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Abstract

The OPP-115 Corpus of annotated privacy poli-
cies was released by the Usable Privacy Policy
Project in 2016 and was the first large-scale
effort to annotate privacy policies in a fine level
of detail. Since then, it has been used by natural
language processing (NLP) researchers work-
ing on automated analysis of websites’ and ap-
plications’ privacy policy documents, with ef-
forts continuing in the present day. We share
reflections on design decisions that went into
the creation of the corpus and lessons learned
from obstacles associated with it. Addition-
ally, we describe open problems in research on
privacy documents that the OPP-115 Corpus
introduced or brought attention toward. These
open problems show the continuing need for
research on privacy policy text to support con-
sumers’ digital privacy.

1 Introduction

Websites’ and apps’ privacy policies pose a vari-
ety of obstacles to interpretation. For consumers,
they are lengthy, difficult and time-consuming to
read (McDonald and Cranor, 2008; Reidenberg
et al., 2015; Degeling et al., 2019), hindering ef-
fective notice and choice (Cranor, 2012). For law
scholars and privacy regulators, they are vague and
also challenging to interpret at scale (Reidenberg
et al., 2016), hindering research into the state and
evolution of digital privacy practices (Mhaidli et al.,
2023). This confluence has motivated a steady
stream of research in natural language processing
(NLP), privacy, and human-computer interaction
to scalably and accurately interpret privacy poli-
cies and present them to stakeholders in ways that
respond to their needs (Ravichander et al., 2021).

An early progenitor of NLP research on privacy
policies was the OPP-115 Corpus (Online Privacy
Policies, set of 115), which consisted of 115 web-
site privacy policies each manually annotated by
three law students (Wilson et al., 2016b). This cor-

pus was released in 2016 by the US NSF-funded
Usable Privacy Policy Project1 as part of a series
of efforts to study manual, semi-automated, and
fully automated information extraction from pri-
vacy policies (Sadeh et al., 2013). The corpus’
frame-based annotation scheme yielded 23K data
practices (i.e., representations of how a data con-
troller collects, uses, or shares personally identifi-
able information), which in aggregate yielded 128K
attribute selections and 103K text spans associated
with those selections.

Figure 1 shows annual counts of citations to the
ACL 2016 paper that introduced the corpus (Wilson
et al., 2016b), totaling 540 in Google Scholar2 as of
September 19, 2026. The corpus not only enabled
NLP research on privacy policies but also inspired
additional corpora, such as PrivacyQA (Ravichan-
der et al., 2019), PolicyQA (Ahmad et al., 2020),
the Princeton-Leuven longitudinal corpus (Amos
et al., 2021), and PrivaSeer (Srinath et al., 2021a,b).
It supported user-oriented projects such as the de-
velopment of privacy question answering assis-
tants (Harkous et al., 2018; Ravichander et al.,
2024) and a publicly available web browser ex-
tension3 to ease opting out of data collection (Ban-
nihatti Kumar et al., 2020). Further showing its
impact beyond research, the corpus enabled or in-
spired the development of automated privacy com-
pliance tools (Zimmeck et al., 2019; Jain et al.,
2023), some now commercially available (e.g., Ap-
pCensus4 and Google Checks5). Additionally, the
corpus and subsequent research developments mo-
tivated AAAI Symposia in 2016 (Alves-Oliveira
et al., 2017) and 2019 (Baldini et al., 2019) as well

1https://usableprivacy.org/
2Google Scholar has multiple redundant entries for the

original OPP-115 paper, and merging the three entries known
to the authors creates this total.

3https://addons.mozilla.org/en-US/firefox/
addon/opt-out-easy/

4https://appcensus.io/
5https://checks.google.com/
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Figure 1: Citations per year to Wilson et al. (2016b), the
paper marking the release of the OPP-115 Corpus.

as a 2025 Dagstuhl seminar focused on automating
privacy document analysis (Schaub et al., 2025).

This paper reflects on the impact of the OPP-115
Corpus a decade after its release. We describe de-
sign decisions that were likely to have contributed
to its widespread use, and we summarize research
achievements that it seeded. We also share some
lessons learned by the research team, hoping to
inform future efforts. We conclude with open prob-
lems that the corpus unsurfaced or motivated.

2 Design Decisions

We highlight decisions that encouraged use of the
OPP-115 Corpus, which serve as recommendations
to future projects to follow similar practices. We
acknowledge these choices are not universally prac-
tical; larger or more complex corpora, for example,
may require radically different approaches.

Format. First, the corpus was designed to re-
quire a minimum amount of technical knowledge to
explore and use. Privacy policy researchers come
from a variety of scholarly backgrounds, including
law and public policy, where computer program-
ming is not a core skill. Additionally, students are
foundational to research labor, and their program-
ming skills are sometimes nascent. Accordingly,
the corpus is encoded chiefly in structured text for-
mats, i.e., HTML, XML, and CSV files. All these
formats are human readable with some effort, and a
web browser and a spreadsheet application are suf-
ficient for guided exploration. Alternatives such as
a SQL database would have introduced barriers that
discourage marginally skilled researchers. Other
features that support a broad user base include the
provision of the policy text both in original HTML
and in “sanitized” form (i.e., minus HTML tags), il-
lustrating this intermediate step toward annotation,

and the comprehensive explanation of the CSV file
columns in the corpus manual.

