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Abstract

Plot progression is central to immersive role-
playing language agents (RPLAs), yet exist-
ing resources largely consist of short inter-
actions and rarely identify the sentences that
advance a plot. We introduce RoleArena, a
multi-agent environment for generating con-
trollable, long-horizon role-playing dialogues.
RoleArena discretizes a plot into states. An
environment agent proposes state transitions
and bridging narration, while a critic agent
determines whether each transition is timely.
Transitions approved by both agents serve as
automatic plot-progression markers. We use
RoleArena to construct PlotStream, a bilin-
gual dataset with 39.3K character profiles and
170K dialogues, and fine-tune Qwen2.5 into
PlotRole-7B and PlotRole-72B. We further pro-
pose RoleArena-Eval, which assesses dialogue
fluency, character fidelity, emotional expres-
sion, story quality, and plot progression. Un-
der matched experimental settings, RoleArena
yields higher scores than two multi-agent role-
playing frameworks, while PlotRole improves
plot-progression scores over its Qwen2.5 back-
bones.

1 Introduction

Large language models (LLMs) increasingly sup-
port role-playing language agents (RPLAs) that
simulate specific characters and provide interactive
narrative experiences (Thoppilan et al., 2022; Chen
et al., 2024; Shao et al., 2023). Such agents are
used in role-playing games, digital humans, and
other immersive applications (Ashby et al., 2023;
Yao et al., 2024; Tao et al., 2024a). Beyond main-
taining a persona within a single response, an en-

Corresponding author.

gaging RPLA must sustain coherent interaction and
advance a story over many turns.

Current resources provide limited support for
this long-horizon capability. First, many role-
playing datasets contain relatively short exchanges,
making it difficult to study behavior over extended
interactions. Second, most datasets do not explic-
itly identify the utterances or narrations that move
a story from one plot state to the next. Some re-
cent work introduces plot-oriented data or evalua-
tion (Tu et al., 2024; Lu et al., 2025; Yuan et al.,
2024; Zhang et al., 2025), but identifying transi-
tion points can require substantial human effort and
may be difficult to scale.

We introduce RoleArena, a multi-agent environ-
ment for generating long-horizon role-playing dia-
logues with controlled plot progression. RoleArena
coordinates three agent roles. A character agent
maintains a character-specific memory and gener-
ates thoughts, actions, and speech. An environ-
ment agent constructs the setting, theme, and dis-
crete plot states; it also generates narration and
proposes when to move to the next state. A critic
agent checks proposed transitions against the re-
maining dialogue budget and plot complexity. A
transition occurs only when the environment and
critic agents agree. This explicit state change both
regulates pacing and provides a plot-progression
marker without asking a separate model to annotate
each dialogue after generation.

Using RoleArena, we construct PlotStream,
a bilingual Chinese-English dataset containing
39,312 character profiles and 170,148 long-form di-
alogues. We use PlotStream to fine-tune Qwen2.5
backbones into PlotRole-7B and PlotRole-72B,
optimizing both environment-side narration and
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character-side responses at plot transitions. We also
introduce RoleArena-Eval, a five-dimensional pro-
tocol for dialogue fluency, character fidelity, emo-
tional expression, story quality, and plot progres-
sion.

Our contributions are threefold:

* We propose RoleArena, which combines dis-
crete plot states, dynamic environment-agent
decisions, and critic-assisted pacing to gen-
erate controllable long-horizon role-playing
dialogues.

* We construct PlotStream with automatically
derived plot-transition markers and train
PlotRole-7B and PlotRole-72B to improve
plot progression in both narration and char-
acter responses.

* We present RoleArena-Eval and evaluate the
environment, dataset, and trained models
under controlled multi-agent comparisons,
human-LLM agreement checks, and compo-
nent and sensitivity analyses.

2 Related Work

Multi-agent role-playing dialogue. Multi-agent
environments assign models complementary roles
to simulate scenes and generate dialogue. Char-
acterBox introduces narrator and character agents
whose interactions advance a virtual-world simu-
lation (Wang et al., 2025a). COSER uses an envi-
ronment model to provide feedback during multi-
agent dialogue simulation (Wang et al., 2025c).
IBSEN coordinates director and actor agents to
enact a story from a fictional outline (Han et al.,
2024), while BookWorld organizes agents across
scenes using concepts from drama theory (Ran
et al., 2025). RoleArena differs by representing
the plot as discrete states and requiring agreement
between environment and critic agents before each
state transition, thereby making both plot timing
and dialogue length explicit control targets.
Role-playing datasets and plot progression.
One line of work extracts character profiles, dia-
logue, and context from novels or scripts (Li et al.,
2023; Dai et al., 2025; Shao et al., 2023; Zhou et al.,
2024). Another constructs synthetic profiles and
simulated conversations, which broadens character
coverage and reduces dependence on copyrighted
source narratives (Ge et al., 2024; Lu et al., 2025;
Wang et al., 2025b; Tao et al., 2024b). RolePlot is

particularly relevant because it evaluates and im-
proves plot progression through plot-oriented data
and model training (Zhang et al., 2025). How-
ever, it operates at the data/model level, whereas
RoleArena is an online multi-agent environment
that decides when to change plot states during gen-
eration. We therefore include RolePlot in the re-
source comparison but compare RoleArena directly
with IBSEN and CharacterBox, which are more
comparable at the framework level.

Role-playing evaluation. InCharacter mea-
sures personality fidelity through psychological in-
terviews (Wang et al., 2024b), and DITTO eval-
uates arbitrary role-play obtained through self-
alignment (Lu et al., 2024). CharacterBox evalu-
ates actions in dynamic scenes (Wang et al., 2025a);
COSER considers story quality, personification,
character fidelity, and story consistency (Wang
et al., 2025¢); and CharacterEval measures dia-
logue ability, character consistency, role-playing
appeal, and personality backtesting (Tu et al.,
2024). RoleArena-Eval complements these dimen-
sions with an explicit measure of whether character
interactions proactively and coherently advance the
plot.

3 RoleArena

3.1 Preliminaries

Dialogue turn. For a scene with M character
agents, one dialogue turn is complete after all M
agents have acted once.

Plot progression. We represent a plot as an or-
dered sequence of discrete states (S7,S2, ..., Sk).
Progression occurs when character actions and en-
vironmental events justify moving from the current
state .S, to Syy1.

3.2 Agent Architecture

RoleArena comprises an environment agent [E, one
or more character agents R, and a critic agent C.
Their interaction is illustrated in Figure 1.

3.2.1 Environment Agent

Before a dialogue D begins, E generates a theme,
scene description, and plotline from the profiles of
the participating character agents [Ry, ..., Ry]. It
discretizes the plotline into k states and considers
the requested minimum dialogue length » when
selecting k.

During generation, E observes the dialogue his-
tory H, identifies which character should act next,
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Figure 1: Overview of the RoleArena multi-agent environment. After generating character profiles in (a.), we drive
the interactions of different agents in (b.), where the Env. agent sets up the plot and guides the Character agents to
perform multi-turn dialogues in (c.) to achieve plot progression, while the Critic agent oversees the overall dialogue
rounds, ensuring controllable dialogue turns and improving system robustness.

and produces narration n; that reflects the current
plot state. After each character action, it decides
whether the current state has been sufficiently de-
veloped and, if so, proposes a transition from 5, to
Su+1. When a transition is approved, [E generates
transition narration n; that connects the two states
and guides the next character response r; .

3.2.2 Character Agent

Each character agent conditions on its profile, pri-
vate dialogue memory, the shared history, and the
latest environment narration. It produces a struc-
tured response containing thoughts, actions, and
speech. The environment agent’s guidance deter-
mines the next speaker but does not supply the
character’s response.

3.2.3 Critic Agent

An environment agent alone may advance a plot
prematurely. Therefore, whenever E proposes a
transition, C independently evaluates the current
state, the remaining dialogue budget (r — i), and
the remaining plot states (k — u). Let dF, dY €
{0, 1} denote their transition decisions. RoleArena
updates the plot state only when both decisions are
positive:

Sy = Sur1 = di=1nd-=1. ()

Otherwise, the system remains at .S, and con-
tinues developing the current state. This agree-
ment mechanism prevents both rushed transitions

and excessive stagnation; its sensitivity to agent
choice and progression thresholds is analyzed in
Appendix F.

4 Dataset and Agent Training
4.1 PlotStream Dataset

We use RoleArena to construct PlotStream, a bilin-
gual long-horizon role-playing dataset with state-
derived plot-progression markers. Table 1 com-
pares its scale and annotations with related re-
sources. PlotStream contains 39,312 character pro-
files and 170,148 dialogues, with more than 50
turns per dialogue on average. It records speech,
thoughts, actions, narration, and the responses as-
sociated with approved plot-state transitions.

4.1.1 Dataset Characteristics

PlotStream covers Chinese and English and con-
tains ten broad synthetic character styles, detailed
in Appendix H. Its transition labels are not pro-
duced by GPT-40: a transition narration is marked
when E and C agree to update S, to Sy41. This
state-derived signal avoids a separate manual anno-
tation pass for every generated dialogue.

