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Abstract

Field linguistics increasingly relies on compu-
tational tools to organize, analyze, and preserve
linguistic data, yet the classificatory assump-
tions embedded in these tools are rarely ex-
amined. A pervasive assumption is that lan-
guages can be treated as discrete, genealogi-
cally defined units, with relatedness modeled
as tree-structured descent. We argue that this
assumption misrepresents linguistic evidence
in contact-heavy regions and risks distorting
the computational mediation of field linguistic
data. Focusing on South Asia, we show that
widely assumed boundaries—such as the Indo-
Aryan–Dravidian divide—collapse in long-
standing contact zones characterized by conver-
gence, dialect continua, and institutional mul-
tilingualism. Through historically grounded
case studies including Kannada–Telugu and
Tamil–Malayalam, we demonstrate how con-
vergence, script-mediated distance, and post-
hoc standardization reshape how field data is
segmented, compared, and interpreted when or-
ganized through genealogical labels. We argue
that contact-aware, relational models of linguis-
tic relatedness are necessary if NLP tools are to
support, rather than distort, the documentation
and analysis of linguistic diversity.

1 Introduction

Genealogical classification has long framed lin-
guistic relatedness in terms of divergence, mod-
eling languages as splitting and branching along
tree-structured lineages. This view has been foun-
dational for historical reconstruction and typol-
ogy, but it is increasingly embedded—often im-
plicitly—into computational tools used to organize,
analyze, and preserve linguistic data. In contact-
heavy regions such as South Asia, this abstraction
captures only part of linguistic reality. Alongside
divergence, the region exhibits persistent patterns
of convergence across families and branches, pro-
duced through centuries of contact, cohabitation,

and institutional multilingualism (Emeneau, 1956;
Masica, 1976; Southworth, 2005). When compu-
tational systems inherit genealogical labels as or-
ganizing primitives, these dynamics are systemati-
cally obscured.

The Indo-Aryan–Dravidian divide illustrates this
problem clearly. Although typological and official
classifications present these families as distinct, ex-
tensive linguistic work shows that the boundary col-
lapses in transitional regions shaped by sustained
contact (Gumperz and Wilson, 1971; Thomason
and Kaufman, 1988; Bashir, 2016). In such zones,
cross-boundary alignment frequently outweighs in-
ternal divergence within standardized languages,
giving rise to dialect continua and areal nexuses
that resist discrete classification (Masica, 1991;
Nichols, 1992). Treating these regions through
rigid taxonomic lenses risks misrepresenting the
linguistic systems documented through fieldwork.

These issues are not peripheral to field linguis-
tics. Courtly bilingualism, shared literary regis-
ters, and long-standing diglossia enabled grammat-
ical constructions, lexemes, and pragmatic conven-
tions to circulate across what are now treated as
firm genealogical divides (Ramanujan and Masica,
1969; Krishnamurti, 2003). Scriptal divergence,
often taken as evidence of linguistic separation, fre-
quently lags behind structural convergence and in-
stead reflects post-hoc identity formation driven by
political and administrative standardization (South-
worth, 2005; Trautmann, 2006). When field linguis-
tic data is computationally organized through ge-
nealogical categories, these historical processes di-
rectly shape how linguistic evidence is segmented,
compared, and interpreted.

This paper argues that, in contact-heavy settings,
genealogical classification functions poorly as a
computational organizing principle for field lin-
guistic data. Using South Asia as a critical case,
we show that many distortions introduced by NLP-
assisted analysis arise not from data sparsity or
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modeling limitations, but from the imposition of
tree-based abstractions onto contact-driven linguis-
tic systems. Recognizing this mismatch is essential
if computational tools are to support, rather than
distort, the documentation and analysis of linguistic
diversity.

