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Abstract

Anaphylaxis is an acute, potentially life-
threatening allergic reaction that requires rapid
recognition in clinical settings. Natural lan-
guage processing (NLP) approaches for au-
tomatic detection of anaphylaxis in clinical
narratives can support large-scale analysis of
health records and retrospective clinical re-
search. However, such approaches depend on
high-quality labeled corpora, and resources for
Portuguese remain scarce. This paper intro-
duces a corpus of Brazilian Portuguese clini-
cal notes annotated by domain specialists for
the presence or absence of anaphylaxis. The
dataset comprises 969 clinical narratives drawn
from three sources: clinician-authored syn-
thetic clinical notes designed to represent real-
istic scenarios, case reports from the medical
literature rewritten into note-like format by spe-
cialists, and a subset of de-identified notes from
the publicly available SemClinBr corpus. All
texts were reviewed and labeled by allergists
using established clinical diagnostic criteria,
and the corpus reflects realistic prevalence con-
ditions, with approximately 5% positive cases.
We describe the corpus design, data sources,
annotation methodology, and composition, dis-
cuss potential research applications, and ad-
dress ethical considerations. The corpus is in-
tended as a reusable resource for Portuguese
clinical NLP, supporting future work on docu-
ment classification, information extraction, and
language modeling in the medical domain.

1 Introduction

Anaphylaxis is an acute, potentially life-threatening
systemic hypersensitivity reaction that may
progress rapidly without prompt treatment. In clini-
cal practice, its recognition relies on patient history,
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physical examination, and judgment guided by stan-
dardized diagnostic criteria. The National Institute
of Allergy and Infectious Disease/Food Allergy
and Anaphylaxis Network (NIAID/FAAN) criteria
define anaphylaxis through symptom patterns in-
volving acute mucocutaneous manifestations with
respiratory or cardiovascular compromise, rapid
multi-system involvement after exposure to a likely
allergen, or hypotension after exposure to a known
allergen (Dribin et al., 2023). The World Allergy
Organization (WAQO) 2020 update simplifies these
criteria and highlights additional presentations, in-
cluding severe gastrointestinal symptoms and cases
dominated by respiratory or cardiovascular signs
(Cardona et al., 2020). Despite these guidelines,
diagnosis remains challenging because clinical pre-
sentations vary across patients and episodes, and
documentation may be incomplete or heteroge-
neous in real-world records (Simons et al., 2011).

Automatic detection of anaphylaxis in clinical
narratives could support research on case identifi-
cation at scale and facilitate retrospective analyses
of electronic health records. However, supervised
approaches depend on annotated corpora, and clini-
cal text resources remain limited in languages other
than English. In Brazilian Portuguese, SemClinBr
is one of the few publicly available clinical corpora;
it comprises 1,000 de-identified notes annotated
with 65,117 entities and 11,263 relations (Oliveira
etal., 2022). While SemClinBr is valuable for tasks
such as named-entity recognition and relation ex-
traction, it does not provide document-level labels
for specific conditions such as anaphylaxis. More
broadly, access to clinical narratives is constrained
by privacy and governance requirements, moti-
vating increased attention to dataset transparency
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through documentation practices such as dataset
statements and datasheets (Bender and Friedman,
2018; Gebru et al., 2021). Synthetic clinical text
has also been explored as a complementary strategy
to mitigate data scarcity and reduce privacy risks
by generating plausible narratives that do not cor-
respond to identifiable individuals (Mendes et al.,
2025).

In this work, we introduce a dataset of Brazilian
Portuguese clinical notes annotated for the pres-
ence or absence of anaphylaxis. The contribution
is dataset-centric: we focus on documenting the
corpus design, data sources, annotation criteria,
and corpus characteristics to support reproducible
research on Portuguese clinical NLP. The dataset
combines expert-authored synthetic clinical notes,
adapted case reports rewritten into a note-like for-
mat, and de-identified notes sampled from a public
clinical corpus. We further discuss limitations and
ethical considerations relevant to releasing and us-
ing a clinical text resource. The corpus is available
publicly at Hugging Face: matos1012/brazilian-
portuguese-anaphylaxis.

