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Abstract

Culture is a rich and dynamic domain that
evolves across both geography and time. How-
ever, existing studies on cultural understanding
with vision-language models (VLMs) primarily
emphasize geographic diversity, often overlook-
ing the critical temporal dimensions. To bridge
this gap, we introduce Hanfu-Bench, a novel,
expert-curated multimodal dataset. Hanfu, a
traditional garment spanning ancient Chinese
dynasties, serves as a representative cultural
heritage that reflects the profound temporal
aspects of Chinese culture while remaining
highly popular in Chinese contemporary so-
ciety. Hanfu-Bench comprises two core tasks:
cultural visual understanding and cultural im-
age transcreation. The former task examines
temporal-cultural feature recognition based on
single- or multi-image inputs through multiple-
choice visual question answering, while the
latter focuses on transforming traditional at-
tire into modern designs through cultural ele-
ment inheritance and modern context adapta-
tion. Our evaluation shows that closed VLMs
perform comparably to non-experts on visual
cutural understanding but fall short by 10% to
human experts, while open VLMs lags further
behind non-experts. For the transcreation task,
multi-faceted human evaluation indicates that
the best-performing model achieves a success
rate of only 42%. Our benchmark provides
an essential testbed, revealing significant chal-
lenges in this new direction of temporal cultural
understanding and creative adaptation. 1

1 Introduction

Traditional Chinese Hanfu exhibits distinct char-
acteristics in collar styles, sleeve designs, garment

*Corresponding author
†
Equal contribution.

1Following Jacovi et al. (2023), the Hanfu-Bench dataset
is publicly available at lizhou21/Hanfu-Bench under the
CC BY-NC-SA 4.0 License. The code details are freely avail-
able for reuse at hlt-cuhksz/TemporalCulture.
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Figure 1: Top: Hanfu styles from five distinct periods
of Chinese history, illustrating variations in structure
and design and tracing the evolution of traditional Chi-
nese attire over time. Bottom: The transformation of
traditional Hanfu into modern clothing through cultural
adaptation.

structures, and layering combinations across differ-
ent historical periods (Yu, 2024; Liu et al., 2022;
Cai and Liu, 2024; Kang et al., 2024), as illustrated
in Figure 1.2 For example, Hanfu of the Qin-Han

period predominantly adhered to the Shenyi (
shēn

深
yı̄

衣) one-piece robe system, distinguished by its

Raojin (
rào

绕
jı̄n

襟) construction—a wrapped-collar de-
sign with diagonally overlapping garment panels
forming a cross-collar closure (Kang et al., 2024).

Tang dynasty fashion featured the Pibo (
pı̄

披
bó

帛)—a
long, lightweight silk scarf draped asymmetrically
over robes—serves as a quintessential outer ac-
cessory (Liu et al., 2024b), while Ming dynasty
clothing prominently showcased the Mamian Qun

(
mǎ

马
miàn

面
qún

裙) as the characteristic skirt style (Bao and
Guo, 2025; Lin and Niu, 2023). These temporal

2The top part was hand-drawn by one of our authors, who
is familiar with Hanfu.
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variations of Hanfu highlight the intrinsic complex-
ity of cultural knowledge, requiring an understand-
ing spanning both historical and aesthetic dimen-
sions. This poses significant challenges for visual-
language models (VLMs) (Chang et al., 2024; Li
et al., 2025a,b) in capturing culture-specific fea-
tures across different historical periods.

However, existing research on cultural visual un-
derstanding primarily emphasizes geographic diver-
sity (Yin et al., 2021; Ma et al., 2023; Gaviria Ro-
jas et al., 2022; Nayak et al., 2024; Schneider and
Sitaram, 2024; Romero et al., 2025), using broad
regional (Yin et al., 2021), national (Nayak et al.,
2024; Romero et al., 2025), or sub-national (Koto
et al., 2024; Li et al., 2024) levels as cultural prox-
ies, where temporal dynamics and historical evolu-
tion are underexplored (Durham, 2020).

To bridge this gap, we introduce Hanfu-Bench,
a manually curated multimodal dataset of tradi-
tional Chinese Hanfu spanning multiple dynasties,
offering a cross-temporal perspective to evaluate
models’ ability to understand and apply temporal-
cultural features. This dataset is specifically de-
signed with two challenging tasks: cultural vi-
sual understanding and cultural image transcre-
ation. The first task assesses VLMs’ ability to com-
prehend the temporal-cultural features of Hanfu
through multiple-choice visual question answering
(VQA). The second task evaluates their capacity
to generate novel clothing designs by integrating
ancient aesthetics into modern contexts via image
translation. The overall dataset construction and
evaluation framework of Hanfu-Bench is shown in
Figure 2.

Cultural visual understanding involves ques-
tion answering based on single- or multi-image
inputs. Benchmarking with five advanced VLMs
reveals that closed VLMs match non-expert human
performance but fall short of experts, while open
VLMs underperform even non-experts. Notably,
while better at single-image tasks, VLMs struggle
the most with multi-image VQA where humans
excel.

Cultural image transcreation in our work is a
cross-temporal cultural adaptation task that exam-
ines whether the generative VLMs are capable of
transforming traditional Hanfu images into mod-
ern designs while preserving their cultural essence.
We evaluate on this task using a cascaded frame-
work and measure the transcreation successful rate
through human evaluations across six proposed di-
mensions. The best-performing model achieves a

success rate of only 42%.
Hanfu-Bench underscores the limitations of cur-

rent VLMs in capturing cultural nuances and tem-
poral dynamics. By offering a comprehensive
testbed, it provides valuable insights for future ad-
vancements. Models equipped with these capabil-
ities can contribute to cultural heritage preserva-
tion (Jin and Liu, 2022; Zou, 2023; Zhang, 2024;
Bu et al., 2025), historical education (Park et al.,
2025; Zhu et al., 2025), and innovative creative
applications such as transcreation, which bridges
the past and present through innovation.

2 Related work

As (visual)-language models become globally ac-
cessible, concerns about their biases in cultural val-
ues and knowledge have grown (Cao et al., 2023;
Pawar et al., 2024; Xu et al., 2025b; Zhou et al.,
2025; Bui et al., 2025). In the multimodal domain,
research focuses on exploring the capabilities of
models, from understanding cultural diversity to
applying this knowledge through cultural adapta-
tion.

2.1 Cultural Visual Understanding

To evaluate how VLMs interpret culturally diverse
content, various datasets and benchmarks focus
on tasks like visual question answering (Nayak
et al., 2024; Romero et al., 2025; Xu et al., 2025a),
image captioning (Kadaoui et al., 2025), and rea-
soning (Liu et al., 2021), revealing significant per-
formance gaps across cultural and linguistic set-
tings (Khanuja et al., 2024b,a; Mukherjee et al.,
2025). Geographic diversity datasets, such as
GDVCR (Yin et al., 2021), CulturalVQA (Nayak
et al., 2024), CVQA (Romero et al., 2025), Culture-
Verse (Liu et al., 2025), and Worldcuisines (Winata
et al., 2025), show that VLMs struggle with culture-
specific tasks and geo-diverse reasoning, especially
in non-Western regions. Additionally, VLMs fail
to capture fine-grained cultural nuances across re-
gions, such as Arabic-speaking countries (Kadaoui
et al., 2025), Southeast Asia (Urailertprasert et al.,
2024), or Chinese regions (Li et al., 2024). Our
study is the first to investigate cross-temporal cul-
tural knowledge understanding, focusing on how
VLMs interpret cultural evolution over time.

2.2 Cultural Adaptation

Cultural adaptation, a culture-related downstream
task, is often viewed as a macro-level translation
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Task 1. Cultural Visual Understanding

以下图片中属于唐朝以后时期的服饰有？Which of 

the following images shows clothing styles from after the Tang Dynasty?

Multi-image VQA

A B C D

图片中的服饰属于以下哪个时期的风格？Which 

historical period does the style of the clothing in this image 

belong to, among the following options?

