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Abstract

Large language models have made role-playing
agents viable as interactive characters, virtual
companions, game agents, and social actors.
The harder problem, however, is not producing
one convincing response but sustaining a co-
herent role through long, changing, and some-
times adversarial interactions. This survey ex-
amines recent work on role consistency: the
maintenance of identity, character knowledge,
expressive style, memory, values, behavioral
logic, and safety boundaries over time. We or-
ganize the literature around role specification,
role-state maintenance, role-aware reasoning,
role-consistent alignment, and evaluation.

1 Introduction

Role-playing agents (RPAs) have become a visible
and demanding application of large language mod-
els (LLMs) (Chen et al., 2024b; Wang et al., 2026d).
Fiction-oriented systems aim to bring characters to
life with recognizable personalities and memories,
while games and virtual worlds need non-player
characters that retain goals and social relationships
(Shao et al., 2023; Wang et al., 2024a, 2025b). Ed-
ucation, counseling, training, and social simulation
likewise use agents to enact patients, clients, stu-
dents, citizens, historical figures, or synthetic users
(Rudolph et al., 2026; Wang et al., 2025d). In every
case, quality depends on more than fluent or help-
ful responses: the agent must remain recognizably
itself as the interaction unfolds.

This requirement marks the gap between or-
dinary dialogue generation and role-playing. A
model may sound like a character for a turn or two,
then drift into a generic assistant, forget earlier
events, accept false claims about its background,
reverse its emotional stance, or cross the role’s be-
havioral boundaries (Bhandari et al., 2025; Kim
et al., 2026; Zhang et al., 2025a). The risk grows
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Figure 1: Why RPA consistency matters. A trustwor-
thy role-playing agent must preserve its identity, long-
term memory, personality and values, relationships, and
safety boundaries across long, changing, personalized,
and adversarial interactions. Otherwise, it may collapse
into a generic chatbot or violate the intended role.

in long conversations, across multiple scenarios,
under adversarial questioning, and whenever user
instructions, retrieved memories, safety policies,
and role constraints compete (Yang et al., 2026a;
Li et al., 2026). We call the ability to withstand
these pressures role consistency.

Role consistency is broader than persona con-
sistency. Traditional persona-consistency research
asks whether responses agree with a set of persona
facts or match a character profile (Zhang et al.,
2018; Song et al., 2020). Those checks remain im-
portant, but current RPAs demand a more dynamic
account (Shao et al., 2023; Wang et al., 2024b;
Tang et al., 2025). A role contains static attributes
such as name, occupation, personality, and speak-
ing style, but also situated identity, goals, relation-
ships, knowledge boundaries, psychological orien-
tation, values, and action policies. Role consistency
is therefore a longitudinal property: it asks whether
the agent preserves a coherent role state as the con-
versation and its environment evolve.
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Figure 2: Keyword hotness in 100 recent arXiv papers
related to role-playing agents.

Recent work approaches this problem from sev-
eral directions. Benchmarks measure role-playing
ability, personality fidelity, character knowledge,
and multi-turn consistency (Wang et al., 2024a; Tu
et al., 2024; Wang et al., 2024b, 2025b; Samuel
et al., 2025). Memory and retrieval methods pre-
serve long-term facts, experiences, and relation-
ships (Li et al., 2023; Wang et al., 2025c; Park et al.,
2025; Chen et al., 2025b). Role-aware reasoning
asks a model to deliberate from within a charac-
ter state instead of merely imitating its style (Tang
et al., 2025; Xu et al., 2025; Wei et al., 2025; Tang
et al., 2026b). Training and alignment methods
use contrastive learning, preference optimization,
reinforcement learning, and verifiable rewards to
stabilize character behavior (Song et al., 2020; Shea
and Yu, 2023; Ji et al., 2025; Wang et al., 2025e).
Safety and boundary-aware research, meanwhile,
examines how to preserve character fidelity without
enabling unsafe, manipulative, or policy-evading
behavior (Tang et al., 2024; Li et al., 2026).

2 Related Surveys and Scope

Recent surveys cover the broader RPA and persona
landscape, including data, models, agent architec-
tures, alignment, applications, personalization, and
evaluation design (Chen et al., 2024b; Wang et al.,
2026d; Chen et al., 2024a; Tseng et al., 2024; Chen
et al., 2025a). We take a narrower, complementary
view and study role consistency as the longitudi-
nal maintenance of role state. An RPA, on this
view, must preserve an evolving account of who it
is, what it knows, how it speaks, what it remem-
bers and values, and how it should act. Section 3
distinguishes persona, role, personalization, and
role consistency, and treats role specification as
the initial state. Section 4 reviews memory and
retrieval, role-aware reasoning, and training and
alignment. Section 5 maps benchmark families to

the consistency dimensions they capture or over-
look. We close with open challenges in Section 6
and conclusions in Section 7.

3 From Persona to Role Consistency

A timeline view. Figure 3 traces the conceptual
shift behind this survey. Early work largely treated
the task as profile matching: given a persona pro-
file, a system was judged by whether its responses
agreed with persona facts or fit a broad style. In
games, social simulation, virtual companions, coun-
seling, and training, however, a role has to be en-
acted in an unfolding situation.

This leads to a second shift, from role enactment
to state maintenance. A role-playing agent (RPA)
receives an explicit persona, role, or identity and
is expected to interact according to its background,
style, memory, goals, motivations, and constraints.
A persona is usually a static profile; a role addi-
tionally includes situated identity, social relations,
knowledge boundaries, and behavioral constraints.
Role consistency therefore concerns the preserva-
tion of an evolving role state, not simply whether
an agent sounds in character.

We define role consistency as an RPA’s ability
to maintain coherent identity, knowledge bound-
aries, style, memory and relationships, values, and
behavioral logic across multi-turn, multi-scenario,
and long-term interaction. As Figure 3 suggests,
evaluation has expanded from factual agreement to
role-state fidelity. Roles have moved from profile
text into agentic environments, memory from lo-
cal entailment to external stores, and control from
prompting to reasoning and alignment. Tests now
also include multimodal settings, conflicting objec-
tives, and unsafe requests.