2 Genealogical Classification as a
Computational Prior

In computational workflows applied to linguistic
documentation, genealogical classification rarely
appears as an explicit analytical choice. Instead,
it enters indirectly through the labels, resources,
and organizational frameworks inherited from lin-
guistic surveys, census practices, and standard-
language corpora. ISO language codes, census
categories, script conventions, and standardized or-
thographies together function as a de facto ontology
of linguistic relatedness. When NLP tools are used
to organize, compare, or archive linguistic materi-
als, this ontology quietly structures what counts as
a language, what is comparable, and what variation
is treated as noise. In contact-heavy regions such
as South Asia, these inherited categories encode
assumptions of discreteness and divergence that are
poorly aligned with the linguistic record (Grierson,
1903; Masica, 1991; Southworth, 2005).

Genealogical trees, originally developed as
heuristic tools for historical reconstruction, thus
come to function as computational ground truth in
the processing of field and documentary data. Lin-
guistic materials are partitioned into discrete labels;
similarity is inferred across pre-defined language
units; and cross-corpus comparison is constrained
by presumed family membership (Campbell, 2003;
Garrett, 2006). In this way, genealogical classi-
fication does not merely describe linguistic struc-
ture—it actively shapes how linguistic evidence is
grouped, stored, and interpreted by computational
systems.

This framing becomes especially problematic
in regions characterized by dialect continua and
areal convergence. As Emeneau’s formulation
of a linguistic area made clear, South Asia ex-
hibits widespread structural diffusion across family
boundaries that cannot be reduced to inheritance
alone (Emeneau, 1956). Subsequent scholarship
has documented how features such as retroflex-
ion, case marking, clause-finality, and evidential
strategies circulate across Indo-Aryan and Dravid-
ian languages through sustained contact rather than

descent (Masica, 1976; Thomason and Kaufman,
1988; Bashir, 2016). When computational tools
continue to treat these languages as maximally
distinct once genealogical boundaries are crossed,
they impose a classificatory logic that obscures pre-
cisely the forms of continuity most salient in field
linguistic evidence.

Scriptal differentiation further reinforces this
abstraction. In South Asia, script is frequently
conflated with language identity, despite extensive
historical evidence that scriptal divergence often
lags behind linguistic convergence and functions
as an identity marker rather than a structural delim-
iter (Southworth, 2005; Trautmann, 2006). When
scripts are treated as proxies for language bound-
aries in data organization and analysis, surface
distance is amplified while deeper grammatical
and lexical alignment is suppressed. This script-
mediated distance is then reified in tokenization
practices, representational spaces, and similarity
measures, shaping how linguistic relatedness is in-
ferred from field data.

The consequences of these assumptions are vis-
ible in computationally mediated linguistic in-
quiry. Transitional varieties are routinely mis-
attributed to dominant standards or excluded al-
together (Nichols, 1992). Measures of similar-
ity overestimate distance across administrative
or scriptal boundaries while underestimating di-
vergence within standardized languages that ex-
hibit substantial internal variation (Nichols, 1997).
Cross-corpus comparison and reuse of field data
consequently privilege the wrong affinities while
overlooking structurally aligned contact zones
(Kunchukuttan and Bhattacharyya, 2020). In such
cases, distortion arises not from the linguistic
data itself, but from the classificatory scaffolding
through which that data is processed.

Importantly, these effects cannot be attributed
solely to limitations of data or model capacity.
They reflect a prior commitment to genealogical
abstraction as the organizing principle of computa-
tional representation. Recent computational studies
have begun to expose this mismatch. Dialect-level
embeddings and geospatial clustering reveal simi-
larity structures that align more closely with areal
proximity and contact history than with genealog-
ical family membership (Arora et al., 2021, 2022,
2023). Large-scale reanalyses of survey data like-
wise question whether genetic classification ade-
quately captures South Asian language relation-
ships (Borin et al., 2021). These findings do not
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challenge historical linguistics; they highlight how
selectively genealogical structure has been opera-
tionalized in computational treatments of linguistic
evidence.

