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Abstract

Automatic evaluation of book-length stories
remains underexplored, particularly for non-
English literature. We introduce ChangJuan,
the first benchmark for book-length Chinese
story evaluation, comprising 300 novels with
metadata, human ratings, and large-scale user
reviews. To mitigate the subjectivity of raw
reviews, we propose a distillation method to
aggregate them into generally agreed view-
points (pros and cons) across key evaluation
aspects such as plot and character. We conduct
systematic experiments to benchmark current
LLMs, analyze aspect importance, and exam-
ine genre differences. For book-length story
evaluation, we propose an enhanced summary-
based method that leverages length-detail bal-
anced summaries and representative excerpts,
generates aspect-specific reviews, and consid-
ers genre-aware aspect weighting to assign a
final score. Using this framework and our dis-
tilled viewpoints, we fine-tune an 8B model,
CLEM, which outperforms open-source base-
lines and raises Qwen3’s Kendall’s tau correla-
tion with human judgments from 24.8 to 34.1.
Our datasets and codes are available at https:
//github.com/DingyiYang/ChangJuan.

1 Introduction

Recent advances in Large Language Models
(LLMs) have significantly enhanced the capacity of
Automatic Story Evaluation (Chhun et al., 2024).
Leveraging their superior semantic comprehension,
LLM-based methods correlate much better with
human judgments than traditional metrics such
as BLEU (Papineni et al., 2002) and BERTScore
(Zhang et al., 2020).

Despite this progress on short narratives, eval-
uating book-length stories remains a formidable
challenge. LongStoryEval (Yang and Jin, 2025)

*Equal contribution.
fCorresponding author.

made an early attempt, but three key questions re-
main open: (1) Do benchmarking results remain
consistent across cultures? For instance, do readers
from different cultural backgrounds prioritize the
same evaluation aspects? (2) While training on
user reviews can enhance models’ book evaluation
capabilities, such reviews are inherently subjective.
How can such subjective reviews be better utilized?
(3) Summary-based evaluation (using book sum-
maries and selected excerpts) is efficient but in-
evitably discards important details. Are there more
effective ways to “compress” lengthy stories while
preserving essential elements?

To address these questions, we introduce
ChangJuan, a comprehensive benchmark dataset
for book-length Chinese story evaluation. It com-
prises 300 long-form fictions published within the
past 5 years, with newly published works as the
test set to mitigate data contamination problem.
For each book, we collect metadata, average user
ratings, and multiple user reviews from Douban,
the largest Chinese book review platform!. To
transform inherently subjective user reviews into
more objective and general evaluation signals, we
design a novel pipeline for general viewpoints
extraction (Figure 1): we first extract diverse view-
points across different evaluation aspects (e.g., plot,
world-building; see Figure 3), then aggregate them
into shared viewpoints mentioned by multiple read-
ers, ultimately producing the general pros and cons
of each book.

With ChanglJuan, we conduct systematic ex-
periments to benchmark current models, analyz-
ing overall performance, aspect-level effectiveness,
and cross-genres differences (see Section 5). To
address the limitations of prior summary-based
evaluation, we propose an enhanced summary-
based framework (Figure 2) that integrates: (1)
summaries balancing length and plot detail cover-

"https://book.douban.com/
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MetaData & Raw Reviews

Title: The lychee Road
Author: Ma Boyong
Genre: Historical Fiction

Premise: .
Set during the twilight years of
Xuanzong's reign, ...

Raw Reviews:
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Figure 1: Our data construction process (Detailed in Section 3). English translations are provided for easy reading.

age, (2) carefully selected excerpts that better cap-
ture writing quality, and (3) genre-aware weighting
that emphasizes genre-specific aspects (e.g., world-
building in historical fiction). The framework gen-
erates aspect-specific viewpoints, an overall review,
and a final score. Our enhanced method is both ef-
ficient and effective: its final scores achieve compa-
rable or superior correlation with human-assigned
scores than, aggregation-based methods that access
the entire book. Finally, leveraging this frame-
work and our distilled viewpoints, we fine-tune
an 8B model, CLEM, which surpasses existing
open-source baselines. Our main contributions are
threefold:

* ChangJuan: The first benchmark for lengthy
Chinese story evaluation. We construct a large-
scale benchmark of 300 books, with metadata,
summaries, average ratings, and user reviews.

* Objective and general evaluation viewpoints
across multiple aspects. We introduce a novel

Extracted ViewPoints

Figure 2: Overview of our evaluation framework (De-
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Aspect: World-Building

- The author conducts thorough
research on the accounts and
procedures of Tang Dynasty.

- Through the depiction of the
transportation of lychees,
the story illustrates Tang
Dynasty’s logistics system.

- The story demonstrates a
profound knowledge of
historical details.

Segment 1

Segment 2

- The depicted behavior and
mindset are too modern,
lacking a sense of historical
authenticity.

- The overall atmosphere of
various scenes feels
somewhat unusual, and the
background setting may be
overly exaggerated.

Segment n

Excerpt Excerpt Excerpt
(sumay] [ semmary |

[ Evaluation Aspects (A;

i...m.

] Aspect-specific

Instruction:
Evaluate this fiction across each
aspect, and assign a score for
each aspect. Then provide an
overall evaluation with a final

score, weighting the importance

of each aspect based on the

\fiction's genre.

tailed in Section 4.1.

Viewpoints & Scores

Overall Review
& Overall Score

Outputs

pipeline to distill subjective user reviews into gen-
eral pros and cons, covering diverse evaluation
aspects (see Figure 3), enabling more objective
and reproducible evaluations.

An enhanced summary-based evaluation
framework, an expert model CLEM, and sys-
tematic explorations. We propose a summary-
based framework featuring length-detailed sum-
maries, representative excerpts, and genre-aware
weighting. Leveraging this framework and our
distilled viewpoints, we fine-tune an expert evalu-
ation model CLEM, which achieves better evalu-
ation performance than open-source alternatives.
Additionally, we provide comprehensive analy-
ses comparing aggregation- and summary-based
evaluation, as well as model performance across
aspects and genres.

2 Related Works

Story Evaluation. Story generation is a creative
task without definitive answers. Unlike tradi-
tional metrics (e.g., BLEU (Papineni et al., 2002),
BERTScore (Zhang et al., 2020)) that compare
results with annotated ground truth, evaluating
based on human-preferred aspects (Chhun et al.,
2022; Guan et al., 2021) is more reasonable. Re-
cent approaches enhance evaluation performance
through multi-aspect assessments or by fine-tuning
on story datasets to improve comprehension (Guan
and Huang, 2020). Despite this progress, most re-
search focuses on short stories, while book-length
narratives remain underexplored. Yang and Jin
(2025) conducted a preliminary study in this do-
main. Our work aims to extend these explorations,

41117



improve the evaluation framework, address incon-
sistencies due to subjective training reviews, and
investigate evaluations of stories in Chinese cul-
ture.

LLM-based Evaluation. The advancement of
LLMs has significantly enhanced LLM-based eval-
uations (Li et al., 2024; Gao et al., 2024). Leverag-
ing their strong high-level semantic comprehension
capabilities, LLMs can now serve as “annotators”
for story evaluation. Evaluating across more com-
prehensive aspects enables LLMs to achieve bet-
ter performance (Chhun et al., 2024). However,
despite these improvements, current LLMs still
cannot process whole-book evaluations efficiently.
Two potential approaches exist: aggregation-based
or summary-based methods. Since the latter of-
fers much better efficiency, we focus on explor-
ing more effective summary-based evaluation tech-
niques that can achieve comparable performance
to aggregation-based methods.