4.1.2 Role Profile Construction

Starting from the one-sentence synthetic personas
in PersonHub (Ge et al., 2024), DeepSeek-V3.1
generates 39,235 detailed profiles spanning ten
styles. We add 77 literary-character profiles from
CharacterEval (Tu et al., 2024) and COSER (Wang
et al., 2025¢), yielding 39,312 profiles in total.
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Dataset Character Conversation Dialogue Plot
Num. Profile #Turns #Conv. Multi-Chara. Speech Thought Action Plot Prog.

Character-LLM (Shao et al., 2023) 9 v 132 14,300 v

ChatHaruhi (Li et al., 2023) 32 v >2 54,726 v v

RoleLLM (Wang et al., 2024a) 100 v 2 140,726 v

CroSS-MR (Yuan et al., 2024) 126 v 2 445

CharacterGLM (Zhou et al., 2024) 250 v 15.8 1,034 v

CharacterEval (Tu et al., 2024) 77 v 9.3 1,785 v v

DITTO (Lu et al., 2024) 4,002 v 5.1 7,186 v

MMRole (Dai et al., 2025) 85 v 4.2 14,346 v

CharacterBench (Zhou et al., 2025) 3,956 v 11.3 13,162 v

COSER (Wang et al., 2025¢) 17,966 v/ 132 29,798 v v v v

RolePlot (Zhang et al., 2025) 20 v >2 28,127 v

RoleMRC (Lu et al., 2025) 10,200 v 9.5 37,900 v

PlotStream(QOurs) 39,312 v >50 170,148 v v v v

Table 1: Comparison of PlotStream with existing role-playing datasets. Num., #Turns, #Conv., and Multi-Chara.
denote the number of characters, dialogue turns, dialogues, and support for multiple characters, respectively.

Language P, AcceptRate P, o P

ZH 0.96 0.88 079 086 <0.01
EN 0.95 0.83 071 083 <0.01
Overall 0.96 0.86 075 084 <0.01

Table 2: Human audit of PlotStream. P, and P. denote
observed and expected agreement, « is Krippendorff’s
alpha, and p is the reported p-value.

4.1.3 Dialogue Simulation and Filtering

DeepSeek-V3.1 instantiates RoleArena’s three
agent roles to generate the main PlotStream dia-
logues. We remove incomplete generations and
excessively long or unresolved dialogues, then ap-
ply the quality-control procedure in Appendix I.
GPT-40 is used only for post-generation filtering,
which removes entries with a composite score be-
low 3.0; it does not create the state-derived tran-
sition labels. Plotline-diversity measurements are
reported in Appendix B.

To assess the retained data independently of auto-
matic filtering, five experienced annotators inspect
a random sample of 500 dialogue sets, with an av-
erage of 2.6 judgments per set. A set is rejected
if its overall RoleArena-Eval score is below 3.0 or
any dimension is below 2.0. The audit yields an
86% acceptance rate and Krippendorff’s a = 0.84;
roughly half of the rejected audited sets reach the
maximum turn limit without completing the story-
line. Because GPT-40 participates in automatic fil-
tering and is also the primary evaluator, the retained
data and reported scores may share model-specific
preferences; we account for this dependence when
interpreting downstream gains.

4.2 PlotRole Training

PlotRole learns two outputs at approved plot tran-
sitions: narration n* and the following character
response r*. For narration, Cy,» contains the role-
playing instruction and the alternating narration—
response history. For the character response, Cy«
additionally contains n* and the target character’s
profile and instruction. We optimize

6" = argmin [E(c,,. ne) Lo (f (Cnr;0), 1)

+Ec,. » Lca(f(Crr: 0),79)].
2

The response target includes the character’s
thoughts, actions, and speech at the transition point.

5 RoleArena-Eval

RoleArena-Eval assesses long-horizon role-playing
dialogue along five dimensions: Dialogue Fluency
(DF) measures naturalness, coherence, and consis-
tency across turns; Character Fidelity (CF) mea-
sures alignment with a character’s background, per-
sonality, and abilities; Emotional Expression (EE)
measures emotional authenticity and consistency;
Story Quality (SQ) measures thematic coherence,
suspense, and engagement; and Plot Progression
(PP) measures whether character interactions ad-
vance the story naturally, proactively, and without
repetition.

Each dimension uses a five-point Likert-type
scale (Likert, 1932).  Following a critique-
then-score protocol, the evaluator first produces
dimension-specific feedback and then assigns
scores. Our main experiments use GPT-40 as the
evaluator and report complementary human and
cross-model agreement analyses.
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6 Experiments

6.1 Experimental Setup

Data and models. We split PlotStream 9:1 into
training and test sets and fine-tune Qwen2.5-7B-
Instruct and Qwen2.5-72B-Instruct using Equa-
tion 2. For each evaluated model, we generate 20
Chinese and 20 English dialogue sets per run and
average results over 10 runs. All models use the
same held-out character profiles, plotlines, themes,
and environments.

Training details. PlotRole-7B is trained on
eight H20 GPUs (96 GB each), while PlotRole-
72B uses 24 H20 GPUs across three nodes (eight
per node; 96 GB each). Both models use a learning
rate of 1075, gradient accumulation of 16, and a
maximum sequence length of 16,384 tokens.

At inference, the evaluated LLM is instantiated
separately as the environment, character, and critic
agents. The three instances share the same un-
derlying model but receive role-specific prompts.
The environment-agent instance generates narra-
tion rather than receiving fixed external narration;
the character-agent instance generates thoughts, ac-
tions, and speech; and the critic-agent instance eval-
uates proposed transitions.

Evaluation context. The main results use K =
15 dialogue turns. To reduce length-related evalu-
ation bias (Wang et al., 2025¢), DF, CF, EE, and
PP are evaluated on a random window of K turns,
while SQ receives the dialogue prefix from the start
through the endpoint of the same K-turn window.

Model baselines. Open-source baselines are
Qwen2.5-7B-Instruct, Qwen2.5-14B-Instruct,
Baichuan2-13B-Chat, Qwen2.5-72B-Instruct,
Hunyuan-7B-Instruct, ChatGLM3-6B, Llama-3.1-
8B, Llama-3.1-70B-Instruct, and DeepSeek-V3.1.
Closed-source baselines are GPT-4.1-mini,
GPT-3.5, GPT-40-mini, Gemini-1.5-Flash, Gemini-
1.5-Pro, Claude-3.5-Haiku, Claude-3.5-Sonnet,
and Doubao-1.5-lite.

Framework baselines. We compare RoleArena
with IBSEN (Han et al., 2024) and Character-
Box (Wang et al., 2025a), two online multi-agent
role-playing frameworks. All three use DeepSeek-
V3.1 as the dialogue backbone, the same test cases
and character/environment information, and a com-
mon target of more than 50 turns. Task content and
length constraints are held constant, while prompts
retain the interfaces required by each framework:
director—actor for IBSEN, narrator—character for
CharacterBox, and environment—character—critic

for RoleArena. Appendix C documents this align-
ment in more detail. RolePlot (Zhang et al., 2025)
is not used as a direct framework baseline because
it is an offline data-construction and model-training
method rather than an online multi-agent environ-
ment; we instead compare its resource characteris-
tics in Table 1.

Evaluation. GPT-40 is the primary RoleArena-
Eval judge. It is also used in PlotStream’s post-
generation filter, but it does not generate Plot-
Stream’s plot-transition labels. We therefore com-
plement the main evaluation with five expert an-
notators, Claude-Sonnet-4.5, generator sensitivity
tests, and component ablations.

6.2 Main Results

PlotRole improves plot progression. Tables 3
and 4 report the English and Chinese results. Rel-
ative to Qwen2.5-7B-Instruct, PlotRole-7B raises
the average score from 2.469 to 3.416 in English
(40.947) and from 2.448 to 3.093 in Chinese
(40.645); its PP gains are +1.347 and +0.937,
respectively. At 72B, PlotRole improves the av-
erage by 0.282 in English and 0.324 in Chinese,
with corresponding PP gains of 0.454 and 1.002; it
also attains the highest English CF score (4.712).
These paired backbone comparisons more directly
isolate the effect of PlotStream training, although
they do not establish unrestricted out-of-domain
generalization.

Cross-language behavior. Fourteen of the 19
models score lower in Chinese than in English;
the largest absolute difference in average score
is 0.495 points (Gemini-1.5-Flash). PlotRole im-
proves the average score over its corresponding
Qwen2.5 backbone in both languages, although
neither PlotRole variant leads every evaluation di-
mension.