2 Related Work

Research on automatic processing of clinical text
encompasses the development of linguistic re-
sources, the application of NLP methods to clin-
ically relevant phenomena, and approaches to
mitigate data scarcity and privacy constraints.
While these areas are well established for English-
language clinical NLP, corresponding resources
and studies remain limited for Portuguese. In
this context, the availability of clearly documented
datasets is essential for enabling reproducible and
comparable research. This section reviews work
most relevant to the present study, focusing on clin-
ical corpora in Portuguese, NLP-based approaches
to anaphylaxis detection, and the use of synthetic
data in clinical NLP.

2.1 Clinical corpora in Portuguese

Publicly available resources for Portuguese clinical
NLP are historically scarce, a disparity that be-
comes evident when compared to mature English-
language benchmarks. Examples of large-scale
datasets include the MIMIC-IV-Note collection,
which aggregates over 331,000 de-identified dis-
charge summaries from the Beth Israel Deaconess
Medical Center (Johnson et al., 2023), and the
gold-standard annotated corpora from the n2c2 (for-
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merly i2b2) shared tasks, typically comprising 500
to 1,300 specialized notes per task (Wang et al.,
2020).

In the Portuguese clinical NLP landscape, early
efforts focused on specialized domains, such as
the publicly-available CLINpt corpus (Lopes et al.,
2019), which provided 281 neurology case reports
from medical journals. Schneider et al. (2020) later
utilized a private collection of 3.8 million sentences
derived from Brazilian hospital EHRs and scien-
tific abstracts to develop the BioBERTpt model.
Significant progress was made with SemClinBr
(Oliveira et al., 2022), the first large-scale multi-
institutional corpus for Brazilian Portuguese, offer-
ing 1,000 notes semantically annotated with over
65,000 entities. Concurrently, the credentialed-
access BRATECA dataset (Dias and Ulbrich, 2022)
provided a leap in volume, aggregating over 2.5
million free-text notes from ten Brazilian hospitals,
while da Rocha et al. (2023) introduced the pri-
vate HCFMB corpus, consisting of 1,200 clinical
texts derived from 30,000 records at a university
hospital.

More recent contributions include AnonyMED-
BR (Schiezaro et al., 2025), a publicly-available
dataset of 2,962 records specifically designed for
anonymization tasks, and the anonymized sepsis
summaries from da Silva and Pazin-Filho (2025),
featuring 200 long-form discharge summaries from
a tertiary hospital. MedPT (Firber et al., 2025)
represents a consumer health-oriented dataset, con-
taining over 384,000 authentic question-answer
pairs from patient-doctor interactions. Clinical
NLP research in Portuguese frequently relies on
private corpora, limited-access resources, or trans-
lated datasets, underscoring the need for additional
publicly documented datasets targeting clinically
meaningful phenomena.

2.2 Anaphylaxis detection using NLP

Anaphylaxis detection in clinical text is a com-
plex phenotyping task that has evolved from rule-
based systems to the use of large language models
(LLMs). Early work by Botsis et al. (2012) uti-
lized the VAERS dataset to extract features from
thousands of vaccine safety reports using semantic
text mining. Botsis and Ball (2013) furthered this
by automating case definitions through literature-
based reasoning, relying on mapping synonyms to
Brighton criteria. Walsh et al. (2013) highlighted
the limitations of structured data using a critical
benchmark of 122 potential anaphylaxis events
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across eight healthcare settings. Segura-Bedmar
et al. (2018) shifted toward large-scale detection,
applying convolutional neural networks and classi-
cal classifiers to a collection of over 219,000 clini-
cal records.

Recent studies have emphasized the integration
of clinical notes with structured records or the ap-
plication of instruction-tuned models. Yu et al.
(2020) developed algorithms for the Vaccine Safety
Datalink, utilizing 311 potential cases to identify
vaccine-related anaphylaxis with high specificity.
Lo et al. (2022) addressed allergy reconciliation
by detecting discrepancies in encounter notes from
the Mass General Brigham healthcare system. Car-
rell et al. (2023) engineered a set of NLP-derived
symptom and criteria covariates using data from
516 patients across the Kaiser Permanente network.
In the Portuguese context, Machado et al. (2024) as-
sessed several large language models on a smaller
set of annotated clinical reports, focusing on model
behavior under limited data conditions. Finally,
Ensina et al. (2025) evaluated LLMs on a corpus
of Portuguese medical texts annotated by physi-
cians for anaphylaxis, exploring different prompt-
ing strategies and reporting high classification per-
formance.