The final phase frames RPA consistency as con-
strained agency. A consistent agent must preserve
role fidelity while also handling personalization,
task goals, platform policies, and safety constraints.
Because these objectives can conflict, we treat role
consistency as a systems problem spanning role
specification, role-state maintenance, role-aware
reasoning, role-consistent alignment, and evalua-
tion.

È Concept: From Profile to State
The central shift is from checking whether responses
match a static persona profile to maintaining an evolving
role state. Role consistency therefore depends on what
the agent knows, remembers, values, refuses, and is
allowed to infer as interaction unfolds.
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Persona fact agreement
Zhang et al., 2018

World and emotion fit
Urbanek et al., 2019

Character identity tests
Wang et al., 2024a

Role-playing benchmarks
Wang et al., 2025b

Multi-turn drift metrics
El Boudouri et al., 2025

Domain-role quality
Kim et al., 2026

Expanded persona specifications
Liu et al., 2022

Character-agent systems
Li et al., 2023

Agent tools and workflows
Tao et al., 2024

Deployed role bridges
Li et al., 2026

Local logical consistency
Kim et al., 2020

Retrieved role memory
Wang et al., 2025c

Structured experience
Chhikara et al., 2025

Explicit role state
Wang et al., 2026a

In-character deliberation
Tang et al., 2025

Role-aware reasoning traces
Xu et al., 2025

Verifiable role alignment
Wang et al., 2025e

Knowledge error probes
Tang et al., 2024

Visual role signals
Dai et al., 2025

Speech and multimodal cues
Jiang et al., 2025

Unsafe or conflicting requests
Li et al., 2026

Figure 3: A structured timeline of role-playing-agent consistency research. The field has moved from checking
whether a response matches static persona facts, to enacting roles in interactive systems, to maintaining measurable
role state, and finally to preserving role fidelity under reasoning, alignment, safety, and multimodal stress.

Role Specification as Initial State. Role specifi-
cation is the entry point for consistency: it defines
the initial role state and determines what should
remain stable during interaction. Early persona-
consistent dialogue research often represents a role
as a short list of natural-language facts and checks
whether responses contradict them (Song et al.,
2020; Mesgar et al., 2021). These flat profiles cap-
ture only a small part of role state. Once an RPA
moves from profile matching to role enactment, its
role lives not only in a prompt or character card
but also in scenes, scripts, relationships, virtual
worlds, and behavioral constraints (Shanahan et al.,
2023; Shao et al., 2023; Li et al., 2023; Yang et al.,
2024). A richer specification may include biog-
raphy, style, traits, relationships, private knowl-
edge, goals, values, scenario assumptions, and role
boundaries (Ran et al., 2024; Kim et al., 2023; Tang
et al., 2026a).

From a role-state perspective, the specification
must also constrain memory, reasoning, and align-
ment. A system needs to distinguish canonical
facts from interaction-derived memories, inferred
traits, and information outside the role’s knowledge
boundary. It should specify when the character
should refuse, which goals take priority, and how
safety constraints interact with role fidelity (Park
et al., 2025; Chen et al., 2025b; Cheng et al., 2025;
Tang et al., 2024; Li et al., 2026). Persona expan-
sion, commonsense augmentation, and dynamic
refinement can fill gaps in the initial state, but the
hard part is controlled completion: enriching a role
without overriding explicit facts or crossing knowl-

edge and safety boundaries (Liu et al., 2022; Kim
et al., 2023; Yao et al., 2025; Yang et al., 2026a).
The aim is not a longer character card, but an exe-
cutable, updateable, and auditable initial role state.

4 Method Landscape

Once a role has been specified (Section 3), methods
for preserving it fall into three functional groups:
memory and retrieval, role-aware reasoning, and
training and alignment. Memory and retrieval carry
role state forward; reasoning determines what the
role should know, feel, decide, or refuse in a new
situation; training and alignment make such be-
havior more reliable when objectives compete. We
treat benchmarks and evaluation datasets separately
in Section 5. Persona expansion and control mainly
support specification, whereas system frameworks
combine several of these functions and therefore
serve as supporting evidence rather than separate
taxonomy axes. Figure 4 summarizes the three
mechanisms, and Figure 5 places representative
papers under each leaf category.

4.1 Memory and Retrieval

Memory methods update role state by filtering
new interaction evidence through the role’s bound-
aries and retrieving relevant earlier experience (Fig-
ure 4).

Role-state memory. Memory and retrieval ad-
dress the temporal side of role consistency. An
agent without memory may retain a character’s
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Figure 4: Three mechanisms for maintaining role consistency. Memory preserves role state, reasoning grounds
role-aware actions, and alignment stabilizes behavior under task and safety constraints.

surface style while losing continuity in facts, re-
lationships, and experience. The literature has
progressed from script- or context-based memory
toward richer long-term role states. ChatHaruhi
uses script memory to revive anime characters
through LLM-based interaction (Li et al., 2023).
MOOM studies how memory can be maintained,
organized, and optimized in ultra-long role-playing
dialogues (Chen et al., 2025b). LightMem sepa-
rates lightweight online retrieval from offline con-
solidation with small language models, exposing
an efficiency trade-off in long-term agent mem-
ory (Zhang et al., 2026). Other work explores ex-
plicit role-state memory, multimodal persona mem-
ory, and psychologically motivated representations
(Wang et al., 2026a; Nie et al., 2026; Cheng et al.,
2025).

Retrieval grounding. Retrieval grounds role en-
actment in external character knowledge, dialogue
history, or interaction traces. RoleRAG uses graph-
guided retrieval over structured character knowl-
edge (Wang et al., 2025c), whereas AMADEUS
adapts the retrieved context dynamically (Park
et al., 2025). General memory systems such as
Mem0 demonstrate scalable long-term memory for
production agents, although they are not necessar-
ily designed for character fidelity (Chhikara et al.,
2025). HASH-RAG combines deep hashing with
fine-grained retrieval and offers a complementary
systems perspective rather than an RPA-specific
method (Guo et al., 2025). TailorRPA, knowledge-
graph conversation, triplet-based RAG, common-
sense persona expansion, and CharacterRAG-style
resources likewise suggest that retrieval is becom-
ing a general mechanism for coherent, personalized
role play (Gao et al., 2025; Clay and Jiménez-Ruiz,
2024; Wang et al., 2026c; Kim et al., 2023).