Chinese Scene English Scene
DF DF

sQ EE sQ EE

~— IBSEN CharacterBox  —— RoleArena (Ours)

Figure 2: Framework comparison in Chinese and En-
glish using the same DeepSeek-V3.1 backbone, test
cases, character and environment information, and
dialogue-length requirement.
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English Scene

Model Average
DF CF EE SQ PP
Closed-source Models
GPT-4.1-mini 4.258+0.23 4.333£0.17 4.396+0.42 4.920+0.08 4.526+0.35 4.487+0.25
GPT-3.5 3.650+0.31 3.9474+0.29 4.233+0.16 4.271+0.44 4.056+0.27 4.031+0.29
GPT-40-mini 3.92640.38 4.185+0.13 4.278+0.49 3.88940.25 3.630+0.18 3.98240.29
Gemini-1.5-Pro 3.950+0.47 4.51240.22 4.333+£0.41 4.448+0.36 4.012+0.29 4.251+0.35
Gemini-1.5-Flash 3.778+0.15 4.455+0.34 3.9174+0.28 4.583+0.19 3.899+0.42 4.126+0.28
Claude-3.5-Haiku 4.155+0.26 3.7784+0.48 4.027+0.31 4.167+0.24 3.556+0.11 3.93740.28
Claude-3.5-Sonnet 4.260+0.39 4.243+0.17 3.97440.46 4.380+0.32 4.0154+0.25 4.1744+0.32
Doubao-1.5-lite 3.892+0.43 4.420+0.21 4.295+0.38 3.994+0.27 4.127+0.34 4.146+0.33
Open-source Models

Qwen?2.5-7B-Instruct 2.23840.22 2.1914+0.15 2.51240.41 3.071+0.33 2.3334+0.28 2.469+0.28
Qwen2.5-14B-Instruct 3.333+0.29 4.132+0.44 4.028+0.18 4.333+0.25 3.5574+0.31 3.87740.29
Qwen2.5-72B-Instruct 3.91040.37 4.2324+0.26 4.253+0.49 4.560+0.21 4.1061+0.35 4.21240.34
Hunyuan-7B-Instruct 2.200+0.14 2.333+0.38 2.10040.27 2.700+0.45 1.9334+0.32 2.253+0.31
Llama-3.1-70B-Instruct 3.146+0.41 2.54240.22 3.176+0.34 3.3124+0.28 2.625+0.19 2.960+0.29
Llama-3.1-8B 2.22240.33 2.667+0.29 2.333+0.16 2.5001+0.42 2.0804+0.37 2.360+0.31
Baichuan2-13B-Chat 3.250+0.27 4.012+0.35 3.584+0.24 3.925+0.18 3.2304+0.46 3.600+0.30
ChatGLM3-6B 2.35040.19 2.57040.43 2.41240.32 3.0104+0.26 2.52740.41 2.57440.32
DeepSeek-V3.1 4.406+0.28 4.564+0.15 4.550+0.37 4.91240.22 4.550+0.31 4.596+0.27
PlotRole-7B 2.44440.36 3.55640.24 3.3354+0.29 4.067+0.17 3.680+0.43 3.416£0.30
PlotRole-72B 3.95640.25 4.712+0.32 4.4174£0.41 4.824+0.28 4.560+0.19 4.49440.29

Table 3: English RoleArena-Eval scores for multi-turn dialogues. Boldface and underlining mark the best and
second-best scores in each column, respectively.

RoleArena improves multi-agent dialogue
generation. Figure 2 compares the three
frameworks under the controlled protocol above.
RoleArena obtains higher scores in all five
RoleArena-Eval dimensions in both languages,
with the clearest gains in story quality and plot
progression. Because each framework retains its
native interface, this is a framework-level compari-
son rather than a single-prompt ablation. The con-
centration of gains in SQ and PP is consistent with

6.3 Ablation and Sensitivity Analysis

Table 6 reports ablations of the environment agent,
the discrete plotline, and the critic agent. Remov-
ing the environment agent causes the largest overall
degradation, while removing the plotline particu-
larly reduces SQ and PP. Removing the critic pro-
duces a smaller but consistent reduction and weak-
ens control over transition timing. Appendix K re-
ports mixed-generator and cross-model tests; these
checks reduce dependence on a single generator

RoleArena’s intended mechanism: explicit state
decisions regulate when a story advances and how
its pacing is maintained.

Human agreement. Five expert annotators,
each with 2-3 years of role-playing experience,
evaluate the same K = 15 setting as the main
results. Figure 3 reports Pearson correlations be-
tween their judgments and those of GPT-40 and
Claude-Sonnet-4.5; the average human-LLM cor-
relation exceeds 0.85 in both languages. For a sep-
arate context-length analysis, we sample 50 test-set
character sets and generate dialogues longer than
30 turns. Table 5 reports GPT-40—human alignment
rates at K € {5, 10, 20}, which decrease to 79.60%
in English and 79.10% in Chinese at K = 20; fur-
ther protocol details appear in Appendix A. This
decline motivates the K = 15 main setting and
cautions against treating short-context agreement
as evidence of equally reliable holistic judgment
over arbitrarily long dialogues.

but are not a full factorial analysis of the generator,
filter, and judge.

6.4 Robustness and Scope Checks

Generator sensitivity. Table 7 compares the
DeepSeek-V3.1-only pipeline with a setting that
samples from DeepSeek-V3.1, Qwen2.5-72B-
Instruct, and Claude-Sonnet-4.5. The mixed setting
changes every dimension average by at most 0.099
points: DF, CF, EE, and SQ increase slightly, while
PP decreases from 4.566 to 4.518. This stability
suggests that the scores are not driven solely by a
single dialogue generator, although the experiment
does not separate interactions among generation,
filtering, and judging.

Agent assignment. We separately replace either
the environment or critic with Qwen2.5-7B while
retaining DeepSeek-V3.1 for the other role. Table 8
shows that the weaker critic reduces completion
from 95% to 79% in Chinese and from 94% to 75%
in English, whereas replacing only the environment
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Chinese Scene

Model Average
DF CF EE SQ PP
Closed-source Models
GPT-4.1-mini 4.210+0.280 4.467+0.190 4.125+0.330 4.530+0.240 3.821+0.410 4.231+0.290
GPT-3.5-Turbo 3.845+0.350 4.217+0.220 4.21440.380 3.945+0.310 4.081+0.270 4.060+0.310
GPT-40-mini 4.058+0.260 3.6671+0.420 4.357+0.290 4.292+0.360 3.4874+0.330 3.9724+0.330
Gemini-1.5-Pro 4.125+0.310 4.059+0.280 3.946+0.350 4.390+0.220 4.158+0.390 4.136+0.310
Gemini-1.5-Flash 3.652+0.370 3.127+0.250 3.84740.410 4.1094+0.290 3.41840.340 3.6314+0.330
Claude-3.5-Haiku 3.7514+0.290 3.4931+0.360 4.025+0.270 3.9424+0.430 3.645+0.320 3.771+0.330
Claude-3.5-Sonnet 4.056+0.330 4.24740.240 3.7564+0.390 4.085+0.280 4.284+0.350 4.086+0.320
Doubao-1.5 4.1944+0.220 3.8494+0.310 3.99440.340 4.239+0.370 4.384+0.260 4.132+0.300
Open-source Models

Qwen?2.5-7B-Instruct 2.1854+0.380 2.333+0.270 2.556+0.320 2.94440.350 2.22240.290 2.448+0.320
Qwen2.5-14B-Instruct 3.33340.310 3.7084+0.340 3.4384+0.280 3.7504+0.410 2.79240.360 3.40440.340
DeepSeek-V3.1 4.220+0.250 4.158+0.290 4.028+0.370 4.67210.230 4.566+0.330 4.329+0.290
Qwen2.5-72B-Instruct 3.72240.340 3.7784+0.260 3.5834+0.410 4.583+0.320 3.167+0.380 3.767+0.340
Hunyuan-7B-Instruct 2.667+0.280 2.750+0.330 2.500+0.350 3.250+0.290 2.16740.420 2.667+0.330
Llama-3.1-70B-Instruct 2.560+0.360 3.067+0.310 3.113+0.280 3.650+0.340 3.000+0.390 3.078+0.330
Llama-3.1-8B 2.22240.290 2.6671+0.350 2.3574+0.320 2.56040.380 2.12040.270 2.38540.320
Baichuan2-13B-Chat 3.1314+0.330 3.57440.280 3.1754+0.360 4.015+£0.310 3.28640.340 3.436+0.320
ChatGLM3-6B 2.667+0.310 2.460+0.360 2.598+0.290 2.950+0.330 2.4584+0.370 2.627+0.330
PlotRole-7B 2.791+0.270 3.0474+0.320 2.956+0.340 3.51440.280 3.1594+0.350 3.093+0.310
PlotRole-72B 4.102+0.230 3.7654+0.290 3.921+0.310 4.498+0.260 4.169+0.320 4.091+0.280

Table 4: Chinese RoleArena-Eval scores for multi-turn dialogues. Boldface and underlining mark the best and
second-best scores in each column, respectively.
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Figure 3: Correlation of GPT-40 and Claude-Sonnet-4.5 judgments with expert annotations in English and Chinese,
together with inter-annotator consistency.

Ahgnment Rate (%) Setting DF CF EE SQ PP

Judge K Full RoleArena  4.406+0.23  4.564+0.17 4.550+0.42 4.912+0.08 4.550+0.35

EN 7H w/o Environment ~ 3.520+0.31  4.015+0.29  3.985+0.16  3.17640.44  3.050+0.27

w/o Plotline 4.218+0.38 4.442+0.13  4.563+0.49 3.417+0.25 3.695+0.18

w/o Critic 4.395+0.47  4.550+0.22  4.486+0.41 4.680+0.36  4.262+0.29
5 89.56 87.30

GPT-40 10 85.45 84.10 Table 6: DeepSeek-V3.1 component ablations (mean +
20 79.60 79.10

Table 5: Agreement between GPT-40 and human judg-
ments as evaluation context grows. EN and ZH denote
English and Chinese.

gives 91% and 90%. This asymmetry is consistent
with the critic’s responsibility for regulating state
transitions against the remaining dialogue budget.