3 Dataset: ChangJuan

3.1 Data Collection

We collect 300 long-form Chinese fiction works
2 published in the past 5 years, gathering their
metadata and evaluations from Douban Books, the
largest and most influential Chinese book review
platform. Each book includes comprehensive meta-
data (title, author, premise, genre, publication date)
as well as its average rating, rating distribution, and
multiple user reviews.

3.2 Review Processing

To convert inherently subjective and noisy reviews
into more objective evaluation signals, we propose
a systematic viewpoint distillation pipeline that con-
verts multiple user reviews into aspect-aligned pros
and cons. The process is detailed below.

Raw Viewpoints Extraction. For each review,
we employ a powerful LLM to identify user-
mentioned aspects and extract the corresponding
viewpoints for each aspect. Owing to its strong
Chinese comprehension capabilities, we adopt
Deepseek-Chat (Liu et al., 2024) for this step, with
temperature set to 0. The prompt used is shown
in Figure 8. This stage converts each review into
structured, aspect-guided raw viewpoints.

’Due to copyright restrictions, we release only summaries,
not the full book content.
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Figure 3: Aspect Taxonomy and Distribution of corre-
lated viewpoints.

Aspect Taxonomy Construction and Viewpoints
Organization. After collecting raw aspect labels
from thousands of reviews, we observe numer-
ous naming variants (e.g., “Plot Development” and
“Plot Pacing”). To standardize them, we construct a
unified aspect taxonomy by merging synonymous
or related dimensions and organizing them hierar-
chically (see Figure 3). All extracted viewpoints
are then reclassified under this taxonomy, result-
ing in organized, book-level viewpoint collections
across eight major aspects.

General Viewpoints Extraction. Next, we de-
rive general viewpoints that represent common
reader consensus. Since review votes on Douban
reflect agreement strength, we incorporate them as
a weighting signal. Our analysis shows that review
votes follow a strong long-tail distribution—few re-
views receive many votes, while most receive few
or none. Simply processing all reviews together
risks overlooking minority but valuable viewpoints.
To balance mainstream and diverse opinions, we
process high-vote and long-tail reviews separately:
For the high-vote group, all viewpoints are retained,
with similar ones merged and conflicts resolved in
favor of higher-vote opinions (see Figure 9). For
long-tail groups, frequently mentioned viewpoints
are preserved, again prioritizing the most common
opinions in cases of conflict (see Figure 10). Fi-
nally, we merge the results from both groups and
classify each viewpoint as a pro or con (see Fig-
ure 11). This yields objective, aspect-level general
viewpoints.

Following this pipeline, we convert raw reviews
into general viewpoints, each categorized as a pro
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Dataset Language  # Stories # Length Review Type # Reviews  # General Viewpoints
OpenMEVA (Guan et al., 2021) EN 2,000 143 tokens - - -
HANNA (Chhun et al., 2022) EN 1,056 375 tokens - - -
StoryER-Rate (Chen et al., 2022) EN 12,669 493 tokens Overall 459K -
Xie (Xie et al., 2023) EN 200 79 tokens - - -
Per-DOC (Wang et al., 2024) EN 596 2.5K tokens Overall 8.9K -
LongStoryEval (Yang and Jin, 2025) EN 600 121K tokens  Aspect-Guided 340K -

ChangJuan ZH 300 292K tokens  Aspect-Guided 97.5K 22.1K

Table 1: Comparison between ChangJuan and existing story evaluation datasets.

(a) Book Score Distribution

Percentage (%)

5 6 8 9

7
AVG Score
(b) Book Length Distribution

Percentage (%)

100K 200K 300K 400K 500K 600K 700K 800K
Book Length (tokens)

Figure 4: Score and book length distribution.

or con under one of the major evaluation aspects.
These distilled signals form the foundation for re-
producible, interpretable, and aspect-guided story
evaluation in ChangJuan.

Quality Control We assess the quality of the
extracted viewpoints using Recall and Precision
metrics (see Appendix A.2 for details). Our ex-
tracted viewpoints achieve a Recall of 0.932 and a
Precision of 0.946. This automated precision score
aligns closely with our human verification score of
0.91, demonstrating the reliability of our extraction
method.

3.3 Statistics and Comparison

In summary, our ChangJuan benchmark dataset
contains: (1) 300 fictions with metadata, average
ratings, and rating distributions; (2) 97.5K raw re-
views; and (3) 22.1K distilled, aspect-aligned gen-
eral viewpoints. Compared to existing story evalua-
tion benchmarks (Table 1), ChangJuan stands as the
first large-scale benchmark for book-length Chi-
nese story evaluation, with an average of 292K
tokens per story. The length distribution is shown
in Figure 4. The dataset encompasses six genres
as illustrated in Figure 5, ensuring diversity and
enabling our genre-related analysis.

Realistic Fiction 26.0%

Mystery & Suspense 24.7%
Romantic Fiction 16.0%

History & Military 15.7%

Book Genre

Science & Fantasy 11.3%

Youth & Pop 6.3%

0% 5% 10% 15% 20% 25% 30%
Percentage (%)

Figure 5: Book genre distribution.

4 Method

Our task requires models to evaluate book-length
stories by generating reviews and scores. We adopt
the efficient summary-based evaluation approach
(Yang and Jin, 2025), which condenses books into
plot summaries and key excerpts. We further
propose an enhanced summary-based evaluation
framework (Section 4.1), and develop an expert
model, CLEM, to improve evaluation performance
of open-source models (Section 4.2).

4.1 Summary-Based Evaluation Framework

Overview. As displayed in Figure 2, the frame-
work inputs a book’s metadata (title, genre, and
premise), well-constructed summaries, and rep-
resentative excerpts into the tested models. The
models are instructed to generate aspect-specific
reviews and scores, followed by an overall assess-
ment and overall score (see Figure 15). Below, we
describe key design enhancements.

While hu-
3

Detail-Length Balanced Summaries.
mans prefer incremental-updated summaries
(Chang et al., 2024) in terms of level of detail,
we find that such iterative summarization confuses
models—causing over-compression and inconsis-
tent information retention. This leads to unstable
summary lengths and detail loss, ultimately degrad-
ing evaluation quality.

To address this, we design a two-stage summa-
rization strategy. First, we segment the narrative
into coherent units. For short chapters, we attempt

3This means incrementally updating an overall summary
across chapters.
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to retain chapter completeness — if adjacent shorter
chapters will not exceed 8192 tokens after com-
bining, they are merged; otherwise, each chapter
serves as a unit. For very long chapters exceeding
8192 tokens, we retain paragraph completeness and
segment at the paragraph level. We then generate
a detailed summary for each unit (See Figure 12
and 13). This approach preserves essential plot de-
velopments, character arcs, and contextual details
while avoiding omissions of crucial events. Second,
we iteratively compress segment summaries into a
unified long-form summary of about 4,096 tokens
(Figure 14), removing redundancy but retaining
pivotal information. This balanced strategy ensures
sufficient detail coverage and manageable length,
giving models coherent yet information-rich inputs
for evaluation.