In this paper, we therefore treat genealogical
classification not as neutral background context,
but as an active computational prior. In contact-
heavy settings, this prior systematically flattens
networked, historically entangled linguistic ecolo-
gies into administratively convenient abstractions,
shaping what computational tools can recognize as
structure or variation in field linguistic data.

3 Contact Zones and Areal Nexuses in
South Asia

South Asian linguistic structure cannot be ade-
quately captured through discrete language units
alone. Instead, it is organized around zones of sus-
tained contact—areal nexuses in which linguistic
features circulate across genealogical boundaries
through prolonged multilingualism, shared insti-
tutions, and overlapping communicative domains.
The concept of South Asia as a linguistic area, first
articulated by Emeneau (Emeneau, 1956), fore-
grounded convergence as a co-equal force along-
side divergence. Subsequent work has confirmed
that areality is not a peripheral phenomenon, but
a defining characteristic of the region’s linguistic
ecology (Masica, 1976, 1991; Southworth, 2005;
Hook, 1987).

Areal convergence in South Asia operates at mul-
tiple linguistic levels. Phonological features such
as retroflexion and vowel harmony, morphosyntac-
tic patterns including postpositional case marking
and clause-finality, and pragmatic strategies such
as honorific alignment and evidential marking dif-
fuse across Indo-Aryan and Dravidian languages
through contact rather than inheritance (Ramanu-
jan and Masica, 1969; Hook, 1976; Thomason and
Kaufman, 1988). These shared structures do not
eliminate genealogical distinctions, but they rou-
tinely outweigh them in actual language use, par-
ticularly in regions characterized by dense multi-
lingual interaction (Nichols, 1992, 1997).

Dialect continua are most visible in transitional
zones that lie between major phylogenetic divi-
sions. Rather than exhibiting sharp boundaries,
varieties in these regions form gradients of mu-
tual intelligibility, lexical overlap, and structural
alignment. Classical dialectological work has long
documented such continua in South Asia, partic-

ularly along the Indo-Aryan–Dravidian interface
and within Eastern Indo-Aryan (Grierson, 1903;
Southworth, 2005). More recent regional studies
of Kannada, Marathi, Konkani, Odia, and related
varieties reinforce the view that linguistic distance
increases gradually rather than categorically across
space (Sridhar, 1990; Rane, 2010; Behera, 2006;
Patnaik, 2015).

Institutional multilingualism has played a cen-
tral role in sustaining these contact zones. Pre-
colonial courts, religious institutions, and admin-
istrative systems routinely operated across multi-
ple languages and registers, enabling grammatical
constructions, lexemes, and stylistic conventions
to circulate widely (Talbot, 2001; Zvelebil, 1973).
Courtly bilingualism in particular fostered stable
patterns of registeral alignment, where literary and
bureaucratic norms were shared across languages
without being perceived as foreign (Gumperz and
Wilson, 1971). These practices produced layered
linguistic ecologies in which speakers navigated
multiple codes without rigid boundaries.

Scriptal differentiation, often treated as a proxy
for linguistic separation in computational pipelines,
must be understood within this institutional context.
Historical evidence shows that scriptal divergence
frequently follows linguistic convergence, crystal-
lizing only when political, religious, or educational
regimes seek to formalize identity (Southworth,
2005; Trautmann, 2006). In South Asia, the con-
solidation of distinct scripts for languages such as
Kannada, Telugu, Tamil, and Malayalam reflects
processes of standardization rather than deep struc-
tural rupture. As King and Pollock have shown in
different contexts, scripts often function as sym-
bolic markers of authority and identity rather than
transparent reflections of linguistic distance (King,
1994; Pollock, 2006).