A. 宋朝 (Song Dynasty)

B. 唐朝 (Tang Dynasty) 

C. 明朝 (Ming Dynasty)

D. 魏晋时期 (Wei and Jin Dynasties)

Single-image VQA

B

A

C

D

Manual Data Construction

Step 1. Hanfu image collection

Each Hanfu outfit may include multiple images from various angles.

Step 2. Coarse-grained filtering

Duplicate Hanfu Outfits

Text Information on Images

Multiple Outfits or Multiple Individuals or

Cross-Temporal Hanfu-Bench

Task 2. Cultural Image Transcreation

Type: 传统汉服形制
Traditional Hanfu style

Gender: 女 Female

Period:  秦汉时期 Qin and Han

Jin: 绕襟 Rao jin

Collar:交领 Cross collar

Consistent Annotation Features

Target: Cultural Element Inheritance + Modern Context Adaptation

Step 3. Fine-grained filtering &  Annotation
Each Hanfu outfit is assigned three annotators.

Clear image Distinguishable  features Redundant angles

1. Evaluating High-Quality Hanfu Images

2. Annotating Hanfu Features

5 Local features
Meta-info

3 Global features

3. Determining final images and  meta-info features

Three Annotators

image

retain

delete feature

Three Annotators

unsure

remove

background

details

Figure 2: Data construction pipeline for Hanfu-Bench and task illustration. Left: our data construction pipeline
includes image collection, filtering, and human annotation. Right: Hanfu-Bench includes tasks of both 1) cultural
visual understanding and 2) cultural image transcreation.

process that adjusts concepts to fit the values and
contexts of different cultures (Liu et al., 2024a).
Recent studies address adaptation across multiple
modalities, including text-to-text, text-to-image,
and image-to-image translation. In text-based adap-
tation, tasks include recipe translation between
Chinese and English-speaking cuisines (Cao et al.,
2024) and synthesizing datasets for low-resource
cultures (Putri et al., 2024). For text-to-image tasks,
CultDiff (Bayramli et al., 2025) evaluates diffusion
models’ ability to generate culturally specific im-
ages across ten countries, while MosAIG (Bhalerao
et al., 2025) focuses on generating multicultural
images that represent diverse cultures. In image-to-
image translation, Shin et al. (2024) use diffusion
models to adapt dish compositions to different culi-
nary styles, and (Khanuja et al., 2024b) propose
image transcreation to enhance cultural relevance.
Our work extends image-to-image translation to
cross-temporal cultural image transcreation, trans-
forming traditional cultural elements into modern
contexts.

3 Data Collection and Annotation

Hanfu, with its rich history, reflects diverse styles
and details that evolved across eras. Our dataset col-
lection includes three phases: (1) collecting Hanfu
images of diverse styles from various periods; (2)
image filtering to ensure quality and diversity; (3)

expert annotation of temporal-cultural features with
multiple granularity.

3.1 Image collection

We collect Hanfu images from both online and
offline sources. For the online collection, it in-
cludes two categories: screenshots from Chinese
television series and product images sourced from
online Hanfu retailers.3 Specifically, we use a web
scraping framework to collect the product images,
employing Selenium4 for browser automation to
simulate user interactions on Taobao. Other Hanfu
image screenshots are collected manually. The of-
fline collection includes unique Hanfu images, cap-
tured in real-life settings, contributed by members
of a Hanfu Club at a university. To cover a wide
range of diverse Hanfu styles spanning multiple dy-
nasties, our selection includes 7 popular Hanfu re-
tailers (chosen based on social media recommenda-
tions or high sales), alongside 7 critically acclaimed
television series set in various Chinese dynasties.
Specific sources are detailed in Appendix A.1. We
initially collected 902 Hanfu outfits, some with
multiple images captured from various angles.

3We gathered the product images from online retailers at
Taobao: https://www.taobao.com/.

4https://www.selenium.dev/
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3.2 Image Filtering
To curate a dataset of Hanfu images suitable for
effectively evaluating VLMs, we implement a two-
stage filtering process: coarse-grained and fine-
grained filtering. Coarse-grained filtering includes
1) deduplication on Hanfu outfits; 2) removing text
elements to prevent text inference; 3) removing or
cropping background subjects when multiple in-
dividuals are present in the image. Fine-grained
filtering takes place during Hanfu feature annota-
tion. Annotators are instructed to first evaluate
images against three specific criteria before pro-
ceeding with detailed feature annotation: sufficient
clarity, distinct and prominent features, and unique
perspectives relative to other images of the same
outfit. At this step, each hanfu outfit is reviewed
by three different annotators, and only the images
approved by all three annotators are included in the
final dataset. To prevent non-Hanfu background in-
formation from interfering with model evaluations,
all other irrelevant elements are removed manually.

3.3 Expert Annotation
Based on existing literature and through consul-
tations with Hanfu experts, we identify eight key
visual features for human annotation. These in-
clude three global features of the overall outfit, and
five local features specifying clothing details.

The global features are: Type (categorized as
Traditional Hanfu, Improved Han clothing, or Han-
element clothing),5 Period (identifying the dynasty
for Traditional Hanfu), and Gender (indicating the
intended or suitable gender). The local features fo-
cus on specific components of the outfit, including

Sleeve, Collar, Jin (
jı̄n

襟, similar to lapels), Bottoms,
and Outerwear. For each local feature, annota-
tors are asked to choose from predefined options.
They are encouraged to provide text descriptions
for unique features not covered by these options
and may also select “none” or “unsure” where ap-
propriate. We recruit nine annotators with expertise
in Hanfu, comprising four authors of this study and
five members of a Hanfu club. To ensure thorough
and consistent assessments, each outfit is evalu-
ated by three annotators. Detailed guidelines (Ap-
pendix A.2) are provided to enhance annotation
reliability, including comprehensive explanations
of each feature. The meta-information for a Hanfu

5Although sourced from high-quality Hanfu retailers, some
designs include modern adaptations, aligning with the objec-
tives of Task 2 in our work. Only outfits within these three
categories are retained.

outfit consists of feature values where all three an-
notators reached uniform agreement. We mark the
feature value as “unsure" when agreement could
not be reached.

In total, 496 sets of Hanfu are retained, compris-
ing 1,192 images, with an average of 4.74 identified
features per Hanfu. The annotation platform and
detailed distribution of annotated features, are pro-
vided in the Appendix A.3 and A.4.

4 Task 1: Cultural Visual Understanding

4.1 VQA Tasks and Formualtion

We introduce two types of multiple-choice visual
question-answering tasks for temporal-cultural un-
derstanding: single-image visual question answer-
ing (SVQA) and multiple-image visual question
answering (MVQA). SVQA centers on features
within a single Hanfu image, aiming to evaluate
the model’s ability to recognize and interpret cul-
tural elements from visual cues. In comparison,
the MVQA task presents multiple Hanfu images
simultaneously, requiring the model to identify and
differentiate distinctive features across images.

Visual Question Formulation We developed a
rule-based pipeline to automatically generate ques-
tions for both SVQA and MVQA tasks. For all
questions, answer candidates are selected to ensure
(1) exactly one correct answer exists and (2) no du-
plicate options appear. For SVQA, we create ques-
tion templates across eight feature categories from
our annotations, with answer candidates drawn
from the annotated features. For MVQA, we de-
signed templates to generate questions about fea-
tures across image groups. For example, as shown
in Figure 2, when asking "Which image belongs
to a period after Tang Dynasty?", we filter images
based on their “period" annotations to meet our
answer selection criteria. The complete set of base
questions and the corresponding attribute values
are provided in Appendix A.5.

