.834 0.815 0.873 0.823 0.888 0.852 0.946 0.871 0.806 0.824 0.900 0.826 0.926 0.926 0.962 0.916 0.906 0.915 0.934 0.868
0.936 0.931 0.955 0.907 0.945 0.944 0.958 0.871 0.946 0917 0.973 0.907 0920 0915 0946 0868 0.890 0838 0937 0.865 0841 0.848 0.928 0.832 0.915 0.931 0.925 0.907 0.817 0.868 0.927 0.838 0.948 0.935 0.968 0.925 0.931 0930 0.951 0919
0,942 0.917 0,957 0.934 0,953 0.962 0.958 0.895 0.955 0,907 0.975 0.922 0968 0.944 0964 0904 0903 0880 0934 0871 0.874 0.894 0.930 0.844 0.897 0.921 0.939 0.880 0.858 0.856 0.922 0.853 0.932 0.935 0,977 0.928 0.951 0,962 0.949 0.937
o b vZ moe 0864 0854 0849 0820 0.827 0.850 0836 0.715 0919 0926 0901 0674 0.899 DIU3 0.880 0853 0663 Q08 0613 0.680 0570 0642 0595 0688 0746 0178 0.710 0763 0.628 0733 0117 0703 0847 0.870 0839 0.193 0767 015 0815 0106
paraphrase_multiL_mpnet_base 37 0.824 0.891 0.749 0.841 0.821 0.859 0.721 0.915 0.856 0.905 0.820 0.911 0.900 0.910 0.841 0.574 0.537 0.609 0.521 0564 0.563 0.646 0571 0.647 0.620 0771 0.560 0.588 0.636 0.734 0.628 0.769 0.787 0.846 0.743 0.710 0.739 0.828 0.694
sentence_t lral\\fonncn LBB‘ 0955 0.954 0.964 0.943 0.938 0.941 0.961 09” 0.969 0.981 0.970 0.961 0.940 0.968 0.960 0.925 0.940 092I 0.966 0.940 0.896 091R 0.948 0.937 0.789 0.856 0.866 0.859 0.749 0.842 0.827 0.835 0.969 0.972 0.980 0.976 0.950 0.962 0.972 0.961
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kac_Latn Kam_Latn kat_Geor kaz_Cyrl kea_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba \u.Lg:c multilingual_base 0716 0700 0739 0759 0754 0742 0676 0812 0148 0.729 0736 DSI0 0739 D51 D38 0475 0620 0.826 0877 0873 0778 0870 0.833 DATL 0841 DSI6 071 D70 D817 0833 0796 0844 0808 0.772 0821 0842 0769

0729 0.690 0.765
0.

BAAI_bge. 702 0.694 0.796 0.698 0.653 0. 90,658 0.779 0.824 0.846 0781 0.734 0.704 0.819 0.775 0961 0.934 0938 0.930 0.937 0.880 0.948 0.958 0.968 0931 0.938 0.912 0.924 0.904 0.895 0.931 0953 0.901 0.838 0.830 0.903 0.802
Quend. Ernbedding 0,68 0281 0937 0613 0965 0561 0,601 0402 0,610 0395 0608 0,631 0496 0951 0434 015 0390 0620 0685 O4KE 0,626 0438 0,609 0689 0628 0681 0745 0798 4GS 0.8 0713 0706 0,623 0659 0739 074D 098 0660 0742 0701 04K
Qwend_Embedding 4B 0583 0332 0683 0617 0.578 0.534 061 0574 0.628 0.625 0630 061 0.539 0.522 0643 0368 0.331 0810 076 078 0.796 0.771 0852 0157 0.845 0866 0885 0799 0817 0801 0873 0748 0.783 0624 0849 0766 0.742 0698 0783 0652
Qwen3_Embeddin 0655 0.606 0.694 0.629 0.603 0.554 0.659 0.643 0705 0.685 0.769 0.686 0.620 0.545 0.710 0.610 9 0.944 0.853 0.866 0.853 0.903 0. 7 0.864 0.883 0.903 0.820 0.870 0.884 0.930 0.850 0.776 0.783 0.851 0.745
google_embeddinggemma_300m 0651 0.657 0.780 0.635 0.630 0.563 0.752 0.613 0.690 0653 0.810 0.659 0.605 0.537 0.753 0.580 0347 0333 0858 0817 0795 0.806 0361 0109 0756 075 0873 0769 0710 06K 0810 0706 0802 0824 0901 0793 0747 0.698 0334 0651
ibm_granite_embed_107m_muliL.  0.541 0.551 0.625 0.599 0.586 0.587 0.700 0.637 0.539 0.528 0.557 0.608 0.536 0.589 0.598 0.595 0818 0838 0.853 0.829 0.797 0.850 0.858 0.757 0.783 0.810 0.819 0.832 0.740 0.774 0.816 0.748 0.781 0.833 0.841 0.805 0.745 0.768 0.807 0.757
ibm_granite_embed_278m_multiL  0.566 0486 0.608 0.581 0.613 0.604 0.688 0.634 0548 0.528 0.573 0.629 0.551 0578 0.572 0.607 0.870 0.875 0.884 0.841 0.864 0.889 0.897 0.835 0.831 0.847 0.878 0.853 0.811 0.830 0.868 0.757 0.818 0.843 0858 0.826 0.789 0.809 0.843 0.784
0572 0528 0.704 0.509 0.611 0.543 0.749 0.547 0514 0.505 0.665 0.539 0.536 0.516 0.655 0.553 0.897 0.880 0.927 0.880 0.873 0.853 0.904 0.859 0.915 0.912 0.944 0.871 0.864 0.842 0.898 0.826 0.785 0.736 0.887 0.751 0.677 0.645 0.809 0.628
0539 0509 0.622 0.590 0.501 0.469 0.605 0619 0.581 0532 0.751 0.587 0.526 0.452 0.680 0.559 0.777 0.745 0.839 0.772 0.762 0.727 0.801 0.739 0.833 0.782 0.866 0.790 0.725 0.713 0.768 0.751 0.754 0.727 0.828 0.763 0.658 0.648 0.695 0.682
0325 0314 0491 0396 0466 0501 0525 0559 0.599 0,602 0.731 0611 0.356 0460 0725 0362 0839 0.792 0850 0.778 0816 0830 0.8%9 0.763 78 0833 0889 0802 0786 0.195 0801 0.739 0781 0.796 0.806 0.743 0,678 0701 0689 0685
0791 0755 0.855 0.716 0.702 0. 763 0.764 0.796 0.801 0.781 0.734 0.742 0.801 0.790 0.928 0.866 0953 0.8° 3 0850 0.925 0.826 0.932 0.898 0.955 0.913 0.898 0.880 0.925 0.856 0.911 0.833 0.950 0.859 0.844 0.792 0.909 0.82
s g 0736 0736 0821 0731 0478 0797 0310 0797 0743 0723 0823 0775 0771 0777 0846 0798 0950 0.907 0959 D9% D06 OR1 0930 085 (.942 0938 D961 0923 0513 0937 0040 (1489 0952 D517 044 089 0AKE 0854 0933 0 8es
multilingual_e5_large_instruct 0818 0792 0.894 0.760 0.819 0.748 0.868 0.778 0.802 0.792 0.889 0.778 0.814 0.792 0.886 0.826 0.938 0.926 0.953 0.910 0.941 0.938 0.966 0.904 0.940 0.935 0.961 0.919 0.945 0.959 0.952 0.916 0.921 0.926 0.971 0.928 0.901 0.897
nomic_embed_text_v2. 0.690 0671 0.604 0.686 0.611 0.677 0.628 0.658 0.667 0.690 0.633 0.683 0.610 0.625 0.589 0.691 0.899 0.931 0.891 0.883 0.884 0.906 0.912 0.847 0.882 0,949 0.880 0.856 0.853 0.853 0.849 0.844 0.787 0.870 0.810 0.781 0.720 0.777
paraphrase_mul p 0.556 0542 0.656 0.530 0.571 0.528 0.695 0.568 0.589 0.560 0.651 0.545 0.541 0.545 0.682 0.547 0.884 0.866 0.903 0.817 0.881 0.883 0.904 0.808 0.882 0.861 0.914 0.859 0812 0.821 0.851 0.736 0.744 0.759 0821 0713 0.680 0.651 0.
sentence_transformers_LaBSE 0.709 0.741 0.685 0.743 0714 0.754 0.682 0.736 0.733 0801 0.780 0781 0.722 0.783 0.764 0.811 0.944 0.963 0957 0.949 0.940 0.956 0.969 0.928 0.948 0972 0.957 0.943 0.938 0.959 0.963 0.937 0.874 0.921 0.900 0.910 0.844
Khk_Cyrl Kkhm_Khmr Kin_Latn Kir_Cyrl Kkmb_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.853 0.829 0.855 0.826 0.777 0.830 0.859 0.784 0.876 0.856 0.891 0.847 0.861 0.853 0.898 0.829 0.798 0.745 0.794 0.787 0757 0.792 0.822 0,754 0.835 0.833 0.853 0.814 0.789 0.845 0.857 0.829 0.754 0.713 0812 0.722 0.735 0.771 0.806 0.754
BAALbgem3 0942 0949 0948 0922 0896 D871 0.52) 0877 048 0940 0.966 0925 0935 0.947 D945 0386 0868 0884 0925 0.847 0762 0763 0.868 0.820 0935 0917 0957 0922 0918 0851 0931 0889 0.771 0806 0878 0781 0771 0768 0825 0T72
Qwen3_Embedding 0.6 0.552 0.616 0609 0.602 0549 0.578 0578 0.568 0.651 0.657 0.704 0635 0.670 0689 0.717 556 0.537 0.618 0590 0.548 0510 0.604 0.586 0.574 0.620 0.624 .54 0.630 0.623 0.631 0572 0.532 0629 0.590 0.647 0.701 0.719 0.634
Qwen3_| Embeddmym 0741 0315 0506 0937 0347 0.760 0788 0791 0802 0810 0866 0781 0789 0968 0.454 0607 0389 0956 0699 (1014 0536 0313 D468 0380 0I5k 095 0821 0307 0:697 0930 D82 D682 0593 0965 0913 Cend 072 01643 0753 0.can
Qwen3_Embedding 55 0.884 0.907 0.814 0.827 0.801 0.868 0.760 0.909 0.898 0.923 0.874 0.849 0.845 0.900 0.814 0.684 0.67 0.776 0.719 0.603 0.613 0.714 0.643 0.874 0.870 0912 0.838 0.804 0.821 0.862 0.748 0.674 0653 0.778 0.701 0.693 0.677 0.764 0.676
oogle_ emb:ddmggcmmn 300m 0694 0662 0.808 0.620 0.623 0.560 0.750 0.610 0.835 0.787 0.900 0.769 0.822 0.809 0.874 0.772 0.667 0.653 0.783 0.662 0.554 0.548 0712 0.625 0.748 0.759 0.864 0.740 0707 0.639 0.827 0.673 0.671 0.634 0.796 0.647 0.695 0.657 0.806 0.676
ibm_granite_embed_107m_muliL 0742 0.736 0.792 0.749 0.727 0.760 0.807 0.712 0.795 0819 0.842 0.775 0.781 0.839 0.857 0.751 0496 0.556 0.495 0.602 0.489 0.534 0.538 0.622 0.709 0.718 0.774 0.707 0.680 0.739 0.801 0.754 0.543 0.551 0.586 0.599 0.631 0.704 0.707 0.655
ibm_granite_embed 278m_muliL. 0839 0.796 0.821 0.799 0.781 0.856 0.846 0.772 0.839 0.870 0.862 0.802 0.878 0.877 0901 0.808 0.537 0.523 0.505 0.587 0.499 0.566 0.543 0.580 0.783 0.792 0.817 0.769 0.779 0.818 0.867 0.796 0.552 0.542 0.597 0.632 0.640 0.748 0.704 0.685
jina_embeddings_v3 $70 0.907 0894 0832 0701 0.789 0857 0784 0895 0.903 0918 0844 0854 0:839 0910 0750 0304 0407 0695 0533 0.336 0510 0682 0317 072 0843 0914 0344 031 0792 0892 0302 0312 0463 0695 0912 01668 0642 0510 038
0657 0630 0.706 0.602 0.600 0.630 0.683 0.667 0.532 0676 0554 0. 8 0.629 0.598 0.587 0.514 0.738 0.584 0501 0.455 0.689 0.625 0.702 0.704 0.772 0.695 0.626 0.645 0.712 0.733 0.568 0.546 0.742 0593 0.610 0.613 0.735 0.685
0731 0755 0810 0662 0663 0,680 0747 0676 0779 073 0814 0713 0.700 0730 0830 0894 0612 0374 0737 D17 097 0.403 0653 0574 0783 0758 0:430 0766 0,695 0695 0775 (604 0526 0336 0754 0387 0611 0607 0733 0670
0917 0861 0959 0.880 0.856 0.842 0.904 0817 0917 0.856 0.932 0.868 0.886 0.859 0.928 0.823 0.899 0.866 0.912 0.856 0.826 0.827 0.891 0.823 0.907 0.866 0.939 0.880 0.881 0.850 0.924 0.844 0.775 0.727 0.819 0.754 0.772 0.774 0.813 0.775
0917 0.903 0955 0.892 0.903 0.889 0.946 0.871 0.903 0.861 0.950 0.850 0.928 0.883 0.945 0.877 0.909 0.912 0,945 0.892 0.869 0.889 0.925 0.868 0.930 0.880 0.952 0.895 0.911 0.874 0951 0.877 0.764 0.759 0.853 0.751 0.791 0.795 0.828 0.820
0930 0921 0953 0.886 0.945 0.924 0.958 0.904 0.928 0.898 0.943 0.907 0.911 0.900 0.955 0.880 0.899 0.894 0.946 0.895 0.871 0.862 0.931 0.889 0.924 0.912 0.966 0.901 0.926 0.918 0.949 0.925 0.814 0.810 0.909 0.766 0.838 0.812 0.889 0.838
0364 0907 0864 0808 0420 0865 0873 0817 0.884 0912 0.875 0850 0883 0.859 0854 0859 0653 D671 0647 0636 0.543 0616 0.590 0691 D51 003 0858 0856 0827 0862 0868 0856 0645 0676 01640 0,683 0.707 0718 0755 0706
0905 0.875 0907 0.817 0.844 0.865 0.876 0.796 0.880 0.875 0.891 0.820 0.856 0.853 0.876 0.820 0.566 0.523 0.627 0.470 0.556 0.566 0.662 0.541 0.839 0.782 0.894 0.769 0.791 0.777 0.848 0.772 0.583 0.523 0.620 0479 0.638 0.663 0.762 0.595
0.963 0.958 0.966 0.955 0.915 0.965 0.946 0.913 0.952 0.958 0.952 0.99 0.946 0.950 0.957 0919 0.963 0.972 0.973 0.964 0.901 0.927 0.943 0.925 0.944 0.935 0.962 0.943 0.925 0.962 0.957 0.934 0.729 0.750 0.797 0.784 0.807 0.818 0.818 0.820
kmr_Latn kne_Arab lao_Laoo lij_Latn lim_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.781 0.741 0.826 0.811 0.747 0.760 0.827 0.760 0.676 0.667 0.726 0.659 0.615 0.622 0.764 0.652 0.853 0.796 0.850 0.832 0.826 0.833 0.865 0.793 0.833 0.824 0.858 0.817 0.799 0.824 0.862 0.787 0.812 0.773 0.823 0.784 0.781 0.859 0.834 0.742
BAAI_bge_m3 0938 0903 0939 0901 0899 0891 0904 0838 0.614 0.579 0,692 0.569 0.973 0.557 0644 0634 0952 0954 0968 0892 0921 0903 0933 0886 001 0944 0952 0904 0820 0833 0903 0787 0.5 0880 0925 074 0814 0833 0897 0763
mbe 0525 0597 0.609 0.605 0.571 0.528 0.586 0.598 0.490 0.468 0.586 0.500 0.496 0.499 0.575 0.538 0.591 0.574 0.658 0.620 0.558 0.557 0.593 0577 0.733 0.782 0.789 0.680 0.660 0.751 0.712 0.649 0.725 0.718 0.760 0.710 0.693 0.730 0.719 0.679
Embedding 0563 0708 0963 0698 0398 01601 0725 0395 0937 0.495 0631 0318 0491 0446 0:607 0314 OAID 0378 0857 0,766 0757 0771 01> 0488 0811 0361 D71 OR0R 0771 0736 0454 (.676 0420 D:4%2 OAK0 OA1S 0954 0769 (439 0649
_Embedding 8B 0806 0.792 0.876 0.769 0.673 0.672 0.792 0.664 0.576 0.588 0.622 0.596 0.499 0.499 0.589 0.541 0.901 0.894 0.918 0.868 0.868 0.859 0.877 0.832 0.888 0.894 0.921 0.871 0817 0.833 0.873 0.763 0.880 0.907 0.935 0.877 0.822 0.815 0.867 0.787
google_embeddinggemma_300m 0663 0.644 0819 0.698 0.603 0.560 0.782 0.589 0.560 0523 0.760 0.509 0.564 0.513 0749 0.559 0814 0.722 0.891 0.790 0.745 0.721 0.819 0.697 0.833 0.819 0.884 0.811 0.737 0.757 0.834 0.703 0.808 0.829 0.882 0.793 0.747 0751 0.842 0.733
ibm_granite_embed_107m_multiL. 0634 0.681 0.708 0.683 0.591 0.677 0.713 0.682 0452 0440 0514 0.515 0.516 0.607 0.583 0589 0.789 0.769 0.835 0.763 0.771 0804 0.779 0.706 0.738 0.852 0.763 0.775 0.685 0.762 0.758 0.736 0.725 0.745 0.688 0.769 0.668 0.771 0.668 0.712
|bm granite_embed_278m_muliL  0.657 0741 0.729 0.740 0.652 0.710 0.755 0.721 0469 0.458 0518 0.506 0.549 0.601 0.580 0577 0.849 0.843 0.864 0.838 0.841 0.862 0.873 0.817 0.775 0.843 0.803 0817 0.720 0.771 0.756 0.745 0.738 0.741 0.733 0.775 0.678 0.768 0.717 0.754
a_embeddings_v3 0831 0773 0.878 0.787 0.754 0.751 0.842 0715 0543 0417 0.674 0.458 0.546 0.543 0.670 0.532 0.886 0.843 0,903 0.829 0.832 0821 0.891 0.793 0.810 0.801 0.851 0.79 0705 0.716 0.833 0.637 0.752 0.755 0.871 0.751 0.673 0.686 0.830 0.619
Jin-embeddingovs_texinano 0,589 0528 0,697 0572 0.497 0531 0.658 0580 0455 0440 0616 0.494 0417 0425 0564 0.502 0.566 0509 0,604 0563 0487 0469 0.644 0556 0167 0.801 0839 0.775 0719 0.724 0776 0133 0.771 0745 0.835 0T81 0,668 0713 0.150 0.736
Jina_embeddings vS_text_small  0.593 0.620 0,652 0.617 0.496 0.522 0.605 0.592 0.500 0454 0638 0.509 0451 0457 0,611 0.514 0.707 0.657 0.814 0.701 0,648 0.604 0.756 0.625 0.800 0866 0819 0811 0.690 0.736 0.771 0.676 0.785 0.792 0.823 0.790 0.697 0.716 0.770 0.700
0.886 0.838 0923 0.853 0.841 0.824 0.898 0.790 0.599 0.574 0.647 0617 0.556 0616 0.652 0.667 0.907 0.861 0.948 0.871 0.843 0.812 0.897 0.799 0.884 0.861 0.943 0.892 0.841 0.833 0.906 0.814 0.868 0.889 0909 0.844 0.772 0.824 0.837 0.763
| 0911 0875 0930 0.901 0.883 0.889 0.921 0.853 0583 0597 0.651 0.614 0.578 0.630 0.656 0.688 0.928 0.847 0,941 0.883 0.884 0.877 0912 0.829 0.928 0,935 0.968 0.901 0.848 0.880 0.927 0.826 0.868 0.898 0.918 0.880 0.801 0.827 0.871 0.772
Jarge Instruct 0.880 0.884 0,944 0.901 0.884 0.886 0918 0.871 0.671 0620 0.794 0.641 0.714 0692 0.809 0.742 0.924 0.880 0.946 0.892 0908 0.894 0.933 0.913 0.934 0954 0.970 0940 0.896 0.906 0.948 0.877 0.890 0.907 0961 0.850 0.881 0.865 0.922 0.823
nomic_embed_text_v2_moe 0800 0861 0.814 0.793 0.739 0.783 0.791 0.745 0.645 0.662 0.584 0.623 0.618 0.654, 06I6 0616 0.895 0907 0.884 0.871 0.839 0.848 0.877 0.850 0.816 0.875 0.801 0.796 0.739 0.768 0.764 0.727 0.845 0.843 0.842 0.862 0.719 0.821 0.749 0718
paraphrase_multiL. 0791 0.792 0.819 0.746 0.735 0.762 0.804 0.724 0510 0.472 0.616 0.482 0.504 0.478 0. 8 0.890 0.861 0.894 0.826 0.816 0.801 0.865 0.775 0.748 0.759 0.796 0.731 0.628 0.683 0.777 0.652 0.779 0.736 0.839 0.766 0.650 0.689 0.783 0.652
sentence_transformers_LaBSE 0535 0972 0964 0967 0536 01999 0952 0540 0410 0604 0873 046 0.704 078D 0644 0351 0059 0935 0958 0955 0931 009 037 0929 (1495 0949 D933 D46 OAE8 0830 0497 (.471 0917 092 0934 0540 I8 0851 0915 04k
lin_Latn lug_Latn Iuo_Latn mai_Deva min_Arab
ALEE-F200/BQ275 TACC 200 BQ275 F200 BQ275 F200 BQ275 F200 BQ27S 200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibabn NLP_gte_multlingual_base 0.777 0.727 0.194 0.769 0.747 0739 0834 0759 0775 0108 0790 0.140 0732 0.154 0,833 0769 0767 0741 0772 0760 0764 0777 0849 0190 0.833 0.773 0819 0787 0851 0848 0864 0820 0756 (0750 0803 0751 0653 0654 0249 0670
BAALbge_m3 0.866 0856 0.923 0874 0.806 0806 0.894 0.823 0.845 0815 0.909 0.838 0.724 0.707 0,828 0.757 0.791 0.843 0876 0.784 0744 0.736 0846 0.745 0.942 0,940 0.959 0,901 0.933 0.897 0.919 0847 0.663 0.667 0.769 0.593 0.638 0.592 0.701 0.628
wen3_Embedding 0.68 0607 0574 0.685 0599 0.571 01633 0562 0571 056> 0.427 0978 0363 0,519 0616 0493 0366 0.58 01986 0602 01570 0381 0593 0973 0742 0439 0740 0719 0762 0762 0755 0670 01917 0303 0586 0309 0534 0943 0472 0938
Qwen3_| Emh:ddm&AB 0651 0616 0.733 0.647 0.578 0.534 0.720 0.538 0.601 0565 0.604 0.623 0.524 0.490 0656 0.550 0.607 0.560 0.649 0.620 0.544 0.528 0.643 0562 0.872 0.852 0.850 0.775 0.822 0.789 0.870 0.718 0.537 0.528 0.647 0.542 0.528 0.490 0.647 0.514
wen3_Embedding_SB 0.686 0708 0.776 0.713 0.598 0.587 0.691 0.616 0.694 0.667 0.781 0.716 0.636 0.644 0.710 0.680 0.608 0.543 0.667 0.601 0.907 0917 0.935 0.862 0.849 0.848 0.892 0.799 0.651 0.634 0.749 0.620 0.539 0.563 0.682 0.625