Colonial and postcolonial language administra-
tion further intensified this process. Large-scale
surveys and gazetteers, while invaluable as doc-
umentary resources, imposed classificatory grids
that privileged discrete languages over continua
and standardized forms over local practice (Hunter,
1881, 1885). Educational policy and state forma-
tion in the twentieth century hardened these bound-
aries, aligning language, script, and territory in
ways that obscured long-standing zones of over-
lap (Annamalai, 2001; Mohanty, 2019). Linguistic
state reorganization after 1956 represents a partic-
ularly consequential moment, transforming fluid
contact zones into administratively policed borders
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(Trautmann, 2006; Patnaik, 2015).
For field linguistics and computational documen-

tation, these historical processes are not merely
background context. They determine how cor-
pora are labeled, how scripts are segmented, and
how linguistic relatedness is encoded in machine-
readable form. When areal nexuses and dialect
continua are flattened into discrete categories, com-
putational representations mischaracterize similar-
ity and erase contact-driven structure. The case
studies that follow examine this dynamic in detail,
showing how specific South Asian contact zones
expose the limits of tree-based assumptions and mo-
tivate contact-aware, network-oriented approaches
to computationally mediated linguistic analysis.

4 Case Studies: Convergence Against
Classification

The following case studies illustrate how genealog-
ical classification collapses in South Asian contact
zones. Rather than presenting exhaustive historical
surveys, each case foregrounds a specific mode of
entanglement—morphological, scriptal, or regis-
teral—that exposes the limits of tree-based models
and motivates an areal, network-oriented account
of relatedness.

4.1 Kannada–Telugu: Courtly Bilingualism
and Morphological Interflow

While modern classifications assign Kannada and
Telugu to distinct Dravidian subgroups—South
Dravidian and South-Central Dravidian respec-
tively (Krishnamurti, 2003)—their historical record
reveals prolonged co-evolution rather than diver-
gence. From the ninth to the fourteenth cen-
turies, both languages functioned as courtly and
inscriptional media under the Western Chalukyas,
Hoysalas, and the Vijayanagara Empire, producing
overlapping literary registers and shared adminis-
trative conventions (Talbot, 2001; Gumperz and
Wilson, 1971).

Epigraphic evidence from regions such as
Hampi, Bagali, Molkalmuru, and Anantapur
demonstrates scriptal hybridity prior to the for-
mal divergence of Kannada and Telugu scripts in
the thirteenth century (Southworth, 2005). Con-
temporary spoken varieties along the Molkalmuru–
Anantapur belt retain interoperable lemma inven-
tories, case marking, verb-final constructions, and
honorific systems, with variation largely restricted
to phonological realization rather than grammatical

function (Ramanujan and Masica, 1969; Krishna-
murti, 2003). These patterns reflect a shared gram-
matical substrate differentiated only later through
scriptal standardization and administrative bound-
ary formation.

4.2 Tamil–Malayalam: Selective Divergence
and Script-Mediated Distance

Tamil and Malayalam are often cited as a canonical
example of genealogical divergence within Dravid-
ian. Yet this divergence is highly stratified. Early
Malayalam inscriptions and literary texts remain
closely aligned with contemporaneous Tamil in
core morphosyntax, with differentiation concen-
trated in lexicon, script, and register (Menon, 1933;
Krishnamurti, 2003). Border varieties in regions
such as Palakkad and Kanyakumari preserve high
degrees of mutual intelligibility and shared gram-
matical structure (Ramanujan and Masica, 1969;
Hook, 1976).

Much of the perceived distance between mod-
ern standard Tamil and Malayalam reflects post-
medieval processes of Sanskritization, ortho-
graphic consolidation, and literary standardization.
Scriptal divergence in particular amplifies surface
distance while masking deeper structural continu-
ity, functioning as an identity marker rather than a
reliable indicator of grammatical separation (South-
worth, 2005; Trautmann, 2006).