Representative Excerpt Selection. Summaries
alone cannot capture stylistic elements such as
tone, narrative rthythm, or character voice. To com-
plement them, we select representative excerpts
during summarization (Figure 13). Rather than
random sampling, excerpts are chosen to reflect
stylistic diversity—dialogue, description, and pac-
ing—and to showcase the author’s writing quality.
We select three excerpts from the beginning, mid-
dle, and end of each work. By pairing these with
detailed summaries, the model receives both struc-
tural and stylistic cues, enabling evaluations that
better approximate human literary judgment.

Genre-Aware Weighting. Different genres em-
phasize distinct narrative elements: e.g., world-
building in science fiction versus plotting in mys-
tery. To account for this, we introduce a genre-
aware weighting scheme when aggregating aspect-
level scores. We do not ask models to output ex-
plicit weights for each aspect, but rely on their
inner implicit weights for different genres. This
could better leverage the LLM’s latent knowledge
to prioritize aspects—rather than reducing to a rigid
linear weighting (See ablations in Sec C).

Our genre-aware weighting ensures that the eval-
uation aligns with audience expectations and lit-
erary conventions, making the framework more
faithful to real-world reading practices.

4.2 CLEM: Chinese Long-form Evaluation
Model

Objective Review Construction. As described
in Section 3, we transform subjective book reviews
into objective viewpoints (pros and cons). Using

these viewpoints, we build objective review sam-
ples for training. For each main aspect A with nj
pros and ny cons, we sample 7' viewpoints (set as
3 in our experiments). The sampled pros and cons
maintain the same ratio as the overall distribution
within this aspect. That is, the quota for pros and
cons is assigned by:

+ —_
+_ . A - _ .M
th=1T nAJ, ty =T nAJ- (1)

If tj; +t, < T, we will randomly select the
remaining quota from the pros or cons, with the
higher counts having a higher probability.

Each book thus produces multiple balanced,
multi-aspect reviews through iterative sampling.
Books with more viewpoints are sampled propor-
tionally more times*. This process yields diverse
and representative training samples reflecting em-
pirical distribution.

Instruction Tuning Applying our proposed
summary-based framework and the constructed ob-
jective reviews, we finetune the Qwen3-8B model
(Yang et al., 2025) via instruction tuning (Ouyang
et al., 2022) with cross-entropy loss. The instruc-
tion details are provided in Figure 15.

5 Experiments

We conduct experiments using the ChangJuan
dataset. Specifically, we sample 90 books pub-
lished in the past 2 years as our test set, with the
remaining books serving as the training set. To
prevent contamination issues in our test set, we
conduct experiments to investigate this potential
problem. The results are presented in Appendix
A.1. Following the previous works, we evaluate the
Pearson, Spearman, and Kendall Tau correlations
(Pearson, 1895; Spearman, 1961; Kendall, 1938)
between human-assigned ratings (the average rat-
ing) and model-generated scores for the test books.

5.1 Training Setup

Our training set consists of 210 books and 12.0K
constructed objective reviews. The summary and
excerpts are achieved through the process described
in Section 4.1. We finetune the Qwen3-8B for 5
epochs with a learning rate of 1e~® and a batch
size of 32. The LoRA parameters (Hu et al., 2022)
are configured as r = 8 and alpha = 16. The

*For each book, we compute the maximum number of

viewpoints k across aspects, and set the number of sampling
times to 3k.
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Pearson Spearman Kendall-Tau

r p-value r p-value r p-value

GPT-5 66.5 8.1e-13 | 61.4 1.2e-10 | 45.6 8.0e-10

Closed-Sour GPT-5-mini 41.8 4.1e-5 | 41.8 4.2e-5 | 29.8 5.5e-5
OSCEmSOUICE  GpT 40 539 44e-8 | 553  1.6e-8 | 40.1 59¢-8
DeepSeek-Chat | 58.6  1.3e-9 | 56.6 63e9 | 41.7 1.5¢-8
LLaMA3.3-70B | 25.0 1.7e-2 | 350 73e4 | 247 1.2e3
LLaMA3.1-70B | 30.2 3.8e-3 | 254  0.02 18.3 0.01

Open-Source LLaMA3.1-8B 7.3 0.5 14.1 0.2 10.4 0.07
Qwen3-32B 324 1.90e-3 | 327 1.6e-3 | 233 1.6e-3

Qwen3-8B 357 5.6e4 | 356 55e4 | 248 824

Ours CLEM-8B 469 3.1e-6 | 48.8 1.le-6 | 341 3.7e-6

Table 2: Correlation between human and model-assigned ratings under Pearson, Spearman, and Kendall-Tau metrics.

training was conducted on 4 A800 GPUs, taking
approximately 20 hours.

5.2 Baselines

Evaluated Models We test several models across
two categories: closed-source models (GPT-5,
GPT-5-mini, GPT-40, DeepSeek-Chat) and open-
source models (LLaMA3.3-70B (Dubey et al.,
2024a), LLaMA3.1-70B (Dubey et al., 2024b),
LLaMA3.1-8B, Qwen3-32B (Yang et al., 2025),
and Qwen3-8B).

Evaluation Frameworks We compare our
summary-based evaluations with the aggregation-
based approach (Yang and Jin, 2025). The latter
evaluates each segment individually, with previous
summaries included during each segment’s evalu-
ation to enhance comprehension. The final score
is the average of these individual segment scores.
Details of our summary-based framework are pre-
sented in Section 4.1, with summaries and excerpts
generated by the DeepSeek-Chat model.

Generation Parameters For closed-source mod-
els, we apply the default generation configurations.
For open-source models, we use temperature=0.7,
topP=0.8, and topK=30. For all models, we calcu-
late the average of 5 generations.

5.3 Main Results

Model Capacities. Table 2 reveals a significant
performance gap between closed-source and open-
source models. We suggest that scaling models
and incorporating more Chinese cultural context
could improve results. Furthermore, the training
data focusing on story evaluation is crucial. The
Qwen3-8B model shows remarkable performance

gains when fine-tuned on our specially constructed
review samples.

Aggregation-based vs. Summary-Based. As
shown in Table 3, our proposed summary-based
method can achieve comparable, even better per-
formance than aggregation-based methods. While
aggregation-based methods require processing the
entire book five times, summary-based evaluation
needs only one complete processing, significantly
reducing computing time and API token usage.
This demonstrates both efficiency and effectiveness
of our summary-based framework.

Ablation Studies. We conduct ablation studies
to explore the effectiveness of our summary-based
framework:

a. w/o Sum Detail Enrich & b. w/o Sum
Length Compress: The prior uses summaries cre-
ated through incremental summarization (Chang
et al., 2024), which are shorter and inconsistent
in length, resulting in loss of important details;
the latter omits the compression of segment-level
summaries. As shown in Table 3, the results con-
firm the effectiveness of our length-detail balanced
summaries. Specifically for GPT-5, compressing
the length does not show clear improvement. This
might be attributed to GPT-5’s long context com-
prehension ability.

c. w/o Representative Excerpts: This condition
randomly samples paragraphs, which may not ef-
fectively showcase the story’s writing quality. As
shown in Table 3, we observe a decline in perfor-
mance. This demonstrate the effectiveness of our
representative excerpt selection algorithm.