4.2 Experimental Setup

We evaluate the SVQA and MVQA tasks using five
state-of-the-art vision-language models capable of
handling multi-image inputs. These include three
open-source models—MiniCPM-V 2.6 (Yao et al.,
2024), Qwen2.5-VL-7B-Instruct (Team, 2025), and
InternVL2.5 (Chen et al., 2024)—and two closed-
source models, GPT-4o (OpenAI et al., 2024) and
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Type Gender Period Sleeve Jin Collar Bottoms Outerwear Overall

SVQA

Count 217 485 138 121 291 183 169 117 1721

MiniCPM-V-2.6 70.51 90.31 44.93 51.24 65.98 49.73 68.05 49.57 68.04
Qwen2.5-VL-7B-Instruct 74.65 88.25 42.75 63.64 40.89 53.55 41.42 36.75 61.36
InternVL2.5 78.34 94.23 44.93 66.12 78.01 55.74 43.79 49.57 71.47
GPT-4o 74.65 96.49 73.19 70.25 61.17 59.02 88.76 72.65 77.69
Doubao-1.5-V 79.72 94.02 76.81 67.77 82.47 71.04 92.90 61.54 82.28

MVQA

Count 288 642 374 159 385 240 224 153 2465

MiniCPM-V-2.6 21.53 59.03 22.99 25.79 18.70 26.67 34.38 33.99 33.79
Qwen2.5-VL-7B-Instruct 38.19 89.25 46.26 34.59 32.21 52.08 54.02 52.29 55.21
InternVL2.5 32.64 73.05 34.49 19.50 29.35 33.33 38.39 37.91 43.00
GPT-4o 54.86 94.08 63.10 59.75 47.53 67.50 75.89 69.28 69.53
Doubao-1.5-V 46.72 94.95 83.71 100.00 62.40 70.46 74.88 71.72 75.95

Table 1: Comparison of SVQA and MVQA performance: multi-image VQA and understanding of temporal-cultural
features (excluding Gender) pose greater challenges, especially for the open-weights VLMs.

Figure 3: Accuracy of SVQA and MVQA tasks across
four different prompts: SVQA is more sensitive to
prompt variations.

Doubao1.5-vision.6 Based on the base questions
from our VQA framework, we design five task-
specific Chinese instructions that define task roles,
describe the tasks, and outline output requirements.
All prompt settings are provided in Appendix B.

4.3 Results and Analysis
Multi-Image VQA is More Difficult for VLMs.
Table 1 presents the accuracy of the best-
performing prompt across various VLMs for
SVQA and MVQA tasks. Overall, both closed-
source and open-source models perform signifi-
cantly worse on MVQA than SVQA, highlighting
challenges in integrating information across mul-
tiple images and understanding the temporal and
cultural characteristics of Hanfu. Among all mod-
els, the closed-source Doubao-1.5-V achieves the
best overall performance. For open-source mod-

6https://www.volcengine.com/

SVQA MVQA

Non-Expert Human 57.92 64.58
Expert Human 77.50 83.54

MiniCPM-V-2.6 52.50 27.50
Qwen2.5-VL-7B-Instruct 48.33 48.12
InternVL2.5 50.62 36.46
GPT-4o 66.25 66.67
Doubao-1.5-V 70.00 74.48

Table 2: Human vs. VLM performance on SVQA and
MVQA with balanced question subsets: humans per-
form better on MVQA.

els, InternVL2.5 performs best on SVQA, while
Qwen2.5-VL-7B-Instruct leads on MVQA. VLMs
perform better on non-cultural attributes, such as
Gender, but struggle with recognizing culturally
significant features that vary over time and space.
Figure 3 illustrates the sensitivity of the models to
different prompts across the two tasks, showing that
MVQA is less affected by prompt variations than
SVQA, likely due to its stronger reliance on visual
content over textual instructions. However, specific
role definitions, such as in Prompt 3 (“You are an
expert with deep knowledge of traditional clothing
culture and its modern adaptations”), can introduce
bias, lowering accuracy for attributes like Type and
causing overall performance drops, as reflected in
the SVQA outlier in Figure 3.

Humans Perform Better on Multi-Image VQA.
To compare the performance of VLMs with hu-
mans, we select 20 questions per feature type,
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Figure 4: Performance changes of VLMs with differ-
ent prompt types and image contexts compared to the
base Chinese prompt. P-COT: step-by-step reasoning
instructions; P-Rationale: requiring answer rationales;
P-En: English prompts; I-context: images with back-
ground retained.

ensuring a balanced distribution of true labels.
This results in two subsets of 160 questions each
for the SVQA and MVQA tasks. Six evalu-
ators—three familiar with Hanfu and three un-
familiar—participate in the evaluation, with re-
sults presented in Table 2. Notably, humans per-
form better on MVQA tasks than on SVQA tasks,
regardless of whether they are experts or non-
experts—contrasting sharply with VLMs’ perfor-
mance. Interviews with the evaluators reveal that
when presented with multiple images, they rea-
son by identifying feature differences across im-
ages. This reasoning proves particularly effective
when the four images are not entirely dissimilar,
enabling meaningful comparisons. Additionally,
evaluators acquire knowledge about Hanfu styles
through the answering process and use previously
answered questions to infer responses to new ones.
These findings expose current VLMs’ limitations
in integrating cross-image information and con-
textual learning, underscoring a substantial gap
between human reasoning and model capabilities
in MVQA. Moreover, while open-source VLMs
outperform non-expert humans, they do not sur-
pass experts; closed-source VLMs perform worse
than non-experts, further illustrating the challenges
VLMs face in achieving human-level understand-
ing and reasoning in this domain.

Image Background is Helpful for Reasoning.
To investigate the impact of prompt phrasing, lan-
guage use, and image backgrounds, we design

three prompt variations and one image variation:
P-COT adds step-by-step reasoning instructions,
P-Rationale requires a rationale for answers, P-En
uses English prompts, and I-context retains back-
ground information in input images. The accuracy
differences compared to the base Chinese Prompt
1 are shown in Figure 4. We find that when images
include additional non-clothing background infor-
mation, all models show consistent performance
improvements across tasks, particularly for global
feature types and gender. However, for other fea-
ture predictions, the inclusion of background infor-
mation introduces noise in some models, which dis-
rupts accurate judgment. Besides, when the prompt
instructions are in English, all models show a de-
crease in consistency on SVQA. This suggests that
models have a better understanding of traditional
Chinese clothing descriptions in Chinese, likely
due to challenges in aligning culturally specific
terms between Chinese and English. In contrast,
on MVQA, both MiniCPM-V 2.6 and Doubao-1.5-
V show slight improvements with English prompts.
This may be because in MVQA, only the question
description includes specific cultural terms, min-
imizing the impact of language differences. Ad-
ditionally, while incorporating reasoning require-
ments in the prompt or asking VLMs to provide
rationales for their answers is intended to enhance
performance, its effect on VLMs remains unclear
and does not result in significant improvements.

5 Task 2: Cultural Image Transcreation

5.1 Task Definition and Evaluation Metric

We propose a cross-temporal cultural adaptation
task aimed at transforming traditional Hanfu im-
ages into modern, wearable designs while pre-
serving their cultural essence. Different from
the image transcreation concept in Khanuja et al.
(2024b), which focuses on cross-regional(spatial)
cultural adaptation for improved cultural relevance,
our task emphasizes cross-temporal image trans-
lation to achieve modern adaptation. As shown in
Figure 1, the modern adaptive design of Hanfu
closely aligns with the improved Han clothing
and Han-element styles featured in the Hanfu-
Bench collection, demonstrating the practical ap-
plication of this adaptation process. We employ a
questionnaire-based design for human evaluation.
In addition to retaining the three commonly used
evaluation dimensions for image generation edit-
ing—visual-change, semantic-equivalence, and
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Input image Caption 

这件传统中国汉服属于魏晋风（汉
服）齐胸襦裙，是一种具有典雅气
质和流动美感的古代服饰样式。以
下为其详细描述：形制特点：1. 齐
胸襦裙：该汉服为齐胸襦裙形制，
襦裙的特点是将裙子高束至胸部，
形成独特的上短下长比例。……

This traditional Chinese Hanfu belongs 

to the Wei-Jin style and is a Qi-chong 

Ruqun (high-waisted skirt) variant. It 

is an ancient garment characterized by 

an elegant temperament and a sense of 

flowing beauty. The following 

provides a detailed description: Design 

features: 1. Qi-xiong Ruqun: This 

Hanfu is of the Qi-xiong Ruqun style. 