4.3 Marathi–Konkani–Tulu: Littoral
Continua and Registeral Layering

Along the western coast, Marathi, Konkani, and
Tulu participate in a littoral contact zone char-
acterized by intense multilingualism and regis-
teral layering. Konkani varieties in particular ex-
hibit extensive lexical and morphosyntactic over-
lap with both Marathi and Kannada/Tulu, reflect-
ing sustained contact rather than clear genealogi-
cal alignment (Rane, 2010; Sridhar, 1990). Script
choice—Devanagari, Roman, or Kannada—further
fragments representation without corresponding
structural divergence.

Here, standard-language gravity pulls varieties
toward administratively dominant centers, while
everyday usage preserves hybrid systems that resist
categorical classification. Computationally, this
produces unstable language identification and dis-
torted similarity judgments when script or standard
form is treated as primary signal.
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4.4 Bangla–Odia: Eastern Indo-Aryan and
Administrative Separation

Bangla and Odia, both Eastern Indo-Aryan lan-
guages, share extensive phonological and mor-
phosyntactic structure, particularly in transitional
regions such as Medinipur and Ganjam (Masica,
1991; Behera, 2006). Their contemporary sepa-
ration is reinforced by scriptal differentiation and
colonial-era administrative boundaries rather than
deep structural rupture.

As with Dravidian contact zones, dialect con-
tinua across the Bangla–Odia interface exhibit grad-
ual rather than categorical change. When treated
as maximally distinct units, these varieties are arti-
ficially distanced in computational representations
despite substantial grammatical alignment.

4.5 Hindi/Hindustani Continua: Internal
Diversity Under a Single Label

The Hindustani continuum illustrates a complemen-
tary failure mode: internal diversity collapsed un-
der a single standardized label. Varieties such as
Bhojpuri, Awadhi, Maithili, and Dakhani differ sys-
tematically in morphosyntax and lexicon, yet are
routinely subsumed under “Hindi” in corpora and
NLP pipelines (Grierson, 1903; Southworth, 2005).
This flattening erases meaningful internal structure
and produces predictable errors in language identi-
fication, similarity modeling, and transfer.

5 What This Distorts in Computationally
Mediated Field Linguistics

The case studies above show that genealogical clas-
sification fails descriptively in South Asian contact
zones. When computational tools are used to doc-
ument, annotate, organize, and compare linguistic
data, however, this failure acquires broader conse-
quences. Treating genealogical labels as ground
truth does not merely simplify linguistic reality—it
reshapes how linguistic evidence is partitioned,
aligned, and rendered legible within computational
workflows supporting field linguistics. What fol-
lows is not a catalog of technical errors, but an
account of how a classificatory prior propagates
through computational mediation, with direct con-
sequences for how linguistic structure is recorded
and interpreted.

5.1 Language Identification as Documentary
Misattribution

Computational tools used in field linguistics often
presuppose that linguistic material can be unam-
biguously mapped to discrete language categories.
In South Asia, this assumption collapses in con-
tact zones and dialect continua. Varieties spoken
along interfaces such as Kannada–Telugu, Bangla–
Odia, or within the Hindustani continuum are not
marginal or noisy instantiations of a single lan-
guage, but stable hybrid systems shaped by long-
term contact.

When such material is forced into genealogical
labels during annotation or corpus organization,
linguistic proximity is treated as error and adminis-
trative categories as signal. The result is not merely
misclassification, but misattribution: texts, utter-
ances, and speakers are reassigned to categories
that obscure the linguistic systems they instanti-
ate. Documentation practices that enforce categori-
cal assignment further entrench this distortion, pe-
nalizing representations that capture genuine over-
lap while rewarding conformity to inherited tax-
onomies. Apparent inconsistency in field data thus
reflects classificatory mismatch rather than defi-
ciencies in the data itself.

5.2 Similarity Modeling and the Production of
Artificial Distance

Computational analysis of field linguistic data fre-
quently relies on similarity and distance measures
to organize corpora, align varieties, or infer relat-
edness across datasets. When genealogical bound-
aries are assumed to define similarity space, these
measures inherit a distorted geometry. Distance
is exaggerated across scriptal or administrative
boundaries and suppressed within standardized lan-
guages, even where internal variation is substantial.