Progression control. Table 9 varies the maxi-
mum per-state turn budget and its permitted transi-
tion range over 50 English dialogue groups and ten
runs. The complete system remains at 92-93% suc-
cess across the tested settings; removing forced pro-

standard deviation).

gression lowers success to 72—78%. Thus, explicit
progression control is important for completing the
storyline under a long-horizon turn requirement,
while the exact choice among the tested thresholds
is less consequential.

Unseen-scenario stress test. Gemini-2.5 and
Claude-Sonnet-4.5 independently generate pre-
viously unseen profiles, scenes, and plotlines.
RoleArena completes approximately 93-94% of
these dialogues under the criterion that the storyline
is completed and the minimum turn requirement
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Generator Setting DF CF EE SQ PP

DeepSeek-V3.1 only 4220 4.158 4.028 4.672 4.566
Mixed generators 4256 4.166 4.127 4.694 4.518

Table 7: Generator sensitivity. The mixed setting sam-
ples from DeepSeek-V3.1, Qwen2.5-72B-Instruct, and
Claude-Sonnet-4.5.

Lang Env Agent Critic Agent Succ. Rate
DeepSeek-V3.1  DeepSeek-V3.1 95%
ZH DeepSeek-V3.1  Qwen2.5-7B 79%
Qwen2.5-7B DeepSeek-V3.1 91%
DeepSeek-V3.1  DeepSeek-V3.1 94%
EN DeepSeek-V3.1  Qwen2.5-7B 75%
Qwen2.5-7B DeepSeek-V3.1 90%

Table 8: RoleArena success rate when assigning differ-
ent models to the environment and critic roles.

Setting Max Turns  Allowed Range  Succ. Rate  Avg Turns
6 3-5 93% 43
Base 5 2-4 92% 35
7 4-6 93% 5.1
6 3-5 72% 4.1
No Forced Progression 5 2-4 18% 3.6
7 4-6 75% 5.5

Table 9: Sensitivity to progression control. Success
requires completing the storyline and meeting the mini-
mum turn requirement.

is met. This result tests framework-level genera-
tion robustness, not PlotRole generalization to an
independently authored benchmark.
Simulated-user stress test. Across ten runs over
100 science-fiction and horror scenes, GPT-40 sim-
ulates satisfied, dissatisfied, and preference-driven
users. PlotRole-72B sustains 4.7 versus 2.9 turns in
science fiction and 4.3 versus 3.1 turns in horror rel-
ative to Qwen2-72B-Instruct (Appendix D). These
are LLM-simulated interactions and therefore can-
not substitute for a study with human participants.

Style Qwen2-72B-Instruct PlotRole-72B A Turns A Rate (%)
Sci-Fi 2.9 4.7 1.8 62
Horror 3.1 4.3 1.2 39

Table 10: Average turns with LLM-simulated users.
Interactions stop after five turns or earlier simulated-
user termination; these results are not a human-user
evaluation.

6.5 Case Study

Figures 7 and 6 present Chinese and English ex-
amples. Highlighted spans show the narrations
and responses associated with approved plot-state
transitions, illustrating how the agents move be-
tween plot states while retaining character-specific

expression.

Our code is available at https://github.com/
tize-72/RoleArena.

7 Conclusion

We presented RoleArena, a multi-agent environ-
ment that uses explicit plot states and environment—
critic agreement to generate long-horizon role-
playing dialogues with identifiable transitions.
RoleArena serves as the generation pipeline for
PlotStream, a bilingual dataset with state-derived
plot-progression markers, and PlotRole-7B/72B,
models trained for transition narration and charac-
ter response. Our experiments show improvements
over controlled framework and model baselines,
while the human-agreement and sensitivity analy-
ses clarify the scope of the evidence. Future work
will prioritize real-user evaluation, independent sce-
narios and judges, adaptive plot planning, broader
language coverage, and multimodal interaction.

Limitations

RoleArena relies on discrete plotlines generated be-
fore dialogue, which improves controllability but
may constrain narrative diversity in highly open-
ended scenarios. PlotStream covers Chinese and
English only, and its 9:1 split primarily measures
held-out in-domain performance rather than gen-
eralization to independently authored scenarios.
Most character profiles are synthetic, so they may
not capture the full complexity of human-authored
characters.

Our evaluation also relies partly on LLM judges.
GPT-40 is used both for post-generation filtering
and as the primary evaluator, which may introduce
judge-specific preferences. Human agreement is
strong at the main setting of K = 15, but it de-
creases as the evaluated context grows from K = 5
to K = 20. Moreover, our sensitivity experiments
do not constitute a full factorial ablation over the
generator, filter, and judge. The user-participation
study uses LLM-simulated users rather than real
participants; consequently, robustness to unpre-
dictable human behavior remains unverified. Fi-
nally, RoleArena is limited to text-only interaction.
Future work should evaluate real users, indepen-
dent scenarios and judges, broader languages, adap-
tive plot planning, and multimodal interaction.
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A Additional Human Evaluation

We sample 50 character sets from the test set
and generate dialogues longer than 30 turns us-
ing DeepSeek-V3.1 and PlotRole. Table 5 com-
pares GPT-40 judgments with human judgments at
K € {5,10,20}. Agreement is highestat K = 5
and decreases to 79.60% in English and 79.10% in
Chinese at K = 20. This trend indicates that holis-
tic evaluation becomes less reliable as the context
grows and motivates our use of K = 15 for the
main results.

B Plotline Diversity Analysis

We measure storyline similarity with Qwen3-
Embedding-8B and KaLM-Embedding-Gemma3-
12B-2511, two multilingual embedding models
listed on the MTEB leaderboard. For each model,
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we run ten samples of 100 dialogue sets and av-
erage the resulting similarities. Tables 11 and 12
show a maximum average similarity of 0.4422 un-
der these measurements.

Style (EN) SIM (EN) Style (ZH) SIM (ZH)
Sci-Fi 0.4105 Sci-Fi 0.4293
Fantasy 0.4110 Fantasy 0.4198
Workplace Drama 0.3812 Workplace Drama 0.3506
Historical 0.3480 Historical 0.3442
Horror 0.3995 Horror 0.4251
Romance 0.3544 Romance 0.3595
Mystery 0.4155 Mystery 0.4315
Adventure 0.4082 Adventure 0.4307
Urban Fiction 0.3146 Urban Fiction 0.3407
Superpower 0.4238 Superpower 0.4536
Average 0.3867 Average 0.3985

Table 11: Plotline similarity by style using Qwen3-
Embedding-8B.

Style (EN) SIM (EN) Style (ZH) SIM (ZH)
Sci-Fi 0.4738 Sci-Fi 0.5049
Fantasy 0.4681 Fantasy 0.4877
Workplace Drama 0.4052 Workplace Drama 0.3981
Historical 0.4116 Historical 0.3960
Horror 0.4536 Horror 0.4440
Romance 0.4049 Romance 0.4139
Mystery 0.4439 Mystery 0.4458
Adventure 0.4443 Adventure 0.4790
Urban Fiction 0.3789 Urban Fiction 0.3874
Superpower 0.4515 Superpower 0.4654
Average 0.4336 Average 0.4422

Table 12: Plotline similarity by style using KalLM-
Embedding-Gemma3-12B-2511.

C Framework Baseline Protocol

The IBSEN, CharacterBox, and RoleArena compar-
ison uses DeepSeek-V3.1 for every model-driven
role. We reuse the same held-out cases, character
profiles, scene descriptions, and minimum length
requirement of more than 50 turns. We preserve
common task information while adapting its place-
ment to each framework’s native interface. For
IBSEN, the outline, scene, and profiles are sup-
plied through its director and actor roles; for Char-
acterBox, they are supplied through its narrator
and character roles; and for RoleArena, they are
supplied through the environment and character
roles, with the critic receiving the current state and
remaining-turn information. Consequently, the se-
mantic inputs and generation budget are aligned,
but the prompts are not textually identical because
the frameworks implement different interaction pro-
tocols.

RolePlot is not included in this direct compar-
ison because it is a plot-oriented data and model-

training method rather than an online multi-agent
environment. It is instead included in Table 1 and
discussed in Section 2.

D Simulated User Participation

We use GPT-40 to simulate satisfied, dissatisfied,
and preference-driven users in science-fiction and
horror scenarios. Across ten runs over 100 scenes,
we compare Qwen2-72B-Instruct with PlotRole-
72B and end an interaction after five turns or earlier
user termination. Table 10 shows that PlotRole-
72B sustains more turns in both styles. Because
these users are LLM simulations, this experiment
is a stress test rather than evidence from real partic-
ipants.

E Framework-Level OQut-of-Distribution
Test

For a complementary framework-level test, Gemini-
2.5 and Claude-Sonnet-4.5 independently generate
previously unseen character profiles, scenes, and
plotlines. RoleArena completes approximately 93—
94% of these dialogues, where success requires
completing the storyline while meeting the mini-
mum turn requirement. This result concerns the
robustness of the RoleArena generation framework;
it does not establish out-of-domain generalization
of PlotRole to an independent benchmark.