d. w/o Genre-weighting: This condition removes
the instruction for LLMs to emphasize genre-
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Model Setting Pearson Spearman Kendall-Tau
Aggregation-based 64.8 59.0 43.7
Our Summary-based 65.5 61.4 45.6
GPT-5 a. w/o Sum Detail Enrich 60.8 59.4 43.2
b. w/o Sum Length Compress 65.0 63.6 46.7
c. w/o Representative Excerpts 63.3 61.2 44.1
d. w/o Genre-weighting 58.7 553 40.3
Aggregation-based 61.2 58.1 42.8
Our Summary-based 59.9 57.9 42.5
a. w/o Sum Detail Enrich 56.6 56.3 424
DeepSeek-Chat b. w/o Sum Length Compress 48.7 47.6 35.2
c. w/o Representative Excerpts 53.9 53.5 39.1
d. w/o Genre-weighting 45.4 433 32.8
Aggregation-based 35.8 37.5 26.2
Our Summary-based 35.7 35.6 24.8
a. w/o Sum Detail Enrich 272 32.8 22.5
Qwen3-8B b. w/o Sum Length Compress 31.0 29.8 214
c. w/o Representative Excerpts 329 31.2 22.3
d. w/o Genre-weighting 36.5 35.0 255

Table 3: Ablation studies of our summary-based evaluation framework.

| PLOT CHAR THE LAN EMO EXP WOR CREA | Overall
Human (Approximation) |  29.3 36.6 225 281 312 145 33.1 12.6 | 100
GPT-5 15.9 306 363 395 298 124 28.5 19.0 45.6
GPT-5-mini 6.8 193 300 276 206  -6.1 17.7 9.8 29.8
GPT-40 16.7 321 353 337 343 202 24.8 20.9 39.7
DeepSeek-Chat 15.0 348 400  39.1 273 104 334 27.3 425
LLaMA3.3-70B 6.2 153 262 141 20.4 3.4 21.2 18.3 24.6
LLaMA3.1-70B 3.5 147 302 143 18.4 8.6 16.0 15.8 18.3
LLaMA3.1-8B 32 117 197 158 14.3 26 9.7 8.2 10.4
Qwen3-32B 0.1 144 313 29 15.9 2.7 222 19.7 23.3
Qwen3-8B 4.8 28 292 172 22.8 1.8 21.9 16.0 24.8

Table 4: The system-level Kendall correlations between the human-assigned scores and model-generated evaluations.
We report the correlation between aspect-specific scores and the overall score. PLOT: Plot, CHAR: Character,
THE: Theme, LAN: Language, EMO: Emotional impact, EXP: Reading experience, WOR: World-building, CREA:

Creativity.

related aspects. Results demonstrate that priori-
tizing genre-related aspects is important. Qwen-8B
is an exception; however, we found that in its rea-
soning process, it states, "I need to focus more on
some aspects for this genre," indicating its inherent
ability for genre-weighting.

5.4 Further Analysis

Aspect Importance and Aspect-level Evaluation
Performance. To explore which aspects readers
consider important in Chinese long stories, we cal-
culate the correlation between aspect-specific LLM-
evaluated scores and overall ratings. We also use
user viewpoints to approximate human-evaluated
scores for each aspect. As shown in Table 4, despite
reading experience and creativity being frequently
mentioned in user reviews (Figure 3), they appear

less significant for overall evaluation. Other as-
pects show no clear differences in importance. A
notable distinction between Chinese and English
literature emerges in the aspects of writing and
world-building (Yang and Jin, 2025), which mat-
ters less in English evaluations. This difference
may stem from Chinese readers’ tendency to focus
on details, not just main plots. Regarding model
performance on different aspects, we find that for
plot and character aspects, LLMs tend to merely
summarize content rather than provide effective
evaluation, especially for less prominent LLMs, re-
sulting in poor evaluation performance in these two
categories. Some examples can be found in Figure
6, where Qwen3-8B spends excessive context sum-
marizing the plot and characters in the generated
review.
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Plot

GTP-5

SEFtI, JVREE (B/NF' | [RAE. |BIEF) HEER, R
SRS, EHEEUEHER. ReRISSRRE,. XRREH
TPEBRRE, MHFEPRERITX, TRKDBERIE.

Multiple narrative threads unfold simultaneously. Several

clues — the hawk/"kid," the tiger-head shoes, and the old hat —
loop and intersect, while twists are solidly foreshadowed. The
story progresses naturally in a city-roaming style. The downside
is that coincidences feel a bit overused, and the dense subplots
make the pacing fluctuate between tension and slack. Some
scenes carry too much narrative weight, occasionally dispersing
the main thread's dramatic tension.

Qwen3-8B

NARAZSENE, BNRESTF. B\SE. KDIRERWE,
R EFERERRR, BREREEETSE. SHURESHE
. BERRL. NEENRES, BoXE (MXFHELISRRBH)
R, (ERBEERE.
The novel adopts a multi-threaded narrative, intertwining Liu
Jianguo's search for his son, Huang E's past, David's family
secret, and the conflicts surrounding Yuying Courtyard. The plot
is intricate yet logically coherent. Climaxes unfold one after
another — the revelation of Copper Hammer's identity, Huang
E's death, and Liu Jianguo's redemption. Some subplots (such as
Liu Jiaohua's marital crisis) feel slightly protracted, but the
overall structure remains complete and well-balanced.

CLEM-8B (Ours)

NEPREREIR S AT, SREFEH, BT HEMNRE.
FHEXBESHE, HWPEAE, MNXTRENLZREIZ, 8
HMERSIBIR,

BAEHERRARIT, RESYEAEE, NXEESEENSHS
BRRECE, KeEFSEUBHEM,

The story's twists are surprising, and the unexpected ending
adds a strong sense of intrigue and delight to the reading
experience.

However, there is a considerable amount of repetition that
weakens the narrative flow—for example, the clues surrounding
“Copper Hammer" are overly reiterated, making the story feel
verbose.

Certain plot developments feel abrupt and lack sufficient
buildup; for instance, the revelation of Liu Jianguo's connection
with Copper Hammer appears rushed and emotionally
underdeveloped.

Character

GTP-5

AIEREEMSRER: NEENRERNII—BTL=8EH, aFs
. PRESERENNHIRERENKD, FATRRBEAMW, RREXNITIZ;
HFL "FAE WESHELREREHIEER, IHRABIRNL, BE
(BBHRSZSE, XRBREEHM.

The cast of characters is rich and sharply defined. Liu Jianguo's arc of
guilt-compassion-self-punishment is coherent and powerful; Huang E's
inner conflict between transgression and maternal tenderness brims
with dramatic tension; Yu Dawei, gentle and restrained, embodies
cross-cultural memory; and Weng Zian's dual identity as “Zi" and
"Hammer" makes him both the riddle and its answer. A few supporting
roles feel somewhat functional, yet overall the ensemble stands solidly,
with relationships clearly traced.

Qwen3-8B

ABEEEEER, NZENWRSSHE, SEARRSMK. TADHE
RSFE. 28 LAESRY, RERGINGTLE, Z3k, S7RES
AERA. EROHE R SBZRE.

The characterization is richly layered. Liu Jianguo's obsession and
redemption, Huang E's guilt and growth, Yu Dawei's forgiveness and
inner conflict, and Zaban'er's innocence and rebelliousness are all
portrayed with depth and subtlety. Secondary characters such as Liu
Jiaohua, Old Guo, and Weng Zian are also vividly drawn. However, some
characters—like Xie Chuwei—have relatively shallow motivations.

CLEM-8B (Ours)
EHEMAGEISFEZ, BWHRY, Bi SRS, WERFHESBN
TEE, KATBENFK, SEEDSE.

LA AEHAEIEERL, RNTREMHEASR, thERREHmR,
REEEMERA.