The present work differs in scope by focusing
on the dataset itself. Rather than reporting addi-
tional model results, we document the construction,
annotation methodology, and characteristics of the
corpus to support reuse and transparent evaluation.

2.3 Synthetic clinical data

Synthetic clinical data generation has emerged as a
key strategy to circumvent privacy constraints and
data scarcity. Early methods, such as SynthNotes
(Begoli et al., 2018), utilized semantic templates to
generate note-like text from original narratives. Li
et al. (2021) evaluated the utility of 500 notes gen-
erated by text generation models for downstream
entity recognition. The GReaT framework (Borisov
et al., 2022) introduced a method for generating re-
alistic tabular data by treating records as sequences,
and Moser et al. (2024) proposed a multi-stage
pipeline using large language models to generate
structured patient-physician interactions in emer-
gency medicine.

Current research focuses on high-fidelity genera-
tion and rigorous evaluation using large language
models. Synthetic4Health (Ren et al., 2025) in-
troduced a mask-and-generate framework for cre-
ating diverse, de-identified clinical letters. Syn-
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thMedic (Grazhdanski et al., 2025) proposed gen-
erating discharge summaries grounded in standard
medical references (Merck Manuals) to ensure fac-
tual consistency without requiring access to real
patient records. Meoni et al. (2025) framed syn-
thetic text generation as an intermediate step for
local model training, evaluating their approach on
the MIMIC-III dataset. Sarkar et al. (2025) pro-
posed a hybrid methodology, which combines de-
identification with LLM filling to safely share clin-
ical notes. Evaluation frameworks have also been
standardized through toolkits like SynthTextEval
(Ramesh et al., 2025), which assesses utility and
privacy in health-related text. Finally, the MedGen
model (Wang et al., 2025) scaled synthetic gen-
eration to multimodal domains, achieving strong
performance in medical video generation.

These lines of work motivate documenting syn-
thetic data provenance, grounding sources, and val-
idation procedures, as such design choices influ-
ence the linguistic and clinical properties of the
generated narratives. While the aforementioned
literature relies heavily on automated generation,
the synthetic narratives in our corpus were manu-
ally authored by domain specialists. This manual
approach was chosen to strictly guarantee clinical
fidelity, ensure adherence to specific diagnostic cri-
teria without the risk of model hallucination, and
provide a high-quality gold standard. In the corpus
presented in this paper, these manually authored
synthetic notes are integrated with non-synthetic
material (adapted case reports and de-identified
notes sampled from a public clinical corpus) to sup-
port analyses that distinguish between generated
and naturally occurring documentation styles.

3 Corpus Design and Construction

This section describes the design principles and
construction process of the proposed corpus. The
dataset was created to support research on auto-
matic detection of anaphylaxis in Portuguese clin-
ical narratives, while addressing recurring chal-
lenges in clinical NLP, including data scarcity, class
imbalance, and privacy constraints. To this end,
we combined clinical texts from complementary
sources (synthetic narratives, adapted case reports
from the literature, and de-identified notes from
a public clinical corpus), seeking to balance lin-
guistic realism, ethical considerations, and repro-
ducibility. In the context of this corpus, “synthetic”
refers to fictional, representative clinical narratives



manually authored or edited by domain specialists
(allergists) to simulate realistic patient encounters,
rather than text generated automatically by soft-
ware or language models. All texts, regardless of
source, were subsequently reviewed and annotated
by the specialists according to standardized clinical
criteria. The following subsections detail the data
sources, preprocessing and de-identification steps,
and the annotation guidelines adopted.

3.1 Data Sources

The corpus comprises 969 short clinical narratives
in Brazilian Portuguese, organized into three clin-
ically motivated categories to support structured
analysis and annotation consistency:

Synthetic cases (75 narratives). This subset
consists of anonymized clinical narratives authored
by domain specialists to mimic real-world medical
records. From these, 35 notes have a confirmed
diagnosis of anaphylaxis, and 40 were labeled as
negative. These texts constitute the largest group
of positive examples in the corpus.

Case reports from the literature (24 narra-
tives). These narratives were adapted from pub-
lished medical case reports. Thirteen texts describe
confirmed cases of anaphylaxis, while eleven report
other clinical conditions with overlapping or po-
tentially confounding symptoms. All case reports
were rewritten into a concise, note-like format to
resemble electronic medical records while preserv-
ing clinically relevant information and removing
any identifying details.