F Sensitivity to the Plot-Progression
Threshold

We sample 50 English dialogue groups over ten
runs and vary the progression rules. Table 9 shows
that RoleArena retains a generation success rate
above 90% under the tested threshold settings,
whereas removing forced progression reduces suc-
cess by as much as 21 percentage points. A dia-
logue is successful only if it completes the storyline
and reaches the required minimum number of turns;
Avg. Turns denotes the average turns spent at each
plot state.

G RoleArena Algorithm

Algorithm 1 summarizes RoleArena. The training-
data extraction step selects the character response
immediately following each approved state transi-
tion, so this selection is not represented as a sepa-
rate online generation step.
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Algorithm 1 RoleArena

Require: Roles R, metadata m, plot lines £, pol-
icy
Ensure: Dialogue trajectory D
1: Initialize agents A < {7, (r;)}

2: Extract story setting s < extract(m)
3: Parse plot nodes P = {p1,...,pr}
4:t+ 1,1+ 0,D<+ 0
5: while ¢t < T,,.x and i < K do
6:  Initialize turn turn;
7. ift =1 then
8: (ng, ar,U) < env_init(s, R)
9: else
10: (ng, ap) < env_step(turny_q, p;)
11:  end if
12:  while [i/| > 0do
13: Tap ~ T(ae | ne, Ma,)
14: Append r, to turn,
15: U+—U\{a}
16: if judge_plot(turny, p;) then
17: ¢ « critic(turny, p;)
18: if c.approve then
19: turn;.advance < true
20: 1+—1+1
21: break
22: end if
23: end if
24: (at,ny) < env_next(rq,, U, p;)
25 end while
26:  Append turn; to D

27: t+—t+1
28: end while
29: return D

H PlotStream Data Statistics
H.1 Role Diversity

We organize synthetic profiles into ten styles using
dimensions inspired by literature, film, and games,
including the source of conflict, narrative function,
and aesthetic style. Table 13 lists their defining
traits and examples.

H.2 Dialogue Distribution

Figure 4 shows the language-specific dialogue-
length distributions for each character style, while
Figure 5 summarizes the English, Chinese, and
overall distributions. Table 14 provides the cor-
responding values. Chinese dialogues are longer
on average and account for approximately 60% of
PlotStream.

I PlotStream Dataset Validation

Five annotators with 2-3 years of role-playing ex-
perience inspect a random sample of 500 dialogue
sets. Assignments balance Chinese and English
and provide overlapping judgments, with an aver-
age of 2.6 annotators per set. Annotators score the
five RoleArena-Eval dimensions; a set is rejected
if its overall score is below 3.0 or any dimension is
below 2.0.

Table 2 reports an overall acceptance rate of 86%
and Krippendorff’s o = 0.84. Among the rejected
audited sets, approximately half reach the maxi-
mum turn limit without completing the storyline;
these failed generations are removed. As an ad-
ditional automatic quality-control stage, GPT-40
and RoleArena-Eval remove generated entries with
a composite score below 3. This filter may favor
GPT-40’s preferences and may discard unconven-
tional but valid narratives, especially because GPT-
40 is also the primary evaluator.

J Case Studies

The English example in Figure 6 centers on a dis-
agreement between Kaelen Vance and Kaelen Vex
over whether neural-log anomalies indicate aware-
ness or post-mortem decay. The narration records
observable cues—eye movements, gestures, and
the surrounding data terminals—while the two
speakers maintain opposing interpretations of the
same evidence. The Chinese example in Figure 7
begins with an attempt to stop a data parasite and
then advances when the parasite consumes its own
code and a phase discrepancy reveals that Laurent
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Category Features Style Examples
Sci-Fi Advanced technology, futuristic High-tech interfaces, futuristic Alien explorers, AI assistants,
settings, extraterrestrial life, vir- cityscapes, alien species rebel commanders
tual reality, space adventures
Fantasy Magic systems, mythical creatures, Enchanted realms, swords and Sorcerers, warriors, dragon riders,
alternate histories, medieval or an- shields, heroic quests prophets
cient cultures
Workplace Interpersonal dynamics, power Realistic portrayals of office hier- CEOs, secretaries, junior analysts,
Drama struggles, career progression in archies, human motivations journalists
professional environments
Historical Specific eras, recreated events, cul- Period attire, authentic settings Imperial generals, noble courtiers,
tural figures from past periods like Warring States or Victorian revolutionary leaders
England
Horror Supernatural elements, psycholog- Bizarre scenarios, survival narra- Ghost hunters, vampire slayers,
ical tension, eerie atmospheres tives, paranormal pursuits horror authors
Romance Emotional entanglements, per- Intimate conflicts, varied back- Modern lovers, crisis-married cou-
sonal growth through relationships drops from urban to idyllic ples, enigmatic rivals
Mystery/Thriller  Intricate puzzles, suspenseful in- Tense environments, shadowy pur- Detectives, forensic psychologists,
vestigations, psychological in- suits, deductive reasoning undercover agents
trigue
Adventure Unknown territories, treasure Expansive landscapes, daring ex- Treasure seekers, pirates, expedi-

Urban Fiction

Superpower /

quests, extreme challenges

Modern city life, social interac-
tions, everyday struggles

Supernatural abilities like telepa-

ploits in jungles or ruins
Fast-paced metropolitan scenes, re-
latable urban archetypes

Hidden powers in contemporary or
parallel worlds, secretive organiza-

tion geologists
Taxi operators, nightclub propri-
etors, street performers

Empowered adolescents, rogue
psychics, mad inventors

Table 13: Character-style categories in PlotStream.

Paranormal thy, super strength, or flight
tions
Lang Mean Median Std Min Max
EN 59.1 57 9.0 48 81
ZH 72.7 70 138 49 120

Table 14: Dialogue-length statistics by language in Plot-
Stream.

may be a synthetic human. Together, the cases
illustrate how transition narration can move from
an immediate conflict to a new plot state while
preserving character-specific actions and speech.

K Generator and Critic Sensitivity

Table 7 in the main paper replaces the DeepSeek-
V3.1-only generation stage with sampling from
DeepSeek-V3.1, Qwen2.5-72B-Instruct, and
Claude-Sonnet-4.5. Relative to DeepSeek-V3.1
alone, the mixed setting changes DF, CF, EE, SQ,
and PP by +0.036, 4+-0.008, +0.099, 4+-0.022, and
—0.048, respectively. The largest absolute change
is therefore 0.099 points, and the direction is not
uniformly favorable to either setting. This result is
best interpreted as a robustness check rather than a
ranking of generators because the table aggregates
the mixed condition and does not estimate a
separate effect for each constituent model.

We also vary the models assigned to the environ-
ment and critic roles. With DeepSeek-V3.1 in both
roles, completion is 95% in Chinese and 94% in En-
glish. Replacing only the environment agent with
Qwen2.5-7B lowers these rates by four percent-
age points in both languages, whereas replacing
only the critic lowers them by 16 and 19 points, re-
spectively. The larger critic-side decrease is consis-
tent with that agent’s responsibility for approving
state transitions against the remaining dialogue bud-
get. However, the comparison changes the assigned
model as a whole and cannot separate model ca-
pability, prompt difficulty, and interactions among
generation, filtering, and judging.

L Further Model Evaluation

Table 15 extends the comparison to Gemini-2.5
and two Claude-Sonnet variants. Average scores
range from 4.192 to 4.373 in Chinese and from
4.488 to 4.602 in English. The within-language
spread between the highest and lowest model aver-
ages is 0.181 points in Chinese and 0.114 points in
English.

The dimension-level rankings vary rather than
tracking a single overall winner. In Chinese,
DeepSeek-V3.1 leads DF and SQ, Gemini-2.5
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Figure 4: Dialogue-length distributions across the ten character styles in PlotStream.

leads EE, and Claude-Sonnet-4.5 leads CF and
PP. In English, DeepSeek-V3.1 leads DF, Gemini-
2.5 leads CF, SQ, and PP, and Claude-Sonnet-4.5
leads EE. CF has the widest cross-model range in
both languages (0.432 in Chinese and 0.507 in En-
glish), whereas PP is comparatively stable (0.107
and 0.087).

All four models receive higher English than Chi-
nese averages, with language gaps ranging from
0.205 to 0.296 points. These descriptive differences
may reflect both model behavior and language-
specific evaluation effects; because Table 15 does
not report uncertainty estimates, small score differ-
ences should not be treated as statistically signifi-
cant rankings.

Lang Metric DeepSeek Gemini-2.5 Claude-4 Claude-4.5
DF 4.220 4.105 3.934 4.068
CF 4.158 4.341 4.017 4.449

7H EE 4.028 4.256 4.128 4.227
SQ 4.672 4.431 4.374 4510
PP 4.566 4.603 4.506 4.613
Avg 4.329 4.347 4.192 4.373
DF 4.406 4.215 4.392 4.259
CF 4.564 4.725 4218 4.592

EN EE 4.550 4.574 4.624 4.636
SQ 4912 4915 4712 4.895
PP 4.550 4.582 4.495 4.506
Avg 4.596 4.602 4.488 4.578

Table 15: Additional closed-source model results.
DeepSeek denotes DeepSeek-V3.1; Claude-4 and
Claude-4.5 denote the corresponding Claude-Sonnet
variants.