oogle gemma_300m 0711 0.667 0.849 0.689 0.650 0.581 0.795 0.610 0.690 0.662 0.799 0.647 01847 0653 0778 0629 0.608 0334 0745 0398 0936 0521 0952 0544 0589 0848 009 D511 0653 0528 0506 D360 0.398 0504 0786 0544
ibm_granite_cmbed_107m_multiL  0.585 0.546 0.656 0647 0.571 0557 0.677 0625 0.539 0.532 0.570 0.614 0.508 0.543 0.559 0.592 0.525 0.537 0.523 0.608 0.534 0.589 0.556 0.634 0.787 0.815 0.787 0.757 0.707 0792 0.737 0.697 0.510 0495 0.547 0.503 0.523 0.548 0.614 0.586
ibm_granite_embed_278m_muliL  0.581 0523 0.679 0.599 0.586 0.592 0676 0.622 0523 0.532 0.539 0.602 0.544 0581 0.561 0.610 0.525 0.574 0527 0.599 0528 0.630 0558 0.643 0.787 0833 0.771 0.749 0.749 0.792 0.776 0.709 0473 0473 osso 0488 0546 0589 0.622 0.601
jina_embeddings_v3 0.562 0491 0697 0.548 0575 0.572 0753 0.580 0519 0477 0.659 0530 0.556 0525 0.682 0559 0.527 0.477 0.649 0.524 0576 0.569 0.682 0.535 0.816 0819 0.858 0.743 0.777 0.765 0.836 0.697 0.552 0.444 0763 0.416 0586 0.551 0.764 0.529
Jina_embeddings_vS_text_nano 0622 0.546 0.774 0.623 0518 0.49 0.692 0.616 0.572 0.491 0.710 0.572 0.528 0.469 0.697 0.625 0.552 0.532 0.616 0.602 0.466 0478 0.587 0.601 0866 0.861 0889 0.757 0.831 0.833 0.828 0.805 0.527 0.431 0,658 0.530 0.472 0.434 0.638 0.565
a_embeddings »5 XCsmall 0657 0.620 0.780 0.644 0.524 0466 0.717 0.571 0.620 0.574 0.740 0.632 0511 0.446 0.691 0.568 0.521 0565 0.502 0.590 0.461 0.481 0.529 0.556 0.870 0.875 0.878 0.802 0.846 0.821 0.855 0.772 0.539 0528 0.651 0.503 0442 0.449 0.580 0.505
multilingual_e5_bas 0880 0.829 0910 0.841 0.839 0.801 0.903 0847 0.845 0.792 0.892 0.850 0.784 0.730 0843 0.799 0.806 0.806 0.855 0.805 0.760 0.745 0.843 0.745 0.948 0.921 0.950 0.886 0.911 0.845 0.909 0.826 0.614 0.625 0.708 0.641 0.580 0.595 0.688 0.670
mollinguel_eS_Jarge 0.395 0866 0941 0368 0.391 0.856 0936 0865 0.870 0.833 0927 0841 0.801 0406 0852 008 0.300 0.829 0875 0814 0.745 0.795 0849 0763 0.940 0931 0950 0889 0.923 0915 0925 088D 0.387 0620 0683 0393 0613 016 0605 0713
multilingual_e5_large_instruct 0890 0.875 0939 0.898 0.894 0.871 0.939 0.883 0.849 0.833 0.941 0,862 0.822 0.812 0.894 0.823 0.843 0.847 0,898 0.838 0.807 0.827 0.894 0.784 0.959 0.949 0.966 0.919 0.941 0935 0.936 0.886 0.692 0. 0812 0745
nomic_embed_text_v2_moe 0682 0797 0477 0707 0610 01692 0658 0.3 0663 069 0.677 0734 0.398 0622 0661 0673 0637 0731 0600 0,639 D606 0683 0598 0432 811 0931 013 0772 ORI 0833 0709 (718 0650 0,793 D653 039 0430 0466 (.67 066
paraphrase_multiL_mpnet base  0.634 0.583 0.717 0.515 0559 0595 0.717 0.565 0.607 0.486 0.656 0.503 0563 0.543 0.662 0.580 0.583 0.523 0.633 0.542 0.585 0.604 0.646 0.553 0.857 0.810 0.858 0.719 0.796 0.774 0.816 0.679 0552 0472 0.731 0.470 0.585 0.496 0.720 0.535
sentence_transformers_LaBSE 0.748 0.806 0.821 0.820 0776 0.812 0.816 0.820 0.804 0.829 0.864 0856 0.765 0.804 0.828 0.841 0.707 0.792 0.720 0.743 0.759 0.774 0.665 0.793 0.955 0.963 0.955 0.964 0.923 0918 0.909 0.904 0.667 0.713 0.638 0.674 0.697 0.718 0.679 0.736
mkd_Cyrl mit_Latn mos_Latn mri_Latn mya_Mymr
ALEE-F200/BQ275 TACC F200 BQ27S F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
AlibabaNLP. gte_mldtingual_base 0359 0854 0925 0.865 0891 0912 0.934 0.868 0752 0745 0.789 07140 0714 0751 0813 0733 0744 D685 0756 0698 0658 083 07135 0718 0775 09 0.803 0751 0717 0704 0812 0715 0343 0796 0851 0823 0307 0853 0855 0793
BAAIbge 0971 0977 0984 0.955 0.978 0.968 0.975 0.952 0.841 0.880 0.900 0.838 0.693 0.754 0.804 0.727 0.692 0.676 0.799 0.713 0.642 0.595 0.738 0.661 0.812 0.801 0.919 0.772 0.739 0.680 0.837 0.721 0.926 0.917 0.952 0.907 0.871 0.897 0.885 0.823
Quend. Exnbedding 0.68 0.810 0.847 0830 0.808 0814 0.821 0812 0.760 0.694 0759 0.733 0.626 0.630 0677 0.673 0.646 0.548 0.588 0.550 0.578 0.534 0.537 0.535 0.592 0.597 0.657 0.649 065 0.603 0.598 0.592 0.607 0.595 0.625 0.640 0.605 0.628 0.639 0.623 0.589
wer 0899 0912 0932 0.901 0.884 0.859 0.937 0.829 0.814 0.824 0.871 0.790 0.722 0.727 0821 0.652 0.589 0.565 0.679 0.602 0.551 0.543 0.664 0.562 0.688 0.667 0.780 0.719 0.640 0.645 0.746 0.652 0.785 n7x2 o8 37 0701 0.791 0.804 0.846 0.688
wei 0,965 0.944 0,970 0.943 0915 0.918 0939 0.868 0.888 0.898 0.943 0.847 0.801 0.792 0.876 0.739 0,659 0.653 0.722 0.653 0580 0.519 0.652 0.598 0.771 0.782 0.842 0.784 0.730 0.710 0.809 0.691 0.893 0.850 0.898 0.802 0.869 0.848 0.910 0.769
google_embeddinggemma_300m  0.899 0494 0923 0.823 0841 0868 007 0.790 0.787 0796 0864 0134 0685 0657 D786 0.667 0.655 0648 081 0.602 0591 0357 0753 0.598 0676 0662 D810 0650 0631 0548 0756 0586 0826 077x 0869 0.746 0.757 0.760 0.792 0.676
ibm_granite_embed_107m_multiL. 0851 0.838 0.853 0.865 0.809 0.853 0.843 0.808 0.634 0.708 0.704 0.671 0.558 0.633 0.659 0619 0.5 0461 0593 0.544 0.610 0.546 0.601 0.560 0.537 0.643 0.638 0.590 0.592 0.682 0.634 0.721 7 0707 0.688 0.762 0.747 0.685
ibm_granite_embed_278m_multiL.  0.876 0.866 0.866 0.856 0.864 0.900 0.889 0.853 0.647 0.699 0.715 0.728 0.606 0.674 0.692 0.640 0333 0342 0:456 0390 0543 0,623 0325 0,604 0360 0531 0638 0625 0398 0354 0,432 0631 0429 00 OKSK 0793 0370 0493 0328 0931
s 0957 0958 0977 0.937 0.913 0.909 0.939 0.880 0.632 0.625 0.783 0.572 0.538 0.557 0.735 0514 0521 0.458 0.600 0.518 0.543 0513 0.629 0.535 0.587 0.514 0.772 0.566 0.637 0.528 0.786 0.547 0.857 0.838 0.880 0.823 0.829 0.768 0.858 0.745
0917 0931 0930 0.898 0.859 0.836 0.895 0.808 0.692 0.694 0.765 0.677 0.575 0.619 0.680 0.646 0.552 0.491 0.634 0.572 0.472 0475 0.607 0.562 0.591 0.593 0.686 0.623 0.531 0531 0.634 0.658 0.636 0.616 0.668 0.623 0.528 0.548 0.565 0.607
0919 0912 0.948 0910 0.901 0868 0935 0841 07146 0819 0780 0.760 0640 0,648 0686 0.652 0321 0536 0.493 0381 0.425 0457 0.474 0332 0618 0.625 0636 0,692 0334 0319 0647 0.607 0755 0769 0.792 0695 0714 0739 0788 0,628
gual_e5_| 0948 0921 0966 0.925 0927 0.954 0901 0.911 0.880 0.948 0910 0.858 0.845 0919 0.841 0719 0.722 0.790 0.743 0.698 0.707 0.786 0721 0.882 0.847 0.930 0.862 0.804 0.768 0.886 0.793 0.917 0.889 0.925 0.868 0.838 0.824 0.883 0.778
multilingual_e5_large 0969 0.986 0.978 0.964 0.977 0.950 0.970 0.943 0.948 0972 0.953 0.928 0.888 0.900 0.928 0.853 0.705 0.694 0.776 0.763 0.710 0.721 0.786 0.754 0.882 0.833 0.921 0.874 0816 0.804 0910 0.826 0.919 0.917 0.946 0874 0.905 0.891 0.912 0.826
multilingual_e5_large_instruct 0,969 0.954 0,980 0.964 0973 0.977 0984 0.958 0.936 0.968 0.966 0.946 0.918 0.891 0,955 0.856 0.798 0.801 0.869 0.775 0.827 0.774 0.849 0.772 0.853 0.884 0.943 0871 0.853 0.812 0.912 0.814 0919 0.903 0961 0.871 0926 0.915 0.952 0.886
nomic_embed_text v 0919 0944 0950 0.925 0.920 0.941 0.933 0.937 0.789 0.838 0.735 0.790 0.672 0.727 0.686 0.646 0.667 0.685 0.568 0.668 0.595 0.654 0.559 0.682 0.711 0.694 0.624 0.698 0.648 0.642 0.640 0.664 0.831 0.870 0.841 0.811 0.826 0.839 0.848 0.781
paraphrase_multiL_mpnet_base 0961 0.949 0946 0.928 0.920 0.944 0.945 0.910 0.649 0597 0.776 0.557 0.573 0.551 0.728 0.586 0595 0.500 0.667 0.509 0.566 0.548 0.647 0538 0.589 0.532 0.699 0.482 0.578 0.540 0.704 0.562 0.919 0.843 0.878 0.805 0.864 0877 0.889 0.793
sentence_transformers_LaBSE 0975 0981 0968 0.973 0.960 0.977 0.978 0.949 0.973 0.991 0.986 0.994 0.948 0.974 0.988 0.952 0.661 0.745 0.656 0.716 0.707 0.786 0.650 0.769 0.944 0,935 0.968 0.943 0.918 0.938 0.946 0.934 0.961 0.963 0.961 0.943 0.903 0.953 0.909 0.877
nno_Latn npi_Deva nso_Latn nus_Latn nya_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.899 0.884 0919 0.910 0.898 0.906 0.931 0883 0.886 0.829 0.900 0.844 0.869 0.853 0.888 0.865 0.793 0.759 0.814 0.817 0.779 0.780 0.843 0811 0.738 0.699 0.789 0.754 0.675 0.698 0762 0.754 0.804 0.764 0.839 0.799 0.777 0812 0.861 0.784
0,975 0.977 0,989 0.988 0968 0.950 0972 0.925 0.952 0,958 0.975 0.931 0.946 0935 0.943 0.880 0.895 0.912 0.937 0.886 0.799 0.804 0819 0.751 0707 0.718 0761 0.748 0.888 0.870 0.937 0.844 0.797 0.792 0.892 0.811
0831 0819 0.835 0.811 0.769 0.836 0.809 0.736 0.719 0.764 0.760 0.710 0.705 0.730 0.743 0.652 0554 0.556 0.629 0.599 0.571 0575 0625 0539 0568 0.560 0.601 0.577 0.597 0.569 0.625 0.599 0.549 0.548 0.620 0.613
0917 0535 0921 0910 071 0.850 0909 0826 0.360 0.856 001 0802 0.807 0789 0886 0721 0618 0393 0722 0647 0.333 0313 077 523 0710 0.345 0513 0499 0668 0.341 0.622 0588 0715 0,671 0533 0331 0588 0535
0950 0940 0962 0.943 0. 2 0.886 0.921 0.917 0.944 0 866 0853 0915 0.793 0715 0.676 0.790 0.751 0.581 0.569 0.695 0.652 0.655 0.602 0.738 0.650 0.581 0.525 0.679 0.610 0.707 0. 5 0.710 0.635 0.607 0.738 0.655
google_embeddinggemma_300m 0915 0.907 0927 0.913 073 0363 0901 0835 0930 0903 0983 0868 0876 0874 0910 0.474 069 0448 0424 0674 013 0397 0783 0637 0634 0999 0731 0617 0346 007 0717 0330 0703 0667 0811 068 0.608 038 0765 0081
ibm_granite_embed_107m_multiL. 0783 0.819 0.832 0.817 0.740 0.792 0.794 0.784 0.804 0.792 0.851 0.769 0.812 0.815 0.857 0.760 0.579 0.569 0.649 0.623 0.548 0.566 0.695 0.658 0.537 0.523 0.597 0.584 0.536 0.578 0.670 0.619 0.550 0.546 0.593 0.626 0519 0.595 0.649 0.637
ibm_granite_embed_278m_muliL  0.839 0.847 0.878 0.835 0.809 0.824 0.825 0.751 0.843 0.875 0.876 0.835 0.879 0871 0.871 0.802 0.550 0556 0.661 0.611 0549 0.625 0.667 0.628 0.541 0.532 0.557 0578 0.548 0589 0.611 0.622 0.529 0.546 0.604 0.617 0553 0.639 0.652 0.640
jina_embeddings v3 0.944 0.940 0961 0.955 0.896 0.868 0931 0.877 0.911 0.912 0.943 0847 0.879 0.839 0.907 0814 0.576 0514 0720 0.545 0593 0.545 0.728 0.565 0.523 0477 0.633 0479 0.548 0534 0.652 0571 0506 0726 0572 0.543 0.569 0.731 0.535
jina_embeddings v5_text_nano  0.928 0.912 0937 0.928 0.876 0.868 0.880 0.850 0.864 0.847 0.903 0.790 0.806 0.786 0.848 0.823 0.601 0.532 0.699 0.617 0.504 0.493 0.659 0.604 0531 0.458 0.656 0.548 0.486 0.463 0.619 0.580 0.587 0.519 0.749 0.626 0.536 0.519 0.698 0.625
jina_embeddings v 0936 0531 0957 0934 0.394 0891 0912 0859 0.864 0.838 0910 0814 0.799 0318 0848 076D 0,632 0611 0710 0656 0499 0460 0629 0577 0.556 0.532 0579 0318 0.432 0455 0564 0556 0,640 0.597 0167 0617 0.534 0493 0737 0595
multilingual_e5_base 0948 0940 0977 0.952 0.936 0.921 0.942 0919 0942 0931 0.973 0.895 0.916 0.886 0.922 0.859 0.9] 0.812 0.877 0850 0.773 0713 0.819 0763 0.687 0.674 0.756 0.736 0.901 0877 0844 0.862 0.903 0.835
multilingual_eS_large 0571 0968 0987 0935 0965 01953 0973 0928 036 0912 0970 0853 0936 0931 0987 0904 0936 89 0950 0.893 0374 081 0637 0862 0793 0731 DA 0754 06T 004 0780 0745 0399 0366 0937 080 O 0877 01939 0886
098 0951 0989 0985 0972 0965 0984 0934 0955 0912 0.968 0.895 0938 0930 0955 0910 0915 0903 0559 0.904 0878 0886 0915 0871 0820 0752 080 0814 0704 0762 0842 0781 0913 0866 0939 0TI 0885 DD 0940 0868
0944 0,928 0922 0,884 0924 0.891 0.877 0.905 0.931 0.898 0.850 0.886 0.886 0.883 0.862 0.702 0.708 0.686 0.719 0.600 0.666 0.644 0.691 0.676 0.708 0.624 0.662 0.648 0.707 0.596 0.685 0.682 0.713 0.679 0.710 0.595 0.639 0.673 0.685
mpnet_base 0. 535 01507 0953 0993 0886 064 0912 0447 0.499 0370 049K 014 ORRS 0871 0907 (.42 0407 0319 0706 0443 043 0551 0680 0956 0.568 0415 0639 0483 0566 01989 0473 0.993 D901 0456 D.GH1 0449 01936 0909 0,698 0973
sentence_transformers_LaBSE 0,959 0.991 0971 0.967 0951 0.959 0969 0.955 0.961 0.995 0.978 0.973 0.953 0965 0.966 0.934 0.932 0.977 0.950 0.943 0.863 0.868 0.883 0.904 0.707 0.750 0.695 0.746 0.740 0.786 0.720 0.760 0.942 0.958 0.964 0.958 0.899 0.924 0.963 0.949
ory_Orya pht_Arab pit_Latn sat_Olek sen_Latn
ALEE-F200/BQ275 TACC F200 BQ27S F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.853 0.833 0.862 0.832 0.826 0.827 0.867 0.844 0.835 0.796 0.866 0.778 0.802 0.830 0.851 0.751 0.771 0.713 0.806 0.787 0.687 0.742 0.798 0.769 0.620 0.472 0.706 0488 0.621 0.554 0.704 0.634 0.775 0.759 0.797 0.796 0.725 0.801 0.792 0.739
BAAIL bge_m3 0942 0944 0957 0.937 0.931 0.915 0.931 0.883 0932 0949 0.959 0.913 0.918 0.912 0.931 0856 0913 0.903 0.959 0.907 0.836 0.865 0.894 0.844 0.446 0.449 0.568 0.452 0.576 0.566 0.676 0.568 0.911 0.921 0.944 0.901 0.817 0801 0.883 0.781
Qwen3_Embedding. osB 0.696 0.722 0.685 0.686 0.710 0.748 0752 0.679 0.645 0.634 0.685 0.605 0.618 0.698 0.673 0.622 0.583 0.569 0.627 0.599 0558 0.540 0.619 0.598 0.508 0468 0.509 0428 0.543 0525 0.567 0.514 0707 0.750 0.735 0.671 0.623 0.707 0.670 0.607
Qwen3_Embe 0866 0.819 0.887 0.805 0.856 0.862 0.892 0.787 0.764 0.778 0.799 0.701 0.727 0.683 0.804 0.652 0.616 0.620 0.701 0.647 0.531 0537 0.644 0559 0.519 0.472 0.597 0.503 0.518 0.452 0.622 0.468 0.826 0.852 0.894 0814 0.734 0.724 0.833 0.685
Quent_Embedding i 0.940 0917 0957 0.886 0.888 0.897 0925 0.841 0.868 0.843 0.892 0.796 0.779 0.795 0.855 0.724 0.709 0.694 0740 0.710 0586 0.563 0.682 0.643 0.589 0.532 0.573 0572 0.504 0.484 0.541 0.529 0.884 0.898 0939 0.856 0.811 0.833 0.897 0.763
google_embeddinggemma_300m  0.727 0.722 0.794 0.716 0.645 0.642 0737 0.640 0839 0792 0896 0.72 0.752 0.768 0.859 0.715 0.698 0.685 0.774 0.692 0.601 0.537 0.725 0.643 0.661 0.606 0.794 0.557 0.586 0.534 0.762 0.592 0843 0.773 0.894 0740 0710 0710 0.794 0.670
ibm_granite_embed_107m_muliL. 0752 0.736 0.828 0.763 0.765 0.783 0.809 0.730 0.736 0.745 0.774 0.731 0.668 0.762 0.789 0.703 0579 0.597 0552 0.614 0.573 0613 0.605 0652 0.500 0407 0.595 0.479 0.528 0.510 0.649 0.595 0.698 0.769 0.762 0.790 0.621 0716 0.720 0.709
ibm_granite_embed 278m_multiL. 0849 0.815 0.851 0.832 0.841 0.850 0.883 0817 0.773 0.773 0.781 0.763 0.697 0.795 0.789 0.721 0.659 0.630 0.606 0.674 0.600 0.683 0.638 0.667 0.475 0.444 0.577 0.518 0529 0554 0.632 0.613 0.719 0.806 0.762 0.772 0.616 0.680 0.734 0.700
jina_embeddings_v3 0.384 0866 0914 056 0:340 0.798 0858 0$17 0.865 0.889 0598 0520 0.334 0406 0885 0757 0.770 0.722 0853 0766 0643 0633 0807 0673 0483 0343 0683 0404 0,601 0481 0744 0347 0762 0773 0855 0751 01657 0634 0779 028
Jina_embeddings_v5_text_nano .84 0.787 0799 0.734 0.774 0.713 0.786 0.709 0.754 0.727 0.814 0.728 0.700 0.666 0.768 0.688 0.521 0.500 0.638 0.581 0.452 0.478 0.607 0.601 0475 0.398 0.579 0.452 0.449 0.381 0.589 0.495 0.775 0.722 0.810 0.731 0.626 0.648 0.726 0.691
jina_embeddings vS_text_small  0.878 0.861 0.894 0.775 0.873 0.842 0.901 0.790 0.762 0.792 0.824 0.689 0.698 0.710 0.806 0.688 0.556 0.579 0.573 0.605 0.469 0.455 0.602 0.583 0.562 0.435 0.668 0.455 0.506 0367 0.674 0498 0.804 0815 0.821 0.763 0.637 0.724 0.728 0.673
multingual_e5 0942 0.894 0966 0.919 0.925 0.906 0.939 0.856 0.921 0.880 0.948 0.883 0.899 0.871 0.922 0.823 0.905 0.843 0,941 0.862 0.819 0.853 0.907 0.841 0.618 0.574 0.636 0.578 0.601 0.601 0.628 0.619 0.876 0.838 0.923 0.853 0.799 0.798 0.865 0.793
large 0940 0935 0962 0.904 0,951 0.938 0.963 0.913 0921 0.903 0.943 0.850 0.891 0.874 0936 0.844 0.921 0.898 0.964 0.910 0.884 0.903 0.933 0.880 0.568 0.546 0.643 0.542 0.588 0.569 0.658 0.649 0.921 0.859 0.953 0.898 0.836 0.818 0.916 0.826
es,l(.rge 0948 0921 0966 0.934 0.948 0.950 0.961 0.919 0930 0912 0.950 0.862 0.935 0.924 0.964 0.895 0.895 0.880 0.946 0.865 0.879 0.880 0.921 0.865 0.661 0.574 0.815 0.560 0.702 0.630 0.812 0.667 0.924 0.912 0.968 0.904 0.871 0.900 0.942 0.850
0866 0.889 0.864 0.841 0.848 0.845 0.871 0847 0.884 0921 0.851 0.862 0.822 0.853 0852 0.814 0.744 0.787 0.762 0.763 0.643 0.716 0.706 0.739 0.655 0.653 0.633 0.578 0.660 0.710 0.676 0.664 0.804 0.866 0.756 0.778 0.670 0.730 0.658 0.685