SemClinBr cases (870 narratives). The re-
maining texts were sampled from SemClinBr, a
publicly available corpus of de-identified Brazil-
ian Portuguese clinical narratives covering a wide
range of medical conditions (Oliveira et al., 2022).
To ensure sufficient informational content, only
texts longer than 200 characters were selected. All
SemClinBr narratives were independently reviewed
by allergists; although allergic manifestations were
observed in some cases, none satisfied the diag-
nostic criteria for anaphylaxis and were therefore
labeled as negative.

Among the negative cases from the synthetic and
case reports sources, 35 of them were considered
as differential diagnosis cases. These are clinically
challenging cases that present symptoms similar
to anaphylaxis but correspond to alternative diag-
noses. Ten narratives were adapted from published
case reports, and twenty-five were derived from
synthetic medical records. None of these cases met
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the diagnostic criteria for anaphylaxis, and all were
labeled as negative after specialist review.

Overall, the corpus contains 48 positive cases
of anaphylaxis and 921 negative cases. Positive
cases originate exclusively from the synthetic and
literature-derived subsets. The proportion of posi-
tive cases was deliberately fixed at approximately
5% to reflect prevalence estimates reported for
emergency care settings (Cardona et al., 2020). All
synthetic, anonymized, and adapted narratives were
reviewed to ensure that they did not correspond to
identifiable patient records. Table 1 presents repre-
sentative excerpts from the corpus, sampled from
each data source (English translations provided for
convenience, dataset contains only Brazilian Por-
tuguese text).

3.2 Preprocessing and De-identification

All texts were normalized using a preprocessing
pipeline that removed formatting artifacts and cor-
rected obvious spelling errors. Domain-specific
terminology and common clinical abbreviations
were preserved to maintain linguistic authenticity.
No personally identifiable information (PII) was
included in the synthetic or adapted notes. The
SemClinBr texts were already de-identified in ac-
cordance with Brazilian data-protection regulations.
We did not observe names, dates, or institutional
identifiers in the final corpus. Given the intended
public release of the dataset, these measures were
deemed sufficient to mitigate privacy risks.

3.3 Annotation Guidelines

This subsection outlines the clinical criteria and
procedures used to annotate the corpus for the pres-
ence or absence of anaphylaxis. The annotation
guidelines were designed to operationalize estab-
lished diagnostic definitions in a manner compat-
ible with short, heterogeneous clinical narratives,
enabling consistent labeling across all data sources
while preserving clinical interpretability.

3.3.1 Clinical criteria for anaphylaxis

Annotation was guided by the NIAID/FAAN clini-
cal criteria for anaphylaxis. A narrative was labeled
as positive if at least one of the following condi-
tions was satisfied (Cardona et al., 2020; Dribin
et al., 2023):

* Skin or mucosal involvement with respira-
tory or cardiovascular compromise: Acute
onset of urticaria, angioedema, or mucosal



Source

Label

Narrative text (Brazilian Portuguese)

English translation

Synthetic

Case report

SemClinBr

Differential
diagnosis
(synthetic)

Positive

Positive

Negative

Negative

Paciente refere prurido intenso pelo corpo,
cogar, inchacos (pelotas) se formando no
corpo (...) ap0s sentir picadura/ferroada de
inseto na perna (...)

Mal-estar geral, tontura, sudorese apds in-
gesta de comprimido de omeprazol para dor
epigdstrica (...) observou-se edema da face e
disartria (...)

As 02:45h: encontra-se consciente (...) man-
tém acesso venoso periférico em MSE perme-
avel salinizado no momento, apresenta rash
cutaneo corporal + prurido (...)

Paciente (...) com quadro de edema de lingua
e labios (deformante) com duragdo de 72h
(...) PA 130/90mmHg, Sat O2 94%aa (...)

Patient reports intense itching over the body,
scratching, swellings (welts) forming on the
body (...) after feeling an insect bite/sting on
the leg (...)

General malaise, dizziness, sweating after in-
gestion of an omeprazole table for epigastric
pain (...) facial edema and dysarthria were
observed (...)

At 02:45h: is conscious (...) maintains pe-
ripheral venous access in LUE [Left Upper
Extremity], patent and saline-locked at the
moment, presents with generalized skin rash
+ pruritus (...)

Patient (...) with presentation of tongue and
lip edema (deforming) lasting 72h (...) BP
130/90mmHg, O2 Sat 94% on room air (...)