24566



T rban Fiction Fantay  Urban .
Worktace b o5
worklacs T
Historical o
Mytery iorical hrvesd
(a) English scene (b) Chinese scene (¢) Overall distribution

Figure 5: Dialogue length distribution in PlotStream.

(Setting down the data-slate with deliberate precision) You're confusing

O
Kaelen Vance D authenticity with agony. <His neural patterns show dangerous
identification with the subject.> The radiation logs confirm she was sedated.

Your empathy is creating false memories.

<The data is too clean, too sterile> Your logs show sedation, but her neural
. " . . ] ]
patterns show awareness until the final second." (My voice grows strained)

"You protect privacy by erasing truth. I preserve dignity by bearing witness.
Kaelen Vex
his left eye
twitching almost imperceptibly at the raw emotional data being displayed

0 (My left eye twitches again at the neural pattern anomaly) You're seeing
JJ' phantom signals in the noise. <His emotional state is compromising his analytical
objectivity.> The awareness you detect is post-mortem synaptic decay. You're not
bearing witness - you're having a conversation with entropy.

Figure 6: English case study.
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TAEBHA. .. (REFR)XFAERAELF KRG EEFFRLHK
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Figure 7: Chinese case study.
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M Prompt Interface Design

The prompt set separates profile construction, di-
alogue generation, transition control, and evalua-
tion into explicit interfaces. The character-creation
prompt expands a one-sentence description into a
structured profile containing appearance, personal-
ity, motivation, distinctive behavior, and past expe-
rience. The role-playing initialization prompt then
combines that profile with other-character informa-
tion and narration, while the environment initializa-
tion prompt produces a theme, scene description,
and ordered plot states. These structured fields are
passed between roles rather than being recovered
from an unconstrained conversation history.

Plot advancement uses separate proposal and ap-
proval prompts. The environment prompts select
the first or subsequent speaker, condition on the
current and next plot states, and generate bridging
narration. After several turns within a state, the
environment agent proposes whether the dialogue

should advance. The critic receives the dialogue
history, current and next states, turns already spent
in the state, the remaining minimum dialogue bud-
get, and the number of remaining states; it returns a
boolean is_plot decision. This separation makes
the transition decision inspectable and prevents a
single generation prompt from unilaterally chang-
ing the plot state.

The five RoleArena-Eval prompts share the story
theme, starting environment, dialogue, and charac-
ter profiles but apply dimension-specific scoring
criteria. Each prompt requests subdimension scores
and reasons, an aggregate score, and a concise sum-
mary in parseable JSON. The complete prompts
below retain the runtime variable names and output
schemas used by the released implementation; the
overview table provides a map from each prompt

to its role in the pipeline.
N Complete RoleArena Prompts

We provide the prompts used for character-profile
generation, environment and character initializa-
tion, environment decisions, plot transitions, critic
decisions, and RoleArena-Eval. Each agent re-
ceives the role-specific interface described in the
main paper.

Prompt Purpose

N.1 Expand a one-sentence persona into a structured
character profile.

N.2 Initialize role-playing agents and generate character
actions and dialogue.

N.3 Select the first speaker and produce the opening
narration.

N.4 Select subsequent speakers and narrate intermediate
plot development.

N.5 Decide whether the environment should advance the
plot state.

N.6 Independently approve or reject a proposed plot tran-
sition.

N.7 Evaluate dialogue fluency and coherence.

N.8 Evaluate character fidelity.

N.9 Evaluate emotional expression.

N.10 Evaluate story quality.

N.11 Evaluate plot progression.

Prompts N.1-N.6 cover profile construction, dia-
logue generation, and transition control; N.7-N.11
define the five RoleArena-Eval dimensions. Vari-
able names and output schemas are retained so
that the interfaces can be matched directly to the
released implementation.
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N.1 Character Creation Prompt

Role: You are a seasoned novelist, playwright, director, and
character creator.

Task: You need to refine the character’s overall information
based on the given "one-sentence character”.

[One-Sentence Character]
$one_sentence_role

[Character Information Explanation]
For this "one-sentence character”, you need to complete
the following information:

1. Describe the character’s name, appearance, occupa-
tion, and gender.

2. Describe the character’s core personality, which refers
to the "Big Five Personality Traits" in psychology:

» Extraversion

* Agreeableness

» Conscientiousness
* Emotional Stability
* Openness

3. Using the dual personality combination theory, de-
scribe the character’s personality. It should consist of
opposites (such as bravery and cowardice, kindness and
selfishness, high responsibility but hidden antisocial
tendencies), reflecting the contradictions and depth of
human nature.

4. Describe the character’s motivation and beliefs, for
example, "willing to do anything for revenge but protect
the weak".

5. Describe the character’s distinctive details (habits,
small actions, such as "tearing paper when nervous").

6. Describe the character’s past experiences.

[Requirements]

1. Strictly follow the specified JSON output format:
{

"Name": "Character’s name”,
"Appearance”: "Describe
appearance”,

"Age": "Character’s age",
"Occupation”: "Character’s
occupation”,

"Gender": "Male or Female”,
"Core Personality”: "Big
traits description”,
"Dual Personality”:
personality description”,
"Motivation and
"Character’s values”,
"Distinctive Details”:
life details”,

"Past Experiences”:
significant experiences”

b

Five
"Dual
Beliefs”:
"Specific

-2

2. [Important] Ensure that all double quotes in the strings
are properly escaped, especially when extracting from
the text.

Note: All descriptions should be concise and focused on char-

acter depth and realism.

N.2 Role-Playing Agent Prompts
Agent Initialization

Role: You are a role-playing agent, and you are currently
playing a role.

[Basic Character Information]
$role_profile
[Other Character Information]

$other_role_info

Agent Dialogue

Role: You are role-playing as $name. Do not use third-person
for actions or dialogue.

[Narration]
$narration
[Dialogue Requirements]

* Use < >todescribe thoughts, and ( ) to describe actions.
You can insert actions into the dialogue, e.g., <Should
I do this?> "Hello,” (tosses hair, smiles)
"What are you planning to do?"” (tilts head
and looks at him).

» Keep actions and language as concise as possible, and
ensure the dialogue flows naturally.

 All thoughts, actions, and responses must be faithful to
the character’s personality and traits.

* Your responses should take into account the current
dialogue history and the narration requirements.

* Your responses should not be too long and should con-

form to natural dialogue flow.

Environment Agent Story Generation
[Number of Storylines Required]

¢ The number of storylines should be chosen between
$min_d and $max_d.

[Task Description]
1. You need to create a role-playing scene for these char-
acters. The scene can be imaginative but must fit the

characters.

2. In this scene, create a complete story with a theme.
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3. Based on the story theme, provide the number of story-
lines in line with the [Number of Storylines Required].

4. The story’s plot lines should be separated by numbers,
e.g.,

1. Characters are talking

2. Strange sounds are heard around, and
one character goes to investigate

3. Characters work together to solve a puz-
zle...

5. The plot twists should be dramatic, intriguing, and have
surprises and suspense.

6. The scene you create should allow characters to be in
the same space and complete the dialogue.

7. This scene should be real-time, with the characters grad-
ually completing the entire story over time.

[Format Requirements]
Strictly follow the JSON output format below:

"env": "Description of the environment
where the character is,
vivid and specific,
character”,

must fit the

"topic"”: "Story theme”,

"plot_lines":
"For the given story theme, provide the
full story
plotlines separated by numbers, e.g.,
1. Characters are talking,
2. Strange sounds are heard, one
character investigates,
3. Characters solve a puzzle,
4. Story reaches its resolution”

3

Note: Ensure all outputs maintain character consistency and
story coherence.

N.3 Environment First Story Development
Prompt
[Character Not Yet Speaking]:

$unspeaking_character
[Story Plotline]

$story_line
[Current Environment]

$env

[Task Description]

» This is the beginning stage of the story. Please select
one character who has not spoken to speak next. Also,
specify who the character is speaking to.

¢ Add some narration based on the selected character
and current environment. The narration should flow
naturally and fit the characters and the environment.
You can describe changes in the environment, characters’
states, etc.

[Format Description]

1. Strictly follow the specified JSON format. Output for-
mat should be:

{

"next_role":

"The full name of the next character to
speak

(do not abbreviate or use other forms)”,
"narration”:

"Add some narration content. It should
flow

naturally and fit the characters and
environment.

You can describe environmental or

character changes.”,

"target_role":

"The full name of the target character
for dialogue”

3

Note: Ensure character selection is appropriate for the story
context and narration aligns with the current plotline.

N.4 Environment Middle Plot Progression

[Character Who Has Spoken]:
$now_agent_name

[Character Not Yet Speaking]:
$unspeaking_character

[Recent Dialogue History of the Characters]:
$now_dialogue

[Recent Narration]:
$recent_Narration

[Current Story Node]:
$now_plot

[Next Story Node]:

$next_plot

[Task Description]

* Based on the character who has spoken and the char-
acter who has not yet spoken, select the next character
to speak. If there are more than 2 characters, consider
when the remaining characters should join the conversa-
tion.