Memory control. The shared problem is not how
to store more, but how to store and retrieve infor-
mation from the role’s perspective. Extra memory
may improve factual continuity while also introduc-
ing irrelevant details, contradictions, privacy risks,
and boundary violations. An RPA should preserve
what its character ought to know, remember, and
infer—not everything available to the underlying
system. Memory control, provenance, temporal or-
der, context compression, and knowledge-boundary
filtering are therefore central. Dynamic persona re-
finement, multi-turn probes, training-free context
compression, and persona-bridging safety tests all
show why updates must pass through role bound-
aries instead of being accepted as raw conversation
state (Yao et al., 2025; Kim et al., 2026; Zhou et al.,
2026; Yang et al., 2026a). Adjacent dialogue and
multi-agent work offers complementary ways to
limit context contamination: DisenCRS separates
focal information from background dialogue, while
gated coordination separates verified private work-
ing memory from protocolized public state (An
et al., 2025; Jian et al., 2026).

4.2 Role-Aware Reasoning

Reasoning methods combine maintained role state,
situated context, and role policy to produce a role-
grounded response or action (Figure 4).

Standpoint reasoning. Role-aware reasoning
treats consistency as a problem of deliberation. A
model may know the correct facts yet reason from
the wrong standpoint, giving an answer that is help-
ful for an assistant but implausible for the assigned
character. Thinking in Character directly targets
role-aware reasoning (Tang et al., 2025), and RPA
Thought evaluates inner-thought reasoning in role-
playing language agents (Xu et al., 2025). Prompt-
level methods for chain-of-thought behavior and
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e.g., ChatHaruhi, MOOM, Mem0, Memory-Driven RP, PersonaVLM, PsyMem (Li et al., 2023; Chen et al., 2025b;
Chhikara et al., 2025; Wang et al., 2026a; Nie et al., 2026; Cheng et al., 2025).

e.g., AMADEUS, RoleRAG, TailorRPA, CharacterRAG, KG conversation, commonsense expansion (Park et al.,
2025; Wang et al., 2025c; Gao et al., 2025; Clay and Jiménez-Ruiz, 2024; Kim et al., 2023).

e.g., PsyMem, MOOM, Mem0, DPRF, PICon, persona-bridging safety probes (Cheng et al., 2025; Chen et al.,
2025b; Chhikara et al., 2025; Yao et al., 2025; Kim et al., 2026; Yang et al., 2026a).

e.g., Thinking in Character, RPA Thought, CogDual, Character-R1, RoleCraft-GLM (Tang et al., 2025; Xu et al.,
2025; Liu et al., 2025; Tang et al., 2026b; Tao et al., 2024).

e.g., MECoT, RolePersonality, emotion reward, pragmatic self-consciousness, persona extension, InCharacter (Wei
et al., 2025; Ran et al., 2024; Wang et al., 2025a; Kim et al., 2020; Liu et al., 2022; Wang et al., 2024b).

e.g., Character-R1, RAIDEN-R1, Act-LLM, OMAR, SimsChat (Tang et al., 2026b; Wang et al., 2025e; Han et al.,
2026; Jiang et al., 2026; Yang et al., 2024).

e.g., Persona-judge, Score-before-speak, SimOAP, PICon, RPEval, CharacterEval (Zhang et al., 2025b; Saggar et al.,
2025; Zhou et al., 2023; Kim et al., 2026; El Boudouri et al., 2025; Tu et al., 2024).

e.g., NLI consistency, factual consistency, RoleplayLLM, Character-LLM, RoleLLM, RoleCraft-GLM (Song et al.,
2020; Mesgar et al., 2021; Wei et al., 2026; Shao et al., 2023; Wang et al., 2024a; Tao et al., 2024).

e.g., persona-aware contrastive learning, HyCoRA, pseudo preference, RoleplayLLM, Score-before-speak, DPRF (Ji
et al., 2025; Yang et al., 2026b; Takayama et al., 2025; Wei et al., 2026; Saggar et al., 2025; Yao et al., 2025).

e.g., offline RL, RAIDEN-R1, Character-R1, multi-turn RL, emotion reward, OMAR (Shea and Yu, 2023; Wang
et al., 2025e; Tang et al., 2026b; Abdulhai et al., 2025; Wang et al., 2025a; Jiang et al., 2026).

e.g., ERABAL, PIA, character knowledge errors, persona bridging, RPEval, PICon (Tang et al., 2024; Li et al.,
2026; Zhang et al., 2025a; Yang et al., 2026a; El Boudouri et al., 2025; Kim et al., 2026).

Figure 5: Taxonomy of method-oriented work for role consistency in role-playing agents. The rightmost boxes
list representative papers and can be extended as the literature grows.

ambiguity resolution are relevant because they af-
fect how a model interprets both role and situation
(Chen et al., 2026; Huang et al., 2026). CogDual,
Character-R1, and RoleCraft-GLM similarly cast
fidelity as reasoning through role-specific cogni-
tion, constraints, or workflows (Liu et al., 2025;
Tang et al., 2026b; Tao et al., 2024).

Affective reasoning. Many role failures are
emotional or motivational rather than factual.
MECoT introduces emotional chain-of-thought for
personality-consistent role play (Wei et al., 2025).
Work on role personality, emotion rewards, prag-
matic self-consciousness, persona extension, and
psychological interviews also suggests that emo-
tions, values, and social intentions must participate
in deliberation rather than remain decorative profile
attributes (Ran et al., 2024; Wang et al., 2025a; Kim
et al., 2020; Liu et al., 2022; Wang et al., 2024b).