Pele sem lesoes (...)

Skin without lesions (...)

Table 1: Excerpts from the corpus, sampled from each data source.

swelling accompanied by respiratory compro-
mise (e.g., dyspnea, wheezing, stridor, hypox-
emia) or by reduced blood pressure or syn-
cope.

* Multi-system involvement after exposure
to a likely allergen: Rapid involvement of
at least two organ systems (mucocutaneous,
respiratory, cardiovascular, or gastrointestinal)
following exposure to a likely allergen, such
as urticaria with vomiting or bronchospasm
with hypotension.

¢ Hypotension after exposure to a known al-
lergen: Sudden hypotension or syncope oc-
curring after exposure to a known or highly
probable allergen (Dribin et al., 2023).

The 2020 update by the World Allergy Organi-
zation recognizes that severe gastrointestinal symp-
toms or isolated respiratory or cardiovascular man-
ifestations may also indicate anaphylaxis (Cardona
et al., 2020). Annotators used these updates as
supporting guidance but required that the core NI-
AID/FAAN criteria be met to assign a positive label.
Negative labels were assigned when none of these
criteria were satisfied or when the narrative clearly
supported an alternative diagnosis.

3.3.2 Annotation procedure

Three board-certified allergists participated in an-
notating the 969 narratives, assigning a binary label
indicating the presence or absence of anaphylaxis.
Because the SemClinBr subset originates from a
general clinical corpus with a low prior probability
of anaphylaxis, each of these notes was reviewed by
a single expert. Narratives from other sources were
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independently reviewed by at least two annotators.
Annotators were provided only with the narrative
text and did not have access to metadata regarding
data source or patient context. Following indepen-
dent annotation, cases of disagreement were dis-
cussed in consensus meetings. When disagreement
persisted, a senior allergist acted as adjudicator.

3.3.3 Annotation format

Each entry in the released dataset contains the fol-
lowing fields:

* note_id: unique identifier (sequential inte-
ger);

e text: clinical narrative in Brazilian Por-
tuguese;

* source: data source category (synthetic,
case_report, or semclinbr);

* label: binary indicator of anaphylaxis pres-
ence (1) or absence (0);

The corpus is distributed as a single CSV file and
may be converted to other structured formats, such
as JSON, for convenience. For entries sourced
from SemClinBr (source semclinbr), the text
field contains the corresponding note ID rather than
the full clinical narrative, as the original dataset re-
quires credentialed access.

4 Corpus Analysis

This section characterizes the corpus in terms of
basic composition and linguistic variability. We
report high-level statistics on document length and
lexical diversity, and describe how class labels and



writing styles differ across sources. The goal is
to provide sufficient quantitative context for repro-
ducibility while keeping the analysis focused on
properties that affect downstream NLP use.

4.1 Document Length and Vocabulary

The corpus contains 969 clinical narratives with
substantial variability in length, reflecting differ-
ences in writing conventions across sources. Sem-
ClinBr notes include both short chart-like entries
and longer narratives, whereas synthetic notes tend
to be more elaborated and explanatory. Using a
simple regex-based tokenizer, the corpus contains
approximately 129k tokens and 11.4k unique word
forms, indicating a non-trivial lexical variety for
a dataset of this size. Frequent terms and expres-
sions are consistent with the clinical domain and
include references to symptoms and interventions,
e.g., “urticdria” (hives), “edema” (edema), “disp-
neia” (dyspnea), “pressido arterial” (blood pressure),
“epinefrina” (epinephrine), as well as common ab-
breviations (e.g., “PA” for blood pressure).

Table 2 summarizes the number of documents
and class labels by source.

Source Notes Positive Negative
Synthetic 75 35 40
Case reports 24 13 11
SemClinBr 870 0 870
Total 969 48 921

Table 2: Corpus composition by source and class label.

The “Synthetic” category aggregates expert-
authored anaphylaxis cases and differential di-
agnosis cases derived from anonymized medical
records.