SHHBNRARTFAER, NXZENHEREREL RS, =8, X
FENEa A, B, RMZIREISRHEISE T AENETRE,

The portrayal of Huang E is remarkably deep, highlighting her

resilience, courage, and wisdom. Her love for her child transcends blood

ties, embodying the greatness of maternal affection, making readers
compressed.

The depiction of Zaban'er is successful—his innocence and childlike
purity are vividly drawn, giving his character great emotional appeal.

Many characters resemble flat silhouettes. Liu Jianguo's personality is
narrowly defined by timidity and weakness, while Liu Jiaohua is
portrayed as merely nagging and stubborn. Such stereotypical
portrayals diminish the sense of authenticity and depth in the
character ensemble.

Score

GTP-5

8.0/10

Qwen3-8B

8.5/10

CLEM-8B (Ours)

7.2/110.0

Figure 6: Reviews and score assigned for "When Fire Rolls Across the Sky" (human rating 7.7). We highlight the

effective review points.
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Figure 7: The aspect important of different genres, show-
ing the 3 most important aspects across different genres.

Genre-related exploration Figure 7 displays the
genre-related aspect correlations, revealing clear
differences across genres. For instance, histori-
cal and military fiction emphasize world-building,
while mystery and suspense fiction prioritize cre-
ativity and plot.

Qualitative Analysis As displayed in Figure 6,
less powerful models tend to provide more con-
cise reviews that lack effective analysis of books’
pros and cons. Our proposed model CLEM, which
has been trained on our well-constructed reviews,
shows much better performance.

6 Conclusion

In this work, we present ChangJuan, the first com-
prehensive benchmark for evaluating book-length
Chinese stories. We collect 300 fictions with meta-
data, summaries, average ratings, and multiple user
reviews. To better utilize these subjective user re-
views, we convert them into more general view-
points (pros and cons), which can be applied for
further analysis and training. We conduct system-
atic explorations of current models’ performance,
examining overall effectiveness across evaluation
aspects and genres. For methodology, we propose
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an effective and efficient summary-based frame-
work that improves the performance of summary-
based methods. Based on this foundation and our
constructed general viewpoints, we develop CLEM,
an expert 8B evaluation model that significantly im-
proves correlation with human judgments. We hope
ChangJuan will serve as a stepping stone toward
more objective, interpretable, and culturally adap-
tive story evaluation, and inspire further research
on long-form narrative understanding in both Chi-
nese and multilingual contexts.

Limitations

In this work, we focus on summary-based methods.
Our proposed designs achieve comparable or even
better performance than aggregation-based meth-
ods. For book-length story evaluation, the ultimate
goal is to evaluate in one pass. However, due to
current challenges and limitations in model capac-
ity for extremely long context comprehension, this
remains difficult to address. In future work, we
will try to explore the key limitations of one-pass
evaluation.

Ethical Problems

We acknowledge and strictly adhere to the Code of
Ethics and Professional Conduct throughout this
research. The potential ethical concerns are ad-
dressed as follows:

Data Source and Copyrights. All of our col-
lected data comes from publicly available websites.
All user names and IDs are anonymized to pro-
tect personal information. Regarding copyright
issues, we will only release summaries of the book
contents and processed versions of user reviews.
We will release all metadata to ensure it can be
accessed.
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A Dataset

A.1 Contamination Exploration

To explore whether the books in the test set have
possible contamination issues, we conduct an ex-
periment by providing the LLMs with only the
book title and premise, then analyzing the evalu-
ation results. The results in Table 5 show a sig-
nificant performance drop, demonstrating minor
issues.

A.2  Quality Control

To ensure the quality of the automatic review-to-
viewpoints conversion process, we carefully design
the prompt and few-shot examples. By sampling
5 books and having our two major authors check
the processed results, we demonstrated that the ex-
tracted viewpoints have a high accuracy of around
91%—sufficient for model training.

We also evaluate the performance using recall
and precision:

* Recall: We first remove raw reviews with
only 0-1 votes that are mentioned only once.
As noted in Figure 10 in our paper, such re-
views are too subjective to represent the gen-
eral opinion. For the remaining reviews, we
utilize GPT-5 to check whether each review
is covered by the final extracted viewpoints.
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Model Explicit Weights  Implicit Weights (Ours)
GPT-5 44.1 45.6
GPT-40 339 40.1
DeepSeek-Chat 37.4 41.7
Qwen3-32B 19.1 23.2

Table 6: Comparison of model performance (Kendall-
Tau Correlation with human evaluations) using Explicit

VS.

B

Implicit weighting strategies.

If mentioned, it is considered recalled. Sam-
pling 50 books with 6,598 reviews, we achieve
a recall score of 0.932.

* Precision: We use GPT-5 to verify whether
each extracted viewpoint has a source in the
original reviews. If it does, it is precise; if it
contains hallucinations, it is not. For the sam-
pled 50 books with 1,647 extracted reviews,
the precision score is 0.946, which is quite
close to our human verification score of 0.91.

Quality of Book Summaries

We evaluate the quality of book summaries based
on coherence and faithfulness:

C

* Coherence: Following BOOKSCORE (Chang
et al., 2024), we measure whether each sen-
tence exhibits coherence issues. The coher-
ence score is calculated as the percentage of
sentences without such problems. By sam-
pling 50 books, we achieve a coherence score
of 0.922.

Faithfulness: Since ground truth summaries
are unavailable, we selected 10 popular books
and engaged 3 annotators (college students
who had read the books within the past 3
months) to verify whether each sentence con-
tained unfaithful content. The final faith-
fulness score—the percentage of faithful
sentences—is 0.938.

Implicit Genre-Aware Weighting

In current evaluations, we do not ask models to
output explicit weights for each aspect, but based
on their inner implicit weights for different genres.
We consider that implicit weight could be a better
choice than explicit. Here we make ablations for
these two settings, the results are shown in Table
6. We can find that explicit weights show a clear
drop, demonstrating that implicit weighting will be
better.

D Prompts

We provide the prompts used in our data processing
and story evaluation from Figure 8 to Figure 15.
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7
ERNECIFIENEER, (RIMESREEENKRE/IRAITFCENRAEAEIILISONIE, SIEITMHEETRE.

# WIEHE

1. RIS RAGEN SR, IREUEEXIMATZ O

2. ERRREENS, (UHTERHER, ZILRIMETHRER
3EEREBREATGIA (WE—AR)  MFGRERBEE, miFsiE

4. BERENHESHTEE (BoIFCESNISRABE, BIEXAEXBEMBIFREX)

AT

"RIEET=A, (FEXEREANEEET ! BRI LEMTIZIEEAINEE, FURIERER. T SEEHRNRTHE
B, FOERAMAAIRT. BHEUETEERATESEIA, EEMEAHENPC, IMEHEREEIRE, NIHTHE
SEERWPEWSIMTHER. RIRENRRER, FTET —+EMREEARWUREE!

il

PR
ERAE" TERKEHREARERR, BRI
NS B ERE RO RL, BOEGEAQITRRE
EfEE TESKRENERA, BSHRBRSIIAR
"BRES" HMEHSRAGLEE, Bk HRBSEREEER
"RERI SEREIRERIHEHIE, REERSARE',
BEER KA, XTRE RS

1

R EREL RGBSR EENAL, BREERESE,, (BEEIRGBES AL RO
t ERFRxE, RRBEFEREFIERHSR"

}
- J

(As an expert in story writing, your task is to reorganize readers' comments on long novels into a structured JSON format, \
including evaluation dimensions and a summary.

