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Motivation

ÅMachine translation

ÅText simplification
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Challenges

ÅSuffix ambiguity

ÅOrthographic irregularity
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Orthographic Model

ÅSeq2Seq baseline

ÅDictionary-constrained decoding

ÅReranking with frequency information
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ÅSeq2Seq models generate 
many unattested words, but 
are reasonable guesses
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ÅSeq2Seq models generate 
many unattested words, but 
are reasonable guesses

Å Intuition: constrain model 
to only generate known 
words
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Dictionary-Constrained Decoding
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Reranking with Frequency Information
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Model Overview
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ÅOrthographic information 
can be unreliable

ÅSemantic transformation 
remains the same
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Experiments
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Dataset

Transformation Count Example

Adverb 1715

Result 1251

Agent 801

Nominal 354

recite recital

overstate overstatement

simulate simulation

wise wisely

survive survivor

yodel yodeler

effective effectiveness

pessimistic pessimism

intense intensity

Cotterell et al. 2017
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Experiment Details

Å30 random restarts

ÅToken information: Google Book NGrams

ï360k unigram types

ïToken counts aggregated

ÅGoogle News pre-trained word embeddings

ÅEvaluation: full-token match accuracy
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Combined model still outperforms separate models
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Results by Transformation
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What does each model do well?