paraphrase_multiL_mpnet_base
sentence_transformers_LaBS]

0839 0.743 0

0820 0.78 3
0975 0.981 0.984 0.976 0953 0.977 0.966

838 0.815 0.883 0.742 0.826 0.796 0.

0.940 0.942

842 0.740 0755 0.760 0.827 0.757

842
0963 0.941 0.961 0.923 0956 0.949 0.943

0610 0.574 0.711 0.533 0578
0.948 0.963 0.973 0.961 0923

0560 0.689
0962 0.958

0. .548 0.435 0.701 0431
0961 0.702 0.699

0.603 0.537 0.695 0.535
0.634 0.665 0.742 0.701 0.656 0.703 0.913

5 0.752

0741 0.823 0.701 0.580 0.642 0.743 0.640
0931 0.925 0.946 0.807 0.871 0.883 0.853

1454



shn_Mymr sin_Sinh sna_Latn snd_Arab som_Latn
ALEE-F200/BQ275 TACC F200 BQ27S F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ27S
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
AlibabaNLP. gte_meldlingua_base 0752 0676 0767 0725 0648 0707 0.744 0691 0355 0438 0.892 0832 0478 0450 0891 0.823 0779 0731 0814 0805 0749 0792 0.845 0781 033 0438 0.857 0.820 0832 0430 0549 0799 0814 0773 0,826 0814 0784 0815 0564 0796
BAAL bge m3_ 7 0.722 0.781 0.695 0.653 0.601 0.664 0.601 0.946 0.944 0.970 0.934 0.923 0915 0927 0.880 0.857 0.884 0.884 0.826 0.760 0.760 0.852 0.811 0.950 0.944 0.955 0934 0915 0.900 0,930 0.862 0.882 0.898 0939 0.874 0.856 0.842 0.906 0.829
Quen3 Frabedding 0.68 ossn 0551 0.633 0.584 0.492 0.475 0.553 0517 0566 0.565 0.595 0.551 0.566 0.569 0.586 0.523 0.574 0.556 0.602 0.626 0.538 0.537 0.601 0.586 0.674 0.722 0.703 0.626 0.678 0.680 0.686 0.610 0.585 0.597 0.642 0.587 0.593 0.566 0.620 0.592
DO18 0574 0738 0614 0496 0440 0644 0480 0.146 0718 0832 0.707 0,698 0672 0791 0664 0636 0351 0715 0.638 0.529 0.328 0,635 0.553 0814 0800 0862 0746 078 0.795 0854 07142 0.597 0.397 0715 0,620 0.549 0.340 0658 0562
Quer 0667 0657 0.799 0.695 0.568 0.452 0.667 0.547 0851 0.838 0.885 0.802 0.799 0.789 0.870 0.727 0.700 0.6¢ 9 0701 0.613 0.543 0.697 0.631 0.899 0.903 0914 0.844 0.861 0.848 0. 90 0.665 0.681 0.774 0.704 0.610 0569 0.717 0.670
google embeddinggemma_300m 0,660 0620 0817 0,633 0595 0.504 0765 0.326 0835 0.764 0883 0781 0.739 0783 0.834 0727 0,692 0163 0317 0668 0608 0578 0952 0640 0306 0750 0R76 0701 0194 0686 0821 0.703 0671 0,662 0408 0.638 01616 0316 0776 0622
ibm_granite_embed_107m_multiL. 0558 0.509 0.647 0.581 0.568 0.475 0.671 0.553 0831 0.801 0.851 0.793 0.806 0.818 0867 0.760 0.543 0.569 0.534 0.620 0.497 0.548 0611 0.613 0.760 0.773 0.819 0.743 0.784 0.768 0.819 0.703 0.605 0.625 0.690 0.665 0.616 0.592 0.704 0.661
.bmgmm\e embed_278m_muliL 0562 0.514 0.604 0.599 0.531 0.507 0.595 0.547 0.864 0.870 0.869 0.850 0.883 0.874 0.903 0.832 0.525 0.532 0.548 0.629 0.526 0.589 0.599 0.610 0.818 0.819 0.835 0.766 0.821 0.812 0.861 0.778 0.612 0.630 0.715 0.647 0.657 0.701 0.743 0.688
ia_embeddings_v3 0317 0468 0667 0542 0520 0457 0.697 0347 0.895 0875 0.928 0.868 0368 0.833 0857 0796 0473 0472 043 0518 0310 0522 01644 0.529 00! 0265 0896 0344 D538 0.839 0897 0799 0.622 0653 0790 0524 01633 0575 D810 0577
JnacerabeddingsvS_text 0601 0560 0754 0.623 0.526 0.434 0.704 0.517 0.688 0.560 0.747 0.623 0.576 0.5 589 0.589 0.505 0.737 0.593 449 0.682 0,628 0.787 0.782 0.837 0.710 0.717 0.713 0.780 0.700 0.574 0.505 0.685 0.578 0.496 0452 0.638 0.598
jina_embeddings_v5_text_s 0683 0397 0773 0628 0526 0384 0,686 0.520 0.775 0.159 0828 0,674 0.714 0.657 0592 0706 001 0356 0708 0.623 0486 D.td> 0674 0577 0420 0443 08 0715 0793 0777 0438 0745 0.1 0388 0647 0lend 0474 0460 0614 0341
muliilingual_e5_base 0771 0718 0833 0.737 0.642 0.639 0.768 0.694 0.926 0.903 0.964 0.901 0.898 0.903 0.940 0.838 0.862 0.819 0.935 0.871 0.844 0.809 0.907 0.814 0.928 0.889 0.955 0.904 0.884 0.868 0.906 0.802 0.888 0.850 0.923 0.844 0.849 0.818 0.907 0.820
multilingual_e5_large 0.748 0.718 0.805 0.778 0.638 0.622 0.761 0.736 0.946 0935 0.964 0.913 0935 0921 0946 0.892 0.899 0.847 0937 0886 0.861 0.871 0.931 0.832 0.917 0.912 0.952 0.874 0.915 0.865 0.940 0.820 0.886 0.843 0.912 0.874 0.864 0.865 0.924 0.859
0.800 0769 0.882 0.772 0.786 0.721 0.852 0778 0936 0912 0.957 0.904 0.953 0.938 0.964 0.931 0.888 0.870 0.925 0.877 0.864 0.891 0936 0.871 0.934 0,931 0.948 0.871 0.946 0.924 0.952 0.901 0.888 0.852 0.935 0.829 0.888 0.874 0.928 0.868
:_embed_text_v2_t 0692 0667 0.719 0.683 0.638 0.592 0.722 0.616 0.866 0.903 0.867 0.844 0.854 0.859 0.873 0.829 0.667 0.662 0.561 0.713 0.578 0.654 0.607 0.670 0.886 0.912 0.849 0.841 0.859 0.886 0.876 0.832 0.756 0.819 0.785 0.719 0.730 0.760 0.804 0.748
paraphrase_multiL_mpnet_base 0605 0.495 0.692 0.578 0491 0.496 0.616 0495 0.868 0.875 0.901 0.781 0.873 0.850 0.886 0.757 0576 0.481 0.634 0.539 0.544 0.551 0.698 0559 0.843 0.806 0.849 0.746 0811 0.792 0854 0.754 0.661 0.565 0.729 0551 0.616 0572 0.726 0.592
sentence_transformers_LaBSE 0702 0736 0.665 0.766 0.682 0.689 0.572 0.688 0.959 0.954 0.978 0.964 0.961 0.959 0.964 0.934 0.936 0.917 0,932 0.934 0.910 0.933 0952 0.934 0.965 0.981 0.977 0.979 0.936 0.956 0.964 0.913 0.950 0.944 0.968 0.964 0.923 0.959 0.958 0.952
sot_Latn ssw_Latn sun_Latn s71_Latn taq_Ting
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gte_mulilingua_buse 07158 0.736 0803 0.799 0149 0765 0825 0811 0.798 0741 0812 0793 0.776 0774 0828 0.769 0800 0810 0844 0817 0.71 0836 0816 079 0845 0829 D866 0856 07194 0824 D846 078 0.628 0.565 0711 0387 0575 0557 0689 0631
BAAL bge 0888 0894 0934 0904 0812 0809 0805 0781 0.862 0.856 0894 0.853 0799 0821 0852 0802 0924 0968 0975 0922 0853 0859 0.907 0832 0.924 0949 0044 0931 0854 0848 0892 0838 0.829 0,323 0,085 0479 0,993 0.348 080 058
Quwen3_| EmbeddmLU 6B D54 0565 020 0578 0549 0543 0564 0592 0343 0542 0.620 0578 0565 0565 0589 0.562 0669 0731 0146 D677 0.625 0674 0688 Dl 0751 0778 0789 0737 .6bs 0733 0732 01661 0165 0.303 0963 0.482 0508 0163 0,980 0302
edding 303 0397 0657 0025 0313 0531 0671 0368 01603 0346 0.706 0835 0315 0337 0476 0.396 0783 0447 0473 0820 0923 0751 0191 0604 0447 D473 0873 0362 0999 0751 0534 0715 0319 0328 0638 051 0481 0440 01033 0405
Quen ,EmbsadmLsa 0700 0.690 0.774 0.746 0.578 0.581 0.704 0.625 0.700 0,634 0.790 0.710 0628 0.601 0752 0.622 0905 0926 0935 0.889 0.836 0.830 0.879 0.802 0.911 0.935 0.935 0.922 0.824 0.821 0.892 0.775 0.607 0.542 0.683 0.590 0.533 0472 0.631 0.556
google_embeddinggemma_300m 0700 0.644 0.808 0.659 0.631 0.534 0.765 0.595 0.645 0.630 0.778 0.638 0.596 0.557 0.749 0.622 0.826 0.829 0.898 0.793 0.715 0.698 0.828 0.694 0.839 0.856 0.892 0814 0.771 0.739 0.834 0.757 0.653 0.514 0.787 0515 0.583 0.434 0.756 0.511
ibm_granite_embed_107m_multiL  0.566 0.546 0.643 0.614 0573 0.5 5 0527 0528 0.552 0.59 0.496 0.534 0.571 0595 0.636 0.685 0.719 0.722 0.628 0.666 0.722 0.694 0.663 0.713 0.720 0.757 0.637 0.680 0.741 0.682 0.483 0.444 0.59 0509 0523 0481 0.643 0.550
ibm_granit_embed 276m_muldL ~ 0.356 0500 0649 0405 0358 0.655 0.646 0.533 0,536 0557 0638 0.504 0560 0.574 0616 0676 0718 0.719 0.704 0.652 0.701 0.737 0.712 0.707 0.736 0.735 0.787 0.662 0.724 0.717 0.709 0.444 0.431 0.618 0.524 0.518 0.545 0.664 0.559
0356 0300 0771 0303 0575 0525 0761 0.544 0.475 0.454 0,618 0513 0918 0.513 0658 0520 0721 0727 0819 0.707 0,638 0,645 0.806 0046 03] 0829 0867 0820 0703 0707 0833 0.709 045 0.352 0,600 0449 0,621 0484 0780 0320
textnano 0589 0.537 0.686 0.611 0.501 0.449 0.646 0.619 0.589 0.528 0.733 0.617 0518 0.466 0.701 0.589 0.779 0.792 0.846 0.772 0.660 0.695 0.719 0.742 0.837 0.847 0. 824 0.754 0.529 0.458 0.665 0.527 0491 0381 0.667 0.492
Jina_embeddings »5 textCsmall 0523 0.583 0.582 0.614 0.447 0413 0565 0565 0.628 0.523 0.710 0.623 0.533 0449 0.734 0.559 0.791 0.838 0.849 0.799 0.677 0.713 0.738 0.664 0.857 0.870 0319 0350 0760 0395 0846 0730 0331 0483 0607 0805 0471 0395 0.706 0462
multilingual_e5_bas 0911 0884 0943 0.901 0,849 0.833 0.886 0838 0.845 0.815 0.858 0.853 0.807 0.815 0858 0.823 0928 0.898 0.946 0.892 0.846 0845 0.919 0.850 0.903 0.875 0.907 0.889 0.831 0.824 0.876 0.811 0.610 0.593 0.634 0.560 0.561 0.566 0.592 0.619
moltlingoel_es_Jarge 0915 0.884 0955 0.892 0.899 0.886 0.934 0.871 0.872 0.838 0.910 0.883 0.861 0.874 0.930 0.853 0950 0.912 0,966 0.898 0.891 0.886 0.933 0.868 0.917 0.940 0.941 0.922 0.381 0.897 0.919 0.859 0.556 0.542 0.624 0.545 0.563 0.548 0.628 0.643
multilingual_e5_large_instruct 0895 0.889 0.946 0.901 0.879 0.883 0.930 0871 0.853 0.861 0.925 0.859 0.881 0.889 0930 0.886 0.930 0.921 0.953 0.913 0.918 0.918 0.940 0.886 0.944 0,958 0.975 0.955 0.923 0.909 0.952 0.913 0.638 0.602 0.763 0.545 0.675 0.619 0.777 0.637
nomic_embed_ _moc. 0090 0745 0694 0695 016 0663 0649 0.667 0.696 0.699 0,676 0704 0,036 0695 0688 0673 0818 0847 0839 0814 0719 0.792 0792 0,811 0.853 089K 0820 0868 0750 0798 0812 0.142 0.657 0,681 0,035 0,581 0,663 0683 0683 061
paraphrase_multiL_mpnet_base 607 0.542 0.724 0.530 0578 0554 0.704 0.562 0.566 0.560 0.627 0.521 0539 0572 0.671 0.565 0.789 0.787 0.851 0.725 0.657 0.663 0.765 0.655 0.793 0.819 0.844 0.754 0.697 0.686 0.812 0.694 0.562 0491 0.708 0.455 0.588 0.504 0.679 0.514
sentence_transformers_LaBSE 0540 0563 098 0561 0218 01934 0967 0518 0364 0907 0512 0534 0.369 0394 0.495 0331 0957 0963 0975 0961 093 093 D61 0035 0924 0954 0541 0943 0439 04K 09% 0383 044 0676 0525 0630 0497 0066 0628 0061
taq_Latn tat_Cyrl tgk_Cyrl tgl Latn tir_Ethi
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.758 0.704 0.765 0.737 0.603 0.575 0.662 0.637 0.808 0.815 0.830 0.799 0.737 0.812 0.824 0.781 0.779 0.764 0.823 0.781 0.767 0.809 0.845 0.751 0.870 0.824 0.891 0.859 0.856 0.871 0.910 0.847 0.793 0.750 0.805 0.766 0.724 0.771 0.815 0.772
BAAIL bge_m3 0729 0.685 0.778 0.689 0.605 0.595 0.755 0.622 0.888 0931 0.948 0.889 0.849 0.877 0.904 0.838 0.895 0.880 0.935 0.865 0.831 0.801 0.865 0.817 0.942 0.949 0.975 0.946 0.926 0.944 0.967 0.922 0.853 0.838 0.869 0.787 0.797 0.815 0.864 0.754
Qwen3_Embedding 0.6B 0.562 0565 0.627 0.593 0.524 0.504 0.607 0.583 0.626 0.681 0.667 0.668 0.585 0.625 0.616 0.562 0.527 0.523 0.611 0.587 0.494 0.548 0.608 0.553 0.674 0.690 0.719 0.695 0.730 0.777 0.737 0.739 0.492 0.523 0.545 0.530 0.533 0.610 0.528 0.562
Qwen3_Embedding 4B 0610 0602 0.706 0.611 0.494 0.455 0.626 0.535 0.754 0.787 0.823 0.740 0.730 0.721 0843 0.676 0.756 0.708 0.806 0.740 0.697 0.701 0.815 0.682 0.890 0.894 0.916 0.883 0.883 0.859 0.918 0.790 0.552 0.593 0.663 0.557 0543 0519 0.650 0.538
Qwen3_Embedding 8B 0.653 0653 0.780 0.659 0.533 0.481 0.634 0.586 0.868 0.875 0.921 0.865 0.811 0.806 0.885 0.763 0.880 0.847 0.919 0.826 0.819 0.798 0.868 0.775 0.961 0.963 0.973 0.928 0.935 0.935 0.948 0.907 0.649 0.662 0.763 0.668 0.601 0.616 0.737 0.625
google_embeddinggemma_300m  0.671 0.630 0.808 0.638 0.566 0.510 0.735 0577 0.729 0.741 0.857 0.722 0.675 0.660 0.798 0.646 0.690 0.699 0.810 0.686 0.631 0.587 0.7 2 0823 0433 0909 014 0844 0845 D295 0811 0630 0457 0147 6l 611 0534 0756 0592
ibm_granite_embed_107m_multil.  0.574 0.602 0.616 0632 0.492 0534 0.564 0.640 0.591 0.602 0.685 0.674 0.566 0.628 0,686 0.604 0.506 0.523 0631 0.569 0516 0.537 0.676 0.598 0.725 0.736 0.783 0.760 0.740 0.748 028 0730 0.335 0351 0600 0542 0361 0581 0628 007
ibm_granite_embed 278m_multL 0572 0.569 0.633 0.641 0.503 0566 0.567 0.628 0.616 0625 e e e ) 4 0.837 0. 5 0.608 0.654 0.637 0.661
jina_embeddings_v3 0595 0514 0.747 0.497 0.551 0.469 0.743 0.517 0.636 0.602 0.783 0.626 0.576 0.560 0.737 0556 0512 0.477 303 0359 0315 0.775 0.23 0303 0866 0941 0474 0479 oxsn 0533 0:57 0318 0397 0.783 0.3 0621 0848 0812 0568
a_embeddings_v5_t 0387 0337 0703 0381 0132 0:493 0402 0.350 0633 0671 0711 04679 0371 0430 0.8 RS 0643 0,620 0740 0426 0806 0.807 0715 0324 0.767 0750 D37 0300 0715 0731 0804 0730 0925 D472 0412 0512 0476 0481 01625 0335
jina_embeddings v 0581 0611 0590 0.593 0.447 0.422 0.592 0.568 0.775 0.745 0.828 0.749 0.692 0.666 0813 0.685 0.746 0.727 0.828 0.722 0.662 0.639 0.780 0.676 0.808 0.801 0.867 0.835 0.801 0.792 0.837 0.787 0.556 0.588 0.670 0.557 0.543 0.548 0.661 0.571
multilingual_e5_t 0725 0704 0.799 0.749 0.534 0.607 0.638 0.676 0.893 0.819 0.944 0.880 0.868 0.833 0.913 0.817 0.890 0.796 0.946 0.865 0.838 0.821 0.888 0.805 0.934 0.940 0.970 0.931 0.945 0915 0.952 0.877 0.864 0.815 0.916 0.799 0.856 0.845 0.898 0.823
multilingual_e3_large 0692 0736 0757 0716 0523 0622 0.671 0.697 0913 0880 0952 0.898 0901 0883 0943 0850 0930 0580 0955 0.892 0894 0862 0.928 0850 0967 0958 0977 0934 D968 0950 0973 05928 0578 0824 0518 0314 0,888 0889 0939 0832
multlingual_eS arge_insiruct 0779 0773 0873 0.725 0.720 0.704 0.815 0.745 0913 0912 0.961 0.895 0.936 0.909 0.963 0.880 0905 0.907 0.957 0.883 0.935 0.909 0.952 0901 0.965 0.963 0.975 0.937 0.973 0.971 0979 0.958 0.870 0. 7 0.879 0.874 0.946 0.847
nomic_embed_tex D2 0718 0658 0677 0383 0.630 0646 0645 0767 0752 0738 0763 0645 0736 D1 0697 0435 0795 0458 0.671 0413 0438 0632 0.9 0868 0907 0.451 0371 083 0874 0579 0856 04K 0708 0604 0601 0.637 0687 0713 0 658
partplrase, maltL mpet base 0,610 0546 0688 0.551 0 487 0.655 0.529 0.636 0611 0.781 9 0.569 0.726 0.571 0.612 0.546 0758 0.527 0.526 0.487 0.689 0.532 0.742 0731 0.799 0.662 0.692 0.666 0.788 0.661 0.630 0.532 0.720 0.533 0.578 0.534 0.712 0.547

sentence_transformers_LaBSE 0663 0.727

0.667 0.769 0.633 0.701 059 0.709 0965

0572 0962 0055 0920 0963 0958 0908

0955 0.949 0.970 0.967 0.936

0,956 0.955

0937 0.967 0.986 0.984 0.973 0.963 0.974

0987 0.958 0.729 0.750 0.742

0707 0.752 0.818 0.833 0.769

tpi_Latn tsn_Latn tso_Latn twi_Latn tzm_Ting
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.771 0.741 0.833 0.805 0.724 0.751 0.819 0.733 0.787 0.773 0.796 0.805 0.764 0.780 0.855 0.802 0.775 0.750 0.806 0.778 0.777 0.768 0.845 0.787 0.758 0.694 0.790 0.749 0.672 0.710 0.804 0.766 0.669 ﬂﬁSI 0.728 0.587 0.615 0.589 0.722 0.670
BAAIL bge_m3 0.837 0.856 0.896 0.847 0.727 0.707 0.825 0.703 0.845 0870 0.898 0.853 0772 0.789 0842 0784 0.843 0830 0.900 0868 0.774 0.792 0.846 0.802 0.835 0.843 0.869 0.808 0.730 0.760 0.822 0.754 0.523 0.523 0.652 0.497 0.605 0.598 0.726 0.610
Qwen3_Embedding_0.6B 0.702 0.718 0.747 0.719 0.603 0.654 0.671 0.634 0.550 0.542 0.629 0.557 0.544 0.575 0.599 0.586 0.572 0.556 0.643 0.605 0.575 0.578 0.637 0.538 0.618 0.630 0.616 0.590 0.556 0.613 0.571 0.580 0.502 (\4‘15 0.570 0.515 0.573 0.519 0.595 0.571
Quen3_Embedding 4B 0.764 0.801 0.832 0.772 0.626 0.648 0.737 0.640 0.607 0,556 0.708 0.593 0334 0301 0636 0383 0.583 0551 0.701 0.605 0.533 0.540 0.662 0.571 0.618 0.593 0.686 0.611 0.551 0.519 0.625 0.544 0.519 0.486 0.633 0.521 0.523 0478 0,646 0.529
Qwen3_Embedding 8B 0.839 0.866 0.891 0.826 0.712 0.692 0.801 0.658 0.690 0.699 0.753 0.719 0.586 0.566 0.710 0.640 0.688 0.667 0.776 0.701 0.596 0.551 0.700 0.652 0.713 0.653 0.789 0.740 0.606 0.545 0.692 0.640 0.601 0.602 0.676 0.602 0.551 0.504 0.637 0.583
google_embeddinggemma_300m  0.785 0762 0,73 0763 0652 0.595 0800 0.595 0.8 0,669 0.644 0.808 0.650 0.626 0.554 0.764 0.607 0.643 0.662 0.756 0.639 0.386 0513 0.6 0613 0634 0542 0.797 0518 0.606 0446 0.765 0.538
ibm_granite_embed_ ll)7m,mu|nL 0.647 0.694 0.740 0.626 0.636 0.680 0.661 0.558 0.548 0.528 0.606 0.629 0.519 0.575 0.608 0.604 0.519 0.569 0.364 0.650 0.521 0.613 0.457 0.676 0.490 0.449 0.581 0.497 0.549 0.516 0.673 0.589
ibm e 0693 0904 0738 0732 0631 01615 0668 0.667 0338 0,560 0.542 0.609 0.590 0.556 0.610 0.629 0.655 0.350 0.606 0407 0.668 0324 0619 0466 0613 0471 0444 0640 0.542 0,549 0572 0.694 0.601
Jjina_embeddings_v: 0.694 0.676 0.846 0.656 0.618 0.551 0.804 0.556 0.552 . . ) 0.531 0.477 0.724 0.521 0.576 0.537 0.761 0.535 0.502 0.542 0.430 0.578 0.543 0.551 0.508 0.568 0.570 0.421 0.747 0.449 0.628 0.528 0.780 0.535
jina_embeddings v5_text_nano  0.694 0685 0.746 0.731 0513 0.587 0.634 0.604 0.545 0.514 0.645 0.578 0.489 0.472 0.637 0.631 0.393 0.509 0.742 0.620 0.497 0487 0.692 0619 0605 0.369 0629 0653 0516 0484 0.596 0.625 0.527 0.454 0,658 0.524 0.501 0.422 0.697 0.480
Jina_e cmbcddmg\ v! nall 0.700 0.736 0.720 0.734 0.563 0.633 0.673 0.631 0.552 0.546 0.570 0.605 0.457 0.460 0.577 0.592 0.593 0.565 0.722 0.605 0.503 0.487 0.686 0.616 0.514 0.597 0.423 0.629 0.434 0.460 0.439 0.544 0.579 0.458 0.744 0.515 0.503 0.396 0.750 0.505
0.903 0.847 0.937 0.871 0.801 0.762 0.873 0.802 0.882 0.833 0.930 0.880 0.834 0.842 0.900 0.847 0.880 0.856 0.923 0.880 0.822 0.812 0.879 0.817 0.876 0.815 0.901 0.838 0.777 0.774 0.861 0.802 0.620 0.584 0.580 0.595 0.625 0.646
0588 0866 0921 0892 0.802 0804 0904 0.802 0893 0843 0925 0898 0.869 077 0937 077 0.899 0861 0918 0883 0848 0.5 007 0568 0876 0843 0916 085 0.832 021 0900 0808 0576 05 0,584 0.588 0,566 0.638 0.667
multilingual_¢ ei Inrge instruct 0.924 0.921 0.957 0.913 0.879 0.871 0.928 0.856 3 0.907 0.941 0.883 0.876 0.891 0.931 0.874 0. 884 0.946 0.880 0.853 0.845 0.924 0.841 0.872 0.907 0.928 0.859 0.859 0.836 0.915 0.823 0.702 0.644 0.839 0.584 0.688 0.633 0.798 0.679
nomic_embed_text_v 0727 0319 0747 0420 0642 0718 0677 0300 0674 064 0.633 0671 0.364 0653 0046 0900 064 0.657 OGS 0.704 D613 0680 0673 0703 (.667 0755 0.482 0722 0586 0680 0477 0.703 0455 0733 0647 0565 0307 0916 0731 0303
paraphrase_multi pnet_base 0.702 0.667 0.780 0.632 0.585 0.581 0.735 0.583 0.593 0.514 0.686 0.527 0.575 0.575 0.685 0.589 0.589 0.556 0.670 0.515 0.576 0.551 0.700 0.562 0.581 0.569 0.613 0.557 0.580 0.560 0.635 0.565 0.543 0.454 0.692 0.461 0.606 0.551 0.691 0.547
sentence._transformers_LaBSE. 0.771 0.833 0.783 0.859 0.734 0.839 0.701 0.808 0.913 0921 0.930 0940 0876 0.891 0928 0922 0.783 0824 0.830 0859 0.764 0.774 0.809 0.835 0.758 0.810 0.781 0.850 0.759 0.809 0.750 0.817 0.733 0.704 0.633 0.638 0.747 0,695 0.674 0.730
uig_Arab umb_Latn uzn_Latn ‘war_Latn ‘wol_Latn
ALEE-F200/BQ275 TACC 200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275 F200 BQ275
AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.804 0.810 0.837 0.802 0.764 0.786 0.845 0709 0.746 0.671 0.778 0.728 0.668 0.686 0.785 0.730 0.810 0.819 0.849 0.796 0.740 0.777 0.828 0.772 0.810 0.782 0.848 0.799 0.749 0.806 0.821 0772 0.762 0.759 0.783 0.766 0.720 0.771 0818 0.727
0.901 0.894 0.934 0.892 0.848 0.853 0.885 0.826 0.767 0.796 0.844 0.749 0.739 0.674 0.834 0.754 0.952 0.949 0.962 0.940 0.901 0.900 0.916 0.865 0.919 0.917 0.968 0.901 0.804 0.815 0.891 0.814 0.806 0.856 0.848 0.808 0.755 0.727 0.828 0.727
0,539 0.565 0.593 0.548 0.523 0.507 0.568 0.544 0.545 0,556 0,622 0557 0571 0389 0635 0.589 0651 0.676 0.663 0.659 0.618 0.654 0.653 0.622 0.711 0.745 0.746 0.707 0.628 0.713 0.680 0.664 0.564 0.602 0.615 0.575 0.568 0.587 0.583 0.562
0.717 0.731 0.796 0.692 0.667 0.695 0.797 0.625 0.572 0.551 0.686 0.602 0.585 0.519 0.714 0551 0.818 0.847 0.880 0.811 0.782 0.792 0.842 0.709 0.818 0.843 0.905 0.817 0.737 0.760 0.801 0.694 0.591 0.593 0.701 0.650 0.568 0.548 0.671 0.547

Qwen3_Em
Qwen3_Embedding 8B

.83 5 0.864 0.802 0.767 0. 3073 4 0.579 0.715 0.662 0.610 0589 0.698 0.625 0.913 0.907 0.923 0,356 0.856 0.821 0.901 0.802 0.893 0.903 0.952 0.368 0.83 3 0.868 0.835 0.657 0.731 0.753 0,683 0.621 0.569 0.670 0.634

google_embediinggerna 300m 0680 0353 0799 0611 0610 04cp 077D 0526 0659 0616 0787 Q663 0621 0587 0773 0 607 0740 0778 0.844 0.731 0.662 0.657 0.771 0.673 0.810 0.801 0.892 0.763 0.698 0.695 0.809 0.685 0857 0662 0755 0.665 0.600 0.581 0.746 0.586
_107m_muldL  0.669 0.667 0.751 0.653 0.575 0.680 0.738 0.640 0.508 0.495 0.586 0.584 0.556 0.572 0.701 0.646 0.659 0.662 0.719 0.731 0.616 0.639 0.761 0.670 0.711 0.727 0.772 0.746 0.616 0.698 0.731 0.691 0.543 0.565 0.575 0.599 0.568 0.636 0.643 0.655
fom_Eranite_embed_278m mulil.  0.758 0787 0776 0.757 0673 0.748 0771 0.703 0310 0.565 0636 0399 0.396 0 355 02 0613 0933 0903 0778 0746 0457 010 0J91 0676 0727 0715 0760 O7dD 0626 0698 0P8 0664 0343 D391 0379 0.599 0986 0674 0,633 413
jina_embeddings_v3 0814 0792 0871 0.796 0.720 0.760 0.831 0.715 0491 0742 0.506 0.596 0.531 0.764 0.604 0.845 0.787 0.878 0.823 0.755 7 0.690 0.842 0.662 0.682 0.645 0.831 0.622 0529 0.542 0.654 0.545 0.554 0.519 0.673 0559

v5_text_nano X 0,631 0.506 0.412 0.493 0.567 0.562 0.556 0.519 0.695 0.563 0.523 0493 0,670 0.622 0762 0.759 0.783 0.740 0688 0.683 0.765 0727 0.844 0.769 0.603 0.672 0725 0.700 0572 0532 0.620 0.620 0.497 0.55

vS_text_small 0767 0638 0.571 0.584 0.750 0619 0.599 0532 0.724 0.578 0.521 0499 0695 0574 0818 0838 0897 0781 0.735 0754 0812 0951 0775 0773 0846 0808 0631 0701 07|9 0.709 0348 0.616 0.556 0.617 0.466 0,519 0.555 0.583

0914 0823 0782 0.792 0.876 0.757 0.764 0.713 0.785 0.757 0.697 770 0.796 0.932 0.884 0953 0910 0.886 0.836 0.913 0.847 10841 0.871 0,909 0.835 0.826 0.824 0.864 0.859 0.777 0.751 0.857 0.787

0398 038 0832 0421 0895 0784 0748 0761 0317 0734 0910 0735 0798 0308 0999 0517 0933 0934 0913 (1909 0943 0510 0933 0540 0984 0931 (486 OFK6 0097 0377 0518 0806 0866 0833 0787 0780 0857 0408

0893 0861 0935 0.874 0.874 0.856 0.934 0847 0769 0.778 0.900 0.760 0.789 0.730 0.859 0.775 0.946 0.917 0.961 0.913 0.938 0.915 0.949 0916 0.938 0.944 0.975 0.931 0.886 0.883 0951 0.895 0.826 0.829 0.914 0.850 0.854 0.845 0.897 0.799

0829 0856 0.842 0.820 0.764 0.789 0.837 0.796 0.620 0.713 0.649 0.677 0.675 0.701 0.740 0.700 0.864 0.912 0.867 0.844 0.802 0821 0.822 0.805 0.798 0.847 0.787 0.787 0.704 0.777 0.741 0.709 0.684 0.741 0.604 0.716 0.585 0.689 0.608 0.679

tbase 0793 0.736 0.839 0.737 0.727 0707 0.797 0.652 0.570 0.509 0.640 0.539 0.559 0581 0.692 0.562 0.762 0.745 0.846 0.704 0.643 0.616 0.738 0.637 0.696 0.676 0.772 0.602 0.610 0.669 0.743 0.628 0.593 0.551 0.667 0.515 0.571 0.557 0.679 0.565

Cemonee tramsforers T4BSE 0957 0.968 0.966 0.949 0.894 0.921 0.934 0.895 0.705 0.736 0.758 0.778 0.762 0.771 0815 0.799 0.963 0.968 0.966 0.952 0.930 0.956 0.960 0.937 0.936 0.963 0.984 0.967 0.878 0.921 0.946 0.940 0.744 0.806 0.760 0.793 0.754 0.827 0.741 0.835

xho_Latn ydd_Hebr yor_Latn yue_Hant zsm_Latn
ALEE-F200/BQ275 TACC F200 BQ275 F200 BQ275 F200 BQ27S F200 BQ275 F200 BQ275

AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.818 0.759 0.819 0.814 0.787 0.760 0.837 0.799 0.849 0.806 0.848 0.838 0.782 0.786 0.851 0.760 0.748 0.690 0.708 0.763 0.707 0.736 0.723 0.742 0.907 0.861 0.912 0.874 0.886 0.897 0.913 0.847 0.913 0.856 0.930 0.883 0918 0.918 0.928 0.880
BAAIbge_m3 0384 0.894 0928 0.895 0.838 0.827 0.894 0814 0.862 0.875 0.794 0.892 0.771 0.798 0.776 0.796 0.798 0.819 0.851 0.796 0.739 0.733 0.810 0.781 0.952 0,931 0.977 0.943 0.943 0924 0951 0.871 0,979 0.963 0.982 0.955 0.960 0.959 0.964 0.922
Quen3 Frabedding 0.68 0381 0574 0622 0567 0.336 0.334 0553 0363 0.348 011 D13 0351 0.509 0357 0595 0335 0381 0616 062 0384 0581 0.372 0604 0634 0.903 0549 DN 0937 0379 0897 0870 0781 870 0884 0546 0844 0561 0889 0553 0853
Quend_Embed 0026 0393 0728 0626 0541 0343 0671 0520 0711 0,745 0.794 0.707 D680 0680 0771 0613 0636 0602 0704 0.602 0581 0,601 0,674 0.580 0.940 0935 0946 0913 0915 0909 0927 0847 0917 0917 0935 0.907 090K D00 0936 0865
wen3_| 0733 0722 0. 30,639 0.723 0.640 0.841 0.856 0.901 0.832 0.792 0.792 0857 0.736 0.715 0.704 0.781 0.719 0.667 0.616 0.779 0.667 0.961 0.972 0.966 0.958 0.921 0.935 0.949 0.895 0.963 0.954 0.957 0.931 0935 0.930 0.952 0.910
google embeddinggemma_300m 0669 0,648 0772 0663 0578 0916 0722 01601 01643 0434 0720 0638 035 0515 01686 0977 0661 0471 0797 0662 0581 0.929 0717 0.993 0971 0944 0966 0931 0043 0935 0961 08 0982 0935 0982 0910 0913 0.909 0946 0883
ibm_granite_embed_107m_multiL. 0525 0.560 0514 0.632 0.482 0.510 0.570 0.640 0.669 0.731 0.636 0.760 0.658 0.707 0.670 0.730 0.556 0.537 0.548 0.587 0.564 0.592 0.625 0.640 0.872 0.856 0.858 0.862 0.799 0.850 0.795 0.775 0.793 0.847 0.849 0.808 0.789 0.827 0.852 0.757
ibm_granitembed276m_muldl. 0512 0546 0554 0644 0.481 0.548 0.367 0.595 0.754 0.787 0724 0769 0682 0762 0735 0763 0531 0.542 0.334 0.593 0.534 0604 0556 0613 0874 0843 0871 0859 0844 0877 0845 0.778 0.830 903 0430 0811 0832 0877 0849 0808
jina_embeddings_v3 0519 0537 0.622 0.575 0.489 0.531 0.658 0.547 0.857 0.875 0.909 0.865 0.807 0.765 0891 0.796 0.481 0.546 0.482 0.503 0.477 0.531 0522 0550 0.874 0.861 0.910 0.877 0.856 0.824 0.897 0.796 0.940 0.940 0.957 0.898 0.891 0.862 0.933 0.856
Jim_embeddings_v3 text_nano 0505 0758 0.599 0.531 0.437 0.695 0.613 0461 0.491 0.576 0.565 0.667 0.632 0.526 0.548 0.614 0.592 0.944 0907 0.941 0.928 0.859 0.833 0.874 0.793 093 948 0.919 0.908 0.889 0.918 0.847
jina_e Comall 0636 0579 0749 0,623 0.538 0.449 0701 0.520 0.574 0616 0616 0605 0579 0.672 0.629 0.548 0.548 0.677 0,944 0,940 0.939 0,904 0.881 0.859 0.919 0817 0.957 0931 0950 0916 0918 0.909 0.940 0.862
‘muliilingual_c5 | oo 0901 0.880 0927 0.892 0.834 0.848 0.883 0.814 0.388 0861 0.845 0764 0.867 0817 0.804 0783 0.848 0.796 0.911 0.894 0.957 0913 0.915 0886 0.918 0.856 0,965 0.931 0.975 0.925 0.945 0.933 0967 0.886
multilingual_e5_large 0921 0907 0957 0.922 0.871 0.853 0.913 0850 0.897 0.884 0.950 0.901 0.874 0.856 0.922 0.862 0.851 0.801 0.894 0.850 0.817 0.812 0.904 0.826 0.950 0.944 0.968 0.922 0.950 0.941 0.960 0.898 0.969 0.954 0.984 0.952 0.978 0.956 0.979 0.931
multilingual_eS_large_instruct 0.386 0.894 0952 0.895 0.864 0.886 0.927 0.868 0.905 0912 0.953 0,907 0.930 0.897 0.951 0919 0.843 0.815 0,932 0.835 0.859 0.839 0.909 0.844 0.955 0.931 0.966 0.928 0.973 0.941 0975 0.940 0.975 0.958 0.973 0.958 0.982 0.968 0.976 0.946
nomic_embed text v2 moe 0688 0713 0.677 0.701 0.591 0.674 0.670 0.715 0.831 0.903 0.882 0.871 0.834 0.821 0.868 0.799 0.657 0.704 0.609 0.695 0.630 0.695 0.602 0.709 0.901 0,926 0.885 0.859 0.883 0.897 0.891 0.808 0.899 0.954 0.884 0.874 0.896 0.924 0.915 0.877
paraphrase_m net_base  0.566 0.546 0.640 0.533 0.558 0.560 0.664 0.565 0.676 0.713 0.697 0.662 0.616 0.630 0.689 0.661 0.539 0.532 0.667 0.527 0553 0.525 0.673 0.532 0.942 0.889 0.918 0.886 0.854 0.897 0.906 0.820 0.961 0.958 0959 0.919 0.920 0,933 0.951 0.883
Contence ransforers LaBSE 0.948 0958 0.946 0.964 0.891 0.935 0.960 0.931 0.944 0981 0.978 0.970 0.940 0.962 0.985 0.946 0.855 0.852 0.866 0.916 0.836 0.865 0.870 0.871 0.932 0,935 0.939 0.943 0.910 0915 0.943 0.898 0.973 0.977 0.975 0.982 0.951 0.968 0.967 0.940
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ace_Latn ace_Arab acm_Arab acq_Arab acb_Arab ajp_Arab aka_Latn arb_Latn ars_Arab ary_Arab
ALEE-F200 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.773 0.699 0.776 0.769 0.756 0.694 0.790 0.737 0.874 0.875 0.918 0.844 0.880 0.898 0.912 0.865 0.855 0.856 0.891 0.814 0.886 0.861 0.909 0.829 0.744 0.713 0.797 0.760 0.746 0.681 0.778 0.728 0.884 0.898 0.912 0.865 0.837 0.796 0.878 0.814
AALbge_m3 0.347 0861 0.876 0.826 0.655 0.644 0.692 0,632 0.948 0926 0.962 0.907 0.944 0.954 0.959 0931 0913 0.935 0,952 0.871 0.957 0.963 0.959 0919 0.829 0.856 0.885 0.805 0.684 0.634 0.796 0.617 0.957 0.949 0.966 0.934 0.890 0931 0.925 0.889
Qwen3_Embedding 0.6B 0622 0644 072 0635 0486 0546 0595 0.554 0.629 0.880 0.828 0.802 0524 0880 0842 0820 0791 0819 0814 0.772 0814 0833 0.823 0796 D565 01644 D633 0673 D.556 0556 0.631 0548 0.853 09 0.839 0.26 0760 0196 0769 0137
Qwen3_Embedding 4B 0.678 0745 0.778 0.725 0.552 0.565 0.676 0.566 0.888 0.898 0.916 0.862 0.903 0.883 0.862 0.866 0.901 0.826 0.905 0.894 0935 0.865 0.599 0.602 0.706 0.662 0.638 0.671 0.744 0.635 0.913 0.898 0.934 0.883 0.835 0.833 0.882 0.787
Quens_Embe 0565 0301 0435 0766 0515 0:667 0918 0033 OIS 0040 0961 0953 0046 045 0970 01> 099 (999 0950 0.393 032 059 0957 0910 (idod 0471 0799 0957 0783 0992 0:47 0993 061 DOGK 0971 0540 0899 0913 (51 s

google_embe emma_300m 0705 0722 0.844 0.743 0.645 0551 0.780 0.554 0.950 0.921 0.968 0.901 0.952 0931 0.962 0.940 0.921 0.898 0.937 0.895 0.936 0. 0815 0.620 0.963 0.940 0970 0.940 0.874 0.866 0.923 0.856
|bmgmnue embed 107m muli. 0381 0,625 0,665 0.686 0527 0314 0,529 0.345 0.831 0852 0864 0820 0.829 0.847 0855 0A38 0787 0.833 0.819 0817 084S . 0554 0.539 0.860 0.833 0.849 0.838 0.738 0.792 0.772 0.781
ibm_grani bui 278m_multiL.  0.603 0.630 0.674 0.644 0.508 0.509 0.504 0.548 0.829 0.866 0.842 0.817 0.822 0.852 0.857 0.811 0.810 0.852 0.805 0.778 0.835 0.847 0.866 0.832 6 0. .528 0.591 0.572 0.860 0.852 0.862 0.814 0.746 0.792 0.796 0.763
jina_embedding 0.612 0.579 0.767 0.638 0543 0.444 0,668 0.452 0.909 0912 0.944 0901 0.919 0921 0.953 0.907 0.890 0.889 0.909 0.844 0921 0.880 0.943 0871 0.488 0574 0.432 0569 0.570 0.435 0.756 0.512 0936 0.907 0962 0.898 0.855 0819 0.892 0781
0.680 0.662 0.758 0.674 0521 0.468 0.654 0.539 0.938 0.912 0.948 0.901 0932 0.917 0.952 0.892 0.884 0.866 0.919 0.841 0.907 0.907 0.927 0.841 0.585 0.546 0.622 0.623 0.579 0.500 0.672 0.584 0.940 0.931 0.950 0.913 0.841 0.843 0.892 0.787

0.640 0.667 0.711 0.671 0531 0.537 0.530 0.545 0.936 0.898 0.941 0.886 0.936 0.926 0.953 0.895 0.888 0.884 0.898 0.838 0.924 0.903 0.939 0.892 0531 0.583 0.394 0.653 0.638 0.597 0.744 0.632 0.952 0.907 0.952 0.904 0.849 0.856 0.903 0.802
ow 0815 0.862 0.853 0.601 0.616 0.652 0.638 0.909 0.875 0.944 0.871 0.919 0.912 0.943 0.877 0.880 0.875 0927 0.841 0.932 0.917 0.955 0.877 0.841 0.810 0.905 0.835 0.638 0.634 0.690 0.626 0.921 0.894 0.944 0.898 0.870 0.861 0.900 0.799

7 0.829 0.914 0.874 0562 0.597 0.636 0.653 0926 0.912 0.948 0.898 0.940 0.935 0.959 0.907 0.905 0.884 0,932 0.871 0946 0.926 0.961 0.895 0.874 0.856 0.901 0.841 0.618 0.606 0.697 0.674 0.942 0.926 0.962 0.913 0.897 0.889 0.919 0.847
nsﬁn 0.847 0928 0.862 0.682 0.625 0.815 0.647 0.959 0.935 0.971 0.940 0.967 0.949 0.975 0.964 0.919 0.926 0944 0.910 0.955 0.954 0.971 0.925 0.880 0.866 0.937 0.859 0.729 0.676 0.878 0.677 0.967 0.963 0.977 0.958 0.901 0.921 0.932 0874

0721 0.708 0.715 0.746 0.661 0.718 0.618 0.665 0.907 0.907 0.885 0.856 0.895 0.917 0.887 0.868 0.862 0.898 0.832 0.817 0.905 0.903 0.894 0.850 0.676 0.787 0.493 0.760 0.709 0.713 0.665 0.671 0.901 0.898 0.889 0.889 0.849 0.898 0.851 0.805

paraphrase_muliL. 0.667 0.634 0.762 0.602 0.579 0.509 0.701 0.497 0.913 0.870 0.918 0.847 0.899 0.884 0.921 0.835 0.880 0.847 0.896 0.778 0.899 0.866 0.919 0.808 0581 0.583 0.618 0.563 0.558 0.509 0.697 0.488 0.921 0.889 0.921 0.859 0.812 0.829 0.885 0.728
sentence_transformers_LaBSE. 0793 0.852 0.858 0.883 0.700 0.741 0.649 0.728 0.959 0.944 0.975 0.961 0.963 0.954 0.970 0.964 0.940 0.944 0.961 0.961 0.973 0.968 0.977 0.958 0.781 0.806 0.774 0.829 0.674 0.699 0.697 0.701 0.969 0.954 0.968 0.973 0.903 0.907 0.957 0.925

ast_Latn awa_Deva ban_Latn bem_Latn bjn_Latn bjn_Arab bug_Latn crh_Latn dyu_Latn epo_Latn
ALEE-F200 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Allbﬂba,NLPgic,mu!nIingnaLb;L 0.888 0.861 0.884 0.862 0.876 0.843 0.885 0.823 0.810 0.741 0.835 0.790 0.764 0722 0.794 0.760 0.835 0.806 0.849 0.817 0.748 0.745 0.787 0. 0 0750 0722 0.781 0.740 0.841 0.806 0.869 0.826 0.725 0.727 0.787 0.725 0.862 0.829 0.855 0.868
BAAL bge. 7 0.954 0.964 0.925 0.950 0,963 0.959 0.907 0.903 0.889 0.943 0.886 0.849 0.866 0.907 0.838 0.913 0.866 0.946 0.871 0.676 0.801 0.878 0.781 0.919 0.931 0943 0.913 0.727 0.713 0.830 0.728 0.969 0.954 0.980 0.961
Quen3_Es 2 0.6B 0.849 0.838 0.835 0.832 0.746 0.838 0.754 0.710 0.674 0722 0717 0.668 0581 0.574 062“0608 0678 0.699 0.710 0.680 0.521 0.500 0.584 0506 0.622 0.648 0.677 0.623 0.721 0759 0.697 0707 0541 0569 0%99 0596 0779 0778 0.785 0.754
Qwen3_| Embeddme 0.897 0.894 0.943 0.892 0.897 0.880 0.905 0.814 0.756 0.829 0.821 0.746 0.622 0.611 7 0.781 0.792 0.824 0.775 0.558 0.523 0.67 685 0762 0.656 0.793 0.819 0855 0.7 9 0.894 0.930 0.880
mbedding 8B 0946 0.949 0.973 0.925 0917 0.935 0.946 0.847 0.843 0.866 0.909 0.814 0.692 0.667 0790 07A0 0849 0.875 0.910 0.844 0.647 0.616 0.765 05” 0.744 0.778 0.828 0.740 0.893 0.889 0.900 0836 0659 0614 0746 0701 0950 0954 0.964 0.937
google_embeddinggemma_300m 0915 0.884 0.935 0.907 0.948 0.935 0.957 0.880 0.789 0.792 0.885 0.746 0.676 0.676 0.799 0.701 0.804 0.815 0.882 0.760 0.659 0.597 0.808 0.557 0.721 0.681 0.844 0.686 0.833 0.810 0.878 0.832 0.643 0.620 0.781 0.650 0.833 0.875 0.901 0.820
ibm_granite_embed_107m_multiL. ~ 0.862 0.889 0.880 0.868 0.808 0.829 0.801 0.766 0.653 0.657 0.719 0.740 0.539 0.569 0.563 0.644 0.667 0.644 0735 0.695 0.508 0.495 0.565 0.500 0.610 0.602 0.654 0.671 0.676 0.690 0.711 0.704 0.508 0.514 0.568 0.593 079! 0810 0.851 0.802
ibm_granite_embed 278m_muliL 0895 0.894 0.916 0.874 0.831 0.787 0.803 0.751 0.694 0.685 0.713 0.698 9 0.586 0.605 0.690 0.685 0.747 0.689 0492 0.495 0.518 0.515 0.676 0.606 0.686 0.659 0.729 0.667 0.769 0.710 0517 0.548 0.623 0.853 0.880 0.862 0.859
jina_embeddings_v3 0909 0.898 0.955 0.883 0.866 0.861 0.896 0.814 0.727 0.644 0.806 0.629 0.541 0.509 0.703 0.554 0.729 0.657 0.860 0.680 0.574 0481 0.778 0.443 0.622 0.579 0.740 0.563 0.775 0.750 0.835 0.769 0510 0.477 0.670 0.491 0.959 0.944 0.964 0.916
Jina_embeddings_v5_text_nano 0.884 0.884 0.894 0.874 0932 0912 0.918 0.832 0.769 0778 0.810 0.713 0.589 0.509 0.728 0.638 0.773 0.741 0.839 0741 0525 0463 0.658 0.509 0.655 0.634 0.737 0.653 0.785 0.750 0.814 0.781 0.510 0.477 0.624 0.575 0.793 0.782 0.835 0.766
fina_cmbeddingevs_text_omall 0907 0.850 0.901 0:874 0893 0850 0.896 0.829 0.736 0792 0751 0/683 0.624 0.597 0735 0638 0742 0,815 0.839 07 0523 0.573 0.500 0.622 0.620 0.672 0.671 0.816 0.778 0.846 0.802 0.508 0.556 0.486 0.596 0.835 0.843 0.853 0.775
multilingual_e5_| 0926 0.907 0.962 0.895 0.942 0.903 0.959 0.871 0.899 0.847 0.910 0.871 0.818 0.815 0.898 0.823 0.901 0.852 0.935 086: 0617 0611 0.728 0.626 0.833 0.792 0.858 0.769 0.895 0.870 0.930 0.901 0.690 0.671 0.733 0.737 0.959 0.940 0.971 0.931
multilingual_e5_large 0967 0.931 0.982 0.940 0936 0.931 0.955 0.871 0.913 0.884 0.934 0.901 0.847 0.819 0.900 0.832 0.926 0.884 0.950 0.901 0.589 0.593 0.681 0.617 0.814 0.806 0.875 0.775 0.926 0.903 0.944 0.925 0.678 0.644 0.728 0.728 0.977 0.972 0.982 0.946
‘multilingual_eS_large_instruct 0961 0.935 0.978 0.949 0959 0.931 0.968 0.910 0.919 0.907 0.948 0.871 0.851 0.815 0.927 0.844 0926 0.926 0.948 0.901 0.680 0.648 0.821 0.617 0.849 0.843 0.912 0.799 0.930 0.907 0.955 0.925 0.789 0.722 0.884 0.722 0.967 0.968 0.980 0.961
nomic_embed_text_v: 0905 0.912 0.892 0.862 0.876 0.944 0.848 0.820 0.789 0.806 0.747 0.760 0.667 0.708 0.645 0.713 0.777 0.773 0.819 0.766 0.709 0.745 0.690 0.671 0.742 0.759 0.695 0.698 0.814 0.856 0.792 0.793 0.647 0.644 0.547 0.701 0.899 0.921 0.901 0.889
paraphrase_multil._mpnet_base 0907 0.861 0.912 0.820 0.872 0.861 0.896 0.799 0.754 0.722 0.817 0.704 0.595 0.546 0.677 0.542 0.779 0.819 0.853 0.725 0.581 0.519 0.728 0.518 0.663 0.620 0.747 0.614 0.775 0.773 0.824 0.751 0550 0.551 0.595 0.494 0.835 0.806 0.882 0.778
sentence_transformers_LaBSE 0.948 0.949 0.961 0.958 0959 0.958 0.948 0.937 0.895 0.894 0.934 0.925 0.814 0.847 0.887 0.865 0.895 0.866 0.946 0.925 0.680 0.676 0.674 0.728 0.791 0.829 0.810 0.814 0.926 0.931 0,953 0.955 0.674 0.657 0.688 0.746 0.973 0.972 0.980 0.976
ewe_Latn fij_Latn fon_Latn fur_Latn grn_Latn kab_Latn kas_Deva Kas_Arab Kkbp_Latn kik_Latn

ALEE-F200 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibahd NLP. gl multilingual_base 0.758 0.681 0.762 0.722 0.771 0.704 0.763 0.751 0.727 0.708 0.780 0.728 0.812 0.806 0.846 0.787 0.758 0.681 0.796 0.746 0.746 0.694 0.783 0.725 0.762 0.759 0.823 0.757 0.814 0.736 0.837 0.757 0.711 0.694 0.769 0.728 0.748 0.713 0.780 0.746
BAAIL b 0779 0764 0819 0766 0777 0769 0.835 0775 0731 0759 0801 0.728 0524 0.907 0941 0922 0764 0819 0789 0751 01647 0690 0762 0.66S 0806 0769 0862 0.749 0860 0.196 001 0.805 0.738 0736 0747 0734 0.847 0.866 0.882 0.838
I:mbsddmg 063 0531 0.551 0.573 0.521 0.603 0.597 0.667 0.59 0.556 0.509 0.590 0.596 0.715 0.736 0.735 0.698 0.659 0.676 0.674 0.650 0.512 0519 0.591 0.491 0.583 0.588 0.652 0.605 0.651 0.676 0.672 599 0539 0.585 0.602 0.618 0.596

0572 0.532 0.679 0.566 0.636 0.611 0.747 0.629 0.545 0477 0.656 0.602 0.829 0.810 0.864 0.769 0.684 0.713 0.771 0.689 0.558 0528 0.659 0.569 0.715 0.671 0.772 0.629 0.725 0.708 0.792 ms 0.603 0565 0.697 0.614 0.651 0.616 0.728 0.605

z BB 0.630 0.630 0.708 0.632 0.721 0.722 0.783 0.707 0.657 0.620 0.699 0.668 0.864 0.880 0.914 0.853 0.719 0.736 0.823 0.701 0.622 0.616 0.724 0.638 0.773 0.731 0.841 0.725 0.839 0.787 0.871 0.740 0.692 0.644 0.756 0.638 0.717 0.694 0.815 0.728
nggemma_300m  0.640 0.620 0.781 0.629 0.692 0.667 0.805 0.647 0.634 0.588 0.737 0.647 0.837 0.787 0.875 0.757 0.715 0.704 0.835 0.695 0.626 0.593 0.776 0.587 0.731 0.727 ﬂKZﬁ 0.668 0.767 0.708 0.867 0.644 0.647 0.602 0.754 0.605 0.719 0.630 0.799 0.650
ibm_granite_embed_107m_multiL ~ 0.552 0.556 0.575 0.590 0.552 0.542 0631 0.593 0.550 0.556 0.530 0.596 0.767 0.787 0.824 0.790 0.612 0.685 0.663 0.698 0.483 0.454 0491 0.527 0.591 0.620 0.649 0.593 0.697 0.650 0.535 0.505 0.586 0.545 0.554 0574 0.563 0.602
ibm_granite_embed 278m_multil.  0.539 0523 0,573 0578 0.583 0.360 0.640 0587 0.535 0542 0489 0387 0787 0819 0844 0793 0.l6 0616 0.688 0677 0314 0519 0338 036D 0583 0356 0633 0626 0653 0667 0697 0636 0556 0537 0.536 0.566 0.579 0551 0.602 0.602
jina_embeddings_v 0502 0.472 0.600 0.488 0.583 0.519 0.738 0.542 0.504 0468 0.575 0.509 0.789 0.741 0.867 0.737 0.560 0.569 0.731 0.554 0.502 0.449 0.740 0.479 0.669 0.569 0.763 0.545 0.702 0.657 0.774 0.5 0481 0.602 0.512 0.512 0495 0616 0.515

0.472 0.604 0563 0.804 0773 0.842

jina_embeddings v5_text nano 0556 0.472 0.668 0557 0.576 0551 0.697 0.620 0.527 0.749 0,643 0616 0.763 0.632 0.529 0.444 0.699 01692 011 0746 0623 0746 0.731 0403 0874 0350 0.48 0663 0342 01607 0.860 0731 0357
Jina_embeddings vS.texi_small 0570 0.332 0624 0342 0.391 0,606 0681 0629 0519 0519 0520 0393 0.802 0.178 0815 0764 0643 0681 0704 OAT 0512 0532 0605 0711 0.685 0758 0.665 0.742 0.750 0.771 0.641 0.568 0556 0.633 0575 0.661 0.546 0.753 0.596
‘multilingual_e5_bas 0818 0.801 0.878 0.781 0.855 0.792 0.925 0.808 0.808 0.792 0878 0.75 0911 0838 0953 0886 0.835 0.782 0.892 0.823 0.781 0.736 0.875 0.757 0.746 0.731 0.814 0.754 0.860 0.847 0.909 0.844 0.764 0.722 0.817 0.722 0.841 0.824 0.887 0844
arge 0335 0792 0475 0814 0.333 0433 0901 0308 0818 0.787 0867 0796 0.948 0494 0957 001 0.372 0.843 0910 0838 0791 07108 0873 0743 0.783 0.745 0830 0754 0.372 047 0929 0835 0752 0727 0803 0743 0368 0843 018 047
large instct 0.847 0.829 0928 0.838 0860 0.833 0914 0.820 0.816 0833 0.916 0.790 0.938 0931 0.968 0.937 0.853 0.870 0.934 0.826 0812 0.759 0.905 0.772 0.795 0.699 0.884 0.740 0.872 0.843 0.923 0.802 0769 0.764 0878 0.760 0878 0.847 0.946 0880

01639 0676 0408 0617 0699 0.713 0395 0603 0633 0681 0536 0680 0421 DRKD 0793 0302 0109 0769 0663 0724 D657 069 063 0638 0743 0727 0.704 0704 0183 0806 073 (.151 DGRR 0654 0305 0608 0698 0659 0613 0608

paraplrase, maltL_mpnet base  0.572 0519 0.670 0,509 0556 0,514 0363 0.553 0554 0.500 0:623 0.506 0.762 0736 0815 0701 0.632 0611 0738 0,533 0566 0,519 0639 0470 0649 0.625 0.787 0590 0.733 0713 0801 D635 0.601 0509 0694 0488 0605 0.532 0676 0.563
sentence_transformers_LaBSE 0684 0722 0.701 0.692 0.731 0.796 0.749 0.790 0.663 0.727 0.634 0.734 0.909 0.931 0.941 0940 0.713 0.782 0.771 0.790 0.671 0.764 0.688 0.751 0.771 0.810 0.747 0.754 0.860 0.838 0.851 0.844 0.690 0.713 0.633 0.766 0.744 0.796 0.774 0.814

kne_Latn kon_Latn Imo_Latn Itg Latn Itz_Latn lua_Latn lus_Latn mag_Deva min_Latn mni_Beng