Decision reasoning. Decision reasoning goes be-
yond surface imitation and asks what a character
would choose, refuse, prioritize, remember, or do
in a new situation. Character-R1 and RAIDEN-
R1 use verifiable rewards to strengthen role aware-
ness through RL-style training (Tang et al., 2026b;
Wang et al., 2025e). Related work points toward
role-specific decision rules grounded in goals, con-
straints, and action policies, including tool-using
agents, multi-agent role play, collaborative prompt

optimization, and simulated social interaction (Han
et al., 2026; Jiang et al., 2026; Wang et al., 2026b;
Yang et al., 2024). Weak-link optimization fur-
ther suggests that consistency may be distributed
across coordinated agents rather than confined to
one model state (Bian et al., 2026).

Self-judgment. Self-judgment checks whether
intermediate thoughts or final responses remain
compatible with the role. Persona-judge studies
token-level self-judgment for personalized align-
ment (Zhang et al., 2025b). Score-before-speak,
SimOAP, PICon, RPEval, and CharacterEval use
related forms of scoring, probing, or judging be-
fore or after generation (Saggar et al., 2025; Zhou
et al., 2023; Kim et al., 2026; El Boudouri et al.,
2025; Tu et al., 2024). Explicit reasoning traces,
however, can become performative: they may ex-
pose hidden instructions, rationalize inconsistency,
or optimize for judge-visible explanations rather
than genuine fidelity. Reasoning protocols must
improve role-grounded decisions while remaining
evaluable, safe, and compatible with role bound-
aries.

4.3 Training and Alignment

Training and alignment optimize role-faithful be-
havior under task and safety constraints instead of
maximizing character imitation alone (Figure 4).
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Supervised consistency learning. Training and
alignment seek to make role-consistent behav-
ior more reliable than prompting alone. Ear-
lier persona-consistent dialogue work uses natural
language inference and factual-consistency objec-
tives to reduce contradictions between responses
and persona facts (Song et al., 2020). Factual-
consistency training, Character-LLM, RoleLLM,
RoleplayLLM, and RoleCraft-GLM show how su-
pervised or instruction-style data can ground behav-
ior before preference or reward optimization is ap-
plied (Mesgar et al., 2021; Shao et al., 2023; Wang
et al., 2024a; Wei et al., 2026; Tao et al., 2024).
Supervised data, demonstrations, and scripted in-
teractions provide the first layer of this grounding.

Contrastive/preference optimization. Con-
trastive and preference-based methods learn by
comparing more and less role-consistent behavior.
Persona-aware contrastive learning, HyCoRA, and
multidimensional fine-tuning shape representations
and preferences toward character fidelity (Ji et al.,
2025; Yang et al., 2026b; Wei et al., 2026). Offline
reinforcement learning has also been used for
persona-consistent dialogue (Shea and Yu, 2023);
pseudo preference optimization and response
scoring offer further routes to the same goal
(Takayama et al., 2025; Saggar et al., 2025).

Reward-based role alignment. Newer RL-
based approaches—including RAIDEN-R1,
Character-R1, verifiable emotion rewards, and
multi-turn self-play—use reward signals to
stabilize role-aware behavior in longer, more
interactive settings (Wang et al., 2025e; Tang et al.,
2026b; Wang et al., 2025a; Abdulhai et al., 2025).
OMAR and related multi-agent or role-reward
settings suggest that rewards can target decisions
and interactions rather than isolated responses
(Jiang et al., 2026). This is especially useful when
consistency cannot be reduced to exact-match facts
and must be learned from comparative or verifiable
signals.

Boundary-aware alignment. Role consistency
is never the only objective. A deployed RPA
must also follow user instructions, meet task goals,
obey safety policies, and avoid harm. Boundary-
aware learning such as ERABAL connects fidelity
with safety constraints (Tang et al., 2024), while
persona-invariant safety alignment studies how ad-
versarial role prompts pressure models to violate
policy (Li et al., 2026). Character knowledge-error

detection, persona bridging, RPEval, and PICon
show that boundary failures may appear as factual
overreach, role drift, or unsafe compliance (Zhang
et al., 2025a; Yang et al., 2026a; El Boudouri et al.,
2025; Kim et al., 2026). Alignment for RPAs is
therefore inherently conflict-aware: it must spec-
ify when role fidelity takes priority, when safety
or user intent overrides it, and how a refusal can
remain in character instead of reverting to generic
assistant language.

� Insight: Layered Maintenance
Role consistency is not solved by a single technique,
but by a layered maintenance process: specification de-
fines the role, memory preserves it, reasoning makes
the model act from the role’s standpoint, and alignment
stabilizes role behavior under competing objectives.

5 Evaluation Practices

Evaluation remains the bottleneck for RPA con-
sistency. The construct spans identity, knowledge,
expression, memory, values, decisions, and safety
boundaries, so no single benchmark can capture it
in full. We therefore organize current practices by
the evidence they collect and the risks they leave
unresolved.

5.1 Benchmark Map

Table 1 groups representative benchmarks by task
setting and maps them to six dimensions: knowl-
edge/factual consistency (K), expression/style con-
sistency (E), psychological/personality fidelity (P),
memory and temporal continuity (M), role-aware
reasoning and decision consistency (R), and robust-
ness to role drift or boundary pressure (B). It is
a benchmark card, not a leaderboard. Each row
indicates the evidence a benchmark can provide;
empty or partial cells expose what it leaves under-
measured. The primary/partial/weak labels are our
annotations, based on task design, data source, re-
ported metrics, and evaluation protocol. They de-
scribe coverage, not absolute benchmark quality.

Textual Role-Playing. The first block contains
the core textual benchmarks. PersonaChat repre-
sents the earlier persona-dialogue setting, where
consistency mostly means agreement with self-
described persona facts (Zhang et al., 2018).
Character-LLM, RoleLLM, CharacterEval, Char-
acterBench, and PingPong extend the setting to
richer profiles, stylistic imitation, and open-ended
role play (Shao et al., 2023; Wang et al., 2024a; Tu
et al., 2024; Zhou et al., 2025; Gusev, 2024). They
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Benchmark-card schema. Rows are grouped by task setting; metadata columns describe source and scale, while the middle block marks six role-consistency
dimensions (✓primary, △partial, –weak) using author-side coverage annotations.