The Ruqun features a turned-down 

collar and right lapel, with the upper 

part being a Ru jacket and the lower 

part a long Qun skirt. The skirt is worn 

high up to the chest, creating a unique 

short-uppers and long-lowers 

proportion. …

Caption-Edit 

Modern Hanfu-Inspired Hoodie A 

relaxed-fit hoodie in soft fabric, 

blending traditional and modern 

aesthetics. Color Scheme: Gradient 

blue-purple on the torso transitions 

into white sleeves, echoing Hanfu’s 

dreamy palette. Sleeves: Wide, 

flowing cuffs mimic elegant long 

Hanfu sleeves, reimagined for 

comfort. Waist Detail: High-waist 

seam inspired by the Qi-chest 

design adds structure. Perfect for 

casual wear, honoring heritage with 

subtle sophistication.

Type: 传统汉服形制 

          (Traditional Hanfu style)

Gender: 女 (Female)

Period: 唐朝 (Tang Dynasty)

Sleeve: 直袖(Straight sleeves)

Jin: 对襟(Dui Jin)

Bottoms: 褶裙(Zhe qun)

Image Generation 
models

Image- Edit Output image

*In caption, the red words are the correct 

descriptions about the input image , the 

blue words in caption are wrong 

descriptions about the input image . 

*In caption-edit, the green words are the 

modern adaptions VLM made, the red are 

the kept Hanfu cultural elements, the blue

are the kept Hanfu cultural elements with 

wrong description

Figure 5: Cultural image transcreation pipeline and case study. VLMs face challenges in extracting and utilizing
cultural elements. Modifications to extracted cultural elements can lead to loss or misjudgment of their original
characteristics. In this case, wrongly altering the feature of straight sleeves (which is concise and straight) to wide
and flowing cuffs causes the sleeve features in the generated image to deviate from the original hanfu image.

ID Question Property

C0 Is there any visual change in the generated image compared to the original image? Visual-change
C1 Is the content of this image clothing? Semantic-equivalence
C2 Does the clothing in this image reflect naturally occurring in the life? Naturalness
C3 Is the clothing in this image suitable for modern daily wear? Modern- adaptability
C4 Does the generated image retain the Hanfu cultural elements from the original image? Cultural-Inheritance
C5 Does the clothing in this image match your aesthetic preferences? Attractiveness

Table 3: Questions asked for evaluating cultural image transcreation task.

naturalness—we introduce three additional dimen-
sions specifically tailored to the unique character-
istics of our task: modern-adaptability, cultural-
inheritance, and attractiveness. Human evalua-
tors are instructed to compare the original image
with the generated image considering each of the
six evaluation dimensions and rate on a 5-point
scale, as detailed in Table 3. A comprehensive ex-
planation of these quantitative metrics is provided
in Appendix C.2.

5.2 Experimental Setup

We implement a cascaded framework for this task,
shown in Figure 5. We experiment with 50 rep-
resentative traditional Hanfu images from Hanfu-
Bench as inputs, which are carefully selected for
their strong visual features. The framework first
generates descriptive image captions for a given im-
age. The caption is then refined through an editing
stage to ensure the descriptions adapt to modern
requirements. Finally, the edited caption guides
image editing, resulting in a generated image of
creative modern design that fuses Hanfu cultural
elements.

For image captioning and caption editing, we
utilize GPT-4o, known for its strong capabilities in
cultural and visual understanding, as well as its pro-
ficiency in English.7 For image generation, we em-
ploy three models: Instruct-Pix2Pix (Brooks et al.,
2023), Stable-Diffusion v2-1-base (SD) (Rombach
et al., 2022), and SD-XL 1.0-base (SDXL) (Podell
et al., 2023). We recruited five experts from a
Hanfu club as human evaluators to assess the qual-
ity of the 150 generated images from the three
models. Evaluators were presented with two im-
ages side by side: the original image on the left and
the corresponding generated image on the right.
To ensure fair evaluation, the images are randomly
presented without information about the generation
model disclosed.

5.3 Results and Analysis
Model Comparison of Quantitative Metrics
Figure 6 presents the average scores of six evalua-
tion metrics for the three image generation models
in generating modern adaptive Hanfu designs. All

7During the caption editing stage, Chinese captions are
translated into English to enhance compatibility with existing
image generation models.
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Figure 6: Comparison of the average scores across six quantitative metrics for the images of modern adaptive hanfu
designs generated by three different models

models score low in modern adaptability, with
only the generated images from the SD model ex-
ceed 3, indicating moderately suitable for modern
daily wear. This suggests big challenges in modern-
izing Hanfu design: the VLMs may not correctly
understand Hanfu features, making modernization
difficult; or image generation models may strug-
gle to apply cultural elements in modern contexts.
For cultural inheritance, SDXL scores relatively
high (4.2) due to insufficient visual changes. The
other two models achieve mid-range scores (around
3.0). This suggests that this framework has limited
capability in identifying and preserving Hanfu cul-
tural elements. In visual change, SD and Instruct-
Pix2Pix both exceed 3, while SDXL scores lower.
SDXL tops in semantic equivalence (4.4) and natu-
ralness (3.9), and attractiveness (3.3). This could be
relevant to SDXL’s focus on high-precision images,
leading to high similarity in overall contours but
some minor detail changes. For semantic equiv-
alence, all three models score around 4, showing
no significant semantic ambiguity, with Instruct-
Pix2Pix slightly lower than the other two models.
And all models show average performance in nat-
uralness, with SD and SDXL scoring around 4,
while Instruct-Pix2Pix lags slightly behind at ap-
proximately 3. Its emphasis on local modifications
based on text instructions may hinder its ability in
generating realistic images compared to the other
two models. This might also explain its scores be-
low 3 in other dimensions. In Figure 11 we present
more qualitative results.

Tradition-to-modern transformation is challeng-
ing As our task is due to transforming traditional
Hanfu images into modern, we prioritize three key
evaluation metrics: semantic consistency of the
generated images, which ensures the outputs serve
as valid fashion reference; the modern adaptability
of the design, indicating that the images should
represent a contemporary garment; and cultural
preservation, as our goal is to produce clothing with

Hanfu cultural elements and characteristics. Con-
sequently, images are regarded as compliant if they
score at least 3 in each of the three dimensions: se-
mantic equivalence (C1), modern adaptability (C3),
and cultural inheritance (C4). Among the three
models, SD achieves the highest success rate at
42.0%, while Instruct-Pix2Pix performs the worst
with only 8.0%. Nevertheless, none of the mod-
els surpass the 50% threshold for successful image
generation, revealing the significant challenges in
enhancing models’ comprehension and utilization
of cultural elements across different dimensions.

6 Conclusion and Discussion

In this paper, we present Hanfu-Bench, a manu-
ally curated multimodal dataset composed of tra-
ditional Chinese Hanfu designs spanning various
dynasties. This dataset serves as an essential re-
source for evaluating cultural understanding and
creative adaptability of VLMs. Through the two
core tasks—cultural visual understanding and cul-
tural image transcreation—our experiments reveal
significant limitations of current models in cap-
turing and distringuishing subtle temporal-cultural
features and effectively adapt ancient designs into
modern contexts. This work highlights AI’s critical
role in promoting cultural heritage, bridging the
understanding of tradition with innovative digital
reinterpretation.

However, the effective application of AI in this
domain also presents challenges. Models may in-
herit biases from imbalanced or modernized image
sources, potentially distorting Hanfu’s traditional
aesthetics and symbolic meanings (Ma, 2023). This
raises challenges of cultural fidelity in creative rein-
terpretation (Tiribelli et al., 2024), especially when
AI is applied to generate modern clothing designs
inspired by Hanfu elements. Therefore, using di-
verse, culturally grounded datasets and ensuring ex-
pert involvement in validation are crucial. Further-
more, even advanced models like GPT-4o, despite
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their strong multimodal capabilities, often struggle
with classical Chinese content and may produce
hallucinated interpretations (Alawida et al., 2023).
Future work should emphasize fairness-aware de-
velopment, domain-specific fine-tuning, and close
collaboration with cultural scholars to ensure AI
supports preservation rather than misrepresentation
of culture heritage.