ALEE-F200 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.744 0.708 0.774 0.734 0.762 0.745 0.805 0.728 0.800 0.755 0.835 0.769 0.787 0.782 0.824 0.811 0810 0.796 0.828 0.802 0.775 0.722 0.794 0.754 0.752 0.708 0.785 0.746 0.862 0.824 0.867 0.802 0.802 0.787 0.823 0.787 0.742 0.685 0.763 0.716
BAAI_bge_m3 0.748 0.699 0837 0.740 0855 0.801 0901 0.838 0.909 0.903 0.950 0.862 0.866 0931 0.916 0.895 0.878 0.917 0953 0.862 0.845 0.838 0.912 0832 0.698 0.727 0.776 0.737 0.952 0.963 0.964 0.913 0.884 0.912 0946 0.886 0.746 0.731 0.740 0.647
Quwen3 | Emb:ddng) 6B 0.595 0.606 0634 0.641 0581 0.611 0.649 0.605 0.758 0.782 0.763 0.707 0.612 0.644 0.672 0.590 0.715 0.759 0.719 0.674 0593 0.588 0.631 0.584 0.603 0.639 0.643 0.647 0.740 0829 0.756 0.704 0.671 0.699 0719 0.665 0550 0.602 0.631 0.590
Qwen3_Embe 0,605 0.523 0672 0635 0/647 0634 0724 0635 0.839 0856 0875 005 0.702 0685 0792 0686 0781 0.838 0858 0781 0,634 0.8 0720 0644 0,649 0.630 0749 0719 0.360 0870 0836 087 0.777 0764 0830 0751 0.626 0648 0726 0623
Quens_Embedding 8B 0.674 0,625 0742 0.701 0.686 0.713 0.778 0.677 0.903 0.889 0.935 0859 0.775 0.787 0.876 0.760 0884 0.894 0934 0.871 0.686 0.681 0.796 0.731 0.725 0.727 0.778 0.760 0.905 0.907 0.937 0.844 0839 0.889 0910 0.832 0.694 0.741 0.744 0.683
mbeds 0.698 0.694 0.824 0.701 0.696 0.676 0.835 0.686 0.835 0.787 0.867 0.754 0.725 0.736 0.849 0.686 0.814 0.801 0.889 0.766 0.690 0.676 0.815 0.62 0.686 0.676 0.812 0.692 0.930 0.926 0.948 0.865 0.781 0.773 0.882 0.749 0.680 0.634 0.781 0.581
ibm_granite_embed_107m_multiL  0.607 0579 0.620 0.626 0.568 0.579 0.636 0.614 0.754 0.778 0.826 0778 0.638 0.648 0.722 0.677 0.723 0.815 0785 0.784 0587 0.551 0568 0.659 0.574 0.611 0.616 0.680 0.798 0.824 0.797 0.760 0.640 0.708 0.710 0.713 0.481 0.491 0384 0533
ibm_granite_embed 278m_muldL. D601 0396 0,625 0.623 0352 0563 0,640 0.623 0777 0347 0.833 0190 0630 0667 0713 0701 0753 0801 0794 0796 0.954 0337 0.390 0626 010 002 0625 0068 0304 0819 0.505 0760 0663 0699 0704 0656 0438 0319 0ded 0315
j 0.548 0,500 0.740 0.536 0548 0.519 0.699 0.506 0.787 0.787 0.887 0754 0.692 0.667 0.778 0.704 0723 0.741 0837 0.683 0543 0.514 0.733 0.527 0.568 0.546 0.683 0554 0.866 0.829 0.878 0.775 0.707 0.676 0.842 0.686 0517 0.505 0.679 0476
0.572 0440 0.688 0.584 0585 0.574 0762 0.605 0.793 0745 0.844 0.734 0.694 0.685 0.762 0.716 0736 0.731 0.789 0.689 0.593 0.579 0.711 0599 0.607 0532 0.688 0.635 0.909 0.903 0.910 0.805 0.727 0.759 0.810 0.728 0.525 0.500 0.575 0551

0391 0351 0.69 0641 0643 0.620 0747 0,659 0816 0810 0830 0743 0.702 0694 0.78 0695 07144 0782 0799 0751 0389 0.606 0724 0593 0317 0630 D40 068 0.9 0889 0919 0823 0742 0782 0815 0.157 0389 0620 0,602 0602
N 0713 0662 0.738 0.725 0.849 0.769 0.892 0.835 0.876 0.815 0.935 0.835 0.839 0.801 0.900 0.835 0.888 0.861 0.934 0.889 0.839 0.824 0.896 0.826 0.837 0.792 0.901 0.817 0.959 0.907 0.964 0.901 0.890 0.847 0.919 0.838 0.750 0.699 0.744 0.749
multilingual_e5_large 0700 0690 0733 0751 0862 0453 0900 DAD 0917 092 0930 083 0833 0861 0519 O350 091 0I5 0983 0923 0839 D461 008 0A33 0812 0782 071 OR11 01048 0935 0968 0374 ORA 0903 0948 0863 0737 0922 0735 0731
mulilingual e5_large_instruct 0.791 0.741 0869 0.728 0878 0.819 0919 0.865 0.913 0917 0.962 0.895 0.888 0.889 0.937 0.859 0.928 0.931 0.973 0.904 0851 0.843 0912 0.832 0.841 0.787 0.898 0.826 0.963 0935 0.964 0.925 0.901 0.912 0.943 0.853 0.804 0.736 0.867 0.754
nomic_embed_text_v2_moe 0711 0.699 0665 0.707 0.680 0.708 0.690 0.731 0.839 0.898 0.815 0.799 0.748 0.833 0.746 0.754 0791 0.861 0.803 0.784 0.680 0.713 0.659 0.704 0.696 0.741 0.663 0.751 0.890 0917 0.851 0.805 0.79 0.810 0.799 0.749 0.676 0.676 0.584 0.662
paraphrase_multiL_mpnet base 0,612 0.528 0.685 0.533 0.589 0.560 0.703 0512 0.762 0.755 0.828 0.686 0.702 0.685 0815 0.704 0.669 0.662 0.814 0.638 0.583 0.509 0.663 0551 0.605 0.583 0.722 0.578 0878 0.833 0.889 0.757 0.727 0.782 0.815 0710 0.579 0.481 0.665 0.467
sentence_transformers_LaBSE 0.665 0.741 0.636 0.746 0775 0.806 0.857 0.820 0.882 0,907 0.939 0916 0.839 0.838 0.901 0.886 0.965 0.981 0.978 0.976 0.771 0.801 0.824 0.814 0.686 0.727 0.715 0.769 0.965 0.963 0.975 0.940 0.853 0.907 0930 0.904 0.622 0.648 0.590 0.689

pag_Latn pap_Latn prs_Arab quy_Latn run_Latn sag_Latn san_Deva smo_Latn srd_Latn

ALEE-F200 TACC AR RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
AlibabaNLP. gte_mldtingual_base 0353 0420 0569 0.835 0777 0769 0.805 0763 0304 0765 0.839 0.805 0899 0866 0918 0.4 0742 085 0763 0104 0781 0736 0.803 0763 0727 0104 0756 0107 0824 0796 0841 0781 0738 0690 0799 0713 0312 0301 0855 0790
BAAI bge. 950 0981 0.957 0.958 0816 0.856 0.860 0.838 0874 0.921 0.927 0.880 0.961 0963 0.977 0952 0.694 0.704 0753 0.707 0878 0.903 0932 0.844 0.731 0731 0.776 0.737 0.907 0931 0.932 0.868 0808 0.801 0935 0.829 0909 0.944 0934 0874
Quwen mbeudmy)su 0.816 0.884 0857 0.814 0665 0.722 0695 0.689 0.725 0.759 0.724 0.707 0.806 0.847 0.835 0.796 0.605 0.560 0.611 0.578 0570 0.583 0.636 0.623 0.597 0.602 0.590 0536 0.713 0.755 0.715 0.677 0.574 0.597 065 0.638 0.736 0.769 0.772 0.719
wen3_Embedding 4B 0.886 0.907 0937 0.889 0721 0.741 0.781 0.731 0.777 0856 0.844 0.790 0.880 0.866 0.903 0.838 0.599 0.593 0.677 0.626 0597 0.588 0.697 0.629 0.574 0579 0.672 0611 0.818 0.792 0837 0.746 0.663 0.653 0.785 0.695 0.791 0.838 0.862 0.778
Qwen3_Embedding 8B 0.944 0954 0978 0.925 0764 0.847 0.837 0.766 0.829 0.880 0.918 0.841 0.946 0926 0.943 0.898 0.678 0.657 0.758 0.692 0.684 0.685 0.758 0.707 0.618 0.662 0.697 0.677 0.897 0.875 0.914 0.826 0.736 0.718 0.835 0.775 0.880 0.898 0.910 0.841
google_embeddinggemma_300m 0895 0.917 0932 0.859 0.756 0.782 0.821 0728 0.841 0.824 0.876 0.766 0.942 0.935 0953 0.916 0.667 0.616 0.806 0.662 0.663 0.644 0.780 0.656 0.684 0.648 0.787 0.644 0880 0.866 0.891 0.820 0.667 0.662 0.823 0.653 0.812 0.847 0.898 0.805
ibm_granite_embed_107m_multiL.  0.847 0903 0.892 0.880 0.674 0.694 0.670 0.737 0.762 0.806 0.785 0.808 0.876 0.861 0.892 0850 0.541 0.560 0.624 0.641 0523 0.528 0.500 0.593 0.556 0.625 0.642 0.617 0.750 0.773 0.797 0.740 0.585 0.5 3 0.819 0.835 0.802
ibm_grante_embed 278m_mulL. 0857 0944 0925 0.889 0680 0718 0715 0754 0762 0819 0819 0508 0853 0889 0478 0.850 0358 0,532 0,638 017 0529 0365 0523 0614 0572 0383 0616 0617 0789 0782 0.778 0737 0570 0388 0667 0629 0810 0866 0853 0317
; Ny 0.874 0.903 0916 0.871 0.649 0.653 0.778 0.623 0.750 0.713 0.837 0710 0.926 0898 0. 0523 0.715 0554 0.481 0.495 0.694 0.488 0.385 0.509 0.753 0.503 0.795 0.810 0.848 0.725 0572 806 0.7 2 0.781
0343 0365 0903 0830 0643 0.701 0708 0313 0747 0773 0796 0781 0907 0926 0938 0336 0558 0933 0640 0.390 0381 0.300 017 0587 01356 0314 DSk 0390 0783 0787 0815 0737 0352 0332 0676 0803 0800 0787 (842 0740

finaembeddin 0350 0398 0.3 0907 0.636 0755 D13 0.722 0740 0£10 0765 0754 0921 0389 0923 0344 0543 0337 0577 0578 0520 0588 0731 0623 072 0346 0656 0811 0820 0787 0.824 0746 0553 0393 0690 0629 000 019 0832 0763
multilingual_ 0.924 0.926 0943 0.907 0860 0.917 0.896 0.847 0.934 0.894 0.970 0.934 0.944 0935 0.962 0952 0.785 0.722 0839 0.731 0.882 0.824 0910 0.853 0.744 0.657 0.841 0.754 0.909 0.856 0.927 0.844 0880 0.847 0928 0.874 0.901 0.889 0.944 0,868
‘multilingual_e5_large 0.944 0.968 0964 0.943 0860 0.898 0.889 0.817 0.950 0921 0.973 0925 0.965 0972 0.973 0.946 0.795 0.778 0828 0.754 0903 0.898 0.941 0871 0.767 0.713 0.858 0751 0.903 0.884 0925 0.847 0.882 0.838 0.943 0.871 0921 0.921 0.959 0.922
multilingual_e5_large_instruct 0548 072 0980 0955 0.380 0926 0952 0856 0.950 0954 078 0955 0.961 0958 0971 0952 0316 0.9 0873 0754 0.385 0861 048 0871 0.764 0.7145 0887 074D 0.907 0880 0952 0826 0.366 0847 0048 0865 0.928 0931 0957 022
_moe 0.899 0.944 0884 0.892 0740 0.787 0.728 0.784 0818 0866 0.778 0808 0.913 0963 0.901 0.889 0.661 0.694 0.656 0.710 0.638 0.681 0.620 0.665 0.663 0.671 0.602 0.653 0.814 0.880 0806 0.799 0.721 0.731 0.659 0.716 0.837 0.894 0.830 0805
0368 0354 0K 0826 0680 0,657 0737 0620 0740 07131 015 0704 01928 0303 0995 0363 0599 0974 0486 0.427 0968 OSI9 D631 0451 0873 0352 0,692 D15 0767 018 0814 (698 0601 0428 0719 0481 0806 078 (48 0710

ers_LaBSE 0,971 0.977 0980 0.979 0.742 0.870 0.731 0.820 0.899 0940 0.878 0904 0.965 0972 0.975 0.964 0.634 0.685 0.638 0.707 0932 0.935 1925 0.680 0.778 0.717 0.784 0.868 0.884 0.876 0874 0.955 0.940 0.957 0.949 0.932 0.935 0962 0.931