K = knowledge/factual consistency, E = expression/style consistency, P = psychological/personality fidelity, M = memory and temporal continuity, R = role-aware
reasoning and decision consistency, and B = robustness to role drift or boundary pressure.

Benchmark Benchmark metadata Consistency dimensions Dataset scale and source

Year Venue Modality Lang. K E P M R B Scale / Source

(A) Textual Role-Playing Persona/character dialogue and role customization.

PersonaChat (Zhang et al., 2018) 2018 ACL Text En ✓ △ △ – – – 10K dial.; 164K utt.; self-described persona
Character-LLM (Shao et al., 2023) 2023 EMNLP Text En ✓ ✓ △ △ △ – about 1K dialogues; hist./literary figures
RoleLLM (Wang et al., 2024a) 2024 ACL Text En ✓ ✓ △ △ △ △ 168K samples; fictional roles
CharacterEval (Tu et al., 2024) 2024 ACL Text Zh ✓ ✓ △ △ – △ 11K samples; novels and scripts
CharacterBench (Zhou et al., 2025) 2025 AAAI Text Zh/En ✓ ✓ △ △ △ △ 23K annotations; multi-source
PingPong (Gusev, 2024) 2024 preprint Text En △ ✓ △ – △ △ not reported; open-ended RP

(B) Situated Role-Playing Scene- or world-grounded interaction.

LIGHT (Urbanek et al., 2019) 2019 EMNLP Text En △ ✓ △ △ △ – 11K scenes; 21K dial.; fantasy RPG scenes
CharacterBox (Wang et al., 2025b) 2025 NAACL Text En △ ✓ △ △ △ △ scenario-driven interactions; virtual worlds

(C) Diagnostic Probing Questioning, interviews, reasoning, and drift probes.

InCharacter (Wang et al., 2024b) 2024 ACL Text En △ △ ✓ – △ – 7.6K questions; fictional characters
RoleMRC (Lu et al., 2025) 2025 ACL Text En ✓ △ – – ✓ △ large scale; multi-source roles
PICon (Kim et al., 2026) 2026 preprint Text mixed ✓ △ △ ✓ △ ✓ multi-turn consistency probes; persona profiles
RPA Thought (Xu et al., 2025) 2025 preprint Text mixed △ – △ – ✓ △ thought-reasoning questions; RPA cases
Counselor (Rudolph et al., 2026) 2026 preprint Text mixed △ △ △ △ ✓ ✓ counselor dialogue cases; counseling role

(D) Multimodal Role-Playing Image, video, audio, or speech grounded RP.

MMRole (Dai et al., 2025) 2025 ICLR Image Text En ✓ ✓ △ △ △ △ 11K images; 294K tests; virtual/hist. roles
Video2Roleplay (Zhang et al., 2025c) 2025 EMNLP Video Text Zh ✓ ✓ △ ✓ △ △ 60K videos; 700K dial.; daily scenes
MMRole-Agent (Dai et al., 2025) 2025 ICLR Image Text mixed ✓ ✓ △ △ △ △ MMRole-style data; MMRole-derived
SpeechRole (Jiang et al., 2025) 2025 preprint Speech En △ ✓ ✓ △ △ △ 117K speech dial.; speech dialogues
VoxRole (Wu et al., 2025) 2025 preprint Speech En △ ✓ △ △ △ △ 261 films; 65.6 hours; film source

(E) Adaptable Dialogue Resources Emotion/dialogue resources adaptable to RP evaluation.

MELD (Poria et al., 2019) 2019 ACL Video Audio Text En – △ ✓ △ – – 1,433 dial.; 13.7K utt.; Friends
IEMOCAP (Busso et al., 2008) 2008 dataset Audio Video Text En – △ ✓ △ – – 10K utt.; 12 hours; lab acting

Table 1: A benchmark metadata framework with representative samples grouped by task setting.

cover K and E most strongly: whether a model
knows the character and sounds plausibly in char-
acter. M, R, and B receive less attention. A model
can answer factual questions and mimic a style yet
still fail over long interactions, accept a user’s false
claims, or make decisions that contradict the role.

Situated Role-Playing. The second block moves
from profile matching to scene- or world-grounded
interaction. LIGHT and CharacterBox ask agents
to act within a social or virtual environment rather
than merely answer profile questions (Urbanek
et al., 2019; Wang et al., 2025b). Expression, sce-
nario fit, and interactional behavior become easier
to observe, as do role-state problems: the agent
must track where it is, whom it is addressing, and
what the situation permits. Most situated bench-
marks, however, still provide only partial evidence
for memory continuity and robustness. A response
may fit one scene without the role remaining sta-
ble across repeated scenes, delayed references, or
adversarial pressure.

Diagnostic Probing. The third block isolates par-
ticular dimensions through interviews, reading-
comprehension probes, thought questions, and role-

stress tests. InCharacter turns psychological inter-
views into a personality-fidelity evaluation (Wang
et al., 2024b). RoleMRC probes role-specific
knowledge (Lu et al., 2025), while RPA Thought
targets role-specific reasoning (Xu et al., 2025).
PICon and counselor-role evaluations introduce
multi-turn pressure, conflict, and domain-specific
constraints (Kim et al., 2026; Rudolph et al., 2026).
These benchmarks make otherwise hidden failures
measurable: a wrong standpoint, unstable values,
role drift, or unsafe refusal behavior. Their limita-
tion is construct validity. A plausible explanation
or stable questionnaire response does not guarantee
faithful behavior in an open-ended interaction.

Multimodal Role-Playing. The fourth block cov-
ers a newer frontier. MMRole, Video2Roleplay,
MMRole-Agent, SpeechRole, and VoxRole ask
whether consistency survives when a role is
grounded in images, video, audio, or speech (Dai
et al., 2025; Zhang et al., 2025c; Jiang et al., 2025;
Wu et al., 2025). Visual appearance, voice, scene
cues, and audiovisual context become part of K
and E. This matters for embodied agents, games,
virtual companions, and social simulation, but it
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Figure 6: Temporal change in role-consistency signals
across six dimensions.

also complicates evaluation. A model may preserve
its textual persona while losing voice style, visual
identity, emotional tone, or action coherence.