4.2 Class Balance and Category Distribution

The dataset is deliberately imbalanced, with 48 pos-
itive cases of anaphylaxis (approximately 5%) and
921 negative cases, reflecting the rarity of the con-
dition in routine clinical documentation (Cardona
et al., 2020). Positive examples originate from the
synthetic and literature-derived subsets, while Sem-
ClinBr contributes only negative examples. Im-
portantly, all SemClinBr notes were manually re-
viewed by allergists, and although allergy-related
content was observed in that subset, no cases meet-
ing anaphylaxis criteria were identified. This de-
sign supports evaluation in settings where the target
condition is rare and must be distinguished from
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both unrelated medical content and clinically simi-
lar presentations.

4.3 Linguistic Characteristics

The corpus exhibits systematic stylistic variation
across sources, reflecting the different conditions of
clinical documentation. De-identified notes from
SemClinBr present a telegraphic structure, with an
average sentence length of 9.8 words and a low lex-
ical density of 0.26. This aligns with the prevalent
use of institutional shorthand, abbreviations, and
fragment syntax common in real-world charting,
evidenced by an out-of-vocabulary (OOV) rate of
11.5%.

In contrast, adapted case reports and synthetic
narratives present more complete, formal syntactic
structures. Literature-derived reports average 23
words per sentence, while synthetic notes average
18.2. Both of these authored sources exhibit higher
lexical density (approximately 0.46) and substan-
tially lower OOV rates (1.7% and 2.5%, respec-
tively). While the authored narratives explicitly
describe termporal progression, triggers, and treat-
ment responses, the SemClinBr notes compress
this information into standard charting formats.

Explicit negation markers appear consistently
across all subsets, ranging from 1.37 to 1.44 in-
stances per 100 words. Positive cases are charac-
terized by terms denoting temporal progressions
and manifestations of the WAO criteria. Negative
cases are weighted toward negation markers and
vocabulary associated with alternative diagnoses.
Standard clinical vocabulary such as "paciente"
(patient) and "uso" (use) ranks highest across both
classes. This heterogeneity makes the corpus suit-
able for studying domain adaptation and robustness
to variation in clinical writing style.

5 Potential Applications

The annotated corpus enables a range of research
applications in clinical natural language process-
ing, particularly in scenarios involving rare-event
detection and heterogeneous clinical narratives.

Document classification. The primary intended
use of the corpus is the development and evaluation
of models for automatic detection of anaphylaxis
in free-text clinical notes.

The pronounced class imbalance reflects real-
world conditions and makes the corpus suitable
for studying methods for rare-event detection, cost-
sensitive learning, and robustness under skewed



label distributions. Because the dataset mimics the
low prevalence of rare clinical presentations, it is
particularly well-suited for developing outlier de-
tection algorithms, and evaluating the capabilities
of pretrained models without the need for large-
scale supervised training.

Information extraction. Beyond document-
level classification, the corpus can be used to in-
vestigate the linguistic cues associated with ana-
phylaxis, including references to cutaneous mani-
festations, respiratory compromise, cardiovascular
instability, and gastrointestinal symptoms. This
supports the development of rule-based systems,
feature-driven models, or explainable approaches
that aim to align model decisions with established
clinical criteria.

Language modeling and domain adaptation.
The combination of synthetic narratives, adapted
case reports, and de-identified real clinical notes
provides a controlled setting for studying domain
adaptation. Researchers may explore how language
models trained on synthetic or literature-derived
text generalize to authentic clinical documentation,
and how mixed-source training affects performance
in low-resource clinical domains.

Evaluation of large language models. Exist-
ing literature (Machado et al., 2024; Ensina et al.,
2025) supports the application of this corpus as
a benchmark for the evaluation of large language
models, including GPT-3.5 and GPT-4. Possible
extensions could systematically compare prompt-
ing strategies, zero-shot and few-shot settings, and
domain-adapted models, in addition to analyzing
error patterns in clinically challenging or ambigu-
ous cases.

6 Conclusion

This paper introduced a dataset of 969 Brazilian
Portuguese clinical narratives annotated for the
presence or absence of anaphylaxis. The corpus
integrates synthetic clinical notes, adapted case re-
ports from the literature, and de-identified records
from SemClinBr, with annotations grounded in es-
tablished NIAID/FAAN and WAO diagnostic crite-
ria. By combining heterogeneous text sources and
explicitly documenting the annotation process, the
dataset addresses a critical gap in publicly available
clinical resources for Portuguese and supports re-
search on rare-event detection in free-text medical
narratives.