Enabling reuse. Second, the practical and legal
barriers to accessing the corpus are low. No pay-
ment (or even an email address) is required to down-
load the corpus, contrasting with corpora available
via services such as the Linguistic Data Consor-
tium.6 Similarly, while version control software
is appealing for an audience steeped in software
development, it creates a technical barrier; in con-
trast, the OPP-115 Corpus is downloadable directly
via HTTP from the project website7. The usage li-
cense, inspired by a Creative Commons Attribution-
NonCommercial License8, welcomes scholarly ac-
tivities. Additionally, a data exploration website
provided visualizations that showed potential users
the breadth and depth of the annotations (Cherivi-
rala et al., 2016). The exploration site is no longer
available, but Figure 2 shows a screenshot from its
interface, where the privacy policy of a website is
color-coded by categories of data practices.

Reflecting policy content. Third, the corpus’s
annotation scheme was designed to closely reflect
how data practices are described in privacy poli-
cies. Prior projects often focused on answering spe-
cific questions about privacy policies or their data
practices (Zimmeck and Bellovin, 2014; Reiden-
berg et al., 2015). These efforts faced challenges
due to the ambiguity inherent in privacy policies,
with different parts of policy documents potentially
contradicting each other or contextual informa-
tion substantially modifying data practices (Wilson
et al., 2016c; Reidenberg et al., 2016). The OPP-
115 Corpus’ annotation scheme instead combined a
top-down and bottom-up approach: ten categories
of data practices were identified based on legal re-
quirements for privacy policies. For each type of
data practice, a category-specific attribute set was
developed based on input from domain experts (pri-
vacy, public policy, and law) and an analysis of how
respective data practices were practically described
in privacy policy documents in the wild. In the cor-
pus, data practice attributes are further associated
with specific text spans (rather than paragraphs) to
ground annotations in specific language.

Preserving ambiguity. Fourth, the corpus is
structured to acknowledge the ambiguity and diffi-

6https://www.ldc.upenn.edu/
7https://usableprivacy.org/data
8https://creativecommons.org/

95

https://www.ldc.upenn.edu/
https://usableprivacy.org/data
https://creativecommons.org/


Figure 2: Screen shot from the OPP-115 Corpus data
exploration website.

Figure 3: Screen shot of the purpose-built OPP-115
annotation tool.

culty of its data annotation tasks. OPP-115 annota-
tion frames attach to the text via text spans, which
render the concept of inter-annotator agreement
complex and potentially indeterminate. Deciding
whether two annotators identified the same under-
lying data practice, for example, requires several
interrelated judgments on text span overlaps and
categorical selections. The corpus and documenta-
tion mostly avoid claims about correct annotations
or gold standard data. In addition, the corpus’s
annotation scheme recognizes “Unspecified” as a
valid value for each attribute, to enable annotators
to express absence of clear information.

3 Lessons Learned

Although the OPP-115 Corpus has received sig-
nificant use and attention, some decisions in its
creation may have been suboptimal. We identify
some of these shortcomings and how they could
have been avoided.

The corpus was created with a closed-source,
purpose-built annotation tool, leading to obstacles
and missed opportunities. Figure 3 shows a screen
shot of the annotation tool. One notable strength
was its web-based architecture, streamlining the
participation of law students at multiple universi-
ties while the project was managed from Carnegie
Mellon University (Wilson et al., 2016b). Para-
graphs from a privacy policy were displayed one
at a time in the box at center-left. To create a data
practice, an annotator first selected a category (e.g.,
First-Party Collection/Use) and then chose values
for attributes (at right) and text spans to justify
choices. The Save button finalized the data prac-
tice, adding it to the list at bottom. The annotator
performed this procedure to label all data practices
they found in the paragraph, and then used the Next
or Previous buttons to move to another one. It is
possible that no one text annotation tool available
at the time satisfied all these needs, but annotation
tools existed for frame semantics and named entity
recognition (Baker, 2008; Marrero et al., 2013). Al-
ternatively, the NLP research community may have
welcomed an annotation tool with these features.

Relatedly, the large size and complexity of the
annotation scheme may have limited annotators’
accuracy and inter-annotator agreement. Creat-
ing a data practice required selecting one of ten
categories and then selecting values for up to nine
category-specific attributes. Some attributes had
many possible values; for example, Personal Infor-
mation Type had sixteen and Action First-Party had
eleven. Other and Unspecified appear frequently
as possible values, giving the annotator flexibility
but also reducing their motivation to make com-
plex judgments. Although this annotation scheme
appears to produce highly articulate results, the
value of the labor is diminished by the likelihood
of annotator fatigue and poor inter-annotator agree-
ment (Bayerl and Paul, 2011). The original paper
shows the annotators’ frequent lack of consensus
through an effort to consolidate their work (§4.2
in Wilson et al. (2016b)); accordingly, the corpus
does not commit to a singular gold standard set of
annotations. An alternative approach could have in-
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volved decomposing the annotation procedure into
subtasks, such as labeling text spans as privacy-
relevant entities and then (as a separate, subsequent
task) linking them together to create data practices.