Adaptable Dialogue Resources. The final block
lists resources that were not designed for RPA con-
sistency but can be adapted to it. MELD and IEMO-
CAP provide emotion-rich multimodal dialogue
data (Poria et al., 2019; Busso et al., 2008). They
can probe expression, affect, and interactional co-
herence when emotional or paralinguistic evidence
is needed. Their limitation is role specificity: emo-
tion labels and acted dialogue do not define a sta-
ble character state, knowledge boundary, or role-
specific decision policy. These datasets are there-
fore auxiliary resources, not direct benchmarks of
RPA consistency.

5.2 Cross-Dimensional Gaps

The columns of Table 1 expose the central gap.
Benchmarks are strongest for K and E, increasingly
useful for P and R, and still sparse for M and B.
Yet many consequential RPA failures are longitudi-
nal or conflict-driven rather than single-turn factual
errors. A stronger evaluation stack should combine
automatic checks, human judgment, and calibrated
LLM-as-judge protocols. Automatic tests can ver-
ify facts, knowledge boundaries, and structural con-
straints. Human raters can judge whether behavior
feels in character and emotionally coherent. Model
judges can scale pairwise comparisons or rubric
scoring, but require controls for verbosity, familiar-
ity, and the tendency to confuse helpfulness with
role fidelity.

8 Claim: Evaluation Gap
Current evaluation is strongest at testing whether agents
know the role and sound in character, but weakest at test-
ing whether they sustain it over time. Linguistic signals
make this gap more observable: an agent may preserve
persona facts while drifting in politeness strategy, so-
cial distance, register, emotional density, or role-specific
worldview.

6 Open Challenges and Future Directions

The role-state view brings four open problems into
focus.

Controllable Long-Term Memory. A long-term
memory system must decide what to remember,
forget, update, and reveal. Doing so requires prove-
nance, temporal structure, uncertainty estimates,
and boundary control, together with a clear sepa-
ration among canon, interaction-derived memory,
inferred traits, and user-specific relational mem-
ory. Existing work provides useful components—
structured character retrieval, experience organiza-
tion, dynamic context selection, and production-
scale memory—but these components rarely share
an explicit update policy (Wang et al., 2025c; Chen
et al., 2025b; Park et al., 2025; Chhikara et al.,
2025). As a result, an agent may retrieve the right
fact while updating the wrong state, preserve a
user’s correction after it has expired, or leak infor-
mation that the enacted character should not know.

A promising direction is a typed memory model
in which every item records its source, scope, con-
fidence, temporal validity, and access boundary.
Updates should be reversible and auditable, with
evaluations covering delayed correction, selective
forgetting, conflicting evidence, privacy deletion,
and transfer across scenarios. This would turn
memory from an unstructured context cache into a
controlled state-transition mechanism.

Robust Evaluation Under Role Attacks. Users
can induce drift through false assertions, break-
character requests, scenario shifts, or memory ma-
nipulation. Evaluations should include such role
attacks and measure not only whether the agent
refuses, but whether it can refuse without stepping
out of character. Current probes expose some of
these pressures, yet most benchmark instances re-
main short, independently scored, and known to
the evaluator (Kim et al., 2026; El Boudouri et al.,
2025; Yang et al., 2026a). They do not reveal how
small errors accumulate, whether recovery is pos-
sible after a state corruption, or whether a defense
that succeeds for one persona simply collapses the
model into a generic safety voice.

Future test suites should therefore use branching
interaction trajectories. Matched clean and attacked
conversations can isolate causal effects, while hid-
den checkpoints can measure identity, knowledge
boundaries, decisions, and memory after the attack.
Reporting trajectory length, time-to-first-drift, at-

13136



tack success, recovery, and persistent corruption
would reward systems that maintain safety and char-
acter coherence together instead of optimizing re-
fusal rate in isolation.

Language-Grounded Multimodal, Embodied,
and Agentic Consistency. As RPAs enter games,
virtual worlds, social robots, and multimodal assis-
tants, language will mediate perception, intention,
social meaning, and action. Future work should ex-
amine how it anchors voice, gesture, visual identity,
tool use, movement, and environmental action to
one coherent role state. Emerging image-, video-,
and speech-grounded benchmarks demonstrate that
each modality contributes distinct evidence about
identity and expression (Dai et al., 2025; Zhang
et al., 2025c; Jiang et al., 2025). The unresolved
problem is cross-modal state binding: a character
may speak consistently while selecting an implausi-
ble action, preserve visual identity while changing
social stance, or infer information from an image
that lies outside its knowledge boundary.

Evaluation must therefore move beyond
utterance-level fidelity to language-grounded
behavior, where an inconsistent action may have
more serious safety consequences than inconsistent
text. Protocols should compare what the agent
says, attends to, remembers, and does at the same
decision point. Counterfactual scene edits can test
whether actions follow relevant evidence, creating
a common evaluation unit—the grounded role
decision—across text, speech, perception, and
action.

Conflict-Aware Role-State Arbitration. Role
consistency is a constrained objective, not an in-
struction to imitate a character at any cost. A
deployed agent must arbitrate among canonical
role facts, interaction-derived memories, user goals,
task requirements, platform policy, and safety con-
straints. Existing alignment work shows that role
prompts can pressure safety behavior and that a cor-
rect refusal can still be character-breaking (Tang
et al., 2024; Li et al., 2026; Yang et al., 2026a).
What remains underspecified is the precedence rule:
which source may update which part of the role
state, which constraints are immutable, and how
the agent should communicate a conflict without
revealing hidden policy or inventing an in-world
justification.

Future systems should represent these priorities
explicitly and evaluate arbitration through observ-
able decisions rather than unrestricted chain-of-

thought. Paired conflicts—canon versus user as-
sertion, loyalty versus factual evidence, and role
goal versus safety boundary—can test whether a
resolution remains stable over later turns. Such
tests would distinguish principled adaptation from
arbitrary refusal and make safety-preserving role
fidelity a verifiable systems property.