# Guidelines

1. Strictly identify the evaluation dimensions mentioned in the comments and extract the core opinions corresponding to each
dimension.

2. Retain all important viewpoints completely; only restructure them in a structured format. Do not add any new information.
3. Maintain the original narrative perspective (e.g., first-person), as if you are the original reader, not paraphrasing.

4. If necessary, polish the language (some comments may be casual or informal; revise them into formal and standardized
expressions).

Input example:

"l followed the updates for three months, and the author's handling of the emotional line was amazing! Especially the heroine's
transformation from timid to awakened, which made me cry several times. However, the male protagonist's dark turn in the later
chapters felt underdeveloped; in Chapter 5, his characterization suddenly collapsed. Among the ensemble cast, the subplot of
the craftsman Lao Zhang was particularly moving, but other supporting characters felt like NPCs. The setting descriptions were
very cinematic, though the fight scenes repeatedly used the same 'sword aura like a rainbow' template. The biggest surprise
was the payoff of foreshadowing; | guessed the mystery for twenty chapters, and it turned out to be a double twist!"

Output example:

"evaluation_dimensions": {

"emotional_portrayal": "The heroine's growth is complete and emotionally compelling, with nuanced emotional
progression",

"characterization": "The male protagonist's later transformation lacks sufficient setup, causing a sense of
characterization",

"supporting_characters": "Lao Zhang's subplot is deeply developed, but most supporting characters lack independent
personalities”,

"scene_description": "The setting is vividly cinematic, though fight scenes repeatedly rely on fixed templates”,

"foreshadowing_design": "The multi-layered twist exceeded expectations, with foreshadowing payoff being impressive",

"pacing_control": "The main plot advances with balanced tension, and key turning points are emotionally well-built"

}

ummary": "The work excels in female character development and foreshadowing design, delivering strong emotional impact,
but the male character's logical consistency and fight scene innovation need improvement, and supporting character
development is uneven."

}

- )

Figure 8: The prompt for review processing. English translation is provided for easy reading.
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[LX'F;%%HYI “{theme} ERMHIBTITIC. IBWRLIFICHITRESHES, RIGHEEAFARIIOMA. R

TEE AL TN :

- REEEIR: BRRFHSHAMBMREHA— MR,

-MRAEE: HBREMGHNREAR—MRSHNE, BRUSREES.

- BN RERHMEARSESEMTRAINR, EAILIGRA, MRFEPR, RIeRANESEAII.

-iEEEE: WRAITCHITATEES, TEREBEFEARNAMAT (LWNEAIET. AShE, IMRASHERITFE) , AERMISEXEHTER.

- MR E: WHSEHR MR REI MRS, ONSNEZSENREEAS, FERMIREMN 1FR" . "SHEEEAN" | "BoEEHAN" XERR.

- STEKIE: BRGTFICEOSMRANEASHRKIESMETEA (a0, e ESW" FEHEREE "EAATEEROMETOME" ) |, SFELREIRRIIESLX
LS, BERGRIIMRPTSRREBIXLMAT.,

- AR BMRS {theme) X—ERMEAR, NEF,

=6 (L “AMRE” X—ERE, BMT RE. WA, SRR, TREXEMLE)
BRI

- EARTRLHOMEEIFELAR, BERERI—EEIRSSHIAIZ] (votes=374)

- BRERIOEEERIN, S RERFERIIMRIRE, thESBRIAOEMHEZIEE (votes=260)
- RIRARIEHIR, BECHERIES (votes=189)

- FREHIRISIIZEME I, NREEIRRAIFEERER (votes=156)

- RAUBE T B SIRBEIEHE (votes=51)

- BB IRAVTHBRHEAMLIER, HRE—E14 (votes=45)

IR O :

- EARSTRETUEE, BERREDAIRSSZ, NREZINFANIMIIILERER

- RIS : EANTRKLAIMEIEREIR, BB BB —EHEIRISHATZ (votes=374); FRLMMIKINLBMTIN, NREZIRKFIIEREA (votes=156)
- BRSNS I, TAREIHEIRE, BERINOELUEZEEI

- RIS EHRERMESREN, SMTREBFERERE, MERRERINOBEUSEZERIN (votes=260)

- RIRFERIELAYE, BECHERNER

- RIATRS: RIRFRIIEWAIR, HECHERES (votes=189)

BT
{high_text}

\\%mmsﬁwmwmﬁ:(E&uwﬁmamm.m§ﬁﬁmm&

7

J
Below are high-voted reviews for the theme “{theme}.” Aggregate and summarize these reviews to extract core viewpoints that reflect the general audience’s consensus.\
Follow these guidelines:

1. Merge similar viewpoints: Combine overlapping opinions from different reviews into a single cohesive core viewpoint.

2. Avoid redundancy: Ensure each output viewpoint represents a unique perspective—no duplicate content.

3. Resolve conflicts: Adopt novel viewpoints only if they do not contradict higher-voted opinions. If conflicts arise, prioritize higher-voted reviews.

4. Refine language: Standardize phrasing while preserving the original meaning and details (e.g., specific plot points, character names, supporting examples). Do not
add or omit information.

5. Format requirements: Output core viewpoints alongside their corresponding original reviews. Present viewpoints directly (no prefixes like “The work” or “Most readers
agree”).

6. Preserve evidence: If a review includes supporting details (e.g., “The language is humorous—specifically, the protagonist’s complaints about taking out a mortgage
are funny”), retain these details in the aggregated viewpoint.

7. Stay on theme: Discard any viewpoint unrelated to “{theme}.”

Example (Theme: “Characterization” — demonstrates aggregation, conflict resolution, and evidence preservation)

High-voted reviews:

- Li Chang’an (the protagonist) has a well-rounded personality—he shows both strength and vulnerability (votes=374)

- The innkeeper’s motivations are clearly established; every decision aligns with his character, and his inner struggle is vividly portrayed (votes=260)
- The antagonist is not a one-dimensional villain—he has clearzZ (motivations) and beliefs (votes=189)

- Li Chang’an’s character arc is distinct: his growth from naivety to maturity feels natural (votes=156)

- The book exposes how power operates in officialdom (votes=51)

- The innkeeper’s actions sometimes feel inconsistent and hard to follow (votes=45)

Summarized core viewpoints:
- Li Chang’an (protagonist) has a well-rounded personality (showing strength and vulnerability) and a clear character arc (growing from naivety to maturity)

- Original reviews: Li Chang’an (the protagonist) has a well-rounded personality—he shows both strength and vulnerability (votes=374); Li Chang’an’s character arc is
distinct: his growth from naivety to maturity feels natural (votes=156)
- The innkeeper’s motivations are clear, with actions that align with his character (his inner struggle is vividly portrayed)

- Original reviews: The innkeeper’s motivations are clearly established; every decision aligns with his character, and his inner struggle is vividly portrayed (votes=260)
- The antagonist is not one-dimensional—he has clear motivations and beliefs

- Original reviews: The antagonist is not a one-dimensional villain—he has clear motivations and beliefs (votes=189)

High-voted reviews:
{high_text}

\ Please output summarized core viewpoints: (List format only; no prefixes) /

Figure 9: The prompts for viewpoints extraction in high-vote comments. English translation is provided for easy
reading.
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- BT EAR, ERRGIR

- PEEBSETIRE, IR

- BEERDEEITAR, BRRIL

-BRACE, REBEINEE

- HERBRBIE, MNDRAR

- RO AR, REMHREAR

- EHHEHRER, KEE

- THIREICRGRYT, BNEEEAOR

-RIESTHEL, —EESEHEYNE, REMATLRIE

RGO

- WEFEATHER, Ao MRIK, SAZEERNEMAINLLEIE

-MIROFE (3%)  MEFLUEKNE, ERMGFEE; AIESOBRAK, FRNHEAR, SISO +5Ed, —EESHEME, REIATLEIE
- REEBSETRE, HETEGN

-XWIRGFE (25F) : PEMOEDRE, —INI—F, HTETREERE, BENEStReR

- BADERRRZIE, MMIHE AR

-MIRGFE (25F)  BERRRRIE, MMIHEAR; RO ERAK, FEXHEAR

KREFE:
{chunk_text}

\USHHIREHORONA:  (EESIRTREY, FEEETNS, BEETEEIMEXR RSB EMINRE)

7

AN

Extract core viewpoints that reflect the consensus of many readers from the following long-tail reviews for the theme “{theme}.”