tuk_Latn tum_Latn vec_Latn
ALEE-F200 TACC AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.793 0.759 0.815 0.769 0.760 0.699 0.797 0.737 0.845 0.815 0.848 0.823
BAAI_bge_m3 0.808 0.824 0.853 0.796 0.860 0.861 0.910 0.835 0.924 0.935 0.964 0.892
Qwen3_Embedding_0.6B 0.589 0.625 0.667 0.599 0.585 0.593 0.636 0.626 0.791 0.806 0.780 0.766
Qwen3_Embedding_4B 0.709 0.722 0.797 0.689 0.599 0.556 0.711 0.614 0.884 0.856 0.898 0.844
Qwen3_Embedding_8B 0.826 0.810 0.889 0.790 0.692 0.667 0.797 0.704 0.911 0.931 0.955 0.904
google_embeddinggemma_300m 0.717 0.694 0.880 0.725 0.678 0.616 0.824 0.713 0.897 0.866 0.921 0.841
ibm_granite_embed_107m_multiL.  0.574 0.537 0.658 0.638 0.519 0.537 0.565 0.632 0.808 0.880 0.855 0.844
ibm_granite_embed_278m_multiL  0.603 0.560 0.672 0.656 0.504 0.528 0.602 0.614 0.833 0.852 0.878 0.859
jina_embeddings_v3 0.645 0.616 0.762 0.578 0.504 0.486 0.719 0.539 0.853 0.861 0.903 0.838
jina_embeddings_v5_text_nano 0.605 0.569 0.715 0.638 0.587 0.505 0.726 0.620 0.862 0.819 0.866 0.781
jina_embeddings_v5_text_small 0.655 0.690 0.763 0.644 0.603 0.593 0.771 0.635 0.866 0.833 0.869 0.832
multilingual_e5_base 0.781 0.764 0.824 0.802 0.847 0.829 0.892 0.847 0.921 0.889 0.957 0.871
multilingual_e5_large 0.769 0.769 0.814 0.784 0.868 0.843 0.927 0.871 0.948 0.935 0.964 0.922
multilingual_e5_large_instruct 0.820 0.815 0.919 0.799 0.884 0.838 0.935 0.880 0.948 0.944 0.968 0.937
nomic_embed_text_v2_moe 0.719 0.755 0.722 0.743 0.671 0.681 0.638 0.701 0.864 0.884 0.849 0.811
paraphrase_multiL_mpnet_base 0.616 0.593 0.710 0.569 0.583 0.551 0.658 0.539 0.833 0.810 0.894 0.763
sentence_transformers_LaBSE 0.940 0.940 0.950 0.955 0.841 0.824 0.887 0.847 0.938 0.954 0.968 0.937
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arb_SA_Arab fra_CA_Latn por_PT_Latn roh_puter roh_rumgr roh_surmiran roh_sutsily roh_sursily roh_vallader swh_TZ_Latn
ALEE-MT61 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.774 0.802 0.809 0.695 0.888 0.904 0.896 0.857 0.898 0.886 0.893 0.846 0.751 0.776 0.756 0.711 0772 0784 0.770 0.768 0.708 0.778 0.721 0.695 0.705 0.761 0.750 0.678 0.756 0.752 0.770 0.705 0.756 0.778 0.741 0.711 0.782 0.778 0.809 0.768
BAAI_bge_m3 0.848 0.848 0.860 0.784 0.927 0.948 0.936 0.900 0.936 0.927 0.925 0.908 0.724 0.778 0.776 0.735 808 0.787 0.770 0.738 0.773 0.727 0.716 0.713 0.761 0.756 0.749 0.739 0.805 0.776 0.792 0.744 0.776 0.791 0.746 0.881 0.857 0898 0.859
0713 0741 0713 0700 0861 0866 0445 0457 0360 0843 0811 0830 (1653 0644 0663 0637 0680 0621 0680 0,631 0637 0630 066H 0633 D425 0609 0618 0603 0,630 OIS 0677 0445 0632 0606 0666 01641 0575 0.8 0616 0611
ywen3_| el 0.762 0.741 0.832 0.724 0.880 0.869 0.912 0.884 0.911 0.878 0.878 0.873 0.655 0.662 0.710 0.651 0.696 0.714 0.729 0.651 0.637 0.668 0.666 0.619 0.625 0.665 0.692 0.624 0.649 0.668 0.706 0.665 0.667 0.679 0.709 0.654 0.609 0.641 0.671 0.630
Quen3_Embedding 8B 0.828 0.810 0.857 0.800 0.926 0.915 0.957 0.938 0.916 0.886 0925 0908 0.696 0711 0723 0668 0.733 0.746 0.779 0.670 0.675 0.685 0.707 0.662 0.683 0.644 0.718 0.641 0.691 0.711 0.761 0.678 0.726 0.746 0.752 0.670 0.688 0.671 0.739 0.692
google_embeddinggemma_300m 0.880 0.878 0.915 0.846 0.944 0.959 0.976 0.938 0.942 0.939 0.959 0.919 0.726 0.665 0.784 0.695 0.726 0.691 0.799 0.727 0.733 0.694 0.770 0.662 0.713 0.688 0.806 0.670 0.734 0.697 0.761 0.703 0.748 0.673 0.759 0.697 0.749 0.717 0.837 0.757
ibm_granite_embed_107m_multiL.  0.703 0.735 0.764 0.708 0.896 0.886 0.875 0.876 0.886 0.892 0.849 0.870 0.670 0.717 0755 0722 0716 0741 0739 0735 0.698 0.729 0.742 0.684 0.657 0.700 0.744 0,635 0.683 0.752 0.745 0.714 0.693 0.726 0.715 0.727 0.637 0.676 0.716 0.700
Iblnllﬂl\ﬂe embed_278m_multil.  0.752 0.758 0.752 0.716 0.913 0.892 0.881 0.892 0.888 0.889 0.870 0.873 0.700 0.729 0.715 0.697 0.711 0.776 0.718 0.754 0.685 0.717 0.723 0.697 0.663 0.682 0.727 0.684 0.685 0.720 0.724 0.732 0.713 0.755 07()6 0.724 0.698 0.673 0.712 0.678
jina_embeddings _v3 0.820 0.787 0.854 0.741 0.916 0.883 0.944 0.895 0.913 0878 0925 0876 0655 0638 0785 0627 0.696 0682 0.777 0.673 0.670 0.612 0.774 0.619 0.606 0.636 0.779 0.595 0.673 0.638 0.777 0.635 0.650 0.641 0.747 0.654 0.734 0.682 0.823 0.714
Jina_ eembeddings_ VS _text_nano 0.797 0.810 0.845 0.727 0.911 0.886 0.921 0.892 0.908 0.886 0.907 0.900 0.619 0.627 0.662 0.662 0.668 0.656 0.703 0.716 0.617 0.621 0.671 0.654 0.607 0.560 0.672 0.643 0.634 0.647 0.684 0.676 0.635 0.633 0. 554 0.676 0.597 0.557 0.697 0.635
jina_embeddings v5_textsmall 0815 0796 0.840 0.746 0921 0927 0925 0.916 0.911 0.892 0.901 0.895 0.667 0.665 0.668 0.627 0.703 0.714 0.701 0.689 0.639 0.662 0.610 0. 0630 0.671 0627 0.675 0.697 0649 0646 0.649 0697 0.634 0.62 0.637 0.612 0.721 0.641
multilingual_e5_t 0.794 0.822 0.770 0.757 0.903 0.915 0.890 0.889 0.901 0.895 0.849 0.849 0.726 0.755 0.716 0.719 0.719 0.749 0.761 0.757 0.696 0.732 0.716 0.732 UGXS 0.714 0.730 0.695 0.731 0.746 0.764 0.727 0.733 0.743 0.724 0.749 0.850 0.831 0.814 0.811
multlingual_e3 0835 0837 0825 0786 0939 093 0936 0916 0944 0921 0919 0914 0756 0173 0.785 0754 0.772 0767 0812 0768 0144 0.135 0190 0.721 0.732 0.796 0.732 0.754 0.793 0806 0751 0757 0770 0805 0759 0855 0872 0883 0.846
multilingual_e5_large_instruct 0.866 0.880 0. )44 0.942 0.945 0.927 0.767 0.770 0.866 0.776 0.790 0.793 0.884 0.786 0.756 0.764 0.861 0732 0.764 0.767 0.860 0.735 0.771 0.805 0.867 0.773 0.797 0.781 0.875 0.773 0.843 0.837 0.918 0.814
nomic_embed_text v2_moe 0315 0316 0792 0750 05K 01930 0364 O8R4 098 0910 0828 0870 0,675 0711 0654 06 0711 0776 0655 0746 D678 0767 0668 074 0695 0799 0,662 D670 0.6R3 0993 0684 0745 0677 0738 0646 0703 0744 0717 0.736 0776
paraphrase_multiL._mpnet_base 0.792 0.802 0.794 0.719 0.906 0.901 0.916 0.841 0.894 0.872 0.881 0.835 0.644 0.633 0.721 0.651 0.708 0.673 0.752 0.649 0.682 0.638 0.747 0.616 0.653 0.638 0.721 0.605 0.691 0.627 0.724 0.624 0.677 0.644 0.721 0.654 0.670 0.566 0.684 0.600
{Chience ransiormers LaBSE 0,871 0.880 0.904 0.859 0.954 0.959 0.963 0.959 0.946 0.950 0.938 0.927 0.749 0.787 0771 0805 0.807 0816 0,838 0830 0.769 0.810 0.758 0.814 0.734 0.781 0.765 0.789 0.784 0.790 0.831 0.832 0.777 0.828 0.744 0.843 0.931 0953 0.942 0957
aar_Latn abl_Latn agr_Latn aiq_Arab ami_Latn ane_Latn arh_Latn arn_Latn arz_Latn ayz_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_ NLPJIC multilingual_base 0.665 0.654 0.770 0.691 0.687 0.786 0.764 0.721 0.571 0.610 0.726 0.595 0.782 0.815 0.837 0.739 0.568 0.545 0.695 0.601 0.621 0.630 0.753 0.664 0.697 0.757 0.797 0.733 0.608 0.648 0.743 0.610 0.570 0.572 0.741 0.622 0.620 0.686 0.697 0.664
BAAILbge 0652 0401 0.776 0652 0150 0.786 0837 0.738 0395 0572 0720 0.634 0.344 0877 0.994 0308 0575 0310 0.132 0.556 0678 0610 0752 0691 0700 0721 0301 0718 D608 0628 0.719 055 0580 0345 0712 0,607 052 0628 0750 0631
Qwen3_| EmbeddlnLU 6B 0. 13 0.610 0.529 0.620 0.695 0.692 0.628 0.524 0.545 0.578 0.583 0.710 0.730 0.738 0.628 0.497 0.487 0.552 0.526 0.531 0.510 0.590 0.568 0. 3 0.544 0581 )7 0.577 0.533 0.513 0.592 0.547 0.523 0.592 0.564 0.580
Quen3_Embedding 4B 30533 01610 0338 0677 0901 0335 0613 0477 0.490 D410 0.347 0700 073 0325 0616 0.424 0460 0.328 0477 0311 0481 0398 0.347 D616 0639 0933 0616 0393 0351 0,673 0350 0333 0931 0871 0538 0,519 0,543 0.632 0.520
Qwen3_Embedding_8B 0.571 0.543 0.679 0.619 0.705 0.748 0.794 0.706 0.556 0.528 0.649 0.622 0.784 0.786 0.854 0.709 0.496 0.475 0.547 0.526 0.523 0.501 0.538 0.571 0.667 0.663 0.753 0.685 0.570 0.592 0.680 0.595 0.642 0.636 0.728 0.¢ 0.561 0.572 0.632 0.622
‘google_embeddinggemma_300m  0.576 0513 0.761 0.586 0724 0721 0840 0688 0.573 0522 0750 0589 0817 0821 0906 0.781 0.546 0.481 0.722 0,514 0.588 0.504 0.797 0.565 0.700 0.669 0.807 0.652 0.588 0.581 0.746 0.580 0.563 0.455 0.747 0.502 0.611 0575 0744 0601
ibm_granite_embed_107m_muliL  0.531 0.581 0.637 0.607 0.570 0.674 0.679 0.637 0.496 0.531 0.595 0.589 0.714 0.798 0776 0.703 0486 0490 0498 0529 0586 0.613 0.701 0.622 0.616 0.683 0.662 0.670 0.513 0.613 0.646 0.601 0.499 0.507 0.604 0.523 0.593 0,616 0,653 0.616
lhmimnue embed_278m_multil.  0.546 0.587 0.658 0.625 0.611 0.695 0.716 0.667 0.526 0.560 0.598 0.583 0.730 0.801 0.821 0.700 0.492 0.481 0.505 0.574 0.588 0.581 0.668 0.595 0.631 0.742 0.644 0.718 0.531 0.610 0.640 0.589 0.508 0.554 0.599 0.586 0.595 0.660 0.629 0.613
0358 0325 0.137 0511 0647 0.680 0309 0.598 0576 0522 0725 0529 0.155 0748 0.827 0661 011 0497 0386 0.520 0621 0531 0753 0523 0623 0623 0688 0580 0519 001 0107 0,498 0343 0455 0740 0489 0386 0560 0.737 0353
text_nano 0.467 0.457 0.623 0.553 0.645 0.630 0.735 0.685 0.476 0.463 0.608 0.592 0.752 0.718 0.822 0.697 0. 31 0.450 0.538 0.494 0.490 0.623 0.571 0.575 0.584 0.677 0.634 0.499 0.519 0.680 0.598 0.464 0.393 0.610 0.526 0.472 0.528 0.578 0.601
jina_embeddings »5 Al 01466 0469 028 0917 0580 0613 0GR 0,688 0476 0457 0634 0504 0715 0727 013 0452 DA% 0435 0377 0486 0524 01472 0662 0.365 0956 058 0610 0613 0476 078 0.599 0356 0451 0428 0663 0928 0444 0481 0346 0.3
multilingual_e5_base 0.590 0.598 0.676 0.673 0.715 0.765 0.818 0.778 0.529 0.572 0.656 0.625 0.819 0.850 0.891 0.775 0.554 0.572 0.620 0.598 0.600 0.625 0.704 0.667 0.665 0.701 0.712 0.733 0.566 0.610 0.655 0.634 0.543 0.545 0.665 0.583 0.575 0.619 0.653 0.694
moltlingoal_es_large 0,564 0.630 0.679 0.715 0.709 0.792 0.813 0.784 0.516 0360 0.658 0.631 0839 0874 0900 0820 0489 0557 0.584 0.628 0.564 0.630 0.701 0.670 0.665 0.724 0.728 0.730 0.548 0.607 0.668 0.658 0.554 0.572 0.703 0.622 0.543 0,660 0.632 0.685
multilingual_e5_large_instruct 0.757 0.721 0.848 0.757 0.812 0.815 0.867 0.760 0.673 0.657 0.789 0.691 0.873 0.915 0.919 0.838 0647 (!()ZX 0.768 0.658 0.704 0.695 0.842 0.709 0.769 0.774 0.842 0.730 0.714 0.716 0.837 0.712 0.702 0.674 0.827 0.700 0.720 0.704 0.827 0.772
1o v2_moe 633 0.683 0.649 0.721 0.667 0.768 0.741 0.688 0.551 0.645 0,611 0.685 0774 0836 0825 0751 0. 4 0.447 0.619 0.638 0.707 0.650 0.676 0.650 0.739 0.602 0.745 0388 0645 0.622 0676 0.396 0686 0638 0.649 0.605 0.716 0.614 0.661
pnmphm\e multi net_base 0.558 0.534 0.688 0.562 0.616 0.698 0.774 0.613 0.571 0.545 0.677 0.505 0.771 0.777 0.830 0.706 0576 (! 534 0.634 0.511 0.570 0.563 0.689 0.568 0.603 0.628 0.704 0.610 0.566 0.534 0.677 0.526 0.531 0.478 0.659 0.477 0.558 0.578 0.701 0.547
Sentence.tmansorrers LaBSE 0.670 0.760 0.667 0.763 0.777 0.815 0.791 0.799 0.635 0,686 0.368 0655 0861 0938 0915 0871 0621 0698 0.568 0.718 0.730 0.798 0.695 0.724 0.786 0.815 0.722 0.808 0.626 0.736 0.691 0.721 0.678 0.721 0.667 0.697 0.722 0.786 0.695 0.760
azm_Latn azz_Latn bas_Latn bba_Latn ben_Latn bft_Arab bhb_Deva bre_Latn brh_Arab brx_Deva
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.571 0.581 0.700 0.607 0.630 0.680 0.722 0.655 0.613 0.642 0.728 0.655 0.605 0.636 0.722 0.640 0.710 0.757 0.789 0.709 0556 0.601 0.641 0.643 0.710 0.789 0.792 0.766 0.692 0.730 0.774 0.730 0.642 0.695 0.709 0.640 0.625 0.654 0.706 0.694
BAAILbge_m3 0578 0.616 0.701 0.616 0.631 0.651 0.735 0.655 0.625 0.604 0.756 0.637 0.608 0.584 0720 0.625 0722 0.745 0819 0.709 0.544 0.595 0.541 0.577 0.740 0.783 0.722 0.742 0.707 0.707 0.809 0.742 0.623 0.704 0.562 0.649 0.613 0.613 0.719 0.637
Qwen3_Embedding_0.6B 0.487 0.540 0.537 0.514 0.549 0.613 0.611 0.631 0.514 0.548 0.534 0.577 0.575 0.584 0.598 0.592 0.682 0.683 0.731 0.634 0.501 0.543 0.544 0.498 0.643 0.692 0.691 0.619 0.509 0.519 0.578 0.589 0.580 0.613 0.619 0.565 0.503 0.528 0.567 0.535
mbedding_4B 0462 0.510 0.586 0.523 0.571 0.543 0.677 0.556 0.524 0525 0570 0568 0518 0516 0.628 0547 0.750 0.771 0.824 0.646 0471 0.475 0,613 0.502 0.719 0.742 0.806 0.634 0.513 0.528 0.644 0.559 0.618 0.651 0.726 0.359 0.543 0531 0,617 0547
_Embed 0.533 0.504 0.590 0.589 0.559 0.569 0.682 0.649 054I 0.534 0.608 0.610 0.556 0.543 0.643 0.604 0.792 0.856 0.859 0.742 0.497 0.501 0.596 0.547 0.755 0.762 0.810 0.730 0.588 0554 0688 0.640 0.688 0.683 0.744 0.622 0.588 0.587 0.655 0.589
google_embeddinggemma_300m 0,576 0.519 0.709 0577 0.643 0613 0753 0631 0496 0.735 0.541 0,549 0.528 0.714 0.544 0.725 0.724 0.830 0.685 0.606 0.331 0.710 0380 0771 0751 0836 0.697 0.543 577 0725 0666 0795 0613 0613 0.540 0.741 0.589
ibm_granite_embed_107m_multi.  0.509 0.540 0.535 0.568 0.531 0.578 0.626 0.601 ()4‘7‘1 0.563 0.519 0.574 0.563 0.610 0.593 0.598 0.625 0.721 0.726 0.706 0.441 0.545 0.460 0.658 0.730 0.709 0.691 0.533 0. 507 0659 ()619 OS(xA 0.633 05()2 0.589 0.539 0.589 0.616 0.643
ibm_granite_embed_278m_muliL  0.343 0.354 0338 0.395 0554 0398 0.635 0619 0518 0.595 0,502 0.583 0,561 0.595 0.604 0.577 0.683 0.730 0.749 0.673 0.466 0.575 0.447 0.583 0.687 0.730 0.703 0.712 0,344 0.604 0.638 0631 0343 0660 0540 0.601 0541 0578 0.604 0.625
jina_ embeddmg\ v3 0.531 0.501 0.632 0.495 0.513 0.522 0.680 0.535 0.566 0.531 0.667 0.523 0.570 0.548 0.664 0.553 0.673 0.669 0.816 (!6[() 0.497 0.519 0.574 0.688 0.666 0.792 0.601 0.524 0.516 0.738 0.592 OMX 0.607 0. n‘)x 0.565 0.546 0.551 0.709 0.559
jina_embeddings v5_text_nano 0436 0463 0.540 0.574 0536 0.519 0.646 0.601 0.436 0.469 0.547 0.571 0.462 0.487 0.549 0.583 0.586 0.619 0.692 0.643 0.456 0490 0. 0.655 0.669 0.694 0.667 0456 0490 0.365 0.392 0631 0634 0688 0.649 0467 0463 0.574 0.547
Jina_ embeddmg: v5_text_small 0.492 0.529 0.479 0.516 0.572 0.574 0.425 0.446 0.472 0.532 0.419 0475 0.451 X 0.648 0.697 0652 0.397 0475 0.662 0.674 0.712 0.688 0.436 0.452 0.529 0.565 0.593 0.630 0.674 0.607 0.457 0.466 0.578 0.508
‘multilingual_e5_base 0356 0643 0568 00T 0673 0667 0953 0.592 0670 0673 0.575 0816 0.652 046 0675 0783 0131 0.736 0309 0.587 3 0740 0.757 0738 0712 0635 0657 0.740 0715 0:645 080 0674 0670 0575 0613 0636 0682
mululll\gu |_e5_large 0.525 0.628 0.5 644 0. 0.607 0.647 0.637 0.523 0.622 0.647 0.679 0.688 0.751 0.788 0.715 0.476 0.578 9 0.646 0. 0.804 0.767 0.745 0.698 0.762 0.843 0.799 0.633 0.716 0.649 0.676 0.543 0.633 0.628 0.676
multilingu 5 0551 0736 0652 0739 0686 0818 0.6o1 0495 068 0310 0103 0680 0674 0.803 0705 0801 0304 0435 0743 0470 0701 0752 0514 0830 0843 0751 0805 0792 0903 0.802 0753 0.406 0836 0318 01057 0677 0.776 0691
mic_embed_text_v2_moe 0.541 0.622 0.474 0.604 0.620 0633 0.607 0.667 0.541 0.630 0.499 0.625 0.596 0.642 0.543 0.655 0.688 0.760 0.729 0.682 0.549 0.707 0.472 3 0.722 0.777 0.709 0.694 0.601 0.654 0.655 0.700 0.603 0.724 0.531 0.610 0.631 0.642 0.631 0.670
paraphrase_multil_mpnet_base  0.516 0.499 0628 0495 0.573 0.395 0.661 0568 0538 0537 0.644 0544 0558 0,575 0.628 0.547 0.638 0.683 0.770 0.643 0.580 0.534 0.655 0.568 0.700 0.674 0.755 0.652 0.516 0478 0.650 0553 0631 0625 0644 0571 0573 0540 0710 0562
sentence._transformers_LaBSE 0,653 0.739 0.601 0.688 0.668 0.727 0.674 0.715 0.667 0.760 0.631 0.739 0683 0.751 0.629 0.709 0.757 0812 0.746 0.772 0.620 0.727 0.513 0.694 0.841 0.894 0.851 0.844 0,720 0.777 0.706 0.793 0.668 0.792 0.608 0.709 0.715 0.757 0.619 0.757
bsh_Arab bsk_Arab cak_Latn che_Cyrl chr_Cher chy_Cyrl cja_Arab ckl_Latn emn_Hant emn_Hans
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gte_mulilingual_buse 0.623 0669 0.150 0,619 0769 0.795 062 0.142 0549 0651 0,698 0395 0.601 0657 0168 0635 0610 0.572 0722 0.631 031 0,677 0788 0652 0.383 0628 0.135 0643 0.672 0669 0164 071 0925 0998 0922 0,859 0913 006 0915 0826
BAAI bge. 0.677 0.654 0.749 0.616 0.799 0.786 0.868 0.760 0.571 0.545 0.700 0.613 0.600 0. (722 0.695 0.613 0.615 0.587 0.709 0.601 0.635 0.645 0.759 0.649 0.595 0.604 0.689 0. 574 0.675 0.689 0.728 0.709 0.941 0.935 0.960 0.880 0.940 0.930 0.954 0.883
Quend. Ennbedding 0.68 0,559 0.595 0.602 0.553 0.682 0.677 0.701 0.613 0.519 0340 0,338 0550 0514 0572 0611 0535 0513 0496 0.583 0.520 0.546 0.581 0.610 0.565 0.523 0.516 0.546 0.547 0.593 0.589 0.649 0.646 0.918 0.918 0.904 0.841 0.930 0935 0.895 0862
Qwen3_Embe: g 4B 0.586 0.581 0.712 0.535 0.710 0.710 0.803 0.682 \)Sl3 0.478 0.610 0.526 0.559 0. 55[ 0.685 0.574 0.556 0.419 0.655 0.465 0.575 0.578 0.701 0.574 0.486 0.431 0.601 (14‘)5 0.558 0.531 0.707 0.592 0.940 0.924 0.942 0.850 0.941 0.927 0.922 0.880
Quen3_Embedding 8B 603 0.598 0.701 0.586 0.771 0.736 0.842 0.727 0.513 0.504 0.601 0.386 036 0.384 0683 0.389 0368 0466 0.636 0.559 0,610 0.616 0.710 0.610 0.519 0.487 0.546 0.541 0.581 0.566 0.680 0.637 0.936 0.947 0.961 0.910 0.935 0921 0.945 0907
google_embeddinggemma_300m 0.657 0.601 0.759 0.589 0.822 0.777 0.900 0.724 0.586 0.499 0.753 0.577 0.608 0.575 0.794 0.583 0.553 0.457 0.743 0.511 0.690 0.619 0.833 0.604 0.585 0.463 0.753 0.565 0.618 0.589 0.780 0.616 0.946 0.947 0.964 0.904 0.960 0.968 0.966 0.910
ibm_granite_embed_107m_multiL. ~ 0.580 0.587 0.646 0.595 0.707 0.716 0.743 0.694 0.516 0.554 0.629 0.395 0.351 0.557 0,664 0.386 0336 0501 0674 0363 0556 0.566 0.683 0.547 0.529 0.548 0.589 0.577 0.581 0.636 0.676 0.667 0.834 0.853 0.830 0.796 0.853 0.868 0.858 0.799
ibm_granite_embed_278m_multiL.  0.554 0.625 0.629 0.607 0.739 0.730 0.764 0.676 0.516 0.592 0.605 0.574 0.541 0.604 0.664 0.589 0.553 0.569 0.691 0.580 0.558 0.592 0.710 0593 0.564 0.534 0.553 0.562 0.616 0.651 0.682 0.658 0.859 0.903 0.891 0.814 0.854 0.886 0.889 0.826
jina_embeddings_v3 0591 0.566 0.746 0.571 0.757 0.710 0.840 0.697 0.526 0481 0.685 0498 0385 0.501 0795 0538 0.623 0493 0.780 0.523 0548 0531 0.789 0.541 0.626 0.554 0.744 0.520 0.620 0.519 0.777 0.568 0.879 0.865 0.925 0.814 0.843 0.824 0,888 0.790
Jina_embeddings_v3_text_ 0573 0381 0704 OSTT 0771 0727 0197 0103 0425 0405 0.535 032 D516 0304 0677 0501 0456 0413 0652 0551 0.677 0.637 0.415 0428 0.504 0.535 0.486 0.525 0,635 0.634 0908 0868 0918 0.835 0923 0.883 0.921 0.853
Jina_embeddings_v: 0.685 0.577 0744 0.721 0.786 0.718 0.347 0.422 0.390 0.529 0.531 0478 0.691 0.592 0.516 0.396 0.686 0. 0.510 0.726 0.589 0.389 0.434 0.444 0.495 0.474 0.501 0.580 0.601 0.920 0.924 0.931 0.859 0.923 0.918 0.927 0.850
‘multlingual_e5 0631 048 0315 0616 0405 0301 0361 0796 0338 0563 0381 0428 0.375 0413 06RE 0EI1 0578 0375 0414 D/6%3 0376 0663 0710 0713 0356 0573 01630 0631 0421 T4 0464 0,697 0940 0924 0932 083 021 0924 (1910 0386
multilingual_e5_large 0.633 0.674 0.710 0.676 0.846 0.830 0.894 0.823 0.472 0.566 0.595 0.637 0.564 06I6 0.692 0.643 0.581 0.581 0.641 0.649 0.583 0.642 0.752 0.697 0.551 0.584 0.655 0.658 0.600 0.672 0.679 0.730 0.951 0.941 0.952 0.889 0.958 0.971 0.963 0.910
i 0.776 0.760 0.839 0.742 0.883 0.862 0.921 0.829 0.662 0639 0.783 0.679 0707 0.704 0834 0733 0.693 0.630 0.798 0.652 0.755 0.742 0.862 0.733 0.710 0.654 0.783 0.712 0.740 0.736 0.846 0.748 0.963 0.953 0.967 0.958 0.961 0.962 0.966 0.949
0.652 0.704 0.680 0.691 0.764 0.830 0.795 0.763 0.566 0.642 0.586 0.616 0.626 0.716 0.635 0.643 0.693 0.672 0.741 0.673 0.600 0.721 0.661 0.670 0.606 0.686 0.581 0.685 0.625 0.683 0.670 0.670 0.899 0.889 0.900 0.853 0.886 0.903 0.903 0.862
paraphrase_multiL_mpnet_base 621 0,575 0.704 0.559 0.742 0.730 0.818 0.679 0.571 0.551 0.637 0.550 0.351 0525 0709 0571 0.601 0525 0.697 0514 0576 0.584 0.709 0.535 0.546 0.490 0.628 0.571 0.583 0.592 0.691 0.592 0.916 0.927 0.913 0.838 0.918 0924 0.910 0.850
sentence_transformers_LaBSE 0.670 0.754 0.707 0.718 0.856 0.880 0.898 0.826 0.631 0.695 0.549 0.688 0.630 0.727 0.656 0.658 0.739 0.724 0.691 0.727 0.655 0.718 0.679 0.700 0.739 0.768 0.626 0.715 0.755 0.812 0.722 0.805 0.898 0.927 0.940 0.892 0.906 0.935 0.949 0.901
erk_Cans erk_Latn cux_Latn daq_Deva dgo_Deva diq_Latn div_Thaa djc_Latn dje_Latn dtm_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_ NLPJI: multilingual_base 0.638 0.572 0.743 0.655 0.605 0.563 0.722 0.679 0.566 0.633 0.608 0.619 0.831 0.850 0.861 0.802 0.750 0.836 0.804 0.751 0.658 0.727 0.783 0.694 0.610 0.604 0.759 0.637 0.568 0.543 0.714 0.631 0.611 0.587 0.683 0.655 0.603 0.625 0.747 0.616
BAAILbge 0.625 0.587 0.712 0.607 0.605 0.578 0.668 0.649 0.383 0,616 0.640 0.395 0876 0868 0895 0823 0.801 0827 0.821 0.787 0.719 0.695 0.712 0.727 0.573 0.566 0.709 0.589 0.533 0.528 0.674 0.595 0.571 0.639 0.570 0.646 0.610 0.604 0.737 0601
Qwen3, EmbeddlnLU 6B 0.554 0.516 0.613 0.547 0.533 0.478 0.550 0.568 0.489 0.625 0.519 0.565 0.717 0.736 0.735 0.658 0.670 0.660 0.709 0.601 0.566 0.595 0.625 0.577 0.514 0.499 0.587 0.529 0.534 0.519 0.570 0.550 0.544 0.545 0.564 0.559 0.529 0.540 0.558 0.532
0.336 0.449 0671 0326 0444 0434 0550 0489 0.314 0.360 0575 0330 0.806 0.198 0848 0727 0757 0.142 0846 0658 0.383 0.395 0729 0330 0.506 046 0641 0308 0314 0487 0628 0514 0.328 0313 0505 0317 0.324 0.345 0604 0356
0553 0.490 0.662 0.571 0.524 0.493 0.574 0.559 0.549 0,587 0.395 0.601 0824 0856 0885 0766 0.796 0.806 0.864 0.724 0.625 0.642 0.750 0.649 0.521 0.428 0.601 0.532 0,556 0.531 0.620 0.550 0.538 0.560 0.571 0.571 0.526 0,548 0.592 0577
0566 0.460 0.713 0.526 0.548 0.493 0.726 0.562 0.551 0.604 0.700 0.583 0.866 0.853 0.900 0.745 0.784 0.815 0.834 0.709 0.643 0.554 0.771 0.619 0.605 0.569 0.717 0.601 0.571 0.472 0.734 0526 0.601 0.525 0.719 0.577 0.571 0.493 0.704 0.550
ibm_granite_embed_107m_multiL. 0,553 0.534 0.673 0.622 0.486 0.528 0586 0,616 0492 0.63 0495 0640 0.719 0742 0.192 0682 0682 0.721 0720 0.676 0580 0616 0682 0661 0.544 0345 0.677 0529 0.526 0563 0661 0.568 0348 0616 0IT0 0619 056 013 0.595 0513
ibm_granite_embed_278m_multil.  0.575 0.587 0.685 0.622 0.499 0.5 78 0.574 0.499 0.630 0.462 0.598 0.747 0.801 0.783 0.712 0.663 0.724 0.728 0.670 0.585 0. 0.695 0.661 0.534 0.551 0.667 0.562 0.558 0.554 0.655 0.583 0.541 0.631 0.491 0.610 0.543 0.616
jina_embeddings _v3 0413 0408 0962 0917 0301 01490 0491 0323 0491 0604 0432 0341 0787 0757 0431 0476 093 0718 0421 0640 0373 0573 0967 0589 (.03 0332 018 0547 0594 0484 0507 0344 03K D391 0832 0547 0383 0551 014 0917
jina_embeddings_v5_text_nano 0.474 0396 0.622 0.541 0.469 0.425 0.638 0.529 0.436 0.528 0.498 0.595 0.799 0.789 0.825 0.760 0.673 0.730 0.738 0.667 0.516 0.513 0.662 0.598 0.461 0.399 0.617 0.480 0.481 0.437 0.644 0.544 0.437 0.487 0.528 0.553 0.456 0.455 0.556 0.547
Jina_embeddings VS texsmall 0446 0399 0.559 0305 0.422 0419 0553 0526 0370 0.537 0308 0553 0799 0815 0858 0139 0.704 0754 0.773 0706 0523 0525 0623 0.586 0528 0.378 0725 0508 0466 0446 0.626 0480 0.392 0493 0432 0350 0397 0463 017 0492
‘multilingual_eS_bas 0.596 0.601 0.634 0.667 0.541 0.575 0.596 0.664 0.499 0.628 0.474 0.631 0.856 0.842 0.904 0.823 0.797 0.818 0.840 0.772 0.665 0.677 0.697 0.724 0.593 0.557 0.637 0.613 0.513 0. 58‘) 0.619 0.586 0.581 0.628 0.584 0.682 0.583 0.619 0.667 0.649