7 Conclusion

We organized recent work with a compact role-
state taxonomy spanning role specification, role-
state maintenance, role-aware reasoning, and role-
consistent alignment, and treated evaluation as a
cross-cutting problem in its own right. The field has
made clear progress. Robust consistency, however,
will require methods and evaluations that are longi-
tudinal, conflict-aware, and safety-preserving.

Limitations

The literature on role-playing agents, persona con-
sistency, personalization, agent memory, and safety
is moving quickly, and frequent new preprints and
benchmarks will inevitably make parts of this sur-
vey incomplete. Because our taxonomy centers
role consistency, it gives less attention to general-
purpose dialogue, social simulations without ex-
plicit role fidelity, and personalization systems that
optimize user preference rather than character sta-
bility. The classification is also interpretive: many
systems combine memory, reasoning, training, and
evaluation, so assigning a primary research line
simplifies their contributions. Finally, the synthesis
remains weighted toward text-based RPAs; mul-
timodal, embodied, and voice-based consistency
receive less coverage.

Ethical Considerations

RPAs can create a strong impression of iden-
tity, memory, intimacy, authority, or expertise and
may mislead users unless their artificial nature is
clear. Responsible development therefore calls for
transparent disclosure, privacy-preserving memory,
consent-aware data collection, culturally sensitive
evaluation, and safety mechanisms that constrain
role enactment without hidden or inconsistent be-
havior.
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A Comparison with Related Surveys

This comparison shows where existing surveys dif-
fer in scope, method, and treatment of consistency,
and where our narrower role-state view comple-
ments them.

1. Broad role-playing with language models, including
data, models, agents, and applications (Chen et al.,
2024b). General taxonomy of RPA components and chal-
lenges. Discusses persona and character consistency as
part of the broader RPA landscape. We make consis-
tency the central organizing problem and analyze it as
role-state maintenance.

2. Persona, role-playing, and personalization across lan-
guage agents (Chen et al., 2024a). Connects persona con-
struction, personalized generation, and evaluation. Treats
consistency as one requirement among persona and per-
sonalization goals. We separate role consistency from
user personalization and emphasize longitudinal role
boundaries.

3. Two uses of persona in LLMs: role-playing and per-
sonalization (Tseng et al., 2024). Clarifies conceptual
relations between persona-driven interaction and person-
alized systems. Covers persona consistency but not as a
full systems-level taxonomy. We extend from persona
consistency to identity, memory, reasoning, alignment,
and safety consistency.

4. Design guidelines for evaluating LLM-based RPAs
(Chen et al., 2025a). Evaluation design, benchmark con-
struction, and assessment dimensions. Strongest overlap
on evaluation of role-playing quality. We treat evalua-
tion as one layer and connect it to memory, reasoning,
training, and boundary-aware alignment.

5. Current status, challenges, and trends of LLM-driven
RPAs (Wang et al., 2026d). Broad overview of architec-
tures, capabilities, applications, and future trends. Identi-
fies consistency as an important challenge. We provide
a narrower taxonomy centered on maintaining coher-
ent role state under long, changing, and adversarial
interaction.

B Word Cloud Keyword List

Figure 2 draws on the titles and abstracts of 100
arXiv papers retrieved with role-playing-agent

queries. These included role-playing agent, role-
play agent, persona agent large language model,
character agent large language model, persona
consistency large language model, character con-
sistency large language model, and role consis-
tency agent. We deduplicated results by arXiv
identifier, scored candidates with positive RPA in-
dicators (e.g., role-playing, persona, character, in-
character, dialogue agent, virtual character, NPC,
and LLM), and applied negative filters for unrelated
meanings of RPA (e.g., robotic process automa-
tion and remote piloted aircraft). We then retained
the 100 highest-scoring papers above the relevance
threshold.

We computed keyword hotness from each pa-
per’s title and abstract. Variants were first normal-
ized to canonical phrases, including role-playing,
persona, character, memory, retrieval, alignment,
safety, reasoning, multimodal, personality, style,
identity, knowledge, dialogue, multi-turn, simula-
tion, game, training, preference optimization, and
benchmark. Remaining unigram candidates were
lowercased, stripped of punctuation, filtered against
stopwords, and retained only if they appeared at
least three times. For each term k, we computed
term frequency tfk, document frequency dfk, and
inverse document frequency

idfk = log
1 +N

1 + dfk
+ 1, (1)

where N = 100. To emphasize recent activity, we
also computed

growthk = log(1+ tf2025+
k )− log(1+ tf<2025

k ),
(2)

and ranked terms by

hotnessk = tfk · idfk · rk · ck, (3)

where rk = 1 + 0.25max(growthk, 0) is the re-
cency factor and ck = 1 + 0.2min(dfk/N, 1) is
the document-coverage factor. For the rendered
word cloud, generic search-anchor terms such as
role-playing and large language model were re-
moved, and consistency-family terms, including
consistency, consistent, persona consistency, char-
acter consistency, role consistency, fidelity, and
coherence, were merged into consistency. Table 3
lists the complete keyword set used in the rendered
word cloud. Table 2 below reports selected un-
merged diagnostic signals for interpretability, so
its values should not be directly compared with
merged word-cloud entries such as consistency.
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Figure 7: Additional diagnostics over the 100-paper arXiv sample. Left: submitted-year distribution. Right:
heuristic title/abstract coverage of the six role-consistency dimensions used in Table 1. Counts are based on keyword
matches and should be read as topical salience indicators, not as manual labels.

C Additional Sample Diagnostics

We add two lightweight diagnostics over the same
100-paper sample to make the descriptive analysis
behind Figure 2 more transparent. They are not ex-
haustive bibliometric evidence; their purpose is to
show the topical shape of the sample that motivates
the survey.

The sample is strongly recent: 74 of the 100
papers in Figure 7 were submitted in 2025 or 2026.
This concentration motivates a focused survey, but
it also helps explain why methods remain unsettled.
Many papers are preprints, benchmark definitions
are still changing, and several dimensions have yet
to stabilize into shared protocols.