In South Asia, where script-mediated distance
often masks deep grammatical continuity, surface
divergence becomes over-weighted. Representa-
tional spaces trained on standardized corpora en-
code this bias, producing similarity structures that
mirror census categories more closely than con-
tact history. As a result, varieties that share mor-
phosyntactic and pragmatic structure are rendered
artificially distant, while internally heterogeneous
standards are treated as coherent units. The dis-
tances inferred through computational analysis are
thus not discovered in the data, but produced by
classificatory assumptions.
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5.3 Cross-Corpus Comparison and Misplaced
Affinities

Computational workflows increasingly support the
reuse, aggregation, and comparison of field linguis-
tic data across projects and corpora. In practice,
genealogical classification often serves as a proxy
for determining which materials are comparable or
transferable. In contact-heavy settings, this proxy
misaligns linguistic evidence.

Structurally aligned varieties that cross genealog-
ical boundaries are excluded from comparison,
while aggregation within standardized languages
suppresses meaningful internal diversity. In South
Asian contact zones, convergence-driven affini-
ties are systematically overlooked, while admin-
istratively consolidated categories dominate cor-
pus structure. Apparent incompatibilities across
datasets therefore reflect misplaced assumptions
about where similarity resides, rather than intrinsic
differences in linguistic structure.

5.4 Annotation and Organization Against
Administrative Abstractions

The most consequential effects of genealogical ab-
straction emerge at the level of annotation and data
organization. When computational tools treat stan-
dardized language labels as ground truth, they struc-
ture field data according to administrative artifacts
rather than linguistic evidence. In such regimes,
capturing gradient similarity, overlap, or hybridity
becomes difficult or impossible within available
annotation schemes.

This has direct implications for field linguistics.
Datasets that inherit rigid labels from census cat-
egories or ISO standards conflate linguistic ade-
quacy with taxonomic conformity. Over time, tools,
annotation practices, and corpora co-evolve around
the same abstractions, reinforcing a closed loop in
which classificatory schemes are reproduced rather
than questioned. Linguistic variation documented
in the field is thereby flattened, misaligned, or ren-
dered invisible.

5.5 From Technical Limitation to Epistemic
Misalignment

Taken together, these distortions point to a deeper
issue. Persistent challenges in the computational
handling of field linguistic data are not primarily
technical. They reflect an epistemic misalignment
between how linguistic relatedness is conceptual-
ized and how linguistic evidence is organized for

analysis. In South Asia, where convergence, are-
ality, and institutional multilingualism are foun-
dational, tree-based classification is not a neutral
simplification but an interpretive distortion.

Recognizing this misalignment reframes the role
of computational tools in field linguistics. The
goal is not merely to scale existing annotation and
organization practices, but to interrogate the clas-
sificatory assumptions that structure them. With-
out this shift, increasingly sophisticated tools risk
producing ever more precise representations of in-
creasingly impoverished abstractions, undermining
the very diversity field linguistics seeks to preserve.

6 Discussion

The preceding analysis reframes a problem often
treated as technical or task-specific in computa-
tional linguistics. Rather than viewing South Asian
linguistic diversity as an unusually difficult setting
for computational analysis, we argue that many per-
sistent failures arise from a deeper misalignment
between linguistic reality and classificatory abstrac-
tion. Genealogical labels, inherited from histori-
cal linguistics and institutionalized through census
practice, script standardization, and corpus design,
function as silent priors that shape how linguistic
evidence is organized, annotated, and interpreted
in computationally mediated fieldwork.

What distinguishes South Asia is not merely the
presence of diversity, but the centrality of conver-
gence. Linguistic structure in the region is shaped
by sustained multilingualism, registeral layering,
and institutional bilingualism, producing contact
zones in which relatedness is relational rather than
categorical. When computational tools assume di-
vergence as the default and treat convergence as
noise, they invert this reality. Hybrid and transi-
tional varieties are mischaracterized precisely be-
cause they reflect the linguistic ecologies in which
they emerge.