Follow these strict rules:

Prioritize recurring opinions: Focus on viewpoints expressed (in varied phrasing) across multiple reviews. If conflicts occur, adopt the more frequently mentioned opinion.

Filter irrelevant content: Ignore reviews that only express personal preferences (e.g., “I didn’t enjoy this”) or appear once (no generalizability).

Refine language: Standardize phrasing while preserving original meaning and details (e.g., plot points, character names). Do not add or omit information.

Format requirements: Output core viewpoints with their original reviews—only retain viewpoints supported by 22 reviews. Present viewpoints directly (no prefixes like “The work”).
Preserve evidence: If a review includes supporting details (e.g., “The pacing is off—too much time is spent on side stories”), retain these details in the aggregated viewpoint.

Stay on theme: Discard any viewpoint unrelated to “{theme}.”

o S

Example (Theme: “Narrative Pace” — Note: Single-occurrence viewpoints are excluded)
Long-tail reviews:

- The beginning drags on—I almost stopped reading

- The middle section is tight and engaging, with seamless plot progression

- The climax feels rushed and abrupt

- The ending is too hurried; many plot threads are unresolved

- The pace is inconsistent, which harms the reading experience

- The first half has excessive setup; the second half moves too fast

- The plot flows naturally, with a good balance of tension and calm

- The middle section’s pacing is perfect—neither slow nor rushed

- The first half wastes time on trivial daily scenes instead of advancing the main plot

Extracted core viewpoints:
- The beginning drags, and the first half has excessive setup (focusing on trivial scenes instead of the main plot)
- Corresponding reviews (3): The beginning drags on—I almost stopped reading; The first half has excessive setup; the second half moves too fast; The first half wastes time on trivial
daily scenes instead of advancing the main plot
- The middle section is tightly paced and engaging
- Corresponding reviews (2): The middle section is tight and engaging, with seamless plot progression; The middle section’s pacing is perfect—neither slow nor rushed
- The overall pace is inconsistent, harming the reading experience
- Corresponding reviews (2): The pace is inconsistent, which harms the reading experience; The first half has excessive setup; the second half moves too fast
Long-tail reviews:
{chunk_text}

Please output extracted core viewpoints: (List format only; no prefixes or explanations for omitted content)

- J

Figure 10: The prompts for viewpoints extraction in long-tail comments. English translation is provided for easy
reading.
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7

AR EBETICHR OMAFRE KEIFCHIIS. B KENAT [FNESEEUATHR] KED, AHEEHNRTIERT. R

EEEL TR

1. MRKEMRSSENRTE, NAHRA.
2 WIRKEMRSE

3 ERREMANREE AT (HRAHET. ASBiE, MMREEHEGFS) | FERMIRELEAER.

4. BIEAHAHEIMREIR, RERIN "SHIREAA" | BOEEFAN" XKER, TRFIEARE.
5%@%?&?%%%%5%&@%@&%%@6(%w,Wm"ﬁﬁﬁﬁ”#ﬁﬁﬁﬁ"IA@;%Q%W&E+%M%"),ﬁ#mWﬂﬁW$ﬂu§%ﬁ¥m§,%E%ﬁ%%ﬂﬁ
STEARERIX LTS,

6. EEIEEIFN AN DTG, FREENSFL (EmHNR1, REEA0) | E—REENRTRNSSERERN, BiFs.

Bl

-IBENIETSFE, RIRINE, WRSZHHSRAESIEAIERE
- XEHR, EER%N, ETEREHHRNES
-EEXETHNR, XFNRRE, BRIESHHAEHREE, SILABLENE

KEMSIMAT:

- XEZR, NEHNSROERABAR=S

- XEEFR, BE ENREBFRGIEASRIRZ
-iESZMtE, SIANE

AHENTENS

- IBSNIE TSRS, BIRMSE, WRBZIHASMESIEANIEELR

-GN, B8RS0, ETIEREMERNESR, KHEH FNREFRHIIASR
- WEBEXEEZHMR, XFNRRE, WEHNRVENZBAAR=S

- OIESRHERIEE, ILABERE

{high_text}

KEMITMA
{chunk_text}

\%@&ﬁ#ﬁ%%ﬁﬁé:(E&Hﬂi%ﬁﬁ&,*%ﬁ&@ﬁﬁ) )

You will receive two sets of viewpoints: core viewpoints from high-voted reviews and independent viewpoints from long-tail reviews. Merge the long-tail viewpoints that are **new and
non-conflicting** with the high-voted viewpoints into the high-voted list.

Follow these rules:

1. Reject long-tail viewpoints that conflict with high-voted ones.

2. Merge similar viewpoints (high-voted ki long-tail or long-tail kid long-tail) into a more comprehensive viewpoint; delete exact duplicates.

3. Preserve original meaning and details (e.g., plot points, supporting examples). Do not add or omit information.

4. Format requirements: Output the merged list directly (no prefixes like “Readers think”) and no extra explanations.

5. Preserve evidence: If a viewpoint includes supporting details (e.g., “The prose is vivid—comparing dew on grass to broken diamonds”), retain these details in the merged version.
6. Label sentiment: Mark positive evaluations with “1” and negative ones with “0” at the start of each viewpoint. Split viewpoints that mix positive and negative sentiment into two separate
entries.

Example:

High-voted core viewpoints:

- The language is concise and elegant, with vivid imagery—descriptions of the “sky city” feel immersive

- The prose is exquisite and imaginative, using rich metaphors and imagery

- The author’s writing is mature and skilled, but the didactic tone feels heavy and uncomfortable

Long-tail independent viewpoints:

- The writing is sharp, with incisive portrayals of officials’ psychology

- The prose is vivid—comparing dew on grass to broken diamonds leaves a strong impression
- The language uses frequent metaphors, making it engaging

Merged comprehensive viewpoints:

- 1The language is concise and elegant, with vivid imagery—descriptions of the “sky city” feel immersive

- 1The prose is exquisite and imaginative, using rich metaphors and imagery (e.g., comparing dew on grass to broken diamonds)
- 1The author’s writing is mature and skilled, with sharp, incisive portrayals of officials’ psychology

- 0The didactic tone feels heavy and uncomfortable

High-voted core viewpoints:
{high_text}

Long-tail independent viewpoints:
{chunk_text}

Please output merged comprehensive viewpoints: (List format only; no prefixes)

- J

Figure 11: The prompts for viewpoints merging. English translation is provided for easy reading.