Limitations

While the proposed dataset is rich in cultural at-
tributes, its reliance on expert annotations and the
requirement for agreement among three annotators
in determining feature values constrain its size and
pose significant challenges to scalability and exten-
sibility. This limitation underscores the trade-off
between ensuring high-quality, culturally grounded
data and the practical challenges of expanding the
dataset to support broader applications.

Moreover, the performance of VLMs in image
understanding may be influenced by objective fac-
tors such as the angle, clarity, and composition of
the clothing images (e.g., full-body vs. half-body
shots). However, these factors were not annotated
during the initial dataset curation, which limits the
study’s ability to conduct an in-depth analysis of
their impact on model performance. This omission
highlights the importance of incorporating such
metadata in future dataset iterations to enable more
comprehensive evaluations.

Additionally, as parts of the dataset were sourced
from the internet, there is a possibility that some
models may have already encountered similar im-
ages during pretraining. This raises concerns about
data leakage and the potential overestimation of
model capabilities.

Ethical Considerations

This study explores the application of vision-
language models in recognizing Hanfu from di-
verse image sources, revealing both potential and
limitations. The dataset used includes publicly
available images from e-commerce platforms and
media sources, with acknowledgment of potential
copyright implications; all images are used and
shared strictly for academic research, with no com-
mercial intent.

Furthermore, our use of text-to-image models
to generate new Hanfu images adapted for mod-
ern contexts introduces a potential risk: inaccurate
cultural representation. Similar to all other image-

generation tasks, these models can carry inherent
biases towards certain features or cultures, which
could unintentionally affect the authentic dissemi-
nation of Hanfu culture.

Dataset License Statement

This dataset is licensed under the Creative Com-
mons Attribution-NonCommercial-ShareAlike 4.0
International (CC BY-NC-SA 4.0) license, which
requires users to provide appropriate attribution
to the original author(s), restricts usage to non-
commercial purposes, and mandates that any
derivative works be distributed under the same
license. Additionally, the dataset is strictly lim-
ited to academic research purposes, including ac-
tivities related to education, academic research,
and scholarly communication, such as writing aca-
demic papers, evaluating models, and conducting
experiments. It may only be used for evaluation
purposes and not for training models or systems.
Non-academic non-commercial activities, such as
personal projects or non-academic nonprofit ini-
tiatives, are not permitted. All users must ensure
compliance with relevant institutional and national
laws and regulations during usage.
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A Dataset details

A.1 Specific source of the dataset
Online retailers at Taobao include:

• 十三余小豆蔻儿

• 织造司

• 花朝记旗舰店

• 重回汉唐旗舰店

• 山涧服饰

• 纨绮传统服饰

• 洞庭汉风汉服男装

Chinese television series include:

• 大秦帝国 (The Qin Empirel)-Qin dynasty

• 国色芳华 (Flourished Peony)-Tang dynasty

• 女医明妃传 (The Imperial Doctress)-Ming
dynasty

• 清平乐 (Serenade of Peaceful Joy)-Song dy-
nasty
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• 永安梦 (The Dream of Yong’an)-Tang dy-
nasty

• 长安十二时辰 (The Longest Day In
Chang’an)-Tang dynasty

• 知否？知否？应是绿肥红瘦 (The Story of
Ming Lan)-Song dynasty

A.2 Annotation instruction

The annotation process for Hanfu images involves
the following steps:

1. User Authentication: Enter your personal
name in pinyin at the username field and select the
designated dataset assigned to you.

2. Annotation Details:

1. Progress Tracking: The "Progress" metric
represents the ratio of completed pages to
the total number of datasets. The "Current
Progress" indicates the sequence of the cur-
rent image within the dataset. To proceed to
the next image, it is mandatory to complete
all questions on the current page. The use of
"Jump" is discouraged to prevent data trans-
mission failure.

2. Image Preservation Decision: Based on the
image quality and content, determine whether
the image can reflect the characteristics of the
Hanfu style. If the image quality is low or
the style features are extremely unclear, select
"Not Retained".

3. Hanfu Category Definition:

• Traditional Hanfu style: Refers to
Hanfu that essentially conforms to the
correct style with minimal modifications.
Modern patterns are acceptable.

• Improved Han clothing: Refers to
Hanfu that has a generally correct style
but contains some modifications, or cases
where individual items conform to the
style but the overall combination does
not align with traditional Hanfu (e.g.,
Mamian Qun + shirt, Sino-Western fu-
sion).

• Han-element clothing: Refers to cloth-
ing with a modern overall silhouette that
incorporates a very small number of style
elements or features.

4. Other Labels: Refer to the "Various Hanfu
Style Features" in the appendix for judgment.
Note that if the Hanfu in the image is not a
" lianchang", then " lianchang sleeve", " lian-
chang collar", and " lianchang lapel" should
all be selected as "No". If uncertain, choose
"Unable to Judge".

5. Specific Hanfu Elements Identification: For
the question "What specific Hanfu elements
does this piece of clothing have?", consider
the clothes appearing on the current page. De-
spite potential slight differences in style and
color, focus on several more obvious and dis-
tinctive Hanfu elements.

6. Data Preservation: After completing all
questions on the page, it is imperative to click
"Save Labels" before proceeding to the next
page to avoid data transmission issues.

An appendix containing illustrations of various
Hanfu style features is provided for reference.

A.3 Annotation platform
As shown in the Figure 7, there are three main
functions of the annotation window: first, the an-
notator needs to filter out clear and non-repeating
high-quality images; Second, the annotator needs
to distinguish whether the Hanfu features in these
Hanfu pictures are distinct enough; Three: Label
the characteristics of these Hanfu.

A.4 Dataset statistics
The dataset statistics on feature distribution are
presented in the Figure 8.

A.5 Base question templates and feature value
Table 4 lists the specific values for all meta-
information. Table 5 provides the base questions
for the SVQA task, and Table 6 outlines the base
questions for the MVQA task.

B Prompts for VQA

The prompts involved in SVQA and MVQA are
shown in Table 7 and Table 8.

C Task 2: Cultural Image Transcreation

C.1 Caption Extraction and Caption Edit
Prompts

Table 9 presents the specific prompts used in cul-
tural image transcreation’s VLM caption extraction
and caption edit processes.
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Category Elements

Type 传统汉服形制 Traditional Hanfu style,汉服改良版 Improved Han clothing,汉元素服饰 Han-
element clothing

Gender 男Male,女 Female
Period 秦汉时期 Qin and Han Dynasties,魏晋时期Wei and Jin Dynasties,唐朝 Tang Dynasty,宋朝

Song Dynasty. 明朝Ming Dynasty
Sleeve 窄袖 Narrow sleeves, 直袖 Straight sleeves, 半袖 Half sleeves, 琵琶袖 Pipa sleeves, 垂胡袖

Chuihu sleeves,大袖 Large sleeves
Jin 大襟 Da Jin,对襟 Dui Jin,绕襟 Rao Jin
Collar 直领 Straight collar,坦领 Tan collar,圆领 Round collar,方领 Square collar,立领 Standing collar,

交领 Cross collar
Bottoms 破群Po qun,裤 Pants,马面裙Mamian qun,褶裙 Zhe qun
Outerwear 比甲 Bijia,半臂 Banbi,云肩 Yunjian,褙子 Beizi,披帛 Pibo,披风 Pifeng

Table 4: Feature value list.

Meta info Question

Type 图片中的服饰通常属于以下哪个类型？Which type does the clothing in this image typically
belong to, among the following options?

Gender 图片中的服饰通常适合什么性别？Which gender is the clothing in this image typically suitable
for, among the following options?

Period 图片中的服饰属于以下哪个时期的风格？Which historical period does the style of the clothing
in this image belong to, among the following options?

Sleeve 图片中服饰的袖子属于以下哪种类型？Which type does the sleeves of the clothing in this
image belong to, among the following options?

Jin 图片中服饰的襟型属于以下哪种类型？Which type does the lapel style of the clothing in this
image belong to, among the following options?