This perspective clarifies why incremental tech-
nical improvements often fail to resolve long-
standing challenges in computational support for
field linguistics. Improved models, better tokeniza-
tion, or expanded datasets cannot compensate for
annotation schemes and data structures that encode
administrative abstractions as ground truth. As
long as computational workflows privilege rigid
labels over contact-driven structure, they will con-
tinue to obscure the very forms of variation that
field linguistics seeks to document.
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More broadly, the South Asian case exposes
a general vulnerability in computationally me-
diated linguistic inquiry. Whenever genealogi-
cal classification is treated as exhaustive rather
than partial—when trees are mistaken for ter-
rain—computational tools risk organizing classifi-
cation systems rather than linguistic evidence. For
field linguistics, this distinction is not incidental: it
determines what kinds of structure become visible,
preservable, and interpretable.

7 Conclusion

This paper has argued that genealogical classifica-
tion, while indispensable for historical reconstruc-
tion, becomes a liability when operationalized as
computational ground truth in contact-driven lin-
guistic ecologies. In South Asia, where conver-
gence across families and branches is foundational
rather than exceptional, tree-based assumptions sys-
tematically misrepresent linguistic relatedness, con-
tinuity, and variation.

Through historically grounded case studies, we
showed how morphological, scriptal, and regis-
teral entanglement undermines the assumptions em-
bedded in computational treatments of language.
These failures are not edge cases, nor are they ar-
tifacts of insufficient data or modeling capacity.
They are the predictable consequences of imposing
administrative and phylogenetic abstractions onto
linguistic systems shaped by long-term contact.

We conclude that computational approaches sup-
porting field linguistics must move beyond tree-
based notions of linguistic organization. In contact-
heavy regions, languages and varieties are better un-
derstood as nodes in overlapping, historically sed-
imented networks. Aligning computational tools
with this reality is a prerequisite for documenting
linguistic diversity without erasing it.

8 Future Work

Future work should translate this diagnostic ac-
count into computational practices that are explic-
itly contact-aware. Promising directions include
annotation schemes that permit overlap and gra-
dient membership, similarity measures grounded
in areal proximity, and data models that represent
continua rather than discrete endpoints.

Field-facing tools should also distinguish mis-
annotation from faithful representation of hybrid-
ity, enabling documentation practices that preserve
contact-driven structure rather than suppress it. Be-

yond South Asia, similar analyses should be ex-
tended to other regions characterized by long-term
contact and dialect continua, including the Balkans,
the Arabic-speaking world, and Romance dialect
spaces.

Finally, sustained collaboration between NLP
practitioners and field linguists is essential. With-
out close engagement with the epistemic commit-
ments of fieldwork, computational tools risk repro-
ducing inherited abstractions rather than supporting
the preservation and analysis of linguistic diversity.

9 Limitations

This study is intentionally diagnostic and theory-
driven. While it draws on a broad body of linguistic
and computational scholarship, it does not intro-
duce new datasets, tools, or empirical experiments.
Its contribution lies in identifying structural failure
modes in the computational mediation of linguis-
tic evidence rather than in proposing immediate
technical solutions.

Our focus on South Asia reflects the region’s ex-
treme linguistic density and long history of contact.
Although analogous dynamics are likely present
elsewhere, the extent to which these conclusions
generalize beyond South Asia remains an empirical
question.

Finally, this paper does not reject genealogical
classification wholesale. Genealogy remains indis-
pensable for many linguistic purposes. Our claim
is narrower: in contact-heavy settings, genealogical
labels are insufficient as organizing principles for
computational documentation. Determining how
genealogical and areal signals should be balanced
in field-facing computational tools remains an open
problem.
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