41130




4 N
#INRFFLRER:

U

#i8S:

AR KRG AWF—D2ERE, RSB REN I RIFESUSIE.

#5Ra:

L 150 BEXRESEM. PR BR. BRMEEAY. S6EEENE. NEEAE%, HREEN TSR, RISFEBRRARSRA.
2. BEEK: HOTBNEENESSHEE, BRYFEEREER. RFFTARER, IERETINRNABRERE TREEAMRIEEER.
3. RIS IR (BUELR/LRR) REEAIVINRSERUSIARR (MNOE. HE. MWiE $EEES)  HEERRERY, THEER.

4. BTHRARE, TMNIEOHARITRSESRN. BR. BIEHER, PHREY, TEEARELEE.

# PtHAEL:

i IE TR

#itht [RSTHEIE:
-

AN

4 # Start of the Novel:

# Instruction:
Create a comprehensive summary for the opening of the above full-length novel, including a plot summary and one selected excerpt from the
original text.

# Guidelines:

1. Plot: Summarize key events, conflicts, backgrounds, settings, and main characters. If there is non-linear narration, flashbacks, or perspective
shifts, specify their corresponding timeframes and settings. Retain the original narrative perspective and point of view of the novel.

2. Language Requirements: Reduce meaningless phrases and excessive descriptions to ensure high information density. Maintain the
coherence of plot development so that readers who have not read the novel can fully understand the main characters and plot direction.

3. Original Excerpt Selection: Choose one excerpt (or several consecutive excerpts) that best reflects the novel’s writing style (e.g.,
psychological descriptions, scene depictions, dialogue, action descriptions, etc.). Return the original text directly without additional explanations.
4. Due to formatting reasons, the content before the novel’s main text may include copyright information, table of contents, preface, etc. Ignore
such content and do not include it in the summary.

# Output Format:
### Plot Summary:
### Representative Excerpt:

- J

Figure 12: The prompts for story beginning summarization. English translation is provided for easy reading.
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# SRR ER:

i

# BIRE:
#i BOHEE:

#185:
DTHRIINGERER, SEAEE (BEEHHRGESE) .
IR, BURKEDIRHITTIRG, GRS EERE THINESEE.

#15/:

1. HEIAERE: SEHRIRE.

2. BEHEN: EANCEERMLE, WAZRIRRPXESMH. R 58 BENAYPSEEEE, ERENEMEERN tHELEHRRIF
2, HEIEEMENSE. NRSAETR, BREENEIZS. REEBHIRARSHA. TESBSRLURSEWE.,

3. BEEXK: HOLERNEERMZZEL, MENFEEREERS. MHETARER, IERETNINABLERE TREBEAYRIEHER.,

4. RS SR (BUESJLER) SEMAIVNEBIERSINER LR, HHE. XiE. sEREE)  BRREREY, THERE.

# m@igst:
Hi SRR EBRE:  (RE@IZ200F)
#H B EERELRE:
Hitt [RUAEIE:
N i J
4 )
# Current Segment:
&
# Previous Summary:
### Plot Summary: {}
# Instruction:
Analyze the current novel excerpt and update the overall summary (including plot and selected original excerpt). Note that some longer chapters
may have been split, and there may be partial overlapping paragraphs between consecutive split sections.
# Guidelines:
1. Current Excerpt Summary: Summarize the current excerpt.
2. Plot Update: Build on the previous summary by integrating key information from the current excerpt, such as key events, conflicts,
backgrounds, settings, and characters. In principle, the word count of the updated overall summary should be greater than that before the update.
If there is non-linear narration, flashbacks, or perspective shifts, specify their corresponding timeframes and settings. Retain the original
narrative perspective and point of view of the novel. Pay attention to reasonable paragraph division to improve clarity.
3. Language Requirements: Reduce meaningless phrases and excessive descriptions to ensure high information density. Maintain the
coherence of plot development so that readers who have not read the novel can fully understand the main characters and plot direction.
4. Original Excerpt Selection: Choose one excerpt (or several consecutive excerpts) that best reflects the novel's writing style (e.g.,
psychological descriptions, scene depictions, dialogue, action descriptions, etc.). Return the original text directly without additional explanations.
# Output Format:
### Current Excerpt Summary: (Do not exceed 200 words)
### Updated Overall Plot Summary:
### Representative Excerpt:
\§ i & J

Figure 13: The prompts for latter segments summarization. English translation is provided for easy reading.
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# KRMRIED:

{concatenated_summaries}

FR—BERIFRE, EKESHENINESHE. RIORMESISRMKREIGET, BEMLI4000F0ERRE.

#18S:

1 {REBER: RgeRBZORIE. FTEAYXR. XEES5FERITN. JLUFERIE SR TRISIAFT IR BB,
2. 2 FEESINEERGRENIET. MREHEE.

3 RRENAE: IDARANIESXISIIMATE, HRBRRST.

4. KERS: BIRKES 4000F, aJ#2500FR9ZHEE.

# fnhtEst:
EEEHARIRELEN, EHEAFHEE. mEESERE.

(# EREIRE :

@ # Long Fiction Plot:

{concatenated_summaries}

You are a senior literary editor skilled in writing concise content summaries. Your core task is to condense the provided long novel plot
into a coherent summary of about 4000 Chinese characters.

# Instructions:

Preserve Key Points: Retain the core storyline, main character relationships, crucial background details, and major turning points. You
may compress or appropriately remove redundant narration and minor subplots.

No Additions: Do not introduce any new events, characters, or settings not present in the original text.

Maintain Style: Follow the original linguistic tone and narrative rhythm to ensure a natural and smooth flow.

Length Control: The target length is 4000 characters, with an acceptable range of +500 characters.

# Output Format:
Please begin directly with the summary text — no introduction, title, or conclusion.

# Compressed Summary:

Figure 14: The prompts for story summary compression. English translation is provided for easy reading.
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THE—AKREHENDE. KSMEEN.

HBE: {Title}
#3: {Genre}
EEEEN: {Premise}

THEERAFKEHEN RS ERMR SIS R,

ETRE:
{Plot_Summary}

RXFEERR (EEGMESREXERIS)
{Excerpt}

TEJVNREE, IEXANRIEMEERTIFNTITD, SEERARR, SEEVMIHY, FE1-105BERGHITS.
=ia, BREAEETNIITS. ETERASHN, BiREINRAIREIRE R YIRS EA0RM.
TERIA TS T :

1. 15%:
- FEN:
- 15 xx/10

2. \¥:
- FEN:
- 15 xx/10

BFiTN:
- T
\, BUNTS: xx/10

AN

fBeIow is the title, genre, and premise of a long-form story.

Title: {Title}
Genre: {Genre}
Story Premise: {Premise}

The following section provides the overall plot summary and selected excerpts from the original text.

Plot Summary: {Plot_Summary}

Qel

ted Excerpts (highlighting the author’s writing style and literary techniques): {Excerpt}

As a novel reader, please evaluate this work across multiple dimensions. Consider both strengths and weaknesses to provide a comprehensive and objective assessment.
Assign a score from 1 to 10 for each dimension.
Finally, provide an overall reviewand score, taking into account the novel’'s genre when determining the relative weight of each dimension.

Please follow the format below:

1. Plot:
Review:
Score: x.x/ 10

2. Characters:
Review :
Score: x.x / 10

Overall Review:
Review :
KOveraII Score: x.x/ 10

Figure 15: The prompts for story evaluation. English translation is provided for easy reading.
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