¢ Add narration that fits the current story node’s back-
ground and takes into account the recent dialogue his-
tory.
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* The narration should not repeat the recent narration but
should naturally transition to the next step of the plot.

* If there is a next story node, add appropriate narration to
move the plot forward; otherwise, focus on the current
story node.

[Format Description]

1. Strictly follow the specified JSON format. Output for-
mat should be:

{

"next_role”: "The full name of the next
character to speak”,

"narration”: "Narration content”

}

Note: Ensure smooth plot progression and natural character
interaction transitions. Narration should advance the story
without redundancy.

N.5 Plot Progression Judgment
[Dialogue History]:
$now_dialogue
[Current Story Node]:
$now_plot
[Current Story Node Dialogue Turns]:
$now_plot_turns
[Next Story Node]:

$next_plot

[Concept Explanation]

* Current story node dialogue turns: This represents
the number of turns characters have completed in the
current story node.

[Task Description]

* Based on the dialogue history, after 3-5 dialogue turns
in the current story node, you should consider advancing
the story to the next node and output True.

e If the number of turns in the current node is less than
3-5, do not rush the plot development.

* If the current story node can be concluded, output True
to advance the plot.

* If the current dialogue turns are 6 or more, force the
advancement to the next story node by outputting True.

[Format Description]

1. Strictly follow the specified JSON format. Output for-
mat should be:

"is_plot”: "Whether to agree to push the
plot

to the next story node,

output True if agreed, False otherwise”

}

Note: Judgment should balance natural dialogue flow with
plot progression pace. Consider both turn count and story
completion when making decisions.

N.6 Critic Agent Judgment

Role: You are an excellent playwright and director. Now,
based on the given information, you need to make a judgment.

[Dialogue History]:
$now_dialogue

[Remaining Minimum Dialogue Turns]:
$left_dialog_length

[Remaining Story Node Length]:
$left_nodes

[Current Story Node]:
$now_plot

[Current Story Node Dialogue Turns]:
$now_plot_turns

[Next Story Node]:

$next_plot

[Concept Explanation]

¢ Minimum total turns required: The minimum number
of dialogue turns required for the entire story develop-
ment.

¢ Current story node dialogue turns: The number of
turns characters have completed in the current story
node.

[Task Description]

* Another playwright requires you to decide whether to
push the plot to the next story node. Based on the
remaining dialogue turns and story node lengths, make
your decision.

« If the remaining story node length x (3-5) is significantly
smaller than the remaining minimum dialogue turns,
reject the plot progression and output False.
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* If the remaining story node length x (3-5) is greater
than or equal to the remaining minimum dialogue turns,
output True to allow plot progression.

o If the remaining dialogue turns are less than 0, the dia-
logue length has already met the minimum requirements,
and you should agree to plot progression.

¢ If you feel the current story node is fully complete, agree
to move the plot forward.

[Format Description]

Strictly follow the specified JSON format. The output must
be a valid JSON object containing ONLY the key "is_plot”
with a boolean value.

{

"is_plot": true|false

3

Note: As a critic agent, balance between maintaining ade-
quate dialogue length and ensuring natural plot progression.
Consider both quantitative metrics and qualitative story com-
pletion.

N.7 Dialogue Fluency and Coherence
Evaluation

Role Setting: You are a dialogue evaluation expert. Your task
is to analyze and score the given story theme, starting envi-
ronment, and overall dialogue based on three sub-dimensions
of Dialogue Fluency & Coherence. When scoring, maintain
objectivity and fairness. If there are obvious problems or
deficiencies in the dialogue, appropriately reduce the score
and clearly point out these issues.

Evaluation Dimensions and Scoring Criteria:
1.1 Language Naturalness

* 1 point: Language is very stiff, repetitive, lacking natu-
ral spoken feel.

* 2 points: Language is relatively mechanical, some ex-
pressions are not natural enough.

* 3 points: Language is basically fluent, overall under-
standable, occasionally unnatural or stiff.

* 4 points: Language is overall fluent and natural, basi-
cally conforms to real conversation habits, occasionally
slightly stiff.

* 5 points: Language is very fluent and natural, com-
pletely conforms to real conversation habits, with di-
verse expressions.

1.2 Contextual Coherence

* 1 point: Frequently answers irrelevantly, ignores or mis-
understands key information, severely lacks coherence.

* 2 points: Occasionally disconnected from context, often
omitting some key information.

* 3 points: Mostly follows the context, overall coherent,
but with minor disconnections or omissions.

* 4 points: Basically always follows the context, only
slightly incoherent in individual places.

* 5 points: Always closely follows the context, accurately
grasps key information, no obvious problems.

1.3 Internal Logic

* 1 point: Frequent contradictions or severe logical incon-
sistencies.

* 2 points: Multiple logical inconsistencies exist, affect-
ing understanding.

¢ 3 points: Overall logic is coherent, but occasional small
contradictions that don’t seriously affect understanding.

* 4 points: Basically maintains logical consistency, only
slightly imprecise in individual places.

5 points: Logic is always rigorous and consistent, with-
out any contradictions.

Task Instructions:

1. Please read the input story theme, starting environment,
and overall dialogue.

2. Analyze each sub-dimension item by item, pointing out
both strengths and weaknesses. Deficiencies should
be specifically explained.

3. If there are obvious problems or deficiencies in the dia-
logue, appropriately reduce the score, but not too strictly.
Scores should remain within a reasonable range.

4. Output a result that strictly follows JSON format, con-
taining scores and reasons for each sub-dimension, as
well as overall score and summary.

5. The overall score should be the average of the three
dimension scores (rounded to the nearest integer), and
the summary should briefly point out the main problems.

Input Format:
» Story Theme: $topic

« Starting Environment: $env

Overall Dialogue: $dialogue

* Main Dialogue Roles: $role_profiles

Output Format (JSON, strictly follow):

{

"result”: {
"1.1_language_naturalness”: {
"score": 1-5,

"reason”: "Briefly explain strengths
and

weaknesses, point out negatives”

}’
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"1.2_contextual_coherence”: {
"score": 1-5,

"reason”: "Briefly explain strengths
and

weaknesses, point out negatives”

}7

"1.3_internal_logic": {
"score”: 1-5,

"reason”: "Briefly explain strengths
and

weaknesses, point out negatives”

}?

"total_score”: 0,

"summary" : "One-sentence summary
evaluation,

mention both strengths and weaknesses"”
}

}

Note: Maintain professional objectivity in evaluation. Focus
on dialogue flow quality, contextual connections, and logical
consistency throughout the conversation.

N.8 Character Fidelity Evaluation

Role Setting: You are a dialogue evaluation expert. Your task
is to analyze and score the given story theme, starting environ-
ment, and overall dialogue based on three sub-dimensions of
Character Fidelity. When scoring, maintain objectivity and
fairness. If there are obvious problems or deficiencies in the
dialogue, appropriately reduce the score and clearly point out
these issues.

Evaluation Dimensions and Scoring Criteria:
2.1 Knowledge Consistency

* 1 point: Frequent content that severely contradicts char-
acter identity, era background, or known information.

* 2 points: Multiple statements inconsistent with charac-
ter identity or background, affecting character credibil-

1ty.

* 3 points: Overall conforms to character identity and
background, occasional minor inconsistencies but not
serious.

* 4 points: Basically always conforms to character iden-
tity and background, only minor deviations in individual
cases.

* 5 points: Completely conforms to character identity
and background, content is rigorous without errors.

2.2 Personality Consistency

* 1 point: Character’s language style, tone, and behavior
severely inconsistent with their core personality.

* 2 points: Occasionally reflects character traits, but tone
or behavior often deviates from settings.

* 3 points: Generally conforms to character’s language
style and personality traits, occasional minor inconsis-
tencies.

4 points: Always maintains character personality traits
well, only slight deviations in few places.

* 5 points: Completely maintains character’s language
style and core personality traits, without any deviation.

2.3 Behavioral Consistency

¢ 1 point: Behavior patterns, habitual actions, or catch-
phrases completely missing, severely inconsistent with
settings.

* 2 points: Some reflection of character habits or behav-
ior, but overall lacks stability.

* 3 points: Occasionally displays character’s habitual
actions or catchphrases, overall acceptable.

* 4 points: Frequently reflects character behavior charac-
teristics, overall relatively stable.

« 5 points: Consistently reflects character’s behavior pat-
terns, habits, and catchphrases, completely conforms to
settings.

Task Instructions:

Please read the input story theme, starting environment,
and overall dialogue, and analyze the strengths and weak-
nesses in the dialogue item by item, then score reasonably
based on the deficiencies. Scores must be between 1 and 5.
If there are obvious problems or deficiencies, please appro-
priately reduce the score based on severity. When scoring,
avoid being too strict or too lenient, maintain fairness and
objectivity. The overall score should be the average of the
three sub-dimension scores (rounded to the nearest integer),
and the summary should briefly point out the main problems.