molilingoel_es_Jarge 0613 0616 0.640 0667 0541 0.363 0816 0.664 049 0.622 0501 0646 0.896 0386 0918 0365 0.638 0839 0868 0.772 066D 0674 0720 0.130 0605 0363 0.638 0661 0474 0363 0620 01652 0536 0.630 070 0688 0538 0584 0.T6 043
multilingual_e5. lmge ins 0.717 0.625 0.806 0.670 0.709 0.645 0.776 0.721 0.683 0.704 0.744 0.640 0.894 0.903 0.934 0.847 0.861 0.859 0.891 0.793 0.787 0.765 0.842 . I8 0.813 0.697 0.658 0. MZ 0.780 0.691 0.692 0.692 0.761 0.739 0.688 0.663 0.831 0.706
nomic_emi X 0702 0.692 0.728 0694 0,628 0613 0,644 0646 0.538 0:686 0445 0,631 0792 0.824 0797 0.142 0.777 0809 0.782 0679 0,652 0680 0.667 0673 0657 0.713 0630 0.676 0536 0,615 0632 0.628 0.586 0619 0.537 0652 0.351 0645 0.501 0:628
paraphrase_muli 0.590 0.545 0.698 0.550 0.564 0.522 0.671 0.526 0.558 0.575 0.614 0.526 0787 0751 0818 0.670 0742 0.730 0.785 0.697 0.578 0.587 0.720 0.613 0.593 0.522 0.688 0.523 0.576 0.510 0.700 0.535 0.528 0.563 0.581 0.511 0556 0.540 0.628 0511
Sentence.transorriers, LABSE 0752 0.721 0.683 0.742 0.698 0.742 0.677 0.730 0.652 0.774 0.532 0.697 0854 0.900 0901 0868 0.866 0843 0.845 0853 0.764 0.824 0.768 0.853 0.724 0,692 0.697 0.712 0.685 0.710 0.649 0.682 0.693 0.760 0.564 0.733 0.673 0.7I8 0.568 0.676
dts_Latn dua_Latn ekk_Latn enb_Latn enl_Latn eto_Latn ewo_Latn fia_Copt fry_Latn fuc_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_ NLPglc,mulnlll\gnnlihn\e 0.568 0.575 0.740 0.586 0.576 0.601 0.673 0.649 0.884 0.889 0.913 0.862 0.653 0.636 0.744 0.682 0.566 0.569 0.683 0.631 0.598 0.595 0.685 0.598 0.590 0.622 0.662 0.643 0.591 0.560 0.697 0.634 0.838 0.868 0.897 0.826 0.682 0.707 0.785 0.706
BAAL bge. 0,595 0.575 0.746 0.607 0.588 0.543 0.673 0.592 0.965 0971 0972 0.919 0685 0.683 0773 0658 0.536 0557 0.602 0.634 0.628 0551 0.686 0.616 0.608 0.613 0.677 0.637 0.593 0.598 0.717 0.604 0.923 0.927 0.936 0.907 0.680 0.657 0.810 0,664
Elnh:ddl 2 0.6B 0.528 0.545 0.578 0.541 0.528 0.504 0.553 0.547 0.650 0.669 0.710 0.670 0.586 0.569 0.598 0.586 0.544 0.513 0.595 0.550 0.504 0.507 0.565 0.577 0.543 0.560 0.595 0.574 0.509 0.460 0.549 0.492 0.620 0.660 0.670 0.643 0.546 0.540 0.587 0.511
_Embedding 4B OSI8 0325 0.639 0532 0514 0413 002 0.492 0811 0521 0891 0763 0.346 0334 0,679 0368 0484 0466 0559 0.523 0306 0496 0610 0529 018 0493 0616 0359 0501 0472 0634 0495 0729 0.786 0838 091 0506 0501 0644 0529
EmheddlnLSB 0.546 0.548 0.655 0.568 0.556 0.478 0.634 0.589 0.864 0.862 0.928 0.850 0.575 0.569 0.655 0.589 0.514 0.493 0.589 0.577 0.551 0.534 0.625 0.595 0.538 0.543 0.626 0.568 0.558 0.481 0.641 0.583 0.796 0.848 0.871 0.790 0.549 0.501 0.608 0.574
‘google_embeddinggemma_300m 0,571 0.522 0.744 0350 0523 0481 0725 0514 0784 0748 0843 0742 0,620 0.584 0.750 0.613 0.586 0.484 0.726 0.589 0370 0995 0733 0344 0.386 0323 0715 0374 0336 0.396 0712 0493 0707 0672 0809 0616 0.598 0325 0704 0353
ibm_granite_embed_107m_multiL.  0.513 0.557 0.593 0.586 0.518 0.548 0.593 0.574 0.757 0.765 0.803 0.739 0.531 0.592 0.610 0.631 0.479 0.481 0.529 0.586 0.546 0.569 0.599 0.568 0.559 0.598 0.617 0.619 0.528 0.504 0.670 0.577 0.640 0.742 0.717 0.742 0.496 0.534 0.617 0.607
nbm granite_embed_278m_muliL  0.546 0.572 0387 0.368 0523 0372 0570 0347 0779 0809 0843 0778 0541 0584 0.617 0.622 0.496 0.548 0519 0.601 0.571 0.56 0,580 0,551 0,592 0.592 0.628 0.524 0.560 0.679 0.565 0.695 0.783 0.764 0.745 0.526 0,348 0.395 0.598
a. embeddmg: v3 0.591 0.540 0.667 0.535 0.546 0.531 0.640 0.535 0.908 0.886 0.931 0.862 0.578 0.545 0.726 0.559 0.504 0.522 0.559 0.547 0.593 0.516 07(!9 0.535 0.591 0.548 0.722 0.556 0.621 0.484 0.770 0.547 0.827 0.836 0.906 0.808 0.568 0.516 0.723 0.532
Jnaembeddings_v 0304 0452 0.628 0547 0486 0.446 0634 0359 0724 0.107 0798 0742 0511 0304 0.664 0398 0446 0440 0364 0.341 0459 0496 0576 0565 0511 0490 0.589 0363 0533 0384 0.107 0477 0628 0.633 0732 070 0451 04e6 0.3% 0359
Jina_embeddings_v5_text_s Csmall 0.45¢ 460 0.60: 81 0.405 0.586 0.532 0.744 0.754 0.842 0.730 0.499 0.466 0.647 0.550 0.437 0.449 0.481 0.520 0.432 0411 U5A7 0505 0.464 0.463 0.572 0.541 0.536 0.402 0.722 0.502 0.640 0.695 0.701 0.712 0.417 0.437 0.439 0.498
multilingual 0336 0938 0486 0616 053 0,365 0356 0628 0506 0571 0933 0586 0,616 D645 0694 0900 0524 0392 0378 0046 0315 0351 0310 0454 0.393 0369 01020 0831 0376 0372 0626 01058 0735 0.777 0774 0754 0677 0467 0.799 08
multilingual_e5_| 0.554 0.589 0.688 0.625 0.491 0.584 0.558 0.640 0.961 0.950 0.976 0.943 0.601 0.642 0.691 0.691 0.518 0.592 0.649 0.673 0.523 0.566 0.586 0.634 0.529 0.560 0.620 0.673 0.581 0.566 0.649 0.649 0.806 0.850 0.854 0.829 0.685 0.701 0.779 0.706
Mulilingual_o5 Jarge.instruct 0692 0666 0824 0652 0,663 0.683 0752 0721 0.963 0938 0969 0934 0.159 0.124 0834 0751 0.700 0660 0783 70 0667 063 0T55 0652 0.697 0672 0105 0706 0692 0.622 0T77 061 0583 0915 0936 0862 0.779 0742 0867 0121
nomic_embed_text_v2_moe 0.583 0.630 0.616 0.604 0.575 0.651 0.558 0.643 0.873 0.886 0.900 0.883 0.628 0.677 0.625 0.697 0.585 0.636 0.562 0.673 0.606 0.657 0.596 0.649 0.600 0.683 0.611 0.661 0.677 0.689 0.716 0.688 0.781 0.830 0.834 0.781 0.581 0,610 0.584 0.643
paraphrase_multil._ _base 0.561 0.543 0.638 0.495 0.561 0.487 0.677 DA‘Ji 0.925 0.915 0.936 0.889 0.559 0.557 0.685 0.547 0.544 0.516 0.641 0.571 0.568 0.510 0.652 0.535 0.570 0.569 0.689 0.559 0.610 0.537 0.704 0.550 0.653 0.666 0.776 0.661 0.551 0.534 0.688 0.520
sentence._transformers_LaBSE 0,687 0.677 0.635 0.643 0.621 0.736 0.528 0.664 0.951 0,965 0.984 0.931 0687 0.760 0726 0751 0.598 0.698 0.520 0.652 0.688 0.716 0.586 0.682 0.695 0.745 0.658 0.685 0.697 0.672 0.635 0.700 0.923 0.956 0.961 0.940 0.697 0.757 0.614 0.733
fvr_Latn gax_Latn gil_Latn gkp_Latn gom_Deva gue_Latn gug Latn guz_Latn £xx_Latn heh_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gte_multilingual_base 0.638 0.592 0.765 0.709 0.767 0.765 0.849 0757 0652 0.672 0.670 0.679 0.580 0.589 0.709 0.607 0.747 0.798 0.828 0.763 0.581 0.622 0.697 0.625 0.683 0.733 0.771 0.694 0.625 0.642 0.786 0.676 0.662 0.707 0.746 0.691 0652 0.695 0.759 0.694
BAAI_bge_m3 0.658 0.601 0.771 0.634 0.794 0.792 0.879 ()72(1 0.697 0.610 0.758 0.664 0.645 0. 525 0.717 0.652 0.796 0.774 0.852 (!778 0.623 0.572 0.658 0.595 0.638 0.657 0.698 0.655 0.712 0.683 0.807 0.712 0.687 0.701 0.771 0.709 0.742 0.768 0.813 0.805
Quen3_Embedding 068 0,590 0.522 0.620 0.565 0.558 0.560 0.629 0.362 0.568 0.578 0.393 0.628 0341 0345 0578 0571 0611 0648 0.682 0.592 0,529 0.534 0.537 0.526 0.593 0.604 0.608 0.583 0.551 0.540 0.602 0.631 0.605 0.633 0.647 0.595 0.570 0.537 0,614 0.592
Qwen3_Embedding_4B 0.536 0.490 0.635 0.535 0.526 0.516 0.628 0.511 0.548 0.487 0.656 0.562 0.534 0475 0.640 0.520 0.722 0.698 0.786 0.616 0.529 0.496 0.650 0.526 0.621 0.587 0.700 0.562 0.528 0.490 0.644 0.568 0.611 0.587 0.719 0.619 0.568 0.575 0.719 0.538
Quen3_Embedding 8B 0.596 0.566 0.692 0.598 0.580 0.557 0.671 0.386 0.383 0.543 0,630 0.601 0346 0516 0646 0601 0763 0763 0.833 0.709 0.539 0.522 0.652 0.592 0.635 0.592 0.734 0.640 0,559 0.551 0.662 0.607 0.660 0.610 0.761 0.652 0.637 0639 0.729 0638
google_embeddinggemma_300m 0.598 0.501 0.747 0.553 0.573 0.510 0.761 0.577 0.618 0.578 0.753 0.622 0.580 0.501 0.747 0.556 0.802 0.774 0.870 0.739 0.598 0.496 0.764 0.568 0.630 0.572 0.785 0.616 0.600 0.519 0.738 0.604 0.653 0.613 0.768 0.649 0.668 0.660 0.789 0.643
ibm_ganie_embed_[O7m muliL. 0359 0.584 0716 0619 0343 0540 0645 0623 0.568 0401 0613 0625 0551 0.554 0633 0.392 642 0657 0761 0682 0.506 0534 0611 0380 0564 0613 0646 0.638 013 0.587 0575 0616 085 0654 0631 0634 0.558 0592 0647 0610
ibm_granie embed 278m muiL. 001 0589 0697 0. 570 0640 0575 0.633 0610 0610 0.553 0557 0,614 0389 0.682 0669 0.770 0.706 0543 0.369 016 0.607 0336 0.639 070 0653 0.343 0389 683 0.650 0.628 0.601 0.669 0.676 0.622
jina_embeddings_v3 568 0.554 0.729 0547 0591 0554 077() 0.526 0.647 0.622 0.7: 2 0.603 0.554 0.692 0.541 0.692 0.628 0.821 0.631 0.576 0.499 0.741 0.517 0.544 0.525 0.722 0.562 057\ 0.522 0579 05-‘4 0583 0616 07|0 0.580 0.606 0.548 0.758 0.562
0308 081 0683 0938 0182 0478 0617 D368 071 0132 0975 0598 01999 0.3 0,620 0359 0642 0I5 0748 0679 0155 0416 0413 0363 0309 0533 0703 0816 01479 0,122 0640 0386 0561 92 0,622 0.546 0.504 0.713 0.634
i 0.482 0.443 0.622 0.532 0.496 0.460 0.623 0.538 0.464 0.466 0.544 0.532 0.447 0.457 0.538 0.553 0.693 0.680 0.777 0.682 0.449 0.413 0.634 0.526 0.491 0.504 0.638 0.586 0.471 0.466 0.631 0.568 0.509 0517 0640 0.592 0.559 0.519 0.734 0.616
‘multilingual_e5 0.588 0.569 0.707 0.652 0.804 0.801 0.879 0.805 0.596 0.630 0,631 0.685 0.598 0575 0.677 0.643 0.760 0751 0848 0.751 0.546 0.551 0.608 0.622 0.739 0.727 0.821 0.757 0.643 0.648 0.741 0.754 0.630 0.660 0.674 0.688 0.663 0.736 0.809 0.778
multilingual_e5_large 0.563 0.610 0.692 0.691 0.861 0.845 0.916 0.811 0.588 0.628 0.638 0.685 0.554 0.601 0.661 0.634 0.814 0.821 0.882 0.784 0.543 0.575 0.605 0.628 0.735 0.762 0.854 0.769 0.625 0.663 0.777 0.769 0.610 0.666 0.670 0.712 0.714 0.792 0.824 0.823
mulilingual_e5 large insiuc 0709 0.692 0.836 0.739 0.878 0.868 0.928 0.853 0.742 0.698 0.813 0748 0729 0.663 0830 0706 0.846 0.824 0.895 0.793 0.714 0.654 0.797 0.670 0.826 0.818 0.883 0.808 0.744 0.739 0.831 0.745 0.759 0.742 0.861 0.727 0.796 0.806 0868 0811
nomic_embed_t 0.633 0.648 0.640 0.673 0.605 0.628 0.635 0.697 0.620 0.689 0.578 0.676 0.648 0.674 0.598 0.640 0.705 0.742 0.728 0.700 0.610 0.657 0.649 0.637 0.635 0.677 0.638 0.715 0.600 0.628 0.595 0.667 0.638 0.704 0.626 0.664 0.628 0.674 0.686 0.694
pardplrase, maltlmpnet base 0588 0,560 0.704 0,523 056 0.522 0676 0.568 0531 0.584 0,643 0538 0.586 0554 0,667 0529 0.678 0689 0753 0,616 0554 0.543 0682 0.538 D81 0.566 0.697 0577 0.539 0537 0,638 0536 0.605 0398 0688 0,619 0536 0.563 0.668 0.553
sentence_transformers_LaBSE 0.757 0.795 0.729 0.790 0.702 0.742 0.667 0.793 0.710 0.795 0.725 0.775 0.687 0.745 0.605 0.706 0.869 0.880 0.915 0.871 0.640 0.677 0.553 0.658 0.744 0.768 0.749 0.757 0.724 0.768 0.759 0.793 0.724 0.795 0.713 0.739 0.757 0.848 0.819 0.859
hin_Latn hve_Latn ije_Latn irk_Latn jme_Latn jnj_Latn kaa_Cyrl kai_Latn kal_Latn kek_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_ NLlet multilingual_base 0.655 0.704 0.771 0.703 0.606 0.663 0.703 0.658 0.657 0.716 0.712 0.694 0.600 0.628 0.728 0.664 0.655 0.698 0.771 0.691 0.628 0.666 0.788 0.703 0.765 0.812 0.837 0.793 0.648 0.672 0.712 0.697 0.628 0.619 0.777 0.682 0.593 0.622 0.753 0.667
BAALbge 1 0663 0.628 0786 0652 0,605 0.604 0131 070 0.715 0686 0783 0709 0.660 0.354 074 0622 0.704 0.107 0831 0721 0.398 0610 0719 0667 051 0553 0573 0844 0657 0651 0713 0700 D618 0610 0767 0694 0608 0.595 0732 0658
Quen3_I EmbsddlnLﬂ 6B 0.657 0.630 0.668 0.667 0.556 0.551 0.562 0.556 0.615 0.648 0.631 0.592 0541 0581 0.593 0,574 0.548 0.545 0.641 0613 0.538 0.534 0.613 0.535 0.596 0.666 0.658 0.592 0.554 0.592 0.598 0.586 0.534 0.513 0.608 0.568 0.501 0.507 0.555 0.556
Qwen3_Embedding_4B 0.819 0.795 0.852 0.751 05?80 7 0.634 0.583 0.606 0.601 0.700 0.553 OSOI 0.668 0.535 0.595 0.554 0.726 0.565 0.521 0.469 0.631 0.508 0.745 0.751 0.824 0.697 0.514 0.519 0.623 0.553 0.523 10 0.680 0.553 0.477 0.513 0.632 0.526
Quen 0.869 0.853 0.910 0.832 0.5 637 0613 0610 0616 0.697 0.583 2 0562 0.592 0620 0.630 0710 0643 0.554 0531 0.65 0389 0832 0827 0858 0.799 0548 0.345 0629 0601 0613 0337 0,698 0513 0516 0307 0638 0592
google_embex gel 0.732 0.716 0.839 0.703 0598 ﬂiA? 0.722 0.580 0.631 0.607 0.792 0.619 0.625 0557 777 0.607 5 0.619 0.788 0.679 0.553 0.513 0.723 0.565 0.682 0.645 0.809 0.682 0.620 0.598 0.761 0.595 0.571 0.496 0.735 0.586 0.554 0.472 0.741 0.580
ibm_granite_embed_107m_multiL  0.576 0.619 0.683 0.649 0526 0.575 0.536 0,601 0610 0.660 0.698 0676 0503 0.589 0.568 0.619 0553 0366 0593 0623 0538 0.351 0354 0031 0662 0672 0992 06 01973 0395 0694 0840 0.336 0490 0610 01604 0513 0610 0428 0422
Ihmilﬂl\ﬂe embed_278m_multil.  0.588 0.648 0.686 0.664 0.524 0.601 0.546 0.616 0.606 0.669 0.703 0.640 0.521 0.619 0.547 0.592 0.556 0.607 0.622 0.649 0.559 0.578 0.605 0.601 0.678 0.739 0.765 0.706 0.575 0.613 0.685 0.640 0.533 0.551 0.611 0.616 0.511 0.589 0.614 0.625
jina_embeddings _v3 0,663 0.630 0.831 0.700 0.548 0.525 0.701 0.550 0.583 0.572 0.698 0.535 0366 0522 0750 0523 0575 0.543 0.725 0.568 0.546 0.478 0.750 0.532 0.719 0.704 0.822 0.700 0.610 0.569 0.747 0.553 0.514 0.455 0.704 0.544 0.544 0475 0.726 0.550
0.544 0.504 0.625 0.631 0.482 0.469 0. 583 0.583 0.539 0.560 0.670 0.613 0.461 0.452 0.598 0.562 0.531 0.478 0.709 0.577 0.462 0.428 0.595 0.577 0.648 0.639 0.703 0.679 0.486 0.499 0.598 8 0.464 0.443 0.632 0.544 0.447 0.419 0. Sf)S 0.595
0.643 0.660 0.746 0.65 0431 0.523 0553 0.513 0345 0.631 0.568 0427 0457 0519 0541 0.513 0.703 0.589 0.462 0.493 0.611 0.368 0.704 0.733 0816 0.718 0446 0481 0567 0562 0461 0440 0658 0535 0.394 0.422 0556
g1 _base. 0.601 0.654 0.653 0.679 0.534 0.598 0. 575 0.655 0. (v7Z 0.710 0.761 0.721 0.593 0.598 ()658 0. (vSZ 0.680 0.721 0.791 0.748 0.563 0.622 0.617 0.697 0.824 0.824 0.880 0.823 0.606 0.636 0.659 0.682 0.575 0.595 0.683 0.676 0.568 0.592 067(7 0.655
multlingual_e5 large 0.688 0.736 0.845 0.778 0.539 0.584 0.561 0.658 0.653 0.704 0813 0730 0353 0392 0.673 0697 0687 0.710 0.780 0.754 0529 0.607 0.655 0.700 0.846 0.845 0.922 0.829 0.580 0.674 0.665 0.712 0.578 0.598 0.709 0.709 0.536 0.610 0.695 0.679
multilingual_e5_large_instruct 0.814 0.783 0.892 0.790 0.690 0.666 0.777 0.691 0.744 0.739 0.871 0.739 0.717 0.698 0.825 0.745 0.754 0.774 0.846 0.790 0.717 0.660 0.827 0.724 0.881 0.883 0.933 0.865 0.712 0.721 USIU 0.742 0.719 0.672 0.813 0.727 0.690 0.666 0.830 0.718
nomic_embed_text_v3_moe 0,616 0.692 0.674 0.658 0.623 0.698 0.620 0.667 0.655 0.736 0.694 0.685 0571 0657 0614 0646 0613 0,669 0,630 0.691 0.608 0.648 0.641 0.688 0.735 0.806 0.783 0.772 0.564 0.666 0.593 0.661 0.601 0.636 0.631 0.670 0.625 0.683 0.636 0673

paraphrase_multiL_mpnet_base
sentence_transformers_LaBSE

0.608 0.548
0667 0.736

0692 0.565 0.561
0638 0.733 0.626

0551 0.673
0713 0.513

0556 0.606
0700 0.771

0,607 0.700 0.595 0.528 0528 0.652 0.538
0830 0.771 0.805 0.729 0.760 0.692 0.757

0596 0.604 0.710 0.565 0536
0744 0.806 0.831 0.805 0.687

0.665 0.677 0.756 0.685
0.874 0918 0.930 0.901

0531 0.670 0.553
0762 0.628 0.742

0.573 0.589 0726 0.556 0.534 0.490 0.673
0735 0.804 0.716 0.763 0.668 0.727 0.667

0544 0.553
0748 0.717

0504 0.640 0.538
0742 0.671 0.766

1457



khq_Latn khw_Arab Kls_Arab knw_Latn kor_Kore krt_Latn kru_Deva ksf_Latn ktu_Latn kuj_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gte_mliingual_base 0605 0.619 0653 0.637 0730 013 0.834 070 0.623 0989 0168 0670 0593 0.630 065 0.670 0898 0.880 0898 0850 0.648 0107 0.762 0691 0657 0718 0720 0,679 0571 Q.16 0698 0637 0660 0698 0.786 088 0618 0663 0712 0679
BAAI_bge_m’ 5 0.610 0.637 0.673 0.752 0.736 0.848 0.661 0.653 0.566 0.785 0.616 0.613 0.607 0.64. 0.904 0.660 04 0.777 0.694 0.660 0.692 0.665 0.679 0.596 0.589 0.710 0.655 0.722 0.727 0.822 0. 8 0.601 0.750 0.670
Qwen3. Fmbeddm&ﬂﬁl} OiOR 0.531 0.57: 5 )5 5 5 543 0.5 71 0.541 0.556 0.548 06I9 0598 ORQ-" 0874 0545 0.772 0.556 0575 0637 0.586 0.576 0.601 0.628 0.589 0.511 0.537 0.556 0.559 0518 0540 0.605 0505 05A9 05” 0.580 0.592
wen3_Embedding 4B 0497 0519 0513 0.646 0.514 0910 0912 0913 0853 0561 0563 0703 0.550 0.623 0.639 0.732 0.571 0.508 0.481 0.632 0.532 0.5 5 0.691 0535 0511 0.472 0,635 0.532
Qwen3_Embedding_8B 0.524 0.519 0.564 0.577 0.717 0.695 0.806 0.640 0.581 0.525 0.692 0.553 0526 0.525 0.608 0.568 0.930 0.927 0.936 0.895 0.580 0.572 0.674 0.592 0.675 0.695 0.744 0.637 0.536 0.525 0.634 0.583 0551 H 0.665 0.562 0.561 0.560 0.632 0.607
google_embeddinggemma_300m  0.570 0.513 0707 0,365 0.704 0.716 0849 0.658 0.390 0.566 0776 0.601 0.623 0.487 0.746 0.550 0.963 0.953 0.975 0.916 0.621 0.595 0.792 0.598 0.705 0.669 0.797 0.685 0.396 0.507 0.714 0362 0610 0340 0767 0589 0618 0525 0.741 0.589
ibm_granite_embed_107m_multiL.  0.573 0.575 0.610 0.634 0.633 0.648 0.689 0.610 0.546 0.575 0.632 0.586 0.571 0.589 0.626 0.637 0.849 0.868 0.868 0.805 0.581 0.581 0.679 0.619 0.533 0.651 0.572 0.607 0.508 0.581 0.602 0.601 0.549 0.650 0.580 0.516 0.522 0.567 0.613
ibm_ranitc_cmbed278m_mulil 598 0574 0619 0.625 0.695 0.697 0.640 0.561 0.537 0.620 0.586 0.581 0.622 0.626 0.628 0.843 0.862 0.874 0.817 0.595 0.607 0.680 0.640 0.591 0.683 0.608 0.616 0509 0.395 0590 0595 0554 0581 0653 0.586 0.541 0.537 0.583 0.601
jina_ eembeddir 34 0.697 0.550 0.678 0.680 0.828 0.547 0.568 0.522 0.764 0.541 0.625 0.551 0.722 0.538 0.894 0.877 0.921 0.838 0.596 0.543 0.768 0.541 0.657 0.645 0.719 0.592 0.553 0.510 0.738 0.514 0.566 0.525 0.735 0.526 0.568 0.548 0.667 0.541
e embeddings V3 text_nano 0,525 0.544 0.702 0.628 0.798 0.619 0.499 0440 0.685 0.556 0482 0478 0616 0383 0921 0897 0918 0859 0511 0481 0.674 0.604 0.596 0.610 0.634 0.640 0.449 0.478 0.574 0.571 0.504 0.463 0.671 0.571 0.509 0472 0,639 0592
'S_text_small 0.444 0.523 0.638 0.622 0.789 0.604 0.529 0.452 0.688 0.514 0.454 0.452 0.547 0.550 0.933 0.918 0.928 0.847 0.504 ()-’WU 0.670 0.544 0.580 0.610 0.614 0.610 0.420 0.434 0.534 0.556 0.501 0.431 0.692 0.517 0.514 0.446 0.658 0.550
0,623 0.679 0.729 0.736 0.846 0.667 0,554 0.728 0.673 0.568 0.613 0.601 0.661 0.905 0.909 0934 0.871 0621 0.723 0.709 0.652 0.669 0.647 0.661 0,544 0.575 0631 0652 0759 0707 0845 0781 0,605 0.633 0.679 0.709
multilingual_e5_large 0.647 0.694 0.760 0.768 0.876 0.766 0.588 0.575 0.732 0.694 0.531 0.613 0.604 0.646 0.953 0.959 0.955 0.928 0.640 0. b(! 0.709 0.721 0.648 0.686 0.646 0.712 0.538 0.613 0.662 0.661 0.784 0.809 0.879 0.814 0.591 0.633 0.686 0.721
muldlingual_e5 large 09 0710 0794 0933 0809 0439 0897 0749 0714 0474 0335 0700 0898 0.695 0788 0.106 0970 071 0964 0046 0.742 OT18 0.845 0736 0154 0754 0825 0.727 0702 0.657 0815 0715 0304 018 0.877 0311 0.9 0665 0801 0718
omic_embed_te 0.588 0.692 0.559 0.667 0.725 0.754 0.770 0.667 0.645 0.619 0.700 0. 655 0.658 0.898 0.903 0.895 0.844 0.637 0.680 0.650 0658 0.640 0.701 0.668 0.619 0.580 0.607 0.587 0.631 0.615 0.636 0.650 0.649 0.583 0.622 0.598 0.
parapiiase. maltl mpnet base 0334 0519 0,611 0.350 0687 0633 0752 0610 0606 0540 0728 0352 0635 0591 0730 0.596 0513 0909 0503 0514 0595 035 0.723 0983 0613 0395 0604 0,363 0355 0.897 0674 0320 0371 0981 0693 0314 0345 0931 0450 0930
sentence_transformers_LaBSE 0.692 0.768 0.587 0.754 0.831 0.839 0.883 0.766 0.744 0.701 0.800 0.706 0.704 0.774 0.622 0.748 0.926 0.944 0.937 0.883 0.712 0.777 0.668 0.727 0.687 0.801 0.589 0.754 0.700 0.745 0.665 0.697 0.720 0.760 0.767 0.730 0.727 0.751 0.768 0.784
kwy_Latn kxp_Arab led_Latn Igg Latn lir_Latn loa_Latn loh_Latn maf_Latn mam_Latn mas_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP_gte_mulilingual_base 0575 0619 0.692 0,643 0658 0.657 0710 0.604 0606 0669 0.683 019 0.613 0704 0.144 067 0930 0918 0934 0901 0697 0168 080 0.109 0,628 0628 0.764 073 0621 072 0686 0.709 0363 0.625 037 0613 095 0651 0716 0622
BAAI bge. 0.685 0.636 0.803 0.691 0.630 0.680 0.664 0.622 0.605 0.660 0.673 0.655 0.642 0.648 0.761 0.700 0.946 0.944 0.945 0.946 0.749 0.701 0.870 0.706 0.655 0.619 0.798 0.649 0.640 0.666 0.714 0.676 0.558 0.572 0.596 0.643 0.635 0.625 0.737 0.643
Quend. Ermbedding 0.68 0,529 0.516 0.590 0.562 0.533 0.592 0.564 0.526 0.529 0.545 0.367 0.523 0349 0381 0629 0541 0935 0950 0940 0.901 0.620 0.657 0.644 0.601 0.543 0.528 0.577 0.562 0.561 0.557 0.611 0.574 0.521 0.551 0.556 0.577 0.543 0.569 0,362 0.583
Qwen3_Embedding_4B 0.523 0.501 0.658 0.538 0.596 0.589 0.698 0.583 0.529 0554 0.637 0.511 0.536 0. 5()3 0.673 0.535 0.940 0.903 0.952 0.925 0.653 0.654 0.728 0.586 0.504 0.475 0.622 0.517 0.526 0.554 0.640 0.544 0.477 0.510 0.575 0.577 0.526 0.487 0.652 0.511
Quen3_Embedding 8B 0,548 0.646 0.601 0.662 0.630 625 0,559 0.572 0. 0,580 0.575 0.655 0.595 0.941 0.950 0,961 0.937 0.685 0.666 0765 0.670 0361 049 0.623 0.568 0.568 0.581 0.646 0.583 0.536 0.504 0.592 0.616 0.571 0.516 0.649 0.601
google_embeddinggemma_300m 0.593 0.522 0.726 0.562 0.658 0.598 0. 76}( 0.589 0.570 0557 0. 70(7 0.562 0.588 0. 545 0.762 0.604 0.968 0.953 0.975 0.961 0.730 0.692 0.818 0.694 0.559 0.469 0.743 0.574 0.616 0.548 0.761 0.586 0.539 0.457 0.700 0.547 0.621 0.540 0.747 0.616
ibm_granite_embed_107m_muliL.  0.521 0,551 0.635 0.634 0.578 0.619 0.596 0.631 0.531 0.607 0.568 0.574 0.354 0.598 0,631 0.622 0948 0959 0946 0910 0591 0.663 0.653 0.646 0.511 0.563 0.611 0.628 0.559 0.589 0.644 0.622 0.524 0.569 0.589 0.365 0.503 0,575 0.572 0,616
lbmgmnue embed 278m_multil.  0.541 0.578 0.649 0.619 0.558 0.633 0.581 0.607 0.549 0.639 0.578 0.568 0.570 0.654 0.676 0.631 0.935 0.953 0.946 0.913 0.637 0.689 0.676 0.682 0.553 0.563 0.622 0.601 0.566 0.622 0.637 0.664 0.541 0.563 0.547 0.568 0.558 0.551 0.599 0.595
0568 0.519 0.713 0.526 0.598 0.598 0.704 0.568 0.534 0.360 0.640 0511 0349 0345 0729 0547 0956 0924 0964 0.907 0.663 0.645 0.795 0.586 0.585 0.531 0.759 0.529 0.583 0.554 0.765 0.562 0.563 0.481 0.709 0.326 0.351 0325 0,670 0553
0.476 0.457 0.671 0.571 0.543 0.563 0.631 0.595 0.462 0.504 0.541 0.562 0.474 0.493 0.614 0.586 0.915 0.915 0.928 0.910 0.610 0.610 0.706 UG&A 0.476 0.440 0.619 0.571 0.514 0.513 0.635 0.607 0.471 0.443 0.586 0.589 0.481 0.446 0.620 0.577
0514 0.434 0.655 0.514 0.546 0.607 0.602 0.368 0.392 0466 0414 0538 0466 0.504 0572 0368 0923 0930 0945 0883 0568 0.601 0.604 0.646 0.516 0.455 0.640 0.547 0.494 0.507 0.619 0.580 0.427 0.443 0.532 0.529 0.481 0443 0.581 0514
0.667 0.677 0.758 0.694 0.603 0.619 0.616 06I6 0575 0.961 0.959 0.966 0.916 0.682 0.757 0.750 0.733 0.605 0.613 0.685 0.682 0.593 0.633 0.658 0.733 0.519 0.578 0.543 0.622 0.573 0.601 0.629 0.667
0.678 0.651 0.764 0.745 0.583 0.666 0.625 0. 0950 0962 0966 0931 0658 0.739 0752 0.760 0385 0.595 0671 0691 D364 0628 0.632 D715 0479 0357 0534 Dily 0351 0,601 0614 0679
053 0913 0437 0773 0369 0.7% 0300 091 0t 0608 0813 0451 D98 0698 0 0,960 0.962 0.961 0.952 0.782 0.795 0.848 0.778 0.727 0.695 0.828 0.730 0.727 0.716 0825 0745 0. 30755 0.679 0.709 0.689 0.821 0.709
0.583 0.601 0.640 0.625 0.648 0.701 0.599 0.643 0.573 5 0.931 0.953 0.934 0.925 0.682 0.716 0.691 0.661 0.611 0.628 0.628 0.676 0.601 0.692 0.652 0.682 0591 0669 0.564 0.646 0.598 0.622 0.599 0.661
mpnet_base 0,561 0.554 0.701 0.514 0.598 0.581 0,650 0.601 0.503 0.569 0.604 0.508 0576 0589 0.667 0.559 0933 0918 0952 0.901 0.640 0.660 0.731 0.616 0.541 0.519 0.692 0.535 0.601 0.566 0.713 0.568 0.568 0.557 0.671 0.529 0.526 0.522 0,652 0.529
tence_transformers_LaBSE 0.653 0.713 0.665 0.730 0.647 0.760 0.574 0.700 0.700 0.768 0.607 0.706 0.722 0.815 0.665 0.796 0.958 0.965 0.964 0.964 0.777 0.830 0.758 0.763 0.730 0.727 0.695 0.766 0.755 0.783 0.731 0.799 0.648 0.716 0.604 0.697 0.677 0.710 0.623 0.724
mey_Latn mie_Latn miq_Latn mtq_Latn mzl_Latn naq_Latn nhe_Latn nly_Latn pbs_Latn pem_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_ \”.PJIC multilingual_base 0.603 0.630 0.753 0.643 0.621 0.672 0.710 0.616 0.583 0.601 0.692 0.613 0.874 0.897 0.901 0.841 0.586 0.633 0.719 0.610 0.591 0.619 0.685 0.688 648 0.692 0.598 0.583 0.648 0.713 0.628 0.601 0.619 0.686 0.631 0.931 0.938 0.931 0.901
BAAILbge 0.616 0.587 0.706 0.661 0.637 0.648 0.680 0.688 0.393 0.384 0.635 0.604 0916 0906 0933 0886 0.631 0.587 0.685 0.631 0.643 0.633 0.716 $98 0722 0:634 0620 0.636 0704 0.637 0375 0578 0.643 0398 0935 0965 0946 0901
Qwen3_| EmbeddlnLU 6B 0.571 0.522 0.617 0.550 0.553 0.625 0.604 0.601 0.526 0.587 0.575 0.571 0.829 0.859 0.828 0.781 0.538 0.616 0.586 0.580 0.553 0.525 0.628 584 0.590 0.556 0.564 0.598 0.608 0.583 0.516 64 0.571 0.923 0.956 0.936 0.883
Quen3_Embedding 4B 0,613 0.584 0.712 0,562 0.563 0.572 0.638 0.556 0.508 0337 0614 0341 0853 0853 0915 0,775 0.548 0519 0,673 0.550 0.558 0.504 0.610 0. 5 61 0305 0358 0551 0,667 0371 0336 0931 06l 0399 0936 0991 0936 0871
Qwen3_Embedding_8B 0.692 0.669 0.761 0.676 0.593 0.622 0.674 0.604 0.523 0.534 0.564 0.586 0.884 0.897 0.936 0.853 0.590 0.560 0.662 0.580 0.566 0.528 0.620 U.5XU 0.564 0551 0.679 0.607 0.568 0.581 0.700 0.631 0.546 0.531 0.661 0.592 0.948 0.959 0.969 0.928
nbeddinggemna 300m 091 0507 0765 0568 0.610 613 0.707 0607 0570 0519 0723 0.553 0918 0.E80 0927 0856 0.361 0572 0.714 0395 0575 0475 0752 0.344 0398 0578 0747 0592 031 0392 0764 D01 0561 0319 0700 0350 0955 0.965 042 0883
_embed_107m_multiL. 0,553 0.540 0.623 0.559 0.529 0.651 0.501 0.619 0.538 0.578 0.605 0.619 0794 0806 0.797 0754 0.523 0581 0.593 0.610 0.591 0.613 0.614 0.640 0.486 0.534 0.550 0.601 0.499 0.598 0.596 0.586 0.513 0.589 0.516 0.577 0.893 0,950 0.892 0.865
Ihm${al\“e embed_278m_multil.  0.559 0.543 0.629 0.568 0.544 0.674 0.502 0.637 0.549 0.592 0.599 0.619 0.821 0.830 0.818 0.742 0.524 0.657 0.561 0.568 0.578 0.589 0.568 0.637 0.494 0.598 0.522 0.601 0.534 0.657 0.587 0.589 0.528 0.622 0.492 0.610 0.920 0.944 0.903 0.886
a_embeddings 3 0386 0304 0.156 0317 0529 0.581 0346 0.574 0390 0560 0759 0535 0.841 0312 0891 0787 0561 0.838 0700 0.332 0383 007 0689 0538 0.509 0316 0683 0526 0551 051 0.138 0.544 0361 0551 0519 0.538 0926 0930 0937 0862
nano 0.456 0.460 0.649 0.583 0. 6 0.613 0.430 0.484 0.480 0.556 0.868 0.839 0.894 0.832 0.479 0.493 0.593 0.598 0.482 0.437 0.595 0.568 0.486 0.475 0.649 0.571 0.523 0.501 0.655 0.592 0.472 0.481 0.616 0.592 0.901 0.935 0.907 0.859
jina_embeddings »5 il 0339 0465 0677 0368 0410 0933 0351 0.562 0198 0463 038 0533 0896 0874 01901 OR11 0469 0481 0.596 0303 0434 01449 071 0377 0427 0:498 0990 0314 0471 0316 0598 0356 0464 O4R1 0541 0.362 0905 0.909 0928 086k
multilingual_eS_base 0.564 0.589 0.695 0.661 0.531 0.645 0.519 0.679 0.543 0.633 0.561 0.631 0.881 0.865 0.910 0.856 0.523 0.589 0.625 0.631 0.573 0.595 0.664 0.649 0.546 0.622 0.638 0.655 0.571 0.592 0.644 0.661 0.531 0.595 0.623 0.640 0.948 0.953 0.952 0.904
multilingual_e5_large 0,583 0.630 0.698 0.697 0.563 0.648 0.555 0.691 0.514 0.584 0358 0.635 0896 0918 0939 0880 0539 0.625 0.655 0. 9 0,607 0.662 0.688 0.509 0.587 0.647 0.664 0.539 0.610 0.686 0.694 0.519 0.604 0.625 0.658 0.940 0,974 0.948 0919