4 Open Problems

We conclude with some research problems that the
OPP-115 Corpus revealed and remain fertile for
future work. We borrow inspiration from two prior
collections of research problems related to privacy
policies (Wilson et al., 2016a; Schaub et al., 2025).

Principled consolidation of multiple annotators’
data practices remains an unsolved task. The origi-
nal paper describes a procedure to identify and com-
bine potentially duplicate data practices created by
different annotators (§4.2 in Wilson et al. (2016b)),
but this procedure relies chiefly on overlaps be-
tween text spans and majority voting for attributes’
values. Those choices render it agnostic to the sub-
ject matter of data practices, which can provide
a stronger basis for reconciliation. Although con-
solidation comes with limitations—observations
in the original paper suggest that annotators some-
times identify radically different data practices in a
paragraph—the expectations of prevalent machine
learning paradigms motivate studying this problem.

Reasoning and inference based upon OPP-115
annotations has received little or no attention. The
annotation frames are sufficiently expressive to sup-
port this activity; for example, First Party Collec-
tion/Use and Third Party Sharing/Collection data
practices contain a Does/Does Not attribute that
provides negation. Data practices in those cat-
egories and others contain enough attributes to
encode meaningful claims independently of the
text spans, easing analysis. Those claims from a
given privacy policy can be examined for contra-
dictions, consolidated beyond the boundaries of
paragraphs (eliminating a barrier imposed by the
OPP-115 annotation tool), and used to create a
precise, symbolically-grounded summary of the
policy. While large language models (LLMs) are
nominally capable of these activities (Rodriguez
et al., 2024), symbolic reasoning remains appealing
in computational law, where precise provenance of
claims is valuable.

Constructing a new corpus with OPP-115-style
annotations would provide significant value to the
research community. The privacy policies in the
OPP-115 Corpus predate many privacy laws (no-
tably GDPR and CCPA, but also others) (Gupta

et al., 2024) that introduced new disclosure and data
subject rights requirements (e.g., legal basis of pro-
cessing; do-not-sell opt-outs, etc.), as well as recent
developments in generative artificial intelligence,
wearable computing, and immersive reality. Con-
sequently, language models built on the OPP-115
Corpus are likely to perform suboptimally on mod-
ern privacy policies. Additionally, a key challenge
this brings to light is keeping annotated policy cor-
pora updated over time. Furthermore, most corpora
and analyses have focused on English-language pri-
vacy policies. While some efforts have analyzed
and compared privacy policies across languages,
most corpora are either small in terms of numbers
of policies annotated (Arora et al., 2022) or the
set of analyzed practices is small (Degeling et al.,
2019). One exception is a corpus by Moran et al.
(2026), although it was LLM-annotated and used
machine translations of the OPP-115 Corpus as
training data.

Finally, creating a modernized, general-purpose
privacy policy annotation scheme would benefit pri-
vacy policy research. Other works’ privacy policy
annotation schemes typically focus on subtopics
such as opt-out statements (Bannihatti Kumar et al.,
2020) or compliance with specific laws (Arora
et al., 2022; Xian et al., 2025). While much of
the OPP-115 Corpus annotation scheme general-
izes to the present day (e.g., for GDPR (Poplavska
et al., 2020)), it falters where it explicitly mentions
specific privacy-enhancing technologies or legal
provisions. Two examples are Do Not Track, which
was largely abandoned soon after the corpus was
created (Purdy, 2024) and was replaced by “fric-
tionless” opt-out signals as required by CCPA, and
Safe Harbor provisions, invalidated by the Court
of Justice of the European Union in 2015 (Weiss
and Archick, 2016) and replaced by the EU-US
Data Privacy Framework. A modernized anno-
tation scheme could update items like those or
avoid them altogether, focusing instead on slower-
changing fundamentals. Retaining the ambitious
goal of representing all privacy-related informa-
tion in a policy would support a wide variety of
use cases, across both the analysis of privacy prac-
tices and the creation of technologies to support
consumer privacy.

5 Conclusion

OPP-115 remains unique, as a corpus of privacy
policies with a generalized annotation scheme ap-
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plied by skilled annotators. Over the past decade it
directly enabled or inspired a variety of projects to
make the contents of privacy policies more avail-
able to consumers, regulators, privacy scholars, and
other parties invested in the privacy landscape. We
reflected on the design decisions that contributed
to the corpus’ success and lessons learned from its
development and use. Finally, we described some
open research problems that merit attention by the
NLP and privacy research communities.
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