The detailed description of data provenance, la-
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beling guidelines, corpus composition, and limita-
tions aligns with current best practices for dataset
transparency and responsible reuse. Rather than
proposing new modeling approaches, this work
aims to provide a well-characterized and reusable
resource for the community. We expect the cor-
pus to support reproducible studies in clinical NLP,
including document classification, information ex-
traction, and evaluation of language models, and
to serve as a foundation for future extensions with
richer annotations or additional clinical phenom-
ena.

7 Limitations

Despite its contributions, the proposed corpus has
limitations that should be considered when inter-
preting results obtained with it.

First, the dataset size is relatively modest, com-
prising 969 narratives. This limited number of in-
stances presents a challenge for training traditional
supervised machine learning models from scratch,
as these models typically require larger corpora to
achieve robustness without extensive data augmen-
tation. However, this constraint reflects the funda-
mental challenge of sample size in rare disease and
rare clinical event research (Schaefer et al., 2020).
The dataset holds utility for alternative paradigms,
such as outlier detection methods and pretrained
models.

Second, positive cases account for approxi-
mately 5% of the dataset. This proportion re-
flects real-world prevalence estimates (Cardona
et al., 2020) but results in a strongly imbalanced
classification problem, which may adversely af-
fect some learning algorithms if not explicitly ad-
dressed through appropriate evaluation protocols
or training strategies.

Third, although synthetic notes were authored
by experienced clinicians, they may not capture the
full variability of language observed in real clinical
documentation. Synthetic narratives may empha-
size prototypical presentations of anaphylaxis and
underrepresent atypical, incomplete, or ambigu-
ously documented cases. Similarly, adapted case
reports originate from published literature and may
differ stylistically from routine electronic health
records, which often contain fragmented or tele-
graphic language.

Finally, the corpus provides only a binary label
indicating the presence or absence of anaphylaxis.
It does not encode information about severity, trig-



gering agents, temporal progression, or treatment
outcomes. Researchers interested in more fine-
grained clinical modeling will need to extend the
dataset with additional annotations.

8 Ethical Considerations

This section addresses ethical aspects related to
the construction, annotation, and release of the
corpus. Given the sensitive nature of clinical nar-
ratives, particular attention was paid to data pri-
vacy, anonymization, and responsible reuse. We
also discuss potential biases introduced during data
creation and annotation, as well as the intended
research-only scope of the dataset.

8.1 Data Privacy and Anonymization

Clinical text frequently contains personally identi-
fiable information, making data sharing ethically
and legally challenging. To mitigate these risks, the
corpus was constructed using a combination of syn-
thetic data, adapted case reports, and de-identified
clinical notes. Synthetic narratives are entirely fic-
tional and do not correspond to real individuals.
Adapted case reports were rewritten from published
sources and stripped of identifying details. The
SemClinBr subset is fully anonymised and com-
plies with the Brazilian General Data Protection
Law.

The use of synthetic data aligns with current rec-
ommendations advocating privacy-preserving alter-
natives for clinical NLP research (Mendes et al.,
2025). Nevertheless, users of the corpus are encour-
aged to perform their own due diligence and ensure
compliance with local regulations and institutional
review requirements when integrating the dataset
into downstream applications.

8.2 Annotation Guidelines and Clinical
Responsibility

Annotations were performed using well-established
diagnostic criteria (Cardona et al., 2020; Dribin
et al., 2023), originally designed for clinical prac-
tice rather than text annotation. As a result, some
degree of interpretative ambiguity is unavoidable,
particularly when narratives provide incomplete
symptom descriptions. Annotators relied on clini-
cal judgment to resolve such cases, and disagree-
ments were addressed through collective discus-
sion.

The dataset is intended exclusively for research
purposes. Models trained on this corpus should not
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be used for clinical decision-making without rigor-
ous validation, regulatory approval, and integration
into appropriate clinical workflows.

8.3 Bias and Representativeness

The corpus may reflect biases related to linguistic
style, case selection, and data provenance. Syn-
thetic notes were authored by a limited group of
clinicians and may encode their preferred terminol-
ogy or narrative structure. Adapted case reports
originate from a subset of medical journals and
may not represent the full diversity of healthcare
settings or patient populations. The SemClinBr
notes were collected from specific Brazilian insti-
tutions and may not generalize to other regions,
languages, or health systems.

Researchers should therefore exercise caution
when extrapolating findings beyond the scope of
the dataset and consider complementing it with ad-
ditional resources when addressing broader clinical
or linguistic questions.
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