Collar 图片中服饰的领型属于以下哪种类型？Which type does the collar style of the clothing in this
image belong to, among the following options?

Bottoms 图片中服饰的下身是什么类型的？Which type does the lower garment of the clothing in this
image belong to, among the following options?

Outerwear 图片中服饰的外搭是什么？Which type does the outer layer of the clothing in this image belong
to, among the following options?

Table 5: Base questions in SVQA task.

C.2 Quantitative Metric

Table 3 presents the six quantitative evaluation met-
rics employed in our study. Below is a detailed
introduction to the metrics:

C0: The visual-change metric was established to
assess whether the model-generated images exhibit
effective modifications relative to the input images.
This metric evaluates the extent of image editing
performed by the model, with a score of 1 (negligi-
ble visual changes), 3 (moderate visual changes),
and 5 (significant visual changes).

C1: The semantic-equivalence metric was de-
signed to verify whether the modified images re-
tain correct semantic information. It assesses the
model’s ability to accurately comprehend and pre-
serve the semantic content of the input images, with

1 (that the content is entirely non-clothing), 3 (that
part of the content is clothing-related), and 5 (that
the content is fully clothing-related).

C2: The naturalnes metric evaluates the natural
appearance of the images generated by the model.
It assesses whether the generated images exhibit
any strong sense of incongruity. Images with pro-
nounced unnatural elements are deemed unsuitable
for our task of modern adaptive design images for
traditional Chinese hanfu. Scores range from 1 (the
clothing appears highly unnatural) to 3 (the cloth-
ing appears somewhat natural) to 5 (the clothing
appears very natural and realistic).

C3: Given our task’s objective of generating
images for the modern adaptive design of tradi-
tional Chinese hanfu, the modern-adaptability of
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Meta Question

Type

以下图片中的服饰属于汉服改良版的是？Which of the following pictures of clothing belongs to the Improved Han clothing?
以下图片中的服饰属于传统汉服形制的是？Which of the following images represents a traditional Hanfu style?
以下图片中不属于汉服改良版的服饰是？Which of the following pictures of clothing does not belong to the improved Han clothing?
以下图片中不属于传统汉服形制的服饰是？Which of the following images does NOT belong to traditional Hanfu styles?
以下图片中的服饰属于汉元素服饰的是？Which of the following images represents Han element clothing?
以下图片中形制与其他服饰不同的是？Which of the following images shows a different structural style compared to the other garments?
以下图片中风格与其他服饰不同的有？Which of the following images shows a different overall style compared to the others?

Gender

以下图片中的服饰属于男性服饰的是？Which of the following pictures of clothing belongs to male’s clothing?
以下图片中不属于男性服饰的是？Which of the following images does NOT depict male attire?
以下图片中的服饰属于女性服饰的是？Which of the following images depicts female’s Hanfu attire?
以下图片中不属于女性服饰的是？Which of the following images does NOT show women’s attire?
以下图片中服饰性别属性与其他图片不同的是？Which of the following images shows different gender attributes compared to the others?

Period

以下图片中属于唐朝以后时期的服饰有？Which of the following images shows clothing styles from after the Tang Dynasty?
以下图片中属于魏晋时期以后时期的服饰有？Which of the following images shows clothing styles from after the Wei-Jin period?
以下的服装中比以上图片中的服饰更古老的有？Which of the following garments is older than those shown in the images above?
以下图片中的服饰属于秦汉时期的风格的有？Which of the following images represents Qin and Han Dynasties’ style clothing?
以下图片中的服饰属于明朝的风格的有？Which of the following images represents Ming Dynasty-style clothing?
以下图片中不属于唐朝的服饰有？Which of the following images does NOT show Tang Dynasty attire?
以下图片中不属于宋朝的服饰有？Which of the following images does NOT represent Song Dynasty-era clothing?
以下图片中不属于明朝的服饰有？Which of the following images does NOT show Ming Dynasty-era attire?
以下图片中的服饰属于魏晋时期的风格的有？Which of the following images represents Wei-Jin period style clothing?
以下图片中的服饰属于唐朝的风格的有？Which of the following images represents Tang Dynasty-style clothing?
以下图片中属于宋朝以后时期的服饰有？Which of the following images displays clothing styles from after the Song Dynasty?
以下图片中的服饰属于宋朝的风格的有？Which of the following images represents Song Dynasty-style clothing?

Sleeve

以下图片中服饰袖型与其他图片不同的是？Which of the following images has a sleeve style that differs from the others?
以下图片中服饰袖型属于垂胡袖的是？Which of the following images features the ’Chuihu sleeve’?
以下图片中服饰袖型不属于琵琶袖的是？Which of the following images does NOT feature pipa sleeves?
以下图片中服饰袖型属于直袖的是？Which of the following images displays straight sleeves?
以下图片中服饰袖型属于窄袖的是？Which of the following images features narrow sleeves?
以下图片中服饰袖型不属于直袖的是？Which of the following images does NOT have straight sleeves?
以下图片中服饰袖型属于琵琶袖的是？Which of the following images displays the ’Pipa sleeve’?
以下图片中服饰袖型不属于窄袖的是？Which of the following images does NOT have narrow sleeves?
以下图片中服饰袖型不属于大袖的是？Which of the following images does NOT feature large sleeves?
以下图片中服饰袖型属于半袖的是？Which of the following images features half sleeves?
以下图片中服饰袖型属于大袖的是？Which of the following images shows large sleeves?

Collar

以下图片中服饰领型属于交领的是？Which of the following images shows the ’Cross collar’ neckline style?
以下图片中服饰领型不属于直领的是？Which of the following images does NOT display the ’straight collar’ neckline?
以下图片中服饰领型属于直领的是？Which of the following images shows a straight collar neckline?
以下图片中服饰领型与其他图片不同的是？Which of the following images has a neckline style that differs from the others?
以下图片中服饰领型属于立领的是？Which of the following images has a standing collar?
以下图片中服饰领型属于圆领的是？Which of the following images features a round collar neckline?
以下图片中服饰领型不属于立领的是？Which of the following images does NOT have a standing collar?
以下图片中服饰领型属于方领的是？Which of the following images features a square collar neckline?
以下图片中服饰领型属于坦领的是？Which of the following images has a ’Tan collar’?
以下图片中服饰领型不属于圆领的是？Which of the following images does NOT have a round collar?
以下图片中服饰领型不属于交领的是？Which of the following images does NOT have a cross-collar?

Jin

以下图片中服饰襟型与其他图片不同的是？Which of the following images shows a different garment closure type compared to the others?
以下图片中服饰襟型不属于大襟的是？Which of the following images does NOT feature the ’Dajin’ closure style?
以下图片中服饰襟型不属于对襟的是？Which of the following images does NOT show the ’Duijin’ closure style?
以下图片中服饰襟型属于绕襟的是？Which of the following images features a wrapped closure (’Raojin’) style?
以下图片中服饰襟型属于对襟的是？Which of the following images shows a symmetrical front closure (’Duijin’)?
以下图片中服饰襟型属于大襟的是？Which of the following images shows the ’Dajin’?

Bottoms

以下图片中下半身服饰种类属于马面裙的是？ Among the following pictures which type of lower body clothing belongs to ’Mamian Qun?’
以下图片中下半身服饰种类属于裤的是？Which of the following images features lower-body clothing categorized as trousers?
以下图片中下半身服饰种类不属于马面裙的是？Which of the following images does NOT depict a ’Mamian qun’ as the lower-body attire?
以下图片中下半身服饰种类与其他图片不同的是？Which of the following images shows a different lower-body garment style compared to
the others?
以下图片中下半身服饰种类属于破群的是？Which of the following images depicts a ’Poqun’ as the lower-body garment?
以下图片中下半身服饰种类属于褶裙的是？Which of the following images depicts pleated skirts (’Zhequn’)?
以下图片中下半身服饰种类不属于褶裙的是？Which of the following images does NOT depict pleated skirts (’Zhequn’)?