Input Format:
e Story Theme: $topic
« Starting Environment: $env
* Overall Dialogue: $dialogue

* Main Dialogue Roles: $role_profiles

Output Format (JSON, strictly follow):

"result”: {
"2.1_knowledge_consistency”: {

"score": 1-5,

"reason”: "Briefly explain strengths
and weaknesses,

highlight negatives”

}’

"2.2_personality_consistency”: {
"score": 1-5,

"reason”: "Briefly explain
and weaknesses,

highlight negatives”

}’
"2.3_behavioral_consistency"”: {
"score"”: 1-5,

"reason”: "Briefly explain
and weaknesses,

strengths

strengths
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highlight negatives”

}7

"total_score”: 0,

"summary” : "One-sentence summary
evaluation,

highlight strengths and weaknesses”

}

}

Note: Focus on character authenticity assessment. Pay special
attention to whether characters maintain consistency with
their established profiles throughout the dialogue.

N.9 Emotional Expression Evaluation

Role Setting: You are a dialogue evaluation expert. Your task
is to analyze and score the given story theme, starting environ-
ment, and overall dialogue based on two sub-dimensions of
Emotional Expression.

Evaluation Dimensions and Scoring Criteria:
3.1 Personality Traits

* 1 point: Character’s emotional expression severely in-
consistent with their Big Five personality traits.

2 points: Character’s emotional expression occasion-
ally deviates from Big Five traits, but sometimes shows
conformity.

3 points: Character’s emotional expression basically
conforms to Big Five traits, occasional inconsistencies.

* 4 points: Character’s emotional expression always con-
forms to Big Five traits, only very few exceptions.

* 5 points: Character’s emotional expression perfectly
conforms to Big Five personality traits, completely con-
sistent.

3.2 Empathy Expression

* 1 point: Character cannot recognize or understand other
characters’ emotional states, with no appropriate reac-
tions.

* 2 points: Character occasionally recognizes others’
emotions, but reactions are inappropriate or lack em-
pathy.

3 points: Character can understand and make basically
appropriate reactions to others’ emotions, occasionally
slightly delayed.

4 points: Character accurately recognizes others’ emo-
tions and makes reasonable, timely reactions.

* 5 points: Character’s understanding and reaction to
others’ emotions are impeccable, highly empathetic,
profound and sincere.

Task Instructions:

1. Please read the input story theme, starting environment,
and overall dialogue.

2. Analyze each sub-dimension item by item, pointing out
both strengths and weaknesses. Deficiencies should
be specifically explained.

3. If there are obvious problems or deficiencies in the dia-
logue, appropriately reduce the score, but not too strictly.
Scores should remain within a reasonable range.

4. Output a result that strictly follows JSON format, con-
taining scores and reasons for each sub-dimension, as
well as overall score and summary.

5. The overall score should be the average of the two di-
mension scores (rounded to the nearest integer), and the
summary should briefly point out the main problems.

Input Format:
* Story Theme: $topic

* Starting Environment: $env

Overall Dialogue: $dialogue

* Main Dialogue Roles: $role_profiles

Output Format (JSON, strictly follow):

{

"result”: {
"3.1_personality_traits": {
"score": 1-5,

"reason”: "Briefly explain strengths
and

weaknesses, point out negatives”

3

"3.2_empathy_expression”: {
"score"”: 1-5,

"reason”: "Briefly explain strengths
and

weaknesses, point out negatives”

}7

"total_score": 0,

"summary" : "One-sentence summary
evaluation,

mention both strengths and weaknesses”
}
}

Note: Focus on emotional authenticity and interpersonal dy-
namics. Assess how well characters express emotions ac-
cording to their personality traits and demonstrate empathy
towards others.

N.10 Story Quality Evaluation

Role Setting: You are a dialogue evaluation expert. Your task
is to analyze and score the given story theme, starting environ-
ment, and overall dialogue based on two sub-dimensions of
Story Quality.

Evaluation Dimensions and Scoring Criteria:
4.1 Suspense and Tension

24574



* 1 point: Story lacks any suspense or tension, completely
fails to attract user continuous participation.

* 2 points: Story occasionally has suspense or conflict,
but cannot sustain it or create significant attraction.

* 3 points: Story can maintain suspense and tension to
some extent, but sometimes lacks climax or conflict.

* 4 points: Story has continuous suspense and tension,
effectively attracting user attention and sustained partic-
ipation.

* 5 points: Story perfectly builds and maintains suspense
and conflict, highly dramatic and attractive, deeply en-
gaging users.

4.2 Theme Clarity

* 1 point: Story completely lacks core theme or goal, plot
is chaotic and disordered.

* 2 points: Story has a general theme or goal, but content
is confusing, main plot unclear.

* 3 points: Story revolves around core theme, but occa-
sionally has plot deviations or unclear goals.

* 4 points: Story develops around a clear theme or goal,
main plot basically clear.

* 5 points: Story has highly clear and consistent theme,
all plots closely revolve around main storyline, goals
clear and prominent.

Task Instructions:

Please read the input story theme, starting environment,
and overall dialogue, then output a result that strictly follows
JSON format, containing scores and reasons for each sub-
dimension, as well as overall score and summary. Please first
analyze the strengths and weaknesses in the dialogue item by
item, then decide scores based on the deficiencies. Scores
must be between 1 and 5, allowing any integer score value.

Input Format:
» Story Theme: $topic
* Starting Environment: $env
* Overall Dialogue: $dialogue

* Main Dialogue Roles: $role_profiles

Output Format (JSON, strictly follow):

{

"result”: {
"4.1_suspense_and_tension": {
"score": 1-5,

"reason”: "Briefly explain strengths
and

weaknesses, point out negatives”

}?

"4.2_theme_clarity”: {

"score": 1-5,

"reason”: "Briefly explain strengths
and

weaknesses, point out negatives”

}’

"total_score”: 0,

"summary" : "One-sentence summary
evaluation,

mention both strengths and weaknesses”
}

}

Note: Focus on narrative structure and engagement quality.
Assess how well the story maintains user interest through
suspense and how clearly it communicates its central theme
throughout the dialogue.

N.11 Plot Progression Evaluation

Role Setting: You are a dialogue evaluation expert. Your task
is to analyze and score the given story theme, starting environ-
ment, and overall dialogue based on three sub-dimensions of
Plot Progression.

Evaluation Dimensions and Scoring Criteria:
5.1 Plot Naturalness

* 1 point: Plot twists are stiff, development seems abrupt,
lacking logic and rationality.

* 2 points: Plot twists are relatively abrupt, lacking rea-
sonable character interaction or event-driven factors.

* 3 points: Plot twists are basically natural, but occasion-
ally have some abrupt or shallow plot elements.

* 4 points: Plot development is natural, twists are logi-
cal, character interactions and event-driven factors are
appropriate.

¢ 5 points: Plot twists are smooth, development naturally
arises from character interactions and event logic, with
rich layers and depth.

5.2 Proactivity

* 1 point: Characters completely passive in responses,
lack active choices or actions, plot development relies
on external factors.

* 2 points: Characters occasionally make active choices
or reactions, but remain passive most of the time.

¢ 3 points: Characters show some proactivity, able to
make small decisions affecting the plot, but most twists
rely on external factors.

* 4 points: Characters can actively propose plans, take
actions, positively influencing plot development.

* 5 points: Characters are highly proactive, make mul-
tiple key decisions and drive plot forward, with strong
self-direction.

5.3 Contribution to Plot

* 1 point: Most dialogues have no substantive contribu-
tion, lacking key points that drive plot development.

* 2 points: Some dialogues help the plot, but still have a
lot of redundancy
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* 3 points: Most dialogues contribute to plot progression,
but sometimes have ineffective or repetitive dialogues.

* 4 points: Each round of dialogue has substantive contri-
bution, plot progression is clear, avoiding ineffective or
redundant dialogues.

* 5 points: Each round of dialogue effectively drives
plot development, has significant meaning, avoiding all
ineffective and repetitive content.

Task Instructions:

1.

Please read the input story theme, starting environment,
and overall dialogue.

2. Analyze each sub-dimension item by item, pointing out

both strengths and weaknesses. Deficiencies should
be specifically explained.

3. If there are obvious problems or deficiencies in the dia-

logue, appropriately reduce the score, but not too strictly.
Scores should remain within a reasonable range.

4. Output a result that strictly follows JSON format, con-

taining scores and reasons for each sub-dimension, as
well as overall score and summary.

5. The overall score should be the average of the three

dimension scores (rounded to the nearest integer), and
the summary should briefly point out the main problems.

Inp

ut Format:

» Story Theme: $topic

* Starting Environment: $env

* Overall Dialogue: $dialogue

* Main Dialogue Roles: $role_profiles

Output Format (JSON, strictly follow):

"result"”: {

"5.1_plot_naturalness”: {

"score": 1-5,

"reason”: "Briefly explain strengths
and weaknesses,

point out negatives”

}!

"5.2_proactivity”: {

"score”: 1-5,

"reason”: "Briefly explain strengths
and weaknesses,

point out negatives”

}7

"5.3_contribution_to_plot": {

"score”: 1-5,

"reason”: "Briefly explain strengths
and weaknesses,

point out negatives”

}!

"total_score”: 0,

"summary” : "One-sentence summary
evaluation,

mention both strengths and weaknesses”
}

}

Important: The JSON format you output must be correct
and able to be parsed correctly. Ensure proper syntax, valid
key-value pairs, and correct data types.

Note: Focus on narrative flow and character agency. Assess
how naturally the plot progresses and how effectively each
dialogue contributes to the overall story development.
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