mulilingual_o3 large_instruct 0724 0701 0818 0733 Q.697 0707 0.770 D657 0663 0674 0756 0:706 0531 0.927 0936 0901 0720 0683 0819

0.694 0.709

0.686 0.816

0724 0.705 0.657 0.812 0.709 0.717 0.713 0.822 0.682 0.653 0.616 0.783 0.688 0.950 0.974 0.960 0.940

mic_embed_text_v2_mo 0.588 0.669 0.634 0.649 0570 0.689 0430 0.616 0.576 0.648 0.574 0667 0.858 0.845 0823 0.581 0.698 0.538 635 0.669 0.629 0.691 0.570 0.648 0.564 0.682 0.588 0.680 0.602 0.682 0.603 0.692 0522 0.682 0918 0.921 0.901 0.880
paraphrase_muliL_mpnet_base  0.553 0.469 0.679 0.532 0.528 0.584 0.601 0.550 0.564 0.537 0.677 0.538 0841 0836 0. 359 0773 0356 0534 0485 0.530 0978 0540 01682 0959 0311 0966 003 0930 0366 0.601 0470 0.932 096A 0537 D428 0.3 0873 0854 0021 O30S
sentence_transformers_LaBSE 0.710 0742 0.725 0.697 0.697 0.789 0.581 0.730 0.655 0.730 0.572 0.664 0,953 0.956 0,963 0.931 0653 0.730 0.637 0.694 0687 0.765 0.649 0.745 0.647 0.721 0.607 0.706 0.631 0.724 0.598 0.706 0.680 0.742 0.559 0.703 0.943 0977 0.939 0949

por_Latn_braz1246 que_Latn quh_Latn quz_Latn rob_Latn roh_Latn sha_Latn sge_Latn sif_Latn skr_Arab
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
AlibabaNLP. ge_melitingua_base 0951 0927 0963 0928 0590 0633 07155 0657 0625 0619 0.743 0.640 0657 0701 0.764 0706 0709 0736 0.804 0724 0704 0348 0868 0760 0575 0648 0662 0628 0591 0663 0741 0688 0396 0519 0,649 0604 0709 0736 0810 0706
BAAI_bge_m3 0.982 0971 0981 0.979 0595 0.569 0.710 0.601 0.608 0.598 0.701 0.652 0.650 0.648 0.710 0.673 0.688 0.751 0.809 0.748 0821 0.830 0.859 0.757 0.606 0.613 0.685 0.628 0.655 0.622 0.770 0.682 0.643 0.595 0.723 0.652 0.786 0.804 0.859 0754
Quen3 Erabedding 0.68 0.943 0941 0919 0.922 0306 0.578 0.567 0.550 0.536 0.575 0.590 0.595 0.568 0.595 0.620 0.616 0.620 0.674 0.636 0. 553 0701 0:693 0004 033 0360 0561 0517 0931 0992 0.386 0371 0951 0366 0.898 0536 010 0,68 0,676 0508
Qwen3_Embedding 4B 0,953 0.921 0961 0.928 0482 0.475 0.604 0.526 0.549 0563 0.680 0589 0.558 0531 0.677 0.598 0.652 0.654 0.768 0.580 0.722 0.733 0.801 0.649 0.521 0516 0.614 0511 0.519 0540 0.629 0.550 0.558 0632 0.565 0.730 0.730 0.807 0622
Qwen3_Embeddi 0.955 0.959 0978 0.949 0.524 0.499 0.625 0.595 0.593 0.554 0.712 0622 0.590 0.607 0.698 0.628 0.685 0.692 0.764 0.673 0.786 0.765 0.857 0.721 0.541 0531 0.605 0559 0.519 0572 0.611 0.586 0564 0.554 0.673 0.589 0.781 0.792 0.854 0.739
google_embeddinggemma_300m 0978 0959 0987 0.967 0568 0501 0729 0356 0655 0345 0789 0,616 0616 0551 0785 0,619 0719 0710 0818 0,685 0.167 0683 0831 0,697 0575 0343 0750 0.574 0575 0563 0.743 0.598 0568 0522 0720 0563 0.727 0721 0842 0,670
ibm_granite_embed_107m_multiL  0.958 0941 0.943 0.946 0.533 0.554 0.613 0.592 0539 0.525 0.632 0.580 0.559 0575 0.686 0.643 0.608 0.633 0.697 0.631 0712 0.762 0.747 0.751 0.506 0.575 0.553 0.622 0.514 0551 0.567 0.643 0516 0.604 0516 0.598 0.631 0.677 0.691 0.664
ibm_granite_embed_278m_multiL  0.966 0935 0.952 0955 0.543 0.578 0.613 0.595 0529 0.545 0.650 0.571 0.568 0.604 0.665 0613 0.623 0.651 0.713 0.643 0.709 0.792 0.771 0.769 0.509 0.598 0.543 0.613 0.536 0563 0.578 0.652 0.526 0.616 0478 0363 0642 07904 0946 0601
jina_embeddings _v3 0.948 0.924 0969 0.931 0554 0.516 0.741 0.508 0.591 0501 0.761 0514 0.596 0563 0.750 0.535 0.648 0.648 0.824 0.634 0.678 0.710 0.791 0.601 0.556 0.543 0.646 0535 0.518 0.543 0.617 0.535 0516 0.531 0535 0.532 0.677 0.648 0.804 0.598
jina_embeddings_vS_text_ 0.943 0.909 0954 0.925 0454 0.443 0546 0.580 0.499 0469 0.637 0568 0.489 0431 0.640 0.592 0.591 0.630 0.712 0.670 0.710 0.683 0.758 0.691 0.437 0516 0.537 0574 0.466 0519 0.552 0.604 0477 0.475 0589 0.583 0.640 0.666 0.768 0.667
Jinn embeddings vS'tex small 0950 0935 0569 D925 0409 D413 0477 0547 0456 0422 D505 0520 D447 0460 0STT 0544 0570 D19 Q671 D64 0144 0495 QTR0 D652 D410 0499 D420 054 0444 0475 D478 D555 0407 D4GS 0471 041 035 D6T2 D737 0643
multilingual_e5_bas 045 0950 0946 0946 0.339 0.389 0635 0628 0,667 0.686 0744 0724 0.720 0716 0798 076D 0727 0.7148 0821 0751 0765 0.795 0834 0814 0.539 0.392 0581 0546 0.385 0.630 0677 0EI1 .03 0601 0680 0697 0,727 0.730 0804 0736
olilingual_e3 e 0.972 0977 0972 0.9; 11 0575 0.629 0.631 0.677 0.718 0.785 0.736 0.747 0.771 0.828 0.766 0. 6 0.775 0.817 0833 0.837 0.805 0.518 0.628 0.593 0.643 0566 0.636 0.659 0.706 0.558 0.625 0.704 0. 5 0.768 0.833 0775
mulilingual 0985 0571 0990 0973 0362 01668 0758 0691 0993 0777 0463 0775 0314 DRIS 089 0308 0791 0786 0857 0784 0859 0K 0925 052 (483 04oR 001 0697 0715 001 0819 0756 0497 0680 0424 0694 030 0545 0383 0802
nomic_embed_tex_vZ_moe 0,955 0.933 0943 0.937 0583 0.663 0.587 0.652 0.610 0.669 0.598 0.625 0.615 0.677 0.668 0.703 0.688 0.724 0717 0.694 0.714 0.801 0.738 0.727 0.586 0.639 0.574 0.646 0.588 0.648 0.590 0.682 0578 0.639 0544 0.637 0.735 0.789 0.756 0.697
paraphrase_multiL_mpnet_base 0945 0.935 0952 0.925 0543 0.522 0.635 0.541 0.578 0537 0.698 0553 0.606 0.581 0.712 0.574 0.657 0.680 0.774 0.631 0.677 0.660 0.774 0.664 0.523 0560 0.611 0.556 0.541 0.554 0.629 0.538 0543 0.566 0.638 0.526 0.682 0.654 0.776 0.601
sentence_transformers_LaBSE 0,965 0.974 0984 0.964 0652 0.716 0564 0.700 0.655 0.680 0.620 0.631 0.693 0762 0.644 0.757 0.784 0.839 0827 0.799 0.844 0.886 0.889 0.859 0.667 0.727 0.607 0.682 0.668 0.748 0.682 0.778 0.695 0.751 0.653 0.709 0.824 0.856 0.876 0.835
sme_Latn sro_Latn tam_Latn tda_Latn tel_Latn toc_Latn pl_Latn tsg_Latn tsz_Latn ti_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba_NLP_gte_multilingual_base 0.650 0.663 0.797 0.637 0.762 0.798 0.822 072 0.618 0.639 0.764 0.655 0.546 0.607 0.673 0.637 0.779 0.786 0.827 0.745 0.576 0.592 0.709 0616 0.596 0.610 0.734 0.583 0.714 0.786 0.809 0.721 0.606 0.613 0.735 0.628 0.590 0581 0.698 0.604
BAAI bge_m3 D658 030 0158 0700 0853 0348 D306 DAI7 0643 0625 0761 0100 D361 0569 0610 013 0.791 0330 0868 085 0398 0345 0638 0622 DL 0603 0709 D546 0.729 0768 0.9 0769 033 0ST2 0722 073 0354 0601 D23 0619
Quen_Embe 0.549 0531 0613 0.589 0662 0.686 0.712 0.673 0.531 0.554 0.596 0571 0.539 0.5 0678 0765 0755 070 0.554 0537 0563 0556 0.531 0551 0583 0.562 0618 0.130 0657 0616 0.521 0566 0570 0.562 0.541 0540 0535 0.5
Qwen3 Embedding 4B 0:349 0499 0691 0550 0.722 0.139 0818 D37 0.533 0548 0622 0553 0523 069 0399 0333 0954 0791 0413 0,678 0304 D474 0443 0374 0933 0484 01658 0 520 0665 0.721 0144 0619 0524 0316 0661 0538 0.549 0469 0595 0489
Quent_Embedding 8B 0393 0318 0683 0622 0774 0,757 D840 0736 0806 0.365 0633 043 0499 0487 0.390 0371 071 0795 08D 0733 0331 0493 D638 0383 0990 055 0683 0574 0713 0757 0786 0694 0368 0945 0GR 0395 0354 0490 0395 0601
google_embeddinggemma_300m 0,613 0.507 0.767 0.589 0.727 D716 0306 0654 0970 0363 0.720 D998 D373 0498 078 0811 0797 (427 0452 0773 0411 0410 0943 0407 0.391 0354 0.703 0368 0.692 0713 04D 01658 0411 D354 0944 06l 918 0490 0131 0935
ibm_granite_embed_107m_muliL 0551 0.595 0676 0.640 0.707 0.721 0.776 0.739 0.506 0563 0.611 0.640 0.548 0.566 0.595 0.604 0.680 0.777 0.728 0.679 0.526 0540 0.604 0619 0.521 0.569 0.608 0.601 0.568 0.689 0581 0.688 0.499 0.569 0.611 0.634 0.491 0560 0.550 0.595
ibm_granite_embed 278m multiL  0.568 0563 0.707 0.631 0735 0.757 0.791 0.754 0544 0.560 0.646 0.619 0.558 0545 0.578 0.613 0.693 0.798 0740 0.706 0514 0.578 0.637 0.598 0.554 0.601 0.578 0.631 0.620 0.704 0.610 0.709 054 0.645 0.623 0.604 0.534 0.572 0550 0.565
Jina_embeddings_v3 0388 0.343 0767 0550 0,687 0680 0622 0628 0.364 040 0773 0.923 0551 0478 0686 029 0702 0.720 0812 0667 0383 0496 0700 0920 0544 0569 0637 0541 0643 0683 0807 0392 0364 0487 0654 D541 0.348 0301 0593 020
v5_text_mano 0491 0.504 0649 0.586 0.682 0.695 0.765 . 0446 0.610 0.550 0.464 0.443 0.5 0614 0560 046 04s4 0 0517 Dsks Diods 0658 01634 0315 0475 71 QM 456 0475 01547 0377
vS_textsmall  0.503 0.449 0.643 0.604 0.704 0.710 0.764 0682 0469 0481 0610 0330 0.413 0453 E 3 5 498 0476 0.449 0522 0.532 0529 0.666 0.653 0.643 0.462 0472 0.581 0538 0.387 0449 0.390 0.523
0398 0612 0340 068 042 0786 0491 0420 0393 0481 0610 06l 0.365 0302 074 0673 0959 421 0412 0773 034D 0581 D11 0453 0,373 0454 DAaaT DD 0GRS 0303 0994 0773 0346 D> 0822 0096 0828 0598 01601 0453
large 0.578 0.639 0.713 0.709 0856 0.865 0.909 0.847 0551 0.622 0.674 0.703 0.521 0.598 0.619 0.649 0.765 0.824 0.825 0.772 0548 0.581 0.650 0.676 0.536 0.601 0.661 0.637 0.702 0.801 0.798 0.775 0.536 0.630 0.631 0.670 0.492 0.622 0.559 0.655
e5_large_instruct 0.745 0.704 0855 0.754 0881 0.883 0933 0.838 0.697 0.701 0.839 0745 0.702 0.648 0.776 0.694 0849 0.874 0895 0.796 0.722 0.651 0.815 0.700 0.690 0.677 0.830 0.700 0.812 0.812 0.897 0.793 0.715 0.689 0.798 0.715 0.658 0.654 0.753 0.640
-_embed_text_v2_moe 0.616 0.636 064 0.688 0.757 0.757 0.755 0.754 0.605 0.710 0.667 0.721 619 0.581 0.661 0.747 0.850 0771 0.754 0591 0.654 0.610 0.682 0.571 0.666 0.508 0.643 0.683 0.757 0.664 0.727 0.563 0.689 0559 0.667 0.559 0.601 0.483 0.646
paraphrase_mulliL_mpnet_base 0526 0.490 0.686 0.547 0.673 0.674 0.800 0.640 0.566 0551 0.701 0550 0.544 0.463 0,619 0.523 0.695 0.762 0.807 0.697 0.558 0.537 0.679 0526 0.556 0516 0.677 0.547 0.605 0.680 0.761 0.613 0568 0.554 0.719 0.547 0.561 0528 0.611 0526
sentence_transformers_LaBSE 0.744 0.736 0819 0.781 0876 0.900 0934 0.865 0.680 0.736 0.599 0.763 0.695 0.730 0.550 0.688 0.787 0.853 0.749 0.817 0.655 0.686 0.593 0.709 0.631 0.736 0.546 0.64 0.772 0.889 0.836 0.847 0.63 0.716 0.61 0.709 0.685 0.751 0.572 0.682
tzh_Latn urd_Latn ven_Latn vmw_Latn wiv_Latn wuu_Hans xuu_Latn ydg_Arab yua_Latn zai_Latn
ALEE-BQ275 TACC AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS AR HS PN RS
Alibaba NLP gie mulfingial buse 0558 0516 0634 0601 0734 0765 0422 (148 0700 D107 0807 0748 0.588 0645 (117 570 D586 0630 G669 0.640 030 (891 0473 0772 DSP1 6598 07T 37 (652 580 0779 610 0623 D648 OI67 (G0 0528 0721 0673 661
BAAI_bge s 01300 0393 068 0989 0730 01674 0828 0734 0704 0736 0827 0745 01037 D66 0758 0736 0429 0619 0728 0,628 DK 0RES 0908 0514 (G601 0381 0,661 D616 0.722 0695 OFIS (1652 0353 0381 0709 0.1 0900 0677 0778 0667
Quend | EmbsddmLU 6B 0.549 0566 0.580 0.577 0.673 0.674 0.709 0.700 0.548 0.551 0.631 0568 0.553 0543 0.592 0.550 0.564 0.581 0571 0.538 0.859 0.897 0.862 0775 0.524 0522 0.571 0556 0.630 0.616 0.653 0.526 0561 0.578 0577 0.583 0.583 0.645 0.641 0.631
0501 0519 0649 0.562 0827 0.815 0.867 0.760 0.523 0.504 0.683 0550 0.518 0525 0.661 0.562 0.526 0.534 0.626 0.498 0.898 0.877 0.895 0.796 0.523 0472 0.667 0526 0.628 0.642 0.743 0.547 0.543 0.516 0655 0.538 0.598 0.622 0.707 0.580
0.346 0510 0637 0.577 0861 0.874 0909 0.826 0.559 0543 0.707 0619 0.566 0531 0.664 0.619 0563 0.545 0.650 0.580 0906 0.906 0.922 0844 0.559 0487 0.658 0592 0.687 0.680 0.795 0.598 0551 0.499 0.682 0.583 0.626 0.639 0.737 0.613
google_embeddinggemma_300m 0561 0.528 0.719 0.580 0.735 0.721 0.852 0.742 0.586 0.534 0.773 0.616 0.590 0.501 0.720 0.583 0.593 0.572 0.734 0.598 0913 0.924 0.937 0.871 0.551 0.507 0.726 0.547 0.692 0.630 0.818 0.589 0.583 0.484 0.743 0520 0.657 0.651 0.765 0.631
ibm_granite_embed_107m_multiL  0.528 0.578 0653 0.386 0.595 0633 0.694 0.637 0.533 0.566 0.635 0.616 0.489 0.484 0.523 0.568 0.521 0.581 0.589 0.580 0.799 0.836 0.851 0.760 0.551 0.584 0.614 0.625 0.601 0.642 0.679 0610 0519 0.592 0.637 0.577 0.531 0.672 0.546 0.631
ibm_granite_embed 278m_muliL.  0.539 0,613 0.622 0.586 0.653 0.710 0.704 0.700 0.568 0.578 0.628 0.610 0.501 0.554 0570 0.604 0518 0601 0361 0571 0774 0.845 0842 0.769 0.541 0.604 0.581 0.595 0.621 0.625 0.688 0.616 0.531 0.601 0.637 0.625 0.546 0.701 0.349 0.616
jina_embeddings_v3 0543 0.475 0.747 0,505 0.682 0.654 0.862 0.712 0.578 0354 0.719 0.568 0343 0507 0.667 0365 0.559 0557 0.717 0.523 0.792 0.798 0.842 0.736 0.570 0.537 0.625 0.541 0.660 0.604 0.800 0.526 0.580 0.499 0.750 0.511 0.549 0616 0,565 0.574
jina_embeddings_v5_text nano 0441 0.463 0.601 0.559 0.583 0.607 0.632 0.655 0.491 0.466 0.685 0.613 0503 0425 0.649 0.365 0481 0443 0628 0565 0.864 0.853 0.868 0.781 0.503 0.469 0.635 0.598 0.653 0.604 0.746 0.604 0.477 0.455 0.629 0.532 0.538 0.581 0,656 0.670
s Csmall 0449 0.460 0572 0.550 0.680 0.704 0.752 0.715 0.467 0469 0.659 0577 0.496 0.443 0.655 0.553 0462 0.475 0571 0.535 0.883 0.853 0.850 0.775 0.459 0446 0.562 0.571 0.621 0.616 0.707 0.571 0.472 0428 0.601 0505 0.447 0578 0.493 0.625
0:346 0.598 0399 0664 0,662 0686 0710 0700 0.737 0.4 0315 0730 0.590 0636 067 0712 0.538 0613 0625 0640 0.844 0577 0851 0802 0518 0.387 0361 05643 0:700 0698 0504 0i6de 0.570 0381 0668 0619 0.570 0686 0598 0661
0.561 0.587 0652 0.697 0.784 0.780 0. 7 0.776 0.795 0.859 0.796 0598 0. 7 0715 0,523 0616 0.632 0.670 0.911 0.935 0.937 0.874 0513 0.581 0592 0.691 0.668 0.695 0.792 0.679 0.553 0.598 0.698 0.637 0.556 0.674 0.614 0.673
nstruct 0.695 0.680 0819 0.715 0858 0.842 0918 mux 0304 0786 0883 0799 0100 0688 0:424 0721 0478 0.707 0800 0673 0933 0938 0937 0471 0720 0674 0822 0697 0.796 0812 0880 0.742 0739 0.680 0352 0.688 0.754 0760 0.849 0724
0 0.578 0.654 0629 0.697 0.709 0.745 0.735 0.757 0.588 0.639 0.629 0.676 0.583 0.645 0.611 0.628 0.603 0.666 0.608 0.631 0.826 0.830 0.822 0772 0.581 0 550 0.646 0.693 0.739 0.738 0.664 0.618 0.724 0629 0.649 0.591 0.721 0.493 0.646
paraphrase_multiL_mpnet_base 0533 0.534 0.682 0.523 0.642 0.672 0.734 D630 0366 0528 0682 0579 0343 0313 0,619 014 0583 0901 0446 0.93 0453 083 031 0790 0878 0537 0:863 0914 0,662 D4DI 0733 0.871 0943 0440 0683 0498 0988 0416 01645 0950
Sentence.transorrers, LaBSE 0.675 0.721 0635 0.727 0767 0.830 0.719 0.799 0.749 0.771 0.803 0.802 0.658 0.716 0.686 0.772 0.665 0.698 0.598 0.688 0.881 0.903 0.918 0.832 0.660 0.724 0.601 0.712 0.760 0.786 0.840 0.733 0.690 0.695 0.653 0.676 0.643 0.768 0.587 0.697

zne_Latn

ALEE-BQ275 TACC AR HS PN RS

Alibaba_NLP_gte_multilingual_base 0.628 0.636 0.703 0.649
0.60

BAAI_bge_m3 8 0.595 0.685 0.649
Qwen3_Embedding_0.6B 0.503 0.537 0.550 0.538
Qwen3_Embedding_4B 0.506 0.510 0.623 0.526
Qwen3_Embedding_8B 0.529 0.543 0.587 0.571
google_embeddinggemma_300m 0.561 0.540 0.712 0.574
ibm_granite_embed_107m_multiL  0.529 0.557 0.614 0.595
ibm_granite_embed_278m_multiL. ~ 0.528 0.578 0.610 0.562
jina_embeddings_v3 0.585 0.519 0.732 0.502
jina_embeddings_v5_text_nano 0.464 0.452 0.601 0.547
jina_embeddings_v5_text_small 0.461 0.460 0.513 0.532
multilingual_e5_base 0.576 0.630 0.652 0.673
multilingual_e5_large 0.536 0.625 0.658 0.646
multilingual_e5_large_instruct 0.705 0.698 0.800 0.706
nomic_embed_text_v2_moe 0.531 0.666 0.558 0.676
paraphrase_multiL._mpnet_base 0.509 0.525 0.622 0.523
sentence_transformers_LaBSE 0.658 0.765 0.620 0.712
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