Outerwear

以下图片中外搭服饰种类属于披帛的是？Which of the following types of outerwear in the pictures belongs to the category of ’Pibo’?
以下图片中外搭服饰种类不属于披帛的是？Which of the following images shows an outer garment that is NOT a ’Pibo’?
以下图片中外搭服饰种类不属于褙子的是？Which of the following images features an outer garment that is NOT a ’Beizi’?
以下图片中外搭服饰种类与其他图片不同的是？Which of the following images features an outer garment that differs from the others?
以下图片中外搭服饰种类不属于云肩的是？Which of the following images does NOT include a ’Yunjian’?
以下图片中外搭服饰种类不属于披风的是？Which of the following images does NOT include a ’Pifeng’ as outerwear?
以下图片中外搭服饰种类属于比甲的是？Which of the following images includes a ’Bijia’ as outerwear?
以下图片中外搭服饰种类属于云肩的是？Which of the following images features a ’Yunjian’?
以下图片中外搭服饰种类属于披风的是？Which of the following images includes a ’Pifeng’?
以下图片中外搭服饰种类属于半臂的是？Which of the following images includes a ’Banbi’ as outerwear?
以下图片中外搭服饰种类属于褙子的是？Which of the following images features a ’Beizi’?
以下图片中外搭服饰种类不属于比甲的是？Which of the following images does NOT include a ’Bijia’?

Table 6: Base questions in MVQA task.
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the clothing in the generated images is a key refer-
ence indicator. Our goal is to produce garments that
are highly suitable for modern lifestyles. The scor-
ing scale ranges from 1 (completely unsuitable for
modern daily wear) to 3 (moderately suitable for
modern daily wear) to 5 (very suitable for modern
daily wear).

C4: Our task emphasizes the preservation and
transformation of original hanfu cultural elements.
Therefore, cultural-inheritance is another critical
reference indicator. Our aim is to generate modern-
ized adaptive clothing images that correctly retain
the original hanfu cultural elements. Scores are as-
signed as follows: 1 (no retention of hanfu cultural
elements), 3 (partial retention of hanfu cultural el-
ements), and 5 (retention of most hanfu cultural
elements).

C5: As our task is based on clothing design,
human subjective aesthetic evaluation is also an
assessment indicator. This metric evaluates the fi-
nal output of the task’s pipeline from an aesthetic
perspective, helping to determine whether there
is room for improvement in terms of aesthetic ap-
peal. The scoring scale ranges from 1 (completely
inconsistent with my aesthetic preferences) to 3
(moderately consistent with my aesthetic prefer-
ences) to 5 (highly consistent with my aesthetic
preferences).

C.3 Generated Images
Figure 11 presents the results of three complete
sets of images for the modern adaptive design of
the traditional Chinese hanfu process, including
the caption recognized and edited by VLM in the
middle, and the comparison of images generated
by three different models of the same input im-
age, which can intuitively see the image generation
effect and preferences of each model.

C.4 Evaluation Feedback on Generated
Images

Evaluator 1: Naturalness Perspective: Certain gen-
erated images exhibit anomalous features, includ-
ing human faces synthesized within sleeve areas
and garments generated on the heads of figures.
Cultural Perspective: Some outputs misidentify
source images as representative of Japanese cul-
tural aesthetics (e.g., anime), resulting in figures
and attire resembling classical Japanese 2D manga
character designs.

Evaluator 2: The generated clothing styles
demonstrate significant heterogeneity, potentially

attributable to outputs produced by distinct genera-
tive models. Additionally, the distinction between
semantic equivalence and natural authenticity as
evaluation criteria remains insufficiently defined.

Evaluator 3: Most generated garments were
identifiable as functional clothing. However,
the criterion of "compatibility with contemporary
lifestyles" was deemed ambiguous, as interpreta-
tions and acceptance thresholds vary substantially
across individuals.

Evaluator 4: Generated outputs exhibited po-
larization in similarity to source images: either
minimal deviation or complete dissimilarity. Fur-
thermore, attempts to integrate traditional cultural
elements with modern designs appeared mechani-
cally executed, lacking organic cohesion.

Evaluator 5: While the majority of generated
garments adhered to normative standards, artifacts
such as semantically incongruous textual elements
or anatomically implausible body parts were ob-
served in certain outputs, detrimentally impacting
perceived naturalness.

24632



Clear image and Redundant angles

Annotating Hanfu features

Distinguishable features

Figure 7: User interface of the annotation platform, where the annotation follows three steps regarding retain-
ing/filtering images, assess whether the features of the Hanfu images are obvious, as well as fine-grained Hanfu
feature annotation.
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(a) Type: 217 (b) Gender: 485 (c) Period: 138 (d) Sleeve: 121 

(g) Bottoms: 169(e) Jin: 291 (f) Collar: 183 (h) Outerwear: 143

Figure 8: Statistics and distribution of the collected temporal-culture feature annotations.

Figure 9: SVQA: Fine-grained performance variations of VLMs when applying different prompts and including
image contexts compared to the base Chinese prompt. P-COT: step-by-step reasoning instructions; P-Rationale:
requiring answer rationales; P-En: English prompts; I-context: images with background retained.
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Figure 10: MVQA: Fine-grained Performance changes of VLMs with different prompt types and image contexts
compared to the base Chinese prompt. P-COT: step-by-step reasoning instructions; P-Rationale: requiring answer
rationales; P-En: English prompts; I-context: images with background retained.
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Prompt 1
你是一位了解中国汉服的专家。我将向你提供一张服饰图片，并附带一个问题和几个选项。请仔细观察图片，依据服饰的
特点，选择最符合图片信息的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 2
你是一名汉服领域的专家，熟悉传统服饰的款式与特点。我将提供一张服饰图片，并附上一个问题及几个选项。请依据图
片中的服饰特征，选择最合适的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 3
你是一位对传统服饰文化及其现代改良有深入了解的专家。我将提供一张服饰图片，并附带一个问题和几个选项。请依据
图片中的服饰特点，选择最符合图片信息的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 4
你是一位对中国传统服饰有深入了解的专家。我将提供一张服饰图片，并附带一个问题和几个选项。请依据图片中的服饰
特点，选择最符合图片信息的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 5
你是一位对中国传统服饰——汉服，有着深厚研究和丰富知识的专家。我将提供一张服饰图片，并附带一个问题和几个选
项。请依据图片中的服饰特点，选择最符合图片信息的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
P-COT
你是一位汉服研究专家，我将提供一张服饰图片并附带一个问题，请按照以下要求完成任务：

1. 观察图片，分析服饰的具体特征（例如形制、领型、襟型等）。
2. 根据这些特征，与问题中的选项逐一匹配，排除不符合的选项。
3. 得出最符合图片信息的最终答案，并详细说明你的推理过程。

##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
"推理"：详细描述你获取答案的推理过程。
##输入
P-Rationale
你是一位了解中国汉服的专家。我将向你提供一张服饰图片，并附带一个问题和几个选项。你的任务是根据图片中服饰的
特点，选择最符合图片信息的正确答案，并详细解释你的选择理由。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
"原因"：详细解释选择该答案的理由，结合图片的细节和汉服的特点。
##输入
P-En
You are an expert in traditional Chinese Hanfu. I will provide you with an image of clothing along with a question and several options.
Please carefully observe the image and, based on the characteristics of the clothing, select the answer that best matches the information
in the image.
##Output Requirements:
Please output the answer in JSON format, including the following fields:
"answer": The selected correct option (e.g., "A", "B", "C", or "D").