The right panel maps titles and abstracts to the
six dimensions in our benchmark map: knowl-
edge/factual consistency (K), expression/style con-
sistency (E), psychological/personality fidelity (P),
memory and temporal continuity (M), role-aware
reasoning and decision consistency (R), and robust-
ness to role drift or boundary pressure (B). Person-
ality, expression, and memory signals appear in
roughly half the sample; reasoning and boundary
robustness appear less often. This pattern supports
the main-text argument that current work increas-
ingly looks beyond factual persona matching, while
methods and evaluations for decision-level con-
sistency and adversarial boundary control remain
comparatively sparse.

Table 2 clarifies which mechanisms are promi-
nent. Personality, reasoning, training, alignment,
and benchmarks are among the strongest signals,
suggesting a move from static character descrip-
tion toward controllable behavior and evaluation.
Safety, multimodality, multi-turn continuity, and
preference optimization are concentrated in recent

work but appear in fewer papers. We therefore treat
them as emerging rather than settled: they motivate
the challenges in Section 6, but do not yet consti-
tute mature subfields with standardized tasks and
metrics.

How to read the hotness scores. The ranking
organizes this sample; it does not estimate a topic’s
absolute importance. A high score may reflect re-
peated mentions within papers, broad document
coverage, recent growth, or some combination of
the three. Scores should therefore be compared
within the sample, not treated as calibrated mea-
surements across corpora. The merged consistency
entry illustrates the point: it pools several lexi-
cal variants so that the central construct is not
split across near-synonyms. Its magnitude reflects
both topical centrality and a normalization decision,
while lower-ranked entries may denote narrower
concepts with less standardized terminology.

What the leading terms suggest. The leading
terms mix role descriptors—character, persona,
and personality—with process terms such as rea-
soning, interaction, training, and alignment. The
mixture captures a transition in the literature. Ear-
lier work often treated the role as a profile to imi-
tate; newer work asks how that profile is maintained
through decisions, dialogue history, optimization,
and environmental feedback. The prominence of
benchmark also shows that evaluation resources
have become part of the research problem. These
signals fit the layered view developed in the main
paper: consistency depends not only on what an
agent says, but on how it updates state, selects ac-
tions, handles pressure, and is measured over time.
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Keyword signal Hotness TF Papers Recent TF Earlier TF Interpretation
Recent TF = 2025–2026 term frequency; Earlier TF = pre-2025 term frequency.

Role-state content and behavior

personality 341.163 104 25 124 33 trait and psychological fidelity are highly visible
reasoning 242.400 65 28 107 10 role-aware deliberation is a fast-growing topic
consistency 168.331 40 27 39 1 explicit consistency framing is mostly recent
memory 108.231 29 11 36 18 memory is visible but fragmented across systems
style 107.419 22 9 35 5 expressive consistency is often implicit
knowledge 89.157 26 16 36 16 factual role knowledge remains a baseline concern
multi-turn 65.097 18 13 22 10 long-horizon interaction is not yet universal

Methods, resources, and emerging constraints

training 190.348 61 34 79 14 supervised and alignment data remain central
alignment 165.991 44 29 68 5 role fidelity is increasingly tied to optimization
benchmark 163.108 58 31 42 16 evaluation resources are a major research driver
multimodal 151.114 22 7 38 0 multimodal RPAs are an emerging frontier
safety 144.922 21 6 30 0 safety and boundary control remain underrepresented
retrieval 110.363 32 9 22 20 retrieval is present but less dominant than training
preference optimization 18.318 3 2 3 0 preference methods are still early in RPA-specific work

Table 2: Selected keyword diagnostics from the 100-paper arXiv sample. Hotness follows the scoring formula
in Appendix B; TF denotes term frequency in titles and abstracts. These diagnostic rows use unmerged keyword
signals, while Table 3 reports the merged keyword list used for the rendered word cloud.
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Figure 8: Keyword hotness ranking for the 100-paper arXiv sample. The bar chart provides a quantitative
companion to the word cloud in Figure 2.

Reading the head and tail. Figure 8 reveals a
steep ranking: broad role descriptors lead, pro-
cess and capability terms occupy the middle, and
specific mechanisms form the tail. A lower rank
does not imply lower importance. Terms such as
memory, multi-turn, identity, and preference op-
timization apply to narrower settings and may be
distributed across related expressions such as state
tracking, long-horizon dialogue, or policy optimiza-
tion. The ranking is most informative alongside the
taxonomy and benchmark analysis, not as a stan-

dalone research agenda.

Reproducibility and limits. Table 3 records the
exact ordering behind the cloud and bar chart; its
four column pairs are a compact layout, not seman-
tic groups. The cloud supports rapid recognition,
the chart shows relative magnitude, and the table
preserves rounded scores for reconstruction. These
values measure lexical salience in the retrieved sam-
ple, not method quality or empirical effectiveness.
Titles and abstracts may omit technical distinctions,
and the queries intentionally favor role-playing and
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# Keyword / Hotness # Keyword / Hotness # Keyword / Hotness # Keyword / Hotness

1 consistency / 748.649 2 character / 431.192 3 persona / 347.439 4 personality / 341.163
5 reasoning / 242.400 6 framework / 240.805 7 interaction / 233.567 8 dialogue / 196.596
9 training / 190.348 10 behavior / 188.224 11 alignment / 165.991 12 benchmark / 163.108

13 emotion / 161.845 14 multimodal / 151.114 15 safety / 144.922 16 profile / 133.550
17 simulation / 128.481 18 responses / 118.432 19 design / 116.473 20 retrieval / 110.363
21 social / 108.971 22 memory / 108.231 23 dynamic / 108.080 24 style / 107.419
25 systems / 106.353 26 multi-agent / 102.540 27 generation / 100.813 28 traits / 99.041
29 scenario / 93.150 30 knowledge / 89.157 31 cognition / 88.194 32 multi-turn / 65.097
33 game / 53.404 34 world / 44.071 35 identity / 40.846 36 role-aware / 37.943
37 virtual / 37.647 38 charactereval / 27.207 39 characterbox / 24.659 40 preference opt. / 18.318

Table 3: Complete keyword list used to render the word cloud in Figure 2. Hotness scores are rounded to three
decimals.

consistency research. We use these diagnostics
only for triangulation and reproducibility; claims
about methods and benchmark coverage still rest
on the paper-level review in the main text.
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