## Input

Table 7: Different prompt templates for SVQA.
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Prompt 1
你是一位了解中国汉服的专家。请根据提供的四张服饰图片（分别对应选项A、选项B、选项C、选项D），回答以下问
题。从给定的选项中选择一个最符合的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 2
你是一名汉服领域的专家，熟悉传统服饰的款式与特点。我将给出一个问题，请根据提供的四张汉服图片（分别对应选
项A、选项B、选项C、选项D），选择最符合问题要求的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 3
你是一位对传统服饰文化及其现代改良有深入了解的专家。我将给出一个问题，以及四张服饰图片作为选项，请选择最符
合问题要求的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 4
你是一位对中国传统服饰有深入了解的专家。我将给出一个问题，以及四个选项，每个选项为一张服饰图片，请选择最符
合问题要求的答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
Prompt 5
你是一位对中国传统服饰——汉服，有着深厚研究和丰富知识的专家。请根据提供的四张服饰图片（分别对应选项A、选
项B、选项C、选项D），回答一下问题，选择最符合问题要求的一个答案。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
##输入
P-COT
你是一位了解中国汉服的专家。请根据提供的四张服饰图片（分别对应选项A、选项B、选项C、选项D），请按照以下要
求完成任务：

1. 观察每张图片，分析每张图片中服饰的具体特征（例如形制、领型、襟型等）。
2. 根据这些特征，将每张图片与问题逐一匹配，排除不符合的选项。
3. 从给定的选项中选择一个最符合的答案，并详细说明你的推理过程。

##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
"推理"：详细描述你获取答案的推理过程。
##输入
P-Rationale
你是一位了解中国汉服的专家。请根据提供的四张服饰图片（分别对应选项A、选项B、选项C、选项D），回答以下问
题。从给定的选项中选择一个最符合的答案，并详细解释你的选择理由。
##输出要求：
请以 JSON格式输出答案，包含以下字段：
"答案"：选择的正确选项（如 "A"、"B"、"C"或 "D"）。
"原因"：详细解释选择该答案的理由。
##输入
P-En
You are an expert in traditional Chinese Hanfu. Please answer the following question based on the four provided clothing images
(labeled Option A, Option B, Option C, and Option D). Select the most appropriate answer from the given options.
##Output Requirements:
Please output the answer in JSON format, including the following fields:
"answer": The selected correct option (e.g., "A", "B", "C", or "D").

## Input

Table 8: Different prompt templates used for MVQA.
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Caption Extraction Prompt
提供这件传统中国汉服服装的详细描述，包括其设计元素、颜色、图案和特色
Provide a detailed description of this traditional Chinese Hanfu clothing, including its design elements, colors, patterns, and features.
Caption Edit Prompt
Transform this traditional Hanfu description: "{caption}" into a modern clothing design by strategically incorporating its key elements.
Your task is to: 1. Choose ONE specific modern garment type as the base (select from: hoodie, blazer, casual wear, sportswear, trench
coat, streetwear, or business attire) 2. Identify 3-5 distinctive elements from the original Hanfu description (such as collar style, sleeve
design, waist details, fabric patterns, or color schemes) 3. Describe exactly how these Hanfu elements are integrated into the modern
garment: - WHERE each element is placed on the modern garment - HOW each element is adapted to suit contemporary fashion - WHY
these particular elements were chosen (cultural significance) 4. Ensure the final design: - Is primarily a modern, wearable garment
for everyday contexts - Clearly displays its Hanfu inspiration through intentional design choices - Balances contemporary style with
traditional Chinese aesthetics - Appeals to modern fashion sensibilities while honoring cultural heritage The output should provide a
detailed description of this hybrid garment, suitable for image generation, focusing on both visual appearance and construction details.

Table 9: Prompts used in image caption and caption-edit stages in cultural image transcreation task.

"Modern Garment: Hoodie  Integrated Hanfu 

Elements:1. Collar & Sleeve Design: The 

hoodie features a wrap-style "cross-collar" 

inspired by Hanfu's "对襟" design, blending 

tradition with casual streetwear. The sleeves 

are wide, echoing the Hanfu's "大袖" but 

tapered at the cuffs for practicality.  2. 

Embroidery & Color Scheme: A panda and 

bamboo embroidery decorates the chest, 

maintaining cultural symbolism. The hoodie is 

primarily white with green accents on the hem 

and drawstrings, reflecting Hanfu's elegance.  3. 

Decorative Details: Green cords with white 

pom-poms replace standard drawstrings, 

adding texture and playful charm.  This fusion 

bridges tradition and modernity, offering a 

culturally rich yet practical daily wear."

"A modern blazer inspired by Ming Dynasty 

round-collar robes:  - Collar: Mandarin-style 

with a white inner lining for contrast.  - Sleeves: 

Slightly flared cuffs echoing wide Hanfu 

sleeves.  - Color: Deep blue base with 

embroidered chest patch ("补子") featuring 

modern geometric motifs inspired by 

traditional patterns.  - Fit: Tailored waist for 

contemporary elegance, balancing heritage and 

modernity."

"Modern garment: Trench coat  Inspiration: 

Hanfu collar, color scheme, sleeve design  

Design: A pale teal trench coat with a cross-

over lapel inspired by Hanfu's "交领", adorned 

with subtle embroidery along edges. Wide 

sleeves taper elegantly, mirroring Hanfu's 

flowy "宽袖". Gradient cream hem adds depth. 

Fuses tradition with urban sophistication."

"这是一套极具特色的传统中国汉服，结合
了经典设计元素与现代审美。以下是其详细
描述：1. 上衣设计形制：上衣采用的是传统
汉服中“对襟”的设计，带有一定的现代改良
风格。对襟式的开襟设计使整体更具简约感
且适合日常穿着。颜色：上衣以柔和的白色
为主，营造出清新雅致的视觉效果。材质：
从图片来看，上衣选用了保暖材质，袖口和
领口都饰有白色的绒毛边缘，增加了冬季服
装的温暖感。图案：胸前的刺绣是整套服装
的亮点之一。刺绣图案以黑白相间的“熊猫”
和绿色的“竹子”为主，熊猫憨态可掬，竹子
清新雅致，展现了中国传统文化中对自然与
动物的热爱。装饰特色：前襟处点缀有绿色
的织带装饰，织带末端悬挂着两个白色毛绒
球，富有趣味性和立体感。袖子为“大袖”"

"这是一件典型的中国传统汉服，具体来说
属于明朝官服体系中的补服，其设计、颜色
和图案具有鲜明的时代和等级特征。以下是
对这件汉服的详细描述：1. 形制与整体设计
- 形制：这件衣服采用的是明代官服的形制，
属于圆领袍（圆领补服）。圆领袍是明代官
员日常礼服的重要组成部分，具有庄重、正
式的特点。- 袖口：宽大的袖子是汉服中常
见的设计，体现了古代服饰的飘逸感。- 长
度：衣服的长度较长，落地，符合明代服饰
的整体风格，展现出尊贵与威严。 2. 颜色- 
此件补服的主色调为深蓝色。深蓝色是明代
官服中常见的颜色之一，常用于低阶文武官
员的礼服，显得庄重而不张扬。- 领口：领
口为白色，搭配深蓝色的主体，形成鲜明的
对比，突显整洁大方。 3. 补子图案- 图案主
体：衣服胸前的"

"这件传统中国汉服以其素雅的色彩和精致
的细节设计呈现出浓厚的古典气质，是一件
典型的汉服套装。以下是对其设计元素、颜
色、图案和特色的详细描述： 1. 颜色：- 整
体以浅青色为主，清新淡雅，散发出柔和的
气息，给人一种宁静与温婉的感觉。- 外衫
为淡青色，搭配浅色的刺绣装饰，呈现出清
丽脱俗的效果。- 内搭裙摆为淡黄色或米白
色的渐变色调，与外衫形成柔和的对比，显
得层次分明。 2. 形制：- 这件汉服采用的是
交领直裾的设计，属于明制汉服的一种变体
风格。外襟为交领设计，直线型的下摆垂坠
感极佳。- 衣袖为宽袖设计，袖口宽大而平
直，增加了古典韵味，同时也保留了传统汉
服的优雅和舒适性。 3. 具体元素：- 刺绣花
边：衣领和衣襟两侧装饰有精"

Input Image Caption Onput ImageCaption-Edit

Instruct-pix2pix Stable-Diffusion-2-1-base Stable-Diffusion-xl-base-1.0

Figure 11: Captions and generated images of cultural image transcreation. The red words in caption are the correct
descriptions about the input image , the blue words in caption are wrong descriptions. The green words are the
modern adaptions VLM made in caption-edit, the red in caption-edit are the kept Hanfu cultural elements, the blue
in caption-edit are the kept Hanfu cultural elements with wrong description.
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